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The South American monsoon approaches a critical
transition in response to deforestation
Nils Bochow1,2,3* and Niklas Boers3,4,5

The Amazon rainforest is threatened by land-use change and increasing drought and fire frequency. Studies
suggest an abrupt dieback of large parts of the rainforest after partial forest loss, but the critical threshold, un-
derlying mechanisms, and possible impacts of forest degradation on themonsoon circulation remain uncertain.
Here, we use a nonlinear dynamical model of themoisture transport and recycling across the Amazon to identify
several precursor signals for a critical transition in the coupled atmosphere-vegetation dynamics. Guided by our
simulations, we reveal both statistical and physical precursor signals of an approaching critical transition in re-
analysis and observational data. In accordance with our model results, we attribute these characteristic precur-
sor signals to the nearing of a critical transition of the coupled Amazon atmosphere-vegetation system induced
by forest loss due to deforestation, droughts, and fires. The transition would lead to substantially drier condi-
tions, under which the rainforest could likely not be maintained.
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INTRODUCTION
In combination with the impacts of anthropogenic climate change,
regional land-use changes during the past decades have posed an
unprecedented threat to the Amazon rainforest. Several studies
suggest the existence of critical thresholds for an Amazon dieback
and transition to savanna state, at global warming of 3° to 4°C on the
one hand and deforestation of around 40% of the original rainforest
area (1–8) on the other hand. Global warming has recently crossed
1°C above preindustrial levels, and more than 20% of the Brazilian
Amazon rainforest area has already been cleared (9). Crossing the
critical thresholds might induce an abrupt dieback of large parts of
the rainforest, with severe ecological and climate impacts from re-
gional to global scales.

The Amazon naturally provides many ecosystem and climate
services (10) and is an essential component of the Earth’s hydrocli-
mate (11, 12). It constitutes the Earth’s largest terrestrial carbon sink
(13–15) and is essential for local and regional climate stability (16),
with predicted decreases in precipitation and increases in air tem-
peratures in South America in response to an Amazon dieback (5,
17–22). Besides the critical threshold in the vegetation system (3), a
potential tipping point in the coupled atmosphere-vegetation dy-
namics of the South American monsoon system and the Amazon
rainforest has been proposed, with serious implications for the
monsoon circulation system when deforestation rates exceed 30 to
50% (5, 23).

Considering the potential consequences of an Amazon dieback,
there is still a substantial lack of studies investigating potential pre-
cursor signals for critical transitions of the coupled vegetation-at-
mosphere system of tropical South America. There is growing
empirical evidence of climatological and hydrological changes in
Amazonia, such as rising air temperatures, extended dry seasons,

more frequent hydrological extreme events, particularly droughts,
and increasing soil moisture stress. While previous droughts in
the Amazon basin have partially been associated with changes in
the regional circulation due to changes in the Hadley cell (24–27),
the precise connection of all these changes with deforestation
remains a largely open problem (22, 28–31).

On the basis of a space-for-time replacement, it has been shown
that temporal autocorrelation of vegetation data [normalized differ-
ence vegetation index (NDVI)] scales negatively with mean annual
precipitation in tropical forests, which suggests that rainforest veg-
etation is less resilient in more arid regions (32, 33). Furthermore, a
loss of resilience of large parts of the rainforest over the past decades
has been observed using remotely sensed vegetation optical depth
data (34). Changes in the temporal autocorrelation can, under
certain conditions, be interpreted as indicative of a loss of stability;
however, such an analysis has not yet been performed for the
coupled Amazon vegetation-atmosphere system.

Here, we show that observed changes in the hydrological cycle,
as well as characteristic changes in well-established statistical indi-
cators, might be first warning signals of a forthcoming regime shift.

For this purpose, we investigate several indicators that are asso-
ciated with critical slowing down (CSD) when a system approaches
a bifurcation-induced transition (35–38). When approaching the
critical threshold, the restoring forces of the system diminish
because the basin of attraction widens and thus the recovery rate
after perturbations decreases and eventually approaches zero. Fluc-
tuations increase and the state of the system resembles more and
more its past states, and the resulting CSD can be traced, e.g., in
terms of increasing variance and lag-one autocorrelation, which
constitute the classical statistical precursor signals of critical transi-
tions (36).

To understand where not only such statistical but also physical
process-related precursor signals should be searched for, we first
propose a nonlinear model of the moisture transport across South
America, based on the fundamental moisture balance equations and
coupled to the Amazon vegetation system. Guided by the results of
our model simulations, we then conduct a thorough search for stat-
istical and physical precursor signals in the ERA5 reanalysis data.
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We emphasize that the occurrence of characteristic changes in CSD
indicators, such as rising lag-one autocorrelation or variance, on
their own by no means implies the possibility or presence of a crit-
ical transition or of multistability in the system. After all, there may
be many reasons why variance or lag-one autocorrelation might in-
crease, also in systems that are monostable and thus cannot exhibit
transitions between alternative states. The theory of CSD should
only be applied for anticipating potential critical transitions if
there are—a priori and independently from the CSD analysis—
good reasons to assume that a given system under investigation
has the potential for multistability. On the other hand, however, it
should also be noted that, even if a system should not be assumed to
exhibit multistability, CSD indicators may still be useful to quantify
the resilience of the system (39).

In the case considered here, we will show that our model of the
moisture transport and recycling over the Amazon suggests, in line
with previous studies, that the coupled Amazon atmosphere-vege-
tation system exhibits the potential for bistability. In turn, themodel
results imply the potential for critical transitions between alterna-
tive states, due to positive feedbacks associated with the latent
heating over the Amazon basin and the low-level circulation from
the Atlantic Ocean to tropical South America (5). In particular, this
is suggested independently from any CSD analysis or search for
physical precursor signals. Under the a priori assumption of the
possibility of alternative stable states as motivated by the modeling
results, we then search for statistical CSD-based and physical pre-
cursor signals for transitions between the states.

Large parts of the Amazon rainforest experience strong season-
ality in the rainfall rates. South of the Equator, the wet season retreat
is marked by an abrupt precipitation decline during austral fall
(March to May), while the wet season onset is characterized by a
rapid increase in rainfall during austral spring (September to No-
vember). The wet season initiation has been associated with in-
creased evapotranspiration and large-scale dynamic lifting due to
cold-front incursions (40–42) and monsoon dynamics (43) a few
months before the Intertropical Convergence Zone (ITCZ)migrates
southward, and large amounts of moisture are transported from the
tropical Atlantic Ocean to tropical South America. A delay of the
wet season onset and increasing fire counts have been linked to
changes in atmospheric circulation patterns toward conditions
more characteristic for austral winter during the transition season
(July to October) in the past decades (44). These changes are char-
acterized by a strengthening South American low level jet, increased
atmospheric subsidence over southern tropical South America, and
fewer southerly cold-air incursions and anomalous convective ac-
tivity over southern tropical South America (44).

Furthermore, it has been shown that the wet season onset is ac-
celerated by atmospheric processes initiated by increased transpira-
tion in the late dry season (45). The beginning of the wet season and
the dry season length (DSL) are thus directly linked to the vegeta-
tion system. Moreover, convective latent heating over the Amazon
basin strengthens the heating gradient between the Atlantic Ocean
and the continent (Fig. 1). It has been shown that this enhances the
easterly moisture inflow into South America by a factor of 2 to 3
during the wet season (46–48), establishing a positive feedback in
the monsoonal circulation system.

To investigate the effects of deforestation and forest loss due to
droughts and fires on the coupled vegetation-atmosphere system
and particularly to provide guidance in the search for precursor

signals for a critical transition, we extend a recently introduced non-
linear model (5) that is based on the fundamental moisture balance
equations for the moisture content in the soil and the atmosphere in
dependence of precipitation, evapotranspiration, atmospheric ad-
vection, and the radiation budget. The model includes a nonlinear
contribution representing the acceleration of low-level moisture
flow caused by latent heating over the Amazon. Widespread defor-
estation and drought- or fire-induced forest dieback, via their effects
on transpiration rates and radiation, have been shown to potentially
trigger a collapse of the positive feedback related to convective latent
heating, resulting in abrupt reductions in rainfall amounts after a
critical deforestation threshold around 40% is crossed (5, 21, 23).
This effect can already be observed in regions with high forest
cover changes of 40 to 50%, with a growing tendency to become
water limited due to decreased rainfall, increased potential evapo-
transpiration, and decreased actual evapotranspiration (49).

We extend the model by incorporating a mechanism for the veg-
etation response to changing precipitation, accounting for increased
plant water stress with decreasing precipitation rates. Reduced rain-
fall rates over longer periods lead to a soil moisture deficit (SMD)
and, ultimately, to increased tree mortality with threshold behavior
(50–52). The seasonal cycle of the monsoon system is modeled as a
periodically forced bistable system that annually oscillates between
an on-state (wet season) and off-state (dry season) with a fold bifur-
cation–induced transition between on- and off-state (53).

Previous studies that investigated moisture recycling across the
Amazon basin have not taken into account that changes of the
forest functioning alter large-scale wind patterns although these
are highly relevant for moisture recycling (54–58). In the used stat-
istical models, the atmosphere in terms of low-level winds is cons-
tant by construction, and, therefore, the aforementioned feedbacks
associated with circulation changes are suppressed. The novelty of
our approach is to model thewinds dynamically to account for these
feedbacks between forest loss and alteration of atmospheric circula-
tion patterns. We note that, while changes in the atmospheric cir-
culation in tropical South America in the past decades have been
identified, there remain many open questions regarding the links
to anthropogenic forest loss (44).

Our model is mainly intended to provide guidance in the search
for statistical and physical precursor signals in observation-based
data, to find out whether the coupled Amazon vegetation-atmo-
sphere system has been approaching a critical threshold. The
model is not intended to obtain quantitatively realistic estimates
of the consequences of deforestation, for example, in terms of the
precise reductions of precipitation. Moreover, our model shall
reveal mechanistic reasons for changes in observation-based data
rather than to investigate the moisture recycling in Amazonia in
detail. By construction, the abruptness of the transition might be
overestimated by ourmodel. For example, changes in surface rough-
ness length in response to deforestation, which are ignored in our
model, may have attenuating effects regarding the magnitude and
the abruptness of the transition.

Previously proposed models (54, 56–58) are arithmetic models
that compute the overall sum of ingoing and outgoing moisture,
in contrast to our proposed model of dynamical differential equa-
tions that allow us to study the dynamical behavior of the system.
The effects of changing temperature and atmospheric CO2 level
on the hydrological cycle in Amazonia remain still uncertain, and
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we do not consider them in our model. A detailed description of the
extended model can be found in Materials and Methods.

RESULTS
To validate our model, we first compare the simulated spatiotempo-
ral evolution of the model variables with corresponding time series
from the ERA5 reanalysis (59). Across the 100 spatial boxes, we use
for our model simulations, spanning the Amazon basin from east to
west (Fig. 1), we find a very good agreement of the modeled observ-
ables with the corresponding reanalysis data in the wet season. We
are also able to reproduce the seasonality, although there are expect-
able discrepancies between modeled variables and the reanalysis in
the dry season (fig. S1).

To investigate the impacts of deforestation on the coupled veg-
etation-atmosphere system, we integrate our model with a gradually
increasing number of deforested boxes. Note that deforestation here
refers to either direct forest clearance or forest loss due to droughts
or fires. Deforestation starts in the easternmost box and ends in the
westernmost box. Deforestation is quantitatively implemented as a
40% decrease in the evapotranspiration and 40% increase in the sen-
sible heat of the respective box, following results from field experi-
ments and regional climate modeling experiments (60, 61). The
precipitation recycling rate has been shown to gradually increase
from the eastern to the western parts of Amazonia; it is largest in
southwestern Amazonia, with more than 50% during the dry
season and up to 40% during the wet season (61). We therefore
use 40% as an annual mean along the trajectory.

We allow the system to adapt to the changing number of defor-
ested boxes and reach its equilibrium for each number of deforested
boxes, by integrating the model in hourly time steps over time spans
of multiple decades. We find a steady but moderate decrease in the
rainfall rates at the western boundaries of the Amazon as soon as
deforestation in the eastern Amazon sets in. After exceeding a spe-
cific threshold in terms of deforested boxes, an abrupt rainfall

decline is apparent, which is associated with a bifurcation-
induced critical transition in the underlying dynamics, resulting
from the collapse of the latent-heat feedback. The system switches
into a permanent dry season state and is not able to switch back into
the annual wet season. This permanent dry season state is charac-
terized by precipitation rates throughout the year similar to what is
presently observed during the dry season. By including the vegeta-
tion’s response to increasing water stress, the threshold is crossed
considerably earlier, and the subsequent rainfall decline is more
abrupt, compared to the original model without vegetation feed-
back (Fig. 2). This can be explained by the cascading effect intro-
duced by the two-way coupling between the vegetation and the
atmosphere (54, 56, 62). Although the critical forest loss threshold
in our model (Fig. 2B) agrees with previous studies, we emphasize
that our model is not intended to give quantitatively correct predic-
tions of the critical deforestation level but rather to be used to infer
what kind of precursor signals should be searched for in observa-
tion-based data to anticipate a critical transition of the couple
Amazon atmosphere-vegetation system.

Before crossing the critical threshold, we observe prominent
changes in several hydrological variables and statistical CSD indica-
tors that may serve as precursor signals. Besides a decline in the pre-
cipitation P, we observe a nonlinear decline in the soil moisture S
long before the critical transition (Fig. 3A). Furthermore, we find
an increase in the DSL that is associated with a later onset of the
wet season (Fig. 3B). The wet season initiation is hindered by
reduced differential heating between the Atlantic Ocean and the
South American continent due to the deforestation-induced de-
crease in the latent heating over Amazonia. The shortening of the
wet season and the concomitant reduction of rainfall rates lead to
increased plant water stress, which, in our simplified model, ulti-
mately, triggers the dieback of the remaining rainforest further
west. We refer to all the abovementioned pretransition changes in
the hydrological cycle and atmospheric circulation as physical pre-
cursor signals because they are mechanistically associated with the

Fig. 1. Map of South America with wind fields and vertically integrated heating.Mean wind fields at the 750-hPa level and mean vertically integrated atmospheric
heating, i.e., the sum of latent, sensitive, and radiative heating, for the wet season (December to January) from 1979 to 2019. The tropical Atlantic Ocean box and the
southern Amazonian box used for our analysis are delineated in white, while the trajectory used for simulations is delineated in blue.
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dynamics leading to the subsequent critical transition, as shown by
ourmodeling results.We choose this term in contrast to the generic,
statistical precursor signals associated with CSD preceding critical
transitions. We further investigate these well-established indicators,
given by the variance and the lag-one autocorrelation of the 5-day
averagedmodeled precipitation time series, with a deforestation rate
of 0.5% per year within a rolling window of 150 years (Fig. 4). We
calculate the Kendall rank correlation coefficient τ to measure the
strength of the trends and generate surrogate data of the CSD indi-
cators to test the significance of the inferred values of τ. The vari-
ance and lag-one autocorrelation show a clear positive trend (τ =
0.98, P < 10−4, and τ = 0.91, P < 10−4, respectively; see Fig. 4, C
and D, and and fig. S2) and begin to increase long before the
transition.

These results give guidance in where to search for precursor
signals in the reanalysis and observational data. We analyze all
abovementioned, physical and statistical, precursor signals in the
evolution of hydrological variables from the ERA5 reanalysis data.
We first analyze the soil moisture content and reveal a substantial
decline not only in the Amazon basin but also further downstream
of the low-level flow in the South American subtropics (Fig. 5A).

We proceed with analyzing the DSL from 1979 to 2019 in south-
ern Amazonia (5°S to 15°S, 50°W to 70°W), using the daily averaged
ERA5 reanalysis data using three different methods (see Materials
and Methods). We find an extension of the dry season with all three
methods, ranging from 1.25 to 2.7 pentads over the past 40 years
(Fig. 5B). The main contribution to the lengthening of the dry
season is a delayed onset of the wet season, while the wet season
demise is relatively constant and only shows a slight tendency
toward earlier days of the year (fig. S3). A spatial analysis reveals a

significant extension of the dry season primarily in southeastern
Amazonia (fig. S4), where deforestation and drought- and fire-
induced forest loss are most pronounced (63). The increasing
DSL and delayed wet season onset in southern Amazonia revealed
here corroborate the results of several earlier studies (25, 29, 44, 64–
68). However, it should be noted the different studies do not neces-
sarily agree on the exact spatial distribution of the observed changes.

As for our simulations, we also analyze the precipitation rates
from 1979 to 2019 in the ERA5 data. We find an increase of both
statistical indicators, variance and lag-one autocorrelation, in large
parts of tropical South America (Fig. 6). The variance increases in
most parts of Amazonia south of the Amazon River, while the lag-
one autocorrelation shows the most pronounced increase in south-
western Amazonia and further to the south. We identify southwest-
ern Amazonia as a region that shows a clear, simultaneous increase
in both variance and lag-one autocorrelation, with P < 0.1 (figs. S5
and S6). Consequently, the variance and autocorrelation of the av-
eraged precipitation time series in southwestern Amazonia show a
clear increase (Fig. 6, C and D). The changes in lag-one autocorre-
lation and variance inferred here from the ERA5 reanalysis are con-
sistent with corresponding results inferred from independent
satellite- and gauge-based rainfall products (figs. S7, B to D, and
S8, B to D). In particular, the trends in the autocorrelation show
very similar spatial distributions across datasets. We note that in-
creasing variance and particularly increasing lag-one autocorrela-
tion can be observed along the aerial river that provides the main
atmospheric moisture transport from the Amazon southward to
the South American subtropics (69, 70), suggesting that the conti-
nental-scale circulation system is losing stability. According to our
results, this loss of stability can be at least partly attributed to the

Fig. 2. Simulated precipitation rates without andwith vegetation feedback after successive deforestation at the end of the trajectory. (A) Simulated annual mean
precipitation rates, as functions of advancing deforestation at the end of the trajectory (box 90) for all possible choices of the different simulation parameters AF (am-
plification factor) and ⟨H⟩AO (see Materials and Methods) without vegetation feedback. The mean is calculated using a rolling window with size w = 1 year for every
parameter configuration. Deforestation starts at year 10 in box 0 and subsequently proceeds westward, where it is completed at year 30 in box 100. The ranges of the
different simulation parameters are AF = 1.5 to AF = 3, ⟨H⟩AO(t) = (80 ± 40) W/m2 to ⟨H⟩AO(t) = (140 ± 40) W/m2, with a step width of 0.25 for AF and 20 W/m2 for ⟨H⟩AO(t).
(B) Same as (A) but with vegetation feedback included, leading to early and more abrupt decline of P. Although the critical transition is in quantitative accordance with
previous studies, we want to emphasize that our model is rather built to give guidance where to search for CSD to anticipate a forthcoming transition.
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impacts of changes in the Amazon vegetation system, including de-
forestation, drought-induced degradation, and forest fires.

DISCUSSION
The revealed changes in the ERA5 data show a substantial similarity
to our model simulations for times before crossing the critical de-
forestation threshold. Alongside the statistical precursor signals, the
observed decadal-scale decrease in soil moisture (Fig. 5A) together
with the observed dry season prolongation (Fig. 5B), and especially
the later wet season onset are consistent with the corresponding

transition precursor signals found in our simulations and thus
suggest that the coupled atmosphere-vegetation system of the
Amazon approaches the theoretically suggested tipping point. The
increases in DSL and the later wet season onset in the ERA5 data are
in good agreement with the results of previous studies (25, 29,
64–67).

While, in the ERA5 data, the extension of the dry season is
mostly observable in the southeastern regions, where deforestation
rates are strongest, a recent study (58) reports an intensification of
the dry season mainly in central and southwestern Amazonia.
However, it is concluded there that global climate change and

Fig. 3. Physical early-warning signals in simulated evolution of soil moisture and DSL in southern Amazonia. (A) Time-evolving yearly average of the simulated soil
moisture (rolling windowwith widthw = 1 year) for different AFs of the low-level moisture flow to South America, integrated SMD threshold = 450,000 kg h/m2 and fixed
ocean heating ⟨H⟩AO(t) = (120 ± 20) (see Materials and Methods). Deforestation is initiated at year 10 (first solid black line) and completed at year 30 (second solid black
line). Note that the soil moisture is the same long before and after the bifurcation-induced transition but declines strongly before the transition when the coupled system
loses its prior equilibrium. The shortened wet season and the decreasing rainfall rates result in lower soil moisture levels, while the evapotranspiration rates stay at a high
level and further deplete the soil during the dry season. This leads to an all-year-round decrease of the soil moisture and an increasing SMD before the dieback of the
rainforest. It therefore serves as an efficient physical precursor for the transition. (B) Simulated DSL (P < 180/month) with advancing deforestation for same simulation
parameters as (A), at the end of the trajectory (box 90). Note the gradual increase of the DSL with an increasing fraction of deforested rainforest before the abrupt
transition (dashed black line). For small AF, the switch into the wet season is still possible. However, the wet season length is strongly shortened and wet season pre-
cipitation is reduced. The DSL together with the wet season onset (see fig. S3) can, hence, serve as physical precursor signals.
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local deforestation effects are the main contributors, while, based on
our model results, we additionally suspect circulation changes in re-
sponse to deforestation in eastern Amazonia as cause for the ob-
served increases of the DSL. In accordance with our results,
trends in the atmospheric circulation in tropical South America
over the past decades show a higher occurrence of wintertime cir-
culation patterns and decrease of the frequency of circulation pat-
terns characteristics for the transition season, as well as a weakening
of the trade winds during and preceding droughts (27, 44). These

changes are characterized by increased southerly wind anomalies
from the Amazon Basin toward Southeastern South America and
intensified southerly cross-equatorial winds; both have been associ-
ated with a delayed onset of the monsoon (44). These changes in
circulation patterns during the transition season have recently
been associated with deforestation linked to the absence of deep
convection over deforested regions before the wet season onset
(42). Synoptic scale circulation changes, driven by continued exten-
sive deforestation, could even lead to a delay in the onset of the wet

Fig. 4. Statistical precursor signals for simulated precipitation rates. (A) Five-day averaged simulated precipitation rates, as functions of advancing deforestation at
the end of the trajectory (box 90). The nonlinear trend (orange) is obtained using a standard decomposition method (STL) (95) with a trend smoother length of 11 years
and seasonal smoother length of 13 months. Deforestation starts at year 100 in box 0 and subsequently proceeds westward where it is completed at year 300 in box 100.
Before crossing the tipping point, the wet season (P ≈ 0.4) and dry season (P ≈ 0.15) are apparent. The wet season rainfall rates show a steady decline with advancing
deforestation. Flickering and increased variability in the wet season rainfall near the critical threshold can be observed. After exceeding the critical deforestation thresh-
old, only the dry season state remains, with a small seasonal amplitude in the rainfall rates. The chosen simulation parameters are AF = 3, integrated SMD threshold = 20 ×
106 kg hour/m2, and ocean heating ⟨H⟩AO(t) = (120 ± 20) W/m2. (B) Residual precipitation time series, obtained by subtracting the seasonal and nonlinear trend com-
ponents from the original series. (C) Time-evolving endpoint variance computed in rolling window of width w = 150 years from year 0 (not shown) to year 200 of the
detrended time series. Red line denotes the linear trend, and Kendall τ indicates the strength of the increase. (D) Same as (C) but for the lag-one autocorrelation [AC(1)].

Fig. 5. Physical early-warning signals in ERA5 data: evolution of soil moisture and DSL in southern Amazonia. (A) Calculated linear trend in yearly averaged soil
moisture from 1979 to 2019 in South America, determined from the ERA5 reanalysis for all available soil moisture layers. Most parts of tropical South America show a
negative trend (red) in the soil moisture. (B) Observed DSL in southern Amazonia (5°S to 15°S, 50°W to 70°W) from 1979 to 2019, determined in three different ways (see
Materials and Methods). Dashed lines denote the corresponding linear trends. We find a DSL increase of 4.4 (blue), 6.6 (orange), and 3.0 (green) pentad/century for the
three differentmethods to determine the DSL, respectively. The data are taken from the ERA5 reanalysis (59). For a spatial analysis of the DSL, see fig. S4. AD, Anno Domini.
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season by more than a month (71). Wet season onset estimations
based on outgoing longwave radiation support our findings of in-
creasing DSL mainly in southeastern Amazonia and some parts of
southwestern Amazonia (25, 44).

Previous modeling studies showed that extensive deforestation
of the Amazon rainforest leads to changes in the energy balance
of the whole Amazon basin and in the atmospheric circulation
over tropical South America, which, in turn, leads to weakened
moisture flux and precipitation in these regions (72). Deforestation
leads to a local reduction of precipitation and evapotranspiration, as
well as a decrease in average latent heat release that, in turn, weakens
moisture convergence over western Amazonia (72). This leads, most

likely, to a prolongation of the dry season in these parts of
South America.

In accordance with our model results, we propose the following
chain of mechanisms in the coupled atmosphere-vegetation dy-
namics on the way to the deforestation-induced transition. The
time needed to initiate the wet season prolongs as the atmospheric
moisture and, hence, the average latent heat over the Amazon de-
creases with proceeding forest loss in the east. Large parts of Ama-
zonia show a negative trend in atmospheric moisture content over
the past decades (25). The heating gradient between the Atlantic
Ocean and the continent weakens and impedes the annual transi-
tion into the wet season (44). Consistently, we observe increasing
DSL and later wet season onset in the ERA5 data (Fig. 5B). The

Fig. 6. Statistical early-warning signals in ERA5 data. Spatial patterns of Kendall τ for the (A) lag-one autocorrelation, and (B) variance of observed monthly averaged
precipitation time series. CSD indicators are calculated for rolling windows of width w = 20 years. The trend is determined by Kendall τ of the respective indicator of the
detrended and deseasoned precipitation time series at every site. Stippling marks regions with significantly increasing trends (P < 0.05; see Materials and Methods for
details on the statistical test and fig. S6). Large parts of southwestern Amazonia show a simultaneous increase in variance and autocorrelation. Mean wet season wind
fields (1979 to 2019) at 750 hPa are delineated in grey. The nonlinear trend of the underlying precipitation time series is removed via STL (95) with a trend smoother length
of 5 years and seasonal smoother length of 13 months. The data are taken from the ERA5 reanalysis (59). In particular, the regions with high lag-one autocorrelation
correspond well with the main atmospheric moisture transport routes in South America and particularly the aerial river across the Amazon to the subtropics. (C) Variance
of the spatially averaged precipitation time series (black, left y axis) and variance of the spatially averaged, detrended, and deseasoned precipitation time series (blue, right
y axis) for southwestern Amazonia from 1979 to 2019, calculated in a windoww = 25 years [4°S to 12.5°S, 62.5°W to 72.5°W, white box in (A) and (B)]. Dashed lines denote
linear regressions of the respective time series. For the detrending method, see Materials and Methods. (D) Same as (C) for autocorrelation at lag one [AC(1)]. See figs. S7
and S8 for corresponding results using alternative gauge- and satellite-based rainfall datasets.
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shortened wet season and the decreasing rainfall rates result in lower
soil moisture levels. Evapotranspiration rates, however, stay at a high
level and further deplete the soil during the dry season. This leads to
an all-year-round decrease of the soil moisture and an increasing
SMD before the dieback of the rainforest. This increasing SMD
can be clearly observed in the ERA5 data (Fig. 5A). After the
dieback of the rainforest, the soil moisture approaches an alternative
equilibrium consistent with the reduced precipitation and evapo-
transpiration of the savanna vegetation. At the critical point, the at-
mospheric moisture content does not suffice anymore to maintain
precipitation and, thus, latent heating rates that could switch the
system back into the annual wet season, resulting in a permanent
dry season state. Consequently, this would result in a dieback of sub-
stantial parts of the rainforest.

We emphasize that the decreasing soil moisture that we observe
in the ERA5 data is not simply a linear response to decreasing rain-
fall rates in Amazonia but rather a consequence of the changing hy-
drological budget of the coupled atmosphere-vegetation system. In
general, the soil moisture shows a delayed response to reduced pre-
cipitable water and has been shown to be correlated to tropical At-
lantic sea surface temperatures and reduced moisture inflow from
the Atlantic and northern Amazonia (27). The precipitation rates
in large parts of Amazonia do not consistently decrease with the
negative trend in the soil moisture (fig. S9), and the links between
soil moisture, precipitation, and other factors remain uncertain, es-
pecially in deforested areas (27).

It should also be noted that it is inherently hard to measure the
soil moisture in the Amazon rainforest due to the high vegetation
coverage that hinders satellite measurements. However, previous
studies showed an agreement between satellite-based soil measure-
ments and the ERA5 reanalysis in large parts of Brazil (27, 73). A
recent soil moisture reconstruction study that combines satellite
and tree ring measurements also supports the strong decline of
the soil moisture in the Andes region in the past decades that is
visible in the ERA5 data (74), increasing the general confidence in
the ERA5 soil moisture product.

Similarly, quantifying rainfall in the Amazon region presents dif-
ficulties due to the scarcity of rain gauges (75). Rainfall products can
differ substantially in South America on both spatial and temporal
scales (76, 77). While the spatially averaged ERA5 precipitation rates
in South America are in good agreement with the gauge-based rain-
fall product provided by the Global Precipitation Climatology
Centre (GPCC) (78) after the year 1980, the ERA5 precipitation
in tropical South America shows some deviation from GPCC (79,
80). To account for this uncertainty in the ERA5 precipitation, we
repeat the statistical analysis for the three different satellite- and
gauge-based rainfall products: Climate Hazards Group InfraRed
Precipitation with Station data (CHIRPS) (81) and GPCC and
Global Precipitation Climatology Project (GPCP) (82). While the
four datasets not necessarily agree on the trend of rainfall over
the past four decades (fig. S9), we find a strong agreement in the
trends of the statistical CSD indicators (figs. S7 and S8).

The impacts of a weakened atmospheric circulation are expected
to be greatest in the southwestern parts of the rainforest, due to the
cascading effect of reduced moisture recycling over the basin. This
implies that increasing deforestation rates in eastern Amazonia
could lead to an extensive reduction of rainfall in remote parts of
the rainforest (72). Large parts of the rainforest in southwestern
Amazonia are still intact, which suggests that our findings of

changes in the large-scale precipitation patterns cannot be ascribed
to local deforestation effects.

While the characteristic changes in our model simulations can
by design be exclusively attributed to forest loss, this is not possible
in observational or reanalysis data. Besides forest loss, several com-
peting processes influence the climate in South America, such as El
Niño events, sea surface temperature anomalies in the tropical At-
lantic, and the consequences of global warming. For example, a
poleward shift of the subtropical jets and equatorial contraction of
the ITCZ is expected in a warmer climate, possibly leading to a
delayed wet season onset and savanna expansion in the southern
Amazon (83, 84). It has been shown that deforestation can
enhance surface wind acceleration and increase the moisture
inflow from the Atlantic and increase precipitation in intact
regions of the rainforest due to decreased roughness length (85).
While we do not account for this effect in our model, it could sub-
stantially increase the precipitation throughout the intact regions of
the rainforest with further deforestation. Including this effect would
potentially reduce the amplitude and abruptness of the transition
shown in Fig. 2. Furthermore, an intensification of the Hadley
and Walker cells, associated with anomalous sea surface tempera-
tures in the tropical Pacific and north tropical Atlantic, as well as
reduced moisture transport from the tropical Atlantic Ocean, has
partially been linked to an increase of the frequency of dry days
during the transition season in southern Amazonia over the past
decades (24–26, 86).

Our model simulations imply that all four indicators will occur
consistently before the critical transition, and, correspondingly, we
reveal that all four of them occur consistently in the ERA5 data and
in other observation datasets. It is unlikely that low-frequency
natural variability such as the atlantic multidecadal oscillation
(AMO) and El Niño–Southern Oscillation (ENSO), possibly in con-
junction with anthropogenic climate change, would lead to a simi-
larly consistent occurrence of all four—in principle, independent—
indicators. Moreover, we test the trends in the CSD indicators based
on a phase surrogate test that preserves the variance and the auto-
correlation structure of the original time series (fig. S6). In this
sense, the detected trends are statistically significantly positive
given the “natural variability” (in terms of variance and autocorre-
lation) and can thus not be explained by natural variability.

We showed that forest loss, caused by direct deforestation,
droughts, and fires, might vastly contribute to a changing climate
in Amazonia and could drive the coupled rainforest-monsoon cir-
culation system past a tipping point. Recent changes in precipitation
patterns, increasing DSL, reduced soil moisture, and more frequent
extreme events might be much stronger linked to deforestation than
previously assumed. The results presented here suggest an upcom-
ing regime shift of the Amazon ecosystem if deforestation is not
brought to a halt. We outline a detailed analysis of the observed
changes in the hydrological variables that we identify with physical
and statistical precursor signals, using high-resolution coupled veg-
etation-atmosphere models, as an urgent subject of future research.

MATERIALS AND METHODS
Model design
The main focus of the model is the relationship between a defores-
tation-induced decrease in the total surface heat flux and a positive
feedback mechanism associated with the release of latent heat. To
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investigate the consequences of deforestation, a nonlinear moisture
transport model along a one-dimensional trajectory from the
mouth of the Amazon River to the western boundary of the
Amazon basin, following the low-level winds in the monsoon
season, is constructed (see Fig. 1). The underlying equations are
given by the moisture balance equations

∂tA ¼ E � P � r �M ð1Þ

∂tS ¼ P � E � R ð2Þ

whereA denotes the atmospheric moisture content, E is evapotrans-
piration, P is precipitation, S is the total soil moisture content, and R
is the runoff. The term ∇ · M denotes the divergence of vertically
integrated moisture flow and is defined at each atmospheric layer
λ as ∇ · M λ ≔ AλW λ, where W λ is the respective wind speed.
The runoff R and the precipitation P are modeled as effective func-
tions of S andA, respectively, with functional dependencies estimat-
ed from the ERA5 reanalysis. The evapotranspiration is obtained by
sampling from a three-dimensional estimated probability density,
dependent on the soil moisture S and the surface net solar radiation.
The winds W = WT + WH are modeled in terms of a trade wind
component WT and a convective latent-heating component WH.
WH represents the amplification of wind speeds due to condensa-
tional heating in the wet season. Because this heating is dependent
on precipitation and, hence, atmospheric moisture itself, the
heating component introduces the nonlinearity to the model. The
wind is modeled as

WiðtÞ ¼WT
i ðtÞ þWH

i ðtÞ ð3Þ

WT
i ðtÞ ¼ ðw0 � wcÞ 1þ

1
1þ ew1ðtÞ�i� w2

� �

þWdry
i.70ðtÞ ð4Þ

WH
i ðtÞ ¼ wcLπðtÞ 1þ

1
1þ ew1ðtÞ�i� w2

� �

ð5Þ

Here, π(t) denotes the heating gradient between the Atlantic
Ocean and the trajectory

πðtÞ ¼ hHitrajectoryðtÞ � hHiAOðtÞ ð6Þ

with H = Hsensible + H latent + Hrad and ⟨·⟩R denoting the spatial
average over the region R. The coefficients w0, w1(t), and w2 are ad-
justed such that the modeled winds in the wet season match the ob-
served wind speeds. Here, the parameters are chosen to be

w0 ¼ 16:5 km=hour ð7Þ

w1 ¼ 0:6 � ½0:03 � cos
2π
8760

t � π
� �

� 0:03� ð8Þ

w2 ¼ 3:4 ð9Þ

The parameter wc and w0 determine the strengthening of the
wind speeds and moisture inflow due to the latent heat release
over the Amazon during the wet season. The amplification factor

(AF) of the winds is then given by

AF ¼
w0

w0 � wc
ð10Þ

Varying wc thus corresponds to controlling the strength of the
heating-related feedback. The dimensionality factor L is defined as

L ¼ max
1

πðtÞ

� �

ð11Þ

and calculated for the undisturbed case, with no deforestation. In
other words, L ensures that the amplification due to the heating
winds is limited by AF. Only wind speeds at the 750-hPA level
are considered because they are very similar to the mean wind
speeds on the 700- to 900-hPa levels.

We integrate the discretized equations

Aiðt þ 1Þ ¼ AiðtÞ þ EiðtÞ � PiðtÞ

�
WiðtÞAiðtÞ � Wi� 1ðtÞAi� 1ðtÞ

l
ð12Þ

Siðt þ 1Þ ¼ SiðtÞ þ PiðtÞ � EiðtÞ � RiðtÞ ð13Þ

along the 100 boxes of the trajectory, in hourly steps. The subscript i
denotes the respective spatial box, and l = 30 km is the length of a
single box. The moisture divergence ∇ · M is realized as forward
difference quotient. Initial conditions are derived from the ERA5
reanalysis (59). We validate the model results against the ERA5
data (see fig. S1). For the investigation of precursor signals, we
add white noise (σ = 0.1) to each Ai(t) in Eq. 12.

Deforestation is simulated as a 40% reduction of the evapotrans-
piration E and a 40% increase in the sensible heat. However, the
latent heat flux is two to four times higher than the sensible heat
flux. This means that the reduction of E is the determining
change. In addition to this ad hoc deforestation, a feedback mech-
anism between higher plant water stress and the vegetation is imple-
mented. Less precipitation and longer dry seasons due to the
weakening of the latent heat feedback lead to less soil moisture,
which will eventually lead to increased tree mortality. Here, a
simple threshold model is proposed. An integrated SMD is dynam-
ically calculated, and, when the SMD exceeds a set threshold, this
leads to deforestation of the box. For every box, the lowest soil mois-
ture value before deforestation is set as a baseline. The integrated
SMD is the sum of the soil values below the baseline. If the deficit
exceeds the threshold, then the same consequences as in the case of
manual deforestation occur.

Dry season length
There exist several methods to determine the onset and demise of
the wet season in tropical regions. Here, we use three different
methods to determine the DSL in the ERA5 data.

First, we calculate the climatological mean rainfall rate P and the
running 30-day mean precipitation rate P30d for all years. We iden-
tify all days where P30d is below the climatological mean and deter-
mine the longest sequence of consecutive dry days, ignoring wet
spells (days with P30d� . P) shorter than 10 days. The longest se-
quence of dry days is the DSL of the respective year. The wet
season retreat is the first day of the consecutive dry days and the
onset date is the last day.
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The second method is based on Liebmann et al. (87, 88). We cal-
culate the 5-day mean precipitation for all years and determine the
annual cumulative pentad rainfall anomaly A(d) for every pentad d

AðdÞ ¼
Xd

j¼0
ðPj � PÞ

with Pj as rainfall on pentad j and P as climatological mean rainfall
rate. The anomaly A(d ) increases when the pentad rainfall is above
the climatological mean and decreases otherwise. The onset date of
the wet season is then the maximum of A(d), and the minimum of
A(d ) denotes the end of the wet season. The difference between
demise and onset yields the DSL.

The third method is a modification of Marengo et al. (29, 89).
We calculate the 5-day mean precipitation for every year, P5d. The
wet season demise is determined by the first date when P5d changes
from above to below the climatological annual mean rain rate
during six of the eight pentads. Vice versa, the wet season onset is
the first pentad when P5d changes from below to above the clima-
tological annual mean rain rate. If this criterion fails for a specific
year, then the condition is relaxed to five of the eight pentads and,
ultimately, to four of the eight pentads.

CSD and associated precursor signals
Several large-scale components of the Earth system are suspected to
show abrupt shifts between different states when important control
parameters, such as temperature or CO2, approach critical thresh-
olds, so-called tipping points (1). Key examples of such potential
tipping elements are given by the Atlantic Meridional Overturning
Circulation, the polar ice sheets, and the Amazon rainforest. While
it is, in principle, hard to predict these abrupt shifts, various precur-
sor signals that precede bifurcation-induced transitions in low-
order random dynamical systems have been proposed (36, 90, 91).
When the system approaches the critical threshold, the state of the
system resembles more and more its past states, which is known as
CSD. The restoring forces of the system diminish, and the rate of
return to equilibrium after a perturbation approaches zero. This
loss of resilience can be seen as a rise in the lag-one autocorrelation
and variance of the fluctuations before crossing the tipping point
(36, 92). Under the assumption that leading dynamical models of
Earth system tipping elements can, to a first approximation, be rep-
resented by low-order random dynamical systems, the above moti-
vates to search for precursor signals in the dynamics of tipping
elements. Precursor signals related to CSD have been identified,
for example, before collapses of the Atlantic Meridional Overturn-
ing Circulation in comprehensive model simulations (93, 94).

We calculate the variance and lag-one autocorrelation of the de-
trended time series within endpoint rolling windows half the size of
the reanalysis time series (w = 20 years). For our model time series,
we calculate the CSD indicators in a rolling window of size w = 150
years from year 0 to year 200 (Fig. 4).

We detrend the time series via seasonal trend decomposition
(STL) based on locally estimated scatterplot smoothing (LOESS)
(95) with the statsmodels Python package (96). The particular de-
trending parameters are given in the figure captions. The lag-one
autocorrelation is computed directly as Pearson correlation coeffi-
cient between the time series and itself shifted by one time step. It
should be noted that both variance and lag-one autocorrelation

have to increase (significantly) to conclude the proximity to a crit-
ical transition (90, 97).

Significance testing
To test the significance of our results, we test against the hypothesis
that the trends in the CSD indicator time series are due to chance.
By randomly shifting the phases in Fourier space, we generate n =
10,000 surrogates of the time series of the same length, which have
no trend and preserve the variance and spectrum, and, hence, the
autocorrelation function of the original time series (98–100). We
calculate Kendall’s τ for each generated surrogate time series and
compare it with the Kendall τ of the original data. The fraction of
cases where τ of the surrogates was equal or greater than the original
τ gives the P value of our significance test, for a given τ value.

Sensitivity analysis
The following simulation parameters are varied to investigate the
sensitivity of our results to these choices: the AF, the heating over
the tropical Atlantic Ocean ⟨H⟩AO(t), the reduction of the evapo-
transpiration after deforestation ΔE, and the integrated SMD
threshold. We find that our results are robust against reasonable
variations in these parameters.

The consequences of deforestation depend on the values chosen
for AF and ⟨H⟩AO(t). The AF determines the strength of the
heating-related feedback; the higher the AF, the more severe the
consequences. Nevertheless, for all AF within the bounds set by pre-
vious studies (46–48), we find an abrupt dieback of the rainforest
(fig. S10).

A higher average heating over the Atlantic Ocean leads to a lower
heating gradient between ocean and continent and, therefore, to an
earlier breakdown of the heating-related feedback. We vary the
spatial box used for averaging the atmospheric heating over the At-
lantic by 1° to 2° in every direction and find 〈H〉AO = 80 W/m2 to
〈H〉AO = 140 W/m2 during the wet season (December to February)
and 〈H〉AO = 30 W/m2 to 〈H〉AO = 80 W/m2 during the dry season
(June to August), with an annual amplitude of 20 W/m2 to 50 W/
m2. We use 〈H〉AO = 80 W/m2, 〈H〉AO = 100 W/m2, 〈H〉AO = 120 W/
m2, and 〈H〉AO = 140W/m2 for our simulations, each with an annual
amplitude of 20 and 40 W/m2. We show the precipitation rates for
different AF and HAO after successive deforestation in fig. S10. Al-
though the position of the critical deforestation threshold and the
abruptness of the transition depend on these choices, the results
remain qualitatively unaltered.

The integrated SMD threshold is an artificial parameter that is
chosen such that prolonged drought conditions over multiple
years lead to degradation of the rainforest, which we quantitatively
implement in the same way as deforestation. The specific choice for
the SMD determines the timing of the rainforest dieback, but it has
no influence on the severity of the rainfall decline (see fig. S11A). To
investigate the statistical precursor signals and trends in the CSD
indicators, we choose the SMD such that the dieback of the rainfor-
est happens after 50% deforestation rate.

The reduction of the evapotranspiration ΔE is an essential pa-
rameter that determines the strength at which deforestation and
vegetation degradation due to a persistent SMD affect the coupled
hydrological cycle. The specific choice of the reduction, hence, in-
fluences the timing of the dieback. The higher ΔE, the lower the pre-
cipitation rates after deforestation and the earlier the dieback.
Results from a field study suggest reductions of around 40% for
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deforestation/degradation from closed rainforest to savanna, crop,
or pasture (60). We show the influence of ΔE on the wet season pre-
cipitation for ΔE = 30 to 50% for exemplary AF and ⟨H⟩AO(t) in fig.
S11B. Qualitatively, the results are similar, however, with a rainfor-
est dieback eventually occurring for all ΔE.

Supplementary Materials
This PDF file includes:
Figs. S1 to S11

REFERENCES AND NOTES
1. T. M. Lenton, H. Held, E. Kriegler, J. W. Hall, W. Lucht, S. Rahmstorf, H. J. Schellnhuber,

Tipping elements in the Earth’s climate system. Proc. Natl. Acad. Sci. U.S.A. 105,
1786–1793 (2008).

2. C. A. Nobre, L. D. S. Borma, ‘Tipping points’ for the Amazon forest. Curr. Opin. Environ.
Sustain. 1, 28–36 (2009).

3. M. Hirota, M. Holmgren, E. H. Van Nes, M. Scheffer, Global resilience of tropical forest and
savanna to critical transitions. Science 334, 232–235 (2011).

4. R. Kopp, K. Hayhoe, D. R. Easterling, T. Hall, R. Horton, K. E. Kunkel, A. N. LeGrande, in
Climate Science Special Report: Fourth National Climate Assessment, vol. 1 (U.S. Global
Change Research Program, 2017), chap. 15, pp. 411–429.

5. N. Boers, N. Marwan, H. M. Barbosa, J. Kurths, A deforestation-induced tipping point for
the South American monsoon system. Sci. Rep. 7, 41489 (2017).

6. T. E. Lovejoy, C. Nobre, Amazon tipping point: Last chance for action. Sci. Adv. 5,
eaba2949 (2019).

7. D. I. A. McKay, A. Staal, J. F. Abrams, R. Winkelmann, B. Sakschewski, S. Loriani, I. Fetzer,
S. E. Cornell, J. Rockström, T. M. Lenton, Exceeding 1.5°C global warming could trigger
multiple climate tipping points. Science 377, eabn7950 (2022).

8. I. M. Parry, P. D. Ritchie, P. M. Cox, Evidence of localised Amazon rainforest dieback in
CMIP6 models. Earth Syst. Dynam. 13, 1667–1675 (2022).

9. D. C. da Cruz, J. M. R. Benayas, G. C. Ferreira, S. R. Santos, G. Schwartz, An overview of forest
loss and restoration in the Brazilian Amazon. New For. 52, 1–6 (2021).

10. P. Verweij, S. Hess, Keeping the Amazon Forests Standing: A Matter of Values (World Wildlife
Fund Zeist, 2009).

11. D. Werth, The local and global effects of Amazon deforestation. J. Geophys. Res. 107,
8087 (2002).

12. R. Avissar, D. Werth, Global hydroclimatological teleconnections resulting from tropical
deforestation. J. Hydrometeorol. 6, 134–145 (2005).

13. Y. Pan, R. A. Birdsey, J. Fang, R. Houghton, P. E. Kauppi, W. A. Kurz, O. L. Phillips,
A. Shvidenko, S. L. Lewis, J. G. Canadell, P. Ciais, R. B. Jackson, S. W. Pacala, A. D. McGuire,
S. Piao, A. Rautiainen, S. Sitch, D. Hayes, A large and persistent carbon sink in the world’s
forests. Science 333, 988–993 (2011).

14. E. A. Davidson, A. C. de Araújo, P. Artaxo, J. K. Balch, I. F. Brown, M. M. C. Bustamante,
M. T. Coe, R. S. DeFries, M. Keller, M. Longo, J. W. Munger, W. Schroeder, B. S. Soares-Filho,
C. M. Souza, S. C. Wofsy, The Amazon basin in transition. Nature 481, 321–328 (2012).

15. E. Rödig, M. Cuntz, A. Rammig, R. Fischer, F. Taubert, A. Huth, The importance of forest
structure for carbon fluxes of the Amazon rainforest. Environ. Res. Lett. 13, 054013 (2018).

16. C. A. Nobre, P. J. Sellers, J. Shukla, Amazonian deforestation and regional climate change.
J. Climate 4, 957–988 (1991).

17. J. A. Marengo, C. A. Nobre, G. Sampaio, L. F. Salazar, L. S. Borma, in Tropical Rainforest
Responses to Climatic Change (Springer Berlin Heidelberg, 2011), pp. 259–283.

18. D. Lawrence, K. Vandecar, Erratum: Effects of tropical deforestation on climate and ag-
riculture. Nat. Clim. Chang. 5, 174 (2015).

19. D. V. Spracklen, L. Garcia-Carreras, The impact of Amazonian deforestation on Amazon
basin rainfall. Geophys. Res. Lett. 42, 9546–9552 (2015).

20. C. A. Nobre, G. Sampaio, L. S. Borma, J. C. Castilla-Rubio, J. S. Silva, M. Cardoso, Land-use
and climate change risks in the Amazon and the need of a novel sustainable development
paradigm. Proc. Natl. Acad. Sci. U.S.A. 113, 10759–10768 (2016).

21. T. E. Lovejoy, C. Nobre, Amazon tipping point. Sci. Adv. 4, eaat2340 (2018).
22. C. Smith, J. C. Baker, D. V. Spracklen, Tropical deforestation causes large reductions in

observed precipitation. Nature, 270–275 (2023).
23. G. Sampaio, C. Nobre, M. H. Costa, P. Satyamurty, B. S. Soares-Filho, M. Cardoso, Regional

climate change over eastern Amazonia caused by pasture and soybean cropland ex-
pansion. Geophys. Res. Lett. 34, 1–7 (2007).

24. J. C. Espinoza, J. Ronchail, J. A. Marengo, H. Segura, Contrasting North-South changes in
Amazon wet-day and dry-day frequency and related atmospheric features (1981-2017).
Clim. Dynam. 52, 5413–5430 (2019).

25. J. A. Marengo, J. C. Jimenez, J. C. Espinoza, A. P. Cunha, L. E. Aragão, Increased climate
pressure on the agricultural frontier in the Eastern Amazonia-Cerrado transition zone. Sci.
Rep. 12, 457 (2022).

26. V. B. Rao, S. H. Franchito, M. B. Rosa, D. Govardhan, S. N. Figueroa, V. S. L. Bhargavi, In a
changing climate Hadley cell induces a record flood in amazon and another recorded
drought across South Brazil in 2021. Nat. Hazards 114, 1549–1561 (2022).

27. P. A. Arias, J. A. Martínez, J. D. Mejía, M. J. Pazos, J. C. Espinoza, S. Wongchuig-Correa,
Changes in normalized difference vegetation index in the Orinoco and Amazon River
Basins: Links to tropical atlantic surface temperatures. J. Climate 33, 8537–8559 (2020).

28. C. T. Almeida, J. F. Oliveira-Júnior, R. C. Delgado, P. Cubo, M. C. Ramos, Spatiotemporal
rainfall and temperature trends throughout the Brazilian Legal Amazon, 1973-2013. Int.
J. Climatol. 37, 2013–2026 (2017).

29. R. Fu, L. Yin, W. Li, P. A. Arias, R. E. Dickinson, L. Huang, S. Chakraborty, K. Fernandes,
B. Liebmann, R. Fisher, R. B. Myneni, Increased dry-season length over southern Ama-
zonia in recent decades and its implication for future climate projection. Proc. Natl. Acad.
Sci. U.S.A. 110, 18110–18115 (2013).

30. J. A. Marengo, J. Tomasella, L. M. Alves, W. R. Soares, D. A. Rodriguez, The drought of 2010
in the context of historical droughts in the Amazon region. Geophys. Res. Lett. 38,
1–5 (2011).

31. J. A. Marengo, C. M. Souza Jr., K. Thonicke, C. Burton, K. Halladay, R. A. Betts, L. M. Alves,
W. R. Soares, Changes in climate and land use over the Amazon Region: Current and
future variability and trends. Front. Earth Sci. 6, 228 (2018).

32. J. Verbesselt, N. Umlauf, M. Hirota, M. Holmgren, E. H. van Nes, M. Herold, A. Zeileis,
M. Scheffer, Remotely sensed resilience of tropical forests. Nat. Clim. Chang. 6,
1028–1031 (2016).

33. T. Smith, N. Boers, Global vegetation resilience linked to water availability and variability.
Nat. Commun. 14, 498 (2023).

34. C. A. Boulton, T. M. Lenton, N. Boers, Pronounced loss of Amazon rainforest resilience
since the early 2000s. Nat. Clim. Chang. 12, 271–278 (2022).

35. V. Dakos, M. Scheffer, E. H. van Nes, V. Brovkin, V. Petoukhov, H. Held, Slowing down as an
early warning signal for abrupt climate change. Proc. Natl. Acad. Sci. U.S.A. 105,
14308–14312 (2008).

36. M. Scheffer, J. Bascompte, W. A. Brock, V. Brovkin, S. R. Carpenter, V. Dakos, H. Held,
E. H. van Nes, M. Rietkerk, G. Sugihara, Early-warning signals for critical transitions. Nature
461, 53–59 (2009).

37. S. R. Carpenter, W. A. Brock, Rising variance: A leading indicator of ecological transition.
Ecol. Lett. 9, 311–318 (2006).

38. N. Boers, M. Ghil, T. F. Stocker, Theoretical and paleoclimatic evidence for abrupt tran-
sitions in the Earth system. Environ. Res. Lett. 17, 093006 (2022).

39. T. Smith, D. Traxl, N. Boers, Empirical evidence for recent global shifts in vegetation re-
silience. Nat. Clim. Chang. 12, 477–484 (2022).

40. W. Li, R. Fu, Transition of the large-scale atmospheric and land surface conditions from
the dry to the wet season over Amazonia as diagnosed by the ECMWF re-analysis.
J. Climate 17, 2637–2651 (2004).

41. W. Li, R. Fu, Influence of cold air intrusions on the wet season onset over Amazonia.
J. Climate 19, 257–275 (2006).

42. J. P. Sierra, J. C. Espinoza, C. Junquas, S. Wongchuig, J. Polcher, V. Moron, L. Fita, P. A. Arias,
A. Schrapffer, R. Pennel, Impacts of land-surface heterogeneities and amazonian defor-
estation on the wet season onset in southern amazon. Climate Dynam. 10.1007/s00382-
023-06835-2, (2023).

43. J. Zhou, K.-M. Lau, Does a Monsoon climate exist over South America? J. Climate 11,
1020–1040 (1998).

44. J. C. Espinoza, P. A. Arias, V. Moron, C. Junquas, H. Segura, J. P. Sierra-Pérez, S. Wongchuig,
T. Condom, Recent changes in the atmospheric circulation patterns during the dry-to-wet
transition season in South Tropical South America (1979-2020): Impacts on precipitation
and fire season. J. Climate 34, 9025–9042 (2021).

45. J. S. Wright, R. Fu, J. R. Worden, S. Chakraborty, N. E. Clinton, C. Risi, Y. Sun, L. Yin, Rain-
forest-initiated wet season onset over the southern Amazon. Proc. Natl. Acad. Sci. U.S.A.
114, 8481–8486 (2017).

46. B. J. Hoskins, M. J. Rodwell, A model of the Asian summer monsoon. Part I: The global
scale. J. Atmos. Sci. 52, 1329–1340 (1995).

47. F. Jin, B. J. Hoskins, The direct response to tropical heating in a baroclinic atmosphere.
J. Atmos. Sci. 52, 307–319 (1995).

48. M. J. Rodwell, B. J. Hoskins, Subtropical anticyclones and summer monsoons. J. Climate
14, 3192–3211 (2001).

S C I ENCE ADVANCES | R E S EARCH ART I C L E

Bochow and Boers, Sci. Adv. 9, eadd9973 (2023) 4 October 2023 11 of 13



49. S. Wongchuig, J. C. Espinoza, T. Condom, H. Segura, J. Ronchail, P. A. Arias, C. Junquas,
A. Rabatel, T. Lebel, A regional view of the linkages between hydro-climatic changes and
deforestation in the Southern Amazon. Int. J. Climatol. 42, 3757–3775 (2022).

50. Y. Malhi, L. E. O. C. Aragão, D. Galbraith, C. Huntingford, R. Fisher, P. Zelazowski, S. Sitch,
C. McSweeney, P. Meir, Exploring the likelihood and mechanism of a climate-change-
induced dieback of the Amazon rainforest. Proc. Natl. Acad. Sci. U.S.A. 106,
20610–20615 (2009).

51. O. L. Phillips, G. van der Heijden, S. L. Lewis, G. López-González, L. E. O. C. Aragão, J. Lloyd,
Y. Malhi, A. Monteagudo, S. Almeida, E. A. Dávila, I. Amaral, S. Andelman, A. Andrade,
L. Arroyo, G. Aymard, T. R. Baker, L. Blanc, D. Bonal, Á. C. A. de Oliveira, K. J. Chao,
N. D. Cardozo, L. da Costa, T. R. Feldpausch, J. B. Fisher, N. M. Fyllas, M. A. Freitas,
D. Galbraith, E. Gloor, N. Higuchi, E. Honorio, E. Jiménez, H. Keeling, T. J. Killeen, J. C. Lovett,
P. Meir, C. Mendoza, A. Morel, P. N. Vargas, S. Patiño, K. S. H. Peh, A. P. Cruz, A. Prieto,
C. A. Quesada, F. Ramírez, H. Ramírez, A. Rudas, R. Salamão, M. Schwarz, J. Silva, M. Silveira,
J. W. Ferry Slik, B. Sonké, A. S. Thomas, J. Stropp, J. R. D. Taplin, R. Vásquez, E. Vilanova,
Drought-mortality relationships for tropical forests. New Phytol. 187, 631–646 (2010).

52. P. Meir, T. E. Wood, D. R. Galbraith, P. M. Brando, A. C. L. da Costa, L. Rowland, L. V. Ferreira,
Threshold responses to soil moisture deficit by trees and soil in tropical rain forests: In-
sights from field experiments. Bioscience 65, 882–892 (2015).

53. S. Bathiany, M. Scheffer, E. H. Van Nes, M. S. Williamson, T. M. Lenton, Abrupt climate
change in an oscillating world. Sci. Rep. 8, 5040 (2018).

54. D. C. Zemp, C. F. Schleussner, H. M. J. Barbosa, R. J. van der Ent, J. F. Donges, J. Heinke,
G. Sampaio, A. Rammig, On the importance of cascading moisture recycling in South
America. Atmos. Chem. Phys. 14, 13337–13359 (2014).

55. A. D. Nobre, “The future climate of Amazonia scientific assessment report” (Tech. Rep.,
Articulación RegionalAmazônica, 2014).

56. D. C. Zemp, C.-F. Schleussner, H. M. J. Barbosa, M. Hirota, V. Montade, G. Sampaio, A. Staal,
L. Wang-Erlandsson, A. Rammig, Self-amplified Amazon forest loss due to vegetation-
atmosphere feedbacks. Nat. Commun. 8, 14681 (2017).

57. A. Staal, O. A. Tuinenburg, J. H. C. Bosmans, M. Holmgren, E. H. van Nes, M. Scheffer,
D. C. Zemp, S. C. Dekker, Forest-rainfall cascades buffer against drought across the
Amazon. Nat. Clim. Chang. 8, 539–543 (2018).

58. A. Staal, B. M. Flores, A. P. D. Aguiar, J. H. C. Bosmans, I. Fetzer, O. A. Tuinenburg, Feedback
between drought and deforestation in the Amazon. Environ. Res. Lett. 15, 044024 (2020).

59. H. Hersbach, B. Bell, P. Berrisford, S. Hirahara, A. Horányi, J. Muñoz-Sabater, J. Nicolas,
C. Peubey, R. Radu, D. Schepers, A. Simmons, C. Soci, S. Abdalla, X. Abellan, G. Balsamo,
P. Bechtold, G. Biavati, J. Bidlot, M. Bonavita, G. Chiara, P. Dahlgren, D. Dee, M. Diamantakis,
R. Dragani, J. Flemming, R. Forbes, M. Fuentes, A. Geer, L. Haimberger, S. Healy,
R. J. Hogan, E. Hólm, M. Janisková, S. Keeley, P. Laloyaux, P. Lopez, C. Lupu, G. Radnoti,
P. Rosnay, I. Rozum, F. Vamborg, S. Villaume, J. N. Thépaut, The ERA5 global reanalysis.
Q. J. Roy. Meteorol. Soc. 146, 1999–2049 (2020).

60. C. von Randow, A. O. Manzi, B. Kruijt, P. J. de Oliveira, F. B. Zanchi, R. L. Silva, M. G. Hodnett,
J. H. C. Gash, J. A. Elbers, M. J. Waterloo, F. L. Cardoso, P. Kabat, Comparative measure-
ments and seasonal variations in energy and carbon exchange over forest and pasture in
South West Amazonia. Theor. Appl. Climatol. 78, 5–26 (2004).

61. F. Dominguez, J. Eiras-Barca, Z. Yang, D. Bock, R. Nieto, L. Gimeno, Amazonian moisture
recycling revisited using WRF with water vapor tracers. J. Geophys. Res. Atmos. 127,
e2021JD035259 (2022).

62. D. V. Spracklen, S. R. Arnold, C. M. Taylor, Observations of increased tropical rainfall
preceded by air passage over forests. Nature 489, 282–285 (2012).

63. Instituto Nacional de Pesquisas Espaciais, “Terrabrasilis/Prodes” (Tech. Rep., Instituto Na-
cional de Pesquisas Espaciais and National Institute for Space Research, 2020).

64. J. Agudelo, P. A. Arias, S. C. Vieira, J. A. Martínez, Influence of longer dry seasons in the
Southern Amazon on patterns of water vapor transport over northern South America and
the Caribbean. Clim. Dynam. 52, 2647–2665 (2019).

65. A. T. Leite-Filho, V. Y. Sousa Pontes, M. H. Costa, Effects of deforestation on the onset of
the rainy season and the duration of dry spells in Southern Amazonia. J. Geophys. Res.
Atmos. 124, 5268–5281 (2019).

66. A. T. Leite-Filho, M. H. Costa, R. Fu, The southern Amazon rainy season: The role of de-
forestation and its interactions with large-scale mechanisms. Int. J. Climatol. 40,
2328–2341 (2020).

67. M. Ruiz-Vásquez, P. A. Arias, J. A. Martínez, J. C. Espinoza, Effects of Amazon basin de-
forestation on regional atmospheric circulation and water vapor transport towards
tropical South America. Clim. Dynam. 54, 4169–4189 (2020).

68. I. C. Correa, P. A. Arias, M. Rojas, Evaluation of multiple indices of the South American
monsoon. Int. J. Climatol. 41, E2801–E2819 (2021).

69. G. Poveda, L. Jaramillo, L. F. Vallejo, Seasonal precipitation patterns along pathways of
South American low-level jets and aerial rivers. Water Resour. Res. 50, 98–118 (2014).

70. N. Boers, A. Rheinwalt, B. Bookhagen, H. M. J. Barbosa, N. Marwan, J. Marengo, J. Kurths,
The South American rainfall dipole: A complex network analysis of extreme events.
Geophys. Res. Lett. 41, 7397–7405 (2014).

71. L. F. S. Commar, G. M. Abrahão, M. H. Costa, A possible deforestation-induced synoptic-
scale circulation that delays the rainy season onset in amazonia. Environ. Res. Lett. 18,
044041 (2023).

72. J. P. Sierra, C. Junquas, J. C. Espinoza, H. Segura, T. Condom, M. Andrade, J. Molina-Carpio,
L. Ticona, V. Mardoñez, L. Blacutt, J. Polcher, A. Rabatel, J. E. Sicart, Deforestation impacts
on Amazon-Andes hydroclimatic connectivity. Clim. Dynam. 58, 2609–2636 (2021).

73. J. C. A. Baker, D. Castilho de Souza, P. Y. Kubota, W. Buermann, C. A. S. Coelho,
M. B. Andrews, M. Gloor, L. Garcia-Carreras, S. N. Figueroa, D. V. Spracklen, An assessment
of land-atmosphere interactions over south america using satellites, reanalysis, and two
global climate models. J. Hydrometeorol. 22, 905–922 (2021).

74. A. González-Reyes, A. Venegas-González, A. Muñoz, I. Schneider, The first soil moisture
reconstruction in the Mediterranean Chilean Andes region developed by tree rings and
satellite observations to inform climate change impacts in South America. EGUGA
10.5194/egusphere-egu21-13831, (2021).

75. L. A. Blacutt, D. L. Herdies, L. G. G. de Gonçalves, D. A. Vila, M. Andrade, Precipitation
comparison for the CFSR, MERRA, TRMM3B42 and Combined Scheme datasets in Bolivia.
Atmos. Res. 163, 117–131 (2015).

76. S. Golian, M. Javadian, A. Behrangi, On the use of satellite, gauge, and reanalysis pre-
cipitation products for drought studies. Environ. Res. Lett. 14, 075005 (2019).

77. P. Papastefanou, C. S. Zang, Z. Angelov, A. A. de Castro, J. C. Jimenez, L. F. C. de Rezende,
R. C. Ruscica, B. Sakschewski, A. A. Sörensson, K. Thonicke, C. Vera, N. Viovy, C. von Randow,
A. Rammig, Recent extreme drought events in the Amazon rainforest: Assessment of
different precipitation and evapotranspiration datasets and drought indicators. Biogeo-
sciences 19, 3843–3861 (2022).

78. U. Schneider, P. Finger, A. Meyer-Christoffer, E. Rustemeier, M. Ziese, A. Becker, Evaluating
the hydrological cycle over land using the newly-corrected precipitation climatology from
the global precipitation climatology centre (GPCC). Atmosphere 8, 52 (2017).

79. B. Bell, H. Hersbach, A. Simmons, P. Berrisford, P. Dahlgren, A. Horányi, J. Muñoz-Sabater,
J. Nicolas, R. Radu, D. Schepers, C. Soci, S. Villaume, J. R. Bidlot, L. Haimberger, J. Woollen,
C. Buontempo, J.-N. Thépaut, The ERA5 global reanalysis: Preliminary extension to 1950.
Q. J. Roy. Meteorol. Soc. 147, 4186–4227 (2021).

80. D. A. Lavers, A. Simmons, F. Vamborg, M. J. Rodwell, An evaluation of ERA5 precipitation
for climate monitoring. Q. J. Roy. Meteorol. Soc. 148, 3152–3165 (2022).

81. C. C. Funk, P. J. Peterson, M. F. Landsfeld, D. H. Pedreros, J. P. Verdin, J. D. Rowland,
B. E. Romero, G. J. Husak, J. C. Michaelsen, A. P. Verdin, A quasi-global precipitation time
series for drought monitoring. Data Series 10.3133/ds832, (2014).

82. R. F. Adler, M. R. P. Sapiano, G. J. Huffman, J.-J. Wang, G. Gu, D. Bolvin, L. Chiu, U. Schneider,
A. Becker, E. Nelkin, P. Xie, R. Ferraro, D.-B. Shin, The global precipitation climatology
project (GPCP) monthly analysis (New Version 2.3) and a review of 2017 global precipi-
tation. Atmosphere 9, 138 (2018).

83. P. A. Arias, R. Fu, C. Vera, M. Rojas, A correlated shortening of the North and South
American monsoon seasons in the past few decades. Clim. Dynam. 45,
3183–3203 (2015).

84. C. Häggi, C. M. Chiessi, U. Merkel, S. Mulitza, M. Prange, M. Schulz, E. Schefuß, Response of
the Amazon rainforest to late Pleistocene climate variability. Earth Planet. Sci. Lett. 479,
50–59 (2017).

85. J. Eiras-Barca, F. Dominguez, Z. Yang, D. Chug, R. Nieto, L. Gimeno, G. Miguez-Macho,
Changes in South American hydroclimate under projected Amazonian deforestation.
Ann. N. Y. Acad. Sci. 1472, 104–122 (2020).

86. J. C. Espinoza, H. Segura, J. Ronchail, G. Drapeau, O. Gutierrez-Cori, Evolution of wet-day
and dry-day frequency in the western Amazon basin: Relationship with atmospheric cir-
culation and impacts on vegetation. Water Resour. Res. 52, 8546–8560 (2016).

87. B. Liebmann, I. Bladé, G. N. Kiladis, L. M. V. Carvalho, G. B. Senay, D. Allured, S. Leroux,
C. Funk, Seasonality of African precipitation from 1996 to 2009. J. Climate 25,
4304–4322 (2012).

88. Y. Jiang, L. Zhou, C. J. Tucker, A. Raghavendra, W. Hua, Y. Y. Liu, J. Joiner, Widespread
increase of boreal summer dry season length over the Congo rainforest.Nat. Clim. Change
9, 617–622 (2019).

89. J. A. Marengo, B. Liebmann, V. E. Kousky, N. P. Filizola, I. C. Wainer, Onset and end of the
rainy season in the Brazilian Amazon Basin. J. Climate 14, 833–852 (2001).

90. V. Guttal, C. Jayaprakash, Changing skewness: An early warning signal of regime shifts in
ecosystems. Ecol. Lett. 11, 450–460 (2008).

91. S. Kéfi, V. Guttal, W. A. Brock, S. R. Carpenter, A. M. Ellison, V. N. Livina, D. A. Seekell,
M. Scheffer, E. H. van Nes, V. Dakos, Early warning signals of ecological transitions:
Methods for spatial patterns. PLOS ONE 9, e92097 (2014).

S C I ENCE ADVANCES | R E S EARCH ART I C L E

Bochow and Boers, Sci. Adv. 9, eadd9973 (2023) 4 October 2023 12 of 13



92. V. Dakos, E. H. van Nes, M. Scheffer, Flickering as an early warning signal. Theor. Ecol. 6,
309–317 (2013).

93. T. M. Lenton, R. J. Myerscough, R. Marsh, V. N. Livina, A. R. Price, S. J. Cox; the GENIE Team,
Using GENIE to study a tipping point in the climate system. Philos. Trans. R. Soc. A Math.
Phys. Eng. Sci. 367, 871–884 (2009).

94. C. A. Boulton, L. C. Allison, T. M. Lenton, Early warning signals of atlantic meridional
overturning circulation collapse in a fully coupled climate model. Nat. Commun. 5,
5752 (2014).

95. R. Cleveland, W. Cleveland, J. McRae, I. Terpenning, STL: Seasonal-trend decomposition
procedure based on LOESS. J. Off. Stat. 6, 3–73 (1990).

96. S. Seabold, J. Perktold, paper presented at Proceedings of the 9th Python in Science
Conference, Austin, TX, 28 June to 3 July 2010.

97. P. D. Ditlevsen, S. J. Johnsen, Tipping points: Early warning and wishful thinking. Geophys.
Res. Lett. 37 10.1029/2010GL044486, (2010).

98. J. Theiler, S. Eubank, A. Longtin, B. Galdrikian, J. Doyne Farmer, Testing for nonlinearity in
time series: The method of surrogate data. Physica D. Nonlinear Phenom. 58,
77–94 (1992).

99. M. Rypdal, Early-warning signals for the onsets of Greenland interstadials and the
younger dryas-preboreal transition. J. Climate 29, 4047–4056 (2016).

100. N. Boers, Early-warning signals for Dansgaard-Oeschger events in a high-resolution ice
core record. Nat. Commun. 9, 2556 (2018).

Acknowledgments
Funding: N.Boe. acknowledges funding by the Volkswagen Foundation. This is TiPES
contribution #111; the TiPES (Tipping Points in the Earth System) project has received funding
from the European Union’s Horizon 2020 research and innovation program under grant
agreement no. 820970. N.Boe. acknowledges further funding by the European Union’s Horizon
2020 research and innovation programme under the Marie Sklodowska-Curie grant agreement
no. 956170. Author contributions: N.Boe. conceived the study. N.Boc. performed the analysis.
Both authors discussed and interpreted results. N.Boc. wrote the paper with contributions from
N.Boe. Competing interests: The authors declare that they have no competing interests. Data
and materials availability: All data needed to evaluate the conclusions in the paper are
present in the paper and/or the Supplementary Materials. The meteorological data are publicly
available. The ERA5 reanalysis (59) can be downloaded from https://cds.climate.copernicus.eu/.
The CHIRPS precipitation dataset (81) can be downloaded fromwww.chc.ucsb.edu/data/chirps.
The GPCC precipitation dataset is available at www.psl.noaa.gov/data/gridded/data.gpcc.html
(78). The GPCP dataset is available at https://psl.noaa.gov/data/gridded/data.gpcp.html (82). All
code used for the analysis and the model is available on Zenodo at www.doi.org/10.5281/
zenodo.8121629 and on GitHub at https://github.com/NilsBochow/SAMS-critical-transition.

Submitted 23 July 2022
Accepted 21 July 2023
Published 4 October 2023
10.1126/sciadv.add9973

S C I ENCE ADVANCES | R E S EARCH ART I C L E

Bochow and Boers, Sci. Adv. 9, eadd9973 (2023) 4 October 2023 13 of 13

https://cds.climate.copernicus.eu/
http://www.chc.ucsb.edu/data/chirps
http://www.psl.noaa.gov/data/gridded/data.gpcc.html
https://psl.noaa.gov/data/gridded/data.gpcp.html
http://www.doi.org/10.5281/zenodo.8121629
http://www.doi.org/10.5281/zenodo.8121629
https://github.com/NilsBochow/SAMS-critical-transition

	INTRODUCTION
	RESULTS
	DISCUSSION
	MATERIALS AND METHODS
	Model design
	Dry season length
	CSD and associated precursor signals
	Significance testing
	Sensitivity analysis

	Supplementary Materials
	This PDF file includes:

	REFERENCES AND NOTES
	Acknowledgments

