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Abstract: Cancer-associated muscle wasting is a widespread syndrome in people with cancer and
is characterized by weight loss and muscle atrophy, leading to increased morbidity and mortality.
However, the tumor-derived factors that affect the development of muscle wasting and the mecha-
nism by which they act remain unknown. To address this knowledge gap, we aimed to delineate
differences in tumor molecular characteristics (especially secretion characteristics) between patients
with and without sarcopenia across 10 tumor types from The Cancer Genome Atlas (TCGA). We
integrated radiological characteristics from CT scans of TCGA cancer patients, which allowed us
to calculate skeletal muscle area (SMA) to confirm sarcopenia. We combined TCGA and GTEx
(The Genotype-Tissue Expression) data to analyze upregulated secretory genes in 10 tumor types
compared with normal tissues. Upregulated secretory genes in the tumor microenvironment and
their relation to SMA were analyzed to identify potential muscle wasting biomarkers (560 samples).
Meanwhile, their predictive values for patient survival was validated in 3530 samples in 10 tumor
types. A total of 560 participants with transcriptomic data and SMA were included. Among those,
136 participants (24.28%) were defined as having sarcopenia based on SMA. Enrichment analysis for
upregulated secretory genes in cancers revealed that pathways associated with muscle wasting were
strongly enriched in tumor types with a higher prevalence of sarcopenia. A series of SMA-associated
secretory protein-coding genes were identified in cancers, which showed distinct gene expression
profiles according to tumor type, and could be used to predict prognosis in cancers (p value ≤ 0.002).
Unfortunately, those genes were different and rarely overlapped across tumor types. Tumor secre-
tome characteristics were closely related to sarcopenia. Highly expressed secretory mediators in the
tumor microenvironment were associated with SMA and could affect the overall survival of cancer
patients, which may provide a valuable starting point for the further understanding of the molecular
basis of muscle wasting in cancers. More importantly, tumor-derived pro-sarcopenic factors differ
across tumor types and genders, which implies that mechanisms of cancer-associated muscle wasting
are complex and diverse across tumors, and may require individualized treatment approaches.

Keywords: tumors secreting; cancer-associated muscle wasting; The Cancer Imaging Archive;
pan-cancer analysis; TCGA; tumor-derived factors

1. Introduction

Cancer-associated muscle wasting is a widespread syndrome in people with cancer,
and is characterized by weight loss and muscle atrophy, leading to increased morbidity and
mortality [1]. Patients with muscle wasting often display weakness and frailty, causing loss
of independence, a reduced tolerance to treatments, including surgery and chemotherapy,
an impaired immune function, and an increased susceptibility to infection [2–5].
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Cancer-associated muscle wasting is a complex pathological condition involving
numerous organs. However, a large number of early studies on cancer-associated muscle
wasting focused on circulating inflammation mediators and muscle tissue [6,7].

Insufficient attention has been paid to the role of the tumor itself in muscle wast-
ing [7–11]. Recently, several studies have investigated the effect of tumor secretion on tissue
metabolic changes [12,13]. Secreted proteins are proteins that are synthesized inside the
cell and secreted outside the cell to function. There are growing shreds of evidence that
tumors may serve as the source of the mediators that cause muscle mass loss, and muscle
wasting may be initiated and/or maintained by secretions from the tumor cells.

However, which tumor-derived factors affect the development of cancer-associated
muscle wasting and the mechanism by which they act are still unknown. Clarifying the
tumor-derived factors that induce muscle wasting can be helpful for the further under-
standing of the pathogenesis and developing new targeted treatments/biomarkers of
cancer-associated muscle wasting.

While some reports have highlighted the link between muscle wasting and tumor
biology in specific tumor types, there is still a dearth of pan-cancer studies. To address
this knowledge gap, we aimed to delineate differences in tumor molecular characteristics
between patients with and without sarcopenia across 10 tumor types from The Cancer
Genome Atlas (TCGA). Particularly, we emphasized the tumor secretion characteristics and
explored their predictive values for patient survival. If muscular atrophy of different tumor
types may be mediated by the same tumor-derived mediators, it will lay the foundation
for the development of broad-spectrum therapeutic agents for cancer-associated muscle
wasting. We hypothesized and expected that tumor-driven or secreted mediators associated
with sarcopenia would cross and overlap between different tumor types.

2. Materials and Methods
2.1. Data Sources and Study Population

Data were obtained from TCIA (The Cancer Imaging Archive) and TCGA (The
Cancer Genome Atlas). The National Institute of Health/National Cancer Institute’s
approved TCGA/TCIA databases contain publicly available datasets in which all data
are anonymized. Following the 1964 Declaration of Helsinki and its subsequent revisions
or similar ethical standards, institutional review boards of all participating institutions
approved informed consent from patients and collected publicly available data.

The workflow chart of key steps in this study are shown in Figure 1a. In the SMA co-
hort analysis, subjects with poor image quality or unmeasurable images were excluded, and
subjects missing clinical data or transcriptomic data were excluded (Figure 1b). Therefore,
a total of 560 participants remained (with transcriptomic and SMA data) for analysis.

2.2. Assessment of Muscle Cross-Sectional Area from CT

The CT image data were downloaded from the TCIA website. The baseline CT image
before surgery or biopsy was taken, and the cross-sectional area of the mid-third lumbar was
calculated using Image J software (V.1.52). SMA was measured as the area of pixels between
−29 and +150 Hounsfield Units (HU) in the region of interest on the axial slice, as previously
validated [14–16]. Muscle cross-sectional areas (SMAs) at the mid-third lumbar for 10 types
of tumors were calculated under the guidance of two skilled radiologists. Clinical data and
covariates were obtained from the TCGA data portal (https://tcga-data.nci.nih.gov/tcga/,
accessed on 1 June 2021) and TCGA-Clinical Data Resource [17].

Using data from a healthy US population [18], we defined five patterns for subjects:
the sarcopenia group, the middle–low muscle mass group, the middle muscle mass group,
the middle–high muscle mass group, and the high muscle mass group (Figure 1c). Based
on EWGSOP, sarcopenia was characterized by low muscle mass, divided by SMA less than
2 SD below the sex-specific mean for young adults [19]. The cut-off value of SMI (skeletal
muscle mass index) for sarcopenia was divided by 53 cm/m in males and 41 cm/m in
females as described in previous studies (Figure 1d) [20].

https://tcga-data.nci.nih.gov/tcga/
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Figure 1. Definitions of five muscle mass patterns and sarcopenia. (a) Workflow chart of key steps 
in this study. (b) Flow chart of inclusion and exclusion of study participants. (c) Definitions of sar-
copenia by SMA (skeletal muscle area)/SMI (skeletal muscle mass index). (d) Definitions of five 
muscle mass patterns by SMA. 
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Figure 1. Definitions of five muscle mass patterns and sarcopenia. (a) Workflow chart of key steps
in this study. (b) Flow chart of inclusion and exclusion of study participants. (c) Definitions of
sarcopenia by SMA (skeletal muscle area)/SMI (skeletal muscle mass index). (d) Definitions of five
muscle mass patterns by SMA.

2.3. Transcriptome-Based Secretome Analysis

Transcriptome data were downloaded from UCSC XENA (http://xena.ucsc.edu/,
accessed on 1 June 2021), and transcriptional profiles from TCGA of 10 human cancers were
compared with matched normal tissues from TCGA and GTEx. Differentially expressed
genes were further filtered for secreted protein-coding genes based on the human secretome
list available at The Human Protein Atlas [21]. DEseq2, limma_voom, and edgeR were used
for selecting the differentially expressed secreted protein-coding genes. We set the threshold
fold change as 1.0 and defined the adjusted p-value cutoff as 0.05. To ensure the robustness
of the results, GEPIA2 web tools were also used to identify the differentially expressed
genes (DEGs) [22]. The VENN tool (http://bioinformatics.psb.ugent.be/webtools/Venn/,
accessed on 1 June 2021) was used to identify the overlapped differentially expressed
secreted protein-coding genes. Circos (http://circos.ca/, accessed on 1 June 2021) was used
to show the upregulated secretory genes shared across tumor types [23]. The KEGG (Kyoto
Encyclopedia of Genes and Genomes) and GO (Gene Ontology) pathway of upregulated
secretory genes was analyzed by enrichR links (http://amp.pharm.mssm.edu/Enrichr/,
accessed on 1 June 2021) [24]. The survival map was drawn using GEPIA2 to show the
survival analysis result based on multiple cancer types [22]. Risk assessment and survival
analyses were performed on 9 TCGA tumor datasets using SurvExpress [25].

2.4. Statistical Analysis

Student’s t-test and analysis of variance (ANOVA) test were used for comparisons
between 2 groups and comparisons among >2 groups, respectively. Pearson or Spearman
correlation analyses were used to gauge the degree of correlation between certain variables.
The multivariate Cox proportional hazards model was used to assess independent risk
factors for survival. The possible non-linear relationships were investigated by nonpara-
metric restricted cubic splines, and p < 0.05 was considered statistically significant. All
statistical tests are performed using IBM SPSS software (Version 22, Armonk, NY, USA)
and R software (version 4.0.3; R Foundation for Statistical Computing, Vienna, Austria).

http://xena.ucsc.edu/
http://bioinformatics.psb.ugent.be/webtools/Venn/
http://circos.ca/
http://amp.pharm.mssm.edu/Enrichr/


Biomedicines 2024, 12, 329 4 of 13

3. Results
3.1. Baseline and SMA Characteristics of TCGA Samples

A total of 560 participants with transcriptomic data and muscle cross-sectional area
(SMA) at the mid-third lumbar were included (Table 1). The general information of the
included tumor participants is shown in Table S1 and the calculated SMA/SMI data for
10 types of tumors are shown in Tables S2–S4. Among these, 136 participants were defined
as displaying sarcopenia based on their SMA. The distribution of sarcopenia based on SMA
in tumors is shown in Figure 2a. According to the definition of sarcopenia, we compared
the prevalence of sarcopenia among different tumors. ESCA (esophageal carcinoma), LIHC
(liver hepatocellular carcinoma), and STAD (stomach adenocarcinoma) showed the highest
prevalence of sarcopenia (Figure 2b). The violin diagram of the SMA of each tumor is
shown in Figure 2c.

Table 1. Data obtained from TCIA and TCGA.

Cancer Type $ Total # SMA Data * Clinical Data & Transcriptomic Data !

TCGA-UCEC 65 52 52 3
TCGA-STAD 46 45 45 43

TCGA-OV 143 129 128 96
TCGA-LUAD 67 28 16 16
TCGA-LIHC 97 53 53 53
TCGA-KIRP 33 21 21 21
TCGA-KIRC 267 199 199 196
TCGA-ESCA 16 15 15 14
TCGA-COAD 25 24 24 19
TCGA-BLCA 120 100 100 99

Pan-cancer 879 666 653 560
$ UCEC: uterine corpus endometrial carcinoma; STAD: stomach adenocarcinoma; OV: ovarian serous cystadeno-
carcinoma; LUAD: lung adenocarcinoma; LIHC: liver hepatocellular carcinoma; KIRP: kidney renal papillary cell
carcinoma; KIRC: kidney renal clear cell carcinoma; ESCA: esophageal carcinoma; COAD: colon adenocarcinoma;
BLCA: bladder urothelial carcinoma. # Patients with computed tomography data in TCIA data. * Skeletal muscle
areas (SMAs) calculated at the third lumbar (L3) region in TCIA data. & SMA data with clinical date in TCGA-CDR.
! SMA data with transcriptomic data.
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ney clear cell carcinoma; KIRP: kidney papillary cell carcinoma; LIHC: liver cancer; LUAD: lung
adenocarcinoma; OV: ovarian cancer; STAD: stomach cancer; UCEC: endometrioid cancer.
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Next, we aimed to analyze the association between SMA and prognosis. As shown in
Figure S1a, there was a significant correlation between muscle cross-sectional area (SMA)
and prognosis in tumor patients. Sarcopenia was significantly associated with increased
risk of mortality after adjusting for age, sex, stage, and race (Figure S1b). The non-linear
associations between SMA and mortality were further confirmed by the restricted cubic
spline (Figure S2).

3.2. Upregulated Secreted Protein-Coding Genes and Related Pathways in Cancers

Given that many secreted soluble factors are associated with muscle wasting in dif-
ferent tumor types, significant upregulation of secreted protein-coding genes may reveal
key factors in the pathogenesis of the syndrome. Gene expression profiles were obtained
from 3530 tumors comprising 10 cancer types (TCGA) and 1720 corresponding normal
tissues (TCGA and GTEx). A summary of the number of TCGA and GTEx samples is
described in Table S5. The secretome genes showed differential expression profiles across
cancers (Figure 3a–c). The Venn map shows the differential secretory protein-coding genes
identified by different methods (Figure S3). The upregulated secretory protein-coding
genes (using five methods) are listed in Table S6.

Biomedicines 2024, 12, x FOR PEER REVIEW 6 of 13 
 

matrix–receptor interaction, protein digestion and absorption; PI3K-Akt signaling, TNF 
signaling; and NK-kappa B signaling, were strongly enriched in tumors with a higher 
prevalence of sarcopenia (ESCA, LIHC, and STAD) (Figure 3e). These results suggest that 
tumor secretome characteristics are closely related to sarcopenia. 

 
Figure 3. Identification of differentially expressed secretome genes and related gene pathways. (a–
c) Differentially expressed secretome genes across cancers generated by DEseq2, limma_voom, and 
edgeR. (d) The thickness of each link in the Circos plot represents the number of shared upregulated 
secretome genes among tumor types. (e) Differentially expressed secretome genes related to KEGG 
pathways are shared among tumor types. 

3.3. SMA-Associated Upregulated Secretory Protein-Coding Genes and Their Predictive Values 
for Patient Survival 

Next, we analyzed the association between upregulated genes with SMA, trying to 
clarify if there is a universal panel of the secretory protein-coding genes of sarcopenia 
caused by different tumor types, which would lay the foundation for the development of 
possible broad-spectrum therapeutic agents. Therefore, we calculated the Spearman and 
Pearson correlation coefficients between upregulated secretory protein-coding gene ex-
pression and SMA in each tumor (Table S7). The pan-cancer correlations between SMA 
and expression of the upregulated secretory protein-coding genes are displayed in Figure 
4a, which show that the upregulated secretory protein-coding genes were closely associ-
ated with SMA.  

Considering the gender differences of SMA, Figure 4b,c show the correlations in 
males and females, respectively. The results show that male patients have many more 
genes associated with SMA, implicating that male patients may exhibit a higher risk of 
sarcopenia. Genes significantly associated with SMA were further included in the survival 

Figure 3. Identification of differentially expressed secretome genes and related gene pathways.
(a–c) Differentially expressed secretome genes across cancers generated by DEseq2, limma_voom, and
edgeR. (d) The thickness of each link in the Circos plot represents the number of shared upregulated
secretome genes among tumor types. (e) Differentially expressed secretome genes related to KEGG
pathways are shared among tumor types.

In Figure 3d, the thickness of each link in the Circos plot represents the number of
upregulated genes shared across tumor types. Tumors with a higher prevalence of sarcope-
nia shared more upregulated secreted protein-coding genes. Using the KEGG pathways
and Gene Ontology terms, we performed a functional enrichment analysis of those up-
regulated genes. Those pathways associated with muscle wasting, such as extracellular
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matrix–receptor interaction, protein digestion and absorption; PI3K-Akt signaling, TNF
signaling; and NK-kappa B signaling, were strongly enriched in tumors with a higher
prevalence of sarcopenia (ESCA, LIHC, and STAD) (Figure 3e). These results suggest that
tumor secretome characteristics are closely related to sarcopenia.

3.3. SMA-Associated Upregulated Secretory Protein-Coding Genes and Their Predictive Values for
Patient Survival

Next, we analyzed the association between upregulated genes with SMA, trying to
clarify if there is a universal panel of the secretory protein-coding genes of sarcopenia
caused by different tumor types, which would lay the foundation for the development
of possible broad-spectrum therapeutic agents. Therefore, we calculated the Spearman
and Pearson correlation coefficients between upregulated secretory protein-coding gene
expression and SMA in each tumor (Table S7). The pan-cancer correlations between SMA
and expression of the upregulated secretory protein-coding genes are displayed in Figure 4a,
which show that the upregulated secretory protein-coding genes were closely associated
with SMA.

Considering the gender differences of SMA, Figure 4b,c show the correlations in males
and females, respectively. The results show that male patients have many more genes
associated with SMA, implicating that male patients may exhibit a higher risk of sarcopenia.
Genes significantly associated with SMA were further included in the survival analysis
(data from TCGA including 3530 samples). The gene survival map demonstrates the effect
of these genes on tumor prognosis (Figure 4d).

Risk and prognosis models were constructed using SMA-associated upregulated secre-
tory protein-coding genes (Table S8) by SurvExpress. SurvExpress generated a prognostic
index (risk score) based on the SMA-associated upregulated secretory protein-coding genes
and the survival of cancer patients for each of the nine tumor types (UCEC was removed
due to too small of a sample size). Patients were divided into two groups, high risk and
low risk, maximizing the number of patients into risk groups by an optimization algorithm
from the ordered prognostic index. The distinct SMA-associated gene expression profile,
according to tumor type, could be used to predict prognosis in cancers (p value ≤ 0.002), as
shown in Figure 5.

3.4. Tumor-Derived Sarcopenia Factors Are Diverse in Different Tumor Types and Genders

We further compared the upregulated secretory protein-coding genes across tumor
types to find a universal panel to identify patients with sarcopenia regardless of tumor
types. Unexpectedly, those upregulated secretory protein-coding genes associated with
SMA were different and rarely overlapped across tumor types (Figure 6a). This indicates
that tumor-derived sarcopenia factors were diverse in different tumor types, and therefore,
the treatment of sarcopenia caused by different tumor types should be conducted differently.
Meanwhile, more research is needed to reveal the mask of the underlying mechanism.
Differentially expressed genes (Table S9) in the sarcopenia and middling muscle mass
groups were identified by the DEseq2, limma_voom, and edgeR methods in LIHC (liver
hepatocellular carcinoma), STAD (stomach adenocarcinoma), KIRC (kidney renal clear
cell carcinoma), and BLCA (bladder urothelial carcinoma) (tumors were selected with
consideration of sample size). The differentially expressed genes of these four tumors rarely
overlapped, which further confirmed that tumor-derived sarcopenia factors were diverse
in different tumor types (Figure 6b). This suggests that the tumor types must be taken into
account during the development and clinical application of drugs for sarcopenia. Further,
we performed a functional enrichment analysis of these DEGs using the KEGG pathways
and Gene Ontology terms, which showed that the enriched pathways were different in
different tumor types, including intracellular signaling, immune response, and metabolism
(Figure S4).



Biomedicines 2024, 12, 329 7 of 13

Biomedicines 2024, 12, x FOR PEER REVIEW 7 of 13 
 

analysis (data from TCGA including 3530 samples). The gene survival map demonstrates 
the effect of these genes on tumor prognosis (Figure 4d). 

 
Figure 4. Relations of SMA with expression of the secretory protein-coding genes and the predictive 
values of SMA-associated secretory protein-coding genes. (a) The pan-cancer correlations between 
SMA and expression of the secretory protein-coding genes in the SMA cohort. (b) The pan-cancer 
correlations between SMA and expression of the secretory protein-coding genes in males. (c) The 

Figure 4. Relations of SMA with expression of the secretory protein-coding genes and the predictive
values of SMA-associated secretory protein-coding genes. (a) The pan-cancer correlations between
SMA and expression of the secretory protein-coding genes in the SMA cohort. (b) The pan-cancer
correlations between SMA and expression of the secretory protein-coding genes in males. (c) The
pan-cancer correlations between SMA and expression of the secretory protein-coding genes in
females. (d) Gene survival map of SMA-associated secretory protein-coding genes. * p value < 0.05;
** p value < 0.01; *** p value < 0.001.
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dataset, while black dots indicate that they are included in the corresponding dataset.

4. Discussion

Many studies have focused on the effect of muscle wasting on tumor prognosis
and treatment responses, but the molecular basis has remained unclear [8–11]. There is
growing evidence that tumors are the source of the mediators that cause muscle mass loss,
and muscle wasting may be initiated and/or maintained by secretions from the tumor
cells [12,13]. But little is known about the common mechanism of muscle wasting across
different cancers; therefore, pan-cancer studies are needed to provide key evidence to
clarify the association between secretory mediators and the development of sarcopenia. By
applying a comprehensive pan-cancer analysis, we aimed to find muscle wasting-related
secreted protein-coding genes across different cancer types. Firstly, we quantified the
skeletal muscle area (SMA) at the lumbar level mid-L3 of tumor patients using CT images
provided in TCIA, making it possible to uncover tumor-derived factors related to muscle
wasting. Additionally, we analyzed upregulated secretory protein-coding genes in different
tumor types, finding that a variety of secretory mediators highly expressed in the tumor
microenvironment were enriched in the pathways closely associated with muscle wasting
reported previously, including extracellular matrix–receptor interaction, protein digestion
and absorption, PI3K-Akt signaling; TNF signaling; and NK-kappa B signaling. These
results were partially in agreement that secretory mediators might play a key role in the
development of sarcopenia across cancer types. Understanding and targeting the secretome
of cachectic patients will likely represent a promising strategy to preserve muscle during
cancer cachexia, thereby enhancing recovery.
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To further identify potential muscle wasting biomarkers, we identified a variety
of upregulated secretory mediators associated with SMA and found that these genes
could affect the overall survival of patients in some types of cancer. This result indicated
that secretory mediators might serve as biomarkers and treatment targets for muscle
wasting in certain cancers. Risk and prognosis models were constructed using SMA-
associated upregulated secretory protein-coding genes, and the distinct SMA-associated
gene expression profiles, according to tumor type, could be used to predict prognosis in
cancers. Taken together, all of these results provided key evidence for the role of secretory
mediators in muscle wasting of cancers, and targeting certain genes in separate cancer
types might decrease the incidence of sarcopenia.

Further, we compared the SMA-associated upregulated secretory protein-coding genes
across tumor types. Unexpectedly, those SMA-associated upregulated secretory protein-
coding genes were different and rarely overlapped across tumor types, indicating that
tumor-derived sarcopenia factors were diverse in different tumor types. Also, gender
played a role in the association between secretory protein-coding genes, where male
patients exhibited more associated genes in pan-cancers. This could partially explain the
reason that male patients with cancer have a poor prognosis compared with females. All
of these data implied that mechanisms of cancer-associated muscle wasting are complex
and diverse across tumors and gender, and therefore individualized treatment approaches
are needed in sarcopenia. Also, the development and clinical application of drugs for
sarcopenia may need to take these two factors into account.

We found a few genes that overlapped between two or three types of cancer, which
may serve as valuable targets for broad-spectrum therapeutic agents in future studies.
For example, LAD1, a gene co-located with actin filaments, filamentous proteins, and
actin cross-linking cytoskeletal proteins [26], was found to be associated with SMA and
could affect the overall survival of both KIRC and LUAD. This could partially explain
previously published observations that showed the relationship between LAD1 and tumor
prognosis [27,28]. In addition, we found that TIMP1 was associated with SMA and could
affect the overall survival both in COAD and LUAD. This was in line with existing data,
which showed that plasma TIMP1 levels were positively associated with clinical markers
of cachexia (including absolute and relative values of weight loss and lung function, as
well as ferritin, hemoglobin, and cholinesterase levels) in patients with chronic pancreatitis
and pancreatic cancer [29]. Still, the association between the expression of these genes and
sarcopenia needs to be confirmed by further studies.

To our knowledge, our study measured the muscle cross-sectional area at the level
of the mid-third lumbar spine in TCGA patients and innovatively matched it with tran-
scriptome data in a pan-cancer analysis. This provides a valuable starting point for further
understanding of the role of the tumor itself in cancer-associated muscle wasting. Fur-
ther, our study enhances our understanding of the relationship between SMA-associated
upregulated secretory protein-coding genes with the outcome of cancer patients. These
results lay a foundation for further analysis of the mechanism of muscle wasting and its
early detection. In addition, we jointly analyzed the TCGA and TCIA data and shared the
measured SMA/SMI data (Tables S2–S4), which provided data to support further under-
standing of the mechanism of tumor-related muscle wasting. It also provides convenience
for subsequent researchers.

Several limitations existed in this study, including the relatively small sample size and
the unadjusted confounders (such as muscle function) affecting muscle wasting owing to a
lack of data. Clinical validation is also needed in future studies.

5. Conclusions

In conclusion, we identified a series of SMA-associated secretory protein-coding
genes which could be used to predict the prognosis of tumors and provide corresponding
biomarkers for the early detection of tumor-associated muscle wasting. Our results pro-
vided a valuable starting point for the further understanding of the relationship between
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secretory proteins and muscle wasting in cancers. More importantly, tumor-derived sar-
copenic factors differ across tumor types and genders, which implies that mechanisms of
cancer-associated muscle wasting are complex and diverse, and may require individualized
treatment approaches.
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Table S4: Skeletal muscle index data of TCGA patients. Table S5: The summary of the number of
TCGA and GTEx samples used for determining upregulated secreted protein-coding genes. Table
S6: The upregulated secreted protein-coding genes in cancers. Table S7: Correlation coefficients
(Spearman and Pearson) between secretory protein-coding gene expression and SMA in cancers.
Table S8: Upregulated secretory protein-coding genes associated with SMA. Table S9: Differentially
expressed genes in the sarcopenia and middling muscle mass groups.

Author Contributions: Conceptualization, X.G., Y.Z., J.H., X.C., H.K. and S.H.; methodology, X.G.,
Y.Z., J.H., X.C., H.K. and S.H.; software, X.G., Y.Z., J.H., X.C., H.K. and S.H.; validation, X.G., Y.Z.,
J.H., X.C., H.K. and S.H.; formal analysis, X.G., Y.Z., J.H., X.C., H.K. and S.H.; data curation, X.G., Y.Z.,
J.H., X.C., H.K. and S.H.; writing—original draft preparation, X.G., Y.Z., J.H., X.C., H.K. and S.H.;
writing—review and editing, X.G., Y.Z., J.H., X.C., H.K. and S.H.; visualization, X.G., Y.Z., J.H., X.C.,
H.K. and S.H.; funding acquisition, J.H. All authors have read and agreed to the published version of
the manuscript.

Funding: This study was supported by the National Science and Technology Major Project
(No. 2014ZX10005001; No. 2018ZX10302204-001) to Jia-Quan Huang. The funders had no role
in study design, data collection and analysis, decision to publish, or preparation of the manuscript.

Institutional Review Board Statement: All data used in this study were released as de-identified,
publicly available datasets by The National Institute of Health/National Cancer Institute. As stated
in Guidance on Secondary Analysis of Existing Data Sets: The data available to the public are
not individually identifiable and therefore analysis would not involve human subjects. The IRB
recognizes that the analysis of de-identified, publicly available data does not constitute human
subjects research as defined at 45 CFR 46.102 and that it does not require IRB review. Thus, the ethical
approval was waived.

Informed Consent Statement: Following the 1964 Declaration of Helsinki and its subsequent revi-
sions or similar ethical standards, institutional review boards of all participating institutions approved
informed consent from patients and collected publicly available data.

Data Availability Statement: Data supporting reported results can be found in Supplementary
Materials. The datasets are also available from the corresponding author upon reasonable request.

Conflicts of Interest: The authors declare no conflicts of interest.

References
1. Aversa, Z.; Costelli, P.; Muscaritoli, M. Cancer-induced muscle wasting: Latest findings in prevention and treatment. Ther. Adv.

Med. Oncol. 2017, 9, 369–382. [CrossRef]
2. de Castro, G.S.; Simoes, E.; Lima, J.D.; Ortiz-Silva, M.; Festuccia, W.T.; Tokeshi, F.; Alcântara, P.S.; Otoch, J.P.; Coletti, D.;

Seelaender, M. Human Cachexia Induces Changes in Mitochondria, Autophagy and Apoptosis in the Skeletal Muscle. Cancers
2019, 11, 1264. [CrossRef]

3. Zhou, X.; Wang, J.L.; Lu, J.; Song, Y.; Kwak, K.S.; Jiao, Q.; Rosenfeld, R.; Chen, Q.; Boone, T.; Simonet, W.S.; et al. Reversal of
Cancer Cachexia and Muscle Wasting by ActRIIB Antagonism Leads to Prolonged Survival. Cell 2010, 142, 531–543. [CrossRef]

https://www.mdpi.com/article/10.3390/biomedicines12020329/s1
https://www.mdpi.com/article/10.3390/biomedicines12020329/s1
https://doi.org/10.1177/1758834017698643
https://doi.org/10.3390/cancers11091264
https://doi.org/10.1016/j.cell.2010.07.011


Biomedicines 2024, 12, 329 12 of 13

4. García-Prat, L.; Martínez-Vicente, M.; Perdiguero, E.; Ortet, L.; Rodríguez-Ubreva, J.; Rebollo, E.; Ruiz-Bonilla, V.; Gutarra, S.;
Ballestar, E.; Serrano, A.L.; et al. Autophagy maintains stemness by preventing senescence. Nature 2016, 529, 37–42. [CrossRef]

5. Mulder, S.E.; Dasgupta, A.; King, R.J.; Abrego, J.; Attri, K.S.; Murthy, D.; Shukla, S.K.; Singh, P.K. JNK signaling contributes to
skeletal muscle wasting and protein turnover in pancreatic cancer cachexia. Cancer Lett. 2020, 491, 70–77. [CrossRef] [PubMed]

6. Chang, K.-V.; Wu, W.-T.; Chen, Y.-H.; Chen, L.-R.; Hsu, W.-H.; Lin, Y.-L.; Han, D.-S. Enhanced serum levels of tumor necrosis
factor-α, interleukin-1β, and -6 in sarcopenia: Alleviation through exercise and nutrition intervention. Aging 2023, 15, 13471–13485.
[CrossRef]

7. Lipshitz, M.; Visser, J.; Anderson, R.; Nel, D.G.; Smit, T.; Steel, H.C.; Rapoport, B. Emerging markers of cancer cachexia and their
relationship to sarcopenia. J. Cancer Res. Clin. Oncol. 2010, 149, 17511–17527. [CrossRef] [PubMed]

8. Yoshida, T.; Semprun-Prieto, L.; Sukhanov, S.; Delafontaine, P.; Forrester, S.J.; Booz, G.W.; Sigmund, C.D.; Coffman, T.M.; Kawai,
T.; Rizzo, V.; et al. IGF-1 prevents ANG II-induced skeletal muscle atrophy via Akt- and Foxo-dependent inhibition of the
ubiquitin ligase atrogin-1 expression. Am. J. Physiol. Heart Circ. Physiol. 2010, 298, H1565–H1570. [CrossRef] [PubMed]

9. Shukla, S.K.; Markov, S.D.; Attri, K.S.; Vernucci, E.; King, R.J.; Dasgupta, A.; Grandgenett, P.M.; Hollingsworth, M.A.; Singh, P.K.;
Yu, F.; et al. Macrophages potentiate STAT3 signaling in skeletal muscles and regulate pancreatic cancer cachexia. Cancer Lett.
2020, 484, 29–39. [CrossRef]

10. Coletti, D.; Moresi, V.; Adamo, S.; Molinaro, M.; Sassoon, D. Tumor necrosis factor-alpha gene transfer induces cachexia and
inhibits muscle regeneration. Genesis 2005, 43, 120–128. [CrossRef]

11. Talbert, E.E.; Lewis, H.L.; Farren, M.R.; Ramsey, M.L.; Chakedis, J.M.; Rajasekera, P.; Haverick, E.; Sarna, A.; Bloomston, M.;
Pawlik, T.M.; et al. Circulating monocyte chemoattractant protein-1 (MCP-1) is associated with cachexia in treatment-naive
pancreatic cancer patients. J. Cachexia Sarcopenia Muscle 2018, 9, 358–368. [CrossRef]

12. Fukawa, T.; Yan-Jiang, B.C.; Min-Wen, J.C.; Jun-Hao, E.T.; Huang, D.; Qian, C.-N.; Ong, P.; Li, Z.; Chen, S.; Mak, S.Y. Excessive
fatty acid oxidation induces muscle atrophy in cancer cachexia. Nat. Med. 2016, 22, 666–671. [CrossRef]

13. Armstrong, V.S.; Fitzgerald, L.W.; Bathe, O.F. Cancer-Associated Muscle Wasting-Candidate Mechanisms and Molecular Pathways.
Int. J. Mol. Sci. 2020, 21, 9268. [CrossRef] [PubMed]

14. Gomez-Perez, S.L.; Haus, J.M.; Sheean, P.; Patel, B.; Mar, W.; Chaudhry, V.; McKeever, L.; Braunschweig, C. Measuring Abdominal
Circumference and Skeletal Muscle from a Single Cross-Sectional Computed Tomography Image: A Step-by-Step Guide for
Clinicians Using National Institutes of Health ImageJ. JPEN J. Parenter. Enteral. Nutr. 2016, 40, 308–318. [CrossRef]

15. Derstine, B.A.; Holcombe, S.A.; Goulson, R.L.; Ross, B.E.; Wang, N.C.; Sullivan, J.A.; Su, G.L.; Wang, S.C. Quantifying Sarcopenia
Reference Values Using Lumbar and Thoracic Muscle Areas in a Healthy Population. J. Nutr. Health Aging 2017, 21, 180–185.
[CrossRef]

16. Fuchs, G.; Chretien, Y.R.; Mario, J.; Do, S.; Eikermann, M.; Liu, B.; Yang, K.; Fintelmann, F.J. Quantifying the effect of slice
thickness, intravenous contrast and tube current on muscle segmentation: Implications for body composition analysis. Eur. Radiol.
2018, 28, 2455–2463. [CrossRef]

17. Liu, J.; Lichtenberg, T.M.; Hoadley, K.A.; Poisson, L.M.; Lazar, A.J.; Cherniack, A.D.; Kovatich, A.J.; Benz, C.C.; Levine, D.A.; Lee,
A.V.; et al. An Integrated TCGA Pan-Cancer Clinical Data Resource to Drive High-Quality Survival Outcome Analytics. Cell 2018,
173, 400–416.e11. [CrossRef]

18. Derstine, B.A.; Holcombe, S.A.; Ross, B.E.; Wang, N.C.; Su, G.L.; Wang, S.C. Skeletal muscle cutoff values for sarcopenia diagnosis
using T10 to L5 measurements in a healthy US population. Sci. Rep. 2018, 8, 11369. [CrossRef] [PubMed]

19. Cruz-Jentoft, A.J.; Baeyens, J.P.; Bauer, J.M.; Boirie, Y.; Cederholm, T.; Landi, F.; Martin, F.C.; Michel, J.-P.; Rolland, Y.; Schneider,
S.M.; et al. Sarcopenia: European consensus on definition and diagnosis: Report of the European Working Group on Sarcopenia
in Older People. Age Ageing 2010, 39, 412–423. [CrossRef]

20. Martin, L.; Birdsell, L.; MacDonald, N.; Reiman, T.; Clandinin, M.T.; McCargar, L.J.; Murphy, R.; Ghosh, S.; Sawyer, M.B.; Baracos,
V.E. Cancer Cachexia in the Age of Obesity: Skeletal Muscle Depletion Is a Powerful Prognostic Factor, Independent of Body
Mass Index. J. Clin. Oncol. 2013, 31, 1539–1547. [CrossRef]

21. Freire, P.P.; Fernandez, G.J.; de Moraes, D.; Cury, S.S.; Pai-Silva, M.D.; dos Reis, P.P.; Rogatto, S.R.; Carvalho, R.F. The expression
landscape of cachexia-inducing factors in human cancers. J. Cachexia Sarcopenia Muscle 2020, 11, 947–961. [CrossRef]

22. Tang, Z.; Kang, B.; Li, C.; Chen, T.; Zhang, Z. GEPIA2: An enhanced web server for large-scale expression profiling and interactive
analysis. Nucl. Acids Res. 2019, 47, W556–W560. [CrossRef] [PubMed]

23. Krzywinski, M.; Schein, J.; Birol, I.; Connors, J.; Gascoyne, R.; Horsman, D.; Jones, S.J.; Marra, M.A. Circos: An information
aesthetic for comparative genomics. Genome Res. 2009, 19, 1639–1645. [CrossRef] [PubMed]

24. Kuleshov, M.V.; Jones, M.R.; Rouillard, A.D.; Fernandez, N.F.; Duan, Q.; Wang, Z.; Koplev, S.; Jenkins, S.L.; Jagodnik, K.M.;
Lachmann, A.; et al. Enrichr: A comprehensive gene set enrichment analysis web server 2016 update. Nucl. Acids Res. 2016, 44,
W90–W97. [CrossRef] [PubMed]

25. Aguirre-Gamboa, R.; Gomez-Rueda, H.; Martínez-Ledesma, E.; Martínez-Torteya, A.; Chacolla-Huaringa, R.; Rodriguez-
Barrientos, A.; Tamez-Peña, J.G.; Treviño, V. SurvExpress: An online biomarker validation tool and database for cancer gene
expression data using survival analysis. PLoS ONE 2013, 8, e74250. [CrossRef] [PubMed]

26. Roth, L.; Srivastava, S.; Lindzen, M.; Sas-Chen, A.; Sheffer, M.; Lauriola, M.; Enuka, Y.; Noronha, A.; Mancini, M.; Lavi, S.; et al.
SILAC identifies LAD1 as a filamin-binding regulator of actin dynamics in response to EGF and a marker of aggressive breast
tumors. Sci. Signal. 2018, 11, eaan0949. [CrossRef] [PubMed]

https://doi.org/10.1038/nature16187
https://doi.org/10.1016/j.canlet.2020.07.025
https://www.ncbi.nlm.nih.gov/pubmed/32735910
https://doi.org/10.18632/aging.205254
https://doi.org/10.1007/s00432-023-05465-9
https://www.ncbi.nlm.nih.gov/pubmed/37906352
https://doi.org/10.1152/ajpheart.00146.2010
https://www.ncbi.nlm.nih.gov/pubmed/20228261
https://doi.org/10.1016/j.canlet.2020.04.017
https://doi.org/10.1002/gene.20160
https://doi.org/10.1002/jcsm.12251
https://doi.org/10.1038/nm.4093
https://doi.org/10.3390/ijms21239268
https://www.ncbi.nlm.nih.gov/pubmed/33291708
https://doi.org/10.1177/0148607115604149
https://doi.org/10.1007/s12603-017-0983-3
https://doi.org/10.1007/s00330-017-5191-3
https://doi.org/10.1016/j.cell.2018.02.052
https://doi.org/10.1038/s41598-018-29825-5
https://www.ncbi.nlm.nih.gov/pubmed/30054580
https://doi.org/10.1093/ageing/afq034
https://doi.org/10.1200/JCO.2012.45.2722
https://doi.org/10.1002/jcsm.12565
https://doi.org/10.1093/nar/gkz430
https://www.ncbi.nlm.nih.gov/pubmed/31114875
https://doi.org/10.1101/gr.092759.109
https://www.ncbi.nlm.nih.gov/pubmed/19541911
https://doi.org/10.1093/nar/gkw377
https://www.ncbi.nlm.nih.gov/pubmed/27141961
https://doi.org/10.1371/journal.pone.0074250
https://www.ncbi.nlm.nih.gov/pubmed/24066126
https://doi.org/10.1126/scisignal.aan0949
https://www.ncbi.nlm.nih.gov/pubmed/29382783


Biomedicines 2024, 12, 329 13 of 13

27. van Vlodrop, I.J.H.; Joosten, S.C.; De Meyer, T.; Smits, K.M.; Van Neste, L.; Melotte, V.; Baldewijns, M.M.L.L.; Schouten, L.J.; van
den Brandt, P.A.; Jeschke, J.; et al. A Four-Gene Promoter Methylation Marker Panel Consisting of GREM1, NEURL, LAD1, and
NEFH Predicts Survival of Clear Cell Renal Cell Cancer Patients. Clin. Cancer Res. 2017, 23, 2006–2018. [CrossRef] [PubMed]

28. Moon, B.; Yang, S.-J.; Park, S.M.; Lee, S.-H.; Song, K.S.; Jeong, E.-J.; Park, M.; Kim, J.-S.; Yeom, Y.I.; Kim, J.-A. LAD1 expression is
associated with the metastatic potential of colorectal cancer cells. BMC Cancer 2020, 20, 1180. [CrossRef]

29. Prokopchuk, O.; Grünwald, B.; Nitsche, U.; Jäger, C.; Prokopchuk, O.L.; Schubert, E.C.; Friess, H.; Martignoni, M.E.; Krüger, A.
Elevated systemic levels of the matrix metalloproteinase inhibitor TIMP-1 correlate with clinical markers of cachexia in patients
with chronic pancreatitis and pancreatic cancer. BMC Cancer 2018, 18, 128. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1158/1078-0432.CCR-16-1236
https://www.ncbi.nlm.nih.gov/pubmed/27756787
https://doi.org/10.1186/s12885-020-07660-0
https://doi.org/10.1186/s12885-018-4055-9

	Introduction 
	Materials and Methods 
	Data Sources and Study Population 
	Assessment of Muscle Cross-Sectional Area from CT 
	Transcriptome-Based Secretome Analysis 
	Statistical Analysis 

	Results 
	Baseline and SMA Characteristics of TCGA Samples 
	Upregulated Secreted Protein-Coding Genes and Related Pathways in Cancers 
	SMA-Associated Upregulated Secretory Protein-Coding Genes and Their Predictive Values for Patient Survival 
	Tumor-Derived Sarcopenia Factors Are Diverse in Different Tumor Types and Genders 

	Discussion 
	Conclusions 
	References

