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Low signs of territorial 
behavior in the Eurasian otter 
during low‑water conditions 
in a Mediterranean river
José Jiménez  1*, Lucía Del Río  1, Pablo Ferreras  1 & Raquel Godinho  2,3,4

The Eurasian otter Lutra lutra is a territorial semi-aquatic carnivore usually found at low densities in 
rivers, coastal areas, and wetlands. Its diet is based on prey associated with aquatic environments. 
Mediterranean rivers are highly seasonal, and suffer reduced flow during the summer, resulting in 
isolated river sections (pools) that sometimes can be left with a minimal amount of water, leading 
to concentrations of food for otters. To our knowledge, this process, which was known to field 
naturalists, has not been accurately described, nor have otter densities been estimated under these 
conditions. In this study, we describe the population size and movements of an aggregation of otters 
in an isolated pool in the Guadiana River in the Tablas de Daimiel National Park (central Spain), which 
progressively dried out during the spring–summer of 2022, in a context of low connectivity due to the 
absence of circulating water in the Guadiana and Gigüela rivers. Using non-invasive genetic sampling 
of 120 spraints collected along 79.4 km of sampling transects and spatial capture-recapture methods, 
we estimated the otter density at 1.71 individuals/km of river channel length (4.21 individuals/km2) 
in a progressively drying river pool, up to five times higher than previously described in the Iberian 
Peninsula. The movement patterns obtained with the spatial capture-recapture model are not quite 
different from those described in low density, which seems to indicate a wide home range overlap, 
with low signs of territoriality.
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Wildlife management and conservation require the understanding of ecological processes and demographic 
parameters1. A case in point is the description of the dynamics of carnivore territoriality2. Its intraspecific vari-
ation has been described in relation to food (quantity, predictability, distribution, quality, renewal rate, type, 
density, and accessibility) along other variables3. Maher and Lott hypothesized an inverted U-shaped relationship 
between the ecological variables and territoriality3. According to this hypothesis, we might find a decrease in 
intraspecific competition both under conditions of extreme food scarcity4 and higher availability of food, leading 
to increased tolerance towards conspecifics5. There are numerous descriptions of plasticity in social behavior 
(in both extremes of the inverted U-shape) as aggregations of usually solitary territorial predators that can be 
associated with situations of high prey availability6; e.g. wolverine (Gulo gulo)7, brown bear (Ursus arctos)8 and 
Iberian lynx (Lynx pardinus)9.

The Eurasian otter Lutra lutra, listed as a Near Threatened A2c species by the IUCN10, is a territorial top 
predator in aquatic ecosystems and is usually found at low densities11,12 compared to other terrestrial predators 
of similar size. The otter population in Spain is expanding and now occupies 59.9% of the Spanish peninsular 
territory, including dry areas with temporary water bodies as well as near large towns and cities13.

Eurasian otter typically occupies linear habitats, such as rivers or shorelines, and the number of evidential 
signs, such as feces (‘spraints’) or footprints, per linear kilometer, has been widely used as an index for compar-
ing the relative abundance of otters at different spatio-temporal scales14,15. However, there is evidence of bias 
in the relationship between spraint abundance and otter numbers16. Other approximations have been used to 
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estimate population density, such as: genetic non-spatial capture-mark-recapture methods17; direct count of 
individuals identified through molecular methods18; radio tracking data integrated with information from other 
data sources19; and direct observation20. In general, these studies agreed on the relatively low density of Eurasian 
otter populations compared to those reported for terrestrial mesocarnivores21,22 but this is also dependent on 
habitat specialization. Although the otter is generally considered to be a solitary territorial species11,23, a recent 
meta-analysis24 showed that in certain situations of high vegetation cover and prey availability, otter populations 
can exhibit other social patterns, including flexible territoriality and matrilineal groups. Quaglietta et al.25 found 
such patterns in southern Portugal, with some plasticity in social behavior. They described how opposite sex 
individuals could exhibit tolerance towards each other in important parts of their home ranges, including feed-
ing, resting, and rearing sites. These authors also suggested that water shortage in summer could increase otters’ 
tolerance to conspecifics and force them toward mutual exploitation of aquatic areas. In the case of Mediterranean 
rivers, where otters behave as a more generalist predator compared to other otters in temperate rivers26, periodic 
situations of localized prey overabundance occur along low-water periods in spring–summer. This leads to a 
sequential exploitation of resources in isolated riverine pools (“pozas”), i.e., otters consume the available prey, 
before moving to another pool27. The importance of riverine pools for otters in Mediterranean environments 
during the dry season has previously been highlighted by Ruiz-Olmo et al.28.

To our knowledge, the otter population size and movements have never been quantified in this situation of 
low-water nor studied its spatial pattern. Spatially explicit capture-recapture (SCR) models provide a valuable tool 
for estimating a species’ density and population size29 to describe its biological underlying processes30. However, 
to our knowledge, the North American river otter Lontra canadensis is the only otter species for which SCR has 
been used31. The aim of our study was to describe and estimate the local otter population densities, in a situation 
of an isolated riverine pool drying by using genetic non-invasive sampling (gNIS) and SCR. Our hypothesis was 
that if prey concentrations increase as rivers dry to form isolated pools and territorial behavior relaxes, local 
otter densities would be expected to be higher than those described in continuously flowing river conditions. 
We compared the availability and use of prey to confirm that otters actually rely on residual pools for feeding28. 
We hypothesized that an increased tolerance between individuals under such conditions can be explained by 
kinship among part of the resident otters23.

Material and methods
Site description
The study was carried out in the Tablas de Daimiel National Park (TDNP; Ciudad Real, central Spain) 
(39º7′59.59″N 3º42′56.18″W), located on the central Spanish southern plateau (Fig. 1). The park was originally 
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Figure 1.   Map showing the location of the Tablas de Daimiel National Park (top left), the study area (red 
rectangle), and changes in the flooded area between January and August 2022. The hexagonal grid was used to 
divide the sampling area into sampling cells, the samples in each cell being assigned to its centroid, to generate 
’detectors’ for use in the spatial capture-recapture model. Created using ArcGIS63.



3

Vol.:(0123456789)

Scientific Reports |        (2024) 14:11478  | https://doi.org/10.1038/s41598-024-62432-1

www.nature.com/scientificreports/

a permanent wetland formed by the confluence of the permanent fresh waters of the Guadiana River, arising 
from the upwelling of the Western Mancha aquifer system, and the more seasonal saline waters of the Gigüela 
River. Since the 1980s, overexploitation of the aquifer for irrigation has radically reduced the flow of the Gua-
diana River, and the park has become mainly dependent on water from the Gigüela River, which rarely floods 
the TDNP. In addition, the park is affected by inputs of poorly treated effluent from wastewater treatment plants 
along the Gigüela and Guadiana Rivers32. Following a brief period (2010–2014) of complete inundation in 
TDNP, which was a consequence of the partial recovery of the aquifer33, since 2018 the TDNP has again suffered 
a loss of water input from the Guadiana due to overexploitation, a situation that persists today. Consequently, 
the hydrological conditions have become markedly seasonal and dependent upon both irregular inflows from 
rivers and artificial inflows of well water controlled by TDNP managers. This results in a flood peak between 
late winter and mid-spring and minimum water levels during late summer and early autumn. At the landscape 
level, over-exploitation of water affects river connectivity for long periods (even several years) and exacerbates 
the fragmentation of animal populations. The nearest downstream wetland with otters is El Vicario reservoir 
on the Guadiana River, 19 km away. Upstream, otters occur on the Azuer River and the Vallehermoso reservoir, 
65 km away. In the year of this study (2022), all rivers within a 50 km radius of TDNP were dry.

The National Park hosts a population of Eurasian otters, previously estimated by Jiménez et al.34 using 
unmarked-SCR35 in spring 2013 at 0.557 (SD: 0.317) individuals/km2, or 11.14 (SD: 6.35) individuals in 1800 ha 
of flooded area that remained constant throughout 2013. The ichthyofaunal diversity of the TDNP has changed 
radically over the last 100 years. The community of small native cyprinids (of the genera Barbus, Squalius, 
Chondrostroma, and Cobitis), has been replaced by non-native species during the twentieth century such as 
common carp Cyprinus carpio, goldfish Carassius auratus, pumpkinseed sunfish Lepomis gibbosus and eastern 
mosquitofish Gambusia holbrooki, and more recently (2010) black catfish Ameiurus melas. In terms of biomass, 
the fish community is currently dominated by non-native species, mainly common carp and goldfish36. During 
a desiccation process in 1999, the biomass of fish in the TDNP was estimated to be 5000–6000 kg ha−1 of carp, 
1300–1700 kg ha−1 of pumpkinseed sunfish, and approximately 115 kg ha−1 of mosquitofish37. These figures are 
100 times higher than those reported in a Mediterranean environment in Australia38. Non-native American 
crayfish Procambarus clarkii was introduced into TDNP in the 1980s, and is currently abundant39. Biomass 
estimates for American crayfish in TDNP (not during a drying process) ranged from 819–929 kg ha−1 in 200040. 
To understand its importance in this context, it is worth noting that the American crayfish has been identified 
as one of the main prey items of the otter in its Iberian range distribution41–43.

Data collection
We searched the study area looking for otter spraints. Sampling was carried out by a single researcher over 
12 days in 2022, between April 18–29, and May 9–12. Transect sampling was conducted on foot and by boat over 
a distance of 79.4 km. Sampling covered the flooded area up to the February flood-line (317 ha). The sampled 
area farthest from the shore had dried out in the previous two months. The oldest samples could therefore be 
from February, that was used as a conservative reference for density calculation. By the end of May, the flooded 
area had fallen to 185.4 ha. Sampling was performed primarily by walking along the banks and small islands that 
otters commonly used for marking and resting, and by using boats to access small islands and by searching for 
emerging logs and stones in the flooded areas. All transects were recorded using a GPS device (Garmin© ETREX 
32X). The locations of individual spraint samples were geo-referenced using a GPS handheld device and samples 
were individually preserved in vials containing 96% ethanol44.

Genetic analysis
Otter individuals were identified through the analysis of the DNA extracted from the fresh collected samples. All 
pre-PCR operations were conducted under sterile conditions and positive air pressure in dedicated laboratory 
rooms. DNA extraction from spraint samples followed the GuSCN/silica protocol45. Extracts were further filtered 
for potential PCR inhibitors using pre-rinsed Microcon® YM-30 Centrifugal Filter Units (Millipore, Burlington, 
VT, USA). Possible DNA cross-contamination was monitored using negative controls. Individual DNA identi-
fication was achieved using a set of 20 microsatellites specifically developed for the Eurasian otter46,47. Details of 
the loci are shown in the Supplementary Information, Table S1. Amplification of markers was performed using 
a pre-amplification protocol48. Markers were pooled into four multiplex sets, with four to six markers each, 
and amplified using the QIAGEN Multiplex PCR Kit (Qiagen. Hilden, Germany) following the manufacturer’s 
instructions. (Qiagen. Hilden, Germany). Details of the thermocycling conditions are given in the Supplemen-
tary Information, Table S2. Four amplification replicates per sample were performed, always including negative 
controls to monitor possible DNA cross-contamination. The PCR products were separated by size using an 
ABI3130xl genetic analyzer (Thermo Fisher, Waltham, MA, USA). Alleles were scored against the GeneScan500 
LIZ size standard, using GENEMAPPER 5.0 (Applied Biosystems, https://​www.​therm​ofish​er.​com/​order/​catal​
og/​produ​ct/​43707​84) and checked manually. The sex of individuals was identified using the LutSRY marker49 
genotyped within one of the multiplex systems (Supplementary Information, Table S1).

Consensus genotypes over the four replicas were assembled manually, following Godinho et al.50. Heterozy-
gous genotypes were accepted if the same genotype was observed in two independent PCRs. Homozygous geno-
types were accepted if the genotype was observed in three independent PCRs. Consensus genotypes with > 14 
loci were used in the further analysis. Mean allelic dropout and false allele rates across loci were estimated 
using GIMLET 1.3.351. Identical genotypes were filtered using GenAlEx 6.552. The same software was used to 
estimate the cumulative probability of identical genotypes being shared by chance (probability of identity, PID 
and PIDsibs) for the 20 loci in the dataset and for 10 datasets of 14 randomly selected loci (minimum number 
of loci genotyped in our dataset).

https://www.thermofisher.com/order/catalog/product/4370784
https://www.thermofisher.com/order/catalog/product/4370784
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To infer potential parentage and sibling relationships among identified individuals we used the full-likelihood 
method implemented in Colony v2.0.6.653. We allowed for male and female polygamy and assumed locus-specific 
allelic dropout rates. All individuals were considered as potential offspring and all males and females as potential 
fathers and mothers, respectively, as no a priori information was available. Allele frequencies were calculated 
from the data.

Otter population size estimates
As an analytical method, SCR provides information about the study population size and its space use. The stand-
ard SCR model3 assumes that individual activity centers (ACs) i = 1, 2, . . . ,N are distributed over a region or 
state space S and that individuals were sampled by our detector array within S . The distribution of individual ACs 
s = (sx , sy) , was described in our study by a homogeneous point process, such that si ∼ Uniform(S) . The ACs 
are latent variables to be estimated by the model given the detector-specific events for the n detected individuals 
at detectors j = 1,2, . . . J with locations xj =

(

xj1 , xj2
)

 . Assuming that detection frequencies are a decreasing 
function of the distance dij between individual ACs si and a detector location xj , the expected detection rate (1) 
can be defined as:

where �0 , the basal detection rate, is the expected detection rate when dij = 0 , indicating direct overlap of an AC 
with a detector; and σ is the scale parameter of the half-normal detection function, which could be considered as 
a descriptive parameter for the movement of the target species. As our sampling was not characterized by a set 
of discrete “trap” locations, but by linear sampling, the sampled space was segmented into cells, assigning to the 
centroid of each cell all the samples collected in the same cell. We used a hexagonal cell grid over the sampled 
area. Hexagons have a low perimeter-to-area ratio, which reduces the sampling bias associated with edge effects 
due to grid shape. These hexagons’ centroids are hereafter referred to as "traps". The corresponding sampling 
effort per cell was used as a covariate of the baseline probability of detection of each trap. Many studies using 
gNIS and SCR have used this approach of discretizing the sampled area44,54,55. Although assigning the aggregated 
samples to centroids as ’detectors’ may reduce the precision of the parameter estimates, Milleret et al.56 showed 
that SCR models using Poisson or partially aggregated binary observation models estimated abundance with 
low bias when the distance between centroids was small in relation to the movement of the target species. They 
recommended using a distance of less than 1.5σ between traps (centroids). We used a cell size of 1 ha (distance 
between centroids < 110 m), a very conservative value compared with the σ values previously calculated for otters 
(unpublished data [1874 SD: 84 m]). One hundred and eighty-one hexagonal cells were used, with an average 
sampling effort of 439 (SD: 443) m/ha (Figure S1). In our study, the SCR model was applied to data with a single 
sampling occasion ( K = 1 ) by collapsing the data from different days, since the complete sampling of the study 
area required several days of fieldwork and only a small part of the study area could be sampled each day. The 
model parameters were identifiable if several animals could be detected several times (and in several traps) to 
allow the estimate of σ and �0 values30. Single sampling has been often used in SCR with genetic non-invasive 
sampling44,54,55.

We used the random thinning spatial capture-recapture (rt-SCR) model54, which is an SCR model that utilizes 
encounters of samples of the target species of both known and unknown identity with a natural mechanistic 
dependence between samples arising from a single observation model (sample collection and genotyping). 
Individual identification information can be lost in capture-recapture processes (e.g., genotyped samples without 
individual identification in gNIS). The process of assigning individual identities to samples in capture-recapture 
methods can be conceptualized as a random thinning process, where samples lose their individual identities at 
random, with a probability 1− θ . This process produces two types of data sets, one with individual identities, 
and another without individual identities. The rt-SCR model uses a sub-model for individual identification yIDij  
(2), conditional on the true encounter frequencies ytrueij  , assuming:

The individual identities of unrecognizable encounter frequencies ynoIDijk  are then latent and ynoIDij = ytrueij − yIDij  . 
For the unidentified samples, only the trap counts (counts in cells here) summed across captured individuals, 
nnidjk =

∑N
i=1y

noID
ijk  can be observed. Thus, the same individual could be in both encounter histories—identi-

fied and not—in the same cell. Also, individuals with unidentified samples are not required to also be in the set 
of identified samples. This model was fitted using R57 and NIMBLE58 with a custom Metropolis-Hasting update 
for ytrueij  that obeys the constraint ynoIDij = ytrueij − yIDij  . By including non-ID samples that otherwise would be 
discarded, this model can improve density estimation for non-invasive sampling studies48.

In our sampling, many traps (cells) registered no detections (e.g., those in the water), and those that did 
(e.g., on the shoreline) had more detections than predicted by the model. Further heterogeneity arose from the 
difference in detectability between the samples collected on foot and by boat. We addressed this heterogeneity 
by adding a random effect (3) to the basal detection rate of each trap, following a common normal distribution:

(1)�ij = �
(

si , xj
)

= �0 × exp

(

−

d2ij

2σ 2

)

(2)yIDij ∼ Binomial
(

ytrueij , θ

)

(3)εj ∼ Normal
(

µ0, σ
2
p

)
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where µ0 is the log scale mean with a variance σ 2
p  . Adding this term to the model takes account of trap-specific 

variability that could not be assigned to known sources of detection heterogeneity. Thus, the basal detection rate 
in each cell is a function of effort ( Lj : total length of sampling in any one cell) and random effect εj:

We compared (1) the null model, (2) the model with Lj as covariate in baseline detection rate ( �0 ) and (3) the 
model with Lj as covariate and a random effect ( εj ) in baseline detection rate, using the Widely Applicable Bayes-
ian Information Criterion (WAIC)59. We hypothesized that otter ACs would be associated with flooded areas21 
and constructed a habitat availability matrix for the SCR model using the R package, makeJAGSmask60,61 to 
restrict the analysis to the flooded area in February (see R + Nimble code in https://​zenodo.​org/​recor​ds/​10397​
199). This allowed us to measure otter densities relative to the flooded area (individuals/km2) and, as a derived 
parameter, population size and densities per linear kilometer of river. The linear reference for calculating the 
density per kilometer is the 7.8 km length of the river channel. The only deep zone (> 25 cm) was the Guadiana 
channel ("La Madre"). The rest was a muddy area that dried up during the study period.

The overlapping ACs probabilities made it difficult to visualize the density of the ACs from the model3 in 
a common raster plot. We chose to depict the probability of the ACs of each individual in a spatial plot of our 
model outcomes by constructing a contour map of the Empirical Bayes posterior distribution of the AC30 for 
each individual, using the 2D kernel density estimator with the kde2d function from the MASS62 package in R. 
We calculated the ACs as the points with the highest posterior probability. From these locations, we also calcu-
lated the average distance from each AC to the next nearest AC, considering either all individuals or only males 
(with more pronounced territoriality11). Finally, the dispersion-clustering pattern of the ACs was examined 
using ArcGIS63 software. We used the Average Nearest Neighbor (ANN) tool to measure the distance between 
each AC and its nearest neighbor’s AC. If the average distance is less than the average for a hypothetical random 
distribution, the distribution of the ACs being analyzed is considered clustered. If the average distance is greater 
than a hypothetical random distribution the ACs are considered dispersed.

Posterior probabilities were calculated using three independent Markov chain Monte Carlo (MCMC) calcula-
tions, with 250,000 iterations each, adding a burn-in of 10,000 iterations, and thinning by five. We assessed the 
MCMC convergence and mixing by visual inspection of the trace plots and then calculated the Gelman-Rubin 
statistic (R-hat < 1.1)64 using the coda package in R65. For all parameters we calculated the posterior means for 
point estimates and 95% percentiles for the Bayesian credible intervals. We tested the goodness-of-fit (GoF) of 
the model using the approach suggested by Meredith66 as previously used by Jiménez et al.67 with three statistics 
to evaluate the observation model: (i) total number of detections; (ii) number of individuals detected; and (iii) 
total number of detectors visited, which is related to detector performance. For the GoF test we generated simu-
lated detection data for all M individuals (including data augmentation) in rows and J columns for the detectors 
using the Markov chain Monte Carlo (MCMC) process. We plotted the observed and posterior predictions for 
each statistic, and we calculated the Bayesian p-value (used to measure the dissimilarity between observed data 
and model-predicted data). 

Prey consumption
One hundred and one spraints collected during the sampling process was analyzed to determine the otter diet. 
Spraints were examined in the laboratory using identification guides to determine the prey species present in each 
sample. Identification was made macroscopically using a binocular microscope (Digital microscope MUSTOOL 
G600, ID: 1,152,799, 1-600x)41,68. Identifications were made at the lowest possible taxonomic level, generally 
species. The minimum number of individuals of each prey type in each sample was estimated from the number 
of diagnostic hard parts (pleopods for American crayfish and mainly operculum for fish). The importance of 
each prey category in the diet was estimated from its minimum number of prey items (n) in each sample, its 
frequency of occurrence (FO) (number of occurrences of a given item as a percentage of the total number of 
spraint samples) and its relative frequency of occurrence (RFO) (number of occurrences of a given item as a 
percentage of the total number of occurrences of all prey items)69. We were interested in the consumption of 
different prey species. If consumption of overabundant species was high, this could be indicative of exploitation 
of these prey concentrations28.

Results
Sampling, individual identification and parentage inference
A total of 251 whole or partial spraints were collected. Because the age of a spraint has been shown to be critical 
for genotyping success70,71, only the 120 freshest spraints were selected for genotyping.

We obtained 71 otter genotypes from the 120 freshest samples (59.2% success), corresponding to 13 different 
individuals observed in 29 cells. The observed sex ratio was 1:1.6 (5 females: 8 males). The average number of 
recaptures per individual was 5.46, with a range of 1–23. Of the ID-spatial recaptures (the same otter detected 
in different cells), one otter was detected in 14 cells, one in 10 cells, one in 6 cells, one in 4 cells, three in 2 cells, 
and six in one cell. We also used as data in rt-SCR model 49 non-ID otter genotypes (see R + Nimble code 
in https://​zenodo.​org/​recor​ds/​10397​199). The average genotyping error rates across loci were 36.6% for allele 
dropout and 0.3% for false alleles (rates per locus are given in the Supplementary Information, Table S3). The 
estimated Probability of Identity for the dataset provided high confidence in the identification of individuals, with 
PID = 1.82 × 10–10 and PIDsibs = 1.23 × 10–472. When 10 datasets of 14 randomly selected loci are used to calculate 
these statistics, the range of values observed varied between 7.18 × 10–6 and 1.11 × 10–7 for PID and 3.44 × 10–3 and 

(4)log
(

�0j

)

= β · Lj + εj

https://zenodo.org/records/10397199
https://zenodo.org/records/10397199
https://zenodo.org/records/10397199
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6.55 × 10–4 for PIDsib, confirming the accuracy of the dataset to differentiate individuals using a minimum of 14 
loci, based on the reasonably accepted thresholds of 0.0001 and 0.01 for PID and PIDsib, respectively72 (Table S4).

Seven of the 13 otters identified have a high probability of having a direct familial relationship among them. 
We observed two pairs of full siblings that share the same unsampled mother. Furthermore, the male LU01 was 
inferred as the only parent in the dataset, with four offspring, including one of the full-sibling pairs observed 
(Fig. 2 and Figure S7).

Population size estimate
The model including a random effect by trap εj was selected (WAIC = 159.4) over the null model (WAIC = 165.2) 
and the model with Lj as covariate for the baseline detection rate (WAIC = 161.9). The top rt-SCR model estimated 
the population size at 13.33 (SD: 0.61) individuals (Table 1), which was very close to the 13 different individual 
genotypes obtained by the molecular analysis. The density relative to the flooded area in February was 4.21 
individuals/km2 on an area basis, or 1.71 individuals/km of river channel length (Fig. 1). The density of the ACs 
was fairly uniform over the study area, with a higher concentration in the central area, which corresponded to 
the deepest parts of the river (Fig. 2, Figs. S2–S6). The half-normal scale parameter ( σ ) descriptive of move-
ment was estimated at 1087 m (SD: 127.7) (Table 1). Hence, using the relationship from Royle et al.73, 95% of 
the movement outcomes were within 2662 m (SD: 312) from the center of an individual otter’s home range. The 
GoF was adequate for the three statistics studied (Fig. 3).

Using the ANN ArcGIS tool, the average distance between nearest individual’s ACs (regardless of sex) was 
465 m and the average distance between male ACs was 899 (Fig. 2). Significant evidence for dispersed ACs was 
recorded (ANN = 1.92, p < 0.05, and ANN = 2.03, p < 0.01 for all individuals and males, respectively).

Prey consumption
The macroscopic diet study was based on 101 spraint samples. The most common prey item in the diet was the 
American crayfish (RFO 59.4%), followed by carp (12.9%), and goldfish (10.6%) (Table 2).

Discussion
Our results show a static scenario from February to April–May, this being the period over which we were able 
to attribute spraints collected 100–120 m from the river shoreline. The otter population density in 2022, in a 
progressively desiccating riverine pool in the TDNP, was 1.71 otters/km, much higher than that described for 
this species along freely flowing rivers, albeit using different methodologies. For instance, Quaglietta et al.19 
reported an otter population (including males, females and juveniles) of 0.13–0.27 ind/km and an adult density 
of 0.07–0.14 ind/km in southern Portugal using radio-tracking, while Sittenthaler et al.16 estimated 0.16–0.28 
otters/km along the Danube River (Austria) and Lerone et al.18 estimated 0.152 otters/km along the Sangro 
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Figure 2.   Local maxima for each individual otter Lutra lutra activity center, calculated from contour maps of 
the posterior distribution of activity centers in the Tablas de Daimiel National Park (Spain) in 2022. Table show 
direct familial relationships inferred among the 13 individuals. The six offspring are listed in the first column, 
along with their sex, father (when observed), full-siblings, and half-siblings. The probability of the relationship 
is given in parentheses for parent–offspring and full-siblings (see also Supplementary Information S2–S6, and 
Figure S7). Created using R56.
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Table 1.   Posterior summaries of the parameters from the random thinning spatial capture-recapture model 
used to estimate the otter Lutra lutra population in the Tablas de Daimiel National Park (Spain). ̂N is the 
otter population size estimate in the flooded area in February 2022;̂D[s] and ̂D[L] are the density estimates 
(individuals/km2, and individuals/km of river length, respectively); ̂ψ is the parameter for data augmentation; 
σ̂ (in km) is the half-normal scale parameter describing the rate at which the detection probability declines as a 
function of distance from the detector; ̂β  is the parameter for sampling effort in the baseline detection rate; µ̂0 
and σ̂p are the random effects hyperparameters of the baseline detection rate. The mean and SD are shown for 
all parameters.

Mean SD q2.50% q50% q97.5%

̂N 13.331 0.613 13.000 13.000 15.000

̂D[s] 4.205 0.193 4.101 4.101 4.732

̂D[L] 1.709 0.079 1.667 1.667 1.923

̂ψ 0.276 0.062 0.162 0.273 0.406

̂β 1.649 0.247 1.223 1.629 2.182

σ̂ 1.088 0.128 0.869 1.077 1.370

µ̂0 − 4.632 0.515 − 5.761 − 4.588 − 3.747

σ̂p 1.939 0.344 1.369 1.905 2.704

θ 0.600 0.045 0.511 0.601 0.686
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Figure 3.   Histogram plots of observed values (red vertical lines) and posterior predictive values for the random 
thinning-spatial capture-recapture model. In each plot the Bayesian p value is shown (top right). Created using 
R56.

Table 2.   Composition of the otter Lutra lutra diet as revealed by examination of spraints (n = 101 spraints) in 
the Tablas de Daimiel National Park. Frequencies of occurrence (FO), number (n), and relative frequency of 
occurrence (RFO) of the various diet categories.

Group N FO RFO

Arthropods

Procambarus clarki 60 59.41 57.69

Other arthropods 2 1.98 1.92

Fishes

Ameiurus melas 5 4.95 4.81

Carassius auratus 11 10.89 10.58

Cyprinus carpio 13 12.87 12.50

Lepomis gibbosus 2 1.98 1.92

Undetermined fish 10 9.90 9.61

Reptiles 1 0.99 0.96
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River (eastern central Italy), both using non-invasive genetic identification, the former also applying non-spatial 
capture-recapture models. Previously, we found a density of 0.308 (SD: 0.038) individuals/km using SCR along 
a river with circulating flow in the province of Seville (southern Spain), with a σ of 1874 km (unpublished 
data). Hájková et al.74 reported 0.49–0.96 otters/km2 in the Czech Republic, in a complex habitat composed of 
fishponds, channels, pools, marshes and river, with patchily and abundant food resources, similar to the TDNP 
in a flooded situation. All reference values, including those that recorded the entire otter population (adults 
and juveniles) are lower than those estimated in our study. When comparing the density per unit area (Table 1) 
with previous studies in the TDNP34, we found a much higher density in 2022. The level of kinship observed in 
the population studied (Fig. 2 and Figure S7) could partially explain the apparent relaxation on territoriality, 
as described in other carnivores75. This result would fit the kinship hypothesis76, which suggests that there are 
fitness benefits for individual animals that tolerate or even cooperate with related conspecifics. The abundance 
and natural concentration of prey in the study area may favor a longer staying of cubs with the mother and/or a 
longer staying together of cubs. However, it’s also worthy to notice that four non-related otters (among which 3 
males) occupy the peripheral western portion of the study area, away from related otters (mostly concentrated 
at the eastern periphery). The higher tolerance among non-related otters may favor a staying reproductive 
tactic of males, with secure access to females concentrated in the habitat where preys are abundant, even if this 
requires them to be tolerant with other neighboring males. Oddly, while the density estimates in this study 
were much higher compared with other studies, the movement parameter σ estimated from the SCR model was 
in close agreement with home range information under circulating flow conditions. For instance, Quaglietta 
et al.19 found that individual otters can occupy a range of 3.71–7.80 km of river length. This indicates a range of 
movement around their centers of activity of 1.86–3.90 km, nicely within the calculated value of 95% of move-
ment outcomes (2.66 km) given by the rt-SCR model in our study. Even at the high density observed in this 
study, otter movement distances are large. The distance between the closest otter ACs, their spatial arrangement 
and multimodality (Figs. S2–S6), and the otter movements (as indicated by the σ values) imply that the areas 
of otter activity overlap. Our findings could indicate a poorly developed territoriality (as shown in Fig. 2 and 
Figs. S2–S6) and an increase in otter tolerance of conspecifics, even though some degree of territoriality still 
occurs. ACs appear to be distributed fairly evenly in males across the area. This indicates that territoriality is not 
completely abandoned, but is modified in the sense of non-exclusive utilization of territories. As the rivers in 
the TDNP dry out and otters are forced to aggregate, they mainly consume the most abundant prey in the park, 
namely American crayfish, common carp, and goldfish32,37,40. Although we lack estimates of American crayfish 
biomass in a situation of progressive desiccation, prey use by otters, as assessed by spraint analysis, is related to 
its availability, suggesting that otters tend to exploit fish and crayfish crammed in the residual waterbody. We 
would expect the aggregation to continue as long as the cost–benefit balance in the consumption of these prey 
species remains favorable77. It is possible that the aggregation density we have described would be even higher 
by the end of the summer, when the flooded area had shrunk to its minimum.

Although the river desiccation process described here is partly caused by the overexploitation of the aquifer 
that feeds the TDNP, the drying-up of rivers—even to the point of complete desiccation—is a common dynamic 
in Mediterranean rivers41. As river flows decrease, the resulting river pools are used sequentially by otters, and 
aggregations similar to the one described in this study occur on a regular annual basis. In addition to this local-
scale phenomenon, there are other landscape-scale drivers (e.g. fragmentation) involved in otter population 
dynamics. It would be interesting to investigate in the future whether this apparently low territoriality is associ-
ated with changes in individual fitness and whether higher levels of stress result from the expected increase in 
individual interactions. The timing—and causes—of aggregation break-up, when otters move into terrestrial 
environments in search of new pools27, should also be studied.

In this study, the number of genotyped individuals was in close agreement with the estimate obtained using 
the SCR model and was further confirmed by the GoF analysis. The case presented in our study is unusual, as 
it is rare that more than 60–70% of individuals in the population studied were detected and identified67. This 
could be partly due to our very intensive sampling of this practically closed system of riverine pools. The fit of 
our model was adequate and we can therefore attribute the heterogeneity in our data to variability in our baseline 
spraint detections by ’trap’. According to our expectations, sampling effort alone did not sufficiently explain the 
variability. Probably there were differences between sampling cells (due to amounts of water, vegetation, etc.). 
Incorporating a random effect on detection rate by trap (cell) was sufficient to achieve an adequate model fit.

In a context of global and rapid human-induced change, the use of methods such as those described above, 
which explicitly address the detectability of elusive species, allow us to describe ecological response processes 
that might otherwise go undetected, and to inform management decisions in species conservation with a sci-
entific basis. Our case study of otters suggests a much higher density than previously reported—to the best of 
our knowledge—under conditions of exceptional prey concentration. Further research is needed to understand 
when these aggregations break up, what triggers them, and where these animals seek refuge or disperse under 
conditions of pool drying.

Data availability
The datasets generated and/or analyzed during the current study are available in the Zenodo repository at https://​
zenodo.​org/​recor​ds/​10397​199.

Received: 8 December 2023; Accepted: 16 May 2024

https://zenodo.org/records/10397199
https://zenodo.org/records/10397199


9

Vol.:(0123456789)

Scientific Reports |        (2024) 14:11478  | https://doi.org/10.1038/s41598-024-62432-1

www.nature.com/scientificreports/

References
	 1.	 Williams, B. K., Nichols, J. D. & Conroy, M. J. Analysis and management of animal populations: modeling, estimation, and decision 

making (Academic Press, Cambridge, 2002).
	 2.	 Bekoff, M., Daniels, T. J. & Gittleman, J. L. Life history patterns and the comparative social ecology of carnivores. Annu. Rev. Ecol. 

Syst. 15, 191–232. https://​doi.​org/​10.​1146/​annur​ev.​es.​15.​110184.​001203 (1984).
	 3.	 Maher, C. R. & Lott, D. F. A review of ecological determinants of territoriality within vertebrate species. Am. Midl. Nat. 143, 1–29 

(2000).
	 4.	 Robb, S. E. & Grant, J. W. A. Interactions between the spatial and temporal clumping of food affect the intensity of aggression in 

Japanese medaka. Anim. Behav. 56, 29–34 (1998).
	 5.	 Gilchrist, J. S. & Otali, E. The effects of refuse-feeding on home-range use, group size, and intergroup encounters in the banded 

mongoose. Can. J. Zool. 80, 1795–1802 (2002).
	 6.	 Allee, W. C. Animal aggregations. Q. Rev. Biol. 2, 367–398 (1927).
	 7.	 Dalerum, F., Creel, S. & Hall, S. B. Behavioral and endocrine correlates of reproductive failure in social aggregations of captive 

wolverines (Gulo gulo). J. Zool. 269, 527–536 (2006).
	 8.	 Ruiz-Villar, H., Morales-González, A., Bombieri, G., Zarzo-Arias, A. & Penteriani, V. Characterization of a brown bear aggregation 

during the hyperphagia period in the Cantabrian Mountains, NW Spain. Ursus 29, 93–100 (2019).
	 9.	 Ferreras, P., Travaini, A., Cristina Zapata, S. & Delibes, M. Short-term responses of mammalian carnivores to a sudden collapse 

of rabbits in Mediterranean Spain. Basic Appl. Ecol. 12, 116–124 (2011).
	10.	 Loy, A. et al. Eurasian Otter, Lutra lutra. IUCN Red List Threat. Species 2022 e.T12419A218069689. 8235, (2022).
	11.	 Erlinge, S. Territoriality of the Otter Lutra lutra L. Oikos 19, 81 (1968).
	12.	 Kruuk, H. Wild otters: Predation and populations (Oxford University Press, Oxford, 1995).
	13.	 Palazón, S. Results of the fourth eurasian otter (Lutra lutra) survey in Spain. IUCN Otter Spec. Gr. Bull 40, 42–61 (2023).
	14.	 Lanszki, J. et al. Relative spraint density and genetic structure of otter (Lutra lutra) along the Drava River in Hungary. Mamm. Biol. 

73, 40–47 (2008).
	15.	 Mason, C. F. & Macdonald, S. M. The use of spraints for surveying otter Lutra lutra populations: An evaluation. Biol. Conserv. 41, 

167–177 (1987).
	16.	 Sittenthaler, M. et al. Marking behaviour and census of Eurasian otters (Lutra lutra) in riverine habitats: what can scat abundances 

and non-invasive genetic sampling tell us about otter numbers?. Mammal Res. 65, 191–202 (2020).
	17.	 Lampa, S., Mihoub, J. B., Gruber, B., Klenke, R. & Henle, K. Non-invasive genetic mark-recapture as a means to study population 

sizes and marking behaviour of the elusive Eurasian otter (Lutra lutra). PLoS One 10, 1–20 (2015).
	18.	 Lerone, L., Mengoni, C., Di Febbraro, M., Krupa, H. & Loy, A. A noninvasive genetic insight into the spatial and social organization 

of an endangered population of the Eurasian Otter (Lutra lutra, Mustelidae, Carnivora). Sustainability 14, 1943 (2022).
	19.	 Quaglietta, L., Hájková, P., Mira, A. & Boitani, L. Eurasian otter (Lutra lutra) density estimate based on radio tracking and other 

data sources. Mammal Res. 60, 127–137 (2015).
	20.	 Ruiz-Olmo, J., Saavedra, D. & Jiménez, J. Testing the surveys and visual and track censuses of Eurasian otters (Lutra lutra). J. Zool. 

253, 359–369 (2001).
	21.	 Jiménez, J. et al. Generalized spatial mark–resight models with incomplete identification: An application to red fox density esti-

mates. Ecol. Evol. 9, 4739–4748 (2019).
	22.	 Jiménez, J. et al. Restoring apex predators can reduce mesopredator abundances. Biol. Conserv. 238, 108234 (2019).
	23.	 Kruuk, H. Otters: Ecology, behaviour and conservation (Oxford University Press, Oxford, 2006).
	24.	 Lélias, M. L., Lemasson, A. & Lodé, T. Social organization of otters in relation to their ecology. Biol. J. Linn. Soc. 133, 1–27 (2021).
	25.	 Quaglietta, L., Fonseca, V. C., Mira, A. & Boitani, L. Sociospatial organization of a solitary carnivore, the Eurasian otter (Lutra 

lutra). J. Mammal. 95, 140–150 (2014).
	26.	 Clavero, M., Prenda, J. & Delibes, M. Trophic diversity of the otter (Lutra lutra L.) in temperate and Mediterranean freshwater 

habitats. J. Biogeogr. 30, 761–769 (2003).
	27.	 Delibes, M., Ferreras, P. & del Blázquez, M. C. Why the Eurasian Otter (Lutra lutra) leaves a pond ? An observational test of some 

predictions on prey depletion. Rev. d’Écologie (La Terre La Vie) 55, 57–65 (2000).
	28.	 Ruiz-Olmo, J., Jiménez, J. & Chacón, W. The importance of ponds for the otter (Lutra lutra) during drought periods in Mediter-

ranean ecosystems: A case study in Bergantes River. Mammalia 71, 16–24 (2007).
	29.	 Efford, M. G., Dawson, D. K. & Robbins, C. S. DENSITY: Software for analysing capture-recapture data from passive detector 

arrays. Anim. Biodivers. Conserv. 27, 217–228 (2004).
	30.	 Royle, J. A., Chandler, R. B., Sollmann, R. & Gardner, B. Spatial capture-recapture (Elsevier, Academic Press, Amsterdam, 2014). 

https://​doi.​org/​10.​1016/​B978-0-​12-​405939-​9.​00026-8.
	31.	 Murphy, S. M., Adams, J. R., Waits, L. P. & Cox, J. J. Evaluating otter reintroduction outcomes using genetic spatial capture–recap-

ture modified for dendritic networks. Ecol. Evol. https://​doi.​org/​10.​1002/​ece3.​8187 (2021).
	32.	 Laguna, C. et al. Effects of invasive fish and quality of water and sediment on macrophytes biomass, and their consequences for 

the waterbird community of a Mediterranean floodplain. Sci. Total Environ. 551–552, 513–521 (2016).
	33.	 Jiménez, J., Hernández, J. M., Feliú, J., Carrasco, M. & Moreno-Opo, R. Breeding in a dry Wetland. Demographic response to 

drought in the common reed-warbler Acrocephalus scirpaceus. Ardeola 65, 247–259 (2018).
	34.	 Jiménez, J., Carrasco, M. & Feliu, J. Estima de la población de nutria en las Tablas de Daimiel mediante captura-recaptura espacial 

y muestreo de distancias. Galemys Spanish J. Mammal. 22, 1–14 (2014).
	35.	 Chandler, R. B. & Royle, J. A. Spatially-explicit models for inference about density in unmarked populations. Ann. Appl. Stat. 7, 

936–954 (2013).
	36.	 Álvarez-Cobelas, M. Fish and avian communities: A testimony of wetland degradation. In Wetlands: Ecology, conservation and 

management. Ecology of Threatened Semi-Arid Wetlands (eds Sánchez-Carrillo, S. & Angeler, D. G.) 197–212 (Springer, Berlin, 
2011).

	37.	 Angeler, D. G., Álvarez-Cobelas, M., Sánchez-Carrillo, S. & Rodrigo, M. A. Assessment of exotic fish impacts on water quality and 
zooplankton in a degraded semi-arid floodplain wetland. Aquat. Sci. 64, 76–86 (2002).

	38.	 Stuart, I. G. et al. Continental threat: How many common carp (Cyprinus carpio) are there in Australia?. Biol. Conserv. 254, 108942 
(2021).

	39.	 Cirujano, S., Camargo, J. A. & Gómez-Cordovés, C. Feeding preference of the red swamp crayfish Procambarus clarkii (Girard) 
on living macrophytes in a spanish wetland. J. Freshw. Ecol. 19, 219–226 (2004).

	40.	 Angeler, D. G., Sánchez-Carrillo, S., García, G. & Alvarez-Cobelas, M. The influence of Procambarus clarkii (Cambaridae, Decap-
oda) on water quality and sediment characteristics in a Spanish floodplain wetland. Hydrobiologia 464, 89–98 (2001).

	41.	 Bueno-Enciso, J., Díaz-Ruiz, F., Almeida, D. & Ferreras, P. Effects of flow regulation and non-native species on feeding habits of 
Eurasian otter Lutra lutra in mediterranean temporary rivers. River Res. Appl. 30, 1296–1308 (2014).

	42.	 Beja, P. R. An analysis of otter Lutra lutra predation on introduced American crayfish Procambarus clarkii in Iberian streams. J. 
Appl. Ecol. 33, 1156 (1996).

	43.	 Delibes, M. & Adrián, I. Effects of crayfish introduction on Otter Lutra lutra food in the Doñana National Park. SW Spain. Biol. 
Conserv. 42, 153–159 (1987).

https://doi.org/10.1146/annurev.es.15.110184.001203
https://doi.org/10.1016/B978-0-12-405939-9.00026-8
https://doi.org/10.1002/ece3.8187


10

Vol:.(1234567890)

Scientific Reports |        (2024) 14:11478  | https://doi.org/10.1038/s41598-024-62432-1

www.nature.com/scientificreports/

	44.	 López-Bao, J. V. et al. Consistent bear population DNA-based estimates regardless molecular markers type. Biol. Conserv. 248, 
108651 (2020).

	45.	 Frantz, A. C. et al. Reliable microsatellite genotyping of the Eurasian badger (Meles meles) using faecal DNA. Mol. Ecol. 12, 
1649–1661 (2003).

	46.	 Dallas, J. F. & Piertney, S. B. Microsatellite primers for the Eurasian otter. Mol. Ecol. 7, 1248–1251 (1998).
	47.	 Huang, C. C., Hsu, Y. C., Lee, L. L. & Li, S. H. Isolation and characterization of tetramicrosatellite DNA markers in the Eurasian 

otter (Lutra lutra). Mol. Ecol. Notes 5, 314–316 (2005).
	48.	 Smith, M. J. et al. Multiplex preamplification PCR and microsatellite validation enables accurate single nucleotide polymorphism 

genotyping of historical fish scales. Mol. Ecol. Resour. 11, 268–277 (2011).
	49.	 Dallas, J. F. et al. Sex identification of the Eurasian otter Lutra lutra by PCR typing of spraints. Conserv. Genet. 1, 181–183 (2000).
	50.	 Godinho, R. et al. Real-time assessment of hybridization between wolves and dogs: Combining noninvasive samples with ancestry 

informative markers. Mol. Ecol. Resour. 15, 317–328 (2015).
	51.	 Valière, N. a computer program for analysing genetic GIMLET. Mol. Ecol. Notes 2, 377–379 (2002).
	52.	 Peakall, R. & Smouse, P. E. GenALEx 6.5: Genetic analysis in Excel. Population genetic software for teaching and research-an 

update. Bioinformatics 28, 2537–2539 (2012).
	53.	 Jones, O. R. & Wang, J. COLONY: A program for parentage and sibship inference from multilocus genotype data. Mol. Ecol. Resour. 

10, 551–555 (2010).
	54.	 Jiménez, J., Augustine, B. C., Linden, D. W., Chandler, R. B. & Royle, J. A. Spatial capture–recapture with random thinning for 

unidentified encounters. Ecol. Evol. 11, 1187–1198 (2021).
	55.	 Mollet, P., Kéry, M., Gardner, B., Pasinelli, G. & Royle, J. A. Estimating population size for capercaillie (Tetrao urogallus L.) with 

spatial capture-recapture models based on genotypes from one field sample. PLoS One 10, 129020 (2015).
	56.	 Milleret, C. et al. Using partial aggregation in spatial capture recapture. Methods Ecol. Evol. 9, 1896–1907 (2018).
	57.	 R Core Team. R: A language and environment for statistical computing. R foundation for statistical computing (2023).
	58.	 de Valpine, P. et al. NIMBLE: MCMC, Particle Filtering, and Programmable Hierarchical Modeling. (2022) 10.5281/

zenodo.1211190.
	59.	 Watanabe, S. A widely applicable Bayesian information criterion. J. Mach. Learn. Res. 14, 867–897 (2013).
	60.	 Meredith, M. Making a habitat mask for SECR in JAGS. http://​mmere​dith.​net/​blog/​2016/​SECR_​patchy_​habit​at_​makeJ​AGSma​sk.​

htm (2016).
	61.	 Meredith, M. makeJAGSmask: Construct a Habitat Matrix for Use with SECR Analysis in JAGS or BUGS. (2021).
	62.	 Venables, W. N. & Ripley, B. D. Modern applied statistics with S (Springer, Berlin, 2002).
	63.	 Esri. ArcGIS Desktop: Release 10.8. (2020).
	64.	 Gelman, A. et al. Bayesian data analysis (CRC Press, Boca Raton, 2013).
	65.	 Plummer, M., Best, N., Cowles, K. & Vines, K. CODA: Convergence diagnosis and output analysis for MCMC. R News 6, 7–11 

(2006).
	66.	 Meredith, M. Bayes with JAGS – a tutorial for wildlife researchers. Goodness-of-fit : SCR models. 1 https://​mmere​dith.​net/​blog/​

2020/​GOF_2.​htm (2020).
	67.	 Jiménez, J. et al. The Cantabrian capercaillie: A population on the edge. Sci. Total Environ. 821, 153523 (2022).
	68.	 Beja, P. R. Predation by marine-feeding otters (Lutra lutra) in south-west Portugal in relation to fluctuating food resources. J. Zool. 

242, 503–518 (1997).
	69.	 Erlinge, S. Food studies on captive Otters Lutra lutra L. Oikos 19, 259 (1968).
	70.	 Lampa, S., Gruber, B., Henle, K. & Hoehn, M. An optimisation approach to increase DNA amplification success of otter faeces. 

Conserv. Genet. 9, 201–210 (2008).
	71.	 Vergara, M., Ruiz-González, A., López de Luzuriaga, J. & Gómez-Moliner, B. J. Individual identification and distribution assess-

ment of otters (Lutra lutra) through non-invasive genetic sampling: Recovery of an endangered species in the Basque Country 
(Northern Spain). Mamm. Biol. 79, 259–267 (2014).

	72.	 Waits, L. P., Luikart, G. & Taberlet, P. Estimating the probability of identity among genotypes in natural populations: Cautions and 
guidelines. Mol. Ecol. 10, 249–256 (2001).

	73.	 Royle, J. A., Kéry, M. & Guélat, J. Spatial capture-recapture models for search-encounter data. Methods Ecol. Evol. 2, 602–611 
(2011).

	74.	 Hájková, P., Zemanová, B., Roche, K. & Hájek, B. An evaluation of field and noninvasive genetic methods for estimating Eurasian 
otter population size. Conserv. Genet. 10, 1667–1681 (2009).

	75.	 le Roex, N., Mann, G. K. H., Hunter, L. T. B. & Balme, G. A. Relaxed territoriality amid female trickery in a solitary carnivore. 
Anim. Behav. 194, 225–231 (2022).

	76.	 Hamilton, W. D. The genetical evolution of social behaviour. I. J. Theor. Biol. 7, 1–16 (1964).
	77.	 Brown, J. S. Patch use as an indicator of habitat preference, predation risk, and competition. Behav. Ecol. Sociobiol. 22, 37–47 (1988).

Acknowledgements
We would like to thank Carlos Ruiz de la Hermosa, Director of the Tablas de Daimiel National Park, for his 
interest in otter ecology and for sharing his knowledge of this species. Without his support this work would 
not have been possible. National Park staff (Manuel Carrasco) and rangers (Manuel Escuderos and Luis Cirilo 
Felipe) provided boat access and facilitated the fieldwork. Finally, we thank Andrew Richford for English lan-
guage editing and checking.

Author contributions
Conceptualization: José Jiménez, Raquel Godinho and Pablo Ferreras. Formal analysis: José Jiménez, Lucía 
del Río, and Raquel Godinho. Methodology: José Jiménez, Pablo Ferreras and Raquel Godinho. Software: José 
Jiménez. Writing—original draft: José Jiménez. Data curation: Lucía del Río and Raquel Godinho. Investiga-
tion: Lucía del Río and Raquel Godinho. Writing— review and editing: Lucía del Río, Pablo Ferreras and Raquel 
Godinho. Project administration: José Jiménez. Supervision: José Jiménez.

Funding
This study was funded by the Organismo Autónomo Parques Nacionales (Ministerio para la Transición Ecológica, 
MITECO), Spain. Author R.G. was supported by a research contract from FCT (2022.07926.CEECIND).

Competing interests 
The authors declare no competing interests.

http://mmeredith.net/blog/2016/SECR_patchy_habitat_makeJAGSmask.htm
http://mmeredith.net/blog/2016/SECR_patchy_habitat_makeJAGSmask.htm
https://mmeredith.net/blog/2020/GOF_2.htm
https://mmeredith.net/blog/2020/GOF_2.htm


11

Vol.:(0123456789)

Scientific Reports |        (2024) 14:11478  | https://doi.org/10.1038/s41598-024-62432-1

www.nature.com/scientificreports/

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​024-​62432-1.

Correspondence and requests for materials should be addressed to J.J.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2024

https://doi.org/10.1038/s41598-024-62432-1
https://doi.org/10.1038/s41598-024-62432-1
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Low signs of territorial behavior in the Eurasian otter during low-water conditions in a Mediterranean river
	Material and methods
	Site description
	Data collection
	Genetic analysis
	Otter population size estimates
	Prey consumption

	Results
	Sampling, individual identification and parentage inference
	Population size estimate
	Prey consumption

	Discussion
	References
	Acknowledgements


