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ABSTRACT
Purpose  The Understanding America Study (UAS) is a 
probability-based Internet panel housed at the Center 
for Economic and Social Research at the University of 
Southern California (USC). The UAS serves as a social 
and health sciences infrastructure for collecting data 
on the daily lives of US families and individuals. The 
collected information includes survey data, DNA from 
saliva samples, information from wearables, contextual 
and administrative linkages, ecological momentary 
assessments, self-recorded narratives and electronic 
records of financial transactions. The information collected 
focuses on a defining challenge of our time—identifying 
factors explaining racial, ethnic, geographic and 
socioeconomic disparities over the life course, including 
racial discrimination, inequalities in access to education 
and healthcare, differences in physical, economic and 
social environments, and, more generally, the various 
opportunities and obstacles one encounters over the 
life course. The UAS infrastructure aims to optimise 
engagement with the wider research community both 
in data dissemination and in soliciting input on content 
and methods. To encourage input from the research 
community, we have reserved 100 000 min of survey time 
per year for outside researchers, who can propose to add 
survey questions four times a year.
Participants  The UAS currently comprises about 
15 000 US residents (including a 3500-person California 
oversample) recruited by Address-Based Sampling and 
provided with Internet-enabled tablets if needed. Surveys 
are conducted in English and Spanish.
Findings to date  Since the founding of the UAS in 2014, 
we have conducted more than 600 surveys, including 
a sequence of surveys collecting biennial information 
on health and retirement (the complete Health and 
Retirement Study instrument), 11 cognitive assessments, 
personality, knowledge and use of information on 
Social Security programme rules, work disability and 
subjective well-being. Several hundreds of papers have 
been published based on the collected data in the UAS. 
Studies include documentations of the mental health 
effects of the COVID-19 pandemic and how this varied 
across socioeconomic groups; comparisons of physical 
activity measured with accelerometers and by self-reports 
showing the dramatic biases in the latter; extensive 
studies have shown the power of using paradata in 
gauging cognitive change over time; several messaging 
experiments have shown the effectiveness of information 
provision on the quality of decision-making affecting well-
being at older ages.
Future plans  The UAS national sample is planned to 
grow to 20 000 respondents by 2025, with subsamples 

of about 2500 African American, 2000 Asian and 3000 
Hispanic participants and an oversample of rural areas. 
An increasing amount of non-interview data (contextual 
information, data from a suite of wearables and 
administrative linkages) is continually being added to the 
data files.

INTRODUCTION
The roots of the UAS lie in an early recog-
nition by the Principal Investigator of the 
Health and Retirement Study (HRS), Robert 
J Willis, in 2001 that the Internet was going to 
be an important interview mode for national 
surveys. This resulted in two consecutive 
research grants awarded by the National 
Institute on Ageing (NIA) entitled ‘Internet 
Interviewing and the HRS’, which were 
jointly conducted by the University of Mich-
igan and the RAND Corporation. As a direct 
result, the American Life Panel (ALP) was 
founded at RAND. The ALP was a probability-
based Internet panel. It was used to conduct 
several mode experiments in conjunction 
with the HRS, but gradually became a plat-
form for numerous research projects beyond 
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provide population representative information.

	⇒ Attrition in the UAS is on a par with other population 
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	⇒ By breaking up surveys in short (30 min or less) 
modules that are administered frequently, the 
amount of longitudinal information collected per 
respondent is substantially larger than in traditional 
interviewer-administered surveys.

	⇒ The flexibility of the Internet as a survey mode al-
lows for quick turn-around data collection and 
dissemination, and hence for fast response to new 
developments, such as the COVID-19 pandemic.

	⇒ As with any self-interviewing survey mode, Internet 
interviewing limits our ability to collect biomark-
er data, as these must be collected by respon-
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interviewer.
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the original intent of providing insights into the poten-
tial of Internet interviewing for the HRS. After the PI of 
the ALP, Arie Kapteyn, moved to University of Southern 
California (USC), the UAS was founded in 2014 with a 
structure similar to the ALP, while taking advantage of the 
insights gained from the experiences with the ALP.

The goal of the UAS is to be a next-generation 
probability-based population survey research platform 
that integrates state-of-the-art survey practices for longi-
tudinal and cross-sectional data collections and merges 
various existing data sources into a flexible, easily acces-
sible infrastructure. In this pursuit, the UAS combines 
online survey information with non-survey data, including 
DNA from saliva samples, person-generated health data 
from wearable devices and paradata available in various 
UAS data collection modalities. Additionally, it incorpo-
rates contextual data from external sources, such as infor-
mation on green spaces, pollution levels, crime rates, 
state policies and other geocoded details.

A flexible platform that allows the comprehensive 
combination of diverse data from multiple sources and 
domains is essential for the study of health and economic 
inequalities, given the many mechanisms that create and 
allow these inequalities to exist.

The substantive focus of the UAS is to understand how 
health disparities and economic inequality develop over 
the life course. This means that prospective survey data 
are supplemented with life history information, which 
is either directly elicited from respondents or retrieved 
from external sources (eg, by linking residential histories 
with geocoded and time-specific external information).

The UAS is both a source of longitudinal information 
on US residents and an open platform for advanced 
social science and health research. All data collected in 
the UAS are available to the broader research commu-
nity with minimal delay, in principle immediately after a 
field period ends. Researchers can easily add questions to 
existing UAS instruments, which can then be combined 
with earlier collected information. Although researchers 
contributing outside funding to use the UAS platform 
may be granted a brief embargo period (up to 6 months, 
in exceptional cases up to a year), in principle, all data 
collected in the UAS are available for all registered users 
independent of the funding source of any particular data 
set.

With few exceptions, all survey data are collected over 
the Internet. This allows for flexibility in the timing and 
duration of any survey. In practice, UAS participants 
answer surveys once or twice a month. Even though each 
survey is relatively short, never exceeding 30 min, the 
high frequency of surveys enables the collection of vast 
amounts of data, much more than would be possible in 
interviewer-administered modes.

An important feature of the Internet as the back-
bone of the UAS infrastructure is the ease with which 
experiments can be conducted and implemented. With 
minimal changes in the code underlying a survey, it is 
straightforward to assign UAS participants to randomly 

chosen experimental groups. These groups may receive 
different kinds of information or monetary incentives, 
or may differ in terms of how the survey questionnaire 
is organised or certain questions are phrased. Similarly, 
one can conduct specific data collections, such as inten-
sive Ecological Momentary Assessments (EMAs) among 
targeted subgroups. Third, the existing infrastructure 
permits constant and real-time monitoring of the data 
collection process. As a result, problems can be identified 
and resolved as they arise.

COHORT DESCRIPTION
The UAS was founded in 2014 and has grown to about 
15 000 US residents, including a 3500-person California 
oversample. We are expanding the panel to at least 20 000 
participants by the end of 2025. Surveys are conducted 
in English and Spanish. Any US resident 18 or older is 
eligible to participate in the study. Currently, informa-
tion on individuals younger than 18 is only collected 
from guardians, although that may change in the future. 
Apart from that, all information is collected through self-
reports, or passively from biomarkers (currently saliva 
for genotyping respondents), wearables, contextual data 
and administrative linkages. Respondents are recruited 
via Address-Based Sampling (ABS) by drawing from post 
office delivery sequence files provided by a vendor. Using 
added information by the vendor and Census Tract infor-
mation about the address of each potential respondent, 
inclusion probabilities are calculated such that the panel 
composition satisfies certain desirable characteristics. 
Specifically, we are aiming for oversamples of African 
American (2500), Asian (2000) and Hispanic (3000) 
participants, and residents of rural areas (5000). Indi-
viduals selected into the sample are provided with an 
Internet-enabled tablet if they are interested in partici-
pating but do not have the necessary hardware.

Figure  1 shows a flow chart of the recruiting process 
of all batches since the start of the UAS in 2014. In total, 
34 batches have been recruited at the time of writing. 
The recruiting process is documented in detail on the 
UAS website. After respondents consent to join the UAS, 
the first survey they are asked to answer is a basic demo-
graphic questionnaire about their background charac-
teristics and their household composition, called ‘My 
Household’, abbreviated to MyHH in the diagram. The 
invitation letter asks one respondent in a household to be 
the primary respondent, but other household members 
18 or over are also invited to join the UAS. These are 
denoted as ‘Added members’ in the diagram.

How often are participants followed?
Core information is collected at a 2 year frequency, akin 
to the HRS or Panel Study of Income Dynamics (PSID), 
which both collect core information at a 2 year frequency. 
As noted, surveys are broken up into short segments, each 
designed to take no more than 30 min. Currently, the 
core surveys comprise 22 modules. Respondents join the 
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panel at different times and are invited to take the core 
surveys following a predefined sequence. This means that 
data from core modules are being collected continuously, 
as different participants answer at different times. Panel 
members are offered one or two surveys per month, 
including the core surveys and various other surveys or 
experiments. Response rates to individual surveys are on 
the order of 75%, but can be as high as 90%, when a survey 
is kept in the field long enough. The median number of 
surveys answered by respondents per year is 28. Analysis 
by Jin and Kapteyn1 finds no overall relation between 
the number of survey invitations that respondents have 
received in the past and the probability of responding to 
subsequent surveys. Moreover, they find a positive rela-
tion between the length of a preceding survey (measured 
by the number of screens shown to a respondent) and the 

probability of responding to a new survey. The authors 
interpret this as indicating that the incentive of $20 per 
30 min of survey time is generally considered sufficient 
compensation for the effort of responding. As of August 
2024, about 640 distinctive surveys have been conducted 
in the UAS. All the corresponding data sets are publicly 
available for analysis and can be linked using unique 
respondent identifiers. Each data set includes weights 
that align the sample to the US adult population in terms 
of gender, race/ethnicity, age, education and geographic 
location (Census regions).

What has been measured?
Core surveys
The UAS core surveys include the complete HRS core 
instrument and modules eliciting personality (the big 

Figure 1  Consort diagram of the UAS recruiting process; all batches combined. MyHH, My Household; UAS, Understanding 
America Study.
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five), 11 cognition measures, financial literacy, financial 
outcomes, labour force status, retirement, knowledge of 
Social Security rules and subjective well-being. Table  1 
provides a summary of current core content.

Over the next year, the research team will consider-
ably expand the core content by adding an extensive 
Life History Survey, a module on childhood experiences 
and education, modules on health behaviour, decision-
making, mental health, cognitive measurement and 
physical and social environments. These are also listed in 
table 1.

Ecological Momentary Assessments (EMAs)
Several projects have conducted intensive EMAs among 
subgroups of respondents, eliciting affect, social contact 
and time use.2

Genotyping the UAS
Supported by a recent grant from NIA, we have started 
asking UAS participants for consent to provide saliva 
samples with the goal of deriving a large number of poly-
genic indices that will be added to the UAS database.

Contextual data and administrative linkages
UAS has created a contextual data resource which links 
to individual UAS respondent identifiers. This resource 
is similar to the HRS Contextual Data Resource Series3 
(box 1)

We link survey data with CMS records for participants 
who consent (currently 45% of participants enrolled in 
Medicare or Medicaid). We are in the process of finalising 
the process to also link Social Security Earnings Records, 
and the National Death Index. Since linking contextual 
and programme data to survey data increases the risk of 
disclosure, linked data sets are available through the NIA 
supported Data Linkage enclave (https://www.nia.nih.​
gov/research/dbsr/nia-data-linkage-program-linkage).

Wearables
At this moment, we are collecting data through two wear-
able devices. Approximately 1000 UAS respondents are 
wearing a Fitbit Versa,4 while another 1000 are wearing an 
Atmotube air quality monitor. Both devices are linked to 
a smartphone app, which allows us to collect the data in 
the background. Importantly, the UAS has provided the 
devices rather than relying on already existing ownership, 
which would lead to highly selective samples. Consent 
rates for participation in these projects are 64% in both 
cases. Analysis of consent by demographics shows few 
differences, with the exception of age: respondents over 
65 are less likely to participate.

Transactional data
The UAS has pioneered the passive collection of finan-
cial information through a financial aggregator in a 
population-representative panel. Over the years, about 
1000 respondents have provided permission to retrieve 
real-time transactions and balances from at least one of 
their financial accounts.

Table 1  Current and planned UAS core content

Description Notes

Background, household, health 
history, cognitive abilities

HRS sections A–D

Family, health, care and living 
arrangements

HRS sections E–H

Current job status, job history, 
health-related work impairments

HRS sections J–M

Health insurance, healthcare 
usage and probabilities of 
events

HRS sections N–P

Income and assets HRS sections Q–R

Wills, trusts and life insurance 
policies

HRS sections T–W

Financial literacy; personality; 
understanding probabilities; 
numeracy

Various sources

Satisfaction with life domains; 
well-being yesterday; 
neighbourhood quality; income 
comparisons

Various sources

What do people know about 
social security

Developed in collaboration 
with SSA

Financial services and decision-
making

Ways people get information on 
retirement and social security

Developed in collaboration 
with SSA

Subjective numeracy and 
consumer financial well-being

Views and knowledge about 
the social security disability 
programme

Developed in collaboration 
with SSA

Retirement Preparedness Index Derived variable

Financial health score Derived variable

Cognition:

Serial sevens, general 
knowledge, word recall, 
probability of cognitive 
impairment score

From HRS sections

Financial literacy, numeracy Part of survey mentioned 
above

Woodcock-Johnson 
1—numbers

Woodcock-Johnson 2—picture 
vocabulary

Woodcock-Johnson 3—verbal 
analogies

Stop and go switch

Figure identification

Planned content as of 2024:

Life history, including residential 
history

Various sources

Decision-making Various sources

Continued

https://www.nia.nih.gov/research/dbsr/nia-data-linkage-program-linkage
https://www.nia.nih.gov/research/dbsr/nia-data-linkage-program-linkage
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Patient and public involvement
The UAS sample is recruited via ABS; thus, all members 
of the public who speak English or Spanish have a 
non-zero probability of being chosen to complete our 
research.

Though the research subjects are not involved in 
the design or conduct of this internet panel study, we 
frequently engage our subjects in qualitative research 
in order to learn how clear our questionnaires are and 
what topics we may be missing in the various subjects 
we cover including health, finances, public events, 
policy and education. The subjects are told in their 
consent that we make deidentified data available to 
the research community so that academics and policy 
makers can learn from their input. We also communi-
cate findings to our subjects via newsletters and posts 
in their study pages.

FINDINGS TO DATE
Currently, the UAS website lists 316 journal publications 
and working papers, 416 media reports and 64 online 
posts.

COVID-19-related papers
A large number of UAS-based publications (130 and 
counting) have used the COVID-19 tracking data we have 
collected between March 2020 and July 2022. The rapid 
adaptation of the questionnaire and the biweekly surveys 
provided unique data allowing researchers to address a 
wide spectrum of questions. These papers have investi-
gated mental health effects, the prevalence of long covid, 
protective behaviour, vaccine hesitancy, discrimination 
of minorities,5 race/ethnic differences in illness, job loss 
and the effect of benefit extensions on the psychological 
well-being of those who lost a job.6 Several papers have 
documented the strain on parents of school age children 
during a period of remote learning and how COVID-19 
has affected educational access of different groups.7–9 We 
also estimated the positive psychological well-being effects 
of getting one’s first covid vaccination.10 Additionally, a 
detailed analysis of the COVID burst data showed shifts 
in affect and social contacts in the early months of the 
pandemic.11 Other papers examined how the effects of 
COVID-19 varied by age and how social determinants of 
health explained infection rates by race/ethnicity. Anal-
yses found that individuals who mainly trust left leaning 
media were considerably more likely to adopt protec-
tive behaviours and less likely to adopt risky behaviours 
compared with individuals who mainly trust right leaning 
media.12–15

Self-reports of physical activity showed a clear decrease 
between April 2020 and January 2021, followed by an 
increase from January 2021 to July 2021.16

Papers using information derived from wearables and non-
interview data
The pandemic also offered the opportunity to gauge 
the power of wearables in detecting illnesses. During 
the tracking period, respondents reported when they 
were diagnosed with, or thought they had, COVID-19. 
The Fitbits worn by UAS respondents picked up changes 
in sleep patterns and physical activity a few days before 
respondents reported an infection.4

Kapteyn et al17 compared physical activity measured by 
self-reports and from wrist worn accelerometers across 
the Netherlands, England and the USA. They found that 
self-reports suggest little difference in physical activity 
between countries or across age groups, while the accel-
erometry suggests large differences; Americans are much 
less active than their European counterparts and older 
people are much less active than younger people. Kapteyn 
et al18 compared physical activity measured by Fitbits, 
which provide feedback to wearers, with physical activity 
measured by GeneACTIV accelerometers, which do not 
provide feedback. They found that feedback provided 

Description Notes

Physical/social environment Various sources

Mental health Various sources

Disability Various sources

Economic measures Various sources

Health behaviour Various sources

Childhood, education Various sources

HRS, Health and Retirement Study; SSA, Social Security 
Administration.

Table 1  Continued

Box 1  Contextual data resources (currently available or 
planned)

Currently available
	⇒ US Decennial Census and American Community Survey
	⇒ USDA Food and Environment Access
	⇒ Street Connectivity
	⇒ Uniform Crime Reports 1930–2020 (UCR)
	⇒ Weather Data
	⇒ Area Health Resource Files
	⇒ Pollution (Ozone, Nitrogen Dioxide, PM2.5)

Planned
	⇒ US Elections Atlas (vote share)
	⇒ USDA ERS County Typology Codes
	⇒ National Neighbourhood Data Archive (tract and county amenities 
and social services)

	⇒ The State Policies and Politics Database
	⇒ Gun Ownership Proxy and State-Level Firearm Law Database
	⇒ Structural racism and related state laws by year (state level)
	⇒ Racial/Ethnic and economic segregation (computed from ACS/
Census data) Racial resentment (state level)

	⇒ Racial redlining
	⇒ National Incidence-Based Reporting System 2021–present (NIBRS)
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by Fitbits increased physical activity by 7%, at least in the 
short run.

The second-to-fourth digit length ratio of an individu-
al’s hand (digit ratio) is a putative biomarker for prenatal 
exposure to testosterone. Finley et al19 examined the 
hypothesised negative association between the digit ratio 
and the preference for risk taking by asking UAS respon-
dents which is longer: their index finger or ring finger. 
Their empirical findings support the hypothesis and 
suggest a meaningful biological basis for risk preferences.

Experiments
As noted, the UAS facilitates experiments. For instance, 
Brown et al20 conducted a randomised experiment with 
about 4000 adults in the UAS, in which they manipulated 
the complexity of how annuities are presented to respon-
dents. They found that increasing the complexity of the 
annuity choice reduced respondents’ ability to value the 
annuity, measured by the difference between the sell 
and buy values they assigned to the annuity. When they 
induced people to think first about how quickly or slowly 
to spend down assets in retirement, their ability to value 
an annuity increased.

Similarly Samek et al21 noted that people have difficulty 
in understanding complex aspects of retirement plan-
ning, which leads them to under-use annuities and claim 
Social Security benefits earlier than is optimal. They 
developed vignettes about the consequences of different 
annuitisation and claiming decisions and then evaluated 
the vignettes using a sample of 2000 UAS respondents. 
In the experiment, respondents were either assigned to a 
control group with no vignette, to a written vignette or to 
a video vignette. They were then asked to give advice to 
hypothetical persons on annuitisation or Social Security 
claiming. Being exposed to vignettes led respondents to 
give better advice.

Perez-Arce et al22 studied comprehension of Social 
Security terminology. They conducted an experiment 
in which they presented UAS respondents with different 
wordings for key Social Security concepts, such as Early 
Eligibility Age, Full Retirement Age and Delayed Retire-
ment Credits. The content of the information treat-
ments was identical for all respondents, but some were 
randomly given an alternative set of terms to refer to the 
key claiming ages (the experimental treatment group), 
while others were given the current terms (the control 
group). Despite these minimal changes, there were 
significant differences in outcomes. Those in the treat-
ment group spent less time reading the information, but 
their understanding of the Social Security programme 
improved more than the control group. The effects were 
particularly strong for those with low levels of financial 
literacy. The relative gains in knowledge persisted several 
months after the treatment.

Burke et al23 conducted a survey experiment examining 
whether short educational interventions can reduce 
adults’ susceptibility to financial fraud. They found 
that online educational interventions can meaningfully 

reduce fraud susceptibility, and that effects persist for 
at least 3 months if, and only if, a reminder is provided. 
They found no evidence that the educational interven-
tions reduced willingness to invest generally, but rather 
increased knowledge, which participants were able to 
selectively apply. Effects were concentrated among indi-
viduals who are more likely to invest, particularly the 
financially sophisticated.

Two experiments have shown the impact of simple 
messaging manipulations on parent attitudes towards 
education policies. The first demonstrated that specific 
messaging around return-to-school post-COVID signifi-
cantly impacted parents’ attitudes about sending their 
own child back to in-person learning, if they had previ-
ously been unsure.24 The second demonstrated that 
presenting parents with a brief statement highlighting 
the drawbacks of parents opting students out of lessons 
containing content they disagree with, significantly 
diminished respondents’ tendencies to support schools’ 
honouring those opt-out requests—and this effect was 
independent of political party identification.25

Mas and Pallais26 conducted a field experiment in which 
job seekers were presented with different combinations 
of working hours and wages. The goal was to estimate 
the marginal value of non-working time. They repeated 
the experiment by offering UAS respondents similar, but 
hypothetical, choices. They found that the field experi-
ment and the experiment in the UAS yielded very similar 
conclusions.

Public policy
Allatar et al27 exploited the longitudinal nature of the 
UAS to track the population’s knowledge about Social 
Security programmes.

Bossert et al28 used the UAS to examine the relationship 
between economic insecurity and political preferences. 
Constructing measures of economic insecurity from the 
variation in observed incomes over time, they related 
insecurity to voting preferences in the 2016 election. 
They found that economic insecurity increased the prob-
ability of voting for Trump.

UAS publications have contributed to highly polarised 
conversations about the inclusion of contested topics 
in education curricula. We have measured the accu-
racy of adults’ understanding of Critical Race Theory, 
adult support for, and resistance to, specific lesbian, gay, 
bisexual, transgender, queer or questioning-related, race-
related and sex-related topics in elementary and secondary 
school classrooms, opinions on book availability in school 
classrooms and libraries and sought to understand how 
much influence parents think they should have in school 
operations.29 These surveys have pushed forward our 
understanding of seemingly intractable differences in how 
adults feel towards the purpose of the education system 
and how and what students should be learning in schools.

Innovations in cognitive assessment
Scholars using the UAS have examined opportunities 
for web-based survey administration for cost-effective 
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cognitive functioning measurement. Liu et al30 demon-
strated the validity of self-administered online tests of 
perceptual speed and executive functioning. Gatz et al31 
developed a crosswalk to create a web-based classification 
of UAS participants’ probability of cognitive impairment. 
Other papers have documented that response times to 
survey questions, which are stored as paradata alongside 
the answers in online surveys, can be used to infer cogni-
tive abilities and detect mild cognitive impairment in 
UAS respondents.32–34

Dissemination to the public and policymakers
Findings based on the UAS have appeared in well over 
500 media reports, including national TV and radio 
broadcasts (eg, CBS and NPR) and influential newspa-
pers and magazines (eg, New York Times, The Washington 
Post, The Economist). Results have been cited in congres-
sional hearings35 and in Senate discussions.36

STRENGTHS AND WEAKNESSES
Strengths
The use of the Internet, and the implied participants’ self-
administered surveys are likely to provide more reliable 
information on sensitive items as compared with face-to-
face interviews.37 38

Probability-based Internet panels, such as the UAS 
mitigate selection problems facing opt-in or convenience 
Internet panels, may harm representativeness especially 
in older age groups and more disadvantaged segments of 
the population. Moreover, we and others have shown that 
widely used opt-in panels contain small but measurable 
shares of ‘bogus respondents’ (about 4%–7%, depending 
on the source), who tend to select positive answer choices, 
thus introducing systematic biases.39 40 Moreover, respon-
dents in convenience panels are incentivised to misrep-
resent their situation if they suspect that a particular 
answer may make them eligible for follow-up questions 
that will yield more financial rewards. It has been found 
for instance that 25% of Mturk respondents may endorse 
health conditions that do not exist.41

Prior research has shown that probability-based 
Internet panels provide superior information to conve-
nience panels, even when recruiting rates are low.42–45 In 
a comparison of the UAS with the HRS and the Current 
Population Survey (CPS), we found that UAS estimates 
of population parameters were very similar to those 
obtained from these traditional, high-quality population 
representative surveys.46

Attrition in the UAS is on a par with other popula-
tion representative panels (see below). Other major 
probability-based Internet panels in the USA, such as Ipsos 
KnowledgePanel47 and Amerispeak,48 neither collect a 
substantial amount of core information, nor emphasise 
the collection of repeated observations on the same panel 
members as a central feature of the data. The Knowledge-
Panel reports that ‘about 33% of the panel turns over 
annually’. Amerispeak cites an annual retention rate of 

85%. The LISS (Longitudinal Internet Studies for the 
Social Sciences) panel in the Netherlands has a set-up 
similar to the UAS and reports annual respondent attri-
tion of 12% per year.49

Figure  2 shows cumulative attrition of the first batch 
of UAS respondents, recruited in 2014 (graphs for later 
batches are very similar, but obviously cover fewer years). 
A respondent is considered to have attritted after 1 year 
of inactivity. The sample loss of 44% in 2023 amounts 
to an annual attrition rate of 6.2% over 9 years, with a 
concentration in the early years. Attrition in later years 
is converging to about 2.5% annually. Projecting an attri-
tion rate of 2.5% going forward would mean that after 15 
years, approximately 52% of the original sample would 
remain.

Many of the non-Internet panels in the US cover a 
specific age range. Most comparable in terms of popu-
lation coverage are the PSID and the Survey of Income 
and Programme Participation (SIPP). Zabel50 noted that 
first year attrition in the PSID was 11.9%, and 51.2% 
after 21 years. The implied 48.8% retention rate after 21 
years is similar to the estimated retention rate of the UAS 
after 15 years. The PSID attrition rate has fallen further 
since Zabel published his analysis. Sastry et al51 report an 
average attrition of about 3.5% per 2 years in the PSID 
since 1997. The most recent SIPP redesign was imple-
mented in 2014. Attrition rates between the first and 
second, and the second and third waves of the SIPP, were 
25.8% and 20.0%, respectively.

Thus, other probability-based Internet panels have 
higher attrition rates, while only the Dutch LISS panel 
collects a core of longitudinal data on its respondents. 
The PSID has a lower attrition rate, but also collects much 
less information at lower frequency. For example, a bien-
nial panel like PSID may have realised three surveys over 
a 6 year period, while over the same period UAS members 
may have answered 75 (short) surveys or more. The UAS 
does not only yield more information, but also with much 
more granularity, as for instance when collecting data 
on health and financial well-being during the COVID-19 
pandemic. Of course, the caveat here is that the type 
of information will be partly different, while the UAS 
and PSID samples may be different, if only because the 
recruiting response rate in the UAS is much lower than in 
the PSID (The response rate (AAPOR RR1) to the initial 
invitation letter is somewhat over 20%, with about a 75% 
consent rate. Including drop out in the stage from consent 
to actual participation leads to a recruiting response rate 
of about 10%, cf. figure 1.)

New UAS data collection can be implemented quickly 
in response to new events. Prompt and user-friendly data 
dissemination (both for the research community and the 
general public) optimises opportunities for the research 
community to use the data and to influence what is being 
collected.

The technology allows for quick responses to new 
developments. Collecting information closer in time to 
the occurrence of important events, and collecting it 
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repeatedly reduces the role of measurement error and 
omitted variables, enabling sharper statistical inference. 
For example, UAS fielded the first COVID tracking survey 
on 10 March 2020 and continued tracking until the 
summer of 2022. Prospective data collection minimises 
the need for reliance on respondents’ recollection of past 
events. Furthermore, by opening the survey to the wider 
research community and by insisting on data sharing, 
any new data collection can build on the wealth of data 
already available.

Weaknesses
Relying almost exclusively on self-interviewing and the 
Internet adds greatly to the flexibility and speed of data 
collection, while reducing costs associated with main-
taining a large corps of interviewers. However, this also 
limits the types of interactions we can have with partic-
ipants. The panel recruiting rate currently hovers 
around 10%. This appears somewhat better than other 
probability-based Internet panels in the USA, but is 
clearly lower than traditional population surveys that rely 
on face-to-face recruiting. Although, as noted above, this 
does not appear to affect representativeness, a higher 
recruiting rate would be desirable. Internet interviewing 

also limits our ability to collect biomarker data, as these 
must be collected by respondents themselves without the 
help of an in-person interviewer. The collection of saliva 
for the collection of DNA is our first foray in the use of 
collecting biomarkers without the involvement of an 
interviewer or health professional.

DATA ACCESS
UAS survey data and UAS longitudinal and processed 
files are available for download from the UAS website 
(https://uasdata.usc.edu/index.php) for any researcher 
who has signed a Data User Agreement (DUA). We also 
provide restricted data through the UAS enclave.

We distinguish three tiers of data security (https://​
uasdata.usc.edu/page/Data+Overview) :

	► Tier 1: coded data that include no direct or indirect 
identifiers and no open-text fields.

	► Tier 2: sensitive data—for example, political data; 
UAS data linked to external data at other than state 
level by UAS staff. No location indicators, or only 
blinded indicators. Does not include any direct or 
indirect identifiers.

Figure 2  Attrition over time of the first batch recruited in 2014.

https://uasdata.usc.edu/index.php
https://uasdata.usc.edu/page/Data+Overview
https://uasdata.usc.edu/page/Data+Overview
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	► Tier 3: restricted access data—available only in the 
DataLinkage enclave. This includes UAS survey data 
linked with external programme data from SSA or 
CMS, the NDI, social media data, location crosswalks 
used to link at the census track, zip code or county 
level.

Our philosophy has always been to share UAS data as 
widely as possible without compromising data security and 
respondents’ privacy. This takes the form of a number of 
concrete policies:

	► In principle, data are made available to the research 
community immediately after the field period of any 
survey.

	► This applies to all data that are funded by Center for 
Economic and Social Research (CESR) or by grants 
acquired by CESR.

	► External users with their own funding are also required 
to follow the same policy, but limited embargo periods 
(up to 6 months, in exceptional cases up to a year) 
may be arranged.

	► Data from UAS surveys can be linked so that any 
researcher who proposes a new UAS survey benefits 
from the wealth of information already available. This 
creates a user community in which researchers benefit 
from the efforts of earlier contributors, and at the 
same time contribute themselves.

	► The provision of data right after the end of a field 
period implies that generally no data processing takes 
place. Quality control (eg, answers out of range, or 
inconsistent answers across questions) is part of the 
survey process itself.

	► The main exception to fast dissemination has 
been the construction of some longitudinal files. A 
prime example is the ‘Comprehensive File’ (CF), 
which comprises all UAS longitudinal core infor-
mation listed in table 1 and includes derived vari-
ables (in particular, income and wealth variables 
from the HRS modules) and checks for outliers in 
these variables. Since core information is collected 
every 2 years and respondents have joined the UAS 
at different times, new data keep coming in contin-
ually. New versions of the CF based on the most 
recent data are posted every 3 months.

	► Naturally, data from the CF and other UAS longi-
tudinal files can be linked to data from other UAS 
surveys.

COLLABORATION
The cooperative agreement (1U01AG077280) that 
funds most of the UAS activities includes more than 
30 key personnel from universities in the USA and 
Europe. Disciplines include economics, psychology, 
sociology, demography, epidemiology, bioengi-
neering, environmental health, survey methodology, 
econometrics and political science. Furthermore, the 
Data Monitoring Committee includes 12 members 
covering economics, epidemiology, survey methods, 
health economics, sociology and psychology.

Outside of the data collected through the cooper-
ative agreement, the UAS accommodates surveys by 
other researchers, who have funds to conduct their 
own research. The collected data can be linked to 
the already existing longitudinal data. So far, some 65 
researchers have taken advantage of this capability.

The yearly CIPHER conference(Current Innovations 
in Probability-based Household Internet Panel Research: 
https://dornsife.usc.edu/cesr/cipher-2024/) brings 
together some 150 researchers with a methodological 
interest in probability-based Internet panels.

X Tania Gutsche @spack
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