
Resources and Opportunities

Large-Scale Profiling of the Arabidopsis Transcriptome

Tong Zhu and Xun Wang*

Novartis Agricultural Discovery Institute, Inc., 3115 Merryfield Row, San Diego, California 92121

DNA microarray is a powerful technology for par-
allel analysis of gene expression (Brown and Bostein,
1999). Since microarray technology emerged 5 years
ago (Schena et al., 1995), the number of genes that can
be monitored by this technology has increased from
several hundreds (Yuan et al., 1998; Aharoni et al.,
2000; Reymond et al., 2000) to several thousands
(Arabidopsis Functional Genomics Consortium Mi-
croarray, http://afgc.stanford.edu/afgc html). At
Novartis Agricultural Discovery Institute, Inc. (NA-
DII), microarray is an important component in our
toolbox for transcription profiling. In addition, we
have developed and are using other gene expression
monitoring technology platforms for gene expression
profiling (emphasizing coverage) and gene expres-
sion diagnostics (emphasizing throughput). These
technologies include serial analysis of gene expres-
sion, cDNA fingerprinting, and microbead-based liq-
uid microarray.

Here we focus on the microarray technologies used
at NADII. It should be noted that there are at least
two nomenclature systems that have been used to
describe the hybridization partners in the microarray
field. Consistent with the common nomenclature
(Duggan et al., 1999; Lipshultz et al., 1999; Southern
et al., 1999), we use “probe” to refer to the tethered
nucleic acid molecules used to interrogate the exper-
imental samples and “target” to refer to the free
hybridization partner in the experimental sample.

Our gene expression microarray program has two
technology platforms: oligonucleotide-based probe
array (GeneChip) and cDNA-based array. For the
purpose of gene discovery using Arabidopsis as a
model system, a large-scale profile of its transcrip-
tome is needed. We selected the oligonucleotide-
based array (Lockhart et al., 1996) as our primary
platform technology because of the following rea-
sons. First, the transcript abundance of each gene can
be accurately measured by multiple probe pairs. Sec-
ond, the data can be produced with a moderate
throughput and a large scale. The designed arrays
are commercially manufactured using photolithogra-
phy technology, therefore, the time-consuming and
labor-intensive array fabrication process is elimi-
nated. Moreover, human errors that often occur dur-
ing the clone tracking process are also eliminated.
Third, standardized data produced by the array can
be easily normalized and interrogated. This is impor-

tant when cross-project comparison is needed. And
finally, the necessary genomic information for oligo-
nucleotide probe selection is available from the Ara-
bidopsis genome sequencing project (Lin et al., 1999;
Mayer et al., 1999).

To profile the Arabidopsis transcriptome on a large
scale, in addition to designing a high-density oligo-
nucleotide probe array, we also tested and developed
protocols for sample preparation; we developed the
laboratory information management system (LIMS)
for project, sample information, and data manage-
ment; and we developed and integrated a number of
analysis tools for data mining.

DESIGN AND CHARACTERIZATION OF THE
ARABIDOPSIS GENOME ARRAY

To design an Arabidopsis oligonucleotide probe ar-
ray, high-quality unique gene sequences must be ob-
tained for probe selection. The quality of the se-
quences is critical because any mismatch introduced
in the short oligonucleotide probes, in addition to the
one in the mismatch probes, may significantly reduce
the hybridization signal. For this reason Arabidopsis
genomic sequences were used. Gene sequences were
selected based on computational prediction and refer-
ence from matching expressed sequence tags (ESTs)
and protein sequences. Predicted open reading frames
in the bacterial artificial chromosomes were confirmed
by blasting against the Arabidopsis EST database and
SwissProt protein database. Sequences of known
genes and approximately 100 high-quality EST clus-
ters were also added to the collection. Redundant
sequences and introns were then eliminated compu-
tationally. This approach ensured the sequence quality
of the unigene set, although it may be biased toward
abundantly expressed genes.

The final array contains probes from more than
8,000 Arabidopsis genes and 40 probes for spiking
and negative controls. For each gene there are 16
probe pairs (probe sets) including perfect match
probes and mismatch probes for cross-hybridization
control. Among Arabidopsis genes presented in the
array, about 70% are genes with known or predicted
function and 30% are predicted genes with matching
ESTs or proteins. There are approximately 700 genes
with multiple probe sets because a single representa-
tive high quality probe set cannot be found (Table I).

The quality of the array was characterized by cal-
culation of the rate of false changes (number of genes
significantly changed over the total number of genes
on the array; Lipshultz et al., 1999). Two cDNA and
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subsequently cRNA (the antisense RNA synthesized
by in vitro transcription using cDNA as templates in
the presence of biotinylated ribonucleotides) samples
were prepared in parallel from the same total RNA
samples and hybridized to two different arrays man-
ufactured in the same lot or different lots. Genes that
showed changes of $2-fold and a signal threshold
above the background (calculated according to the
setting of the global scaling factor) were counted as
false changes. Data from 15 pairs of array experi-
ments indicated that false changes between two ex-
periments using arrays of the same lot is 0.17%
(based on eight pairs), whereas the false change us-
ing arrays of two different lots is 0.22% (based on
seven pairs). In other words, approximately 16 to 20
genes among the 8,300 Arabidopsis genes may po-
tentially show false change when an experiment is
duplicated. Further analyses of these genes indicate
that the fold change and expression levels are low
and close to the threshold (Fig. 1).

The probe set quality was validated by hybridizing
genomic DNA to the probe array. When a cRNA
sample was hybridized to the array, gradient hybrid-
ization signals were observed. This gradient pattern
could be due to the probe synthesis or the arrange-
ment of the probes and expression level detected. To
clarify this issue, fragmented and labeled genomic
DNA (Winzeler et al., 1999) of Arabidopsis (Col-0)
was hybridized to the array. As expected, an even
hybridization signal was observed. This result indi-
cated that the unevenness of the hybridization signal
is indeed representing the relative amount of the
transcripts. Further analysis indicated that 98% to
99% of the gene probe sets were hybridized by the
genomic DNA and give a “present” call, suggesting a
high affinity with the gene sequences.

The quality of the total RNA and subsequently
synthesized cDNA and cRNA samples has direct
impact on the array results. When we compared data
generated from the same tissue samples with differ-
ent total RNA extraction methods, a greater variation
was observed. To control RNA quality, standard pro-
tocols were developed and quality control criteria for
total RNA preparation and cRNA synthesis were
established. In addition, selected housekeeping genes
are used to ensure the quality of the array experi-
ments. Probe sets were designed at 39, middle, and 59
end of the GAPDH and ubiquitin11 gene sequences.
By comparing the ratio of the hybridization signal of
39 and 59 probe sets, one can deduce the quality of the

Figure 1. Two scatter plots showing the representative reproducibility
of the microarray experiments (A) and the detection of the differentially
expressed genes (B). Expression level of each gene, measured by
average difference of hybridization signal intensity between perfect
match and mismatch probes from duplicate arrays, was plotted. A,
Two cRNA samples were independently prepared from the same total
RNA sample and hybridized to different arrays. B, Two cRNA samples
were prepared from two biological samples with two different treat-
ments and hybridized to different arrays. Two-, 3-, and 10-fold changes
in expression level between samples were indicated by the solid, long,
and short dash lines. The dotted lines indicated the noise level.

Table I. Gene probes included in the Arabidopsis genome array

Total Probe Sets 8875

Control probe sets 40
Arabidopsis probe sets 8,835
Arabidopsis genes ;8,100
cRNA sample quality control probe sets 9
Known function genes ;5,000
Hypothetical or unknown function genes ;3,100
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labeled cRNA. Based on the data collected from 75
experiments, a consistent 39/59 ratio was obtained
(Table II). These data validate our sample prepara-
tion procedure. Depending on the biological sample,
approximately 60% to 68% of the total probe sets
usually hybridize to the gene transcripts and are
therefore called “present.” A series of spiking exper-
iments was conducted to determine the working dy-
namic range and sensitivity of the detection. The
linear dynamic range is determined as 500-fold.
Within this range the sensitivity of the Arabidopsis
genome array is 1:100,000 to 300,000 (E. Tanimoto,
personal communication).

With stringent quality controls the detected biolog-
ical variations usually are greater than the technical
variations appeared during the microarray experi-
ments. To minimize the biological variations, pooling
samples from individual plants is always necessary.
Adding biological replications is also recommended
in some experiments when large biological variations
are expected.

IMPROVEMENT OF SAMPLE PREPARATIONS

A weakness of current microarray technologies is
the inability to detect low abundant transcripts be-
cause of the limited dynamic range of detection and
sensitivity (Bertucci et al., 1999; Lipshultz et al.,
1999). This is in part due to a major obstacle in
preparing high quality targets for microarray detec-
tion, which is the low efficiency of reverse transcrip-
tase (RT) in synthesizing full-length cDNAs from the
transcripts. Secondary structure elements intrinsic to
many RNA transcripts impede access or terminate
synthesis by RT altogether, which leads to a RT bias
and reduces microarray sensitivity. To alleviate prob-
lems associated with RT bias and the efficiency of
target cDNA synthesis we used a thermostable RT for
first strand cDNA synthesis and demonstrated repro-
ducible microarray detection with enhanced sensitiv-
ity and specificity. A reproducible 25% increase in
the overall signal intensity and a 5% increase in the
genes called present was evidenced when a thermo-
stable RT was employed to generate a mRNA profile
(H. Chang, B. Read, T. Yen, H. Dong, X. Wang, and T.
Zhu, unpublished data).

Another challenge of the DNA microarray is the
sample preparation process. It is time consuming and
labor intensive. We use parallel sample preparation

approaches to improve the throughput. By modify-
ing the standard protocol recommended by Af-
fymetrix, a number of samples were prepared in
parallel in 96-well plates from total RNA to cRNA.
Comparable results with those of standard methods
were obtained. The false change is approximately
0.25%, slightly higher than the false change rate of
the standard method (0.2%).

INFORMATION MANAGEMENT AND
DATA ANALYSIS

Experiments using high-density microarrays pro-
duce large amounts of gene expression information
regarding the biology of the sample. To manage and
analyze the massive information and data generated
from the microarray experiments, an integrated LIMS
is needed.

A web-based LIMS has been developed for project
management, sample submission, sample processing,
sample tracking, data retrieving, sorting, visualiza-
tion, and clustering. The sample information includ-
ing genotype, treatments, and detailed growth con-
ditions is standardized for comparison within our
expression database and with data in the public do-
main. Data archived in the database are globally
scaled to the same level for direct comparison and
vertical search across many experiments. Data can be
further normalized and selected based on their ex-
pression level and fold change. Internally developed
tools, academic software, and commercial analysis
software, such as Cluster and TreeView (Stanford
University, CA), Cluster Analysis (Whitehead Insti-
tute, Massachusetts Institute of Technology, Cam-
bridge, MA), GeneChip Suite (Affymetrix, Inc., Santa
Clara, CA), Spotfire (Spotfire, Inc., Cambridge, MA),
and GeneSpring (SiliconGenetics, Redwood City,
CA) are used for pattern recognition and motif search
during the data mining process.

ARABIDOPSIS TRANSCRIPTION PROFILES

With the high-density oligonucleotide probe array
and improved sample preparation methods, more
than 500 Arabidopsis transcription profiles were pro-
duced. These profiles consist of over four million
data points and describe the gene expression patterns
in different organs or tissues of Arabidopsis in vari-
ous genetic conditions and growth environments.

The gene expression patterns in normal cells and
tissues provide useful information about function.
Tissue- and development-specific expressed genes,
and constitutive expressed genes could be easily
identified (Yuan et al., 1998). In a study conducted
recently we analyzed the global expression pattern of
over 8,000 genes in six major organs at different
representative stages. The cluster analysis of the data
indicated that because of the organ-specific gene ex-
pression, the organ samples are organized into clus-
ters according to their functions. By such cluster anal-

Table II. Gene probes designed for quality control of prepared
cRNA samples

Data of the 39/59 ratio were collected from 75 independent array
experiments.

Gene Length Ratio (39/59)

bp

GAPDH 1,295 1.39 6 0.09
UBQ4 1,149 1.37 6 0.17
UBQ11 1,140 1.82 6 0.06
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yses, organ-specific expressed genes are easily
identified.

One of the most attractive applications of microar-
rays is characterization of plant-microbial pathogen
interaction and the subsequent seeking of effective
means for plant disease control. Gene expression pat-
terns of resistant and susceptible plants, mutants, or
transgenic plants, with or without pathogen inocula-
tion, can be compared to identify genes involving
common stress, pathogenesis, and resistance. For
example, clusters of genes involved in systemic
acquired resistance and disease resistance were
recently identified. These genes share common reg-
ulation patterns, or regulons, which contains PR-1, a
reliable marker gene for systemic acquired resistance
in Arabidopsis (Maleck et al., 2000).

By monitoring global gene expression changes be-
tween control and chemical treated Arabidopsis
plants, metabolic pathways affected by the treat-
ments, such as herbicides, could be identified and
dissected. Mechanism or toxicity potentials of agri-
cultural chemicals, including hormones, herbicides,
fungicides, and insecticides could be characterized.
Such an approach has been successfully applied in
examining drug effects on gene expression in yeast
(Gray et al., 1998).

The Arabidopsis transcription profiles have dem-
onstrated their great value for gene discovery and
regulatory pathways characterization. Pair-wise
comparisons from individual projects are certainly a
powerful way for gene discovery. However, a large
expression database with normalized expression data
from samples collected under different experimental
conditions will be even more valuable for pattern
identification and target search. At NADII the ex-
pression database of transcription profiles, as well as
proteomic and metabolite profiles will be used in
combination of reverse genetics tools for gene
discovery.

RESOURCES AND ACADEMIC ACCESS

At NADII the high-density oligonucleotide probe
array is the primary technology platform for tran-
scription profiling. The Arabidopsis genome array, as
the first high-density oligonucleotide probe array de-
signed for plants, has already demonstrated its
power in gene discovery. However, it only covers
approximately one-third of the genome. To interro-
gate the gene expression pattern on a true genome
scale, ideally, the second generation of the Arabidop-
sis oligonucleotide probe array should host probes
for approximately 25,000 genes in the limited space
(1.28 3 1.28 cm). This will require a reduction of the
feature size, reduction of the probe pairs per genes,
or other modifications of the current GeneChip tech-
nology. In collaboration with Affymetrix, this new
array is currently under development.

Although Arabidopsis serves as an excellent model
organism for dicotyledonous plants, rice has been

proven as an ideal model system for cereal crops.
Rice is economically important. It has the smallest
genome (400 Mb) and shares a high degree of con-
servation of gene content and order with major cereal
crops (Devos and Gale, 2000). Using the sequences
from the NADII’s Cereal Genomics program a high-
density rice oligonucleotide probe array has been
designed and it will be available for transcription
profiling experiments in 2001.

In addition to the high-density oligonucleotide
probe arrays, a number of complementary transcrip-
tion profiling technologies including spotted DNA
microarray and cDNA fingerprinting are also in
place at NADII. Because the spotted DNA arrays can
be fabricated to meet special needs, they provide
alternative means to monitor the gene expression in a
large scale for profiling purposes or for small scale
diagnostic purposes. Plant species that lack extensive
gene sequences or pre-made high-density oligonucle-
otide probe arrays could especially benefit by this
approach (Aharoni et al., 2000).

NADII values global agricultural research efforts
and academic collaborations. We are delighted to
contribute our custom Arabidopsis genome array to
the general public via Affymetrix. We actively seek
opportunities for collaboration with academia. In
fact, approximately 50% of the transcriptional pro-
filing projects are academic collaboration. These col-
laborative projects were developed based on the
mutual interests of NADII and our collaborators. To
participate in the program, researchers are encour-
aged to submit a research proposal. The research
proposal should include: (a) research background
and objectives; (b) proposed experiments; (c) signif-
icance of the research and its potential impact in
terms of agriculture; (d) research timeline; and (e)
selected references. The proposals will be selected
according to the scientific merits, importance, and
potential applications in agricultural and related
fields. Additional criteria will include the prelimi-
nary research conducted and the number of arrays
required. For selected projects, NADII will bear the
cost of array experiments and data analysis con-
ducted at NADII. The collaborative research agree-
ment grants the rights of accessing to raw data and
publishing the results to the academic collaborators
under certain terms. For more information, please
visit our website under “academic collaboration” at
www.nadii.com.
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