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Abstract
In order to evaluate the transferability of existing empirical force fields for all-atom molecular
simulations of protein adsorption behavior, we have developed and applied a method to calculate the
adsorption free energy (ΔGads) of model peptides on functionalized surfaces for comparison with
available experimental data. Simulations were conducted using the CHARMM program and force
field using a host-guest peptide with the sequence TGTG-X-GTGT (where G and T are glycine and
threonine amino acid residues, respectively, with X representing valine, threonine, aspartic acid,
phenylalanine or lysine) over nine different functionalized alkanethiol self-assembled monolayer
(SAM) surfaces with explicitly represented solvent. ΔGads was calculated using biased-energy replica
exchange molecular dynamics to adequately sample the conformational states of the system. The
simulation results showed that the CHARMM force-field was able to represent ΔGads within 1 kcal/
mol of the experimental values for most systems, while deviations as large as 4 kcal/mol were found
for others. In particular, the simulations reveal that CHARMM underestimates the strength of
adsorption on the hydrophobic and positively charged amine surfaces. These results provide a means
for force field evaluation and modification for the eventual development and validation of an
interfacial force field for the accurate simulation of protein adsorption behavior.

1. Introduction
Biomaterials are used in biomedical implants and in tissue engineering and regenerative
medicine to serve as matrices to guide tissue regeneration. The success of a biomaterial in these
applications depends on its ability to integrate into its respective in vivo environment and induce
an appropriate host response for a specific application1–3. Host response is largely understood
to be influenced by proteins that adsorb on the surface of a biomaterial, which occurs within
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seconds of implantation2, 4. The rapid adsorption of proteins means that the cells arriving at
the biomaterial surface interact with the adsorbed protein layer rather than directly with the
material itself. Thus the bioactive state of the adsorbed proteins on a biomaterial’s surface plays
a key role in how the body responds to an implanted biomaterial. While this is widely
recognized, protein adsorption behavior remains a poorly understood phenomenon and this
lack of understanding is a significant hindrance to the development of devices with improved
biocompatibility.

The bioactive state of a protein is determined by its conformational structure; therefore protein
adsorption and surface-induced conformational changes in the adsorbed proteins are important
issues that must be addressed if we are to learn how to design biomaterials surfaces to control
the bioactive state of adsorbed proteins5–9. Understanding these interactions and the underlying
phenomena of adsorption is equally important for a host of various other areas of
biotechnology, such as chromatography10, biosensors11, 12, micro arrays for molecular
detection13, and drug delivery systems14, to name a few.

Controlling protein adsorption to the underlying surface poses a substantial challenge. Various
experimental methods have been developed to understand the nature and extent of protein
adsorption. Experimental techniques like ellipsometry15, surface plasmon resonance16 (SPR),
and quartz crystal microbalance15 can be used to readily quantify the mass of protein adsorbed,
and techniques like atomic force microscopy17, Fourier transform infrared spectroscopy18,
time-of-flight secondary ion spectroscopy19, sum frequency generation20, and circular
dichromism7, 21, 22 have been used to obtain information regarding the structure of proteins
when adsorbed to a surface. However, while extremely useful, these methods are not able to
obtain the kind of atomic-level information that is needed to actually understand and predict
how surface chemistry influences protein adsorption behavior. This situation underscores the
need for the development of other technologies that will enable protein adsorption to be studied
at the atomistic level, which can then be used to complement experimental methods.

Over the past decade, substantial advances in computational resources and efficient algorithms
have now provided the capability to conduct all-atom empirical force field-based molecular
simulations to investigate the behavior of protein at the atomistic level23–27. These simulation
methods employ a potential energy function that uses predefined parameters (referred to as a
force field) to describe the energy of and force between atoms in a molecular system. Existing
fixed-charge force fields were developed mainly to address biomolecules in aqueous solution
(e.g., protein, DNA, carbohydrates), drug design, or solid materials science research problems,
with force field parameterization specifically adjusted and balanced for specific applications.
Because each force field is specifically tuned for a given type of molecular system, including
atomic partial charges, a fixed-charge force field that is developed and validated for use in one
molecular environment cannot be confidently applied to another without first evaluating
whether or not it is appropriate for the new application. This issue is referred to as the question
of force field transferability. Accordingly, the use of a force field that has been developed to
accurately simulate protein folding behavior in solution may not accurately represent the
adsorption behavior of a protein on a materials surface.

In order to determine whether or not a given force field is appropriate for use for the simulation
of protein adsorption behavior, experimental data are needed that can be used to directly assess
the ability of the force field to properly represent the fundamental types of interactions that
govern the behavior of the molecular system. Unfortunately, as addressed above, most
available experimental methods that have been developed to characterize protein adsorption
behavior do not provide the kind of detailed information that is needed to quantitatively assess
whether or not a given force field is able to accurately represent protein adsorption behavior.
To address this issue, Latour and coworkers have developed methods using SPR to measure
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the free energy of adsorption for a relatively simple host-guest peptide model on functionalized
surfaces28, 29 and applied these methods to characterize the adsorption behavior of a large
range of peptide-surface combinations30. These methods were initially developed by Vernekar
and Latour28 using G4-X-G4 as the host-guest peptide (with G being glycine and X representing
either glycine (G) or lysine (K), using the standard single-letter amino acid code) adsorbed on
Au-alkanethiol self-assembled monolayer (SAM) surfaces functionalized by either hydroxyl
(OH) or carboxylic acid (COOH) surface groups. Wei and Latour then further developed these
methods and used them to characterize the adsorption behavior of a TGTG-X-GTGT host-
guest peptide (with T being threonine and X representing one of a set of 12 different amino
acids) adsorbed on nine different SAM surfaces, for a total of 108 different peptide-surface
combinations 29, 30. The results from these studies now provide a benchmark data set that can
be directly used to evaluate the accuracy of an empirical force field for protein-surface
interactions.

Given the availability of such experimental results, Raut et al., performed conventional
molecular dynamics (MD) simulations of the G4-X-G4 peptide on OH- and COOH-
functionalized SAM surfaces with explicitly represented solvent using the GROMACS force
field27 for comparison with the experimental results of Vernekar and Latour28. In addition,
peptide adsorption simulations were also conducted over an oligoethylene glycol (OEG)
functionalized SAM surface, which has been shown to be highly resistant to protein
adsorption31. In these simulations, Raut et al., attempted to determine the free energy of
adsorption from their MD simulations using a probability ratio method32. While the results
from these simulations provided close agreement with experimental values for peptide
adsorption on the OH-SAM surface, the simulations incorrectly predicted strong peptide
adsorption behavior on the OEG-SAM surface. These results clearly demonstrate how the use
of a force-field that has not been validated for a given application can result in unrealistic
predictions. Raut et al. also showed that for a strongly interacting peptide-surface system, such
as the G4-K-G4 peptide on the COOH SAM surface, conventional MD simulations result in
the peptide being trapped in states tightly bound to the surface. This situation prevented the
molecular system from being adequately sampled within practical simulation time frames, thus
preventing the adsorption free energy from being properly determined. These results clearly
demonstrated that advanced sampling algorithms were needed for these types of simulations.
This problem was subsequently addressed by Wang et al. 33, who developed a biased-energy
replica exchange MD method (biased REMD), which was specifically designed to provide
adequate sampling for a strongly adsorbing solute. This method was demonstrated using the
simple case of the interaction between a single sodium ion and a single charged carboxylate
group on a surface. O’Brien et al. 34 extended this work by showing that the methods developed
by Wang et al. could be successfully applied to calculate the adsorption free energy for a
strongly interacting peptide-surface system.

The primary objective of this present study was to further develop and apply the methods
developed by Wang et al. 33 and O’Brien et al. 34 to conduct biased-energy REMD simulations
on 38 combinations of host-guest peptides and SAM surfaces that were used in the SPR
experimental studies of Wei and Latour29, 30 to directly evaluate the ability of the CHARMM
force-field to accurately represent peptide adsorption behavior. We conducted simulations
using five different peptides (TGTG-X-GTGT, with X = V, T, D, F and K using the 1-letter
amino acid code) over nine different functionalized SAM surfaces with explicitly represented
solvent. Out of these 45 possible combinations only 38 SAM-peptide systems were simulated
and analyzed as experimental data were unavailable for the 7 of the 45 systems. The free energy
of adsorption for all of the 38 systems were then calculated using the CHARMM force field
in biased-energy REMD simulations to adequately sample the system combined with the
probability ratio method for the calculation of adsorption free energy from the sampled
distribution of states. Comparisons between the simulation and experimental results indicate
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that the CHARMM force field substantially underestimates the strength of the peptide
interactions with hydrophobic and positively charged amine surface groups, while interactions
with hydrophilic and negatively charged carboxyl-functionalized surfaces were predicted
within about 1.0 kcal/mol.

2. Methods
2.1. Model construction

As shown in Figure 1, our model system was composed of a host-guest peptide in explicitly
represented physiological saline over an alkanethiol SAM surface on gold. All of the molecular
models were generated using the CHARMM simulation program25, 35, 36. For this study, nine
distinct SAM surfaces were chosen and five peptides were considered for simulation over each
surface. The SAM surfaces consisted of an assembly of aliphatic alkanethiol chains with a
structure of HS-(CH2)11-R, with R representing the surface functional group. Nine different
functionalized alkanethiol SAMs (R=CH3, OH, NH2, COOH, COOCH3, -NHCOCH3, -
OC6H5, -OCH2CF3, and ethylene glycol (EG3OH)) were constructed using CHARMM, with
these compositions selected to represent common functional groups found in organic polymers.
Based on the pKa studies of the surface37, the amine SAM (NH2) was modeled as a 10%
protonated surface (i.e., 10% NH3

+, 90% NH2) while the carboxyl SAM (COOH) was modeled
as a 50% deprotonated surface (i.e., 50% COO−, 50% COOH).

To mimic an alkanethiol SAM surface on the Au (111) plane, each of the SAM surfaces were
assembled from 90 aliphatic alkanethiol chains placed in a 10×9 array on a 
lattice with a 5.0 Å nearest-neighbor spacing. The chains were initially tilted to the orientation
described by Vericat and coworkers39. To maintain the structure of the SAM surface in the
absence of an underlying gold surface, the thiol (SH) group of each chain was held fixed during
the simulation allowing the hydrocarbon chain and the functional group to move freely and
interact with the neighboring atoms. Similar to the experimental studies performed by Wei and
Latour29, 30, a host-guest peptide model with zwitterionic end groups was used in the
simulations, which had an amino acid sequence of TGTG-X-GTGT, where T, G, and X
represent threonine, glycine, and a guest residue, respectively. The five guest residues modeled
were valine (V), phenylalanine (F), threonine (T), aspartic acid (D), and lysine (K), with each
of these being selected to represent a different class of amino acid (i.e., nonpolar aliphatic,
aromatic, polar, negatively charged, and positively charged, respectively). The specific
sequence of the host peptide was designed mainly for experimental reasons. The TG sequences
were designed to provide sufficient molecular weight for detection by SPR, with nonchiral G
helping to minimize the development of secondary structure, T providing solubility, and the
guest amino acid (X) positioned away from the zwitterionic end-groups to represent a mid-
chain amino acid residue. Interactions between the peptide and the SAM surface during the
simulations were characterized by the surface separation distance, or SSD, specified by the
distance between the center of mass of the peptide and the center of mass of the top heavy atom
of the SAM functional group as illustrated in Figure 1.

The explicitly represented saline solution was constructed from a water box containing 2,241
TIP3P40, 41 water molecules with the dimensions of the box chosen so as to match the
dimensions of the SAM surface in XY plane. The height of the box was adjusted to provide 1
atm pressure. Seven Sodium (Na+) and chloride (Cl−) ions were added to the system to
approximate a 140-mM physiological saline solution by randomly replacing water molecules
with each ion type. The peptide was then placed in the water box and any water molecules
found to be within 2.2 Å of the peptide were deleted. To avoid the problem of the peptide
interacting with the thiol group from bottom layer of the SAM surface when using three-
dimensional (3-D) periodic boundary conditions, a 14 Å layer of bulk saline solution was placed
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at the top of the system cell and fixed in place during the simulations. The complete 3-D periodic
unit cell was orthogonal in shape with the base dimensions of 43.3 Å × 45 Å and a specific
height for each SAM surface listed in the Supporting Information. Once a system was
constructed, the mobile solution phase atoms and the hydrogens of the SAM were relaxed by
100 steps of steepest-descent minimization (with all other atoms fixed) followed by an
additional 100 steps where the SAM functional groups were also free to move. The system was
then heated from 100 K to 298 K with 100 ps of dynamics using a 1 fs timestep to relax the
functional groups on their fixed base (i.e., fixed H-S atoms of each alkanethiol chain). At this
point, all atoms of the SAM were set free to move except for the thiol base and the system was
reheated from 100K to 298K with an additional 100 ps of dynamics using a 1 fs timestep. The
system was thermally equilibrated at 298 K for 500 ps using a 1 fs timestep and an additional
equilibration was performed for 600 ps using a 2 fs timestep where the peptide was
harmonically restrained at an SSD of 17 Å to allow the TIP3P water to equilibrate over the
SAM surface. Each of the 38 equilibrated systems was simulated for an additional 5 ns (with
the peptide unrestrained) using conventional MD with a 2 fs timestep and the resulting
structures were used as the input for further advanced sampling.

The MD simulations were conducted using the CHARMM crystal facility with particle mesh
Ewald (PME) summation42 employed to handle electrostatic interactions43. Van der Waals
interactions were represented using the 12-6 Lennard-Jones potential with a group-based force-
switched cutoff that started at 8 Å and ended at 12 Å with a pair-list generation cutoff at 14 Å.
Bonds involving hydrogen atoms were constrained using the RATTLE44 algorithm (an
implementation of SHAKE45 in CHARMM), allowing a 2 fs time-step to be used for our MD
simulations. All the systems were simulated at 298 K under the canonical ensemble (NVT)
with a Nosé-Hoover thermostat46, 47 in conjunction with the modified velocity Verlet
integrator26 (VV2). All systems were constructed using the academic version c34b2 of
CHARMM. The SAM surface was simulated using the parameters from the CHARMM general
force-field48 (CGenFF) and the rest of the systems were simulated using standard
CHARMM22 parameters. For further details please refer to the Supporting Information
provided. We also used an in-house modification of the CHARMM code to perform umbrella
sampling for our systems for the purpose of generating an initial estimate of the biased-energy
function that was applied in our biased-energy REMD simulations, with these simulations
performed using the MMTSB49 (Multiscale Modeling Tools for Structural Biology) software
package.

2.2. Sampling methods
2.2.1. Approach to Overcome Sampling Problems—The free energy of adsorption
(ΔGads) was selected as the best measure with which the adsorption of a peptide to a SAM
surface can be characterized, quantified, and compared with available experimental data. To
accurately calculate ΔGads from a molecular simulation of peptide adsorption, it is necessary
to (i) adequately sample the peptide’s position over the full range of SSD and (ii) adequately
sample the conformational state of the peptide at each SSD position. To accomplish this, we
used a biased-energy REMD sampling method, which we have previously developed and
published 34, 50. This method combines two advanced sampling strategies in a single
simulation: a biased energy function added to the REMD simulation enables the peptide to
escape from a strongly adsorbing surface, thus addressing the SSD sampling problem,
combined with an REMD simulation, which uses elevated temperature to enhance
conformational sampling of the peptide. While the use of either of these advanced sampling
methods alone does not provide adequate sampling for the accurate calculation of ΔGads

34,
their combined use enables both sampling problems to be overcome in a single simulation.
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The procedures that we employed to conduct biased-energy REMD simulations for these
present simulations are summarized as follows. The free energy profile (i.e., ΔGi versus
SSDi) for a peptide interacting with an adsorbent surface can be expressed based on the
principles of statistical mechanics and the probability ratio method32, 51 by the following
equation (1):

(1)

where ΔGi is the difference in free energy for the peptide located at SSDi relative to SSDb
(where SSDi is defined as a given position of the peptide over the surface and SSDb is defined
as the position of the peptide when it is sufficiently far from the surface that it does not feel
any effect from the surface, thus representing bulk solution conditions); Pi and Pb are the
probability density of the peptide being located at positions designated by SSDi and SSDb,
respectively; kB is Boltzmann’s constant; and T is the absolute temperature. In order to calculate
the free energy of adsorption using the probability ratio method (as addressed in Section 2.3,
Calculation of Adsorption Free Energy), the probability density profile over the entire SSD
phase space must be determined. As shown by Raut et al31., the use of a conventional MD
simulation for a strongly adsorbing peptide-surface system tends to cause the peptide to become
trapped in its low energy state close to the adsorbing surface, thus preventing the full probability
density profile from being obtained. To solve this problem, a biasing energy function, (VB)i
(defined below in equation 4) can be added to the force field function during a simulation to
effectively flatten the free energy landscape of the system in the SSD coordinate, thus enabling
the peptide to escape from the surface and sample the full SSD parameter space over the course
of a simulation. The resulting biased probability densities (i.e., P̄i/P̄b) can then be corrected to
account for the applied biased-energy function to obtain the unbiased probability distribution
(i.e., Pi/Pb), as expressed in the following equation:

(2)

2.2.2. Initial Estimate of the Biased-Energy Function—In order to generate an initial
estimate of the biased energy function for use in our biased-energy REMD simulations,
umbrella sampling simulations52–54 were first conducted over the full range of SSD for each
of our model peptide-SAM systems. For our umbrella sampling simulations, the reaction
coordinate (SSD) was divided into discrete segments (represented as SSDi), each of which was
first sampled individually in a conventional MD simulation with a restraining potential added
to force sampling to be enhanced in a designated localized region of SSD space. For the
restraining potential we used a harmonic potential, Ur, which was added to the potential energy
function in the following form:

(3)

where k is the force constant and SSD0 is the reference SSD about which the position of the
center of mass of the peptide is restrained. For each of our 38 peptide-SAM systems, 22
different independent 3.0 ns MD runs were conducted with the restraining potential set at
incremental values of SSD0 ranging from 4 to 25 Å for each simulation. The trajectories from
each of these simulations were then analyzed using the weighted histogram analysis
method55 (WHAM) to construct an unbiased probability density profile, which was then
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converted to a potential of mean force (PMF) profile of the peptide as a function of SSD. An
analytical function was then fit to the PMF, the negative of which was used as the initial estimate
of the biased energy function for the biased-energy REMD simulations. To match the general
behavior of a peptide-surface adsorption system, we used a modified Derjaguin, Landau,
Verwey, and Overbeek (DLVO) potential56 in the form of:

(4)

where VDLVO is the equation that is fit to the PMF vs. SSD profile, (VB)i is the biased-energy
function, and C1 − C5 are fitting constants. In equation 4, f(SSD) represents an additional
Gaussian function in the form of f(SSD) = A·exp[−α(SSD-β)2], where A, α, and β are fitting
constants, with this additional term used when necessary to fit structure in the PMF profile
resulting from the umbrella sampling results that could not be adequately fit by the DLVO
potential alone. The exact form of the initial bias potential is not crucial, however; as long as
it provides a sufficiently flat free energy profile to enable adequate sampling within simulation
timescales. Using this approach, biased-energy functions (VB)i were obtained for each of our
38 peptide-SAM surface systems, with these functions then added to the force field equation
to perform biased-energy REMD simulations.

2.2.3. Biased-Energy REMD Simulations—Once the initial estimates of the biased
energy functions were obtained, we conducted biased-energy REMD simulations for each
peptide-SAM surface system. A conventional REMD simulation57 utilizes elevated
temperature to overcome potential energy barriers that separate low-energy states of a system,
which is particularly useful for sampling the conformational states of a peptide chain. However,
because this method results in the sampling of a Boltzmann-weighted ensemble of states, the
application of this method alone to simulate the adsorption behavior of a strongly adsorbing
peptide will result in the same SSD sampling problem as a conventional MD simulation would,
although it will substantially improve the sampling of the conformational states of the peptide
itself. This problem can be overcome by including the biased-energy function obtained from
the umbrella sampling simulations, thus providing adequate sampling in both the SSD and the
peptide’s conformational space in the same simulation.

Accordingly, we performed biased-energy REMD simulations on each of our 38 systems. Each
simulation was performed using 24 replicas with an exponential spacing of the temperatures
levels ranging from 298 K to 400 K. In order to enhance sampling efficiency over the SSD
coordinate space, a pool of models for each peptide-SAM system were first prepared with the
peptides positioned at different SSD values over the SAM surface. The starting configuration
for each replica was then randomly selected from this pool of initial SSD states and assigned
to one of the 24 temperature levels. MD simulations were run at each designed temperature
level for 120 ps, during which no exchanges were attempted, in order to equilibrate each replica
to its assigned temperature. Biased-energy REMD production simulations were then conducted
for 5 ns, with exchanges attempted every 1.0 ps between neighboring replicas, and
configurations were saved after every exchange attempt. In order to obtain statistical error
estimates on the adsorption results, three independent biased-energy REMD simulations were
conducted for each peptide-SAM surface system.

2.3. Calculation of Adsorption Free Energy
The resulting trajectories from each biased-energy REMD simulation were analyzed to
generate biased normalized probability density distributions (i.e., P̄i vs. SSDi) by dividing the
SSD coordinate space into bins of width W (0.2 Å) and then counting the number of 298 K
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configurations in which the peptide was located in each SSD bin, normalized by the total
number of saved 298 K configurations of the system. These data were then corrected for the
applied biased energy function (i.e., (VB)i) using equation 2 to obtain the normalized unbiased
probability density distributions (i.e., Pi vs. SSDi). Once these normalized unbiased probability
density profiles were determined, free energy profiles (i.e., ΔGi vs. SSDi) were then calculated
based on the relationship shown in equation 1.

In order to compare our simulation results to the experimental data that were reported by Wei
and Latour 29, a single scalar value of adsorption free energy (ΔGads) must be determined for
each peptide-SAM surface from the simulation results. In the experimental method developed
by Wei and Latour, ΔGads was determined using a chemical potential approach where the
adsorbed mass per unit area, as measured by SPR, was converted to a surface concentration
(Cs) by dividing the adsorbed mass per unit area by an adsorbed layer thickness (δ), which was
calculated based on the theoretical diameter of each TGTG-X-GTGT peptide. The adsorption
free energy was then calculated as:

(5)

where Cb is the bulk concentration of the peptide in solution, R is the ideal gas constant, and
T is the absolute temperature, which was 298 K. To most closely match this method of
determining ΔGads from the simulation results, the ratio of Cs/Cb was represented as (Pi)avg/
Pb, where (Pi)avg was calculated by summing up the probability densities (Pi) over the range
of SSDi where Pi > Pb (i.e. all peptides that would have been detected by SPR) and then dividing
this value by the number of SSD bins represented by the theoretical layer thickness, δ, used by
Wei and Latour. This relationship can be expressed as:

(6)

where N is the number of bins over the SSD coordinate space for which Pi > Pb, δ is the
theoretical thickness of the adsorbed layer as reported by Wei and Latour 29, and W is the width
per bin used for the probability density profile plots determined from the simulations.

3. Results and Discussion
3.1. Determination of the Biased Energy Functions

Using the umbrella sampling method described above, each of the 38 peptide-SAM systems
was first simulated for 3 ns to obtain an initial estimate of the free energy profile, which was
then used to generate a biased-energy function (if needed). Examples of the results from the
umbrella sampling simulations for six contrasting systems are presented as PMF versus SSD
plots as shown in Figure 2. PMF versus SSD plots for the other 32 systems are presented in
the Supporting Information.

As indicated in Figures 2.a–2.c, the PMF profile for peptides over the hydrophobic CH3-SAM
surface shows a relatively deep energy well that reflects the fact that the peptides strongly
adsorb to this surface. If a conventional REMD simulation (i.e., without a biasing energy
function) were to be performed for this type of system, the resulting ensemble of states would
be expected to only sample the peptide’s position within these low-energy wells, with little or
no sampling over the rest of the SSD-coordinate space as needed for the calculation of
adsorption free energy. However, by including a biasing energy function into an REMD
simulation to counter the effect of the energy well, sampling can be forced to take place over
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the entire range of SSD, thus enabling adsorption free energy to be determined. In contrast to
the CH3-SAM surface, the PMF profiles over the hydrophilic OH-SAM surface (Figure 2.d–
2.f) show little tendency of the peptides to be attracted by the surface. In this case, a biasing
energy function is not needed for the subsequent REMD simulations in order for the full range
of SSD to be sampled in the simulation. Based on the umbrella sampling results, the PMF
profiles having well depths of more than 1 kcal/mol were fitted with the modified DLVO
function as expressed in equation 4. This procedure was applied to all 38 peptide-SAM systems
in order to obtain appropriate biasing energy functions. Accordingly, the PMFs of each of the
CH3-SAM surface systems (red solid lines) shown in Figure 2 were fitted using equation 4 and
the resulting function (green dotted line). The three peptides over the hydroxyl SAM were
simulated without an applied biasing energy.. The inverse of each of these functions, which is
represented by VB in equation 4, was then used as the biasing energy potential in the subsequent
biased-energy REMD simulations for the peptides over the SAM surface.

3.2. Biased-Energy REMD Simulations
Using the biasing energy functions determined from the PMF versus SSD profiles, biased
REMD simulations were performed on 25 of the 38 systems. Conventional REMD simulations
(i.e., without a biasing energy function applied) were performed on the rest of the peptide-
SAM systems due to the fact that their respective PMF verses SSD profiles where deemed to
be sufficiently flat that the peptide did not need the biasing function to help it to escape from
the surface. Simulations for each system were conducted for between 5.0–7.0 ns to sufficiently
sample the entire SSD-coordinate space. In order to obtain the statistics on the free energy of
adsorption values, three independent simulations were conducted. Configurations from the 298
K temperature simulation which were saved each 1.0 ps, were used to construct the biased
probability density profiles with a bin size of 0.2 Å. The unbiased probability distributions
were extracted from the biased probability distributions using equation 2, from which free
energy versus SSD profiles were then constructed using equation 1. Figure 3 shows examples
of the resulting free energy profiles for six of the 38 peptide-SAM surface systems plotted as
a function of SSD with error bars representing 95% confidence intervals for representative data
points. (See Supporting Information for the PMF profiles for the rest of the peptide-SAM
systems and their respective unbiased probability distributions as a function of SSD showing
that the full SSD coordinate space was sampled in each system).

In order to provide evidence that the conformational space of the peptides were adequately
sampled during the REMD simulations, Ramachandran plots representing the conformational
behavior of the phi/psi dihedral angles of the guest amino acid residues of each peptide over
each SAM surface were plotted and compared to the conformational space covered by these
amino acids from 500 representative crystal structures of proteins obtained from the Protein
Data Bank (PDB)58. The dihedral angles of the middle residue were also analyzed when the
peptide was adsorbed to the surface (i.e., SSD < 8 Å) compared to the peptide when it was
sufficiently far from the surface to be considered in bulk solution (i.e., 16 Å < SSD < 28 Å).
Representative Ramachandran plots for X = V, T, and D on the CH3 and OH SAM surfaces
are shown in Figure 4, with the other plots available in the Supporting Information for this
paper. Comparing the bulk solution behavior to the PDB data shows that these mid-chain amino
acids explored the expected major phi-psi regions, thus indicating that the conformational space
of the peptides were appropriately sampled during the simulations. Comparisons between the
phi-psi regions for the peptides when they were adsorbed versus in bulk solution reveal that
adsorption did tend to substantially influence the conformational state of the peptides, with the
peptides showing a slight tendency to favor β-strand-like structure (upper left-hand quadrant)
on the CH3-SAM surface compared to bulk solution, while generally tending to favor a helical
conformations (lower left-hand quadrant, upper right-hand quadrant) on the OH-SAM surface.
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The resulting unbiased probability density distributions for each peptide-SAM surface were
then analyzed using equation 6 to calculate the adsorption free energy for comparison with the
experimental results from Wei and Latour29, 30. As noted above, these calculations involved
a parameter (δ), which was calculated by Wei and Latour to theoretically represent the thickness
of the adsorbed layer of each peptide over a surface. As reported by Wei and Latour, the values
of δ were calculated as 12.0 Å, 12.0 Å, 12.1 Å, 12.3 Å and 12.2 Å for the X = V, T, D, F and
K peptides, respectively. These values are in excellent agreement with the free energy profiles
presented in Figure 3 (and Supporting Information), which show that bulk solution conditions
are effectively reached within 12 Å of each surface. The calculated adsorption free energy
values (ΔGads) for each of the peptide-SAM surface are shown in Table 1 (mean ± 95%
confidence interval), with n=3 as the sample size for each value, and these values are plotted
against the experimentally determined values from Wei and Latour30 in Figure 5.

As shown in Figure 5, the simulation result for each peptide-SAM system is generally within
about 1 kcal/mol of the experimental result for most of the systems with a few very notable
exceptions. As evident from the data shown in Figure 5, the magnitude of ΔGads was
significantly underestimated compared to the experimental results for the CH3, OCH2CF3,
OC6H5, and NH2 SAM surfaces, thus suggesting a fairly serious problem with force field
parameterization for these types of surface functional groups. These results suggest that the
parameterization of the CHARMM force field may not adequately represent peptide adsorption
that is mediated by hydrophobic effects and positively charged amine surface groups. Although
speculative at this time, these types of effects may indicate that the CHARMM force field over
predicts the strength of the Lennard-Jones interactions between the TIP3P water and
hydrophobic surface groups relative to the peptide. Alternatively, this behavior may also reflect
the inherent problem with the use of a fixed-charge force field in that the partial charges of the
atoms in the simulation cannot adapt to changes in their local environment. For example, it can
be expected that the dipole moment of water adjacent to a nonpolar surface (such as a CH3-
SAM) will be substantially different than bulk water59 while it can be expected to be much
more similar to bulk water over a very hydrophilic surface (such as an OH-SAM). The use of
a fixed-charge force field, of course, cannot adjust for such changes in the local environment,
which can thus be expected to result in fixed-charge TIP3P water molecules behaving in a
physically unrealistic manner over a nonpolar surface, leading to errors in the adsorption
behavior at such an interface. The substantial under-prediction of the strength of peptide
adsorption on the positively charged amine surface may be due to an imbalance in the force
field parameters for the Cl− ions in solution, causing them to effectively shield the carboxylate
groups of the peptide from the charged amine groups on the surface. Additional studies are
needed, and planned, to further investigate these issues.

As shown in Figure 5, when considering all of the different types of surfaces, simulations with
the CHARMM force field most closely reproduce the experimental results on the surfaces
presenting the most polar hydrophilic groups, such as the OH- and EG3OH-SAMs. Although
the simulation results for these surfaces indicate that the peptides consistently adsorb too
strongly on these surfaces, the adsorption free energies are all within 1.0 kcal/mol of the
experimental values. These results indicate that the TIP3P water molecules are hydrating the
polar functional groups of the peptide and SAM reasonably well, thus resulting in a situation
where the peptides exhibit relatively minimal interactions with these surfaces. This behavior
is illustrated in Figure 6, which presents the mean and 95% confidence intervals of the position
of each amino acid residue’s position for the X = V and D peptides over the CH3 and the OH
SAM surfaces for those configurations in which the overall SSD of the peptide was less than
8 Å.

As indicated in Figure 6 and illustrated in the representative snapshots in Figure 7 for X=V
over the CH3-SAM surface, even though the strength of peptide adsorption on the CH3-SAMs
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was found to be underestimated, when X is replaced by this nonpolar amino acid (valine), the
X residue adsorbs tightly to the surface in a position 4–5 Å above the SAM, which essentially
represents close association with the surface without the presence of an intervening layer of
water. In contrast, when X is replaced by the very hydrophilic aspartic acid, it remains hydrated
and well separated from the CH3-SAM surface. On the OH-SAM surface both peptides adsorb
in a position 5–8 Å above the surface, which indicates the OH-SAM remains well hydrated
with the presence of a layer of water between the OH groups of the SAM surface and each
amino acid of the peptide.

4. Conclusion
In order to adequately determine the adsorption free energy of peptide-surface interactions
using a probability-ratio method, it is necessary to not only sample the positions of the peptide
over a range of SSD extending from the surface out to where bulk solution conditions can be
assumed, but it is also important to simultaneously sample the conformational states of the
peptide. We have developed an approach to accomplish this that incorporates a biasing energy
function (to enhance sampling of the SSD coordinate) with REMD (to enhance conformational
sampling of the peptide). In this paper, we have further developed and applied this method to
calculate the free energy of peptide adsorption in a manner such that the results can be directly
compared with experimental data obtained from SPR experimental studies published by Wei
and Latour29. Simulations were performed for a set of 38 peptide-SAM surface systems using
the CHARMM force field to assess the accuracy of the CHARMM force field’s
parameterization for this type of application. These comparisons indicate that the CHARMM
force field parameterization does a reasonably good job representing peptide adsorption
behavior on our set of nine functionalized SAM surfaces (i.e., within an 1kcal/mol of the
experimental value) for most of the systems, but substantially underestimated the strength of
adsorption on surface functionalized by hydrophobic and positively charged amine groups.
These results demonstrate the fact the force fields such as CHARMM, which were primarily
developed to represent the behavior of biomolecules in aqueous solution, may not provide an
accurate representation of system behavior when applied to simulate the adsorption of peptides
and/or proteins to surfaces. Additional studies are planned to understand the mechanism and
details of interaction of the peptide, solutes and solvent with the SAM surface. These results
can help us towards our long-range goal of developing an interfacial force field that is
specifically tuned and validated for use for the accurate simulation of peptide and protein
adsorption to synthetic materials surfaces.

Supplementary Material
Refer to Web version on PubMed Central for supplementary material.

Acknowledgments
This work was funded under NIH Grant No. R01 EB00616. Partial support was also provided by “RESBIO–The
National Resource for Polymeric Biomaterials” funded under NIH Grant No. P41 EB001046-01 A1 and NIH Grant
No. R01 GM074511-01A1. The authors would like to thank Dr. J. Barr von Oehsen and Ms. Corey Ferrier for support
of the Palmetto Cluster computational resources at Clemson University. We would also like to acknowledge Dr. Alex
MacKerell for his generosity in providing us with the CGenFF parameters and Rick Venable for providing us with
parameters for the ethylene glycol functional group.

References
1. Gorbet MB, Sefton MV. Biomaterials 2004;25(26):5681–5703. [PubMed: 15147815]
2. Horbett, TA.; Brash, JL.; Horbett, Ta, editors. Acs (American Chemical Society) Symposium Series.

Proteins at Interfaces: Physicochemical and Biochemical Studies; 192nd Meeting of the American

Vellore et al. Page 11

Langmuir. Author manuscript; available in PMC 2011 May 18.

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript



Chemical Society; Anaheim, California, USA. September 7–12, 1986; Washington, D.C., USA. Illus:
American Chemical Society; 1987. p. 239-260.X+706p

3. Manion M. Reference & User Services Quarterly 2005;44(4):338–338.
4. Horbett TA, Brash JL. Acs Symposium Series 1987;343:1–33.
5. Luk YY, Kato M, Mrksich M. Langmuir 2000;16(24):9604–9608.
6. Ratner BD, Bryant SJ. Annual Review of Biomedical Engineering 2004;6:41–75.
7. Sivaraman B, Fears KP, Latour RA. Langmuir 2009;25(5):3050–3056. [PubMed: 19437712]
8. Wei T, Kaewtathip S, Shing K. Journal of Physical Chemistry C 2009;113(6):2053–2062.
9. Wnek, GE.; Bowlin, GL. Encyclopedia of biomaterials and biomedical engineering. 2. Informa

Healthcare; New York: 2008.
10. Roach LS, Song H, Ismagilov RF. Analytical Chemistry 2005;77(3):785–796. [PubMed: 15679345]
11. Topoglidis E, Lutz T, Willis RL, Barnett CJ, Cass AEG, Durrant JR. Faraday Discussions

2000;116:35–46. [PubMed: 11197489]
12. Lee CS, Lee SH, Park SS, Kim YK, Kim BG. Biosensors & Bioelectronics 2003;18(4):437–444.

[PubMed: 12604261]
13. Frederix F, Bonroy K, Reekmans G, Laureyn W, Campitelli A, Abramov MA, Dehaen W, Maes G.

Journal of Biochemical and Biophysical Methods 2004;58(1):67–74. [PubMed: 14597190]
14. Heuberger R, Sukhorukov G, Voros J, Textor M, Mohwald H. Advanced Functional Materials

2005;15(3):357–366.
15. Hook F, Voros J, Rodahl M, Kurrat R, Boni P, Ramsden JJ, Textor M, Spencer ND, Tengvall P, Gold

J, Kasemo B. Colloids and Surfaces B-Biointerfaces 2002;24(2):155–170.
16. Green RJ, Frazier RA, Shakesheff KM, Davies MC, Roberts CJ, Tendler SJB. Biomaterials 2000;21

(18):1823–1835. [PubMed: 10919686]
17. You HX, Lowe CR. Journal of Colloid and Interface Science 1996;182(2):586–601.
18. Xie J, Riley C, Kumar M, Chittur K. Biomaterials 2002;23(17):3609–3616. [PubMed: 12109686]
19. Tidwell CD, Castner DG, Golledge SL, Ratner BD, Meyer K, Hagenhoff B, Benninghoven A. Surface

and Interface Analysis 2001;31(8):724–733.
20. Kim J, Somorjai GA. Journal of the American Chemical Society 2003;125(10):3150–3158. [PubMed:

12617683]
21. Kondo A, Murakami F, Higashitani K. Biotechnology and Bioengineering 1992;40(8):889–894.

[PubMed: 18601195]
22. Hylton DM, Shalaby SW, Latour RA. Journal of Biomedical Materials Research Part A 2005;73A

(3):349–358. [PubMed: 15834930]
23. Allen, MP.; Tildesley, DJ. Computer simulation of liquids. Clarendon Press; Oxford University Press;

Oxford [England] New York: 1987.
24. Andersen HC. Journal of Chemical Physics 1980;72(4):2384–2393.
25. MacKerell AD, Bashford D, Bellott M, Dunbrack RL, Evanseck JD, Field MJ, Fischer S, Gao J, Guo

H, Ha S, Joseph-McCarthy D, Kuchnir L, Kuczera K, Lau FTK, Mattos C, Michnick S, Ngo T,
Nguyen DT, Prodhom B, Reiher WE, Roux B, Schlenkrich M, Smith JC, Stote R, Straub J, Watanabe
M, Wiorkiewicz-Kuczera J, Yin D, Karplus M. Journal of Physical Chemistry B 1998;102(18):3586–
3616.

26. Martyna GJ, Tuckerman ME, Tobias DJ, Klein ML. Molecular Physics 1996;87(5):1117–1157.
27. Van der Spoel D, Lindahl E, Hess B, Groenhof G, Mark AE, Berendsen HJC. Journal of

Computational Chemistry 2005;26(16):1701–1718. [PubMed: 16211538]
28. Vernekar VN, Latour RA. Materials Research Innovations 2005;9(2):53–55.
29. Wei Y, Latour RA. Langmuir 2008;24(13):6721–6729. [PubMed: 18507411]
30. Wei Y, Latour R. Langmuir 2009;25(10):5637–5646. [PubMed: 19432493]
31. Raut VP, Agashe MA, Stuart SJ, Latour RA. Langmuir 2005;21(4):1629–1639. [PubMed: 15697318]
32. Mezei M, Beveridge D. Ann N Y Acad Sci 1986;482:1–23. [PubMed: 3471099]
33. Wang F, Stuart SJ, Latour RA. Biointerphases 2008;3(1):9–18. [PubMed: 19768127]
34. O’Brien CP, Stuart SJ, Bruce DA, Latour RA. Langmuir 2008;24(24):14115–14124. [PubMed:

19360943]

Vellore et al. Page 12

Langmuir. Author manuscript; available in PMC 2011 May 18.

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript



35. Brooks BR, Bruccoleri RE, Olafson BD, States DJ, Swaminathan S, Karplus M. Journal of
Computational Chemistry 1983;4(2):187–217.

36. Mackerell AD, Feig M, Brooks CL. Journal of Computational Chemistry 2004;25(11):1400–1415.
[PubMed: 15185334]

37. Fears KP, Creager SE, Latour RA. Langmuir 2008;24(3):837–843. [PubMed: 18181651]
38. Humphrey W, Dalke A, Schulten K. Journal of Molecular Graphics 1996;14(1):33. [PubMed:

8744570]
39. Vericat C, Vela ME, Benitez GA, Gago JAM, Torrelles X, Salvarezza RC. Journal of Physics-

Condensed Matter 2006;18(48):R867–R900.
40. Jorgensen WL. Journal of Chemical Physics 1982;77(8):4156–4163.
41. Jorgensen WL, Chandrasekhar J, Madura JD, Impey RW, Klein ML. Journal of Chemical Physics

1983;79(2):926–935.
42. Darden T, York D, Pedersen L. Journal of Chemical Physics 1993;98(12):10089–10092.
43. Collier G, Vellore NA, Stuart SJ, Latour AR. (in Press).
44. Andersen HC. Journal of Computational Physics 1983;52(1):24–34.
45. Ryckaert JP, Ciccotti G, Berendsen HJC. Journal of Computational Physics 1977;23(3):327–341.
46. Nose S, Klein ML. Molecular Physics 1983;50(5):1055–1076.
47. Nose S. Molecular Physics 1984;52(2):255–268.
48. Vanommeslaeghe K, Hatcher E, Acharya C, Kundu S, Zhong S, Shim J, Darian E, Guvench O, Lopes

P, Vorobyov I, MacKerell AJ. J Comput Chem 2010;31(4):671–690. [PubMed: 19575467]
49. Feig M, Karanicolas J, Brooks CL. Journal of Molecular Graphics and Modelling 2004;22(5):377–

395. [PubMed: 15099834]
50. Feng W, Stuart SJ, Latour RA. Biointerphases Journal 2008:9–18. [PubMed: 19768127]
51. Friedman RA, Mezei M. Journal of Chemical Physics 1995;102(1):419–426.
52. Torrie GM, Valleau JP. Journal of Chemical Physics 1977;66(4):1402–1408.
53. Torrie GM, Valleau JP. Journal of Computational Physics 1977;23(2):187–199.
54. Harvey SC, Prabhakaran M. Journal of Physical Chemistry 1987;91(18):4799–4801.
55. Kumar S, Rosenberg JM, Bouzida D, Swendsen RH, Kollman PA. Journal of Computational

Chemistry 1995;16(11):1339–1350.
56. Overbeek JTG. Journal of Colloid and Interface Science 1977;58(2):408–422.
57. Sugita Y, Okamoto Y. Chemical Physics Letters 1999;314(1–2):141–151.
58. Lovell SC, Davis IW, Adrendall WB, de Bakker PIW, Word JM, Prisant MG, Richardson JS,

Richardson DC. Proteins-Structure Function and Genetics 2003;50(3):437–450.
59. Wallqvist A. Chemical Physics Letters 1990;165(5):437–442.

Vellore et al. Page 13

Langmuir. Author manuscript; available in PMC 2011 May 18.

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript



Figure 1.
A molecular model of the TGTG-V-GTGT peptide over a hydrophobic CH3-SAM surface in
TIP3P water with 140 mM NaCl (generated using Visual MD software (VMD38)). The peptide,
the SAM surface, Na+ (yellow) and Cl− (green) ions in solution, and the fixed layer of water
at the top of the unit cell are shown as space-filled atoms. The mobile bulk water molecules
are represented by space-filled atoms that have been made translucent for clarity of the peptide.
The total molecular assembly consists of 12,850 atoms.
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Figure 2.
Representative PMF profiles (solid red line) extracted from the umbrella sampling simulations
and fitted with a modified DLVO type of equation (equation 4, dotted green line) for the TGTG-
X-GTGT peptides, where (a) X=Val, (b) X=Thr, and (c) X=Asp over the CH3-SAM surface
and (d) X=Val, (e) X=Thr and (f) X=Asp over the OH-SAM surface.
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Figure 3.
Free energy profiles (red lines) extracted from the REMD simulation results with error bars
representing 95% confidence intervals (n = 3) about the means for each of the TGTG-X-GTGT
peptides, where (a) X=Val, (b) X=Thr, and (c) X=Asp over the CH3-SAM surface and (d)
X=Val, (e) X=Thr and (f) X=Asp over the OH-SAM surface.
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Figure 4.
Ramachandran plots for the dihedral angles of the mid-chain guest residue (X) from the biased-
REMD simulations for X = valine (V), threonine (T), and aspartic acid (D). The dihedral
distribution of the guest residue obtained from high resolution Protein Data Bank crystal data
is shown in the first row. The second and fourth rows depict the dihedral distribution of the
guest residue in the bulk (16 Å < SSD < 28 Å) over the CH3 and OH SAM surfaces. The third
and fifth rows show the behavior of the guest residue near the SAM surface (SSD < 8 Å).
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Figure 5.
Comparison of the free energy of adsorption (ΔGads) estimated from the biased REMD
simulation with the experimental results as obtained by Wei and Latour30.
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Figure 6.
SSD for each individual residue from the REMD simulation results at 298 K when the SSD
position of the peptide was less than 8 Å for X = Valine (V, nonpolar) (square) and aspartic
acid (D, negatively charged) (triangle) on the methyl SAM surface (left) and hydroxyl SAM
surface (right); error bars represent 95% confidence intervals about the mean (n = 3).
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Figure 7.
A representative snapshot for the TGTG-V-GTGT peptide over the (a) methyl-SAM surface
and (b) hydroxyl-SAM surface from the biased-energy REMD simulations.
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