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Disregulation of epidermal growth factor receptor (EGFR)
signaling directly promotes bypass of proliferation and survival
restraints in a high frequency of epithelia-derived cancer. As
such, much effort is currently focused on decoding the molecu-
lar architecture supporting EGFR activation and function.Here,
we have leveraged high throughput reverse phase protein
lysate arrays, with a sensitive fluorescent nanocrystal-based
phosphoprotein detection assay, together with large scale
siRNA-mediated loss of function to execute a quantitative inter-
rogation of all elements of the human kinome supporting
EGF-dependent signaling.This screeningplatformhas captured
multiple novel contributions of diverse protein kinases to mod-
ulation of EGFR signal generation, signal amplitude, and signal
duration. As examples, the prometastatic SNF1/AMPK-related
kinase hormonally upregulated Neu kinase was found to sup-
port EGFR activation in response to ligand binding, whereas the
enigmatic kinase MGC16169 selectively supports coupling of
active EGFR to ERK1/2 regulation. Of note, the receptor tyro-
sine kinaseMERTK and the pyrimidine kinase UCK1 were both
found to be required for surface accumulation of EGFR and sub-
sequent pathway activation inmultiple cancer cell backgrounds
and may represent new targets for therapeutic intervention.

The capacity of cells tomount discrete responses to complex
environmental cues is, at least in part, the consequence of
highly integrated networks of signal transduction cascades.
Much is understood about the organization of regulatory mol-
ecules into signaling pathways, but much remains to be learned
about pathway modulators, connectivity among pathways, and
the contribution of this connectivity to distinct cellular re-
sponses (1–3). Knowledge of how cell regulatory systems are
organized to allow the coupling of stimulus to response with
appropriate fidelity is central to predicting drug action, under-
standing pathological regulatory conditions, and identifying
effective molecular targets for drug discovery. The recent
development of robust technologies for high throughput quan-
titative measurements of protein concentrations and post-

translational modifications (4), together with the advent of
effective RNA interference-based human somatic cell genetics
(5), affords the exceptional opportunity for the comprehensive
unbiased analyses ofmolecular frameworks supporting cell reg-
ulatory systems. Here, we have combined quantitative high
density protein lysate microarrays with a large scale synthetic
siRNA collection for a systematic interrogation of the epider-
mal growth factor receptor (EGFR)3 tyrosine kinase-induced
mitogenic signaling network. We used direct measurements of
the activation states of STAT3 and the ERK1/2 protein kinase
cascades, acutely engaged upon EGFR stimulation, to evaluate
the consequences of individual gene knockdowns on EGFRnet-
work assembly and function. This analysis has revealed 1) novel
obligate components of EGFR signaling cascades; 2) pathway-
specific signal modulators; and 3) new molecular couplers that
specify the dynamics of the EGF signaling infrastructure.

EXPERIMENTAL PROCEDURES

siRNADelivery—Theprimary screenwas performedwith the
human kinome siRNA library (Dharmacon and ThermoFisher)
in a 96-well microtiterplate format. Each well in this library
contains a pool of four synthetic siRNAoligonucleotides target-
ing one of 672 distinct genes. For high throughput transfection,
5�l of 2micromolar siRNA (10 pmol) was transferred from the
stock plates using a Biomek FX robotic liquid handler (Beck-
man Coulter) and mixed with 30 �l of Dharmacon cell culture
reagent for each of three assay plates per library stock plate.
Following a 5-min incubation at room temperature, 10 �l of
DharmaFECT 3 (Dharmacon, ThermoFisher) diluted 1:10 in
Dharmacon cell culture reagent was delivered to each well with
a TiterTek Multidrop. Following an additional 30-min incuba-
tion, all wells were seeded with 8,000 cells/well in a volume of
160 �l from a single-cell suspension of A431 cells in Dulbecco’s
modified Eagle’s medium and 10% fetal bovine serum (no
antibiotics).
Plate Processing—We found that EGF responsiveness in

A431 cells is equivalent under serum-starved (overnight incu-
bation in serum-free Dulbecco’s modified Eagle’s medium) or
serum-adapted conditions (nomedia change over the course of
72 h) (see supplemental Fig. 1 and data not shown). Therefore,
to minimize artifacts induced by the plate manipulations
required for a serum-starvation step, we elected to employ
serum-adapted conditions as the no EGF baseline. 72 h post-
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transfection, 50�l of a 250 ng/ml EGF (Sigma) stock solution in
Dulbecco’s modified Eagle’s medium was added to each well,
with the exception of wells in column 1, for a final concentra-
tion of 50 ng/ml and incubated for 5 min at 37 °C. The culture
media was then dumped and replaced with 100 �l of 2% SDS
lysis buffer (2% SDS, 5% glycerol, 1% �-mercaptoethanol, 68
mM Tris, pH 6.8). To facilitate lysis and eliminate viscosity,
plateswere then incubated at 80 °C for 45min and filtered using
96-well 0.7 micron filter plates.
Slide Printing and Hybridization—Lysate printing was per-

formed with a four-pin SpotArray 24 (PerkinElmer) using
nitrocellulose-coated FAST slides (Whattman). Slides were
printedwith�1.5 nl of lysate per spot for a fractional cell equiv-
alent of �3.5 cells/spot. 9 plates were arrayed per slide, with
each plate in a single column and with each well in triplicate for
a total of 2592 spots/slide. Slides were dried for 2 h at room
temperature or at 4° C overnight prior to incubation in 1� Re-
blot Plus Mild (Chemicon) for 7 min, followed by three washes
in 1� Tris Buffered Saline Tween-20 (Dako Cytomation).
Then, slides were blocked in SEA BLOCK (Pierce) for 2 h at
room temperature or at 4° C overnight. The next incubation
steps were performed in the following order: 5 min in 0.03%
hydrogen peroxide (Dako Cytomation), 10 min in avidin block
(Dako Cytomation), 10min in biotin block (Dako Cytomation),
15 min in protein block (Dako Cytomation), 45 min in primary
antibody (p-ERK, Cell Signaling), p-Y705-STAT3 (Cell Signal-
ing), actin (Sigma)) diluted 1:1000 in antibody diluent (Dako
Cytomation), 20min in respective secondary antibody at 1:5000
in antibody diluent (Dako Cytomation), 15 min streptavidin
complex (Dako Cytomation, prepared exactly as described in
the kit manual), 15 min amplification reagent (Dako Cytoma-
tion), and 15 min streptavidin-conjugated 655 nm Quantum-
dots (Invitrogen), after which slides were extensively washed in
phosphate-buffered saline. Between each step above, slides
were washed three times for 5 min each in Tris Buffered Saline
Tween-20. Finally, slides were briefly rinsed in milli-Q water
and dried by centrifugation.
Imaging and Data Processing—Slides were scanned with a

480 nm laser using a ProScanArray microarray scanner
(PerkinElmer). Spot detection and quantitation was performed
using ProScanArray Express software (PerkinElmer). Raw val-
ues of technical triplicateswere averaged andnormalized by the
mean of the 9 nearest neighbors within a column. Biological
triplicates were then averaged for each gene. Those with dis-
cordant values across the three replicates were discarded from
further analyses.
Network Analysis—The comprehensive network of human

genes was constructed by compiling protein-protein interac-
tions in Human Protein Reference Database (6), Entrez Gene
(7), Biomolecular Interaction Database (8), and IntAct (9). Sig-
naling interactions were compiled from Biocarta and Kyoto
Encyclopedia of Genes and Genomes (KEGG) (10) as well as
through manual curation. Transcription factor target interac-
tions were obtained from ORegAnno (11). Functional interac-
tions between geneswere constructed based on the significance
of overlap of their gene ontology (12) annotations as well as
their common assignment to a KEGGmetabolic pathway. Can-
cer mutation data were obtained from COSMIC (13) and from

Refs. 14–18. Scoring of network components (nodes and edges)
for their relevance to a given data set is done by a random
walk-based scoring strategy (19) by using the data values of
nodes as transition probabilities. First, each interaction i-j is
assigned a probability value (pij) based on the data values of
nodes in the neighborhood:

p ij �
wj

�k�Niwk
(Eq. 1)

wherewj is the experimental value for node j, andNi is the set of
immediate downstream neighbors of node i. If there are no
downstream nodes of the node i (�Ni� � 0), pij is set to pij � 1/n
for all j, where n is the total number of nodes in the network.
Also, at each step, we assigned a small probability (q � 0.01)
that the random walk would jump to any other node in the net-
work. Final relevance scores of nodes are given by their visitation
frequenciesby the randomwalk in theendof infinite iterations (i.e.
value at the stationary distribution of the randomwalk (19)).

RESULTS AND DISCUSSION

We elected to employ the squamous cell carcinoma-derived
cell line A431 for large scale functional analysis of gene prod-
ucts supporting acute-phase EGFR signaling. High-abundance
EGFR expression in this line affords a large dynamic range for
detection of EGF-induced pathway activation, and there has
been significant historical investment in the identification of
appropriate antibodies for detection of specific antigens within
A431whole-cell lysates spotted on reverse-phase protein lysate
arrays (RPPAs) (20, 21). A high throughput compatible
siRNA transfection protocol that preserved EGF responsive-
ness with minimal culture manipulations was derived
together with a cell lysate preparation, spotting, and hybrid-
ization protocol allowing sensitive and selective quantitative
detection of ERK1/2 and STAT3 with active-site phosphor-
ylation specific antibodies and fluorescent quantum dot-
coupled secondary antibodies (supplemental Fig. 1). The lat-
ter afforded a linear range of detection across two logs of
signal intensities with a coefficient of variation between rep-
licate spots of �6% (supplemental Fig. 1).
Cells were transfected in triplicate with 672 synthetic siRNA

pools (four independent siRNAs per gene per well) targeting all
human protein kinases, small molecule kinases, as well as a
number of kinase-related and associated proteins (22, 23)
arrayed in 96-well microtiter plates. Each assay plate also con-
tained cytotoxic siRNAs targeting PLK1 to monitor transfec-
tion efficiency and negative control siRNAs targeting glyceral-
dehyde-3-phosphate dehydrogenase (GAPDH), those that do
not bind RNA induced silencing complex (RISC) and nontar-
geting sequences. In addition, column 1 of each assay plate was
used tomonitor pathway activation in the absence of EGF stim-
ulation (supplemental Fig. 2). 72 h post-transfection, all wells,
except for column one, were treated with 50 ng/ml EGF for 5
min.Whole cell lysates were then microspotted in triplicate on
nitrocellulose-coated glass slides at a density of �2600 spots
per array (Fig. 1). Separate arrays were prepared for each of
three antibodies detecting p-ERK1/2 (Thr202,Tyr204), p-STAT3
(Tyr705), and actin. Following antibody hybridization and cou-
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pling of fluorescent nanocrystals (Qdot 655 nM), antibody-an-
tigen interactionswere quantified as a per-spotmeasure of fluo-
rescence intensity using a 480 nmmicroarray laser scanner. As
shown in the false color image of a representative slide stained
with anti-phospho-ERK1/2 (Fig. 1), position-specific variation
in signal intensity was corrected by nearest neighbor normal-
ization (see “Experimental Procedures”). Accordingly, normal-

ized value distributions for p-ERK, p-STAT3, and actin were
centered at 1 with a relatively narrow overall variance andmin-
imized position-specific artifacts (Fig. 1). Samples that did not
reproduce in at least two of three biological replicates, or those
with dubious spots were excluded from further analyses. The
mean of the resulting biological replicates was used as the rela-
tive value for each sample with each antibody.

FIGURE 1. Kinome screening protocol. For each kinome siRNA library master plate (2 �M siRNA concentration in each well), three assay plates with 8.6 pmol
of siRNA per well was generated. Transfections were performed in triplicate for biological replicates. After 72 h of transfection, cells were stimulated with 50
ng/ml EGF for 5 min. Lysates were printed onto nitrocellulose slides at a density of 9 plates per slide. Each well was spotted in triplicate for technical
reproducibility. Slides were incubated with antibodies against pERK, pSTAT3, and actin. A representative false color image of a slide immunostained with pERK
is shown. Each plate has �EGF and �EGF control wells as indicated in the enlarged panel at bottom left. Qualitative consequences of pERK signal intensity upon
MAPK1 depletion are evident in the enlarged panel at the top left panel. Due to position-specific artifacts in slide processing, there is a significant position-
specific variation in the spot intensity values across the slide (bottom left panel). Nearest neighbor normalization resulted in a consistent distribution of spot
intensities across the slides (bottom right panel).
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As expected, cytotoxic PLK1 siRNAs on all slides resulted in
significant signal reductions from all three antibodies, while
siRNAs targeting MAPK1 (ERK2) selectively reduced the
p-ERK signal (Fig. 2A). To select hits that potentially modulate
EGF-induced signal propagation, all values were normalized to
actin signals as a control for protein abundance and filtered for
those displaying at least a 20% change (up or down) in relative
p-STAT3 or p-ERK signal intensity (Fig. 2B). A distributive

retesting of 17 candidates across this panel by immunoblot
analysis of independent transfections showed concordance
with the high throughput RPPA-derived observations (Fig. 2C).
Analysis by RPPA across a time course of EGF stimulation was
carried out to examine the consequence of target depletion on
signal amplitude together with signal duration. The tested
siRNA pools that blunted ERK1/2 and/or STAT3 responsive-
ness did so across the full time course, suggesting that the tar-

FIGURE 2. Candidate modulators of EGF-induced ERK1/2 and STAT3 activation. A, the heat map of normalized mean intensity values for siRNAs targeting
EGFR, MAPK1, MAPK3, PLK1, and glyceraldehyde-3-phosphate dehydrogenase (GAPDH) is shown. B, the 52 gene hit list. Those siRNA pools with reproducible
consequences on ERK1/2 and/or STAT3 activation are shown. The heat map color scale indicates normalized intensity values for respective antibodies. The gene
targets were clustered according to their normalized intensity values (unsupervised hierarchical cluster). C, immunoblot validation of a representative panel of
hits. Whole-cell lysates prepared from independent transfections were separated by SDS-PAGE and immunoblotted as indicated. Nontargeting siRNAs were
used as controls. D, box plots of MNT1 and H1155 cell lethality z-score values for pERK hits relative to other kinases in the screen. E, Heat maps of RPPA analysis
of the time courses of EGF stimulation in response to knockdown of the indicated genes. After a 72-h transfection with respective siRNA oligonucleotides, cells
were stimulated with 10 (right panel) or 100 ng/ml EGF and collected after 5, 30, or 60 min. The heat map color scale indicates raw intensity values for respective
antibodies. SUR8 is included as a positive control of ERK signal abrogation in response to EGF. The right panel shows pSTAT3 stimulation in response to low EGF
concentration.
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geted gene products are required for EGF signal propagation
(ERK1/2: HUNK, PFKFB1, CSNK2A2, MGC16169; STAT3:
CSNK2A2, UCK1, MERTK, TNK1; Fig. 2E). In the case of
STAT3 activation, many of the siRNA pools which enhanced
EGF responsiveness resulted in continued EGF-dependent
accumulation of p-STAT3 over time, suggesting the targeted
gene products are involved in signal desensitization or termi-
nation (PTPRR,DGKD,NYD-SP25,MGC16169; Fig. 2E). Eight
targets, selected as representing novel components of each of
the major phenotypic groups (DGKD, MGC16169, MERTK,
DAPK3, UCK1, TNK1, PFKFB1, NYD-SP25), were further
tested for target-specific knockdown by quantitative PCR
and phenotypic reproducibility with multiple independent
siRNA oligos. All targets were expressed in A431 cells and
significantly depleted by cognate siRNAs (supplemental
Fig. 3A). In addition, appropriate phenotypes were recovered
with two or more independent siRNA oligonucleonucleoti-
des for seven of eight of the targets (supplemental Fig. 3B)
suggesting the majority of the targets represent biologically
meaningful relationships.
Given the central contribution of EGF receptor family acti-

vation to initiation and progression of neoplastic disease (24,
25), we compared the screen-generated functional data set to
recent cancer genome-resequencing efforts (14, 16, 17, 26).
Annotation of the 52 candidate EGFR signal modulators
revealed 31 that had been identified as somatic mutations in
tumor tissues or tumor-derived cell lines (supplemental Table
1). In addition to returning expected relationships with known
oncogenes, such as CSF1R (27), in several cases, the direction of
impact on EGFR signaling upon target depletion infers novel
functional relationships between identified somatic mutations
and tumorigenic signaling. For example, EPHA3 is frequently
mutated in lung and colorectal cancers (14, 26). Whereas iden-

tified mutations are broadly distributed across the gene, some
likely alter composition of a predicted “molecular brake” in the
kinase domain by analogy with structural studies of other
receptor tyrosine kinases (26, 28) andmay result in constitutive
kinase activity. Consistent with a predicted promitogenic role
in cancers, EPHA3 depletion impaired EGF-dependent STAT3
activation. By contrast, EPHA7 expression is frequently sup-
pressed by promoter hypermethylation in cancers (29, 30). The
elevated STAT3 activation observed upon EPHA7 depletion
(Fig. 2B) is consistent with tumor suppressor activity. Similarly,
DAPK3 (aka ZIP kinase) depletion resulted in elevated STAT3
activation. Though only a fewmutations have been observed to
date, this locus is frequently lost in gastric cancer (31). This,
together with the inhibitory consequences of DAPK3 expres-
sion on EGFR, predicts that theDAPK3mutations identified by
the cancer genome sequencing project likely impair DAPK3
protein function (supplemental Table 1).

Maintenance of ERK1/2 activation, primarily driven by acti-
vating mutations in BRAF or N-Ras, is an obligate component
supporting survival of many melanoma cell lines and is thus a
high priority therapeutic target (32). We therefore compared
the consequences of kinome depletion on EGF-induced
ERK1/2 activation with consequences onMnt-1melanoma cell
survival employing a data set derived from a recent genome-
wide siRNA screen (33). A similar analysis was performed with
a data set fromH1155, a tumor line resistant to ERK1/2 inhibi-
tion (34). Remarkably, those targets selectively required for
EGF-induced ERK1/2 activation in A431 cells were signifi-
cantly enriched among single-gene lethals in Mnt-1 cells (Fig.
2D (Wilcoxon rank sum test, p � 0.003) and supplemental
Table 1). This suggests a significantly more complex target
space may be available for pharmacological abrogation of
ERK1/2 activation than previously anticipated.

FIGURE 3. ERK and STAT3 pathways are differentially sensitive to EGF receptor activity. A, cells were stimulated with increasing concentrations of EGF for
5 min (left panel) or treated with increasing concentrations of Tarceva (erlotinib) before stimulating with 100 ng/ml EGF for 5 min (right panel). Lysates were
immunoblotted with indicated antibodies. MEK1 is included as a control for equal protein loading. B, human bronchial epithelial cell line (HBEC) and H1819
(lung adenocarcinoma cell line) cells were stimulated for 5 min with increasing concentrations of EGF and probed for pERK and pSTAT3. An A431 lysate of
equivalent total protein concentration from 100 ng/ml EGF stimulation is included for comparison.
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As is readily evident in the heat map display of screen hits
(Fig. 2B), we recovered twice as many targets modulating
STAT3 activation as compared with ERK1/2 activation. In
addition, ERK1/2 activation appeared relatively resistant to
reduction of EGFR concentrations (Fig. 2A). This is unlikely to
be an artifact of antibody sensitivity as both p-ERK and
p-STAT3 selective antibodies had similar dynamic range
(supplemental Fig. 1) and suggests that the ERK activation net-

work may be more robust than STAT3 against perturbation of
EGFR signaling dynamics in these cells. In fact, ERK1/2 was
maximally active upon exposure to 10 ng/ml EGF, whereas
p-STAT3 was first detectable in response to 50 ng/ml EGF and
continued to accumulate in response to 400 ng/ml EGF (Fig.
3A). Moreover, there was at least a 100-fold difference in the
sensitivity of these two pathways to the small molecule EGFR
kinase inhibitor erlotinib (Fig. 3B). Taken together, these obser-

FIGURE 4. UCK1 and MERTK regulate STAT3 signaling by modulating EGFR stability in response to EGF. A, A431 cells transfected with the indicated siRNAs
were immunoblotted with the indicated antibodies. Whole-cell lysates from a 5-min incubation in 100 ng/ml EGF were prepared 72 h post-transfection.
B, relative mRNA levels of EGFR in response to UCK1 and MERTK knockdown. C, the indicated cell lines were transfected with siRNAs targeting UCK1 or MERTK.
48 h post-transfection, lysates were immunoblotted to detect steady-state EGFR concentrations. D, cells treated as in B were stimulated with EGF 48 h
post-transfection for the specified times followed by immunobotting for total EGFR protein accumulation. Immunoblots (top panels) and quantitation of band
intensities (bottom panels) are shown from a representative experiment from three repeats. E, A431 cells transfected with siRNAs targeting UCK1 were treated
with leupeptin or not 48 h post-transfection, as indicated, followed by a 3-h incubation in 100 ng/ml EGF. Whole-cell lysates were immunoblotted for detection
of EGFR protein accumulation.
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vations suggest that minimal numbers of activated EGFRs are
required to maximally engage ERK1/2 signaling and that these
receptors are far from limiting in A431 cells. In contrast,
STAT3 responds in a fashion more concordant with the abso-
lute concentration of activating phosphorylation events on
EGFR receptors (Fig. 3A). A similar differential sensitivity of
ERK1/2 and STAT3 to EGF receptor-dependent signaling was
observed in a nonsmall cell lung cancer derived cell line, H1819,

known to have high relative EGFR expression. Surprisingly,
unlike ERK1/2, STAT3 activationwas undetectable in response
to EGF stimulation of nontumorigenic telomerase-immortal-
ized airway epithelial cells with a “normal” complement of
EGFR (Fig. 3B).
To examine activity at the level of the EGF receptor, a panel

of EGFR tyrosine phosphorylation site-specific antibodies were
used to monitor EGF responsiveness upon target depletion as

FIGURE 5. Representative interactions in the highest scoring networks for actin, ERK, and STAT3 data sets. A, subnetwork showing representative
highest scoring interactions in the actin network (see supplemental Fig. 3 for the full network). B, representative interactions that are unique for ERK network
(see supplemental Fig. 4 for full ERK network). C, representative interactions unique to the STAT3 network (see supplemental Fig. 5 for the full highest scoring
network). Colors of nodes indicate their normalized signal intensity values according to respective color keys in each panel. Edge colors indicate type of
interaction as shown (PPI, protein-protein interaction; FI, functional interaction as described under “Experimental Procedures”). Network plots were generated
by a custom code based on the g plot function in the sna package for R. PRKACA, protein kinase A; ADRBK1, �-adrenergic receptor kinase; DGUOK, de-
oxyguanosine kinase.

FIGURE 6. Clinical significance of UCK1 and DGUOK expression in ERBB2-expressing breast cancer patients. Kaplan-Meier survival curves for breast
cancer patients with high and low ERBB2 expression with respect to UCK1 (A) and DGUOK (B) expression. In the upper panels in A and B, Genome Institute of
Singapore patient cohort data (38) were used. For lower panels, Jules Bordet Institute data (39) was used. High and low ERBB2 patients were determined from
supplied ERBB2 measurement levels in the IJB clinical data. For the GIS data set, these were determined based on ERBB2 mRNA levels in the microarray dataset.
p values were calculated using log-rank test in “survival” package for R. DGUOK, deoxyguanosine kinase.
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compared with controls. Whereas TNK1 depletion selectively
impaired phosphorylation of Tyr845, a canonical Src family site,
the most striking observation was a significant reduction in
EGFR protein accumulation upon depletion of UCK1 or
MERTK (Fig. 4A). This reduction was not associated with
reduced accumulation of EGFR mRNA (Fig. 4B) and was reca-
pitulated in two other tumor-derived cell lines known to over-
express EGFR (35) (Fig. 4C). At least one mechanism contrib-
uting to reduced EGFR concentrations in all three cell lines is
enhanced EGF-dependent EGFR internalization and degra-
dation (Fig. 4D). The enhanced signal-dependent EGFR
turnover was reversible by leupeptin-mediated inhibition of
lysosomal hydrolase activity. This relationship suggests that
UCK1 andMERTKmay actively participate in modulation of
EGFR trafficking and/or deflection of EGF-dependent signal
desensitization.
As a tool to aid extrapolation of this screen data set to other

system-level analyses and to help infer potential mechanistic
relationships for future testing in appropriate experimental
models, we next mapped the siRNA targets modulating EGFR
signaling onto the human protein interaction network. We
constructed a current “state-of-the-field” network of human
protein-protein interactions and functional relations frompub-
licly available databases (see “Experimental Procedures”) con-
taining close to 250,000 interactions among 14,503 unique gene
products. To definewhich sub-networks are over- or underrep-
resented within each data set, we performed a random walk-
based network assembly (NetWalk algorithm)4 using actin,
p-STAT3, and p-ERK1/2 abundance values to segregate the
highest scoring networks (see supplemental Figs. 4–6). Signif-
icant subnetworks unique to each data set are shown in Fig. 5.
As examples, the low actin network is enriched for mevalonate
pathway components (phospho-mevalonate kinase, meval-
onate kinase, andmevalonate decarboxylase) (Fig. 5A), indicat-
ing their importance in the cell growth and/or survival of A431
cells. The ERK network is mostly centered aroundMAPKs (see
supplemental Fig. 5) but also contains PRKACA (protein kinase
A) and ADRBK1 (�-adrenergic receptor kinase) (Fig. 5B),
implicating the PKA signaling in the regulation of EGF-induced
MAPK signaling. The STAT3 network returned an additional
nucleotide kinase, DGUOK (deoxyguanosine kinase), the
depletion of which caused a similar phenotype to that of UCK1
in the primary screen, potentially indicating a role for nucleo-
tide metabolism in the regulation of EGFR signaling.
To query the disease relevance of the identified nucleotide

kinase/EGFR signaling relationships, we examined the correla-
tion of UCK1 and DGUOK expression with clinical outcomes
in breast cancer patients. ERBB2, amember of the EGFR family,
is frequently overexpressed in breast cancers and correlates
with poor outcome (36). To assess relevance of UCK1 and
DGUOK expression in cancers with potentially increased EGF
signaling, we divided patient samples into high and low ERBB2
groups based on their ERBB2 mRNA levels. As shown in Fig. 6,
high UCK1 or DGUOK expression correlates with poor out-
come in breast cancer patients with high but not low ERBB2

expression in two independent cohorts. Together with the cell-
based loss-of-function assays, this observation suggests that
nucleotide kinases UCK1 and DGUOK may have important
roles in sustaining aberrant EGF signaling in vivo.
Focused investigation of the EGFR signaling network in nor-

mal and diseased cells and tissues has generated an extensive
galaxy of interconnected molecular pathways (37). However,
parsing those components that represent appropriately fragile
pressure points for intervention requires the following: 1) that
functional network mapping is inclusive of most key compo-
nents supporting signal acquisition and transmission and 2)
that these functional networks can be decoded to isolate obli-
gate components within distinct regulatory contexts. Here, we
have taken a large scale, unbiased approach toward capture of
gene products required for mitogen-induced EGFR activation
and function. This has generated a rich data set containing
novelmolecular relationships specifying both commonanddis-
crete EGF-dependent signaling events. Although higher reso-
lution mechanistic elaboration of these relationships is indi-
cated, the diversity of those uncovered suggests application of
this discovery platform across the human genome is a practical
and effective means of generating accurate and coherent
molecular maps of cell autonomous signaling architecture.
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