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Abstract
In targeted radionuclide therapy (TRT), dose estimation is essential for treatment planning and
tumor dose response studies. Dose estimates are typically based on a time series of whole body
conjugate view planar or SPECT scans of the patient acquired after administration of a planning
dose. Quantifying the activity in the organs from these studies is an essential part of dose
estimation.

The Quantitative Planar (QPlanar) processing method involves accurate compensation for image
degrading factors and correction for organ and background overlap via the combination of
computational models of the image formation process and 3D volumes of interest defining the
organs to be quantified. When the organ VOIs are accurately defined, the method intrinsically
compensates for attenuation, scatter, and partial volume effects, as well as overlap with other
organs and the background. However, alignment between the 3D organ volume of interest (VOIs)
used in QPlanar processing and the true organ projections in the planar images is required. The
goal of this research was to study the effects of VOI misregistration on the accuracy and precision
of organ activity estimates obtained using the QPlanar method.

In this work, we modeled the degree of residual misregistration that would be expected after an
automated registration procedure by randomly misaligning 3D SPECT/CT images, from which the
VOI information was derived, and planar images. Mutual information based image registration
was used to align the realistic simulated 3D SPECT images with the 2D planar images. The
residual image misregistration was used to simulate realistic levels of misregistration and allow
investigation of the effects of misregistration on the accuracy and precision of the QPlanar
method. We observed that accurate registration is especially important for small organs or ones
with low activity concentrations compared to neighboring organs. In addition, residual
misregistration gave rise to a loss of precision in the activity estimates that was on the order of the
loss of precision due to Poisson noise in the projection data. These results serve as a lower bound
on the effects of misregistration on the accuracy and precision of QPlanar activity estimate and
demonstrate that misregistration errors must be taken into account when assessing the overall
precision of organ dose estimates.

Index Terms
targeted radionuclide therapy (TRT); dose estimation; Quantitative Planar (QPlanar) processing
method; mutual information

I. INTRODUCTION
Dose estimation is essential for treatment planning and studies of tumor response in targeted
radionuclide therapy (TRT). Dose estimates are typically based on quantitative imaging
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techniques such as whole body conjugate view planar or SPECT imaging of the patient after
administration of a planning dose. Quantifying the activity in the organs from these studies
is an essential part of dose estimation.

The conventional method for quantifying activity from planar images is based on using the
geometric mean of conjugate view scintillation camera whole-body scans (Thomas et al.,
1976) and has been used in many clinical trials (e.g., O’Donnell et al., 1999; Matthay et al.,
2001; Koral et al., 2003). However, this method for quantifying organ activities based on
planar scans has several limitations that can result in limited accuracy (Wu and Siegel,
1984). The overlap of an organ’s projection with the projections of other organs or
background regions is perhaps the major limitation for planar processing methods. Other
limitations arise from the approximate nature of the methods used to compensate for
attenuation, scatter, system resolution and partial volume effects (Thomas et al., 1988;
Leichner et al., 1993; Siegel et al., 1999). These limitations can produce inaccurate and
imprecise activity estimates. While it is possible to improve the estimates by improved
background and overlap correction (Liu et al., 1996; Kojima et al., 2000; Sjogreen et al.,
2002) and the addition of source thickness compensation to the geometric mean attenuation
compensation, these methods require additional information that must be obtained from
some 3D imaging modality such as SPECT or CT.

We have previously developed a processing method for quantifying organ activities from
planar scans, the Quantitative Planar (QPlanar) method, which explicitly uses 3D organ
volumes of interest (VOIs) to provide improved activity estimates in a way that is
theoretically rigorous (He and Frey, 2006). The QPlanar method is based on maximum
likelihood estimation (Carson, 1986) and an accurate computational model of the image
formation process. While still using data from conjugate view planar scans, it provides both
accurate and theoretically rigorous compensation for image degrading factors including
attenuation, scatter, the collimator-detector response, partial volume effects, and background
and organ overlap. We have shown that this method provides organ activity estimates with
accuracy that approaches that of quantitative SPECT, but uses data from conventional planar
wholebody scans and requires reduced processing times (He and Frey, 2006).

However, the QPlanar method requires definition of 3D organ VOIs that are aligned with the
planar images. This means that the 3D VOIs must be well registered to the positions of the
organs at the time that the planar images were acquired. These VOIs would typically be
defined using a 3D imaging study, such as SPECT or x-ray CT. Since these 3D images
would be acquired at a different time than the planar images, they would need to be
registered to the planar projections. The goal of this research was to study the effects of VOI
misregistration on the accuracy and precision of organ activity estimates obtained using the
QPlanar method.

In previous work, we studied the effect of misregistration on the accuracy of QPlanar
activity quantification by shifting the 3D VOIs in one of three orthogonal directions (two
directions in the transaxial planes and one axially) (He and Frey, 2010). That study thus
evaluated the sensitivity of accuracy to shifts of fixed distances. However, since it did not
model variability in misregistration that would be seen with patients, it did not provide
information about precision. In addition, the shifts studied were rather arbitrary and not
based on the magnitude of shifts that would be present in patient data.

Studying the effects of VOI misregistration on accuracy and precision requires a realistic
computational model of the degree and variability of misregistration that would be expected
clinically. In this paper, we studied these effects using a computational model based on
residual misregistration obtained between 3D SPECT and 2D planar images obtained after
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applying a registration method. In this model, we implicitly assumed that the 3D information
was obtained from a SPECT/CT scan. The SPECT and CT images in the SPECT/CT scan
were assumed to be perfectly registered. The CT image was used to provide high resolution
anatomical information, and the SPECT image provided data that, in addition to defining the
structures functionally, could be more easily registered to the data from the planar scans.

Given this assumption, we modeled the misregistration of the organ VOIs with the planar
images by residual misregistration of SPECT and planar nuclear medicine images after
applying a mutual information based image registration method to align realistic simulated
3D SPECT images with 2D planar images. The residual misregistration after this procedure
was used as a computational model for the misregistration that would be observed clinically
when registering SPECT and planar images using such an algorithm. It should be noted that
the misregistrations and the registration algorithm modeled only rigid transformations of the
planar and SPECT data.

II. METHODS
A. QPlanar Method

The QPlanar method uses conjugate view whole-body scans, an accurate computational
model of the image formation process, and an iterative maximum likelihood algorithm to
estimate the activities in a set of non-overlapping VOIs. In this context, non-overlapping
means that the VOIs do not overlap in the 3D object space, but may (and in general will) at
least partially overlap in projection space. The method assumes there are uniform (or at least
known) activity distributions in each of the VOIs (including the background, though
multiple background regions could be used), and that the planar scan is equal to the
weighted sum of the projections of the VOIs, where the weights are the organ activity
concentrations.

The VOI projections are estimated using a projector that accurately models the effects of
attenuation, scatter, and the full collimator-detector response, and thus is a realistic
computational model of the image formation process. The forward model is given by:

(1)

In equation (1), pi is the counts in the projection bin i, ar is the total activity in the rth VOI,
Cir is projection matrix describing the probability that a photon emitted in the rth VOI will
be detected in projection bin i, and N is the number of VOIs (He and Frey, 2006).

A maximum likelihood-expectation maximization (ML-EM) algorithm is used to estimate
the organ activities that result in the best fit between the estimated and measured equations
(Carson, 1986). Due to the assumption of uniform organ activities, the method implicitly
includes partial volume compensation similar to that performed using, e.g., the geometric
transfer matrix method (Rousset et al., 1998; Du et al., 2005). The update equation for the
QPlanar algorithm is:

(2)
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where pi is the measured projection in bin i, ar
n is the estimated activity concentration in

region r after the n-th iteration, M, is the total number of projection bins in the anterior and
posterior projection images, and the remainder of the symbols have the same meaning as in
Equation 1. Equation 2 is applied iteratively until the activity estimates converge. Due to the
relatively small number of VOIs, the matrix C can be precalculated and stored, allowing the
computations in Equation 2 to be performed very rapidly. The calculation of C is performed
by filling each VOI with a constant activity concentration having unit total activity and
projecting it into the anterior and posterior projections. Since the numbers of projections and
organs are small, the precalculation takes less time than a single iteration of a SPECT
reconstruction.

It is evident that the QPlanar method requires knowledge of the 3D organ VOIs. In practice,
these will often be determined by segmenting 3D SPECT or CT images. Since the planar
and SPECT/CT images will not, in general, be registered, some post-acquisition registration
will be required. Also, the planar images would often be acquired at different times than the
SPECT images, and could thus represent very different underlying activity distributions.

B. Mutual Information Based Image Registration
In this work we used mutual information-based image registration methods to register the
SPECT and planar images. These methods have been found to be useful in multi-modality
image registration (Maes et al., 1996) which, as mentioned above, is useful in this
application because of the difference in underlying activity distributions between the planar
and SPECT images resulting from their different times of acquisition. Mutual information
measures the amount of information two images contain about each other. When images are
well-registered, they tend to have a maximum amount of common information, i.e., mutual
information (Viola and Wells, 1995).

We implemented a 2D-to-3D mutual information-based registration algorithm. In the
method, a rigid transformation specified by 5 parameters including 2 translations (x and z)
and 3 rotations (yz, xz and xy) (see Figure 1 for details) was applied to a reconstructed
SPECT image. The x-axis is in the transaxial plane along the left-right lateral direction, the
y-axis is aligned with the anterior-posterior axis in the patient and the z-axis is along the
axial direction, which is aligned with the inferior-superior axis of the patient. A simple
projection of the image was taken along the axis of the transformed image that is
perpendicular to the anterior and posterior projection image plane. As a result, it was not
necessary to consider the translation in the direction of the y-axis since it does not affect the
projections. The translation parameters x and z were the shifts parallel to the x- and z- axes,
respectively; the rotation parameters yz, xz and xy represented rotations around x-, y- and z-
axes, respectively.

We computed the MI between the projection and geometric mean of the anterior and
posterior planar projections. We used the residual error after this mutual information based
registration procedure as a simulation model for misregistration of the VOIs and planar
images that would be obtained following a registration procedure in a clinical study.

A MI-based registration method was implemented by searching for the transformation
parameters that maximized the mutual information. The search was performed using
Powell’s algorithm (Esteban and Morales, 1995), a nonlinear optimization algorithm well
suited for image registration tasks. In this case, the function maximized was the mutual
information of the planar and SPECT projections with respect to the five rigid
transformation parameters (2 translations and 3 rotations).
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C. Experimental Design
In a typical clinical study to estimate organ dose, a combination of planar and SPECT
images would be acquired at various time points after administration of a planning dose of
the imaging agent. In this work we modeled acquisition of a clinical dose estimation
imaging procedure where planar images are acquired at 1, 5, 24, 72, and 144 hours after
injection of a planning dose, and a SPECT/CT image is acquired just after the 24 hour planar
image.

C.1 Data Generation—We used the 3D NCAT phantom (Segars et al., 2001) to provide a
realistic numerical model of patient anatomy. Monte Carlo simulation methods, using a
previously-validated MC simulation code (He et al., 2005; Song et al., 2005) that included
modeling of the effects of septal penetration and scatter, were used to generate low-noise
projections of 7 organs (Heart, Lungs, Liver, Kidneys, Spleen, Marrow and Blood Vessel) of
interest and the whole body remainder. The activity distribution in all organs was uniform
except in the heart and lungs. The lungs included a model for airways (Garrity et al., 2003)
which resulted in 27% of the voxels in the lung containing air, and thus having no activity.
In the heart, the blood-to-myocardium activity ratio was 107:130 for all time points.

During the simulation, both In-111 photopeaks (171 keV and 254 keV) were simulated
using two 14% wide energy windows centered at each photopeak. The low-noise projections
were generated into 128 transaxial and 170 axial projection bins with a 0.442 cm pixel size
at 120 views over 360°. Scaling and summing of these projections was used to generate
planar or SPECT projections with noise levels and activity distributions based on In-111
ibritumomab tiuxetan (Zevalin) patient scans. The activity distribution for the SPECT scan
modeled that observed at 24 hours post injection. The acquisition time for patient SPECT/
CT scans was 30 s per view for 120 views over 360° using a GE Millenium VH/Hawkeye
system with MEGP collimator. The average over all slices of the total counts in a sinogram
was 1.34×105. Planar scans were generated with activity distributions appropriate for
imaging at 1, 5, 24, 72, and 144 hours post injection (Figure 2). The count level in the planar
images corresponded to a 20 min scan time. The total organ activity and organ volumes
simulated in the heart, lungs, liver, kidneys, spleen, bone marrow, blood vessel and body
remainder at the 5 time points are shown in Table 1. The total counts in the anterior and
posterior planar images at each of the time points are shown in Table 2. Noise was simulated
using a Poisson-distributed pseudo-random number generator. Since the organ activities and
acquisition times were based on clinical scans, and the camera sensitivity modeled that of a
real gamma camera system, the resulting noise levels were clinically realistic.

The planar scans used during registration were scatter compensated using the Triple Energy
Window (TEW) method (Ogawa et al., 1991) followed by taking the geometric mean of the
conjugate views. The SPECT images used in the registration were reconstructed using the
iterative ordered subsets-expectation maximization (OS-EM) algorithm (Hudson and Larkin,
1994) with compensation for attenuation, scatter, and the full collimator and detector
response (He and Frey, 2006).

We investigated the accuracy of registration using SPECT reconstructed with iteration 5-30
iterations of OS-EM using 24 subsets per iteration. The number of subsets used was
appropriate for the count level in the projections. To verify this, we also used 20 iterations
using 6 subsets per iteration (comparable to 5 iterations of 24 subsets) and, as will be
described below, found essentially no difference in the registration accuracy.

C.2 Image Registration—To study the effects of misregistration on quantitative
accuracy, we registered the SPECT and planar images using 50 randomly selected starting
values for the transformation parameters (x, z, xy, xz, yz). This is equivalent to having
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SPECT images with 50 different random orientations with respect to the planar images. The
starting parameters were varied uniformly over ±5 pixels for the x and z translations and ±5°
for rotations around the x, y and z axes. We selected these ranges as being reasonably
representative of what could be achieved in clinical practice after moderately careful
positioning of the patient and modest manual registration in the projection of planar and
SPECT projections. We did not model non-rigid deformations in this work. While this limits
the realism of the misregistration model, at present we have no data to provide a realistic
computational model of the non-rigid misalignments and organ deformations that would
arise due to differences in patient position for the different image acquisitions.

Using these images and starting values, we then performed a mutual information based
registration procedure to register the SPECT and planar images. In each case, the SPECT
image obtained from an activity distribution representing 24 hours post injection was
individually registered to planar images obtained from activity distributions representing 1,
5, 24, 72, and 144 hours post injection. We used SPECT images resulting from 5, 10, 15, 20,
25 and 30 iterations (24 subsets per iteration) to study the effects of iteration number on the
residual misregistration.

D. Accuracy of Registration Parameters
The accuracy of the activity estimates is ultimately the parameter of interest. However, it is
instructive to first investigate the magnitude of the residual misregistration for the various
registration parameters.

For all combinations of iteration numbers and planar image time points, small residual
misregistration was generally obtained for all parameters except for yz (rotation around the
x-axis) and xy (rotation around the z-axis). This is not surprising as the projections of the
SPECT images are relatively insensitive to rotations about these two axes. Figure 3 shows
the mean and standard deviation of the registration error for each of the registration
parameters for 3 of the time points (1, 24, and 144 hr) and two of the iteration numbers (5
and 15). The accuracies of the estimated registration parameters were better than 0.1 ± 0.3
pixels for the x shift, 0.3 ± 0.6 pixels for the z shifts, and better than 0.2 ± 0.5 degrees for
rotation around the y-axis. Similar accuracies were observed for other combinations of time
points and iteration numbers. The precisions of the estimates for the 144 hr time point were
worse than for the other time points, indicating a larger spread of residual error values. This
is likely because the In-111 labeled tracer was almost completely absent from the blood by
144 hours post injection, and thus there was little activity in the lungs and heart, as seen in
Figure 2. The lack of tracer in the blood provided fewer features for the algorithm to use in
establishing the optimal registration. To study how far the registration results were from the
truth, the mean of absolute errors for registration parameters with and without registration to
SPECT images after 5 iterations were computed and are presented in Table 3. These values
of the mean absolute error represent the average error, regardless of direction, for each of the
registration parameters. The average absolute error values showed similar trends compared
to the standard deviations of the error presented in Figure 3.

We also investigated the effect of iteration number on registration errors. The means of the
absolute value of the registration error for shifts in the x direction are shown in Figure 4.
Similar trends were observed for the z and xz registration parameters. These data suggest
that a smaller number of iterations is better in terms of achieving accurate registration. This
is likely due to the presence of increased noise in images obtained using more than 5
iterations (about 120 updates), which served as a confounding factor in the registration
process. For the xy and yz registration parameters we did not note any consistent trend as a
function of iteration number. This is likely due to the general insensitivity of the projection
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to the values of these parameters. Based on these data, we evaluated the accuracy of activity
estimates using the SPECT images obtained after 5 iterations (24 subsets per iteration).

E. Effect of Residual Misregistration on Accuracy of Activity Estimates
Figure 5 shows the mean percent error and standard deviation of each organ’s activity
estimated from planar images from the 5 hr time point using the QPlanar method and 3D
VOIs transformed using the residual misregistration from SPECT images.

The largest mean errors and standard deviations were observed for small organs, i.e., the
blood vessel (-6.72±13.54%) and bone marrow (6.80±7.19%). This demonstrates that minor
misregistration can produce substantial error in activity estimates for small organs. For the
other organs the accuracies were better than 5%, i.e., heart (0.35±1.26%), liver
(-0.08±1.61%), spleen (2.17±2.35%) and kidney (0.21±2.41%), in spite of the relatively
large residual misregistration for the xy and yz parameters. The percent standard deviations
were small for most of the organs except for the lungs (5.63%), marrow (7.19%) and blood
vessels (13.54%). Note that the larger variability for the lungs was likely because activity in
pulmonary blood vessels was not included as part of the lungs. Thus, errors in accurately
positioning the blood VOI would produce errors in the estimated lung activity, as some of
the blood will be included in the lung VOI. Achieving improved registration accuracy may
require further optimizing the SPECT images, for example by post-reconstruction filtering
to control image noise.

Figure 5 also compares the mean and standard deviation of errors with and without
registration. Although our focus was not on the magnitude of accuracy improvement with
registration, the comparison provides information about the different effects of registration
on different organs. For example, the accuracy of activity estimates for small organs, e.g.,
kidney, spleen, bone marrow and blood vessel, was improved substantially compared to no
registration. This demonstrates that registration is more important in terms of improving
accuracy for smaller organs, and suggests that good registration is essential for tumors. The
improvement in accuracy for large hot organs was smaller than for small hot organs. For
example, the accuracy was improved from -6.7% to 0.4% for heart and from -1.1% to -0.1%
for liver. This demonstrates that misregistration plays a less important role in activity
estimate accuracy for large and hot organs. However, large organs with low activity
compared to their neighbors, such as the lungs, showed dramatic increases in accuracy after
registration. The reasons for differences in behavior of small and large and cold and hot
organs will be discussed in more detail below.

To provide additional insight into the nature of the errors, Table 4 also shows the range and
the median of the percent error as well as the average percent absolute errors to illustrate
how far the activity estimates were from the truth.

In light of the relatively small difference in accuracy and the large standard deviations, one
might ask whether registration makes a statistically significant difference in the accuracy of
the organ activity estimates. To assess this, we tested the statistical significance of the
differences between organ activity estimates with and without registration. We computed the
two tailed p-value for a paired t-test; the resulting p-values are shown in Table 4. In all cases
the differences were significant with p-values of 0.01 or less. The p-values were small
despite the large standard deviations due to correlations between the errors with and without
registration for a given initial misregistration. These data indicate that mutual information
misregistration is significantly better than manual registration having residual
misregistration of +/- 5 pixels or degrees. However, the major focus of this work was not to
demonstrate the necessity of registration, but to provide estimates of effect of residual
misregistration on accuracy and precision.
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For many antibodies, the liver is the dose limiting organ and is thus of particular clinical
importance. Table 5 shows the mean, standard deviation and range of errors and mean of
absolute errors in activity estimates for the liver resulting from the residual misregistration
between SPECT images after 5 iterations and the planar images at each of the 5 time points.
Despite the relatively poor registration accuracy for two of the registration parameters (xy
and yz), activity estimates for the liver were quite good, with average absolute errors less
than 1.56%; the largest errors were for the 144 hour time point.

For dosimetry, the organ residence times are the parameter of ultimate interest. They are
based on the activity estimates at all time points, and it is thus important to evaluate the
effect of misregistration on them. We estimated the residence time by fitting the activity
estimates at each time point with an exponential decay function, integrating the resulting
curve and dividing this value by the total injected activity. Figure 6 shows the mean and
standard deviation of the percent error in the residence times for each organ estimated from
planar images with registration.

From these data, we observed that the accuracy and precision of errors in the residence times
were very similar to the errors in the activity estimate at the 5 hr time point, and thus the low
count levels in later time points, and resulting larger residual misregistrations, did not have
an undue impact on the accuracy or precision of the residence time estimates.

III. DISCUSSION
In this experiment, SPECT images acquired 24 hr post injection and reconstructed using OS-
EM algorithm with 24 subsets were registered with the planar images at time points ranging
from 1 to 144 hours. We used 24 subsets per iteration since we have already found that
optimal quantification requires a large number of updates (He et al., 2005). However, the
effects of noise in the images reconstructed with a large number of subsets on the
registration results may raise a concern. To investigate this, we also performed OS-EM
reconstruction using 6 subsets and compared the registration results from images obtained
with 20 iterations using 6 subsets and 5 iterations using 24 subsets. The observed differences
in registration accuracy were very small. We used 10 random sets of initial misregistrations
chosen from the 50 sets to perform the comparison. The maximum differences in estimated
registration parameters were 0.07 and 0.12 pixels and 0.11 degrees for x, z and xz
parameters, respectively. This demonstrates that the count level in the projection data (an
average of 1.34×105 counts per slice) at 24 hr after administration was high enough for 24
subsets to be appropriate for the registration task.

One important observation from this data is that the variations in organ activity estimates
due to the registration errors were larger than variations resulting from statistical noise (He
and Frey, 2006). For example, the standard deviation due to residual misregistration was
1.3% for the heart and 1.6% for the liver compared to standard deviations due to Poisson
noise of 0.31% for the heart and 0.16% for the liver. The difference was even larger for
small organs. For example, the standard deviations due to misregistration were 7.2% and
13.5%, but 0.52% and 0.81% due to statistical noise for the bone marrow and blood vessels,
respectively. As a result, considering the effects of misregistration on accuracy and precision
is important in evaluating image quantification methods and understanding the accuracy and
precision of organ dose estimates.

Above we observed that large, hot organs tend to be less effected by misregistration errors
than small ones. This can be understood in terms of the fractional error in the region of
intersection between the projection of the true organ and the VOI. A fixed registration error
will result in a larger fractional error in the overlapping regions for a small organ compared
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to a large one. For example, a 2 pixel shift in the transaxial (x-axis) position of the VOI will
result in a 14% decrease in the overlap region for the heart (volume = 656 cc) compared to
28% for kidneys (volume = 146 cc).

Second, we observed larger errors in organ activity estimates for cold organs than for hot
ones. For example, the lungs had an activity concentration of 9.0 Bq cm-3 compared to 25.5
18.7, and 17.3 Bq cm-3 in the heart, blood vessels and liver, respectively. Thus,
misregistration errors for the lungs resulted in including portions of hotter organs in the
projected VOI. Since the activity concentration in the lungs was small, even small shifts
resulted in a large increase in the counts underlying the projection of the VOI. For example,
a 2 pixel shift in the transaxial (x-axis) direction resulted in including 1.8% of the heart
activity as part of the lungs. This will, however, represent about 5% of the activity in the
right lung. As a result, the effect of this misregistration would be larger for the lungs than for
the heart.

The combination of the two factors described above explains why misregistration plays a
less important role in activity estimates for large and hot organs. However, despite the fact
that the average effect is small, there were substantial variations in accuracy, resulting in
imprecision in activity estimates, for large and hot organs. As mentioned above, this
demonstrates that misregistration may be an important contributor to the imprecision of dose
estimates and should be considered when assessing the overall reliability of dose estimates.

One limitation of this experiment is that the model used to simulate misregistration model
used modeled only rigid misregistrations. In clinical studies, some degree of non-rigid
deformation in organ shapes or relationships is likely. It would be difficult to achieve good
registration in the presence of such non-rigid deformations. As a result, the errors in activity
and residence time estimates due to organ misregistration should be considered lower limits
on the clinically observable effects.

Another limitation of the experiment performed was we modeled a uniform activity
distribution in all the organs except the lungs and heart. The QPlanar method used in this
work assumes that the activity distribution in any VOI is uniform. Thus, nonuniform activity
distribution in an organ may result in both reduced accuracy for the QPlanar method and
have some impact on the accuracy of registration. It is interesting to consider how the results
of this experiment might be different if the activity distribution inside an organ was
nonuniform.

As noted, the activity distributions in the lungs and heart in this study had some modest
nonuniformities. In the lungs, 27% of the voxels had uniform activity. These voxels were
distributed throughout the lungs based on the lung airway model used. For the heart, the
myocardium had approximately an activity concentration ~18% lower than the blood. The
effects of misregistration on accuracy and precision were similar for the heart and liver,
indicating that this level of nonuniformity is not a major factor on organ activity accuracy
and precision. For the lungs, as pointed out above, the accuracy and precision was worse
than for other organs. However, it seems much more likely that, as discussed above, the
errors were due to the close proximity of other high activity organs such as the liver, heart,
and blood. It is thus difficult to make conclusions about the effects of activity distribution
nonuniformity based on the results for the lungs. Nevertheless, it seems reasonable, based on
data for the heart and the fact that the registration is with respect to the organ projections,
that modest nonuniformities that might be expected in normal organs would have little effect
on the results of this study.

Another type of uniformity not addressed in this work is the case when tumors, which may
have high uptake or necrotic regions with no uptake, are present in an organ. There are two
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effects to be considered: the effect on the QPlanar method and the effect on registration
accuracy. While we have not performed systematic studies, we have performed some
experiments indicating that a large tumor or necrotic region inside an organ with a
substantial difference in activity concentration does degrade the accuracy of the QPlanar
method. This is an area that requires further additional studies. However, it should be noted
that, if the tumors were delineated in the SPECT or CT scan used to define the VOIs, they
could be included as a separate VOIs in the QPlanar estimation procedure. This would
potentially reduce the effect of the nonuniformity on the accuracy of the organ activity
estimate. In terms of the registration accuracy, if the tumors move inside the organ in a way
consistent with the motion model used in the registration (i.e., rigidly in this work), then
they would be unlikely to degrade the registration accuracy. In fact, the tumors might
provide another feature that could provide information about how well the images are
registered, and thus improve registration accuracy. On the other hand, if the tumors move
differently than the registration model used (i.e., they move nonrigidly inside the organ),
then registration accuracy would be degraded. This would in turn lead to reduced accuracy
and precision of the organ activity.

IV. CONCLUSION
In this work, we investigated the effect of misregistration on the accuracy and precision of
organ activity and residence estimates from In-111 planar images using the QPlanar
quantification method. This experiment modeled misregistration as the residual
misregistration after a mutual information 2D-3D image registration procedure. Since the
initial misregistrations and registration algorithm modeled only rigid misregistration, the
results of this paper should be considered lower limits on the clinically achievable errors due
to misregistration.

The results show that registration was important and resulted in statistically significant
improvements in organ activity estimates. The improvement was larger for small or low-
activity organs compared with large and hot organs, and that there was a larger contribution
of residual misregistration to imprecision of activity or residence time estimates for small or
low-activity organs than large and hot organs. This suggests that careful and accurate
registration is essential for small organs and objects such as tumors. The data showed that
the residual misregistrations were random in nature and thus degraded the precision of
activity and residence time estimates; the standard deviations resulting from misregistration
variations were larger than those due to statistical noise. This demonstrates that the
imprecision due to residual misregistration plays an important role in the overall precision of
activity and dose estimates using the QPlanar method. From this conclusion, it can be
deduced that the effects of registration imprecision should be included in any estimate of the
precision of dose estimates.

References
Astola J, Virtanen I. Entropy correlation coefficient, a measure of statistical dependence for

categorized data. Proc Univ Vaasa. 1982; 44 Discussion Papers.
Beekman FJ, de Jong HWAM, van Geloven S. Efficient fully 3-D iterative SPECT reconstruction with

Monte Carlo-based scatter compensation. Ieee Transactions on Medical Imaging. 2002; 21:867–77.
[PubMed: 12472260]

Beekman FJ, denHarder JM, Viergever MA, vanRijk PP. SPECT scatter modelling in nonuniform
attenuating objects. Physics in Medicine and Biology. 1997; 42:1133–42. [PubMed: 9194133]

Carson RE. A Maximum-Likelihood Method for Region-of-Interest Evaluation in Emission
Tomography. Journal of Computer Assisted Tomography. 1986; 10:654–63. [PubMed: 3488338]

Song et al. Page 10

Phys Med Biol. Author manuscript; available in PMC 2011 September 21.

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript



Du Y, Frey EC, Wang WT, Tocharoenchai C, Baird WH, Tsui BMW. Combination of MCNP and
SimSET for Monte Carlo simulation of SPECT with medium and high energy photons. 2001 Ieee
Nuclear Science Symposium, Conference Records. 2002; 1-4:1358–62.

Du Y, Tsui BMW, Frey EC. Partial volume effect compensation for quantitative brain SPECT
imaging. Ieee Transactions on Medical Imaging. 2005; 24:969–76. [PubMed: 16092329]

Esteban MD, Morales D. A Summary on Entropy Statistics. Kybernetika. 1995; 31:337–46.
Frey EC, Ju ZW, Tsui BMW. A Fast Projector-Backprojector Pair Modeling the Asymmetric,

Spatially Varying Scatter Response Function for Scatter Compensation in Spect Imaging. Ieee
Transactions on Nuclear Science. 1993; 40:1192–7.

Frey EC, Tsui BMW. A Practical Method for Incorporating Scatter in a Projector-Backprojector for
Accurate Scatter Compensation in Spect. Ieee Transactions on Nuclear Science. 1993; 40:1107–16.

Frey EC, Tsui BMW. A new method for modeling the spatially-variant, object-dependent scatter
response function in SPECT. 1996 Ieee Nuclear Science Symposium - Conference Record. 1997;
1-3:1082–6.

Garrity JM, Segars WP, Knisley S, Tsui BMW. Development of a dynamic model for the lung lobes
and airway tree in the NCAT phantom. 2002 Ieee Nuclear Science Symposium, Conference
Record. 2003; 1-3:1858–62.

Gonzalez DE, Jaszczak RJ, Bowsher JE, Akabani G, Greer KL. High-resolution absolute SPECT
quantitation for I-131 distributions used in the treatment of lymphoma: A phantom study. Ieee
Transactions on Nuclear Science. 2001; 48:707–14.

Gullberg GT, Huesman RH, Malko JA, Pelc NJ, Budinger TF. An Attenuated Projector Backprojector
for Iterative Spect Reconstruction. Physics in Medicine and Biology. 1985; 30:799–816. [PubMed:
3840265]

He B, Du Y, Song XY, Segars WP, Frey EC. A Monte Carlo and physical phantom evaluation of
quantitative In-111SPECT. Physics in Medicine and Biology. 2005; 50:4169–85. [PubMed:
16177538]

He B, Frey EC. Comparison of conventional, model-based quantitative planar, and quantitative SPECT
image processing methods for organ activity estimation using In-111 agents. Physics in Medicine
and Biology. 2006; 51:3967–81. [PubMed: 16885618]

He B, Frey EC. The impact of 3D VOI definition on activity estimation accuracy in quantitative
SPECT and planar imaging methods. Physics in Medicine and Biology. 2010; 55:3535. [PubMed:
20508323]

Hudson HM, Larkin RS. Accelerated Image-Reconstruction Using Ordered Subsets of Projection Data.
Ieee Transactions on Medical Imaging. 1994; 13:601–9. [PubMed: 18218538]

Jaszczak RJ, Coleman RE, Whitehead FR. Physical Factors Affecting Quantitative Measurements
Using Camera-Based Single Photon-Emission Computed-Tomography (Spect). Ieee Transactions
on Nuclear Science. 1981; 28:69–80.

Jaszczak RJ, Greer KL, Floyd CE, Harris CC, Coleman RE. Improved Spect Quantification Using
Compensation for Scattered Photons. Journal of Nuclear Medicine. 1984; 25:893–900. [PubMed:
6611390]

Kadrmas DJ, Frey EC, Karimi SS, Tsui BMW. Fast implementations of reconstruction-based scatter
compensation in fully 3D SPECT image reconstruction. Physics in Medicine and Biology. 1998;
43:857–73. [PubMed: 9572510]

Kojima A, Ohyama Y, Tomiguchi S, Kira M, Matsumoto M, Takahashi M, Motomura N, Ichihara T.
Quantitative planar imaging method for measurement of renal activity by using a conjugate-
emission image and transmission data. Medical Physics. 2000; 27:608–15. [PubMed: 10757612]

Koral KF, Kaminski MS, Wahl RL. Correlation of tumor radiation-absorbed dose with response is
easier to find in previously untreated patients. Journal of Nuclear Medicine. 2003; 44:1541–3.
[PubMed: 12960205]

Leichner PK, Koral KF, Jaszczak RJ, Green AJ, Chen GTY, Roeske JC. An Overview of Imaging
Techniques and Physical Aspects of Treatment Planning in Radioimmunotherapy. Medical
Physics. 1993; 20:569–77. [PubMed: 8492765]

Liu A, Williams LE, Raubitschek AA. A CT assisted method for absolute quantitation of internal
radioactivity. Medical Physics. 1996; 23:1919–28. [PubMed: 8947907]

Song et al. Page 11

Phys Med Biol. Author manuscript; available in PMC 2011 September 21.

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript



Maes F, Collignon A, Vandermeulen D, Marchal G, Suetens P. Multi-modality image registration by
maximization of mutual information. Proceedings of the Ieee Workshop on Mathematical Methods
in Biomedical Image Analysis. 1996:14–22.

Matthay KK, Panina C, Huberty J, Price D, Glidden DV, Tang HR, Hawkins RA, Veatch J, Hasegawa
B. Correlation of tumor and whole-body dosimetry with tumor response and toxicity in refractory
neuroblastoma. treated with I-131-MIBG. Journal of Nuclear Medicine. 2001; 42:1713–21.
[PubMed: 11696644]

O’Donnell RT, DeNardo GL, Kukis DL, Lamborn KR, Shen S, Yuan AN, Goldstein DS, Carr CE,
Mirick GR, DeNardo SJ. A clinical trial of radioimmunotherapy with Cu-67-2IT-BAT-Lym-1 for
non-Hodgkin’s lymphoma. Journal of Nuclear Medicine. 1999; 40:2014–20. [PubMed: 10616879]

Ogawa K, Harata Y, Ichihara T, Kubo A, Hashimoto S. A Practical Method for Position-Dependent
Compton-Scatter Correction in Single Photon-Emission Ct. Ieee Transactions on Medical Imaging.
1991; 10:408–12. [PubMed: 18222843]

Pluim JPW, Maintz JBA, Viergever MA. Mutual-information-based registration of medical images: A
survey. Ieee Transactions on Medical Imaging. 2003; 22:986–1004. [PubMed: 12906253]

Rosenthal MS, Cullom J, Hawkins W, Moore SC, Tsui BMW, Yester M. Quantitative Spect Imaging -
a Review and Recommendations by the Focus Committee of the Society-of-Nuclear-Medicine
Computer and Instrumentation Council. Journal of Nuclear Medicine. 1995; 36:1489–513.
[PubMed: 7629599]

Rousset OG, Ma YL, Evans AC. Correction for partial volume effects in PET: Principle and
validation. Journal of Nuclear Medicine. 1998; 39:904–11. [PubMed: 9591599]

Segars WP, Tsui BM, Lalush DS, Frey EC, King MA, Manocha D. Development and application of
the new dynamic Nurbs-based Cardiac-Torso (NCAT) phantom. Journal of Nuclear Medicine.
2001; 42:7P–P.

Siegel JA, Thomas SR, Stubbs JB, Stabin MG, Hays MT, Koral KF, Robertson JS, Howell RW,
Wessels BW, Fisher DR, Weber DA, Brill AB. MIRD pamphlet no. 16: Techniques for
quantitative radiopharmaceutical biodistribution data acquisition and analysis for use in human
radiation dose estimates. Journal of Nuclear Medicine. 1999; 40:37s–61s. [PubMed: 10025848]

Siegel JA, Wu RK, Maurer AH. The Buildup Factor - Effect of Scatter on Absolute Volume
Determination. Journal of Nuclear Medicine. 1985; 26:390–4. [PubMed: 2984364]

Sjogreen K, Ljungberg M, Strand SE. An activity quantification method based on registration of CT
and whole-body scintillation camera images, with application to I-131. Journal of Nuclear
Medicine. 2002; 43:972–82. [PubMed: 12097471]

Song X, Segars WP, Du Y, Tsui BMW, Frey EC. Fast modelling of the collimator-detector response in
Monte Carlo simulation of SPECT imaging using the angular response function. Physics in
Medicine and Biology. 2005; 50:1791–804. [PubMed: 15815096]

Tang HR, Da Silva AJ, Matthay KK, Price DC, Huberty JP, Hawkins RA, Hasegawa BH.
Neuroblastoma imaging using a combined CT scanner-scintillation camera and I-131-MIBG.
Journal of Nuclear Medicine. 2001; 42:237–47. [PubMed: 11216522]

Thomas SR, Maxon HR, Kereiakes JG. In vivo quantitation of lesion radioactivity using external
counting methods. Medical Physics. 1976; 3:253–5. [PubMed: 958163]

Thomas, SR.; Maxon, HR.; Kereiakes, JG. Effective Use of Computers in Nuclear Medicine. Gelfand,
MJ.; Thomas, SR., editors. McGraw-Hill; New York: 1988. p. 468-84.

Tsui BMW, Frey EC, Zhao X, Lalush DS, Johnston RE, Mccartney WH. The Importance and
Implementation of Accurate 3d Compensation Methods for Quantitative Spect. Physics in
Medicine and Biology. 1994; 39:509–30. [PubMed: 15551595]

Viola P, Wells WM. Alignment by maximization of mutual information. Fifth International
Conference on Computer Vision, Proceedings. 1995:16–23.

Wahl RL, Kroll S, Zasadny KR. Patient-specific whole-body dosimetry: Principles and a simplified
method for clinical implementation. Journal of Nuclear Medicine. 1998; 39:14s–20s. [PubMed:
9708566]

Walrand SHM, Vanelmbt LR, Pauwels S. Quantitation in Spect Using an Effective Model of the
Scattering. Physics in Medicine and Biology. 1994; 39:719–34. [PubMed: 15552080]

Song et al. Page 12

Phys Med Biol. Author manuscript; available in PMC 2011 September 21.

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript



Wu RK, Siegel JA. Absolute Quantitation of Radioactivity Using the Buildup Factor. Medical Physics.
1984; 11:189–92. [PubMed: 6328238]

Zeng GL, Gullberg GT, Tsui BMW, Terry JA. 3-Dimensional Iterative Reconstruction Algorithms
with Attenuation and Geometric Point Response Correction. Ieee Transactions on Nuclear
Science. 1991; 38:693–702.

Song et al. Page 13

Phys Med Biol. Author manuscript; available in PMC 2011 September 21.

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript

N
IH

-PA Author M
anuscript



Figure 1.
3D to 2D transformation parameters (x, z, yz, xz, xy). Because of the planar images were
generated from projecting in y direction, parameter y is not considered in transformation
parameters.
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Figure 2.
The anterior noisy In-111 planar images with activity distribution 1hr, 5hr, 24hr, 72hr and
144hr after administration simulated.
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Figure 3.
Mean and standard deviations of errors for x, z, xy, xz and yz parameters from registration
of SPECT images obtained with 5 and 15 iterations with planar images from 1 hr, 24 hr and
144 hr time points.
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Figure 4.
Mean of absolute value of error in shift in x direction as a function of iteration number for
planar images at all five time points.
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Figure 5.
Comparison of the mean percent errors and standard deviation in organ activity estimates at
the 5 hr time point with and without registration.
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Figure 6.
The percent errors and standard deviation in residence time estimates for each organ
estimated from planar images with registration.
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