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Abstract

Background: Complex biological processes such as acute inflammation induced by trauma/hemorrhagic shock/ (T/HS) are
dynamic and multi-dimensional. We utilized multiplexing cytokine analysis coupled with data-driven modeling to gain a
systems perspective into T/HS.

Methodology/Principal Findings: Mice were subjected to surgical cannulation trauma (ST) 6 hemorrhagic shock (HS;
25 mmHg), and followed for 1, 2, 3, or 4 h in each case. Serum was assayed for 20 cytokines and NO2

2/NO3
2. These data

were analyzed using four data-driven methods (Hierarchical Clustering Analysis [HCA], multivariate analysis [MA], Principal
Component Analysis [PCA], and Dynamic Network Analysis [DyNA]). Using HCA, animals subjected to ST vs. ST + HS could be
partially segregated based on inflammatory mediator profiles, despite a large overlap. Based on MA, interleukin [IL]-12p40/
p70 (IL-12.total), monokine induced by interferon-c (CXCL-9) [MIG], and IP-10 were the best discriminators between ST and
ST/HS. PCA suggested that the inflammatory mediators found in the three main principal components in animals subjected
to ST were IL-6, IL-10, and IL-13, while the three principal components in ST + HS included a large number of cytokines
including IL-6, IL-10, keratinocyte-derived cytokine (CXCL-1) [KC], and tumor necrosis factor-a [TNF-a]. DyNA suggested that
the circulating mediators produced in response to ST were characterized by a high degree of interconnection/complexity at
all time points; the response to ST + HS consisted of different central nodes, and exhibited zero network density over the
first 2 h with lesser connectivity vs. ST at all time points. DyNA also helped link the conclusions from MA and PCA, in that
central nodes consisting of IP-10 and IL-12 were seen in ST, while MIG and IL-6 were central nodes in ST + HS.

Conclusions/Significance: These studies help elucidate the dynamics of T/HS-induced inflammation, complementing other
forms of dynamic mechanistic modeling. These methods should be applicable to the analysis of other complex biological
processes.
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Introduction

The advent of multi-dimensional datasets derived from dynamic

experiments on complex biological systems has resulted in a deluge

of data, but this massive increase in data has not necessarily

translated to enhanced mechanistic understanding [1]. One field

in which a plethora of both in vitro and in vivo data has not been

directly linked to a dynamic, mechanistic understanding is the field

of acute inflammation induced by trauma/hemorrhage and

related phenomena such as sepsis [2,3,4,5,6].

Traumatic injury, often accompanied by hemorrhage, repre-

sents the most common cause of death for young people, as well as

a significant source of morbidity and mortality for all ages [7].

Hemorrhage and trauma, like infection, are insults that induce an

acute inflammatory response involving a coordinated mobilization

of numerous cells and molecules, with repercussions on all organ

systems [8,9,10,11]. Importantly, an adequately robust, early

inflammatory response appears to be crucial for the survival of

both trauma patients and experimental animals subjected to T/

HS [12]. However, the inflammatory response can also compro-

mise healthy tissue, further exacerbating inflammation [11,13].

Numerous prior studies have documented both dynamic changes

in circulating inflammatory mediators [14,15], but these studies

have generally led to reductionist hypotheses rather than defining

networks of interactions.

The complex nature of the response to T/HS, with its many

redundant and overlapping pathways and mediators [16] does not

lend itself to a simple reductionist analysis, especially when there is
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limited or no experimental constraints on this system [2,3,4]. We

hypothesize that these multiple mechanisms of inflammation,

operating at different time scales, contribute to the complexity of

the post-T/HS inflammatory response. We have gained insights

into this complex response using mechanistic mathematical models

that recapitulate known mechanisms of acute inflammation in

various settings of trauma [17,18,19,20,21,22]. The mathematical

models described in these earlier studies were based on consensus

interactions gleaned from the literature.

Herein, we applied a set of novel, data-driven methods to

dynamic, multi-dimensional data derived from a highly-precise,

survivable mouse model of T/HS in order to discern novel

mechanistic interactions directly from data. These studies

demonstrate that survivable trauma elicits an inflammatory

response as early as 1 h post-injury. Our results also suggest that

the response to low-level trauma is driven by particular cytokines

in a complex and well-ordered manner, while the addition of

survivable HS leads to the elaboration of distinct inflammatory

mediators as part of a much less complex and less organized

response.

Materials and Methods

Experimental T/HS
This study was approved by the Institutional Animal Care and

Use Committee of the University of Pittsburgh (protocol

No. 1003645) and was conducted in accordance with the National

Institutes of Health Guidelines for the Care and Treatment of

Small Laboratory Animals. All studies were initiated only

following a two-week acclimatization period at the University of

Pittsburgh, Biomedical Science Tower Animal Facility, with access

to food and water ad libitum. Fifty-four Male C57BL/6 mice

(Charles River Laboratories, Raleigh, NC) weighting 25–30 grams

underwent surgical preparation under anesthesia with isoflurane

and Nembutal (70 mg/K). Animals were either untreated (n = 6)

or were cannulated and divided into four groups (n = 6 mice per

group), subjected to 1, 2, 3 or 4 h sham procedure (surgical

cannulation trauma only; ST) or 1, 2, 3 and 4 h of HS in addition

to this surgical cannulation trauma (ST + HS). ST + HS was

carried out using a hardware/software platform for computerized,

closed-loop HS in mice described previously [21], described in

greater detail in Document S1.

Quantification of serum analytes
A central goal of this study was to assess the dynamics of several

key inflammatory analytes, which are representative of the acute

inflammatory response and which have been shown to be

modulated in humans that have undergone trauma/HS [17,23].

Accordingly, blood was collected at all experimental time points in

order to obtain serum for analysis of circulating inflammatory

analytes. Twenty cytokines and chemokines (basic fibroblastic

growth factor [bFGF], granulocyte-macrophage colony stimulat-

ing factor [GM-CSF], interferon [IFN]-c, IL-1a, IL-1b, IL-2, IL-

4, IL-5, IL-6, IL-10, IL-12p40/p70, IL-13, IL-17, IP-10, KC,

monocyte chemotactic protein-1 [MCP-1], MIG, macrophage

inflammatory protein-1a (CCL-3) [MIP-1a], TNF-a, and basic

VEGF) were assessed using the LuminexTM multiplexing platform

(MiraiBio, Alameda, CA) using the BioSource 20-plexTM mouse

cytokine bead set (BioSource-Invitrogen, San Diego, CA) as per

manufacturer’s specifications. The nitric oxide reaction products

NO2
2/NO3

2 were assessed using the nitrate reductase kit

(Cayman Chemical, San Diego, CA) as per manufacturer’s

specifications.

Data analysis and data-driven modeling
The following analyses were carried out in an attempt to discern

differences in, and derive mechanistic insights from, changes in

inflammatory mediators across experimental procedures. The null

hypothesis for all of these studies was that inflammatory mediators

could not segregate ST from ST + HS. The schematic of the

analyses and their respective goals is depicted in Fig. 1.

Figure 1. Schematic of analyses utilized in the present study. Mice were subjected to ST 6 HS followed by measurement of cytokines,
chemokines, and NO2

2/NO3
2 as described in the Materials and Methods.

doi:10.1371/journal.pone.0019424.g001
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Data analysis: Univariate analysis and Analysis of

Variance. Univariate analysis explores individual variable in a

data set. It describes the pattern of response to the variable. Our

response variables are the 21 inflammatory mediators described

above, and Procedure and Time are the controllable input variables

on which the mediators are assumed to depend. Differences in

individual mediators were examined by performing independent

univariate analyses, i.e., the mean and t-difference of these

mediators ST vs. ST + HS at each time point (1, 2, 3, and 4 h).

The results of this analysis are depicted in Tables S1 – S3 and Fig.

S1, and the most significant variables are depicted in Table 1.

Table S4 encapsulates the significance of the two factors (Procedure

and Time), as well as their interaction, in each of the five most

discriminating mediators. This was achieved by using a linear

model to model each of the five responses as a function of Procedure,

Time, as well as their Interaction. The mediator IL-12p40/p70 (IL-

12.total), is explicitly modeled in a detailed example of this

procedure, as described in the Results section, and the observed

and fitted values are displayed in Fig. S2A. Since the mediators

were generally correlated, (see Table S5), we developed a tri-

variate linear model for IL-12.total, KC, and MIG as a function of

Procedure and Time. The model fits are displayed in Figs. S2B-D.

In the sections below, we describe the approach utilized to

determine if inflammatory mediators could predict the Procedure

(ST or ST + HS) to which experimental animals were subjected.

Data-driven modeling: Hierarchical clustering analysis

[HCA] of cytokine data. The goal of this analysis was to

highlight the natural variability, as well as any overlap, in

inflammatory mediators from animals subjected to ST or ST +
HS. Hierarchical clustering is a simple and unbiased clustering

method which aims to build a hierarchy of clusters. The limitation

is the cluster must be built pairwise; since it is purely based on the

similarity between the data, the cluster may lack biological

relevance [24]. This analysis was performed for all the

inflammatory analytes in the ST + HS and ST groups; the 6

samples from completely untreated mice were omitted from this

analysis. Each row of the data matrix corresponds to a sample

from a single mouse, and each column corresponds to an

inflammatory analyte (21 total: 20 cytokines/chemokines along

with NO2
2/NO3

2). The magnitudes of these values were log-

transformed and indicated by colors. The dendrogram (a

branching diagram used to show relationships between members

of a group) on the y-axis shows the similarities among samples

according to their correlation measures (the correlation between

the inflammatory mediators profiles) across all analyte values. The

calculation is performed by using the Bioinformatics Toolbox in

MatlabH 7.6.0.

Data-driven modeling: Multivariate analysis ([MA]

Assessing the predictive value of each mediator as to

defining whether a given animal was subjected to ST or

ST + HS). The goal of this analysis was to determine which

inflammatory mediators reach levels sufficiently different following

each insult so as to discriminate between ST and ST + HS. To do

so, a multivariate statistical model was developed that takes as

input the cytokine readings in mice and yields as output the

probability that the mouse in question belongs to a specific group:

ST + HS or ST only. The model uses an additive, main effects

only design. The experimental procedures ST and ST + HS

represent a binary response. Specifically, if p denotes the

probability that a mouse is subjected to ST + HS, we express

the log-odds ratio as a multiple regression of the independent

variables

ln (
1{p

p
)~b0z

Xk

i~1
biXi

where the b’s are unknown parameters subject to estimation,

and the X’s represent the predictor variables (selected inflamma-

tory mediators).

Several predictive classes of models were investigated, and the

logistic family was found to be the best suited for this task. The

individual predictive ability of each mediator was ranked by using

the corresponding p-values derived through the logistic model fit

involving that sole mediator as input variable. In addition, a

predictive model involving just two cytokines, IL-12.total and MIG

as predictor variables, was also constructed, as a preferred

overall predictive model. In this case, k~2 and (X1,X2)~
(IL-12:total,MIG) is the vector of the two variables. Maximum

likelihood estimation yields estimates for the model coefficients (the

b’s) and exponentiation of the log-odds function then yields the

estimates of the individual probabilities. The model was developed

on 80% of the available data and used to predict the remaining

20%.

Data-driven modeling: Principal Component Analysis

[PCA]. The goal of this analysis was to identify the subsets of

mediators (in the form of orthogonal normalized linear

combinations of the original mediator variables, called principal

components) that are most strongly correlated with a given

experimental procedure (ST or ST+HS), and that thereby might

be considered principal drivers of each response. PCA is a non-

parametric statistical method of reducing a multidimensional

dataset to a few principal components [25]. These are the

components that account for the most variability in the dataset.

The underling hypothesis is that a mediator that changes during a

specific process is important to that process. If the mediators that

change more than other mediators, then it is are more important.

This method allows us to identify the mediators that account for

the most change, or variance, in the dataset. The limitation is that

some principal components may lack biological relevance [24]. To

perform this analysis, the cytokine and NO2
2/NO3

2 data were

first normalized for each cytokine (i.e. a given value divided by the

maximum value for a given inflammatory mediator), so that all

cytokine levels were converted into the same scale (from 0 to 1). In

this way, any artifactual effects on variance due to the different

ranges of concentration observed for different cytokines were

eliminated. Only sufficient components to capture at least either

70% or 95% of the variance in the data were considered. From

these leading principal components, the coefficient (weight)

Table 1. Top five significantly different cytokine in ST vs. ST +
HS.

IL-12.Total IL-6 IP-10 KC MIG

1 h 2.43 1.76 3.31 2.20 2.07

2 h 2.76 2.18 1.35 0.99 3.13

3 h 6.88 2.24 2.22 2.96 6.35

4 h 3.04 3.08 2.17 4.84 1.46

Overall 4.75 2.65 3.00 3.31 4.42

Mice were subjected to ST 6 HS followed by measurement of cytokines,
chemokines, and NO2

2/NO3
2 as described in the Materials and Methods. The

data were subjected to univariate analysis as described in the Materials and
Methods; the top five inflammatory mediators most significantly different
between ST and ST + HS are depicted.
doi:10.1371/journal.pone.0019424.t001
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associated with each cytokine was multiplied by the eigenvalue

associated with that principal component. This product

represented the contribution of a given cytokine to the variance

accounted for in that principal component. The overall score

given to each cytokine is the sum of its scores in each component.

This gives a measure of a cytokine’s contribution to the overall

variance of the system. The cytokines with the largest scores are

the ones who contributed most to the variance of the process being

studied. More specifically, the overall PCA score was calculated in

the following way: Pj~
X

i

ei
:Wi,j , where i is the index of

component and j is the index of cytokine. Wi,j is the amount that

how much jth cytokine contributes to the ith component. ei is the

percentage of total variance accounted by ith component. The

MatlabH code for this analysis is included in Document S2.

Data-driven modeling: Dynamic Network Analysis
[DyNA]. The goal of this analysis was to gain insights into

dynamic changes in network connectivity of the inflammatory

response to ST and ST + HS over time. The mathematical

formation of this method is essentially to calculate of the

correlation among the variables by which we can examine their

dependence. To do so, cytokine networks were created in adjacent

1–h time periods (0–1 h, 1–2 h, 2–3 h, and 3–4 h) using MatlabH
and InkscapeH software (http://inkscape.org/). In order to be

included in the DyNA, a given mediator had to be statistically

significantly different from its baseline value (no treatment [time

= 0]; p,0.05 by Student’s t-test). Connections in the network were

created if the correlation between two nodes (inflammatory

mediators) were greater or equal to a threshold of 0.7 (based on

a total of 12 samples with 10 degrees of freedom, p,0.05). In the

network density calculation, in order to account for network sizes

(number of significantly altered nodes) in the adjacent 1–h time

periods detailed above, we utilized the following formula: (a minor

revision of the one reported by Assenov et al [26]). The MatlabH
and InkscapeH code for this analysis are included in Document S3.

Total number of edges � (Number of significantly altered nodes)

(Maximum possible edges among significantly altered nodes)

Results

We initially examined the levels of inflammatory analytes in the

serum of C57Bl/6 that were subjected to ST 6 HS, to confirm

prior studies that have demonstrated elevations in circulating

inflammatory analytes (e.g. TNF-a, IL-6, IL-10, NO2
2/NO3

2)

following T/HS in mice [17,21,23]. Mice were subjected either to

surgical cannulation (ST) alone or in combination with bleeding to

a target MAP of 25 mmHg (ST + HS) and maintained in that state

for 0 (baseline control), 1, 2, 3, or 4 h in each case. Since we

attempted to obtain as global a view as possible of the post-T/HS

inflammatory response, serum samples were collected at the end of

every time point and each sample was assessed for basic FGF,

GM-CSF, IFN-c, IL-1a, IL-1b, IL-2, IL-4, IL-5, IL-6, IL-10, IL-

12p40/p70, IL-13, IL-17, IP-10, KC, MCP-1, MIG, MIP-1a,

TNF-a, and basic VEGF using a mouse-specific bead set (Table

S1). In addition, the NO reaction products NO2
2/NO3

2 (Table

S2) were assessed. In total, 21 inflammatory mediators were thus

assessed over time in the following experimental scenarios: no

treatment (n = 6 mice per group); 1, 2, 3, or 4 h following surgical

cannulation trauma (ST; n = 6 mice per group); or 1, 2, 3, or 4 h

of ST + HS (bleeding to 25 mmHg; n = 6 mice per group). The

raw values of the all of the tested inflammatory mediators are

shown in Fig. S1.

Despite these dynamic changes in inflammation biomarkers as a

function of time, we sought to determine if a significant proportion

of these 21 mediators were altered as a function of time. This

question is especially important for any conclusions that might be

drawn regarding principal drivers or dominant networks. Figure 2

shows that nearly 30% (ST) and up to 40% (ST + HS) of all

queried mediators were altered over the time course studied.

Interestingly, this analysis suggested that ST results in a near

maximal alteration of inflammatory mediators between 0–1 h,

peaking between 1–2 h, and then dropping between 2–3 h before

returning to peak levels between 3–4 h. In contrast, ST + HS

resulted in a near-linear increase in inflammatory mediators

between 1–4 h, reaching a maximum of ,40% by 3–4 h.

To gain a systems perspective on these complex, time-

dependent responses to ST 6 HS, we carried out univariate

analysis, multivariate analysis (MA), hierarchical clustering

analysis (Fig. 3), Principal Component Analysis (PCA; Fig. 4),

and Dynamic Network Analysis (DyNA; Fig. 5). Initially, we

wished to assess the degree of inter-animal and inter-procedure

variability between the ST and ST + HS experimental groups.

Hierarchical clustering was performed for all the inflammatory

analytes in the ST + HS (Fig. 3, samples 1–24) as well as ST (Fig. 3,

samples 25–48) groups; the 6 samples from control, untreated mice

were omitted from this analysis. Each row of the data matrix

corresponds to a sample from a single mouse, and each column

corresponds to an inflammatory analyte (21 total: 20 cytokines/

chemokines along with NO2
2/NO3

2). The log-transformed

magnitudes of these values are indicated by the colors as shown

in the color bar (Fig. 3). The dendrogram on the y-axis shows the

similarities among samples. .In agreement with prior studies from

our group [19], this analysis suggested that circulating inflamma-

tory mediators could to some degree segregate ST from ST + HS.

However, a fair amount of overlap was observed in the

inflammatory response to ST alone vs. ST + HS: 93% of Group

1 samples were derived from animals subjected to ST, while 7%

were derived from animals subjected to ST + HS. In Group 2,

32% samples were derived from animals subjected to ST and 68%

Figure 2. Percent of inflammatory analytes modulated as a
function of time and procedure. Mice were subjected to ST 6 HS
followed by measurement of cytokines, chemokines, and NO2

2/NO3
2

as described in the Materials and Methods. In each adjacent 1–h time
period (0–1 h, 1–2 h, 2–3 h, and 3–4 h), the statistically significantly
altered inflammatory analytes (p,0.05 by Student’s t-test) were
selected out of the total 21 mediators by comparing the level of a
given mediator with its baseline value (no treatment [time = 0]).
doi:10.1371/journal.pone.0019424.g002
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were derived from animals subjected to ST + HS. A Chi-square

test with P,0.001 suggested that the distribution of ST vs. ST+HS

animals between Groups 1 and 2 was not random.

Despite this overlap, we hypothesized that data-driven analyses

would uncover distinct features of inflammation in ST vs. ST +
HS. We initially employed both univariate and multivariate

analyses.

Univariate analysis of T/HS in mice
We first focused on the time-dependent differences in

individual mediators by performing independent univariate

analyses. The means of the 21 inflammatory mediators induced

in response to ST 6 HS in the present study are depicted in Fig.

S1 and Tables S1 and S2. Table S3 shows the t-differences of ST

+ HS - ST at 1, 2, 3, and 4 h, respectively, followed by the t-

difference across the entire dataset. In the last row of Table 1, all

t-values are significant at the 0.01 level, indicating that all these

cytokines distinguish between ST + HS vs. ST when averaging

across time. Univariate analysis suggested that Total IL-12 (i.e.

the combination of IL-12 p40/p75) best discriminates ST + HS

from ST at 3 h, with a t-value of 6.88, and a p-value ,0.0001.

In this Table, only three entries are not significant at a level of

5%: those less than 1.82 (the quantile associated with the 5%

level of significance). Among the five cytokines and chemokines

depicted in Table 1, IP-10 is the only one that captures the

difference between ST + HS and ST early (at 1 h). As Table 1

indicates, the difference between ST + HS and ST is mostly

captured at 3 or 4 h by the other significant variables.

Additionally, at the p-value level of 0.01, significant differences

occur in Total IL-12, IL-6, IP-10, KC, and MIG. In addition,

significant differences at the 0.03 level are also seen in IL-10,

TNF-a, and VEGF.

We next carried out an ANOVA for the five responses

deemed most significant from the initial univariate analysis (IL-

12, IL-6, IP-10, KC, and MIG); the results of this analysis are

summarized in Table S4. From the table, we see that the

Procedure (ST vs. ST + HS) is highly significant. A Time effect

exists and is significant at a level of 2% for Total IL-12, IL-6,

and KC. For these three cytokines, the interaction between

Procedure and Time (Int) is found to be significant at level of 3% for

Total IL-12, and at a much lower level for IL-6 and KC, as

Table S4 indicates. The data indicate that the chemokines KC

and MIG are only significantly affected by the Procedure, but not

by Time or Interaction.

A more refined model clarifies exactly which interactions

between Procedure and Time account for the IL-12.total response.

We fit linear and quadratic time trends, and the following

statistical model was generated:

IL� 12:total~253:4{159:7(Procedure)z

184:6(Time:L){167:6(Procedure � Time:L)ze

with e denoting a Gaussian random variable with 0 mean, and

Time.L, signifying the linear effect of time. All three effects are

statistically significant at a level of 0.007. The quadratic time effect

Time.Q and the interaction Procedure*Time.Q are not statisti-

cally significant (the p-values are 0.31 and 0.28, respectively). This

Figure 3. Hierarchical Clustering Analysis of circulating inflammation biomarkers in ST 6 HS. Mice were subjected to ST 6 HS followed
by measurement of cytokines, chemokines, and NO2

2/NO3
2 as described in the Materials and Methods. Group 1, depicted in blue, 93% of Group 1

samples are ST and 7% are ST + HS; in Group 2, 32% samples are ST and 68% are ST + HS. A Chi-square test with P,0.001 suggests that the
distribution of ST vs. ST+HS animals between Groups 1 and 2 is not random.
doi:10.1371/journal.pone.0019424.g003

Dynamic View of Inflammation in Trauma/Hemorrhage
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means that IL-12.total grows linearly only (not quadratically) with

time, and that this linear time growth depends on the Procedure

(explaining the existing interaction). A comparison of the actual

Total IL-12 data to the fitted value produced by this model is

found in the Fig. S2A.

Multivariate analysis of T/HS in mice
The five cytokine responses of interest are correlated across all

data. The correlation matrix appears in Table S5. Since IL-6 and

KC have a correlation exceeding 90%, and IP-10 is the cytokine of

least relevance among the five, we shall undertake the construction

Figure 4. Principal Component Analysis of circulating inflammatory mediators induced by ST 6 HS. Mice were subjected to ST 6 HS
followed by measurement of cytokines, chemokines, and NO2

2/NO3
2 as described in the Materials and Methods. The figure shows the sorted overall

PCA score for each inflammatory mediator.
doi:10.1371/journal.pone.0019424.g004

Dynamic View of Inflammation in Trauma/Hemorrhage
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of a (two-way) Multivariate Analysis of Variance (MANOVA)

model by using cytokines (IL-12.total, KC, MIG) as a trivariate

response. The explanatory factors are, as in the univariate studies,

Procedure and Time. The model uses all possible interactions

between the two factors (it is not assumed additive). The Wilk’s

lambda is highly significant (p-value ,0.0001), allowing us to

reject the hypothesis that the means are equal across the levels of

the two factors. The trinomial response and trivariate fits of the

above model are displayed in Fig. S2.

Using inflammatory mediators to discern the procedure
to which experimental animals were subjected

A major goal of this analysis is to determine a model that uses

mediators as predictors for the experimental Procedure (ST or ST +
HS) to which mice were subjected. We first assessed the

importance of each mediator in predicting the Procedure, by fitting

a logistic predictive model using that sole mediator as predictor.

Table S6 summarizes this analysis based on the fitting of predictive

logistic models for each mediator. This table shows a partition of

the 14 cytokines into three groups, based upon their individual

predictive ability (ranked by the p-values in Table S6). The first

group, consisting of IL-12.total, MIG, and IP-10 comprises the

best predictors; the second-best group consists of KC and VEGF.

The other cytokines listed have less dramatic, but still statistically

significant, effects at the 10% level. It is interesting to note that

GM-CSF has a p-value of 1.4% and varies in opposite direction

from the other 12 significant cytokines when comparing ST +HS

to ST.

With the relevant mediators for the Procedure identified, we

embarked on the task of generating a simple predictive model that

identifies accurately predicts the Procedure as a function of the

relevant mediators. The specific logistic predictive model that

results is:

ln (
1{p

p
)~4:99{0:022 � IL-12:total{0:001 �MIG

with the estimated coefficients carrying p-values of 0.0005, 0.0019,

0.0082, respectively.

As depicted in Table S7, the model correctly distinguished ST +
HS from ST in 46 out of 48 cases, a success ratio of 96%. This is

highly significant when compared to a random assignment based

on a hypergeometric distribution, which would yield, on average,

only 24 out of 48 mice correctly classified. Under the hypothesis of

random assignment of each mouse to ST + HS or ST, the chance

of obtaining 46 or more correct assignments out of 48 is less than

0.001%. This model is, therefore, a helpful tool in distinguishing

successfully between ST + HS and ST from the readings of IL-

12.total and MIG.

Principal component analysis (PCA)
We next attempted to leverage the insights gained from

statistical analyses into mechanistic insights regarding the

dynamics of inflammation following T/HS. We initially utilized

PCA in order to identify the subsets of mediators that are most

strongly correlated with ST or ST + HS, and that thereby might

be considered principal drivers of each response. Importantly,

PCA is based on time-dependent changes in variance, and

therefore we hypothesized that this analysis would yield insights

into the dynamic responses of the various inflammatory mediators.

Figure 4 shows the top three principal components for ST (Fig. 4A)

and ST + HS (Fig. 4B). Fig. S3 shows two other variants of this

Figure 5. Dynamic Network Analysis summary for ST 6 HS. Mice
were subjected to ST 6 HS followed by measurement of cytokines,
chemokines, and NO2

2/NO3
2 as described in the Materials and

Methods. DyNA was carried out using these data as described in the
Materials and Methods. Panel A: DyNA for ST, during each of the
following four time frames: 0–1 h, 1–2 h, 2–3 h, and 3–4 h. Panel B:
DyNA for ST + HS. In both Panels A and B, the most connected
inflammatory mediators (nodes) are depicted in blue, and the
inflammatory mediators linked directly to each central node are
depicted in red. The mediators depicted in green are statistically
significantly different from their own baseline values (p,0.05), but not
correlated with any other mediators. Panel C: Network density plot for
ST and ST + HS during each of the four time frames (0–1 h, 1–2 h, 2–
3 h, and 3–4 h).
doi:10.1371/journal.pone.0019424.g005
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analysis, namely the principal components that comprise 70%

(Figs. S3A and S3C) and 95% (Figs. S3B and S3D) of the total

variance of the total variance, respectively. This analysis suggested

that the principal cytokines driving the response to ST were IL-10,

IL-13, and IL-6 (Figs. 4A, S3A, and S3C). In contrast, the

principal cytokines characterizing ST + HS were IL-10, KC, and

IL-6 (Figs. 4B, S3B, and S3D).

Dynamic Network analysis (DyNA)
Finally, we wished to expand our mechanistic analysis further

by examining the time-dependent evolution of cytokine networks

inferred from correlated changes in circulating inflammatory

mediators; we refer to this process as Dynamic Network Analysis

(DyNA). We wished not only to determine which networks were

present at various time intervals, but also to assess the total degree

of connectivity at each of these intervals. Fig. S4 shows the detailed

DyNA results for ST and ST + HS in the different time periods;

this analysis is summarized in Figs. 5A and 5B. DyNA suggested

that the central nodes were shifting rapidly post-ST, from IP-10

(0–1 h), to IP-10/IL-1b(1–2 h), then IL-12/NO2
2/NO3

2 (2–3 h),

and lastly TNF-a/ IL-4/IL-2/GM-CSF (3–4 h) (Figs. 5A and S4).

In contrast, the central nodes over the same time ranges in ST +
HS were MIG (0–1 h), MIG/IL-6 (1–2 h), MIG (2–3 h), and lastly

KC (3–4 h) (Figs. 5B and S4).

Finally, we wished to go beyond an examination of inflamma-

tory mediators and assess the global state of inflammatory

networks, by quantifying the degree of network connectivity as a

function of time following ST 6 HS (Fig. 5C). The ST response

was characterized by a high network density at all time points. In

stark contrast, ST + HS network density was zero over the first 2 h

and, though network connectivity increased thereafter, it remained

lower than that of ST at all time points (Fig. 5C).

Discussion

Detailed cellular and molecular analyses explored in isolation

have provided valuable insights into the pathobiology of sepsis and

T/HS, but have often been limited in their global applicability

[3,4]; this is a problem shared with many complex, dynamic

biological systems [1]. Data-driven analyses of genomic [27,28,29]

and proteomic [30] studies, along with mechanistic computational

modeling based on measurements of circulating inflammatory

mediators [17,18,19,21], have yielded insights into the pathophys-

iology of T/HS. Herein, have sought to link two classes of studies,

namely data-driven, pattern-oriented analyses of high-content

datasets [27,28,29,30] and mechanism-based computational

modeling [17,18,19,21], in order to gain quantitative, mechanistic

insights into the complexity of acute inflammation [31,32,33]. We

suggest that the approaches outlined herein have broad applica-

bility in biological studies, both in vitro and in vivo.

In the studies described herein, mice were subjected to highly

precise and reproducible experimental T/HS (bleeding down to

25 mmHg without resuscitation) for 1–4 h using a computerized

hemorrhage system described previously [21], to the sham

cannulation procedure (surgical cannulation trauma, ST) for the

same periods of time, or in completely non-manipulated animals.

The 1–4 h time range was chosen since mice can survive this

particular combined ST + HS insult for this length of time, and so

the present study essentially surveys the insult severity range over

which the host’s responses should remain robust. Twenty-one

inflammatory mediators representative of various manifestations of

acute inflammation were assessed over this time course in these

mice. Depending on the time point assessed, up to 40% of these

circulating inflammation biomarkers were altered relative to the

levels found in resting animals (Fig. 2), suggesting that the analytes

chosen were relevant to the experimental paradigm of T/HS

utilized in these studies.

We hypothesized that the data regarding the dynamic evolution

of these 21 mediators/biomarkers could be analyzed using data-

driven modeling approaches, following the framework depicted in

Fig. 1, in order to yield mechanistic insights regarding the roles of

these mediators in T/HS. The methods we utilized can be

separated into two broad categories: analyses that attempt to

discern differences across the experimental procedures (ST vs. ST

+ HS), and analyses that attempt to define mechanistic drivers

within ST or ST + HS.

In the first category (across experimental procedures), we

employed two distinct methods. Hierarchical Clustering Analysis

was used to examine both the natural variability of and the overlap

in circulating inflammatory mediators in animals subjected to ST

or ST + HS. This analysis highlighted the relatively high degree of

overlap between ST and ST + HS. A prior study from our group

had also described this large overlap in the pathways induced by

ST and ST + HS, though this prior study only examined TNF-a,

IL-6, IL-10, and NO2
2/NO3

2 as well as changes in the liver

transcriptome [19]. The other analyses across experimental

procedures were multivariate and univariate analyses. These

approaches were utilized in order to test the hypothesis that

defined inflammatory mediators reach levels sufficiently different

following ST vs. ST+HS so as to discern between each insult.

Recent studies have reported on the use of multiplexed cytokine

analysis coupled with multivariate regression modeling in mouse

models of inflammation, e.g. colitis [34,35]. In our study, we

focused on circulating inflammatory mediators rather than

examining cellular or tissue responses, since the inflammatory

response to T/HS can spill out into the systemic circulation and,

when dysregulated, is associated with MODS and death

[14,15,36,37,38,39,40]. Of the various circulating mediators that

can be detected systemically following T/HS, we concentrated on

cytokines, chemokines, and NO reaction products. Cytokines are a

broad class of protein hormones that mediate inflammatory and

immune responses in a complex, context-sensitive manner [11,41].

Major cytokines that participate in the response to trauma include

TNF-a, IL-1b, IL-2, IL-6, IL-8 [36,42,43], IL-4 [44], and IL-18

[45]. The nominally anti-inflammatory cytokine IL-10 counteracts

the effects of the nominally pro-inflammatory cytokines IL-1b, IL-

6 and TNF-a in the setting of T/HS [46]. Chemokines are

produced by macrophages, lymphocytes, neutrophils and dendritic

cells and mediate various functions of these cells, including

recruitment of other cells [47,48]. Recent studies suggest that

chemokines play important roles following T/HS [49,50,51]. The

free radical NO, when produced at high levels by the inducible

NO synthase and typically detected in biofluids as its reaction

products NO2
2/NO3

2, is a critical mediator of post-T/HS

inflammation [23]. Accordingly, we examined these mediators as

well as others (for example, non-classical cytokines/growth factors

such as VEGF [52,53] that have been implicated in sepsis-

associated acute inflammation and MODS) in an attempt to assess

post-T/HS as broadly as possible in an experimental setting. To

reduce experimental variability as much as possible, we utilized a

highly reproducible, computerized platform for automated HS in

mice that we have used recently in conjunction with mechanistic

mathematical modeling of post-T/HS inflammation [21]. Nota-

bly, multiple clinical studies have utilized univariate and

multivariate analyses to suggest that levels of several of these

inflammatory mediators, such as IL-6, IL-8 and IL-10 (along with

mediators not measured here, such as soluble TNF-a receptors

and damage-associated molecular pattern [DAMP] molecules
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such as HMGB1), correlate closely with severity of injury and

complication rates [54,55,56,57,58,59,60,61,62,63].

In the second category (within a given experimental procedure),

PCA was employed in order to discern the main drivers of

inflammation and DyNA was utilized in order to define the

principal (most connected) nodes being elaborated dynamically as

a function of pro-inflammatory insult. The hypothesis underlying

the use of PCA was that such main drivers might act ‘‘behind the

scenes’’, and be discerned as those mediators exhibiting the

greatest, insult-specific, time-dependent variance. Thus, these

principal mediators are hypothesized to define a given experi-

mental procedure across the entire time range studied. It is

therefore entirely possible that principal mediators defined thus

may not reach statistical significance, since they may carry out

their function for a limited period of time and drive the production

of other mediators that would in fact remain statistically elevated

to a degree sufficient to be detected by MA. Though utilized in a

manner somewhat similar to PCA, DyNA was used to gain insights

into dynamic changes in network connectivity of the inflammatory

response to ST and ST + HS over time, allowing for insights that

are difficult, if not impossible, to gain from any of the other data-

driven analyses utilized in this study.

We gained several insights from our network analysis. For

example, the earliest pro-inflammatory mediators in our mecha-

nistic mathematical models of post-T/HS inflammation is TNF-a,

with IL-6 elaborated fairly soon afterwards [17,18,19,21]. Based

on DyNA, we find that TNF-a does not appear as an important

node until 3–4 h post-ST, while IL-6 is elevated early post-ST +
HS. Rather, chemokines such as IP-10 and KC appear to drive the

inflammatory response at an earlier stage. This hypothesis is

supported by the known central role of chemokines in acute

inflammation [47,48], including T/HS [49,50,51]. For example,

KC appears to be a central node in the response to ST + HS;

Frink et al have shown that post-T/HS inflammation and organ

damage can be ameliorated by neutralization of KC [50]. The

discriminatory power of KC and IL-12 to distinguish ST from ST

+ HS may point to a role of neutrophils [64] and Th17 cells [65] in

trauma, in agreement with prior literature [66,67].

Beyond such mediator-focused insights, the DyNA studies also

uncovered an additional dimension of information about the

connectivity of the early inflammatory response to T/HS, namely

that the response to a minor trauma (ST) appeared well-ordered

and was driven by defined networks orchestrated by chemokines

and cytokines. In contrast, the response to that same minor trauma

in the presence of HS (ST + HS) was characterized by a complete

lack of connectivity among mediators in the first 2 h. Though the

degree of connectivity appeared to recover, the networks involved

in this attempt at recovery were distinct from those present in the

mice not subjected to combined T/HS. Intriguingly, a comparison

of network density / complexity over time suggested a ‘‘mirror

image’’ pattern when comparing ST vs. ST + HS. While we do

not wish to over-interpret this aspect of our data, such a pattern

may imply that baseline inflammatory connectivity is initially

perturbed upwards (more complexity) by ST, while the addition of

HS perturbs baseline connectivity downward (lower complexity) to

approximately the same degree. Over time, both responses appear

to return towards baseline connectivity, with inflammatory

connectivity in ST still remaining higher than ST + HS. We

hypothesize that this difference is due to the presence of HS and

not to the animals’ being near death, since our prior experience

[17,18,19,21,23,68,69,70] suggests that mice are able to tolerate

this duration of HS at 25 mmHg. We have recently demonstrated

that multiple physiological networks, inferred by data-driven

algorithms by examining the liver transcriptome post-T/HS, are

differentially modulated by ST and ST + HS (along with

subsequent resuscitation; Edmonds et al, submitted).

Each of the analyses we performed served a distinct purpose,

and therefore these analyses were expected to provide comple-

mentary, rather than identical, results. We also expected to find

some concordance with our prior mechanistic mathematical

modeling of T/HS in mice. Importantly, using the above-

described methods, the difference between ST and ST + HS in

this experimental model could clearly be distinguished over time,

based on certain inflammatory mediators (as well as the mediators

that correlated highly with these distinguishing mediators, namely

IL12-total, MIG, KC, IL6, and IP10. In addition, the finding by

MA that total IL-12 was a good discriminator of ST vs. ST + HS

at 3 h is in accord with the DyNA results, which suggests an

interaction of IL-12 with NO2
2/NO3

2 between 2 and 3 h post-

ST. Interestingly, Diefenbach et al have previously described a

crucial role for iNOS-derived NO for IL-12 signaling [71]. On

another level, our results suggest that the particular type and

connectivity of a given individual response to T/HS may

predispose that individual to one of a series of outcomes (e.g. life

and death). We have recently shown that swine the elaborate an

adequately robust TNF-a response to experimental ST + HS (in

fact, to ST alone) survive following post-HS resuscitation, while

animals that have little or no TNF-a response do not [12]. The

present studies may extend this observation to networks of

inflammatory mediators and to the degree of connectivity of these

networks.

We suggest that data at the mRNA and protein levels,

combined with data-driven methods such as those described in

this study, may facilitate further mechanistic modeling of the

dynamics of acute inflammation as well as driving clinically-

relevant advances [31,32,33]. For example, we have carried out

PCA on LuminexTM measurements of cytokines in the cerebro-

spinal fluid of traumatic brain injury patients, and constructed

mechanistic, equation-based computational models based on the

presumed principal drivers [32] (Solovyev et al, unpublished

observations). Even in the absence of further mechanistic

modeling, techniques such as PCA can yield potentially useful

diagnostic information in the setting of T/HS. We have shown

that PCA carried out in a patient-specific manner based on data

obtained in the first 24 h post-T/HS can be used in combination

with HCA to define patient sub-groups that differ in organ

damage, whereas the raw cytokine were insufficient for such

patient segregation [33](Ghuma et al, unpublished). In this study,

a large degree of inflammatory and outcome variability could be

observed using HCA in a cohort of 25 T/HS patients who were all

survivors, leading to an inability to define naturally-occurring

groups. Yet, defined patterns in the early (within 24 h post-injury)

time course of inflammation biomarkers could be identified via

PCA (those cytokines that contribute to 95% of the variance in the

patient-specific time course data). These patterns segregated the 25

patients into defined sub-groups exhibiting distinct levels of organ

dysfunction; moreover, these patient sub-groups, defined within

the first 24 h post-injury, persisted with distinct levels of organ

damage for several days [33] (Ghuma et al, manuscript in

preparation).

Several limitations are associated with our study. One central

limitation may revolve around the possible confounding role of

anesthesia in our analyses. Prior analyses have suggested that

anesthesia may affect inflammatory and related physiological

responses [72,73,74,75,76,77,78].

Thus, at least some of the inflammatory response associated

with either ST or ST + HS may be due to (or modulated by) the

anesthesia used for both procedures. Another limitation concerns
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the lack of certain key mediators and biomarkers in T/HS, e.g.

DAMP’s such as HMGB1 or soluble TNF-a receptors. Another

limitation of the interpretation of our study is that insult-specific

mediators defined by MA may reach statistically different levels

not because they are necessarily primary drivers of ST or ST +
HS, but perhaps because they are induced to the greatest degree

or for the longest duration. Despite these limitations, we suggest

that mechanism-focused data-driven analyses based on time-

varying, high-content datasets will serve to generate hypotheses

regarding the induction and propagation of inflammation, and

eventually yield insights into novel therapies.

Supporting Information

Figure S1 Inflammatory mediators induced by ST 6

HS. Mice were subjected to ST 6 HS followed by measurement

of cytokines, chemokines, and NO2
2/NO3

2 as described in the

Materials and Methods. Data are shown as mean 6 SEM. Asterisks

indicate P,0.05 compared with baseline. Crosses indicate P,0.05

compared with ST

(PPT)

Figure S2 Observed and fitted values for IL-12, KC and
MIG. Panel A: ANOVA (univariate model) fit for IL-12. Panel B:

MNOVA (trivariate model) fit for IL-12. Panel C: MNOVA

(trivariate model) fit for KC. Panel D: MNOVA (trivariate model)

fit for MIG.

(PPT)

Figure S3 Additional principal component analyses of
ST 6 HS. The PCA described in Fig. 3 was repeated, with the

number of principal components adjusted to account for 70%

(Panels A and C) or 95% (Panels B and D) of the total variance.

(PPT)

Figure S4 Dynamic network analysis of circulating
inflammatory mediators following ST 6 HS. Mice were

subjected to ST 6 HS followed by measurement of cytokines,

chemokines, and NO2
2/NO3

2, followed by Dynamic Network

Analysis as described in the Materials and Methods. Red nodes

indicate that the mediator is statistically significantly different from

its baseline value (no treatment [time = 0]; p,0.05). White nodes

indicate no significant change compared to no treatment (time

= 0). Green edges signify a positive correlation and blue edges

signify a negative correlation. Panel A: Dynamic networks between

0–1 h. Panel B: Dynamic networks between 1–2 h. Panel C:

Dynamic networks between 2–3 h. Panel D: Dynamic networks

between 3–4 h.

(PPT)

Table S1 Circulating cytokines and chemokines from
mice subjected to ST 6 HS. Mice were untreated, subjected

to ST for the indicated times, or subjected to ST + HS for the

indicated times. Serum was obtained following euthanasia and

assayed for the indicated cytokines and chemokines using

LuminexTM as described in the Materials and Methods. Values

are in pg/ml and are given as mean 6 SEM. *compared with

baseline, P,0.05. {compared with ST, P,0.05. Levene statistic

is calculated for variance test and it suggests that the equal

variance assumption is rejected with P,0.05. Then one-way

ANOVA post Hoc is performed by using Games-Howell test for

unequal variances. There are total 9 groups with n = 6 in each

group.

(DOC)

Table S2 Circulating NO2
2/NO3

2 values from mice
subjected to ST 6 HS. Mice were untreated, subjected to ST

for the indicated times, or subjected to ST + HS for the indicated

times. Serum was obtained following euthanasia and assayed for

NO2
2/NO3

2 using the nitrate reductase method as described in

the Materials and Methods.

(DOC)

Table S3 Univariate analysis of circulating inflamma-
tory mediators following ST and ST + HS. Mice were

subjected to ST 6 HS followed by measurement of cytokines,

chemokines, and NO2
2/NO3

2 as described in the Materials and

Methods. t-values were calculated for the individual inflammatory

mediators at fixed time points (1, 2, 3, and 4 h) and across the

entire time range as whole. Since the number of experimental

animals for each experimental procedure at each time point is 6,

there are 6+622 = 10 degrees of freedom for all differences for a

fixed time comparison. The last row gives t-values for (mean ST +
HS – mean ST) across all time levels; these comparisons carry

24+24 – 2 = 46 degrees of freedom.

(DOC)

Table S4 Summary of ANOVA models for five signifi-
cant mediators. Mice were subjected to ST 6 HS followed by

measurement of cytokines, chemokines, and NO2
2/NO3

2 as

described in the Materials and Methods. ANOVA was carried out to

determine any interaction effect between Experimental Procedure

and Time for all inflammatory mediators studied.

(DOC)

Table S5 Correlation matrix of the 5 most important
mediators.

(DOC)

Table S6 Partition of inflammatory mediators by p-
values.

(DOC)

Table S7 The probabilities of correct identification of
the ST procedure, based on the logistic model. Mice were

subjected to ST 6 HS followed by measurement of cytokines,

chemokines, and NO2
2/NO3

2 as described in the Materials and

Methods. Logistic model was created based on the levels of these

inflammatory mediators. The table depicts the prediction by this

model of the Experimental Procedure. Starred entries show

misclassification.

(DOC)

Document S1 Detailed experimental description.

(DOC)

Document S2 PCA code. 1. PCA_instruction.doc: Instruction

file for how to conduct PCA. 2. pcaGeneral.m: Main Matlab code

for performing PCA. 3. Xticklabel_rotate.m: Matlab code for

rotating the labels in the figure.

(RAR)

Document S3 DyNA code. 1. DyNA_instruction.doc: Instruc-

tion file for how to conduct DyNA. 2. do_all.m: Main Matlab code

for producing all network results. It generates labels.csv,

sham01.csv, sham12.csv, sham23.csv, sham34.csv, shock01.csv,

shock12.csv, shock23.csv and shock34.csv which are used for

creating the networks in Inkscape. 3. save.m: Matlab code for

saving the correlation result into a file. 4. sham01.m, sham12.m,

sham23.m and sham34.m: Matlab code for creation network

nodes and correlation matrix for ST in 0–1 h, 1–2 h, 2–3 h and

3–4 h respectively. 5. shock01.m, shock12.m, shock23.m and

shock34.m: Matlab code for creation network nodes and

correlation matrix for ST + HS in 0–1 h, 1–2 h, 2–3 h and 3–

4 h respectively. 6. LoadConnectors,inx, LoadConnector.py,
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LoadLabels.inx, LoadNodes.py and Networks.py are the Inkscape

files for creation Network graphs.

(RAR)
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adequately robust early TNF-à response is a hallmark of survival following
trauma/hemorrhage. PLoS ONE 4: e8406.

13. Jarrar D, Chaudry IH, Wang P (1999) Organ dysfunction following hemorrhage

and sepsis: mechanisms and therapeutic approaches (Review). IntJMolMed 4:

575–583.

14. DeLong WG Jr., Born CT (2004) Cytokines in patients with polytrauma.

ClinOrthopRelat Res. pp 57–65.

15. Lenz A, Franklin GA, Cheadle WG (2007) Systemic inflammation after trauma.

Injury 38: 1336–1345.

16. Cobb JP, O’Keefe GE (2004) Injury research in the genomic era. Lancet 363:

2076–2083.

17. Chow CC, Clermont G, Kumar R, Lagoa C, Tawadrous Z, et al. (2005) The

acute inflammatory response in diverse shock states. Shock 24: 74–84.

18. Prince JM, Levy RM, Bartels J, Baratt A, Kane JM, III, et al. (2006) In silico and

in vivo approach to elucidate the inflammatory complexity of CD14-deficient

mice. MolMed 12: 88–96.

19. Lagoa CE, Bartels J, Baratt A, Tseng G, Clermont G, et al. (2006) The role of
initial trauma in the host’s response to injury and hemorrhage: Insights from a

comparison of mathematical simulations and hepatic transcriptomic analysis.
Shock 26: 592–600.

20. Li NYK, Verdolini K, Clermont G, Mi Q, Hebda PA, et al. (2008) A patient-

specific i n silico model of inflammation and healing tested in acute vocal fold
injury. PLoS ONE 3: e2789.

21. Torres A, Bentley T, Bartels J, Sarkar J, Barclay D, et al. (2009) Mathematical

modeling of post-hemorrhage inflammation in mice: Studies using a novel,

computer-controlled, closed-loop hemorrhage apparatus. Shock 32: 172–178.

22. Li NYK, Vodovotz Y, Hebda PA, Verdolini K (2010) Biosimulation of

inflammation and healing in surgically injured vocal folds. OtolRhinolLaryngol.

23. Hierholzer C, Harbrecht B, Menezes JM, Kane J, MacMicking J, et al. (1998)

Essential role of induced nitric oxide in the initiation of the inflammatory
response after hemorrhagic shock. JExpMed 187: 917–928.

24. Janes KA, Yaffe MB (2006) Data-driven modelling of signal-transduction

networks. Nat Rev Mol Cell Biol 7: 820–828.

25. Jolliffe IT (2002) Principal Component Analysis. New York, NY: Springer.

26. Assenov Y, Ramirez F, Schelhorn SE, Lengauer T, Albrecht M (2008)

Computing topological parameters of biological networks. Bioinformatics 24:

282–284.

27. Calvano SE, Xiao W, Richards DR, Felciano RM, Baker HV, et al. (2005) A
network-based analysis of systemic inflammation in humans. Nature 437:

1032–1037.

28. Cobb JP, Moore EE, Hayden DL, Minei JP, Cuschieri J, et al. (2009) Validation
of the Riboleukogram to Detect Ventilator-Associated Pneumonia After Severe

Injury. AnnSurg.

29. Warren HS, Elson CM, Hayden DL, Schoenfeld DA, Cobb JP, et al. (2009) A
genomic score prognostic of outcome in trauma patients. MolMed 15: 220–227.

30. Liu T, Qian WJ, Gritsenko MA, Xiao W, Moldawer LL, et al. (2006) High

dynamic range characterization of the trauma patient plasma proteome.
MolCell Proteomics 5: 1899–1913.

31. Vodovotz Y, An G (2009) Systems Biology and Inflammation. In: Yan Q, ed.

Systems Biology in Drug Discovery and Development: Methods and Protocols.
Totowa, NJ: Springer Science & Business Media., In Press.

32. Vodovotz Y, Constantine G, Faeder J, Mi Q, Rubin J, et al. (2010) Translational
systems approaches to the biology of inflammation and healing. Immunophar-

macolImmunotoxicol 32: 181–195.

33. Mi Q, Li NYK, Ziraldo C, Ghuma A, Mikheev M, et al. (2010) Translational
systems biology of inflammation: Potential applications to personalized

medicine. Personalized Medicine 7: 549–559.

34. McBee ME, Zeng Y, Parry N, Nagler CR, Tannenbaum SR, et al. (2010)

Multivariate Modeling Identifies Neutrophil- and Th17-Related Factors as
Differential Serum Biomarkers of Chronic Murine Colitis. PLoS ONE 5:

e13277.

35. Alex P, Zachos NC, Nguyen T, Gonzales L, Chen TE, et al. (2009) Distinct

cytokine patterns identified from multiplex profiles of murine DSS and TNBS-
induced colitis. Inflamm Bowel Dis 15: 341–352.

36. Peitzman AB, Billiar TR, Harbrecht BG, Kelly E, Udekwu AO, et al. (1995)

Hemorrhagic shock. CurrProblSurg 32: 925–1002.

37. Faist E, Schinkel C, Zimmer S (1996) Update on the mechanisms of immune

suppression of injury and immune modulation. World JSurg 20: 454–459.

38. Rose S, Marzi I (1998) Mediators in polytrauma--pathophysiological significance
and clinical relevance. Langenbecks ArchSurg 383: 199–208.

39. Hardaway RM (2006) Traumatic shock. MilMed 171: 278–279.

40. Namas R, Ghuma A, Hermus L, Zamora R, Okonkwo DO, et al. (2009) The
acute inflammatory response in trauma / hemorrhage and traumatic brain

injury: Current state and emerging prospects. Libyan JMed 4: 136–148.

41. Nathan C, Sporn M (1991) Cytokines in context. JCell Biol 113: 981–981.

42. Chaudry IH, Ayala A, Ertel W, Stephan RN (1990) Hemorrhage and

resuscitation: immunological aspects. AmJPhysiol 259: R663–R678.

43. Smith RM, Giannoudis PV (1998) Trauma and the immune response.
JRSocMed 91: 417–420.

44. DiPiro JT, Isakson P (1992) Interleukin 4. AdvNeuroimmunol 2: 55–65.

45. Marcu AC, Paccione KE, Barbee RW, Diegelmann RF, Ivatury RR, et al.
(2007) Androstenetriol immunomodulation improves survival in a severe trauma

hemorrhage shock model. JTrauma 63: 662–669.

46. Karakozis S, Hinds M, Cook JW, Kim D, Provido H, et al. (2000) The effects of
interleukin-10 in hemorrhagic shock. JSurgRes 90: 109–112.

47. Jin T, Xu X, Hereld D (2008) Chemotaxis, chemokine receptors and human
disease. Cytokine 44: 1–8.

48. Viola A, Luster AD (2008) Chemokines and their receptors: drug targets in

immunity and inflammation. AnnuRevPharmacolToxicol 48: 171–197.

49. Lomas JL, Chung CS, Grutkoski PS, LeBlanc BW, Lavigne L, et al. (2003)

Differential effects of macrophage inflammatory chemokine-2 and keratinocyte-
derived chemokine on hemorrhage-induced neutrophil priming for lung

inflammation: assessment by adoptive cells transfer in mice. Shock 19: 358–365.

50. Frink M, Hsieh YC, Hsieh CH, Pape HC, Choudhry MA, et al. (2007)
Keratinocyte-derived chemokine plays a critical role in the induction of systemic

inflammation and tissue damage after trauma-hemorrhage. Shock 28: 576–581.

51. Fan J (2010) TLR Cross-Talk Mechanism of Hemorrhagic Shock-Primed

Pulmonary Neutrophil Infiltration. OpenCrit Care MedJ 2: 1–8.

52. Yano K, Liaw PC, Mullington JM, Shih SC, Okada H, et al. (2006) Vascular
endothelial growth factor is an important determinant of sepsis morbidity and

mortality. JExpMed 203: 1447–1458.

53. Shapiro NI, Yano K, Okada H, Fischer C, Howell M, et al. (2008) A

prospective, observational study of soluble FLT-1 and vascular endothelial
growth factor in sepsis. Shock 29: 452–457.

54. Cinat ME, Waxman K, Granger GA, Pearce W, Annas C, et al. (1994) Trauma

causes sustained elevation of soluble tumor necrosis factor receptors. J Am Coll

Surg 179: 529–537.

55. Schinkel C, Faist E, Zimmer S, Piltz S, Walz A, et al. (1996) Kinetics of
circulating adhesion molecules and chemokines after mechanical trauma and

burns. Eur J Surg 162: 763–768.

56. Martin C, Boisson C, Haccoun M, Thomachot L, Mege JL (1997) Patterns of

cytokine evolution (tumor necrosis factor-alpha and interleukin-6) after septic
shock, hemorrhagic shock, and severe trauma. Crit Care Med 25: 1813–1819.

57. Ombrellino M, Wang H, Ajemian MS, Talhouk A, Scher LA, et al. (1999)

Increased serum concentrations of high-mobility-group protein 1 in haemor-
rhagic shock. Lancet 354: 1446–1447.

58. Hensler T, Sauerland S, Bouillon B, Raum M, Rixen D, et al. (2002) Association
between injury pattern of patients with multiple injuries and circulating levels of

soluble tumor necrosis factor receptors, interleukin-6 and interleukin-10, and
polymorphonuclear neutrophil elastase. J Trauma 52: 962–970.

Dynamic View of Inflammation in Trauma/Hemorrhage

PLoS ONE | www.plosone.org 11 May 2011 | Volume 6 | Issue 5 | e19424



59. Yang R, Harada T, Mollen KP, Prince JM, Levy RM, et al. (2006) Anti-

HMGB1 Neutralizing Antibody Ameliorates Gut Barrier Dysfunction and
Improves Survival after Hemorrhagic Shock. MolMed.

60. Maier B, Lefering R, Lehnert M, Laurer HL, Steudel WI, et al. (2007) Early

versus late onset of multiple organ failure is associated with differing patterns of
plasma cytokine biomarker expression and outcome after severe trauma. Shock

28: 668–674.
61. Sperry JL, Friese RS, Frankel HL, West MA, Cuschieri J, et al. (2008) Male

gender is associated with excessive IL-6 expression following severe injury.

J Trauma 64: 572–578.
62. Peltz ED, Moore EE, Eckels PC, Damle SS, Tsuruta Y, et al. (2008) HMGB1 is

markedly elevated within six hours of mechanical trauma in humans. Shock 32:
17–22.

63. Cohen MJ, Brohi K, Calfee CS, Rahn P, Chesebro BB, et al. (2009) Early
release of high mobility group box nuclear protein 1 after severe trauma in

humans: role of injury severity and tissue hypoperfusion. Crit Care 13: R174.

64. Kobayashi Y (2008) The role of chemokines in neutrophil biology. Front Biosci
13: 2400–2407.

65. Romagnani S (2008) Human Th17 cells. Arthritis Res Ther 10: 206.
66. Dewar D, Moore FA, Moore EE, Balogh Z (2009) Postinjury multiple organ

failure. Injury 40: 912–918.

67. Frangen TM, Bogdanski D, Schinkel C, Roetman B, Kalicke T, et al. (2008)
Systemic IL-17 after severe injuries. Shock 29: 462–467.

68. McCloskey CA, Vodovotz Y, Baust JJ, Gallo DJ, Billiar TR (2001) A role for
angiotensin II in the early activation of MAP kinase in hemorrhagic shock.

Shock 15 Suppl. 1: 14.
69. McCloskey CA, Kameneva MV, Uryash A, Gallo DJ, Billiar TR (2004) Tissue

hypoxia activates JNK in the liver during hemorrhagic shock. Shock 22:

380–386.

70. Zuckerbraun BS, McCloskey CA, Gallo D, Liu F, Ifedigbo E, et al. (2005)

Carbon monoxide prevents multiple organ injury in a model of hemorrhagic

shock and resuscitation. Shock 23: 527–532.

71. Diefenbach A, Schindler H, Rollinghoff M, Yokoyama WM, Bogdan C (1999)

Requirement for type 2 NO synthase for IL-12 signaling in innate immunity.

Science 284: 951–955.

72. Shimada M, Winchurch RA, Beloucif S, Robotham JL (1993) Effect of

anesthesia and surgery on plasma cytokine levels. JCritCare 8: 109–116.

73. Delogu G, Lo BL, Ciccioli T, Amati F, Suhayda C, et al. (1998) TNF alpha

released in the early post-operative period is influenced by anaesthesia.

AnnItalChir 69: 15–20.

74. Tabata H, Kitamura T, Nagamatsu N (1998) Comparison of effects of restraint,

cage transportation, anaesthesia and repeated bleeding on plasma glucose levels

between mice and rats. Lab Anim 32: 143–148.

75. Hamaya Y, Takeda T, Dohi S, Nakashima S, Nozawa Y (2000) The effects of

pentobarbital, isoflurane, and propofol on immediate-early gene expression in

the vital organs of the rat. AnesthAnalg 90: 1177–1183.

76. Procopio MA, Rassias AJ, DeLeo JA, Pahl J, Hildebrandt L, et al. (2001) The in

vivo effects of general and epidural anesthesia on human immune function.

AnesthAnalg 93: 460–465, 464th.

77. Brand JM, Frohn C, Luhm J, Kirchner H, Schmucker P (2003) Early alterations

in the number of circulating lymphocyte subpopulations and enhanced

proinflammatory immune response during opioid-based general anesthesia.

Shock 20: 213–217.

78. Hofstetter C, Flondor M, Boost KA, Koehler P, Bosmann M, et al. (2005) A

brief exposure to isoflurane (50 s) significantly impacts on plasma cytokine levels

in endotoxemic rats. IntImmunopharmacol 5: 1519–1522.

Dynamic View of Inflammation in Trauma/Hemorrhage

PLoS ONE | www.plosone.org 12 May 2011 | Volume 6 | Issue 5 | e19424


