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Abstract
To characterize the white matter structural changes at the tract level and tract group level,
comprehensive analysis with four metrics derived from DTI, fractional anisotropy (FA), mean
diffusivity (MD), axial diffusivity (AxD) and radial diffusivity (RD), was conducted. Tract
groups, namely limbic, commissural, association and projection tracts, include white matter tracts
of similar functions. DTI data were acquired from 61 subjects (26 AD, 11 subjects with amnestic
mild cognitive impairment or aMCI, 24 age-matched controls). An atlas-based approach was used
to survey 30 major cerebral white matter tracts with the measurements of FA, MD, AxD and RD.
Regional cortical atrophy and cognitive functions of AD patients were also measured to correlate
with the structural changes of white matter. Synchronized structural changes of cingulum bundle
and fornix, both of which are part of limbic tract group, were revealed. Widespread yet distinctive
structural changes were found in limbic, commissural, association and projection tract groups
between control and AD subjects. Specifically, FA, MD and RD of limbic tracts, FA, MD, AxD
and RD of commissural tracts, MD, AxD and RD of association tracts and MD and AxD of
projection tracts are significantly different between AD patients and control subjects. In contrast,
the comparison between aMCI and control subjects shows disruption only in the limbic and
commissural tract groups of aMCI subjects. MD values of all tract groups of AD patients are
significantly correlated to cognitive functions. Difference between AD and control and that
between MCI and control indicates a progression pattern of white matter disruption from limbic
and commissural tract group to other tract groups. High correlation between FA, MD and RD
measurements from limbic tracts and cortical atrophy suggests the disruption of the limbic tract
group is caused by the neuronal damage.
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Introduction
Alzheimer disease (AD) is a progressive brain disease of older adults. Early structural
magnetic resonance imaging (MRI) detected hippocampal atrophy (e.g. Jack et al., 1999)
and cortical thinning (Janke et al., 2001; Thompson et al., 2001; Thompson et al., 2003) in
AD patients. In the metabolic imaging studies of gray matter, hypometabolism of the medial
temporal lobe has been found with positron emission tomography (PET) (e.g. De Santi et al.,
2001; Nestor et al., 2003). Although AD is generally considered to affect primarily gray
matter, pathological evidence on white matter damages is also widespread (Scheltens et al.,
1995; Smith et al., 2000, Gouw et al., 2008) and are believed to be related to axonal damage
and breakdown of oligodendrocytes and myelin (Smith et al., 2000; Roher et al., 2002;
Bartzokis, 2004; Bartzokis et al., 2007). Brain white matter is often categorized into
different tract groups including limbic, commissural, association and projection tracts. The
white matter tracts within a tract group perform similar functions. For example, limbic tracts
underlie the connectivity in the limbic system and association tracts connect between
cerebral cortical areas. Since cortical gray matter loss and brain function loss in AD patients
are not uniform, we postulate that there are distinctive white matter disruption profiles
which may demonstrate heterogeneous pathologic processes affecting different tract groups.

Diffusion tensor imaging (DTI), a modality of MRI that measures water diffusion properties
noninvasively, is highly sensitive to subtle structural changes of white matter (Moseley et
al., 1990; Basser et al. 1994). Although several metrics can be derived from diffusion tensor
and these metrics characterize different aspects of diffusion tensors, fractional anisotropy
(FA) (Pierpaoli et al., 1996; Beaulieu 2002) and mean diffusivity (MD), describing the
shape and size of the diffusion tensor respectively, have been predominantly analyzed in
AD. Two additional DTI-derived metrics, axial diffusivity (AxD) and radial diffusivity
(RD), may provide more detailed information about the underlying pathology, as changes of
AxD and RD are associated with the secondary degeneration of axons (Pierpaoli et al.,
2001) and breakdown of myelin (Song et al., 2002; Song et al., 2003), respectively. These
metrics have been studied in other neurological diseases such as multiple sclerosis (e.g.
Henry et al., 2003; Roosendall et al., 2009) and very recently have received attention in AD
(Acosta-Cabronero et al., 2010; Pievani et al, 2010).

Two major approaches have been mainly applied in AD to compare the values of DTI-
derived metrics: regions of interest (ROI) (Stahl et al., 2007; Takahashi et al., 2002; Zhang
et al., 2007, Mielke et al, 2009) and voxel-based morphometry (VBM) (Head et al., 2004;
Xie et al., 2006, Medina et al, 2006; Damoiseaux et al, 2009, Acosta-Cabronero et al.,
2010). The ROI approach can target specific regions of the brain and obtain measured
parameters, but requires a priori information about brain regions likely to be affected. VBM
compares the voxels of the entire brain in an unbiased fashion, but cannot characterize the
changes at the tract level. Several recent studies on white matter disruption of AD focused
on delineating the structural changes at the tract level (Stricker et al., 2009; Pievani et al.,
2010). In this study, besides comprehensive survey at the tract level by covering almost all
cerebral white matter, we extend the measurements of all DTI parameters at the tract group
level. By transferring the white matter labeling from a digital white matter atlas (Mori et al.,
2008) to DTI data of participating subjects in the common template space with nonlinear
registration, the DTI-derived metrics of entire white matter tracts can be assessed, allowing
inspection of the white matter structural changes at the tract level. By combining the
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parameters of several white matter tracts belonging to the same tract group, the structural
changes can be further characterized at the level of tract group.

DTI and T1-weighted images were acquired from 61 subjects (26 AD, 11 aMCI, 24 age-
matched controls). 30 major cerebral white matter tracts were surveyed with a full tensor
characterization including DTI-derived metrics FA, MD, AxD and RD. These 30 major
tracts cover most of the limbic, commissural, association and projection white matter. After
the white matter tracts were identified by transferring the labeling of digital white matter
atlas (Mori et al, 2008), values at core white matter were used to alleviate the partial volume
effects by adopting the skeletonization and projection steps of TBSS (Smith et al., 2006).
The statistical differences of FA, MD, AxD and RD between AD and control were assessed
at both the tract level and tract group level while differences between aMCI and control
assessed at the tract group level. In addition, cortical atrophy and cognitive functions of AD
patients were measured for correlation to all DTI measurements of the four tract groups.
Specifically, cognitive functions were quantified with the CERAD test (Morris et al., 1989)
for all subjects. Cortical atrophy of all cortical voxels was characterized with the RAVENS
maps (Davatzikos et al., 2001) that reflect the regional tissue volumes in a normalized space
with T1-weighted images.

Materials and Methods
Subjects and cognitive testing

A total of 61 subjects (26 AD, 11 aMCI and 24 age-matched normal subjects) were recruited
for this study from longitudinally followed cohorts at the UT Southwestern Alzheimer’s
Disease Center, where neuropsychological assessment and disease staging are routinely
performed according to the guidelines of the National Alzheimer’s Coordinating Center
Uniform Data Set (NACC UDS). All of the recruited subjects had some degree of white
matter hyperintensities (WMH). None of the AD patients have vascular dementia based on
standard NINDS-AIREN diagnostic criteria (Román et al., 1993), in that (1) they did not
have a history of clinical stroke; (2) they did not have focal neurologic findings; (3) MRI did
not show any cortically-based infarctions; (4) Hachinski score was < 4 (in most cases <2).
Control subjects had no history of a psychiatric or neurological disease, and did not have a
cognitive complaint. Additional criteria for control group were normal cognition and
Clinical Dementia Rating (CDR; Morris 1993) score =0. Additional criteria for AD/aMCI
group included a diagnosis of probable AD based on NINCDS/ADRDA criteria (McKhann
et al., 1984) or a diagnosis of MCI based on Petersen criteria (Peterson et al., 1997), with
CDR score=0.5-1. All subjects gave written informed consent prior to participation and the
protocols of this study were approved by the institutional review board (IRB).

All subjects were administered the CERAD Neuropsychological Battery (Morris et al.,
1989) by staff of the Alzheimer’s Disease Center at UT Southwestern Medical Center at
Dallas. The CERAD battery is a group of neuropsychological tests that assess attention,
verbal fluency, memory, executive function and constructional praxis. A total score was
derived by the method described from literature (Chandler et al., 2005) for each subject.
Scores range from 0 to 100, with higher scores indicating better cognitive function.

Acquisition of DTI, FLAIR and T1-weighted image
A 3T Philips Achieva MR system was used. DTI data were acquired using a single-shot
echo-planar imaging (EPI) sequence with SENSE parallel imaging scheme (SENSitivity
Encoding, reduction factor =2.3). The imaging matrix was 112×112 with a field of view
(FOV) of 224×224mm (nominal resolution of 2mm), which was zero filled to 256×256.
Axial slices of 2.2mm thickness were acquired parallel to the anterior-posterior commissure
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line (AC-PC). A total of 65 slices covered the entire hemisphere and brainstem without gap.
The echo time (TE) and repetition time (TR) were 97ms and 7.78s without cardiac gating.
The diffusion weighting was encoded along 30 independent orientations (Jones et al., 1999)
and the b value was 1000s/mm2. Imaging time for each sequence was 5 minutes and 15
seconds. To increase the signal-to-noise ratio (SNR), two repetitions were performed, with a
total imaging time of 12 minutes. AIR (Woods et al., 1998) was performed on raw diffusion
weighted images to correct distortion caused by eddy current. Six elements of the 3×3
diffusion tensor were determined by multivariate least-square fitting of diffusion weighted
images. The tensor was diagonalized to obtain three eigenvalues (λ1–3) and eigenvectors
(ν1–3). Anisotropy was measured by calculating FA (Pierpaoli and Basser, 1996). The tensor
fitting was done using DtiStudio (Jiang et al., 2006). FA, MD, AxD and RD were
determined by following equations of eigenvalues:

(1)

Fluid-Attenuated Inversion Recovery (FLAIR) MRI parameters were as follows,
TR=11000ms, TI=2800ms, TE=125ms, in-plane FOV=224×224mm, in-plane dimension:
512×512, 24 slices with thickness 5mm and gap 1mm. Co-registered magnetization-
prepared rapid gradient-echo (MPRAGE) images at resolution of 1×1×1mm were also
acquired. MPRAGE images have superior gray and white matter contrast and were used for
cortical segmentation and cortical atrophy calculation.

Atlas-based quantification at the tract level
This quantification integrated the digital white matter atlas and nonlinear registration,
skeletonization and projection steps from TBSS. The digital white matter atlas was JHU
ICBM-DTI-81 (http://cmrm.med.jhmi.edu/). TBSS was obtained from the website (FSL,
http://www.fmrib.ox.ac.uk/fsl). JHU ICBM-DTI-81 is a probabilistic atlas generated by
mapping DTI data of 81 subject to a template image. It has discrete labeling from 0 to 50.
Fig. 1 demonstrates the process of atlas-based quantification. As shown in Fig. 1a, several
TBSS functions were used to project the FA value of white matter to the skeleton or core of
the white matter with FA data of all subjects at the atlas space. As described below, the
single subject template used for nonlinear registration process in TBSS is identical to the
template used for establishing the digital white matter atlas. We will call this template space
ICBM-DTI-81 space hereafter. Fig. 1b is the ICBM-DTI-81 atlas. By transferring the
labeling of the individual white matter tract, for example, genu of corpus callosum (GCC),
we can label the skeleton FA data of all subjects in the ICBM-DTI-81 space, as shown in
Fig. 1c. In this way, the atlas labeling is overlaid to the mean skeleton in the ICBM-DTI-81
space such that each skeleton voxel could be categorized into one of the major tracts. The
details of the process are as follows:

1. To obtain the FA maps with cubic voxel size, the FA maps in the native subject
space were sampled to the images with resolution 1.75×1.75×1.75mm3 by trilinear
interpolation.

2. FA maps of all subjects were then nonlinearly registered by TBSS to the so-called
“EVE” template (http://cmrm.med.jhmi.edu/), which is the FA map serving as the
template to generate the ICBM-DTI-81 atlas. The FA map of “EVE” template came
from a single subject which has sharper contrast than the blurred average FA map.
This FA map was also downsampled to the resolution 1.75×1.75×1.75mm3 and
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cropped to the same dimension as those of sampled subject FA maps from step #1.
This step ensures that all our FA maps are well registered to the ICBM-DTI-81
atlas.

3. After nonlinear registration in step #2, the entire aligned dataset was transferred by
affine transformation and zero padded into the ICBM-DTI-81 space which has the
labeling of white matter structures and dimension of 182×218×182 with
1×1×1mm3 resolution. In the ICBM-DTI-81 space, a mean FA skeleton was
created with skeletonization process of TBSS. Each subject’s FA data was
projected onto this skeleton with the TBSS projection process. FA data of all
subjects were then projected to the core white matter skeleton in the ICBM-DTI-81
space and all skeleton voxels of core white matter had the labeling of white matter
tracts transformed from the digital atlas of ICBM-DTI-81.

4. For non-FA images including MD, AxD and RD, the same nonlinear registration
obtained in step #2 was applied to transform them to the ICMB-DTI-81 space and
the same skeleton projection in step #3 was also used to get the MD, AxD and RD
values at the skeleton voxels.

Cortical atrophy calculation
We investigated the gray matter volume changes in AD patients through the RAVENS maps
(Davatzikos et al., 2001) that reflect the regional tissue volumes in a normalized space. The
T1-weighted images (MPRAGE) of all subjects were skull-stripped by the FSL BET toolbox
and were segmented into three tissue types as gray matter, white matter and ventricle by the
HAMMER package from the SBIA of UPenn (https://www.rad.upenn.edu/sbia/). We then
performed the nonlinear registration with the HAMMER algorithm (Shen and Davatzikos,
2002) to align the segmented tissue images to the Jacob fine-structure template provided in
the HAMMER package. The RAVENS maps of cortical gray matter for all subjects in the
Jacob template space were generated from the deformation fields given by the HAMMER
registration process. After smoothing RAVENS maps with a Gaussian kernel (FWHM =
12mm) by SPM5 (http://www.fil.ion.ucl.ac.uk/spm/), we calculated Z-score maps [(patient
individual value-controls mean)/standard deviation of controls] from RAVENS map to
characterize the cortical atrophy. Regional cortical volumes were compared between AD
and control with student t test and t values were obtained at each cortical voxel to illustrate
the cortical atrophy patterns.

Mixed-effects statistics to compare DTI-derived metrics at the tract level
The multiple skeleton voxels of a specific white matter tract in the ICBM-DTI-81 space
were considered as one group. Take FA value as an example. We used FA values of all
skeleton voxels within each specific white matter tract to represent the integrity of this tract.
The inter-subject comparison to detect disruption of individual white matter tracts was based
on the group of FA values from all these skeleton voxels within this tract, rather than
averaged FA value from these skeleton voxels. FA measurements at the skeleton voxels
within the same tract are highly correlated and the following mixed-effects model was fitted
for each tract to account for these correlations.

For FA value at any skeleton voxel in any major white matter tract of any participated
subject, FAi,j,k was defined where i was the ith skeleton voxel of the tract, j denoted a
specific tract and k denoted the participated control subject or AD patient. There were M
tracts and N subjects, where M was 30 and N was 61. Hence j was from 1 to 30 and k was
from 1 to 61. For any tract j, it consisted of Sj skeleton voxels and i was from 1 to Sj. FA
measurement for skeleton voxel i at tract j of subject k can be constructed with the mixed-
effects model as follows:
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(2)

Where μj was the overall mean of the FA measurements of tract j; Ik was the indicator
variable with Ik=1 for AD or aMCI patient and Ik=0 for healthy control; βj was the mean
difference between FA measurements of AD or aMCI patients and controls at tract j; bj,k
was the random variable to account for the correlation among skeleton voxels within tract j
of any subject k; and εi,j,k was error term. Both bj,k and εi,j,k satisfied identical independent
distribution (i.i.d) with standard deviation σb

2 and σe
2, respectively. The model was selected

based on the Akaike Information Criterion (AIC) (Akaike 1974; Burnham and Anderson
1998).

The models were fitted using R NLME package (Pinheiro and Betes 2000). In order to
specify an appropriate model, the data were explored using three-dimensional scatter plots
and Trellis plots. The spatial correlation among voxels was explored using variogram
(Banerjee 2004) and goodness of fit was checked by residual plots. The false discovery rate
(FDR) was used to control the family-wise type-I error. A Beta-Uniform distribution
(Pounds and Morris 2003) method was applied to calculate FDR by the R Group
Comparison package (http://bioinformatics.mdanderson.org/Software/OOMPA/).

The above-mentioned procedures were repeated for non-FA images including MD, AxD and
RD to make the tract level comparison of all these metrics. For validation purpose,
comparisons of mean and median of the four DTI-derived metrics of each tract were also
conducted with student t-test.

Mixed-effects statistics to compare DTI-derived metrics at the level of tract group and
correlation with CERAD and cortical atrophy

The statistical model to compare DTI-derived metrics at the level of tract group was similar
to what we used in the section above. The only difference was that the skeleton voxels of a
tract group were extracted by combining the skeleton voxels of several white matter tracts
categorized into this tract group. Again, FDR was used to control the family-wise type-I
error. Boxplots were made by calculating the minimum, 25 percentile, median, 75 percentile
and maximum values of DTI metrics of AD patients and control subjects. The multivariate
regression analyses were used to correlate between the FA, MD, AxD or RD of the tract
group and cognitive test scores (CERAD) and adjust for the factors of age and education
with data from AD patients only. p-values less than 0.05 indicated statistically significant
correlation. In addition, a linear regression model was applied to test if there is significant
interaction effect of the diagnostic status of AD on the measurements of FA, MD, AxD and
RD of all tract groups.

All DTI-derived metrics of all tract groups were correlated to Z-score at all cortical voxels.
Z-scores represent cortical atrophy. Correlation coefficients and p values for correlation
between DTI parameter of each tract group and cortical atrophy all over the cortical voxels
were calculated. We fitted the p values with Beta-Uniform model (Pounds et al., 2003), from
which we calculated the false discovery rate. In addition, Kolmogorov-Smirnov (K-S) tests
were conducted to find out if there are significant differences of the correlations of the DTI
parameters of limbic tract group to cortical atrophy, compared to those of other tract groups
to cortical atrophy.
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Results
Participants

Table 1 summarizes the demographics and clinical information for subjects whose DTI
datasets underwent complete analysis described in the Materials and Methods section. There
is no difference among the groups in age (p=0.44), gender (p=0.21), years of education
(p=0.61) or Hachinski score (p=0.25). As expected, there is significant difference of MMSE
(p<0.001) and CERAD (p<0.001) among the groups.

Parcellation of white matter tracts with the digital atlas
The ICBM-DTI-81 atlas assigns a unique label to each voxel in the ICBM-DTI-81 space to
indicate that the voxel belongs to one of 30 well-documented deep white matter tracts. As
shown in Fig. 2, the atlas labeling is overlaid on the white matter skeleton mask derived
from the mean FA map in the ICBM-DTI-81 space. The underlying mean FA map is also
shown. It is evident from all axial, coronal and sagittal sections that each core skeleton voxel
is categorized into one of the 30 major tracts. As the template of nonlinear registration
process in TBSS and that used for generating the ICBM-DTI-81 are the same, labeled white
matter regions from the atlas match the mean FA map well and cover the entire core white
matter skeleton, demonstrating the effectiveness and accuracy of our atlas-based process.
Note that the peripheral skeleton voxels are not covered by the atlas labeling as the ICBM-
DTI-81 atlas itself labels the white matter tracts from the probabilistic FA map of 81 normal
subjects and the peripheral skeleton voxels have much inter-subject variability which makes
the fixed labeling of these voxels impossible.

Difference of FA, MD, AxD and RD at tract level
FDR-corrected p values were calculated after mixed-effects statistical model to detect white
matter abnormality at the tract level. The mean of AD, difference between the mean of AD
and that of control, standard error of AD, t value, p value of FA, MD, AxD and RD were
listed for each of the 30 cerebral tracts surveyed. The above-mentioned results of these tracts
were categorized into limbic, commissural, association and projection tract groups, shown in
Tables 2, 3, 4 and 5, respectively. Abbreviations of the tract names in these tables can be
found in the legend of Fig. 2.

Most of fornix/stria terminalis (FX/ST-L, FX/ST-R), body of fornix (FX-B), cingulum
bundle at cingulate gyrus (CGC-L, CGC-R) and cingulum bundle in the hippocampus
(CGH-L, CGH-R) in limbic tract group have significantly lower FA, higher MD and higher
RD, but no significant difference on AxD, as shown in Table 2. For commissural tracts in
Table 3, genu, body and spelenium of corpus callosum (GCC, BCC and SCC) have higher
MD, AxD and RD, but only BCC, which is the major component of the corpus callosum,
has significantly smaller FA. The other two components of corpus callosum, GCC and SCC,
show the trend of smaller FA in AD patients. Shown in Table 4, the superior longitudinal
fasciculus (SLF-L, SLF-R), superior fronto-occipital fasciculus (SFO-L, SFO-R), and
external capsule (EC-L, EC-R) generally have significantly higher MD, higher AxD and
higher RD, but the changes of FA for most of these tracts are neither significant nor
uniform. Specifically, the mean FA of SLF-R, SFO-R and EC-R of AD patients are even
higher than those of control, while other association tracts show lower FA values. For
project tracts in Table 5, a majority of anterior corona radiata (ACR-L, ACR-R), posterior
corona radiate (PCR-L, PCR-R), superior corona radiate (SCR-L, SCR-R), anterior limb of
internal capsule (ALIC-L, ALIC-R) and posterior limb of internal capsule (PLIC-L, PLIC-
R) have significantly higher MD and AxD. The changes of FA and RD for most of the
projection tracts are not significant or uniform for these two metrics. The comparisons using
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mean and median of the DTI-derived metrics of the tracts listed in Tables 2 to 5 show
consistently significant differences with slight variations of p values.

Synchronized FA, MD and RD changes of fornix (FX) and cingulum (CG), both of which
are part of limbic tract group, are apparent with high correlation coefficients and small p
values (<=0.0001 for all), as shown in Fig. 3. AxD measurements of FX and CG are not
significantly changed from control to AD, as shown in Table 2. Concurrently, the correlation
of AxD of FX and CG was found not significant either (not included in plots in Fig. 3).

Difference of FA, MD, AxD and RD at the level of tract group
Difference between AD and control—Viewed from full tensor characterization, the
structural changes of white matter tract groups are distinctive from each other. The p values
obtained by comparison of the DTI metrics of skeleton voxels within the tract group
between AD and control are listed in Tables 2 to 5. The boxplots of Fig. 4 clearly illustrates
the unique combinations on changes of FA, MD, AxD and RD for the four tract groups.
Among them, commissural tract group features significant changes of all four DTI metrics
while projection tract group shows significant changes of least (two) metrics. Both limbic
and association tract groups have significant changes of three metrics, but these metrics are
different for these two tract groups. The significant difference of widely used FA occurs
only for limbic and commissural tract groups because RD increases either exceed increases
of AxD for commissural tracts or there is no AxD increase for limbic tracts. On the contrary,
no significant decrease of FA values were found for association and projection tract groups
as AxD increases exceed increases of RD for association tracts or there is no RD increase
for projection tracts. Increases of MD can be observed in all tract groups. Since MD is the
linear summation of AxD and RD, significant increase of either AxD or RD causes higher
MD.

The linear regression model revealed significant interaction effects of the status of AD on
FA, MD and RD of limbic tract group, FA, MD, AxD and RD of commissural tract group,
MD, AxD and RD of association tract group and MD and AxD of projection tract group.
Fig. 5 uses the diagrams to demonstrate the significant interaction effects of AD on the DTI
parameters.

Difference between aMCI and control—Table 6 displays the averaged measurements
of aMCI tract groups, the difference of the measurements between aMCI and control and the
p values. It is clear that in almost all cases the direction of the change from control to aMCI,
namely the increase or decrease of certain DTI parameter, is aligned with the changes from
control to AD (Tables 2 to 5). However, most of these changes are not as statistically
significant as those in AD patients, suggesting that white matter disruption progresses from
normal to aMCI and to AD. Only FA, MD and RD of limbic tract group and MD of
commissural tract group are significantly different between aMCI and control.

Correlation between DTI metrics and CERAD scores and between DTI metrics and cortical
atrophy

Only MD significantly correlates to CERAD with data of AD patients for all four tract
groups and the correlation plots are shown in Fig. 6. Both AxD and RD are significantly
correlated to two tract groups. Specifically, AxD is significantly correlated to commissural
and association tract groups. And RD is significantly correlated to limbic and commissural
tract groups. However, correlation between FA values and CERAD scores is significant for
none of the tract groups.
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The t-value map demonstrating the cortical atrophy pattern is shown in panel (a) of Fig. 7.
FA and MD of all tract groups are significantly correlated to considerable amount of cortical
voxels, even after FDR correction, indicating general correlation between FA and MD of all
tract groups and cortical atrophy of entire cortex. The correlation coefficient maps for
correlation between FA, MD, AxD and RD of limbic tract group and cortical atrophy are
shown as panels (b) to (e) of Fig. 7. The correlation coefficients of FA, MD and RD of
limbic tract group to cortical atrophy are generally much higher all over the cortex. The
correlations of these parameters of limbic tract group are significantly different (p<0.001)
from that of any other parameter of any other tract group with K-S tests, indicating that
disruption of limbic tract group is more significantly correlated to cortical atrophy.

Discussion
Several major findings emerged with our investigation. First, heterogeneous disruption at the
level of white matter tract group was revealed with full tensor (FA, MD, AxD and RD)
characterization and comprehensive tract analysis. Second, the almost identical pattern of
correlation coefficient maps between cortical atrophy and FA, MD and RD of limbic tract
group and cortical atrophy map itself suggests the white matter disruption of limbic tract
group is caused by cortical neuronal damage. Cortical atrophy has significant impact on
white matter damage of other tract groups, but factors other than cortical atrophy may also
play important roles. In addition, the structural changes of different tracts, characterized by
DTI parameters, are synchronized within limbic tract group. This finding validates the tract
group level strategy which characterizes the general structural changes pattern for white
matter tracts performing similar brain functions. Finally, the MD values of all tract groups
are significantly correlated to the cognitive functions, revealing a direct relationship between
degeneration of cognitive functions and white matter abnormalities.

White matter structural changes in limbic and commissural tract groups
Disruption of limbic and commissural tracts in AD has been most widely reported. The
tracts in these white matter systems showed significantly lower FA values (Figs 4 and 5;
Tables 2 and 3), consistent with the literature (e.g. Takahashi et al., 2002; Xie et al., 2006;
Stahl et al., 2007; Zhang et al., 2007). Degeneration of the limbic system is closely
associated with AD. In the limbic system network, atrophy of hippocampal and
parahippocampal regions (Stoub et al., 2006) and medial temporal lobe (Thompson et al.,
2003) are well documented. Reduced white matter volume in the cingulum (Villain et al.,
2008) has also been reported. The microstructural changes of the limbic tracts including FX
and CG were detected in our study, with significantly lower FA and higher RD. These
changes are likely related to demyelination and axonal loss (Song et al., 2002; Song et al.,
2003) and causally related to cortical atrophy (Fig. 7). They also result in disconnection of
the brain regions in the limbic system.

All four parameters show significant differences for the commissural tract group, indicated
by Figs. 4-5 and Table 3. Among individual commissural tracts, only the BCC shows
significantly lower FA, while GCC and SCC demonstrate a trend of FA decrease. As BCC
takes a large portion of the entire CC, the commissural tract group follows the same tensor
change profile as that of BCC. Commissural tracts in general connect the homologous
cortical areas of two hemispheres. Besides cortical areas, the rostral inferior part of BCC
connects subcortical nuclei and the caudal inferior part of BCC connects medial temporal
lobe (Huang et al., 2005). This may explain the excessive RD increase of BCC compared to
AxD and resultant FA decrease (Table 3) which is closer to the tensor change profile of the
limbic tracts. However, the tensor change profile of GCC and SCC are different from BCC.
Rather, they are identical to the profile of the association tract group (Tables 3 and 4). The
functions of GCC and SCC are quite similar to those of association tracts, namely
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connecting two cerebral cortical regions. GCC and SCC connect homologous cortical areas
of two hemispheres while association tracts connecting the cortical areas of the same
hemisphere. The identical tensor change profiles of GCC, SCC and association tracts are
likely due to their involvement in the same networks connecting between and within frontal
and occipital areas. Several ROI-based studies (e.g. Zhang et al., 2007, Milke et al., 2009)
show significantly lower FA at SCC while there is no significance of FA at SCC in our
measurements. This discrepancy may be due to the fact that different voxels were measured
for SCC. Our SCC is a 3D structure and defined for the tract connecting two occipital lobes
(Wakana et al, 2007; Mori et al, 2008). Previous studies (e.g. Zhang et al., 2007, Milke et
al., 2009) used 2D manually delineated ROIs. Alternatively, as the sample size in each of
these studies is modest, a large number of subjects may be needed to settle this issue.

White matter structural change of association and projection tract groups
Our results on association tracts (Table 4, Fig. 4) also support recent findings on association
tracts from another group (Pievani et al., 2010). Unlike other tract groups, white matter
abnormalities on projection tracts have been rarely reported. This is likely due to the fact
that little pathology affecting the gray matter structures connected by projection tracts has
been reported in AD. For example, projection tracts are mainly involved in the motor
functions and these remain relatively intact in early and modest AD, and there is little
evidence of neuronal loss in motor cortex. The projection tract group has the least two
abnormal diffusion metrics (Figs. 4 and 5 and Table 5) compared to all other three tract
groups. The tensor change profile of projection tract group is closest to that of the
association tracts. The only difference between the projection tract group and association
tract group is that myelin loss and axon diameter change that are apparent causes of
increased RD in association tracts do not happen in projection tracts. It is plausible to
attribute the increase of MD and AxD of projection tracts to the factors other than AD, such
as white matter lesion or vascular pathology. However, MD of projection tract group is
significantly correlated to CERAD (Fig. 6), suggesting the increases of MD are directly
related to AD. Decreased tissue density was found in AD (Bronge et al 2002; Englund et al
1998) while underlying structures is maintained. In addition, qualitatively comparison of
locations of the projection tracts and those of WMH revealed from FLAIR MRI indicates
that a majority of them cluster around the ventricles. These two factors may explain partly
the increase of MD and AxD of the projection tract group and some abnormalities of
individual tracts in this tract group (Table 5). It should be noted that corticospinal tract
(CST) was not included in the project tract group because transferring the CST labeling
from the atlas to the subject data was prone to the registration error due to relatively small
tract bundle size for CST.

Characteristic white matter disruption for different tract groups in AD and possible
mechanism

Combined with the findings on limbic, commissural and association tracts, white matter in
almost the entire brain was affected by AD. These structural alterations are heterogeneous
and the interactions of AD on these tract groups differ from one tract group to another (Figs.
4 and 5). To understand these white matter structural changes, two questions appear to be
important. First is how the white matter change of different tract groups are related to
cortical atrophy, which has been well documented for AD patients (e.g. Janke et al., 2001;
Thompson et al., 2001 and Thompson et al., 2003). Second is how these white matter
disruption patterns progress from the early phase of illness (aMCI) to the advanced stage of
AD.

For the relationship between white matter changes of different tract groups and cortical
atrophy, we found that FA and MD of all tract groups are significantly correlated to
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considerable amount of cortical voxels even after FDR correction, resulting in the significant
correlation to the overall cortical atrophy. Moreover, FA, MD and RD of limbic tract group
are more significantly correlated to cortical atrophy than any other parameter of any other
tract. As illustrated in Fig. 7b, 7d and 7e, the patterns of correlation coefficient maps for FA,
MD and RD and cortical atrophy are almost identical to the cortical atrophy map itself
shown in Fig. 7a. In general, axonal damage can be initiated either by the degeneration of
the cell bodies associated with these axons, or direct white matter injury. In the former case,
structural disruptions in white matter tracts identified from DTI metrics is a consequence of
cortical degeneration. Our findings suggest that this former mechanism takes place in AD.
White matter disruption of limbic tract group is caused by the neuronal loss in the cortex and
structural change of other tract groups are also significantly affected by cortical atrophy.
Moreover, the characteristic profiles of diffusion tensor change of the four tract groups seem
to follow the degeneration of the cortical areas to which these tracts connect. However, the
mechanism for the influence of cortical neuronal loss on the commissural, association and
projection tract groups is complicated and might be mixed with other factors such as
decreased tissue density, destruction of intracellular compartments or glial alterations. In
addition, the close similarity of the patterns of correlation coefficient maps (especially for
MD and RD) to cortical atrophy map (Fig. 7) suggests that MD and RD of limbic tracts can
serve as an alternative measure of cortical atrophy. The former metrics have the advantage
of being directly measured from DTI while the latter usually needs a more complicated
normalization process and additional control data. It is plausible to contribute the close
resemblance of coefficient and cortical atrophy maps to misregistration due to cortical loss.
This situation is not likely because of the validation of the registration discussed below and
poor correlation of AxD in Fig. 7d.

From early phase to advanced stage of AD, Tables 2 to 6 imply that there is a pattern of
white matter disruption which progresses along with disease evolution. Specifically, the
white matter disruption takes place only in limbic and commissural tracts in aMCI subjects
(Table 6) and progress to all four tract groups in AD patients (Tables 2 to 5). On the other
hand, the degree of damage to white matter tracts affected in AD patients only (Tables 2 to
5) follows the gradient of most to least severe from limbic and commissural tracts to
association and projection tracts. It suggests that the white matter tracts (i.e. limbic and
commissural) suffering damages earlier in the aMCI phase will be more severely disrupted
in the advanced stage of AD than those (i.e. association and projection) with no significant
structural changes in aMCI phase. The heterogeneous damage of different white matter tract
groups at early aMCI phase may underlie the distinctive structural changes in AD. Besides
the aMCI results from this study, other investigations on aMCI (Huang et al., 2007; Zhang et
al., 2007, Zhuang et al., 2010) also reveal white matter disruption mostly at limbic or
commissural tracts. As this study is focused on the white matter damage of AD patients, the
number of participated aMCI subjects is limited. A longitudinal study on the white matter
tract groups from aMCI to severe AD from the same group of subjects will be needed to
further test this hypothesis. Combining the discussion above on relationship between white
matter damage, cortical atrophy and progression of white matter disruption from aMCI to
AD, the progression of white matter disruption seems to follow the cortical thinning pattern
spreading over time from temporal and limbic cortices into frontal and occipital cortices.

Features of analysis at tract level, tract group level and full tensor characterization
The development of a digital white matter atlas enabled us to automatically survey 30 major
cerebral white matter tracts covering most of the limbic, commissural, association and
projection tract groups. Conventional voxel-based approaches reveal abnormalities of white
matter at the voxel level. Tract labeling provided by the digital atlas segments all the white
matter and divides the white matter voxels into different tracts. In addition, white matter
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tracts with similar functions can be combined together to form tract groups. Our study has
presented the comprehensive white matter analysis at the level of tract groups.

Numerous findings on white matter disruption of AD have been reported, and controversy
exists in the literature. Pathology based on postmortem brain tissues (e.g. Fazekas et al.,
1993; Scheltens et al., 1995; Gouw et al., 2008) provides evidence of multiple mechanisms
underlying the white matter damage, including loss of myelin, loss of oligodendrocytes, loss
of axons, destruction of neurofibrils, and glial alterations. However, it is difficult to study
the entire brain histopathologically, and microstructures are different ex vivo from in vivo
due to fixation artifacts or morphological change of cells after death. Many previous DTI
studies on AD focused on only part of the white matter, or used only some of the tensor
metrics. Therefore, reports from these studies do not provide a complete picture on how
white matter integrity changes are affected by AD. Thorough coverage of major cerebral
white matter tracts with full tensor characterization may settle some of the controversial
findings in the literature, and help to better characterize white matter damage in vivo.

Acosta-Cabronero et al. (Acosta-Cabronero et al., 2010) has recently pointed out that the
white matter degeneration of AD needs full tensor information and that conventional
interpretation based on FA alone has important limitations. Our findings support this
opinion. Only with the full tensor characterization, the distinct tensor profile changes can be
revealed, as shown in Fig. 4. Among the four tensor derived metrics, MD is the only one
which is significantly correlated to the cognitive functions. It suggests MD is more sensitive
than the other three metrics to the cognitive changes of AD. It is noteworthy that increased
MD comes from different sources for different tract groups. For example, the higher MD in
limbic tracts is mainly contributed by increase of RD while higher MD in project tracts is
caused by the elevated AxD (Fig. 4). In addition, caution needs to be taken when
interpreting the results of AxD and RD at crossing fiber areas (Wheeler-Kingshott and
Cercignani 2009).

Technical considerations
In our exploratory data analyses, the DTI measurements of two voxels within the same tract
are highly correlated, which motivated us to apply a mixed-effects model to account for the
correlation. The distinguishing feature of mixed-effects model from other conventional
measures is that it uses measurements of all voxels within the tract rather than just mean or
median values of these measurements. We compared the results of mixed-effects model with
those from conventional measures of median and mean values which are widely used. In
terms of finding significant group differences in our study, the results from these three
models are highly consistent with discrepancy in only less than 10% of all tracts. Because
measurements of all voxels within the tract were used, the variance of βj in equation (2) can
be more accurately estimated in mixed-effects model. The differences of the estimation of
variance of βj from those obtained with conventional models could result in either
oversensitive or less sensitive detection when this model is used to find the metric
differences of two groups. The application of mixed-effects model to biomedical datasets
with complex correlation structure is still under development. Until now, the most
commonly used covariance structures have been compound symmetry and auto-regression
model and there is no established statistical method that can incorporate the 3D spatial
closeness between two voxels in DTI studies. In this study, we applied a mixed-effects
model by assuming compound symmetry correlation structure, which is not sophisticated
enough to take the 3D spatial closeness into account, although modeling a large proportion
of the correlation among voxels within the same tract. With the advancement of the
statistical methodology, it is likely that the statistical model including the factor of the
spatial closeness will be established and these kinds of models will have great potential to
the DTI analyses.
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The anatomical definition of white matter tracts stems from the digital atlas (Mori et al,
2008). Like voxel-based analysis, this atlas-based approach greatly depends on the quality of
nonlinear registration to transfer the atlas labeling to DTI data of individual subjects. To
examine the validity of this approach, with the reverse transformation function provided by
TBSS, the labeled skeleton voxels in the ICBM-DTI-81 space was projected back into the
individual native subject space where DTI-based tractography was used to trace the major
white matter tracts. The tractography (Mori et al., 1999) was applied to segment the deep
white matter in the native subject space. Despite the underestimation caused by false
negative results at the areas of crossing fibers, the validation indicated that all limbic tracts
and callosal tracts and a majority of association and projection tracts had good matching
(above or close to 90%) with the labeled skeleton voxels reversely transformed back to the
native subject space. Inferior fronto-occipital fasciculi in both sides had especially low
matching percentage, around 70%. There is still a controversy on the anatomy of this tract
(Schmahmann and Pandya, 2006). And tractography shows that part of IFO and part of
uncinate fasciculus (UNC) in their binary volume format overlap with each other in the
frontal lobe. Hence the results of IFO and UNC are not included in Table 4. Several recently
developed registration methods (e.g. Zhang et al., 2007, Chiang et al., 2008, Yap et al.,
2009) have shown excellent quality especially for nonlinear registration of DTI data. They
could be potentially incorporated to the atlas-based approach to nonlinearly transform the
voxels of entire tracts from the subject space to template space. Other important factors
which may influence the results are resolution and SNR of DTI data. Our DTI data has
2×2×2.2mm resolution, which is relatively higher than resolutions used in many clinical data
(around cubic 2.5 to 3 mm). In addition, with two repetitions of data acquisition and usage
of Jones 30 gradient (Jones et al., 1999) and a 3 T MR scanner, we tried to acquire the data
with sufficient SNR. Many AD studies including a recent TBSS application (Damoiseaux et
al., 2009) could not reveal as much white matter disruption as we have found in this study. It
is tempting to contribute these differences to the factors of resolution and SNR. For
example, Damoiseaux imaging protocol (Damoiseaux et al., 2009) indicates their DTI was
acquired from 1.5 T MR scanner with one repetition and this DTI imaging protocol would
cause relatively lower SNR. On the contrary, the widespread pattern of white matter
damages with the parameters of MD, AxD and RD was also well observed by Acosta-
Cabronero et al who used DTI data of quite high resolution and SNR, similar to those in our
study.

Conclusions
A complete survey at the white matter tract level and tract group level revealed widespread
and heterogeneous structural damage of white matter for AD patients. Full tensor
characterization indicated tensor profile changes are distinctive among the four tract groups.
Limbic and commissural tracts are characterized by the tensor changes which indicate
demyelination and axonal loss while white matter structural changes of association and
projection tracts may be more related to decreased tissue density. The almost identical
pattern of correlation coefficient maps between cortical atrophy and FA, MD and RD of
limbic tract group and cortical atrophy map itself suggests the white matter disruption of
limbic tract group is caused by cortical neuronal damage. Difference between AD and
control and that between MCI and control indicates a progression pattern of white matter
disruption from limbic and commissural tract group to other tract groups. The significant
correlation between MD values of all tract groups and the cognitive functions revealed the
direct relationship of degeneration of cognitive functions and white matter abnormality.
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Figure 1.
Projection of FA value to the core white matter. Green skeleton is overlaid on the averaged
FA map; (b) the ICBM-DTI-81 digital white matter atlas; (c) as an example, the genu of
corpus callosum (GCC) (yellow shadow) is transferred from the digital atlas to cover the
green skeleton overlaid on the averaged FA map. Abbreviations of the white matter tract
names can be found in the legend of Fig. 2.
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Figure 2.
Mean FA (gray scale) and skeleton of all subjects overlaid by the atlas labels in the ICBM-
DTI-81 space. Colored regions indicate major white matter tracts. The skeleton from
averaged FA maps is shown as white solid curve. L and R indicate left and right.
Abbreviations of white matter tracts are as follows. ACR: Anterior corona radiata; ALIC:
Anterior limb of internal capsule; BCC: Body of corpus callosum; CGC: Cingulum bundle
at cingulate gyrus; CGH: Cingulum bundle in hippocampus; CST: Corticospinal tract; EC:
External capsule; FX: Fornix; FX-B: Body of fornix; GCC: Genu of corpus callosum; IFO:
Inferior fronto-occipital fasciculus left; ILF: Inferior longitudinal fasciculus; PCR: Posterior
corona radiate; PLIC: Posterior limb of internal capsule; PTR: Posterior thalamic radiation;
RLIC: Retrolenticular part of internal capsule; SCC: Splenium of corpus callosum; SCR:
Superior corona radiate; SLF: Superior longitudinal fasciculus; ST: Stria terminalis; UNC:
Uncinate fasciculus.
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Figure 3.
Synchronized changes of FA, MD and RD from left to right of fornix (FX, blue) and
cingulum bundle (CG, red), both of which are part of limbic tract group. Each point
represents data from an AD patient. The horizontal axis indicates index of different AD
patients. Correlation coefficient (R) and p value of correlation are also displayed in each
panel.
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Figure 4.
Boxplots of FA, MD, AxD and RD of limbic, commissural, association and projection tract
groups for AD patients (left of the box pair) compared with the controls (right of the box
pair). Statistically significant differences after FDR correction are marked with asterisks.
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Figure 5.
Tensor change profiles of limbic, commissural, association and projection tract groups
reflected by full tensor characterization of FA, MD, AxD and RD, the four metrics derived
from diffusion tensor.
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Figure 6.
Statistically significant correlations (after age and education correction) between MD and
CERAD total scores of AD patients for all limbic, commissural, association and projection
tract groups.
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Figure 7.
Cortical atrophy t value map (a) is displayed in the top panel. Correlation coefficient maps
for correlation of FA (b), MD (c), AxD (d) and RD (e) of limbic tract group with cortical
atrophy are displayed in the lower panels. The top and bottom color bars indicate t value of
cortical atrophy and correlation coefficient, respectively.
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Table 1

Demographic and clinical features of AD patients and healthy controls.

AD patients MCI Controls P

Number 26 11 24 ---

Age (years, mean±SD) 70.8±8.2 69.1±7.3 69.5±7.1 0.54

Gender, female 11 (42.3%) 6 (54.5%) 14 (58.3%) 0.21

Education (years, mean±SD) 15.3±3.3 15.2±1.9 15.1±3.8 0.61

Hachinski score (mean±SD) 0.7±0.6 0.6±0.9 0.5±0.7 0.25

MMSE (mean±SD) 23.2±2.5 27.3±2.1 29.4±0.8 <0.001

CERAD (mean±SD) 60.8±9.6 77.1±9.7 84.5±7.2 <0.001
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Table 3

Mean values of FA, MD, AxD and RD of major commissural tracts of AD patients and controls, standard
deviation of these metrics of AD patients, t and p values (p†) from tract level comparison and p (p‡) value
from tract group level comparison between AD and control are listed. Double asterisks and bold indicate
statistically significant differences after FDR correction. The abbreviations for tables can be found in legend
of Fig. 2.

Commissural Tracts

GCC BCC SCC

FA AD 0.63 0.57 0.70

Diff (AD-Ctr) −0.011 −0.049 −0.012

Std. Error 0.005 0.011 0.008

T −1.16 −3.73 −0.75

p† 0.25 <0.001** 0.45

Tract group
p‡

0.011**

MD
(10−3mm2/S)

AD 0.87 0.92 0.81

Diff (AD-Ctr) 0.062 0.083 0.065

Std. Error 0.016 0.017 0.016

T 3.98 4.84 4.15

p† <0.001** <0.001** <0.001**

Tract group
p‡

<0.001**

AxD
(10−3mm2/S)

AD 1.60 1.60 1.62

Diff (AD-Ctr) 0.091 0.051 0.112

Std. Error 0.023 0.021 0.013

T 3.84 2.11 3.71

p† <0.001** 0.042** <0.001**

Tract group
p‡

0.004**

RD
(10−3mm2/S)

AD 0.50 0.58 0.42

Diff (AD-Ctr) 0.046 0.096 0.045

Std. Error 0.015 0.025 0.016

T 3.16 4.74 2.82

p† 0.003** <0.001** 0.008**

Tract group
p‡

0.001**
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