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Objective. To test the accuracy of reporting present‐on‐admission (POA) and to
assess whether POA reporting accuracy differs by hospital characteristics.
Data Sources. We performed an audit of POA reporting of secondary diagnoses in
1,059medical records from 48 California hospitals.
Study Design. We used patient discharge data (PDD) to select records with second-
ary diagnoses that are powerful predictors of mortality and could potentially represent
comorbidities or complications among patients who either had a primary procedure
of a percutaneous transluminal coronary angioplasty or a primary diagnosis of acute
myocardial infarction, community‐acquired pneumonia, or congestive heart failure.
We modeled the relationship between secondary diagnoses POA reporting accuracy
(over‐reporting and under‐reporting) and hospital characteristics.
Data Collection. We created a gold standard from blind reabstraction of the medical
records and compared the accuracy of the PDD against the gold standard.
Principal Findings. The PDD and gold standard agreed on POA reporting in 74.3
percent of records, with 13.7 percent over‐reporting and 11.9 percent under‐reporting.
For‐profit hospitals tended to overcode secondary diagnoses as present on admission
(odds ratios [OR] 1.96; 95 percent confidence interval [CI] 1.11, 3.44), whereas teach-
ing hospitals tended to undercode secondary diagnoses as present on admission (OR
2.61; 95 percent CI 1.36, 5.03).
Conclusions. POA reporting of secondary diagnoses is moderately accurate but var-
ies by hospitals. Steps should be taken to improve POA reporting accuracy before
using POA in hospital assessments tied to payments.
Key Words. Present-on-admission, hospitals, accuracy, administrative data,
quality measurement

There is widespread interest in public reporting of hospital performance and
quality‐based incentives as a means to improve hospital care. Increasingly,
states and other stakeholders use administrative data generated for billing
purposes to measure hospital quality, even though the accuracy of such data
has been questioned (Iezzoni et al. 1988, 1992; McCarthy et al. 2000;
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Romano, Schembri, and Rainwater 2002; Romano et al. 2002; Romano
2003; Fry et al. 2006). One large concern is that clinical assessments mea-
sured from administrative data inadequately account for patient health status
(Iezzoni et al. 1996). Secondary diagnoses in administrative data are used in
risk adjustment to estimate differences in patient health status. However,
under many circumstances risk‐adjustment models exclude secondary diag-
noses that are important risk factors of poor patient outcomes because the
way the information is coded in administrative data makes it difficult to distin-
guish whether a recorded secondary diagnosis is a comorbidity or a compli-
cation of care; it is appropriate to adjust outcomes for comorbidities, but not
for complications of care. It is generally safe to assume that chronic condi-
tions are not the result of hospital care and thereby reflect comorbidities. The
situation is often less obvious for recorded acute conditions, which in some
circumstances may reflect a comorbidity and in others a complication.

Present‐on‐admission (POA) reporting is an emerging method for
distinguishing in administrative data between complications of care that
developed during and comorbidities that existed prior to hospitalization (Stu-
kenborg et al. 2005, 2007; Bindman and Bennett 2006; Iezzoni 2007; Bahl,
Thompson, Kau, Hu, and Campbell Jr. 2008). In 2008, the Center for Medi-
care and Medicaid Services (CMS) implemented the requirement that hospi-
tals report POA for each diagnosis in its administrative data as a means to
distinguish hospital‐acquired conditions from comorbidities. In this
approach, secondary diagnoses that exist prior to admission are considered
comorbidities, and CMS instructs hospitals to self‐report the “POA” report-
ing of these conditions as “yes” corresponding to their being present at the
time of admission. Secondary diagnoses that occur after hospital admission
are considered complications, and hospitals are instructed to self‐report these
conditions in administrative data as “no” corresponding to not present on
admission. CMS uses additional categories: “Exempt” for conditions that are
exempt from reporting, “Unknown” for those conditions where it was
unknown whether it was present on admission, and “Clinically Undeter-
mined” if there was insufficient evidence to determine clinically whether the
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condition is present on admission. California did not use the exempt,
unknown, and clinically undetermined codes at the time of this study. While
the coding of conditions using the POA flag has face validity, there are ques-
tions about how accurately POAcodes are self‐reported by hospitals (Hughes
et al. 2006; Iezzoni 2007). Hospitals concerned about publicly reported
quality assessments based on risk‐adjusted models from administrative data
could “over‐report” diagnoses as present on admission to make their patients
appear sicker and thereby improve their publicly reported risk‐adjusted
mortality rates. Overcoding of diagnoses in for‐profit hospitals has previously
been recognized in situations where coding practices influence reimburse-
ment (Hsia et al. 1992). Hospitals with fewer administrative resources in their
medical record departments due to small size, payer case mix, or lower profit
margins may be less able to train coders in POA reporting and therefore may
be more likely to misreport POA (either over- or under‐report). Teaching
hospitals that predominately rely on physician documentation from rotating
physicians‐in‐training may be more likely to misreport POA. Prior research
has documented that coding practices for billing purposes vary extensively
across hospitals and are influenced by hospital characteristics, physician
documentation, and response to payment reform (Goldfarb and Coffey 1992;
Hsia et al. 1992; Lorence 2003; Lorence and Ibrahim 2003a,b; Rangachari
2007; Santos et al. 2008; Hennessy et al. 2010). It is unknown whether these
influences extend to POA reporting. No recent large studies have assessed
the accuracy of the POA indicator variables against an external standard such
as chart review.

METHODS

We conducted an audit of POA reporting in the 2005 California patient dis-
charge data (PDD) by comparing its accuracy against a gold standard created
from blinded reabstraction of the corresponding medical records. California
is one of two states, the other New York, that has over a decade of experience
in requiring hospitals to use POA reporting in routine reporting of hospital
discharges. We used our reabstraction‐based gold standard to identify pat-
terns of POA under‐reporting and over‐reporting, including systematic ten-
dencies by hospital characteristics.

The California PDD includes patient demographic, diagnostic, proce-
dure, and disposition codes for approximately 3.7 million hospitalizations
per year from all nonfederal, nonchildren's California acute care hospitals
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(N = 355). Using a research file that included hospital and patient identifiers,
we selected a probability sample of records for review. For efficiency, we used
a complex sampling design that randomly selected hospitals in proportion to
the number of eligible patient records. Other hospital characteristics were not
included in the sampling design.

Eligible patient records were those with International Classification of
Diseases, Ninth Revision, Clinical Modification (ICD‐9 CM) codes corre-
sponding to the procedure percutaneous transluminal coronary angioplasty
or one of three principal diagnoses: acute myocardial infarction (Romano
and Luft 1996), community‐acquired pneumonia (Center 2006), or conges-
tive heart failure (AHRQ 2006; see Appendix 2a). We selected these four
“umbrella conditions” because they are common and associated with rela-
tively high mortality. The California Office of Statewide Health Planning and
Development (2008) currently produces public reports of hospital quality for
two of these conditions: acute myocardial infarction (Romano and Luft 1996)
and community‐acquired pneumonia (Center 2004, 2006).

In addition, to be an eligible record, the patient had to also have one
of two prespecified acute secondary diagnoses that, depending on the clini-
cal circumstances, could be regarded as either a comorbidity or hospital
complication of the umbrella condition (see Appendix 2b). These diagnoses
were selected following a literature review that indicated their importance
as predictors of mortality. We prespecified the acute secondary diagnoses
for sampling to insure adequate sample size for individual influential sec-
ondary diagnoses, recognizing that POA reporting accuracy could differ by
diagnosis. Among cases whose principal “umbrella condition” was acute
myocardial infarction, we sampled cases that also had shock or pulmonary
edema listed as a secondary diagnosis. Among all cases of acute myocardial
infarction, shock occurred in 5.7 percent and pulmonary edema occurred in
8.7 percent of cases statewide. For cases whose umbrella condition was con-
gestive heart failure, we sampled cases with secondary diagnoses of acute
myocardial infarction or acute renal failure (Krumholz et al. 1997; Smith
et al. 2006). Acute myocardial infarction occurred in 2.19 percent and renal
failure in 8.7 percent of cases of congestive heart failure statewide. For com-
munity‐acquired pneumonia, we sampled cases with secondary diagnoses
of septicemia (Iezzoni et al. 1992; Fine et al. 1996) or respiratory failure
(Haas et al. 2000). Septicemia occurred in 3.8 percent and respiratory failure
in 7.7 percent of community‐acquired pneumonia cases. For percutaneous
transluminal coronary angioplasty cases, we sampled cases with secondary
diagnoses of acute myocardial infarction (Moscucci et al. 2001) or acute
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renal failure (Best et al. 2002). Acute myocardial infarction occurred in 2.8
percent and acute renal failure in 3.2 percent of percutaneous transluminal
coronary angioplasty cases.

To prevent any single hospital from disproportionately influencing our
sample, we capped the number of records for each “umbrella condition—sec-
ondary diagnosis” combination at 10 cases per hospital. Thus, the maximum
number of cases from any hospital was 80, and only one of our 48 sampled
hospitals (2.1 percent) reached the 80 record cap.

We used two types of abstractors to review the medical records: health
information technicians (HIT) and registered nurses (RN). HITs mirror the
type of person routinely employed in hospital medical records departments
to code administrative coding, including POA. All HITs employed for this
study had Registered Health Information Technician certification and were
previously employed as inpatient medical coders for at least 5 years.
We separately employed RNs who had at least 5 years of experience in re-
abstraction of inpatient medical coding to abstract the medical records to
gauge whether someone with clinical training would make a different deter-
mination about whether a secondary diagnosis was present on admission.
All abstractors (five HITs and five RNs) participated in a 40‐hour training
session led by the study team which included instruction in the data collec-
tion tool, standardized training examples, and feedback on sample medical
records abstractions. Abstractors were instructed to apply the directions on
POA reporting provided to the hospitals by the California Office of State-
wide Health Planning and Development. These instructions describe that
diagnoses were to be recorded as present on admission when the diagnosis
was documented by a physician in the admission note. Chronic diagnoses
(e.g., diabetes) identified during the hospitalization were considered present
on admission. Conditions suspected at the time of admission (e.g., noted in
an emergency room or admitting physician note) were also considered pres-
ent on admission. Abstractors were to record a condition as not present on
admission when there was no physician documentation of the clinical con-
dition in the admission or emergency department note and no signs or
symptoms of the condition on admission.

Health information technicians blindly reviewed themedical record fol-
lowing standard practice medical record coding rules. In contrast, the RNs
possessed the unblinded list of diagnostic codes that the hospitals submitted to
theCalifornia PDD. TheRNs first determinedwhether the codes listed for the
principal and all secondary diagnoses were correct and only then blindly
determined as to whether each diagnosis was present on admission. Of the
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1,557 records abstracted by the HITs, 9.4 percent (n = 147) were abstracted
twice, and of the 1,688 records reviewed by the RNs 18.6 percent (N = 307)
were abstracted twice for the purposes of quality control. Depending on
whether a record was reviewed once or twice by each of an HITand an RN,
records could have been reabstracted from two to four times.

Using the multiple abstractions for each record, we created gold stan-
dards for POA reporting accuracy for the two specified acute secondary diag-
noses associated with each of the four umbrella conditions. As a requirement
for a case to be considered in the gold standard sample, more than one
reviewer had to review the case, and the reviewers had to agree (with the
PDD) on the accuracy of the sampled umbrella condition and secondary
diagnosis. Then for records with two or three reabstractions, each had to
agree on the POA reporting of the specified secondary diagnosis for the case
to qualify as a part of the gold standard sample. For records with four
reabstractions, at least three needed to agree on the POA reporting for the
case to qualify (i.e., either three of four reabstractions agreed or four of four
reabstractions agreed on POA reporting). For the remaining records (with
two or more reabstractions) lacking consensus as defined above in the report-
ing of POA, physicians blindly adjudicated the POA reporting to make the
final gold standard determination.

POA can be misreported in two ways. Over‐reported secondary diag-
noses are those in which the PDD recorded the POA reporting as present on
admission, but the gold standard assessment was not present on admission.
Under‐reported secondary diagnoses were documented in the PDD as not
present on admission, but the gold standard assessment was present on
admission.

We linked hospital characteristics, including teaching status, ownership,
percent profit margin, the number of staffed beds, and percent of discharges
reimbursed by Medicaid available in the 2005 California Annual Financial
Database, to each sampled case in the California PDD (Iezzoni et al. 1988,
1992; Lorence 2003; Lorence and Ibrahim 2003a,b; Preyra 2004; Goldman
et al. 2007; Santos et al. 2008). Teaching hospitals were those participating in
the Council of TeachingHospitals andHealth Systems.We categorized hospi-
tals into for‐profit and not for‐profit hospitals (aggregating government and
nonprofit). Percent profit margins, number of staffed beds, and percent of dis-
charges reimbursed byMedicaid were categorized into quartiles based on the
distribution of these variables among hospitals in California. Sensitivity anal-
yses using tertiles and quintiles of profit margin, number of staffed beds, and
percent of discharges reimbursed byMedicaid yielded similar results as when
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categorized by quartile, so for the ease of presentation only the results by
quartile are shown.

We examined the accuracy of POA reporting in the California PDD as
compared to the gold standard overall and for each of the eight combinations
of umbrella condition and secondary diagnosis. We tested for bias to over‐
report or under‐report POA using McNemar's test. In stratified analyses, we
examinedwhether the accuracy of POA reporting varied by hospital character-
istics, including teaching status, ownership, number of staffed beds, percent
profitmargin, and percent of discharges reimbursed byMedicaid (Iezzoni et al.
1988, 1992; Lorence 2003; Lorence and Ibrahim 2003a,b; Preyra 2004;
Goldman et al. 2007; Santos et al. 2008), and whether the umbrella condition
is publicly reported in California (acute myocardial infarction and community‐
acquired pneumonia). We also tested (using a z‐test) the hypothesis of differen-
tial POA over‐reporting of secondary diagnoses whose umbrella condition
was publicly reported. To control for clustering of data within hospitals, we
used hierarchical logistic regression (SAS PROC GLIMMIX, Cary, North Car-
olina, USA) to test for hospital characteristics predictive of “over‐reporting”
and “under‐reporting,”while controlling for patient characteristics, including
age, sex, in‐hospital death, and the prespecified acute secondary diagnosis.
We only included hospital and patient characteristics in the multivariate
analyses that were statistically significant at the level of p < .1 in bivariate
analyses.

RESULTS

Our initial sample consisted of 1,694 records across 48 hospitals; the HITs
abstracted 1,557 of these records, and the RNs abstracted 1,688 (Appen-
dix 1). Of the abstracted records, we excluded 525 records in which the HIT
did not code and 162 in which the RN did not confirm either the sampled
umbrella condition or the acute secondary diagnosis. A total of 1,059 records
met our gold standard criteria, of which 304 (28.7 percent) required physician
adjudication.

Our patient sample tended to be sick with an in‐hospital mortality of
26.0 percent. Eighty-one percent of the patients were older than 60 and had
multiple medical diagnoses (85 percent � 2 comorbidities) (Elixhauser
et al. 1998). For the primary diagnosis or procedure (i.e., umbrella condition),
298 patients had an acute myocardial infarction, 205 had community‐
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Table 1: Present‐on‐Admission (POA) Reporting Accuracy by Patient and
Hospital Characteristics: Sample Characteristics

Patient Characteristics Sample Size Over‐Reported Under‐Reported Agree
Total N = 1,059 146 (13.8%) 126 (11.9%) 787 (74.3%)

Demographics
Age (years)
19–49 70 10 (14.3%) 8 (11.4%) 52 (74.3%)
50–59 134 17 (12.7%) 15 (11.2%) 102 (76.1%)
60–69 218 36 (16.5%) 28 (12.8%) 154 (70.6%)
70–79 293 37 (12.6%) 31 (10.6%) 225 (76.8%)
80–89 274 33 (12.0%) 36 (13.1%) 205 (74.8%)
90+ 70 13 (18.6%) 8 (11.4%) 49 (70.0%)

Female 602 85 (14.1%) 66 (11.0%) 451 (74.9%)
Male 457 61 (13.3%) 60 (13.1%) 336 (73.5%)
Alive at discharge 784 113 (14.4%) 80 (10.2%) 591 (75.4%)
Died in hospital 275 33 (12.0%) 46 (16.7%) 196 (71.3%)
Clinical condition
Acutemyocardial infarction
Shock 157 16 (10.2%) 21(13.4%) 120 (76.4%)
Pulmonary edema 141 8 (5.7%) 18(12.8%) 115 (81.6%)

Community‐acquired pneumonia
Septicemia 88 30 (34.1%) 5 (5.7%) 53 (60.2%)
Respiratory failure 117 11 (9.4%) 14 (12.0%) 92 (78.6%)

Congestive heart failure
Acute myocardial infarction 137 127 (92.7%) 26 (19.0%) 101 (73.7%)
Acute renal failure 151 137 (90.7%) 18 (11.9%) 119 (78.8%)

PTCA
Acute myocardial infarction 136 109 (80.1%) 9 (6.6%) 100 (73.5%)
Acute renal failure 132 102 (77.3%) 15 (11.4%) 87 (65.9%)

Hospital characteristics where hospitalized
Nonteaching 875 124 (14.2%) 92 (10.5%) 659 (75.3%)
Teaching 184 22 (12.0%) 34 (18.5%) 128 (69.6%)
Not for‐profit 836 104 (12.4%) 107 (12.8%) 625 (74.8%)
For‐profit 223 42 (18.8%) 19 (8.5%) 162 (72.6%)
Profit margin
Lowest 73 8 (11.0%) 4 (5.5%) 61 (83.6%)
Second 203 30 (14.8%) 15 (7.4%) 158 (77.8%)
Third 373 53 (14.2%) 53 (14.2%) 267 (71.6%)
Highest 410 55 (13.4%) 54 (13.2%) 301 (73.4%)
No. of Staffed beds

Fewest 19 2 (10.5%) 2 (10.5%) 15 (78.9%)
Second 83 15 (18.1%) 3 (3.6%) 65 (78.3%)
Third 326 33 (10.1%) 38 (11.7%) 255 (78.2%)
Most 631 96 (15.2%) 83 (13.2%) 452 (71.6%)

%Medicaid
Lowest 281 36 (12.8%) 39 (13.9%) 206 (73.3%)

continued
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acquired pneumonia, 288 had congestive heart failure, and 268 had percuta-
neous transluminal coronary angioplasty (Table 1).

The 48 sampled hospitals included 9 (18.8 percent) for‐profit and 39 (81
percent) not for‐profit institutions. Eight of the hospitals (16.7 percent) were
teaching facilities and 40 were not (83.3 percent). The average number of
staffed beds was 284, ranging from 24 to 855. On average, 19 percent of hos-
pital admissions were reimbursed by Medicaid (range 0.5–63 percent), and
the average profit margin was 2 percent (range 22–18 percent).

Overall, we found 74.3 percent agreement in POA reporting of sec-
ondary diagnoses between the gold standard and the PDD without any
tendency to over‐ or under‐report POA (McNemar's, p‐value = .25).
Reporting accuracy ranged from only 60.2 percent for septicemia in the
setting of community‐acquired pneumonia to 81.6 percent for pulmonary
edema in the setting of acute myocardial infarction. There were no sub-
stantial differences in over‐ or under‐reporting of POA for secondary diag-
noses whose umbrella conditions were publicly reported in risk‐adjusted
mortality reports (78.9 percent agreement for patients with acute myocar-
dial infarction and 70.7 percent in community‐acquired pneumonia) com-
pared to those umbrella conditions without public reports (76.4 percent in
congestive heart failure and 69.8 percent in percutaneous transluminal cor-
onary angioplasty) (p = .42).

Present‐on‐admission accuracy was highly variable across hospitals.
The percent agreement for the eight secondary conditions ranged from 1 to
100, in part due to small number of cases at some hospitals. Certain hospital
characteristics predicted POA reporting accuracy (Table 2). Adjusted for
patient‐level characteristics, for‐profit hospitals were more likely to over‐

Table 1: Continued

Patient Characteristics Sample Size Over‐Reported Under‐Reported Agree
Total N = 1,059 146 (13.8%) 126 (11.9%) 787 (74.3%)

Second 432 56 (13.0%) 51 (11.8%) 325 (75.2%)
Third 246 39 (15.9%) 27 (11.0%) 180 (73.2%)
Highest 100 15 (15.0%) 9 (9.0%) 76 (76.0%)

Notes. Profit margin into quartiles: lowest = <�0.076, second = 0.076–0.0006, third = 0.0006–
0.072, highest = >0.072.
Number of staffed beds quartiles: fewest = <60 beds, second = 60–136 beds, third = 137–241
beds, most = >240 beds.
Medicaid quartiles: lowest = <6.9% of discharges reimbursed by Medicaid, second = 6.9%–
17.2%, third = 17.2%–34.4%, highest = >34.4% of the discharges reimbursed byMedicaid.
PTCA, percutaneous transluminal coronary angioplasty.
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report secondary diagnoses as being present on admission (odds ratios [OR]
1.96; 95 percent confidence interval [CI] 1.11, 3.44). In contrast, POA was
more likely to be under‐reported at teaching hospitals (OR 2.61; 95 percent
CI 1.36, 5.03). Neither percent profit margin, number of staffed beds, nor per-
cent of discharges reimbursed by Medicaid were independently associated
with POA reporting accuracy (p > .05).

DISCUSSION

Our study is the largest to date to evaluate the accuracy of POA reporting for
acute medical conditions that could be either comorbidities or complications
(Pine et al. 2009). Consistent with a smaller study of POA reporting in Cali-
fornia among cases of community‐acquired pneumonia (Haas et al. 2000)
and a three‐hospital study in Canada (Quan, Parsons, and Ghali 2004), we
found variability in the accuracy of reporting POA across secondary diagno-
ses. In general we did not find a tendency toward under‐ or over‐reporting of
POA. However, for‐profit hospitals were more likely to over‐report the sec-
ondary diagnoses as being present on admission when they were not,
whereas teaching hospitals were more likely to under‐report secondary diag-
noses as being not present on admission when they were.

Our findings are consistent with previous studies that have found a
greater number of billed diagnoses in for‐profit hospitals (Steinbusch et al.
2007). This may suggest a general tendency of hospital medical record coders
at these institutions to code medical records more aggressively to the point
that they are overcoded. However, in the case of POA reporting it is less clear
than in the case of billing codes to understand why for‐profit hospitals would
have a motivation to overcode. In 2005, the year of our sampled data, hospi-
tals were not subject to any direct financial penalties related to POA report-
ing. At this time, there was public reporting by the state of the risk‐adjusted
outcomes of acute myocardial infarction and community‐acquired pneumo-
nia, but POA reporting was only part of California's risk‐adjustment model
for community‐acquired pneumonia (Romano and Luft 1996; Haas et al.
2000). This suggests that over‐reporting may reflect a general approach to
coding by these hospitals that is not always tied to financial gain. Our finding
that teaching hospitals under‐report POA is more likely related to differences
in physician documentation, rather than differences in HIT reporting. At
teaching hospitals, physician trainees are responsible for the majority of doc-
umentation. Commonly, they receive relatively little training in billing and
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have minimal personal incentives to document optimally from a billing per-
spective (Mookherjee et al. 2010; Stephens andWilliams 2010).

While it was not the case during the time period of our study, POA
reporting in administrative data is now being applied in hospital payment
decisions. In 2008, the CMS implemented a Medicare policy to not reim-
burse hospitals for certain hospital‐acquired conditions that are identified in
part using POA reporting. Several private insurers are adopting the same pol-
icy (Becker 2008; Miller 2010), and as a part of the Patient Protection and
Affordable Care Act, CMSwill also apply the policy to Medicaid hospitaliza-
tions (Patient Protection and Affordable Care Act 2010). While the fiscal
impact of CMS's policy on Medicare reimbursement is not as dramatic as
had been anticipated (McNair, Luft, and Bindman 2009; Meddings, Saint,
and McMahon Jr. 2010), the potential for fiscal consequences associated with
POA reporting accuracy substantially increases as more payers participate
and use performance‐based reimbursement. The ability to improve hospital
quality and accountability in the era of health care reform hinges on having
accurate hospital assessments. Our study suggests that accuracy of POA
reporting varies by hospital characteristics, and in the setting of increasing
care accountability, teaching hospitals couldmistakenly be assessed as having
worse performance than they actually have and perhaps suffer negative finan-
cial consequences as a result. Similarly, for‐profit hospitals would present
themselves as having better performance than they actually delivered. The
linking of Medicare's payment policy to POA reporting may influence the
accuracy of this variable over time.

Our study focused on several common important clinical conditions
used in public reports of hospital assessments and developed a gold stan-
dard against which to compare hospitals’ reporting of POA using multiple
abstractors with physician adjudication of disagreements. We purposefully
sampled potentially high impact and conditions potentially challenging to
distinguish between whether they were present on admission. The general-
izability of our findings beyond the selected clinical conditions may be lim-
ited. Our probability sample was weighted toward larger hospitals, urban
institutions, and severely ill patients and the accuracy of POA reporting
may be different among patients who are less sick and cared for in smaller,
rural hospitals. Our results focus on POA reporting in the setting of agree-
ment in the reporting of the underlying umbrella and secondary diagnoses.
However, POA reporting accuracy is only one aspect of the “overall”
reporting accuracy for diagnoses in administrative data. The overall report-
ing accuracy for a diagnosis would be even worse if one takes the inaccura-
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cies of coding the umbrella conditions, acute secondary risk factors, and
POA into consideration.

Our finding that POA reporting is moderately accurate suggests that it
could be improved to become more useful as a tool to discriminate between
comorbidities and complications. As our study was completed, subsequent
efforts to address POA reporting errors have been introduced and could
change POA reporting accuracy and therefore the utility of this data element.
The National Center for Health Statistics has published official guidelines for
coders on how to report POA status not available in 2005. In addition, the
response categories for this variable have been changed to give coders more
latitude to report POA status. Finally, a variety of edits have been developed
to flag suspicious POAdata (Hughes et al. 2006; Pine et al. 2009), whichmay
substantially improve the accuracy of POAdata that are actually used for risk
adjustment. In addition to the changes recommended by the National Center
for Health Statistics, some institutions are having HITs confirm POA report-
ing with physicians caring for the patients as a strategy to improve the accu-
racy of this variable (Garrett 2009). How this practice impacts POA accuracy
has not been studied. Another potentially useful strategy would be to add
other data elements to administrative data that may make it easier to deter-
mine whether an acute condition is present on admission. In 2011, California
will add select laboratory values and vital signs to its administrative data
(Bindman and Luft 2006). This expansion may provide an opportunity to
assess whether POA reporting accuracy could be improved with confirma-
tory clinical information, and in combination with these clinical variables
afford a more robust distinction between comorbidities and complications.
Ultimately we need improved methods to make unbiased assessments of
patient health status that are not susceptible to gaming. POA reporting is a
promising approach, but it needs further refinement if it is to serve as the basis
for allocating payments.
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