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Abstract

Objectives—To use item response theory (IRT) data simulations to construct and perform initial

psychometric testing of a newly developed instrument, the Social Security Administration

Behavioral Health Function (SSA-BH) instrument, that aims to assess behavioral health

functioning relevant to the context of work.

Design—Cross-sectional survey followed by item response theory (IRT) calibration data

simulations

Setting—Community

Participants—A sample of individuals applying for SSA disability benefits, claimants

(N=1015), and a normative comparative sample of US adults (N=1000)

Interventions—None.

Main Outcome Measure—Social Security Administration Behavioral Health Function (SSA-

BH) measurement instrument
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Results—Item response theory analyses supported the unidimensionality of four SSA-BH scales:

Mood and Emotions (35 items), Self-Efficacy (23 items), Social Interactions (6 items), and

Behavioral Control (15 items). All SSA-BH scales demonstrated strong psychometric properties

including reliability, accuracy, and breadth of coverage. High correlations of the simulated 5- or

10- item CATs with the full item bank indicated robust ability of the CAT approach to

comprehensively characterize behavioral health function along four distinct dimensions.

Conclusions—Initial testing and evaluation of the SSA-BH instrument demonstrated good

accuracy, reliability, and content coverage along all four scales. Behavioral function profiles of

SSA claimants were generated and compared to age and sex matched norms along four scales:

Mood and Emotions, Behavioral Control, Social Interactions, and Self-Efficacy. Utilizing the

CAT based approach offers the ability to collect standardized, comprehensive functional

information about claimants in an efficient way, which may prove useful in the context of the

SSA’s work disability programs.

Keywords

Behavioral health; Outcome assessment (healthcare); Work disability; SSA disability
determination; Disability evaluation

INTRODUCTION

The Social Security Administration’s (SSA) work disability insurance programs are the

primary US federal programs providing financial support to over 9.8 million disabled

workers and their families.1 In 2011, mental health impairments represented one of the

largest categories of disabling conditions for which individuals receive Social Security

Administration’s Disability Insurance (SSDI) benefits.1 The latter fact highlights the need

for disability evaluation processes to include systematic, efficient, and accurate assessment

of mental and behavioral health functioning relevant to a person’s ability to work.

Recent examinations of SSA’s current disability determination procedures have identified

significant conceptual and operational challenges to the current SSA work disability

determination processes.2-4 Conceptually, the current definition of disability used by SSA is

limited to a medical perspective and does not encompass key aspects of the interaction

between a person’s underlying capabilities and the work environment. Under SSA, disability

is assessed by focusing on specific conditions or symptoms rather than characterizing a

person’s overall functioning. This conceptual gap is especially problematic when applied to

mental health conditions due to the episodic and context-specific nature of many mental

health related disabilities.5, 6

SSA’s current evaluation process for determining disability includes a five-stage sequential

process that collects medical information data from various health care providers in an effort

to characterize the extent to which a person’s medical impairment may be limiting their

capacity to work.7, 8 Logistically, this process is time consuming and lacks standardized

methods for collecting information about the claimant’s symptoms, impairments, or

functioning.2, 9
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Advanced methodologies in measurement scale development have emerged that provide an

opportunity to measure complex, multifactorial aspects of health and functioning related to

physical or mental conditions using a standardized and efficient approach. Specifically,

these methodologies utilize item response theory (IRT) to calibrate an item pool, which is

then administered through computer adaptive testing (CAT).10 The IRT methods create an

instrument that can characterize a person’s functional status along multiple dimensions of

function or scales rather than being constrained to a single dimension. Further, IRT

modeling techniques provide a method for evaluating a measurement tool at both the item

and scale level, and CAT makes it possible to use that information to individualize survey

content for each claimant.11 These standardized, computer based approaches to collecting

health status information could prove to be an efficient and accurate option for SSA,

incorporating a more comprehensive assessment of behavioral health functioning into the

disability determination processes.

To address some of the measurement challenges associated with the assessment of

behavioral health functioning within the context of SSA disability evaluation,, we developed

a new IRT/CAT based instrument—the Social Security Administration Behavioral Health

Function (SSA-BH) Instrument. Previous work, reported in complementary articles,

describes the initial stages of new measurement scale development.12, 13 Findings from

these studies support an underlying unidimensional structure of a set of items designed to

assess behavioral health functioning along four key domains of behavioral health function

relevant to work: Mood and Emotions, Self-Efficacy, Social Interactions, and Behavioral

Control.12, 13

The primary objective of this article is to discuss the use of IRT/CAT methods to refine the

SSA-BH measurement scales and conduct initial psychometric testing of the instrument. .

Specifically, this article will (1) describe the process of applying IRT methods to order the

items on a continuum indicative of low to high functional ability in a sample of SSA

claimants in a way that is meaningful and useful for the purposes of SSA’s disability

determination processes, (2) present the development of interval level scales in each domain

of behavioral health functioning, and (3) discuss the evaluation and testing of the initial

psychometric properties of the SSA-BH Instrument. A secondary objective is to discuss a

comparison of the SSA-BH score distribution of claimant response profiles versus response

profiles of a normative sample of US adults for each of the functional scales.

METHODS

Participants

The study included a sample of SSA claimants applying for disability benefits, and a second

comparative sample of U.S. adults to allow norm-based scoring of the SSA-BH instrument.

Eligibility criteria for SSA claimants included: 21 years of age or older, able to speak, read,

and understand English, and had to have filed the claim on his or her own behalf due to

either a mental or both mental and physical condition. Exclusion criteria specified were

related to certain mental conditions or symptoms of paranoia, psychosis, autism, intellectual

disability, or Down’s syndrome. SSA claimants who met eligibility criteria were stratified

by both SSA region and urban/rural location then randomly selected for participation in the
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study. For the comparative normative sample, data were collected on a sample of 1000 U.S.

adults. The normative data sampling strategy was developed by the YouGov research

organization which utilized a proximity sample matching method, drawing respondents from

a large opt-in internet panel.14 The normative sample was to be representative of a U.S.

adult population matched on sex, racial/ethnic background, age, and education, weighted

equally. A university institutional review board approved this study and participants in both

samples provided informed consent.

Data Collection Procedures

The data collected from the SSA-BH instrument used identical methods for both the

claimant and normative samples. Trained personnel from Westat research organization

collected data from claimants by either phone or internet. Normative data were collected by

YouGov research organization via the internet. In addition to responding to a set of 165

items used for developing the SSA-BH instrument, participants in both samples provided

self-reported demographic data specifying their age, sex, marital status, race/ethnicity, and

education. Details of development of the survey item and data collection procedures have

been described in a previous article.13

Data Analytic Procedures

Descriptive statistics including frequency distributions were calculated for each item

response category and for all demographic variables for both the claimant and normative

samples. Where applicable, responses to items were reverse coded to numerically represent

behavioral health functioning scores in ascending order from low functioning to high

functioning. For the purposes of these analyses, we regard the items assigned to each factor

reported by previous exploratory and confirmatory factor analysis results as an item bank.13

Samejima’s Graded Response model was used to calibrate and organize the data into

discrete item banks representing four scales of behavioral function: Self-Efficacy, Mood and

Emotions, Behavioral Control, and Social Interactions.15 Three or four threshold parameters

were tested based on pre-specified response categories (4-parameter frequency responses

ranged from “Never” to “Always”; 3-parameter agreement scale responses ranged from

“Strongly Disagree” to “Strongly Agree”).

This iterative model building process was conducted in order to both characterize a

claimant’s level of ability for each dimension of behavioral function and to generate

corresponding estimates of each item’s difficulty as a measure of claimant’s ability to

function for each dimension. Item fit was tested using S-X2 (Pearson’s chi-square),

comparing the expected and observed frequency distribution of the item summary scores at

each score level, using weighted likelihood estimation; fit was also tested for each scale

overall.16-18 Due to multiple comparisons, we chose a cut-off value of 0.01 as indicating

significant item misfit of any given item. Item fit analyses were conducted using IRTFIT.19

A second phase of instrument assessment included examining differential item functioning

(DIF). DIF is a method of analysis to determine if subgroups of claimants at the same ability

level demonstrated different probabilities of responses to a given item. For example, for the

same item, DIF analysis tests if males and females respond differently as a function of sex
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rather than the nature of the item difficulty. The subgroups of interest included examining

DIF by age (less than 45 vs. 45 or older) and sex (Male vs. Female). DIF was assessed using

two methods: (1) logistic regression based models and (2) IRT based analysis. The first

method involved the estimation of ordinal logistic regression models in which the dependent

variable was the item score and the independent variables were the background variables of

interest (age, sex), ability level (claimant’s score estimated from graded response model),

and an interaction term of the background variable*ability level (i.e. age*ability level or

sex*ability level). The criteria for determining DIF follows that if the background variable

effect was significant but the interaction effect was not significant, then the item

demonstrated uniform DIF; but, if the interaction term was significant then the item

demonstrated non-uniform DIF. Model comparisons were based on the likelihood ratio test

and R2 change to assess effect size of both uniform and non-uniform DIF.20 Bonferronni

adjustment was used to adjust for potiential inflation of Type 1 error caused by significance

testing on multiple items.

In the IRT based DIF analyses, hierarchical 2-group IRT models were estimated. The first

model set all item parameters equal across the subgroups of interest. The second model

excluded the test item, setting all other item parameters equal across the subgroups of

interests. To examine DIF, the likelihood ratio test was used with the Benjamin-Hochberg

procedure to control for multiple comparisons.21, 22 Graphical assessment of the IRT models

was also used to evaluate the magnitude of the effect size where significant DIF was

detected.23 Items identified as demonstrating DIF in both regression and IRT methods were

removed from final items banks or calibrated as separate items according to subgroup

categories.

For the final item banks, the breadth of item content coverage was evaluated graphically for

each scale by mapping the expected values for the relevant items’ response categories

against the sample’s score distribution on that scale. CAT algorithms were then created for

each of the four scales using specialized software developed at Boston University. For each

dimension, the CAT was designed to select and administer the first question from the middle

of the item difficulty range. Weighted likelihood estimation analysis was then used to

estimate the claimant’s score and its standard error (SE), and using that updated score

information the program selected the next questions for administration with the maximum

item information value at the current score level.24 This iterative process repeated until a

preset maximum number of 10 items was reached. The final scores were transformed into a

standardized scale with a mean ± SD of 50±10; lower scores indicate lower behavioral

health functioning.

To assess the SSA-BH instrument’s overall performance we compared scores produced by

simulation of 5- and 10- item CATs to the full item bank scores in each domain. The CAT

selected questions according to the algorithm described above. The CAT selects items to

administer with the goal of maximizing precision of the instrument by using information

from the claimant’s response on previous questions to select successive items. Data were

generated on the claimant’s responses and were transmitted to the CAT, yielding a score and

SE for each claimant for each scale based on 5 and then 10 items. Measurement accuracy

was assessed using the Pearson correlation coefficient to evaluate degree of agreement
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between the CAT-generated scale scores for the 5- and 10 item sets with those generated

using full item banks. We examined the degree of the floor and ceiling effects by computing

the percentage of respondents who selected, respectively, the lowest and highest response

items for all items in a given scale.

Precision was evaluated by calculating the standard errors across the range of scores for

each 5 or 10 item CAT. In the IRT models, we assumed a true variance equal to 1, so the

observed variance could be defined as 1/(1+SE2). Following the definition of reliability (true

variance/observed variance), the conditional reliability estimated across the scales was [1/

(1+SE2)].25-29 Areas with reliabilities <0.70 were considered insufficient.25

Lastly, to evaluate and test normative sample scores the same sequence of analyses

described above for the claimant sample were conducted. We examined DIF across the

normative sample and claimant sample for items in each domain. For the normative sample,

ordinal logistic regression models were used to assess DIF. Then we estimated the sample

scores for the normative sample using weighted maximum likelihood estimation based on

DIF-free items from the claimant sample calibrations. Scores for the claimant and normative

sample were used to create two functional profiles using the SSA-BH instrument to

characterize behavioral health functioning along the four scales.

RESULTS

Table 1 displays key background characteristics of the claimant (N=1015) and normative

(N=1000) study samples. The SSA claimant sample was approximately 56% female, 61%

white, and with an average age of 44±11 years. For the normative sample, approximately

52% were male, 77% white, with the average age of the normative sample being 49 ±15

years. There was little evidence of missing data (Claimants: average % of missing = 1.42%,

SD 1.43%; Normative: average % of missing = 2.21%, SD 2.56%); therefore, no

imputations were performed. “I don’t know” responses were considered missing values, but

were not concerning due to low endorsement of this response option in both samples

(Normative sample: average % missing =2.21%, SD 2.56%, range 0%-14.9%; Claimant

sample: average % missing = 1.42%, SD 1.34%, range 0%-7.68%).

Results from the IRT analysis supported the unidimensionality of each of the four SSA-BH

scales: Mood and Emotions, Self-Efficacy, Social Interactions, and Behavioral Control. All

items in the scales met the criteria for item fit testing according the p <0.01 of S-X2 criteria.

From DIF analysis, no items indicated a need for removal base on DIF by age, but one item

in the Mood and Emotions scale yielded significant DIF by sex (“I don’t know why I cry so

often”). Rather than deleting this item, the item was calibrated separately for males and

females. The resulting final item bank consisted of 79 items across four scales: Mood and

Emotions (k=35), Self-Efficacy (k=23), Social Interactions (k=6), and Behavioral Control

(k=15).

Table 2 displays the accuracy of simulated 5- and 10- item CATs compared with the full

SSA-BH item banks. Given that the Social Interactions scale had 6 items in the full item

bank, only a 5-item CAT simulation was conducted. Correlations of all the 5-item scale
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scores with those based on the total item banks for their respective dimensions reached or

exceeded 0.91; correlations for the 10-item scale scores with the scores for the full item

banks reached or exceeded 0.96. Table 3 compares the distribution of scores for the 10- item

simulated CATs (5- item CAT for the Social Interactions dimension) and the full item bank

CATs for each of the four dimensions. Among claimants, there were minimal floor or

ceiling effects across all four scales; the maximum percent of respondents at the ceiling was

under 1% and the maximum percent at the floor on any dimension was under 2%. Consistent

with these findings, Figure 1 illustrates the distributions of SSA-BH response categories

across each dimension of behavioral health function measured.

Figures 2a-2d present the distribution of scores from claimant and normative samples for

each of the four scales including reliability values for the full item bank compared to the 5-

and 10- item simulated CATs. These figures also illustrate a positive shift to the higher end

of the distribution of behavioral health functioning for the normative sample relative to the

claimant sample. Overlap in score distributions of the clamant and normative samples is also

illustrated in these figures (Self-Efficacy 66.7%, Mood & Emotions 44.3%, Behavioral

Control 71.7%, Social Interactions 46.4%).

The reliability curves indicate that there is some loss of reliability at the upper and lower

bounds of each scale, but reliability across the middle range of the distribution for each scale

is very good. In the Self-Efficacy scale, the score range of 20-70 revealed a reliability ≥0.9

for the full item bank which covers about 98% of the claimant population. The score range

of 26-75, 24-59, 29-77 in Mood & Emotions scale and Behavioral Control scale achieved

reliabilities of ≥0.9 for 98%, 80% of the claimant population, respectively. Because of the

small item bank in Social Interactions scale, the score range of 35-68 achieved a reliability

≥0.8 using the full item bank and covered about 89% of the claimant population. Finally,

comparison of the reliability curves between the 5- and 10- item CATs to the full item bank

suggests some loss of reliability as the number of items declined, but only to a modest

degree.

Figure 3a displays the functional profile of a 53-year-old female claimant with a history of

panic attacks and lower back pain as compared to an individual matched by age and sex

from the normative sample. The profile shows that while the claimant’s functioning in the

area of Social Interactions is similar to that of a matched norm, there are significant

differences along the scales of Mood and Emotions, Self-Efficacy, and Behavioral Control.

Most noticeably, this claimant is functioning at an especially lower level along the

dimensions of Self-Efficacy, and Behavioral Control. In contrast, Figure 3b depicts a 42

year old male claimant with PTSD. In this profile, we can see that the most significant

functional limitation, compared to age and sex matched norm scores, is in the Mood and

Emotions sub-domain content scale.

DISCUSSION

The SSA-BH instrument testing and evaluation demonstrated strong psychometric properties

in terms of accuracy, reliability, and content coverage. The final 79-item instrument

demonstrated robust reliability across 5-10 item CATs as compared to using the full item
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bank. Floor and ceiling effects were minimal among all four scales. The results of the IRT

analysis also aligned conceptually with our hypothesized conceptual framework and

previous factor analysis results. This confirmed the instrument’s ability to characterize

behavioral health functioning along four discrete dimensions relevant for work: Mood and

Emotions, Self-Efficacy, Social Interactions, and Behavioral Control.12, 13

Preliminary validation of the instrument was demonstrated in the comparison of the

distribution of responses of the SSA claimant versus normative samples. Consistently,

across all four scales, the claimant sample was operating approximately 1 SD below the

normative sample—supporting the notion that on average, claimants were reporting lower

behavioral health functioning as compared to a normative US adult sample. Although these

findings preliminarily support the validly of the SSA-BH instrument, additional future

validation work should include comparison to other legacy instruments and within various

claimant and/or patient samples to demonstrate the instrument’s concurrent and discriminate

validity.

Although the SSA-BH represents a novel approach to measuring aspects of behavioral

health functioning relevant to the context of work, existing studies and ongoing development

of patient reported health measurers implement similar methodologies for scale

development.10, 30-33 In particular, the work performed by the PROMIS initiative served as

a model for development of the SSA-BH. The SSA-BH balances the inclusion of novel

content targeting the needs of SSA with the potential for linking to legacy assessments,

particularly the PROMIS domains of mental and social health. In the item development and

scale refinement phases, careful attention was paid to preserving legacy items in the Mood

& Emotions and Social Interactions scales.

The SSA-BH instrument was specifically developed and designed to be implemented in the

context of evaluating SSDI/SSI claimant populations. However, many of the underlying

constructs measured by the SSA-BH instrument may be relevant to other applications, such

as vocational rehabilitation or return to work programs. Such examination and testing of the

SSA-BH is beyond the scope of this particular study but offers a promising avenue for future

research to examine the utility of the SSA-BH instrument in other relevant contexts

assessing behavioral health functioning relevant to work.

By utilizing contemporary measurement development techniques such as IRT and CAT

methodologies, we have developed the SSA-BH, an instrument that measures four key

aspects of behavioral health function relevant to work: Mood and Emotions, Self-Efficacy,

Social Interactions, and Behavioral Control. In addition to advancing the breadth of

measurement capabilities, these CAT-based instruments offers promise in the areas of

assessing behavioral health functioning in a more standardized, efficient manner. The CAT

based approach allows assessments to be individualized, compared across domains using the

same underlying metric, and reduces the probability of redundancy in the data collection

process. The strength of CAT based instruments, such as the SSA-BH presented here, is its

ability to develop functional profiles useful for characterizing behavioral health functioning

and disability in a standardized, multifactorial, expedited fashion.
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LIMITATIONS

The SSA-BH instrument offers several psychometric and conceptual advancements in

measuring aspects of behavioral health in the context of work; however, a few limitations

should be noted. Although the SSA-BH instrument allows for characterization of four

distinct dimensions of behavioral function, other important aspects of a person’s ability to

work such as cognition, communication, and environmental factors should be taken into

account when assessing the full spectrum of a person’s potential ability to work.5, 6 Several

of the hypothesized items that were initially included in the Social Interactions item bank

did not meet specified psychometric criteria, resulting in a finalized item bank including

fewer items than required for CAT administration. To address this limitation, future item

replenishment and additions should be performed. One of the strengths of utilizing the IRT

based assessment development and CAT implementation is that these techniques allow for

replenishment and updating of items in any given item bank with relatively little difficulty.34

Additionally, although this study used a rigorous sampling strategy to approximate a

representative sample of claimants, we were unable to test the degree to which our sample is

representative of the larger SSA claimant population; therefore, limitations of

generalizability of the findings should be considered.

CONCLUSION

The SSA-BH instrument represents important advancement in behavioral health assessment

both conceptually and psychometrically. The rigorous attention to conceptual guidance from

the framework development phase through psychometric testing resulted in an instrument

that offers conceptual clarity to measuring behavioral health functioning in the context of

work. Findings from this initial testing and evaluation indicate that the SSA-BH

demonstrates comprehensive coverage in each content domain while demonstrating robust

psychometric properties. The CAT simulation results illustrate that little information is lost

when using a 5- or 10- item CAT as compared to a full item bank. Overall, the findings

presented provide strong evidence for construct validity of the SSA-BH instrument.

Utilizing a CAT based approach, such as the SSA-BH instrument, for measuring behavioral

health within the SSA disability determination process creates an opportunity to collect data

for characterizing claimant’s functional profiles in a standardized, efficient way.
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Figure 1. Distribution of SSA-BH Item/Categories for each Content Dimension
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Figure 2a-2d. Distribution of SSA-BH Person Scores and Reliability of 5 item, 10 item, and Full Item Bank by Content Dimension for
SSA Claimant (N=1015) and Normative Samples (N=1000)

a. Self-Efficacy Distribution of SSA-BH Person Scores and Reliability of 5 item, 10 item, and Full Item Bank for SSA Claimant

(N=1015) and Normative Samples (N=1000)

Note: Claimant distribution in grey (on left), Normative in light grey (right), Overlap distribution (middle) dark grey

b. Mood & Emotions Distribution of SSA-BH Person Scores and Reliability of 5 item, 10 item, and Full Item Bank for SSA

Claimant (N=1015) and Normative Samples (N=1000)

Note: Claimant distribution in grey (on left), Normative in light grey (right), Overlap distribution (middle) dark grey

c. Behavioral Control Distribution of SSA-BH Person Scores and Reliability of 5 item, 10 item, and Full Item Bank for SSA

Claimant (N=1015) and Normative Samples (N=1000)

Note: Claimant distribution in grey (on left), Normative in light grey (right), Overlap distribution (middle) dark grey

d. Social Interactions Distribution of SSA-BH Person Scores and Reliability of 5 item and Full Item Bank for SSA Claimant

(N=1015) and Normative Samples (N=1000)

Note: Claimant distribution in grey (on left), Normative in light grey (right), Overlap distribution (middle) dark grey
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Figure 3a. SSA-BH Functional Profile: 51 year old Female reporting panic attacks, depression, and low back pain
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Figure 3b. SSA-BH Functional Profile: 42-year-old Male reporting PTSD and depression
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Table 1

Background Characteristics of the Sample

Study Claimants
(N= 1015)

Normative Sample
( N=1000)

Variable Mean ± SD or n (%) Mean ± SD or n (%)

Age * 43.76 ± 11.09 49.07± 15.48 T(1791)=−8.8, p<0.0001

 Under 40 341 (33.63) 264 (26.64)

 40-55 499 (49.21) 314 (31.69)

 55+ 174 (17.16) 413 (41.68) X2(2)=149.96, p<0.0001

Sex **

 Female 571 (56.26) 484 (48.50)

 Male 444 (43.74) 514 (51.50) X2(1)=12.15, p=0.0005

Race

 White 617 (60.79) 773 (77.30)

 Black/African 266 (26.21) 105 (10.50)

American

 Other 111 (10.94) 104 (10.40) X2(2)=87.53, p<0.0001

 missing 21 (2.07) 18 (1.80)

Education

 Less than high school 238 (23.52) 44 (4.40)

 High School/GED 361 (35.67) 361 (36.10)

Greater than high school 413 (40.81) 591 (59.10) X2(2)=164.9, p<0.0001

missing 3 4 (0.40)

*
Age Claimant sample (N=1014), Normative sample (N=991)

**
Sex Claimant sample (N=998)
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Table 2
Accuracy of 5 and 10-item CATs by Content Dimension (N=1015)

Content Dimension 5-item CAT 10-item CAT

Self-Efficacy 0.91(1014) 0.97(1013)

Mood and Emotions 0.91 0.96

Behavioral Control 0.94(1015) 0.99(1013)

Social Interactions * 0.99(1014) n/a

*
Social Interactions domain included 6 total items in the full item bank
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Table 3

Breadth of Coverage for a Simulated 10-item CAT and Full Item Bank for each Content Dimension

Content Dimension Mode Claimant Scores

N Mean(SD) Range %Ceiling %Floor

Self-Efficacy 10-item CAT 1013 49.99(10.81) 14.43-92.18 0.1% 0.1%

Full item bank 1014 50.02(10.47) 12.47-87.85 0% 0.1%

Mood and Emotions 10-item CAT 1015 48.2(10.56) 8.55-90.35 0% 0.89%

Full item bank 1015 48.23(10.25) 2.18-96.33 0% 0.3%

Behavioral Control 10-item CAT 1013 49.99(10.69) 18.26-91.69 0.49% 0%

Full item bank 1015 49.99(10.57) 16.47-91.63 0.3% 0%

Social Interactions* 5-item CAT 1014 50.1(11.23) 22.6-92.74 0.69% 1.77%

Full item bank 1015 50.11(11.11) 21.74-92.49 0.59% 1.48%

*
Social Interactions domain included 6 total items in the full item bank
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