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Epigenetic variation is increasingly 
hypothesized as a mechanism 

underlying the effect of the in utero 
environment on long-term postnatal 
health; however, there is currently little 
clear data to support this in humans. A 
number of biological and technical fac-
tors provide challenges for the design 
of clinical epigenetic studies: from the 
type of cells or tissues that are avail-
able to the large range of predicted con-
founders that may impact findings. The 
human placenta, in addition to other 
neonatal tissues and whole blood, is 
commonly sampled for the study of epi-
genetic modifications. However there is 
little conformity for the most appropri-
ate methods for study design, data analy-
sis, and importantly, data interpretation. 
Here we present general recommenda-
tions for the reporting of DNA methyla-
tion in biological samples, with specific 
focus on the placenta. We outline key 
guidelines for: (1) placental sampling, 
(2) data analysis and presentation, and 
(3) interpretation of DNA methylation 
data. We emphasize the need to consider 
methodological noise, increase statistical 
power and to ensure appropriate adjust-
ment for biological covariates. Finally, 
we highlight that epigenetic changes may 
be non-pathological and not necessarily 
translate into disease-associated changes. 
Improved reporting of DNA methylation 
data will be critical to identify epigen-
etic-based effects and to better under-
stand the full phenotypic impact of these 
widely-reported epigenomic changes.

The study of the developmental origins 
of health and disease has recently intensi-
fied due to the advent of high throughput 
technologies to precisely measure epi-
genetic marks with increasing genomic 
coverage.1,2 The number of publications 
that measure DNA methylation in this 
context has continued to increase year on 
year, generating excitement in the field 
of epigenetic epidemiology and provid-
ing promising insights into the mecha-
nistic basis of some disease phenotypes.3,4 
However, inconsistent study design, anal-
yses and interpretation have resulted in 
the presentation of conclusions that may 
not be well-supported by the data.

Several investigators have indicated 
the critical need for uniform reporting 
of epigenomic studies. Irizarry and col-
leagues made insightful recommenda-
tions for design, analysis, and validation 
of epigenome-wide association studies 
(EWAS) with focus on high throughput 
array and sequencing-based technologies.5 
Importantly, they highlighted the limita-
tions of using blood samples as a surrogate 
for inaccessible but disease-relevant tissue 
and advised cautionary interpretation of 
the biological relevance of data obtained 
in such studies. Likewise, Heijmans and 
Mill recently emphasized the need for a 
framework to guide researchers in their 
EWAS and point out biological, techni-
cal, and methodological issues facing epi-
demiological epigeneticists.6 They also 
highlight that unlike the genome, which 
is static, the epigenome is “malleable” and 
researchers should keep in mind that it 
can be influenced by stochastic events, 
unrelated to pathology.7
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In this commentary, we wish to add to 
these EWAS recommendations but with 
focus on the use of placental samples in 
epigenetic studies. The placenta is an easily 
accessible tissue and is commonly sampled 
for studies of DNA methylation in addi-
tion to whole blood and cord blood sam-
ples.8,9 The placenta is a multifunctional 
organ that mediates the exchange of nutri-
ents and waste between the mother and 
fetus and produces hormones important 
for pregnancy maintenance. It can also act 
as a barrier to inactivate or block factors, 
including maternally-derived hormones or 
exogenous toxic chemicals that enter the 
maternal environment, from reaching the 
fetus. For example, fetal glucocorticoid 
exposure is regulated by the placental 
expression of 11β-hydroxysteroid dehy-
drogenase, which is highly expressed in 
the placenta and inactivates cortisol.10 
Therefore, it is important during study 
design to consider how different exposures 
affect the placenta, and in turn the devel-
opmental trajectory of the fetus.11,12

Important Biological 
Confounders

In an effort to improve reporting stan-
dards in studies of the human placenta, 
Nelson and Burton previously outlined 
the importance of uniform and compre-
hensive reporting of placental sampling 
methods and patient characteristics.13 
Their report made recommendations for 
the consistent provision of standardized 
information, where available, on potential 
study confounders, including patient eth-
nicity, prenatal medication use and type 
of delivery.13 To complement these guide-
lines, we propose several methodological 
recommendations in the context of DNA 
methylation studies:

Tissue sampling
Use a consistent sampling location
The placenta is a complex organ com-

posed of a collection of 60–70 villous trees 
that grow outwards from the chorionic 
plate (fetal surface of the placenta) into the 
basal plate (maternal decidua).14 Sampling 
chorionic villi from the fetal side of the pla-
centa (below the chorionic plate) is often 
preferred to minimize any risk of maternal 
decidual contamination. Nonetheless, due 
to variation in perfusion a subset of genes 

may be differentially expressed depending 
on the location (e.g., distance to the umbil-
ical cord and to basal or chorionic plate) 
of the sampled region.15-17 If the study 
question necessitates sampling from the 
maternal side (basal plate), these samples 
should be assessed for contamination from 
maternally-derived decidual cells. Areas of 
localized pathology, such as infarcts or 
chorioangiomas, should be avoided unless 
part of the study question. For example, 
in cases of placental mesenchymal dyspla-
sia, cystic areas with abnormal vasculature 
exhibit abnormal DNA methylation (due 
to high levels of androgenetic cells), while 
other regions will appear normal.18

Sample more than one site across the pla-
cental surface

While some variation in gene expres-
sion across the placenta may be system-
atic, localized damage, or variation in 
villous maturation can cause stochastic 
variation in gene expression from site-to-
site.15,17 Stochastic variability has also been 
observed for DNA methylation and tends 
to exceed the potential variation due to 
anatomical location.19,20 This spatial vari-
ability in placental DNA methylation may 
arise due to the clonal tree structure, such 
that programming events in one villus pro-
genitor may be propagated through that 
tree independently of events in another.20 
Therefore DNA extracted from chorionic 
villi sampled at multiple sites (i.e., each 
from a different cotyledon) can be pooled 
to reduce sampling variability and provide 
a more representative biological measure 
from each individual placenta.21

Consider focusing on a specific cell type
Placental chorionic villi are composed 

of cell types of differing developmental 
origins, with trophoblast cells derived 
from the trophectoderm of the blastocyst, 
and various types of mesenchymal cells 
derived from the inner cell mass. DNA 
methylation levels are known to vary con-
siderably between trophoblast and mesen-
chymal components of the placenta22 and 
presumably vary between the differing 
types of trophoblast cells and components 
of mesenchyme, including fibroblasts, 
endothelial cells, macrophages (Hofbauer 
cells) and hematopoietic cells.14 These 
heterogeneous placental cell populations 
have not been well characterized in terms 
of DNA methylation; thus correction for 

multiple cellular contributions in placen-
tal samples, as proposed for blood,23 is 
not currently feasible. Furthermore, the 
major contributor to DNA derived from 
a term placenta is syncytiotrophoblast, a 
multinucleated syncytium that cannot be 
isolated by cell-sorting techniques. The 
ability to epigenetically profile the main 
placental cell types would be an undeni-
ably useful step toward controlling for the 
effects of a heterogeneous cell population. 
Depending on the question being asked, 
it may be practical to limit the study 
to an isolated cell type, either through 
micro-dissection or antibody purification 
methods.

Gestational age
Evaluate gestational age as a potential 

confounder and correct if necessary
In the placenta, numerous DNA 

methylation changes of a large magni-
tude occur over gestation,24 even within 
the third trimester itself.25 This may be 
related to changes in cell composition. For 
example, trophoblast composition varies 
over gestation in which the proportions 
of cytotrophoblast cells shift from 85% 
in the first trimester to just 15% in the 
term placenta,26 due to the differentia-
tion of these progenitor cells into syncy-
tiotrophoblast cells. DNA methylation 
may also be associated with gestational 
age due to “normal” programmed gene 
expression and epigenetic changes that 
occur throughout development within 
each cell type. Thus, if samples cannot be 
gestational-age matched, the effect of ges-
tational age should be evaluated and cor-
rected for if significant.

Fetal sex
Evaluate sex as a potential confounder 

and correct if necessary
In female cells, DNA methylation 

plays a major role in the random inactiva-
tion of one X chromosome. While CpG 
island promoters subject to X inactiva-
tion exhibit approximately 35% and 15% 
lower DNA methylation in males than 
females in blood and placenta respectively, 
this difference is not observed on autoso-
mal chromosomes.27 Due to the sex chro-
mosome imbalance, ideally study samples 
should be matched for sex within the 
gestational age ranges studied. However, 
given that sex differences in DNA meth-
ylation do not largely extend to autosomal 
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chromosomes,28-30 analyses through 
genome-wide platforms may proceed 
without sex matching by excluding any 
sex chromosomes targets, and importantly 
autosomal assays that potentially cross-
hybridize to the X or Y chromosomes.29,31 
Despite these recommendations, analy-
ses should still evaluate sex as a potential 
confounder.

Other biological confounders
Evaluate biological confounders after 

correction for the largest modifiers
A number of maternal characteristics 

can affect placental morphology, func-
tion, and molecular expression profiles.21 
Recording of clinical data such as mater-
nal ethnicity, age, smoking status, alcohol 
intake, body mass index, pre-gestational 
and prenatal medication-use, and preg-
nancy complications such as preeclamp-
sia or gestational diabetes, is important 
as they may influence placental DNA 
methylation. However, the useful assess-
ment of such potential confounders can 
only be achieved when accounting for the 
known larger modifiers of DNA methyla-
tion, such as gestational age. This is par-
ticularly true if assessing the association of 
fetal birth weight on DNA methylation: 
birth weights should be normalized by 
conversion to Z-scores based on average 
normal birth weight ranges that account 
for gestational age and sex.

DNA Methylation Data Analysis 
and Presentation

Data reduction
Consider the genomic context of CpG sites
In some genomic regions, particularly 

promoters, CpG islands and CpG island 
shores, DNA methylation at adjacent CpG 
sites is often correlated.2,32,33 Furthermore, 
for both biological and technical reasons, 
DNA methylation at individual CpG sites 
is not always independent. Presenting 
DNA methylation values over genomic 
regions may increase statistical power and 
reduce technical noise. For example, a 
methodology known as “bump hunting” 
can be applied to EWAS data to identify 
regions of differential methylation, and 
help to account for the non-independence 
of neighboring CpGs.34 At the single gene 
level, correlation of adjacent CpG sites 
can be tested for when the study question 

permits. If significantly correlated, DNA 
methylation results may be presented as an 
assay average rather than multiple single 
CpG site values. It should be noted that 
when assessing DNA methylation at mul-
tiple loci (whether within a single gene 
or across multiple genes), adjustment for 
multiple comparisons is essential to assess 
the false positive rate. Alternatively, sta-
tistical modeling may be used to manage 
the issue of correlated CpG sites within an 
assay without loss of information at indi-
vidual sites. For example, the use of lin-
ear mixed model analyses35 can account 
for heterogeneous effects of DNA meth-
ylation at individual but correlated sites of 
the same gene region.36

Data presentation
Present raw values rather than fold 

changes
The mean DNA methylation level in 

each comparison group is best reported 
using a value appropriate to the analy-
sis method, for example, a β-value for 
Illumina Infinium DNA methylation 
array platforms, or a percentage value for 
bisulfite pyrosequencing or reduced repre-
sentation bisulfite sequencing data. While 
β-values correlate to relative percent meth-
ylation, there can be considerable differ-
ences when comparing to other methods 
(e.g., a β-value of 0.8 might correspond 
to a level of 30% methylation when the 
same region is assayed by pyrosequenc-
ing). Furthermore, presenting a percent or 
fold change in DNA methylation values 
can be misleading when there are small 
absolute changes in DNA methylation 
and the mean level of DNA methylation is 
very low, as is typical for promoter regions.

Degree of DNA methylation change
Small differences in DNA methylation 

may not be biologically relevant
Establishing a cut-off value for differ-

ential DNA methylation, in addition to 
the inclusion of an appropriate false dis-
covery rate to account for multiple com-
parisons, is important to limit analyses to 
biologically relevant changes. Depending 
on the type of study, the set of criteria 
for determining “biologically relevant” 
changes in DNA methylation will vary. 
These could include: the sample size, the 
method used, if it is a pilot or follow-up 
study, what the purpose is (i.e., to iden-
tify more subtle changes between cases 

that may be used to suggest biological 
pathways involved, or large changes that 
may themselves be functionally meaning-
ful) and also the heterogeneity of the tis-
sue (e.g., the placenta displays a high level 
of inter-individual variation). One should 
also ensure that measured differences are 
beyond the detection limit of the assay 
(e.g., 5% for pyrosequencing).37 Careful 
consideration of these factors will reduce 
the false positive rate and focus attention 
on loci that are most likely to be biologi-
cally significant.

Data validation
Data validation will increase support for 

a true biological effect
Repeating DNA methylation analyses 

using a second method will strengthen 
the study conclusions. For example, if the 
initial analysis is performed using DNA 
methylation array platforms, subsequent 
experiments may focus more closely on a 
specific genomic area using bisulfite pyro-
sequencing. Using this approach, the study 
can be extended to include a wider cohort 
of cases to dissect changes in greater detail 
and in a cost effective way. While overlap-
ping DNA methylation changes observed 
in different tissues might in some contexts 
be used as confirmation of biological rele-
vance, care should be taken that this is not 
due to: (1) overlap in cellular composition, 
for example, blood cells may be present in 
many tissues sampled, including placenta, 
(2) technical bias toward detecting dif-
ferences at the loci that are most variable 
or (3) genetic influences on DNA meth-
ylation. Like in any area of biology, repro-
duction of findings in a fully independent 
cohort is the best method to validate study 
results.

Interpretation of DNA 
Methylation Data

Alternative interpretation of results
Consider other explanations for altered 

DNA methylation
Epigenetic changes may represent 

an adaptive rather than a pathological 
response to adverse exposures or disease. 
For example in some cases, rather than 
resulting in fetal macrosomia, the placenta 
will adapt to some extent, to a maternal 
diabetic environment to counteract excess 
maternal glucose, thus reducing fetal 
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glucose transfer and limiting fetal over-
growth.38 It is feasible that in utero expo-
sures may leave a stamp on the placenta 
without causing a major detrimental effect 
on placental function or leading to epigen-
etic changes in the fetus. Thus placental 
DNA methylation may simply represent 
a “snap-shot” of the epigenetic environ-
ment at the time of sampling that does not 
persist into adulthood.39 This supports 
the requirement for longitudinal follow-
up studies in the human to determine the 
biological impact of the placental methy-
lome for long-term health.

Acknowledge the potential for DNA 
methylation changes to be related to altered 
cell composition

It is important to recognize that altered 
DNA methylation levels may be related 
to changes in the proportions of different 
cell types,40 possibly due to the pathology 
investigated or differences in developmen-
tal stage (if not well-matched), rather than 
true “epigenetic” modifications. The con-
tribution of blood cell composition to epi-
genetic variation is well documented;41,42 
however, at least in studies of whole blood, 
this can be corrected for.23 Correction for 
cell composition may be less of a concern 
if the study goal is, for example, to iden-
tify a biomarker associated with disease, 
but would be an important confounder if 
the working hypothesis is dependent on 
an epigenetic mechanism.

Negative findings
A negative finding can have positive 

value
There is a tendency in many studies to 

expand upon the largest DNA methylation 
differences as positive findings even when 
these are non-significant after multiple 
comparison correction. By limiting over-
interpretation of small or non-significant 
findings we can helpfully exclude DNA 
methylation as a mechanism in some cases 
and more responsibly present data to non-
experts with an interest in the research. In 
reality, it is unlikely that DNA methyla-
tion per se is the major biological media-
tor of developmental programming events 
linked to health and disease all of the time. 
It is important that we dissect epigenetic 
mechanisms from non-epigenetic events, 
which are nowadays often overlooked 
as potential explanations for phenotypic 
changes related to DOHAD.

Summary

We hope that the guidelines outlined 
here, in addition to recommendations 
recently made elsewhere,5-7 can provide 
a basis for the informative reporting of 
DNA methylation studies in the human 
placenta, as well as in other tissues. 
More appropriate and uniform reporting 
of human EWAS will be a critical step 
toward the consolidation of the numer-
ous research papers being published in 
this field. Vigilance in study conception 
(e.g., prospective, longitudinal studies 
with appropriate controls), execution (e.g., 
adequate tissue sampling, avoidance of 
contamination and reduction of technical 
variation), and analyses (e.g., accounting 
for population confounders, increasing 
statistical power), will be crucial to dis-
sect out biologically relevant changes in 
the methylome from random events. 
Improved consistency in the reporting of 
human DNA methylation data will enable 
future research into developmental pro-
gramming mechanisms and, ideally strat-
egies for prevention of adverse outcomes, 
to move in the right direction.

Disclosure of Potential Conflicts of Interest

No potential conflicts of interest were 
disclosed.

Acknowledgments

We thank Drs Maria Peñaherrera and 
Allison Cotton for review and comment 
during the preparation of this manuscript. 
We also acknowledge the contribution of 
the DOHAD journal club, hosted by the 
Child and Family Research Institute, for 
thought provoking discussion that led to 
the conception of this article.

References
1.	 Laird PW. Principles and challenges of genome-

wide DNA methylation analysis. Nat Rev Genet 
2010; 11:191-203; PMID:20125086; http://dx.doi.
org/10.1038/nrg2732

2.	 Bibikova M, Barnes B, Tsan C, Ho V, Klotzle B, Le 
JM, Delano D, Zhang L, Schroth GP, Gunderson 
KL, et al. High density DNA methylation array with 
single CpG site resolution. Genomics 2011; 98:288-
95; PMID:21839163; http://dx.doi.org/10.1016/j.
ygeno.2011.07.007

3.	 Perera F, Herbstman J. Prenatal environmental 
exposures, epigenetics, and disease. Reprod Toxicol 
2011; 31:363-73; PMID:21256208; http://dx.doi.
org/10.1016/j.reprotox.2010.12.055

4.	 Feil R, Fraga MF. Epigenetics and the environment: 
emerging patterns and implications. Nat Rev Genet 
2011; 13:97-109; PMID:22215131

5.	 Michels KB, Binder AM, Dedeurwaerder S, Epstein 
CB, Greally JM, Gut I, Houseman EA, Izzi B, 
Kelsey KT, Meissner A, et  al. Recommendations 
for the design and analysis of epigenome-wide 
association studies. Nat Methods 2013; 10:949-
55; PMID:24076989; http://dx.doi.org/10.1038/
nmeth.2632

6.	 Heijmans BT, Mill J. Commentary: The seven 
plagues of epigenetic epidemiology. Int J Epidemiol 
2012; 41:74-8; PMID:22269254; http://dx.doi.
org/10.1093/ije/dyr225

7.	 Mill J, Heijmans BT. From promises to practical 
strategies in epigenetic epidemiology. Nat Rev Genet 
2013; 14:585-94; PMID:23817309; http://dx.doi.
org/10.1038/nrg3405

8.	 Koukoura O, Sifakis S, Spandidos DA. DNA methyla-
tion in the human placenta and fetal growth (review). 
Mol Med Rep 2012; 5:883-9; PMID:22294146

9.	 Hogg K, Price EM, Hanna CW, Robinson WP. 
Prenatal and perinatal environmental influences 
on the human fetal and placental epigenome. Clin 
Pharmacol Ther 2012; 92:716-26; PMID:23047650; 
http://dx.doi.org/10.1038/clpt.2012.141

10.	 Benediktsson R, Calder AA, Edwards CR, Seckl 
JR. Placental 11 beta-hydroxysteroid dehy-
drogenase: a key regulator of fetal glucocorti-
coid exposure. Clin Endocrinol (Oxf) 1997; 
46:161-6; PMID:9135697; http://dx.doi.
org/10.1046/j.1365-2265.1997.1230939.x

11.	 Nelissen EC, van Montfoort AP, Dumoulin JC, 
Evers JL. Epigenetics and the placenta. Hum Reprod 
Update 2011; 17:397-417; PMID:20959349; http://
dx.doi.org/10.1093/humupd/dmq052

12.	 Novakovic B, Saffery R. The ever growing complex-
ity of placental epigenetics - role in adverse preg-
nancy outcomes and fetal programming. Placenta 
2012; 33:959-70; PMID:23102655; http://dx.doi.
org/10.1016/j.placenta.2012.10.003

13.	 Nelson DM, Burton GJ. A technical note to improve 
the reporting of studies of the human placenta. 
Placenta 2011; 32:195-6; PMID:21239055; http://
dx.doi.org/10.1016/j.placenta.2010.12.008

14.	 Bernischke K, Kaufman P. Pathology of the Human 
Placenta. New York: Springer, 2000.

15.	 Wyatt SM, Kraus FT, Roh CR, Elchalal U, Nelson 
DM, Sadovsky Y. The correlation between sampling 
site and gene expression in the term human placenta. 
Placenta 2005; 26:372-9; PMID:15850641; http://
dx.doi.org/10.1016/j.placenta.2004.07.003

16.	 Sood R, Zehnder JL, Druzin ML, Brown PO. Gene 
expression patterns in human placenta. Proc Natl 
Acad Sci U S A 2006; 103:5478-83; PMID:16567644; 
http://dx.doi.org/10.1073/pnas.0508035103

17.	 Tzschoppe AA, Struwe E, Dörr HG, Goecke TW, 
Beckmann MW, Schild RL, Dötsch J. Differences in 
gene expression dependent on sampling site in placen-
tal tissue of fetuses with intrauterine growth restric-
tion. Placenta 2010; 31:178-85; PMID:20045557; 
http://dx.doi.org/10.1016/j.placenta.2009.12.002

18.	 Bourque DK, Peñaherrera MS, Yuen RK, Van Allen 
MI, McFadden DE, Robinson WP. The utility of 
quantitative methylation assays at imprinted genes 
for the diagnosis of fetal and placental disorders. Clin 
Genet 2011; 79:169-75; PMID:20507345; http://
dx.doi.org/10.1111/j.1399-0004.2010.01443.x

19.	 Avila L, Yuen RK, Diego-Alvarez D, Peñaherrera MS, 
Jiang R, Robinson WP. Evaluating DNA methylation 
and gene expression variability in the human term pla-
centa. Placenta 2010; 31:1070-7; PMID:20947161; 
http://dx.doi.org/10.1016/j.placenta.2010.09.011

20.	 Peñaherrera MS, Jiang R, Avila L, Yuen RK, Brown 
CJ, Robinson WP. Patterns of placental develop-
ment evaluated by X chromosome inactivation 
profiling provide a basis to evaluate the origin of 
epigenetic variation. Hum Reprod 2012; 27:1745-
53; PMID:22431562; http://dx.doi.org/10.1093/
humrep/des072

©
20

14
 L

an
de

s 
B

io
sc

ie
nc

e.
 D

o 
no

t d
is

tri
bu

te
.



www.landesbioscience.com	E pigenetics	 337

21.	 Burton GJ, Sebire NJ, Myatt L, Tannetta D, Wang 
YL, Sadovsky Y, Staff AC, Redman CW. Optimising 
sample collection for placental research. Placenta 
2014; 35:9-22; PMID:24290528; http://dx.doi.
org/10.1016/j.placenta.2013.11.005

22.	 Grigoriu A, Ferreira JC, Choufani S, Baczyk D, 
Kingdom J, Weksberg R. Cell specific patterns of 
methylation in the human placenta. Epigenetics 
2011; 6:368-79; PMID:21131778; http://dx.doi.
org/10.4161/epi.6.3.14196

23.	 Houseman EA, Accomando WP, Koestler DC, 
Christensen BC, Marsit CJ, Nelson HH, Wiencke 
JK, Kelsey KT. DNA methylation arrays as sur-
rogate measures of cell mixture distribution. BMC 
Bioinformatics 2012; 13:86; PMID:22568884; 
http://dx.doi.org/10.1186/1471-2105-13-86

24.	 Novakovic B, Yuen RK, Gordon L, Peñaherrera 
MS, Sharkey A, Moffett A, Craig JM, Robinson 
WP, Saffery R. Evidence for widespread changes 
in promoter methylation profile in human pla-
centa in response to increasing gestational age and 
environmental/stochastic factors. BMC Genomics 
2011; 12:529; PMID:22032438; http://dx.doi.
org/10.1186/1471-2164-12-529

25.	 Yuen RK, Peñaherrera MS, von Dadelszen P, 
McFadden DE, Robinson WP. DNA methyla-
tion profiling of human placentas reveals promoter 
hypomethylation of multiple genes in early-onset 
preeclampsia. Eur J Hum Genet 2010; 18:1006-
12; PMID:20442742; http://dx.doi.org/10.1038/
ejhg.2010.63

26.	 Bernischke K, Kaufman P. Pathology of the Human 
Placenta. New York: Springer, 2006.

27.	 Cotton AM, Avila L, Penaherrera MS, Affleck 
JG, Robinson WP, Brown CJ. Inactive X chro-
mosome-specific reduction in placental DNA 
methylation. Hum Mol Genet 2009; 18:3544-52; 
PMID:19586922; http://dx.doi.org/10.1093/hmg/
ddp299

28.	 Blair JD, Price EM. Illuminating potential techni-
cal artifacts of DNA-methylation array probes. Am 
J Hum Genet 2012; 91:760-2; PMID:23040498; 
http://dx.doi.org/10.1016/j.ajhg.2012.05.028

29.	 Chen YA, Choufani S, Ferreira JC, Grafodatskaya D, 
Butcher DT, Weksberg R. Sequence overlap between 
autosomal and sex-linked probes on the Illumina 
HumanMethylation27 microarray. Genomics 
2011; 97:214-22; PMID:21211562; http://dx.doi.
org/10.1016/j.ygeno.2010.12.004

30.	 Chen YA, Choufani S, Grafodatskaya D, Butcher 
DT, Ferreira JC, Weksberg R. Cross-reactive DNA 
microarray probes lead to false discovery of autosomal 
sex-associated DNA methylation. Am J Hum Genet 
2012; 91:762-4; PMID:23040499; http://dx.doi.
org/10.1016/j.ajhg.2012.06.020

31.	 Price ME, Cotton AM, Lam LL, Farré P, 
Emberly E, Brown CJ, Robinson WP, Kobor MS. 
Additional annotation enhances potential for bio-
logically-relevant analysis of the Illumina Infinium 
HumanMethylation450 BeadChip array. Epigenetics 
Chromatin 2013; 6:4; PMID:23452981; http://
dx.doi.org/10.1186/1756-8935-6-4

32.	 Ball MP, Li JB, Gao Y, Lee JH, LeProust EM, Park 
IH, Xie B, Daley GQ, Church GM. Targeted and 
genome-scale strategies reveal gene-body meth-
ylation signatures in human cells. Nat Biotechnol 
2009; 27:361-8; PMID:19329998; http://dx.doi.
org/10.1038/nbt.1533

33.	 Bell JT, Pai AA, Pickrell JK, Gaffney DJ, Pique-
Regi R, Degner JF, Gilad Y, Pritchard JK. DNA 
methylation patterns associate with genetic and gene 
expression variation in HapMap cell lines. Genome 
Biol 2011; 12:R10; PMID:21251332; http://dx.doi.
org/10.1186/gb-2011-12-1-r10

34.	 Jaffe AE, Murakami P, Lee H, Leek JT, Fallin MD, 
Feinberg AP, Irizarry RA. Bump hunting to identify 
differentially methylated regions in epigenetic epi-
demiology studies. Int J Epidemiol 2012; 41:200-9; 
PMID:22422453; http://dx.doi.org/10.1093/ije/
dyr238

35.	 Sánchez BN, Budtz-Jørgensen E, Ryan LM, Hu 
H. Structural equation models: A review with 
applications to environmental epidemiology. J 
Am Stat Assoc 2005; 100:1443-55; http://dx.doi.
org/10.1198/016214505000001005

36.	 Alexeeff SE, Baccarelli AA, Halonen J, Coull BA, 
Wright RO, Tarantini L, Bollati V, Sparrow D, 
Vokonas P, Schwartz J. Association between blood 
pressure and DNA methylation of retrotranspo-
sons and pro-inflammatory genes. Int J Epidemiol 
2013; 42:270-80; PMID:23508416; http://dx.doi.
org/10.1093/ije/dys220

37.	 Mikeska T, Felsberg J, Hewitt CA, Dobrovic 
A. Analysing DNA methylation using bisul-
phite pyrosequencing. Methods Mol Biol 2011; 
791:33-53; PMID:21913070; http://dx.doi.
org/10.1007/978-1-61779-316-5_4

38.	 Desoye G, Hauguel-de Mouzon S. The human pla-
centa in gestational diabetes mellitus. The insulin 
and cytokine network. Diabetes Care 2007; 30(Suppl 
2):S120-6; PMID:17596459; http://dx.doi.
org/10.2337/dc07-s203

39.Cruickshank MN, Oshlack A, Theda C, Davis PG, 
Martino D, Sheehan P, Dai Y, Saffery R, Doyle LW, 
Craig JM. Analysis of epigenetic changes in survi-
vors of preterm birth reveals the effect of gestational 
age and evidence for a long term legacy. Genome 
Med 2013; 5:96; PMID:24134860; http://dx.doi.
org/10.1186/gm500

40.	 Zhang B, Zhou Y, Lin N, Lowdon RF, Hong C, 
Nagarajan RP, Cheng JB, Li D, Stevens M, Lee 
HJ, et  al. Functional DNA methylation differences 
between tissues, cell types, and across individuals 
discovered using the M&M algorithm. Genome Res 
2013; 23:1522-40; PMID:23804400; http://dx.doi.
org/10.1101/gr.156539.113

41.	 Lam LL, Emberly E, Fraser HB, Neumann SM, Chen 
E, Miller GE, Kobor MS. Factors underlying variable 
DNA methylation in a human community cohort. 
Proc Natl Acad Sci U S A 2012; 109(Suppl 2):17253-
60; PMID:23045638; http://dx.doi.org/10.1073/
pnas.1121249109

42.	 Reinius LE, Acevedo N, Joerink M, Pershagen G, 
Dahlén SE, Greco D, Söderhäll C, Scheynius A, Kere 
J. Differential DNA methylation in purified human 
blood cells: implications for cell lineage and studies 
on disease susceptibility. PLoS One 2012; 7:e41361; 
PMID:22848472; http://dx.doi.org/10.1371/jour-
nal.pone.0041361

©
20

14
 L

an
de

s 
B

io
sc

ie
nc

e.
 D

o 
no

t d
is

tri
bu

te
.




