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Genetic risk loci have been identified for a wide range of diseases through genome-wide association studies
(GWAS), but the relevant functional mechanisms have been identified for only a small proportion of these
GWAS-identified loci. By integrating results from the largest current GWAS of chronic obstructive disease
(COPD) with expression quantitative trait locus (eQTL) analysis in whole blood and sputum from 121 subjects
with COPD from the ECLIPSE Study, this analysis identifies loci that are simultaneously associated with
COPD and the expression of nearby genes (COPD eQTLs). After integrative analysis, 19 COPD eQTLs were iden-
tified, including all four previously identified genome-wide significant loci near HHIP, FAM13A, and the 15q25
and 19q13 loci. For each COPD eQTL, fine mapping and colocalization analysis to identify causal shared
eQTL and GWAS variants identified a subset of sites with moderate-to-strong evidence of harboring at least
one shared variant responsible for both the eQTL and GWAS signals. Transcription factor binding site (TFBS)
analysis confirms that multiple COPD eQTL lead SNPs disrupt TFBS, and enhancer enrichment analysis for
loci with the strongest colocalization signals showed enrichment for blood-related cell types (CD3 and CD41
T cells, lymphoblastoid cell lines). In summary, integrative eQTL and GWAS analysis confirms that genetic con-
trol of gene expression plays a key role in the genetic architecture of COPD and identifies specific blood-related
cell types as likely participants in the functional pathway from GWAS-associated variant to disease phenotype.

INTRODUCTION

Genome-wide association studies (GWAS) have identified many
disease-associated loci forcommon,geneticallycomplexdiseases

(1), and these loci are enriched near promoters and DNaseI
hypersensitive sites (2,3). Conversely, putative regulatory var-
iants identified through expression quantitative trait (eQTL)
mapping are significantly overrepresented in the catalog of
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GWAS-associated variants (4,5), and a number of well-
established disease loci have been shown to regulate the tran-
scription of genes in cis (6–9) and trans (10–12).

Chronic obstructive pulmonary disease (COPD) is a heritable
disorder characterized by a dysregulated inflammatory response
to inhaled toxins, such as cigarette smoke, resulting in loss of
lung function. Recent COPD GWAS studies have identified
four loci at genome-wide significance (near HHIP (13),
FAM13A (14), the IREB2 and nicotinic acetylcholine receptor
complex on 15q25 (13,15), and the 19q13 locus (16)), and there
is evidence for genetic control of gene expression in three of
these loci ineither sputum samples from COPDsubjects (6) or sur-
gical lung tissue specimens (17). These studies demonstrate the
existence of loci that are associated with COPD susceptibility
and the expression of nearby genes (COPD eQTL). However,
due to the high genomic prevalence of eQTL, simple overlap of
significant GWAS and eQTL signals does not confirm a causal
link between SNP, gene expression and phenotype.

We hypothesized that (1) integrative analysis of the most
current, comprehensive COPD GWAS results with multi-
tissue eQTL results from sputum and whole-blood samples
in subjects with COPD would identify novel COPD eQTL,
(2) detailed fine-mapping, colocalization and conditional ana-
lyses would better characterize the relationship between local
GWAS and eQTL peaks and (3) integrating these results with
regulatory functional annotation from ENCODE cell lines
would provide further confirmation and refinement of func-
tional pathways that may link these variants to disease
phenotype.

RESULTS

Subject characteristics

The characteristics of the 121 COPD subjects analyzed in the
eQTL analysis are shown in Supplementary Material,
Table S1. The characteristics of the 9767 subjects (5812 cases
and 3955 controls) in the GWAS analysis are listed in Supple-
mentary Material, Table S2.

eQTL identification

In blood and sputum a total of 8745 and 5685 genes (representing
13 561 and 8071 unique probesets) were associated with at least
one eQTL SNP at an FDR of 10%. Forty-eight percent of cis
eQTL identified in blood were also observed in the sputum
samples, and 74% of eQTL identified in sputum were also
present in the blood.

Integrating eQTL and COPD GWAS

To test for enrichment of blood and sputum eQTL SNP in
COPD GWAS results, we identified the set of �411 000 gen-
otyped SNPs common to both the GWAS and eQTL datasets,
and compared the proportion of observed cis eQTL P-values
to that estimated in 1000 randomly acquired sets of the same
number of SNPs (Supplementary Material, Figs S1 and S2).
We observed significant enrichment of eQTL SNP for
COPD-associated variants (P , 0.001 in both tissues). The
magnitude of enrichment was similar in both tissues

(�3-fold enrichment over genomic baseline eQTL rate in
top 250 GWAS hits), but the overall yield of eQTL from
blood was higher than sputum.

Having observed significant enrichment of eQTL in COPD as-
sociation data, we sought to identify specific COPD eQTL. SNPs
associated with both local gene expression and COPD suscepti-
bility at an FDR of 10% were observed for 36 unique probesets at
19 distinct genomic loci. To support the validity of these eQTL
observations, we queried publically available databases of
blood-derived eQTL results, and we identified SNP-gene level
replication for 9 of the 19 identified COPD eQTL (Supplemen-
tary Material, Table S3) (18,19). The COPD eQTL most strongly
associated with COPD in blood and/or sputum for each gene in
each locus are listed in Table 1. Among these 19 loci were all
four COPD susceptibility regions previously identified by
GWAS—HHIP, FAM13A, IREB2/CHRNA3 and the 19q locus
including ADCK4, CYP2A6 and EGLN2. All four loci exhibited
regulatory genetic effects in whole blood. Only one—
rs12914385 for IREB2 and PSMA4—was an eQTL in sputum.

Fine-mapping, colocalization and conditional analysis
of COPD eQTLs

Coincidence of strong GWAS and eQTL signals at a specific
locus is expected to occur for loci where the causal variant
impacts the GWAS phenotype via gene expression; however,
overlap of these signals may also occur by chance. To distinguish
between these alternatives, we performed fine-mapping, coloca-
lization and conditional analyses using 1000 Genomes imputed
data to better characterize the relationship between GWAS and
eQTL signals at each COPD eQTL. While fine-mapping alone
is not always sufficient to identify the causal SNP at a given
locus (20), it is likely to capture the causal variant and provide
dense association information that can be used to infer the like-
lihood of a shared causal variant that explains the local pattern of
GWAS and eQTL association (21). Using two methods to assess
the local concordance between the GWAS and eQTL signal in
whole blood, we identified five COPD eQTL that showed the
strongest likelihood of harboring at least one shared causal
variant (Table 2, results for all 19 COPD eQTL shown in Supple-
mentary Material, Table S4). These five loci include three of the
four previously identified COPD genome-wide significant loci
(4q31, 15q25 and 19q13) and two novel COPD-associated loci
at 2p16 near USP34 and 16p11 near CCDC101, SBK1 and
TUFM.

The 4q31 locus near HHIP demonstrates a strong local cor-
relation between the eQTL and GWAS peak (Table 2), support-
ing the hypothesis that a disease-causing variant in this region
plays a role in the regulation of the HHIP. Figure 1 illustrates
the concordance between the COPD association and blood
eQTL signal (Fig. 1A and B), and it demonstrates that condi-
tioning on the lead eQTL SNP completely eliminates the
GWAS signal in this region (Fig. 1C). These findings are con-
sistent with functional data demonstrating allele-specific en-
hancer activity in this region likely mediated by altered
binding of the transcription factor Sp3 (22).

Three eQTL were identified under the GWAS peak at the
19q13 locus for the genes ADCK4, EGLN2 and C19orf54
(Table 2), but colocalization analysis strongly prioritizes the
ADCK4 eQTL association. Locus plots of the GWAS and
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eQTL signals in this region (Supplementary Material, Figs S3
and S4) demonstrate that rs7937 is both the lead GWAS and
lead eQTL SNP for ADCK4 in this region. Conditioning on

rs7937 eliminates the genetic association signal in the region,
but this is not the case for the lead eQTL SNPs for EGLN2 and
C19orf54 (Supplementary Material, Figs S5–S7).

Table 1. Top COPD cis eQTLs in integrated eQTL–GWAS analysis

Locus SNP COPD GWAS q-value Sample Best blood eQTL q-value Best sputum eQTL q-value eQTL genes

4q22 rs2869967 ,0.001 Blood 0.029 .0.1 FAM13A
rs2869663 0.011 Blood 0.003 .0.1 HERC3,FAM13A-AS1
rs6857847 0.019 Blood 0.082 .0.1 NAP1L5

4q31 rs720485 ,0.001 Blood 0.089 .0.1 HHIP
15q25 rs12914385 ,0.001 Both ,0.001 0.020 IREB2,CHRNA3,PSMA4

rs1394371 0.003 Blood 0.060 .0.1 WDR61
rs578776 0.006 Blood 0.045 .0.1 PSMA4

19q13 rs7937 ,0.001 Blood 0.015 .0.1 ADCK4
rs2604913 0.082 Blood 0.023 .0.1 C19orf54
rs3736329 0.082 Blood 0.030 .0.1 EGLN2

3q21 rs2811518 0.002 Blood 0.064 .0.1 SEC61A1,RUVBL1
15q26 rs1993338 0.004 Both 0.004 0.003 SNRPA1
2p16 rs1177287 0.011 Both ,0.001 0.052 USP34,AHSA2,PEX13

16p11 rs12446550 0.016 Both ,0.001 ,0.001 CCDC101,EIF3C,SBK1,TUFM
rs151228 0.030 Sputum .0.1 0.017 EIF3C

14q32 rs10134607 0.057 Blood 0.097 .0.1 CHGA
20q11.22 rs910397 0.057 Blood 0.073 .0.1 CBFA2T2
12q13 rs2641530 0.063 Both ,0.001 0.016 ACVR1B
20q13 rs959581 0.063 Blood 0.069 .0.1 MRGBP

Sputum .0.1 0.008 OGFR
11p13 rs4756195 0.072 Blood 0.024 .0.1 CD44
17p11 rs6502640 0.084 Blood 0.004 .0.1 LLGL1,SMCR8,TOP3A
9q33 rs10983326 0.085 Blood 0.085 .0.1 ASTN2

15q23 rs8027920 0.085 Blood 0.052 .0.1 MYO9A
8p23 rs13282106 0.088 Blood 0.082 .0.1 MSRA

20q11.21 rs1205843 0.096 Blood 0.025 .0.1 PLAGL2,TPX2
12p11 rs7960369 0.099 Blood 0.053 .0.1 CCDC91

Table entries represent the SNP most strongly associated with COPD for each probe harboring a significant cis eQTL locus that was also significantly associated with
COPD susceptibility.
COPD GWAS FDR—q-value for association with COPD calculated from all SNP that were tested for association with COPD and found to be eQTL in blood or
sputum at 10% FDR.
Best Blood eQTL FDR—smallest q-value for association with any blood probeset in cis window.
Best Sputum eQTL FDR—smallest q-value for association with any sputum probeset in cis window.
Sample—sample in which eQTL SNP-Probe pair attained FDR ≤ 0.1, i.e. whole blood or induced sputum.

Table 2. Colocalization Between eQTL and COPD GWAS signals in fine-mapping analysis in whole blood

Locus Gene Probeset Lead eQTL SNP Lead GWAS SNP Distance (BP) Colocalization Local correlation

2p16 USP34 212980_at rs2600671 rs6545894 484425 0.91 0.63
PEX13 235093_at rs10181042 rs1177292 123367 0.23 0.12
AHSA2 226334_s_at rs1177306 rs1177292 40210 0.11 20.14

15q25 CHRNA3 211587_x_at rs138544659 rs8042849 82772 0.80 0.71
IREB2 214666_x_at rs1394371 rs8042849 93460 0.78 0.75
PSMA4 203396_at rs72743158 rs8042849 108516 0.34 0.44
WDR61 221531_at rs72732595 rs8042849 309014 0.20 0.12

16p11 CCDC101 221822_at rs151231 rs11074907 31116 0.80 20.19
SBK1 226548_at rs1074631 rs40836 43571 0.79 0.31
TUFM 238190_at rs117382857 rs11074907 386295 0.63 0.33
EIF3C 236700_at rs2650494 rs11074907 295525 0.41 0.38

19q13 ADCK4 227324_at rs7937 rs7937 0 0.51 0.35
EGLN2 227147_s_at rs34950672 rs7937 21519 0.23 0.45
C19orf54 222052_at rs2545769 rs7937 21473 0.06 0.23

4q31 HHIP 237466_s_at rs12504628 rs138641402 9455 0.45 0.87

Distance—base-pair distance between lead GWAS SNP and lead blood eQTL SNP.
Lead eQTL SNP—SNP with the lowest P-value for association with target probeset in a 250 kb window.
Lead GWAS SNP—SNP with lowest P-value for association with COPD susceptibility in the corresponding eQTL 250 kb window.
Colocalization—posterior probability of the eQTL and GWAS signals sharing at least one causal variant.
Local correlation—correlation between eQTL and GWAS test statistics for SNPs in the top quartile for association with COPD susceptibility at a given locus.
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The 15q25 locus harbors six genes beneath the GWAS peak
(Fig. 2). Three of these genes (CHRNA3, IREB2 and PSMA4—
see Table 1) had associated eQTL and demonstrated moderate-
to-strong correlation with the GWAS peak (Table 2). Table 3
shows the cis eQTL associations for the lead eQTL SNPs in
this region, and the LD plot in Figure 2 indicates that
rs10519203 and rs138544659 lie in a block of strong LD that
includes the lead GWAS SNP rs8042849 (Fig. 2C). rs1394371
is in moderate LD with these SNPs, and rs1062980 is largely
independent from this region. Three of the four SNPs regulate
multiple genes in cis, and all SNPs are associated with expression
levels of IREB2.

Conditioning on the lead eQTL, rs10519203, which is in strong
LD with the lead GWAS SNP, markedly reduces the strength of
the regional COPD association (Fig. 3A). However, an independ-
ent association signal is apparent after conditioning on this
lead eQTL SNP (lead SNP for secondary signal, rs12440014,
P ¼ 8 × 1025). Conditioning on rs1062980, which is associated
only with IREB2 expression, eliminates this secondary signal
(Fig. 3B), and simultaneously conditioning on rs10519203 and

rs1062980 removes all significant association signals from this
region (Fig. 3C).

The 2p16 locus includes two genes with COPD eQTL signals,
USP34 and PEX13, but the colocalization and local correlation
signals are stronger for USP34. The GWAS signal near USP34
is diffuse, with association peaks in weak LD at both ends of
the gene (Fig. 4A). The eQTL signal shows a similar broad-based
pattern, and, interestingly, conditioning on the lead eQTL SNP at
the 3′ end of the gene, rs2600671, attenuates the GWAS signal
throughout the gene (Fig. 4B and C).

The 16p11 locus demonstrates notable transcriptional com-
plexity with four eQTL target genes within the GWAS locus
(CCDC101, TUFM, SBK1 and EIF3C). The GWAS peak in
this area is located downstream from CCDC101 (Supplementary
Material, Fig. S8). To better capture the extent of eQTL signals in
this region, the fine-mapping analysis was extended to include a
1 MB window around each gene. The eQTL signal for
CCDC101 shows the strongest colocalization and mirrors the
pattern of the GWAS peak (Supplementary Material, Fig. S9).
Conditioning on rs151231 almost completely attenuates the

Figure 1. Locus Plots for COPD GWAS and whole-blood eQTL association near HHIP. COPD GWAS association results are shown in (A) whole-blood eQTL
association is shown in (B) and COPD association conditioned on lead eQTL SNP rs12504628 demonstrates complete attenuation of the association signal (C).

Figure 2. Lead GWAS and eQTL SNPs in the 15q25 region. Locus plots for association with COPD susceptibility (A) and showing only the lead GWAS SNP
(diamond) and lead eQTL SNPs (circles) for four probesets mapping to IREB2, CHRNA3 and PSMA4 (B). Linkage disequilibrium plot with R2 values for the lead
GWAS and lead eQTLs SNPs (C).
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GWAS signal in this region (Supplementary Material, Fig. S10).
Of the other three eQTL genes in this locus, the SBK1 eQTL
signal is very similar to that observed for CCDC101 and also
shows strong colocalization.

Integration with ENCODE/Roadmap functional
annotations

For nine lead eQTL SNPs from the five loci with the strongest
colocalization between GWAS and eQTL signals, we examined
ENCODE and Roadmap Epigenomics data for evidence of func-
tional regulatory activity. Enhancer enrichment analysis demon-
strates significant enrichment for enhancer regions within these
loci primarily in T-cells and B-cell lymphoblastoid cell lines
(Table 4). Of the nine lead eQTL SNPs from these loci, eight
SNPs disrupt multiple transcription factor binding motifs
as identified from ENCODE experiments (Supplementary
Material, Table S5).

Differential expression of COPD eQTL genes in COPD cases
and smoking controls

For the probesets associated with COPD-associated SNPs, we
performed differential expression analysis comparing the
expression of these probesets in 144 subjects with COPD (of
which the 121 subjects in the eQTL analysis comprise a
subset) and 93 smoking controls from ECLIPSE. Of the 36 pro-
besets analyzed, 9 were nominally associated with COPD status
(P , 0.05, Supplementary Material, Table S6). Of these nine
probesets, three lay within previously identified genome-wide
significant loci for COPD susceptibility (FAM13A and
FAM13A-AS1 at 4q22, ADCK4 at 19q13 and IREB2 and
15q25). For the two novel COPD eQTL prioritized through colo-
calization analysis, a probeset mapping to TUFM from the 16p11
locus met nominal significance, and a probeset mapping to
USP34 showed borderline evidence of differential expression
(P ¼ 0.08).

Table 3. COPD cis eQTL Lead SNPs for CHRNA3, IREB2 and PSMA4 in the 15q25 locus

SNP MAF Position (bp) eQTL Genes Probeset eQTL q-value eQTL tissue

rs138544659 0.36 78900701 PSMA4 203396_at ,0.001 Sputum
CHRNA3 211587_x_at ,0.001 Blood
IREB2 1555476_at 0.003 Blood
IREB2 1555476_at 0.026 Sputum
IREB2 214666_x_at 0.017 Blood

rs10519203 0.37 78814046 PSMA4 203396_at ,0.001 Sputum
CHRNA3 211587_x_at ,0.001 Blood
IREB2 214666_x_at ,0.001 Blood
IREB2 1555476_at 0.002 Blood
IREB2 1555476_at 0.030 Sputum

rs1062980 0.37 78792527 IREB2 1555476_at ,0.001 Blood
IREB2 1555476_at ,0.001 Sputum
IREB2 214666_x_at 0.063 Blood

rs1394371 0.31 78724469 IREB2 1555476_at ,0.001 Blood
IREB2 214666_x_at ,0.001 Blood
CHRNA3 211587_x_at 0.001 Blood
WDR61 221531_at 0.039 Blood
IREB2 1555476_at 0.089 Sputum

Position (bp)—genomic base-pair position in hg19.

Figure 3. Locus plots for conditional association with COPD susceptibility in the 15q25 Locus. Association results conditioning on lead eQTL rs10519203 (A) and
lead eQTL rs1062980 (B) attenuate different components of the overall association signal, and conditioning on both lead eQTL SNPs simultaneously completely
attenuates the association (C).
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Association of COPD eQTLs with smoking exposure

Two of the loci associated with COPD susceptibility via GWAS
(15q25 and 19q13) have also been associated with measures of
smoking behavior (24,25). To determine whether any of the
loci identified in this analysis show a similar association with
cumulative amount of pack-year smoking exposure, we related
the lead eQTL SNPs from Table 2 to cumulative pack-year ex-
posure in NHW smoking subjects in COPDGene, and we did
not identify any additional significant associations (Supplemen-
tary Material, Table S7).

DISCUSSION

Using whole-genome expression arrays from whole blood and
induced sputum in subjects with COPD, we have identified
instances of genetic control of gene expression in 19 distinct
loci that are also associated with COPD susceptibility. All four
previously identified COPD GWAS loci harbor a cis eQTL
SNP, suggesting that eQTLs play an important role in the
genetic contribution to COPD susceptibility. Colocalization
analyses prioritized five distinct loci with moderate to high like-
lihood of harboring a shared causal variant that explains the local
GWAS and eQTL signals, and functional analyses of these loci
using ENCODE and Roadmap Epigenomics data confirmed
cell-type specific regulatory activity for all of these loci.

Enhancer enrichment analysis shows significant enrichment
of T and B-lymphocyte enhancer regions in these loci, and 8
of the 9 lead eQTL SNPs in these regions disrupt predicted
transcription factor binding motifs. Four of these five loci show
nominally significant differential expression between COPD
subjects and smoking controls.

The enrichment of cis eQTL SNPs in complex genetic dis-
eases has been well-demonstrated for GWAS-identified loci
(1,6,9,11,26). The current study adds to our previous observa-
tions from sputum by demonstrating that eQTL analysis of
whole blood from subjects with COPD shows similar enrich-
ment of eQTL signals in top GWAS associations, but is more
informative than sputum, perhaps due to the greater number of
eQTL identified in whole blood. The utility of whole-blood
eQTL data for integration with COPD GWAS results is further
supported by enhancer enrichment analysis that identified sig-
nificant enrichment for T and B-lymphocyte enhancer regions
in the highest confidence set of COPD eQTL. In addition, we per-
formed eQTL and GWAS fine mapping with densely imputed
genotype data that improved our ability to localize causal var-
iants and distinguish convergence of local eQTL and GWAS
peaks due to shared causal variants versus chance overlap.

Our findings confirm established associations for COPD
GWAS loci and suggest novel associations. The eQTL SNP
observed in blood from COPD subjects �100 kb upstream
from HHIP has previously been shown to act as a long-range

Figure 4. Locus plots for COPD GWAS and whole-blood eQTL association near USP34. COPD GWAS association results are shown in (A) whole-blood eQTL
Association is shown on (B) and COPD association conditioned on lead eQTL SNP rs2600671 demonstrates complete attenuation of the association signal (C).

Table 4. Enhancer enrichment analysis for 5 COPD eQTLs with strongest colocalization signal

Cell type All enhancers Strongest enhancers
ID Description Obs Exp Fold P-value Obs Exp Fold P-value

CCCRA.NP CD4+ CD25- CD45RA+ naive primary cells 2 0.4 4.9 0.061 2 0.1 15.6 0.007
CD4.MP CD4 memory primary cells 2 0.5 4.3 0.076 2 0.1 14.1 0.008
R.MUC31 Rectal Mucosa.Donor 31 2 0.4 5.2 0.054 2 0.2 12.1 0.011
GM12878 B-lymphocyte, lymphoblastoid 2 0.5 3.8 0.096 2 0.2 10.4 0.015
CD3.P CD3 primary cells 2 0.4 5.5 0.049 2 0.2 9.9 0.017
CD4.NP CD4 naive primary cells 1 0.4 2.8 0.302 1 0 20.8 0.047

Enhancer enrichment analysis for five lead eQTL SNPs from COPD eQTLs with strongest colocalization signal (Table 2).
ID—ENCODE or Roadmap Epigenomic cell identification.
Obs, observed number of overlaps with enhancer regions; Exp, expected number of chance overlaps; Fold, fold enrichment over expected rate; P-value, calculated by
binomial test compared with distance-matched (from transcription start site) controls (23).
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enhancer for HHIP in BEAS-2B cells, and it is in strong LD
(0.93) with a functional SNP (rs1542725) that affects the
binding of Sp3 (22). This eQTL was also observed to regulate
HHIP in an eQTL study of resected lung tissue (17). In a study
using liver tissue, it was involved in regulation of ANAPC10
but not HHIP (lead eQTL SNP rs1828591, �50 kb from the
top eQTL SNP in our study) (12). This eQTL has not been
observed in many other previous eQTL studies (27), suggesting
that this eQTL may have tissue-specific or disease-specific
activity. Further study will be needed to determine the disease
relevant cell type(s) for this well-established COPD risk locus.

The chromosome 19q13 locus also harbors many likely
COPD candidate genes, including CYP2A6, a member of the
cytochrome p450 family of enzymes. However, analysis of the
COPD GWAS and eQTL signals from this region clearly prior-
itizes ADCK4 as the gene in this region most likely to affect
COPD susceptibility through genetic control of gene expression
in blood, though it is possible that eQTL analysis from other
tissues will identify additional candidate genes.

Genetic variants in the 15q25 locus have been associated
through GWAS with multiple phenotypes including COPD, pul-
monary function, lung cancer and smoking behavior (28). This
locus contains a gene cluster of nicotinic acetylcholine receptor
genes (CHRNA3, CHRNA5 and CHRNB4), the iron-responsive
binding element IREB2, and the proteasome subunit PSMA4.
Conditional analyses indicate the presence of two independent
association signals in this region, and both signals can be
completely attenuated by conditioning on neighboring lead
eQTL SNPs. Previous studies have identified eQTL SNPs in
this region for IREB2 and CHRNA5 (6,27), and eQTLs for
CHRNA3 and PSMA4 have been observed in liver (12). Our
data demonstrate the complexity of gene regulation in this
locus, and implicate IREB2, CHRNA3 and PSMA4 as strong
candidate genes for COPD susceptibility in this region.

Two novel COPD eQTL regions (2p15 and 16p11) showed
strong likelihood of harboring a shared causal GWAS/eQTL
variant. The lead eQTL SNP rs2600671 at 2p15 is located
�20 kb downstream from its eQTL target USP34, and this
variant lies within a region of enhancer activity in the immorta-
lized lymphoblastoid cell line GM12878. This is also a DNase1
hypersensitive region in multiple cell lines, including human tra-
cheal epithelium. However, the eQTL and GWAS signal in this
region is broad, and precise localization of the causal variant will
require additional investigation. USP34 is a ubiquitin-specific
peptidase that is widely expressed across tissues, including
lung, and has been implicated in regulation of Wnt/b-catenin
signaling (29).

The 16p11 region demonstrates a complex pattern of genetic
control of gene expression, with multiple variants affecting the
expression of multiple nearby transcripts. While CCDC101 is
the top-ranked gene in this region from colocalization analysis,
it is not possible to clearly distinguish the eQTL/GWAS
overlap of this gene from that of SBK1, which shows a nearly
identical pattern of eQTL association. This region has been pre-
viously associated with Type I diabetes and inflammatory bowel
disease through GWAS (30,31). Further work will be required to
better define the causal variant or variants in this locus and their
functional mechanisms.

These findings are consistent with the report from a recently
published COPD GWAS meta-analysis combining the NHW

GWAS data analyzed here with African-American subjects in
COPDGene (32). Of the six genome-wide significant loci reported,
three were found to have concordant eQTL signals in blood and
sputum from COPD subjects. Two loci did not harbor eQTL
signals in the studied tissues (TGFB2 and MMP12). One locus
near RIN3 did have an eQTL signal in whole blood, though colo-
calization analysis did not provide strong support for a shared
causal variant between the GWAS and eQTL signals. The identifi-
cationofdisease-relatedeQTLdoesnotnecessarily implydifferen-
tial expression of the target genes between the disease and
unaffected state, particularly because the magnitude of the differ-
ence in allele frequencies for a disease-associated SNP between
COPD cases and control subjects is quite small. However, our ana-
lysis does demonstrate differential expression in whole blood
between COPD cases and smoking controls for 9 of the 36 genes
regulated by COPD-associated SNPs (and at 4 of the 5 most
likely COPD eQTL loci).

This study has the following strengths and limitations. By per-
forming eQTL analysis in subjects with COPD, we increased the
likelihood that the eQTL signals identified would be relevant to
the disease state. We were able to examine expression from two
different sources in the same individuals, but future studies will
be strengthened by the inclusion of additional tissue or cell-
specific expression data. One of the pitfalls of integrating
eQTL and GWAS data is over-interpreting overlap between
the two association signals, and a particular strength of our
study is the use of densely imputed genotype data to generate
appropriate input for Bayesian colocalization analysis to better
distinguish causal from coincidental GWAS/eQTL overlap.
Also, because we had access to the primary GWAS genotype
data, we were able to perform conditional COPD association
analysis adjusting for the lead eQTL SNPs from each candidate
region. Because the expression samples used in this study are a
mixture of cell types, we are unable to draw strong conclusions
regarding cell-type specificity of the identified COPD eQTL
associations. However, cell-type specific information can be
drawn from the enhancer enrichment analysis performed using
ENCODE and Roadmap Epigenomics data.

In conclusion, these data demonstrate significant en-
richment for whole blood and sputum eQTL in top signals
from the largest GWAS meta-analysis to date for COPD. Of
the 19 significant COPD eQTL identified in our study, the
concordance of GWAS and eQTL signals at five loci show
moderate-to-strong evidence of at least one shared causal
variant. Functional analysis of the lead eQTL SNPs in these
regions confirm a likely gene regulatory function for all of
these loci, and in many loci there is experimental evidence
of transcriptional activity in specific lung and blood-related
cell lines, with enhancer enrichment strongest among T-cells
and immortalized B-lymphocytes. In some of these regions,
the gene regulatory signals are complex with evidence of mul-
tiple, independent causal variants.

MATERIALS AND METHODS

Ethics statement

Informed consent was obtained from all study subjects, and
study approval was obtained from institutional review boards
for all participating institutions.
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eQTL analysis

eQTL analysis has been previously reported from 131 Caucasian
subjects with COPD expression data from induced sputum
samples in the ECLIPSE study (6). Here we report a novel inte-
grative analysis of 121 of these 131 individuals for whom whole-
blood gene expression data is also available. Gene expression
profiling was performed using the Affymetrix Human U133
Plus2 array, and genome-wide genotyping was performed
using the Illumina HumanHap 550 array with imputation per-
formed to the 1000 Genomes v3 EUR reference panel using
MaCH (33) and minimac (34). eQTL analysis was performed
with the Bioconductor package GGtools for window sizes
ranging from 50 to 500 kb around the gene transcription start
and end site (35). Analyses were adjusted for age, gender, pack-
years of smoking, principal components of genetic ancestry and
the first 13 principal components of the expression data.
Genome-wide eQTL analysis was performed using directly gen-
otyped SNP data. For top loci, a fine-mapping eQTL analysis of
genotypes imputed to the 1000 Genomes version 3 EUR refer-
ence panel was performed using a 250 kb cis window.

eQTL and GWAS integration

eQTL and GWAS results were merged by SNP. For the SNPs
included in both the GWASand eQTL results,FDR was calculated
from the GWAS P-values using the method of Storey et al (36,37).
Two methods were applied to quantify the degree of overlap
between the GWAS and eQTL signals in a given locus—local
correlation and Bayesian colocalization analysis (21).

Bioinformatic and functional assessment of transcription
factor binding

For lead eQTL SNPs likely to be causal GWAS variants, we
queried ENCODE and Roadmap Epigenomics data via the Hap-
loreg interface to (1) perform enhancer enrichment analysis and
(2) determine if these SNPs disrupted TFBS learned from
ENCODE and Roadmap data. For both analyses, we included
lead eQTL SNPs and any 1000 Genomes SNPs in perfect LD
(i.e. r2 ¼ 1) in our query. For enhancer enrichment analysis we
queried all ENCODE and Roadmap cell lines included in Hap-
loreg to determine if the specified SNP set overlapped with cell-
type specific enhancer annotations at a rate beyond that expected
by chance, and statistical significance was calculated via the bi-
nomial test implemented in Haploreg. For TFBS analysis, the
impact was assessed for each SNP on predicted binding affinity
of overlapping position weight matrices (PWMs) learned from
ENCODE data (38).

Differential expression analysis between COPD cases and
smoking controls

Differential gene expression was performed in whole blood from
144 subjects with COPD and 93 smoking controls from the
ECLIPSE Study that underwent the same pre-processing pro-
cedure applied to the eQTL expression data. All of the 121 sub-
jects from the eQTL analysis were included in the 144 COPD
subjects. Differential expression analysis was performed using

the limma R package without covariate adjustment (39).
Nominal significance was defined as P ≤ 0.05.

COPD GWAS

COPD GWAS results from a combined analysis of non-Hispanic
white subjects from the NETT-NAS, Norway GenKOLS,
ECLIPSE and COPDGene studies (including African-American
subjects in COPDGene) are reported separately (32). Conditional
GWAS analyses were performed using logistic regression
adjusting for the same covariates used in the primary GWAS
analysis and the genotype or genotypes of interest. The false
discovery rate was controlled using the method of Storey et al
(36,37). Locus plots for GWAS and eQTL analyses were gener-
ated with LocusZoom (40).

SUPPLEMENTARY MATERIAL

Supplementary Material is available at HMG online.
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