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Objective. To examine concordance between member self-reports and the organiza-
tion’s administrative claims data for two key health factors: number of chronic condi-
tions, and number of prescription drugs.
Data. Medicare Advantage plan claims data and member survey data from 2011 to
2012.
Design. Mailed surveys to 15,000 members, enrolled minimum 6 months, drawn
from a random sample of primary care physician practices with at least 200 members.
Methods. Descriptive statistics were generated for extent of concordance. Multivari-
able logistic regressions were used to analyze the association of selected respondent
characteristics with likelihood of concordance.
Findings. Concordance for number of chronic conditions was 58.4 percent, with 27.3
percent under-reporting, 14.2 percent over-reporting. Concordance for number of
prescription drugs was 56.6 percent with 38.9 percent under-reporting, 4.5 percent
over-reporting. Number of prescriptions and assistance in survey completion were
associated with higher likelihood of concordance for chronic conditions. Assistance in
survey completion and number of chronic conditions were associated with higher
concordance, and age and number of prescriptions were associated with lower concor-
dance, for prescription drugs.
Conclusions. Self-reported number of chronic conditions and prescription medica-
tions are not in high concordance with claims data. Health care researchers and policy
makers using patient self-reported data should be aware of these potential biases.
Key Words. Survey, elderly, Medicare, agreement, chronic condition

Survey instruments have been widely used for data collection in the health
care industry as a means of gathering patient feedback. Medicare surveys its
beneficiaries to evaluate their care experience when using the health care
delivery system. The Centers for Medicare and Medicaid Services (CMS)
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use two survey instruments: the Consumer Assessment of Health Plans and
Providers (CAHPS) and the Health Outcomes (HOS) survey. CAHPS and
HOS surveys are an integral part of CMS’s efforts to improve health care in
the United States. These data are relied upon as a key element in the CMS
quality Star Program, which rates the quality performance and enrollee expe-
rience in Medicare Advantage (MA) plans ( Jones, Jones, and Miller 2004).
With the growing number of people with multiple chronic conditions and
polypharmacy, the CMS is increasingly interested in beneficiaries’ experi-
ence, health outcomes, and medication adherence (Sequist et al. 2008; Brown
and Bussell 2011; Tinetti, Fried, and Boyd 2012). The quality of these services
in the Star Program is measured clinically, administratively, and through self-
reported surveys.

It is essential that health service researchers and the CMS consider the
validity of self-reported data. The context of validity used by the authors for
this research is defined as the extent to which a question or a scale is measuring
the specific concept (i.e., criterion validity).

To evaluate the validity of self-reports, this study measured
responses in two specific areas that, based on clinical judgment, impact
the overall health and well-being of the elderly population: the number
of chronic conditions and the number of prescription medications. These
two metrics were chosen because they are accessible as discrete data in
the organizations’ administrative claims database. Chronic conditions are
identified using hierarchical condition category codes from claims submit-
ted by providers. Prescription medication data are electronically transmit-
ted from the externally contracted pharmacy benefit manager (PBM) to
the organizations’ administrative claims data. This study investigated the
extent to which self-reported measures in these areas accurately matched
the administrative claims data, and what patient characteristics were
predictive of a greater likelihood of accuracy.
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Background

The CMS has employed the CAHPS and HOS surveys to measure and
report on performance of MA plans since 2001 in an effort to better inform
beneficiaries on plan quality. The importance of these surveys has increased
over time. In 2007, CMS introduced a five-star quality rating system for MA
plans that rates MA plans on over 50 measures in five domains, which are as
follows: staying healthy, getting care from your doctor, timeliness of infor-
mation from your health plan, managing chronic conditions, and administra-
tive measures related to appeals and grievances. Star Rating measures are
gathered from a variety of sources, including the Healthcare Effectiveness
Data and Information Set (HEDIS), CAHPS, HOS, and MA plans’ adminis-
trative data, which are reported to CMS (Darden and McCarthy 2013). In
2012, CMS introduced a weighting system into the star program that identi-
fied three categories of measures: process measures assigned a weight of one,
patient experience measures assigned a weight of 1.5, and outcome measures
assigned a weight of three. Self-reported survey responses for the CAHPS
survey are categorized as patient experience measures, which are assigned a
weight of 1.5. HOS self-reported survey measures are categorized as out-
come measures and are in the triple weighted category.

One particularly critical question in survey research relates to the accu-
racy of respondents’ answers. Respondents, especially the elderly, may expe-
rience emotional stress associated with survey length, health literacy, and
educational factors such as an inability to read (Bradburn et al. 1978; Baker
et al. 2002), which may increase the potential for conceptual measurement
errors and response bias (Barofsky 2000). These measurement errors include
factors such as the level of inaccuracy; the characteristics of the inaccurate
responders (e.g., age, gender, and socioeconomic status); and the determina-
tion of whether the inaccuracy is related to the respondent or the survey ques-
tion (Presser 1984).

The health of elderly respondents may also be conjectured as being a
factor in the accuracy of their survey responses. The prevalence of chronic
conditions, defined as “those conditions that last a year or more and require
ongoing medical attention and/or limit activities of daily living” (Hwang et al.
2001, p. 268), is growing and the trend is expected to continue (Anderson and
Horvath 2004). Among those above 65 years of age, it is estimated that three
in four individuals have more than one chronic condition (Tinetti, Fried, and
Boyd 2012). Also of significance, with the aging of the baby boomer genera-
tion, is the projected additional 10 million cases of Alzheimer’s disease by
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2050, bringing the prevalence to between 11 and 16 million cases (Alzhei-
mer’s Facts and Figures, 2012) with the most dramatic increase in individuals
85 years and older (Alzheimer’s Facts and Figures 2012). These health issues
may all be confounding factors to accurate survey responses in the elderly
regardless of the validity of the survey instrument.

This study explores whether the following patient characteristics: total
number of chronic conditions, total number of prescription medications, age,
gender, race, marital status, living alone or with others, educational status,
length of time with the Plan, and assistance with survey completion are predic-
tors of agreement of responses to questions when compared to the administra-
tive claims data.

It is hypothesized that survey respondents with more chronic conditions
are less likely to have answers that agree with the organization’s administrative
claims data, as there is evidence in the literature that multiple chronic condi-
tions can affect cognitive recall (Williams, Manias, and Walker 2008). Along
parallel lines, it is hypothesized that survey respondents on more prescription
medications are also less likely to have answers that agree with the organiza-
tion’s administrative claims data.

METHODS

Data for this study were obtained from the patient survey administered by the
MA plan, which was linked to the organizations’ claims data and de-identified
prior to analysis. The survey was administered to individual enrollees who
were members in the MA plans’ network of primary care practices as part of
the organizations’ member satisfaction survey process. The survey targeted
primary care practices with a minimum of 200 of the MA plans’ members
who had been enrolled in the health plan for at least 6 months. A prenotifica-
tion letter was mailed to randomly selected respondents 1 week prior to mail-
ing the surveys. The survey instrument was mailed with a cover letter
explaining the purpose and significance of the survey and a return business
reply envelope addressed to an external third party. Each respondent received
only one survey. Fifteen thousand surveys were mailed to members in three
separate increments of 5,000 mailings. Data were collected during September
2011, October 2011, and January 2012. A 99 percent confidence level with a 3
percent margin of error was used to determine the sample size. Four thousand
seven hundred fifty-two surveys were returned, representing a 31.6 percent
response rate. The dataset from the three surveys represented the following
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distribution: September 2011, represented 32.7 percent of the sample; Octo-
ber 2011, represented 32 percent of the sample; and January 2012, represented
35.3 percent of the sample. Responders were compared to non-responders to
assess response bias.

Enrollee characteristics were self-reported on the survey and included
age, gender, race, educational level, marital status, length of time enrolled
in the health plan, assistance in completing the survey, living alone or with
others, total number of chronic conditions, and total number of prescription
medications. One question included in the survey instrument asked respon-
dents to report their number of chronic conditions: no chronic conditions,
1–3 chronic conditions, 4–6 chronic conditions, and ≥7 chronic conditions.
A second survey question asked respondents to report the number of pre-
scription medications currently being taken as: no prescription medications,
1–5 prescription medications, 6–8 prescription medications, and more than
8 prescription medications. These two questions were used to test agree-
ment of self-reported responses with the organizations’ claims data. The
total number of chronic conditions was calculated using a 3-year look-back
period from the organization claims data, allowing for at least 6 months of
claims lag. Unique chronic conditions during this 3-year period were aggre-
gated. The total number of prescription medications was calculated using
the unique number of prescriptions filled for at least a 30-day supply within
365 days of the survey date.

Empirical Approach

Respondents’ characteristics and distribution of chronic conditions were ana-
lyzed using descriptive statistics. All inferential statistical analyses used an
alpha level of .05.

The first outcome of interest was the degree of agreement between self-
reported responses to the survey questions asking the number of chronic con-
ditions and the number of prescription medications. Responses were consid-
ered to be in agreement if the categorized self-responses matched the
categorized total from claims. Cohen’s kappa statistic was used to quantify the
concordance between respondents’ self-reports and administrative claims; a
method frequently utilized in the literature (Robinson et al. 1997; Kwon et al.
2003; Garber et al. 2004). The null hypothesis of the kappa statistic being 0—
that is, no agreement between the two measures—was tested at the .05 level.
The 95 percent confidence interval (CI) was calculated using the estimate (k)
and the standard error (SEk). Note that it is not enough to reject the null of no
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agreement; rather, convention dictates that a kappa level should be at least
0.6, preferably 0.7, before concluding that there is a good level of agreement
(Landis and Koch 1977; Kriegsman et al. 1996).

Total concordance, total discordance, percent of self-responses under-re-
porting, and percent of self-responses over-reporting the number of chronic
conditions and number of prescription medications with the claims data were
calculated.

The second question of interest was to evaluate the characteristics
that may influence the accuracy of self-reports for the number of chronic
conditions and the number of prescription medications. For analysis pur-
poses, six of the ten control variables were recoded into two categories
as follows:

• Age: <65 and 65 years and older

• Gender: Female andMale

• Race: “Minority” and “Non-Minority”

• Educational level: High School and above and “All Others”

• Marital status: Married and NotMarried

• Living alone or with others: Living alone and Not living alone

• Assistance in completing the survey

• Years enrolled with the health plan at the time of the survey

• Total number of prescription medications (range 0 to >9)

• Total number of chronic conditions (range 0 to >7)

The total number of chronic conditions and total number of prescription
medications were linked from the claims database to the individual survey
respondent by a third party.

Two separate multivariate logistic regression models were estimated
to analyze how respondent characteristics predicted the outcomes of
interest, which respectively are (1) agreement with the number of chronic
conditions and (2) agreement with the number of prescription medica-
tions. For both outcomes, “agreement” was denoted by one (1), and lack
of agreement by zero (0).

Data Management

Data management and analysis were performed using SPSS statistical software
version 20 (IBM Corp. 2011). Prior to analysis of the data, each survey ques-
tion was evaluated for out-of-range values, mismatched identifier numbers,
and eligibility criterion of being enrolled in the health plan for at least
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6 months. This resulted in 51 cases that did not meet the eligibility criterion
and 82 out-of-range responses. The ineligible cases and individual out-of-
range responses were eliminated from the analysis. Additionally, four survey
questions—self-reported number of chronic conditions, self-reported number
of prescription medications, self-rating of physical health, and self-rating of
mental health—were evaluated for missing responses. Three hundred sev-
enty-five cases with missing responses to these questions were excluded from
the dataset, resulting in a sample size of 4,325 respondents.

RESULTS

Descriptive Statistics

Descriptive statistics for the independent variables used in the study are pre-
sented in Table 1. Of the 4,325 responses used in this study, females repre-
sented 55.4 percent of the total responses. The majority of respondents were
white (72.1 percent) with a mean age of 76.3 (SD: 8.0) years. The mean length
of time respondents were enrolled with the health plan was 9.2 years, and 41.4
percent of respondents reported completing a high school education. Descrip-
tive statistics for respondents who did not answer one or more of the four ques-
tions revealed that 63.8 percent were female, 61.5 percent were white, the
mean age was 77.1 years (SD: 8.1), and the mean number of years with the
plan was 9.3 years (SD: 3.06). Additionally, descriptive statistics for nonre-
sponders to the survey revealed that 55.9 percent were female, 62 percent
were white, with a mean age of 77 years and a mean number of years with the
plan of just over 10 years.

Details of concordance between self-reported responses and claims data
for the number of chronic conditions and the number of prescription medica-
tions are presented in Table 2. The overall concordance, discordance, over-
reporting, and under-reporting for both categories are summarized in Table 3.
With respect to chronic conditions, results revealed the total concordance for
the number of chronic conditions was 58.4 percent with 27.3 percent under-re-
porting and 14.2 percent over-reporting. Agreement between self-reports and
claims database declined in two categories for chronic conditions: 4–6, which
dropped to 18 percent agreement and ≥7 in which there was no (0 percent)
agreement with the claims database. With respect to prescription medications,
the total concordance was 56.6 percent with 38.9 percent under-reporting
and 4.5 percent over-reporting. There was agreement when self-reporting
zero and 1–5 medications and the claims data for number of prescription

Respondent Characteristics and Survey Validity 943



medications at 70 and 89 percent, respectively. Self-reports of 6–8medications
were in agreement with claims data 28 percent of the time, and for greater than
nine medications agreement increased to 38 percent of the time.

The kappa statistic allowed rejection of the null of no agreement
between self-reported chronic conditions and the organizations’ claims data-
base (k = 0.206, 95 percent CI, 0.181, 0.231, p < .001). The estimated magni-
tude of 0.206 for the kappa statistic puts it at the upper limit of the “slight
agreement” range of 0.0–0.2 (Landis and Koch 1977). For prescription medi-
cations, the null of no agreement between self-reported number of prescrip-
tion medications and the claims database was also rejected (k = 0.339, 95
percent CI, 0.319, 0.358, p < .001). The estimated magnitude in this case,
0.339, puts it in the “fair agreement” range of 0.21–0.40 (Landis and Koch
1977).

The total number of chronic conditions and the total number of pre-
scription medications were included in both regression analyses, anticipating
there would be concordance between chronic conditions and the number of

Table 1: Descriptive Statistics for Independent Variables as Recoded in the
Analysis

Variable N Mean

Age [SD] 4,325 76.3 [8.0]
Plan years [SD] 4,325 9.2 [2.8]
Age 4,325 %

<65 307 7.1
≥65 4,018 92.9

Race 4,237
Nonminority 3,119 72.1
Minority 1,118 25.8

Marital status 4,280
Married 2,043 47.2
Nonmarried 2,237 51.8

Gender 4,270
Male 1,874 43.3
Female 2,396 55.4

Living status 4,263
Alone 1,397 32.3
Not alone 2,866 66.3

Assistance in completing survey 4,291
Yes 632 14.6
No 3,659 84.6

Education 4,232
High school and above 3,044 71.9
All others 1,188 28.0
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prescription medications. Tables 4 and 5, respectively, present the multivari-
ate logistic regression results for agreement on number of chronic conditions,
and agreement on number of prescription drugs. The first outcome variable of
interest (Model 1A) was the “agreement between reported chronic conditions
and the organizations’ claims database.” Three predictor variables, “total
number of chronic conditions,” “total number of prescription medications
taken,” and “assistance in survey completion,” demonstrated statistical signifi-
cance. The predictor variable “total number of chronic conditions”was associ-
ated with a 0.769 decrease in the odds of agreement with the claims database
(p < .001). Each additional prescription medication was associated with an

Table 2: Agreement between Self-Reported Number of Chronic Condi-
tions, PrescriptionMedications, and Claims Data

Self-Reported

Chronic Conditions Claims Data*

TotalNone 1–3 4–6 7 plus

None 543 711 60 0 1,314
1–3 457 1,879 404 5 2,745
4–6 10 116 108 5 239
7 plus 2 9 16 0 27
Total 1,012 2,715 588 10 4,325

Self-Reported

Prescription Claims Data**

TotalNone 1–5 6–8 9 plus

None 92 82 4 2 180
1–5 24 1,533 828 277 2,662
6–8 9 79 351 491 930
9 plus 6 15 61 471 553
Total 131 1,709 1,244 1,241 4,325

*kappa = 0.206; **kappa = 0.339.

Table 3: Overall Concordances for Number of Chronic Conditions and
Number of PrescriptionMedicationsN (%)

Total
Concordance

Total
Discordance

Under-
Reported

Over-
Reported

Number of chronic conditions 2,530 (58.4) 1,795 (41.5) 1,185 (27.3) 610 (14.2)
Number of prescription
medications

2,447 (56.6) 1,878 (43.4) 1,684 (38.9) 194 (4.5)
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increase in the odds of agreement with the claims database by a factor of 1.049
(p < .001). Respondents who reported having assistance with survey comple-
tion had a 1.218 increase in the odds of agreement compared to the reference
group “no assistance” (p < .05). The sociodemographic factors of age, race,
marital status, living alone or with others, education, gender, and years with
the Plan have the potential to introduce bias, contributing to reporting errors.
In this study they did not demonstrate statistical significance which is consis-
tent with past research (Glandon, Counte, and Tancredi 1992; Law et al.
1996; Reijneveld 2000; Ritter et al. 2001; Lubeck andHubert 2005).

We additionally conducted supplementary analyses on factors that pre-
dicted the degree of disagreement (0 if agreement, else the “count” of cate-
gories by which administrative data differed from the self-reported range)
using multivariate Poisson models. Poisson models were selected over nega-
tive binomial models since likelihood ratio tests failed to reject the null that
the overdispersion parameter was 0. The findings were in accordance with the
logistic model in that the number of chronic conditions was associated with a
higher level of disagreement (incidence rate ratio or IRR: 1.19, p < .001) and
number of prescription medications was associated with a lower level of dis-
agreement (IRR: 0.97, p < .001). Receiving assistance compared to no assis-
tance was associated with a lower level of disagreement, but this result was

Table 4: Model 1A Multivariable Logistic Regression with Independent
Variables and Likelihood of Agreement with the Number of Chronic
Conditions

p Odds Ratio

95% CI for Odds
Ratio

Lower Upper

Age >65 .564 1.077 .837 1.387
Female gender .452 1.053 .920 1.206
Assistance with survey completion .042* 1.218 1.007 1.473
Living status .490 .940 .789 1.120
Education .199 1.101 .951 1.275
Nonminority race .190 .908 .786 1.049
Years in plan .193 .985 .964 1.007
Total chronic conditions <.001** .769 .732 .809
Prescription count <.001** 1.049 1.029 1.069
Marital status .744 .972 .819 1.153
Intercept .005 1.728

*p < .05; **p < .01.
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statistically imprecise in the Poisson model (IRR: 0.913, p = .20). The full
results are not shown but are available on request.

The second outcome variable of interest (Model 1B ) was the agreement
between reported prescription medications and the organizations’ claims data-
base. Five predictor variables demonstrated statistical significance: total num-
ber of prescription medications, total number of chronic conditions, age,
nonminority race, and assistance in survey completion. Results for total num-
ber of prescriptions showed that the odds of agreement were lower by a factor
of 0.833 for additional prescriptions (p < .001). Results for age demonstrated
that the odds of agreement with the claims database decreased by a factor of
.683 for those 65 and older as compared to the reference group <65 years of
age (p < .05). Nonminority races demonstrated higher odds of agreement as
compared to the reference group of minority races (p < .05). Higher total
number of chronic conditions was associated with increased odds of agree-
ment by a factor of 1.073 (p < .01). Assistance in survey completion (p = .043)
and being nonminority race (p = .036) demonstrated positive associations in
the likelihood of agreement.

We conducted analyses here as well on factors that predicted the extent
of disagreement using multivariate Poisson models. Again, the results
largely agreed with those of the logistic model. The number of prescription

Table 5: Model 1B Multivariable Logistic Regression with Independent
Variables and Likelihood of Agreement with the Number of Prescription
Medications

p Odds Ratio

95% CI for Odds
Ratio

Lower Upper

Age >65 .005* .683 .525 .890
Female gender .313 1.074 .935 1.235
Assistance in survey completion .036* 1.231 1.014 1.496
Living status .966 1.004 .839 1.201
Education .343 1.076 .925 1.251
Nonminority race .043* 1.164 1.005 1.349
Years in plan .158 .984 .961 1.006
Total chronic conditions .006* 1.073 1.020 1.129
Prescription count <.001** .833 .816 .851
Marital status .723 1.032 .866 1.230
Intercept <.001 5.093

*p < .05; **p < .01.
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medications was associated with more disagreement (IRR: 1.10, p < .001), as
was being 65 or older (IRR: 1.22, p < .05). The number of chronic conditions
was associated with lower levels of disagreement (IRR: 1.07, p < .01). Assis-
tance in survey completion was associated with lower level of disagreement—
though the result for this variable fell just short of statistical significance at the
.05 level (IRR: 1.23, p = .06). Full results from these models are available on
request.

DISCUSSION

The findings from this study are consistent with results from previous research
exploring various influences on the potential accuracy of responses in the
Medicare population, including the number of chronic conditions and medi-
cations, socioeconomic factors, and demographic factors (Sherbourne and
Meredith 1992; Hoffman, Rice, and Sung 1996; Reidy and Richards 1997;
Wagner et al. 1998). In looking at factors that predicted self-reported out-
comes being in concordance with claims-based results for chronic conditions
and prescription medications, we found that those with more chronic condi-
tions (based on claims data) had lower odds of concordance for chronic condi-
tions, and those using more prescription medications (based on claims data)
had lower odds of concordance for prescription medication. Sociodemo-
graphic factors did not appear to be significantly associated with odds of con-
cordance for chronic conditions, though being above 65 years and minority
race appeared to reduce concordance in the case of prescription drugs. It is
interesting to note that education level has no significant association with the
odds of concordance in either model. Assistance with survey completion was
associated with higher odds of concordance, providing grounds for speculat-
ing that in some cases the assistance might be provided by an informal care-
giver who was more aware of the member’s health than the member himself—
though more research is needed to confirm if this is the case.

The findings have implications for policy makers and administrators of
MA plans especially as survey results continue to increase in importance in
CMS’s programs related to quality bonus payments to MA plans. CMS policy
makers need to be aware of issues regarding the validity of self-reported
patient data, and patient characteristics that may be correlated with their
ability to self-report accurately, particularly when such data inform financ-
ial decisions. Plan administrators are concerned about the discordance
between self-reported and administrative claims data. Discordance may have
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implications on the integrity of the claims data, communication failures
between the patients and MA plan, and even the modalities for delivering
care. The consequences of underestimation or overestimation of the number
of medications and/or the number of chronic conditions may be far reaching
and costly. While there is little current research about the implications of (self)
over- or under-reporting, certain conjectures can be made about routes
through which this may affect Star Ratings. For example, one survey question
that is directly related to a star measure requires respondents to recall if they
received a flu shot in the past 6 months. Patients whose self-reports on chronic
conditions and medications are not in concordance with claims may also pro-
vide incorrect responses on whether they received a flu shot. A purposeful
attention by CMS to such discordance in self-reported data when they weigh
their survey measures, as well as more in-depth research into the implications
that such discordance may have on Star Ratings, could yield meaningful out-
comes for both policy makers andMA plan administrators.

This study sought to evaluate self-reported survey data as an area that
has the potential to influence an MA plans’s CMS Star Rating, therefore
impacting revenue and quality bonus payments that fund supplemental plan
benefits. As the CMS evolves its methodology for the Star Rating program,
policies linking revenue to enrollees self-reported survey responses should
continually be re-assessed to insure validity or adjust for responses in an
elderly population, as these responses have the potential to significantly affect
an organization’s Star Rating. The Star Rating program is technically complex
with inconsistencies in measures and methodology year to year. These incon-
sistencies also need to be addressed if the program is to remain a valid policy
tool for measuring quality inMA plans.

Limitations

The study was limited to survey respondents who were enrolled in an MA
plan in southeastern Louisiana, and therefore results may not be generalizable
beyond the specific geographic region and should be carefully considered.
The survey relied on self-reported assessments of respondents’ number of
chronic conditions and number of prescription medications. The possibility of
response and recall bias may serve as a limitation to the accuracy of self-
reports. Using claims data presents a limitation in that the data are only as
complete as the providers’ accuracy of submitted claims to the health plan,
and the data may also be subject to errors in claims processing, coding
diagnoses, and so forth. Additionally, using data from the PBM presents a
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limitation as enrollees may acquire their prescription medications through a
variety of other sources such as free clinics or the Veterans Administration Sys-
tem. These data are generally not reported to the MA plan. This limitation
may contribute to under-reporting of both chronic conditions and total num-
ber of prescription medications in the organization’s claims data.

Recommendations for Future Research

Areas for future research include continuing to develop our understanding of
attributes respondents consider when reporting their health status and deter-
mining how and if those considerations change over time. With an aging pop-
ulation that is living longer with more chronic conditions, developing a more
comprehensive understanding of the physical and emotional impacts of
chronic conditions will be important considerations for MA plans as they
make strategic business decisions. Additionally, it would be useful to examine
the steps that MA plans can take to understand and mitigate the discordance
between self-reported survey data and administrative claims data.

In summary, the use of enrollee self-reported survey data continues to
have advantages for research studies. It is generally an inexpensive way to col-
lect data and within the Medicare population, response rates are historically
excellent. This study sought to further the understanding of validity in self-re-
ported survey responses among an elderly population by studying self-re-
ported chronic conditions and number of prescription medications in an MA
plan population. It is hoped that this research contributes to a better under-
standing of the factors that confound the validity of self-reported survey
responses among the elderly.
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