
Multilevel Variation in Diabetes
Screening Within an Integrated
Health System
Diabetes Care 2020;43:1016–1024 | https://doi.org/10.2337/dc19-1622

OBJECTIVE

Variation in diabetes screening in clinical practice is poorly described.Weexamined
the interplay of patient, provider, and clinic factors explaining variation in diabetes
screening within an integrated health care system in the U.S.

RESEARCH DESIGN AND METHODS

We conducted a retrospective cohort study of primary care patients aged 18–64
yearswith twoormoreoutpatient visits between2010and2015andnodiagnosis of
diabetes according to electronic health record (EHR) data. Hierarchical three-level
models were used to evaluate multilevel variation in screening at the patient,
provider, and clinic levels across 12 clinics. Diabetes screening was defined by a
resulted gold standard screening test.

RESULTS

Of 56,818 patients, 70% completed diabetes screening with a nearly twofold
variation across clinics (51–92%; P < 0.001). Of those meeting American Diabetes
Association (ADA) (69%) and U.S. Preventive Services Task Force (USPSTF) (36%)
screening criteria, three-quarters were screened with a nearly twofold varia-
tion across clinics (ADA 53–92%; USPSTF 49–93%). The yield of ADA and USPSTF
screening was similar for diabetes (11% vs. 9%) and prediabetes (38% vs. 36%).
Nearly 70% of patients not eligible for guideline-based screening were also tested.
The USPSTF guideline missed more cases of diabetes (6% vs. 3%) and prediabetes
(26% vs. 19%) than the ADA guideline. After adjustment for patient, provider, and
clinic factors and accounting for clustering, twofold variation in screening by
provider and clinic remained (median odds ratio 1.97; intraclass correlation 0.13).

CONCLUSIONS

Screening practices vary widely and are only partially explained by patient,
provider, and clinic factors available in the EHR. Clinical decision support and
system-level interventions are needed to optimize screening practices.

Diabetes screening identifies individuals with undiagnosed, asymptomatic type 2
diabetes or prediabetes who are eligible for evidence-based interventions to prevent
or delay type 2 diabetes and its complications. National screening guidelines, such as
the American Diabetes Association (ADA) (1) and U.S. Preventive Services Task Force
(USPSTF) (2), help clinicians identify individuals at increased risk for type 2 diabetes
and target screening tests in clinical practice. Despite screening recommendations,
.7millionU.S. adultswith type 2 diabetes and 74millionU.S. adultswith prediabetes
remain undiagnosed (3). Nationally representative data indicate significant gaps
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between screening eligibility and screen-
ing completion, with only half of individ-
uals meeting ADA and USPSTF guidelines
reporting a completed screening test
(4,5).
The ADA and USPSTF recommend that

diabetes screening occur in a health care
setting where testing is “opportunistic,”
or obtainedwhen patients present to the
health care system for reasons unrelated
to diabetes screening (1,2,6). Estimates
ofopportunistic screening rates in clinical
practice vary from 6 to 24% and identify
significantmissedscreeningopportunities
(6–10). Additionally, screening variation
across clinical sites within integrated
health systems is likely common but not
well described. Importantly, there are cur-
rently no national quality metrics focused
on diabetes screening or benchmarks for
clinicians and health systems to strive for,
which may contribute to underscreening
and variation in patterns of screening.
As Accountable CareOrganizations and

health systems seek to manage the meta-
bolic risk of patient populations to prevent
type 2 diabetes and its complications,
improved understanding of diabetes
screening in clinical practice is critical for
developing systematic screening ap-
proaches (11). In this study, we evaluate
multilevel variation in diabetes screening
across primary care clinics within a large,
integrated safety-net health system and
examine the contribution of patient, pro-
vider, and clinic characteristics to varia-
tion in diabetes screening within the
health care system.We also describe ad-
herence to and yield of the USPSTF and
ADAdiabetes screening guidelines across
primary care clinics in the health system.

RESEARCH DESIGN AND METHODS

Study Design and Setting
We conducted a population-based ret-
rospective cohort studyusing 2010–2015
electronic health record (EHR) data from
the Parkland Health and Hospital System
(Parkland) inDallas, TX. Parkland is a pub-
lically funded, integrated health system,
which is the sole safety-net provider in
Dallas County. County residents who are
poor and uninsured are eligible for county-
funded medical assistance in any of the
clinics in Parkland’s extensive primary,
specialty, and acute care clinic network.
All sites use a commonEHR (Epic, Verona,
WI). Parkland operates 12 outpatient pri-
mary care clinics, including 8 community-
based clinics, 2 academic teaching clinics

that train residentphysicians, an employee
health clinic, and a women’s health clinic.

Cohort Assembly
Eligible patientswere nonpregnant adults
aged 18–64 years without diagnosed di-
abetes who had at least two outpatient
visits (i.e., one or more outpatient, pri-
mary care clinic visits and at least one
laboratory visit after the index visit). The
index visit was defined as the first out-
patient, primary care clinic visit occurring
between 2010 and 2014 for each partic-
ipant.Weexcludedpatientswithdiagnosed
diabetes using International Classification
of Diseases, 9th revision (ICD-9) codes
from encounter diagnoses and problem
lists available on or before the index visit.
Patients aged 65 or older were excluded
becauseMedicare eligibility increases the
likelihood that they will receive health
care in clinics outside of the safety-net
health system, which prevents access to
screening test results. Medicare is the
U.S. health insurance program for people
aged 65 or older and younger individuals
with end-stage renal disease requiring
dialysis and other disabilities (12).

At baseline, we examined the EHRs of
365,249 patients seen in the integrated,
safety-net health system between 2010
and2014. After excluding unqualifiedpa-
tients (i.e., no completed primary care
visits [n 5 113,584], outside the 18–64
age range [n 5 742], prevalent diabetes
[n 5 28,381], pregnant patients [n 5
52,117], pregnant patients with diabetes
[n 5 1,834], and patients with only one
primary/index visit between 2010 and
2015 [n 5 111,773]), we arrived at our
study cohort of 56,818 patients.

Assignment of Patients to Clinical Sites
and Providers
We assigned all patients to a primary
clinic site according to the clinic they
visited most frequently. If a patient vis-
ited two ormore clinics an equal number
of times, we assigned the clinic with the
earliest visit. We subsequently assigned
patients to providers by examining the
number of times patients visited pro-
viders and assigned the “primary care
provider” as the individual seen most
frequently. If patients visited two ormore
providers an equal number of times, we
assignedprimary careprovidersbasedon
the earliest visit. Primary care providers
includedattendingphysicians, physicians
in training (resident and fellowphysicians),

and advanced practice providers (nurse
practitioners and physician assistants).
Patientswere clusteredwithin providers,
which in turn were clustered within the
clinics. Becauseanalyseswere conducted
at the patient level, providers could be
assigned to more than one primary care
clinic.

Measures
Our primary outcome was diabetes
screening using any of the three gold
standard tests: hemoglobin A1c (HbA1c),
fasting blood glucose (FBG), or oral glu-
cose tolerance test (OGTT). Based on di-
abetes screening test results, we classified
participants as having type 2 diabetes
(HbA1c$6.5% [48mmol/mol], FBG$126
mg/dL, or 2 h OGTT $200 mg/dL); pre-
diabetes (HbA1c 5.7–6.4% [39–46mmol/
mol], FBG 100–125 mg/dL, or 2 h OGTT
140–199 mg/dL); normal glycemic state
(HbA1c,5.7% [39mmol/mol], FBG,100
mg/dL, or 2hOGTT,140mg/dL) (1). FBG
was identified by a specific EHR order for
“fasting glucose.”We did not include the
glucose component of laboratory panels
because the EHRdoes not allow clinicians
to order “fasting panels.” Because the
frequency of confirmatory testing in clin-
ical practice was unknown, we used a
single test screening strategy in our pri-
mary analyses. We report the frequency
and yield of confirmatory testing in the
subgroup of patients completing a con-
current FBG and HbA1c on the same day
or a second, confirmatory test within 60
days of the initial screen (1).

Patient demographics (age, sex, race/
ethnicity, insurance,marital status, smok-
ing, and family history of diabetes) and
comorbidities (prediabetes, hypertension,
hyperlipidemia, cardiovascular disease,
and history of gestational diabetes or
infant weighing.9 lbs) were extracted
from the EHR. Comorbidities were de-
fined using ICD-9 codes in the 12months
preceding the index visit. We grouped
providers into three groups for analyses:
1) attending physicians; 2) physicians in
training; 3) advanced practice providers.
For clinical covariates, we classified clin-
ics as teaching or nonteaching clinics.

Eligibility for diabetes screening was
assessed using national, U.S. diabetes
screening guidelines. The USPSTF guide-
line recommends diabetes screening for
adults aged 40–70with a BMI$25 kg/m2

(2). TheADA recommendsuniversal screen-
ing beginning at age 45 and targeted
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screening for individuals ,45 years old
based on a combination of BMI andother
diabetes risk factors, including race/
ethnicity, family history, hypertension,
high cholesterol, history of coronary ar-
tery disease or gestational diabetes, and
physical inactivity (1). The EHR does not
capture physical activity in a structured
data field; therefore, this was not con-
sidered in our analysis.

Statistical Analysis
We used descriptive statistics to sum-
marize patient-level demographics across
the 12 clinics. We report the overall pro-
portion of patients screened and the el-
igibility and yield of screening according
to the ADA and USPSTF guidelines.
We fit the multilevel random logistic

models using PROC GLIMMIX (13) in SAS
9.4 software (SAS Institute, Cary, NC). To
quantify multilevel variation in diabetes
screening across the clinics, we report the
intraclass correlation (ICC) (14) and the
median odds ratio (MOR) (15). The ICC
reflects the proportion of total variance in
diabetes screening due to influence from
the providers and clinics, with the pro-
viders nested in clinics for the nested
model. A higher ICC indicates that pro-
viders and clinics account for a higher
proportion of the variance in diabetes
screening under the assumption of the
providers and clinics being random factors.
The MOR ranges from 1 to infinity and
reflects the unexplained cluster heteroge-
neity. An MOR value of 1 means there is
no variation across the clinics, whereas
larger values indicate greater variation.

Model Building and Selection
To confirm which model (two- or three-
level) would be best in accounting for
clustering at the provider and/or clinic
level, we fit two separate unconditional
(unadjusted) two-level random intercept
logisticmodels (16), with one having pro-
vider as the random factor and the other
having clinic as the random factor. We
compared them to an unconditional,
nested three-level random intercept lo-
gistic model (16) (a model that accounts
for clustering at both the clinic and pro-
vider level simultaneously) using the log-
likelihood ratio test (16). Because the log-
likelihood ratio test was significant, we
selected the three-level random inter-
cept logistic model for our final analysis.
We examined the effects of patient-,

provider-, and clinic-level covariates on

diabetes screening in univariate analy-
ses. The type I error rate was set at 0.05.
All significant covariates and nonsignif-
icant but clinically important covariates
from univariate models were included in
the three-level random intercept logistic
models. For themodel building, we spec-
ified five three-level nested logistic mod-
els: 1) an unconditional model with no
fixed level covariates, 2) a conditional
model including patient characteristics
that were significant in univariate anal-
yses, 3) a conditional model with both
significant patient and clinic level factors,
4) a conditional model with significant
patient-, clinic-, and provider-level fac-
tors, and 5) a cross-classified random
intercept logistic model to account for
the possible movement of providers
between clinics. We selected our final
model (model 4) by comparing models
1–4 using log-likelihood ratio tests and
by comparing the best nested model
(model 4) to the cross-classified model
(model 5) using minimization of Akaike
information criterion (17) and Bayesian
information criterion (18). TheUniversity
of Texas Southwestern Institutional Re-
view Board approved the study.

RESULTS

Patient and Clinic Characteristics
A total of 56,818 unique patients com-
pletedat least twooutpatientvisits in1of
the 12 clinics during the 5-year study
period. During the follow-up period, clin-
ics differed in the number of unique
patients served (n 5 1,761–9,099) and
number of primary care providers (n 5
13–109), with teaching clinics having
more providers than nonteaching clinics
(Table 1). The distribution of age and race/
ethnicity differed across clinics, with nine
clinics servingmostlyHispanic patients and
the remaining serving predominately
non-Hispanic black patients. Sex and
BMI were similar across clinics, with
nearly 80% of patients being over-
weight or obese. Overall, 20% of the
study population had a family history of
diabetes documented in the EHR. Nearly
40% had diagnosed hypertension, with
marked variation across clinic sites. Only
2–7%ofall patientshadacodeddiagnosis
of prediabetes. In 11 clinics, patients were
mostly uninsured and covered by the
county’s indigent care system. Patients in
clinic 6 had higher rates of commercial
insurance, and those in clinics 2 and 12
had higher rates of Medicaid coverage,

which is a jointly funded U.S. federal and
stategovernmentprogramprovidinghealth
insurance to low-income adults, pregnant
women, and individuals with disabilities
(19) (Table 1).

Overall Diabetes Screening Rates
Across Clinics
Overall, 70.4% of the study population
(n5 56,818) was screened for diabetes
during an average follow-up of 3 years.
Screening rates varied significantly across
clinics, ranging from 50.8 to 91.5% of the
total clinic population (P# 0.0001) (Table
2). Clinic 6 had the highest overall screen-
ing rate (92%), whereas a community-
based clinic serving a predominately
Hispanicpopulationhad the lowest screen-
ing rate (51%).Overall, HbA1cwas themost
commonly used screening test (55%),
followed by FBG (33%) and OGTT (2%).
Clinics 4 and 7 preferentially screened
patientswith FBG insteadofHbA1c. Clinics
1 and 2 (teaching academic clinics) and
clinic 6 (most with commercial insurance)
were the highest users of HbA1c for di-
abetes screening (Table 2).

Multilevel Clinic Variation in Diabetes
Screening in Nested Models
The emptymodel (model 1: not adjusting
for any covariate/fixed effect) showed
significantvariation indiabetes screening
at both the clinic (P 5 0.0162) and pro-
vider level (P , 0.0001) (Table 3). The
ICC was 0.19 and the MOR was 2.26,
indicating cluster heterogeneity and un-
explained variability at both the clinic
and provider level. Addition of fixed
patient characteristics (model 2) re-
duced the ICC and MOR values slightly.
Subsequent addition of fixed clinic fac-
tors (model 3) did not significantly
change the ICC andMOR.Adding provider-
level factors (model 4) provided the best
model fit (ICC 0.13; MOR 1.97) and ac-
counted for additional unexplained
differences in diabetes screening across
locations. However, even the final model
had residual, unexplained heterogeneity
at both the clinic and provider level after
adjusting for covariates (MOR 1.97). Af-
ter accounting for the correlation at the
provider and clinic level, the overall
probability that a patient was screened
for diabetes in this integrated health
system was 70.0%. We found similar
results using a cross-classified model,
which assumes providers are not nested
in clinics (Table 3).
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Fixed Effects of Patient-, Clinic-, and
Provider-Level Factors

The results of our final model (model 4)
showed age (odds ratio [OR] 1.01, 95% CI
1.01–1.02) and BMI (OR 1.03, 95% 1.02–
1.04) were marginally significant but not
clinically important drivers of screening.
However, patients with prediabetes (OR
1.53, 95% CI 1.12–2.09), hyperlipidemia
(OR 1.70, 95% CI 1.48–1.95), and hyper-
tension (OR1.22, 95%CI 1.07–1.39)were
more likely to be screened for diabetes
than thosewithout these conditions. Un-
married patients were less likely to be

screened (OR 0.81, 95% CI 0.70–0.92)
than married patients (Table 3). Race/
ethnicity, family history of diabetes, car-
diovascular disease, gestational diabetes,
and employment status had no significant
fixed effect on screening.

Screening Variation by Clinic and
Provider Type
Patients receiving care in teaching clinics
(clinics 1 and 2) were more likely to be
screened than those receiving care in
nonteaching clinics (72.9%vs. 70.2%;P5
0.0006). However, no clinic effect was

observed after accounting for clustering
and other covariates inmodel 4 (OR 1.07,
95% CI 0.74–1.55) (Table 3).

Attending physicians and physicians
in training had similar rates of overall
screening (72.6% vs. 73.7%) and guideline-
indicated screening. However, advanced
practice providers had lower rates of
overall screening (53.6%) and guideline-
indicated screening. After controlling for
patient-, provider-, and clinic-level factors
(model 4), advanced practice providers
were less likely to screen patients for
diabetes compared with attending

Table 1—Characteristics of patients eligible for diabetes screening who visited 1 of the 12 clinics in a safety-net health system
from 2010 to 2015

Teaching clinics Nonteaching clinics

Total Clinic 1 Clinic 2 Clinic 3 Clinic 4 Clinic 5 Clinic 6 Clinic 7 Clinic 8 Clinic 9 Clinic 10 Clinic 11 Clinic 12

Unique patients
N 56,818 2,267 1,761 9,099 6,993 5,374 4,315 6,846 1,823 6,467 7,191 1,943 2,739
(%) (100) (4.0) (3.1) (16.0) (12.3) (9.5) (7.6) (12.1) (3.2) (11.4) (12.7) (3.4) (4.8)

Age categories, %
18–29 11.1 11.3 4.8 7.5 11.8 9.0 21.6 8.3 9.7 10.8 8.9 7.1 29.3
30–39 21.8 21.5 11.6 15.3 24.0 22.7 20.1 20.4 25.8 25.4 20.8 21.4 42.1
40–49 30.5 31.0 28.9 31.2 30.7 30.8 27.4 31.2 31.2 31.9 31.7 31.5 23.1
50–59 28.5 29.1 43.3 35.3 26.2 29.2 25.6 30.2 25.9 24.9 29.9 31.3 4.8
60–65 8.1 7.1 11.4 10.7 7.3 8.3 5.3 9.9 7.4 7.0 8.7 8.7 0.7

Age (years), median 46 45 51 49 45 46 43 47 45 44 47 47 35

Female sex, % 65.6 65.4 57.9 64.1 63.6 59.9 64.8 65.4 65.9 64.3 64.7 64.4 99.5

Race/ethnicity, %
White 13.7 14.6 27.6 6.0 7.6 11.7 19.0 19.5 16.7 15.3 18.9 14.7 6.0
Black 32.1 20.9 41.6 76.8 15.2 21.4 34.6 20.1 15.5 11.1 36.8 33.9 23.2
Hispanic 47.7 58.6 24.8 16.0 75.6 63.1 23.6 44.9 64.6 64.3 42.5 44.2 68.5
Other 6.5 5.9 6.0 1.2 1.7 3.8 22.8 15.5 3.2 9.3 1.8 7.2 2.3

Marital status, %
Married 43.9 46.1 25.3 22.3 52.0 46.8 52.2 50.5 49.2 51.9 42.6 43.2 47.5

Weight, %
Normal 20.2 21.5 23.8 18.3 17.1 20.4 27.8 22.7 18.0 20.0 16.5 21.8 21.8
Overweight 32.1 32.7 31.3 27.1 32.8 34.2 33.5 34.8 30.0 36.1 30.4 35.0 30.5
Obese 47.7 45.8 44.9 54.6 50.1 45.4 38.7 42.5 52.0 43.9 53.1 43.2 47.7

BMI (kg/m2), median 29.6 29.4 29.3 30.7 30.0 29.4 28.3 28.9 30.3 29.1 30.6 28.8 29.6

Insurance, %
Commercial 7.1 2.3 2.6 1.8 0.8 0.9 79.6 0.5 1.0 0.9 1.1 0.9 1.1
Medicaid 13.8 16.4 28.2 17.5 10.5 13.4 3.1 8.0 10.5 9.0 13.9 11.3 45.1
Uninsured 75.5 80.1 64.2 76.9 85.5 83.3 16.3 88.3 84.0 86.1 77.9 85.9 50.9
Self-pay 3.6 1.2 5.0 3.8 3.2 2.4 1.0 3.2 4.5 4.0 7.1 1.9 2.9

Unemployed, % 58.9 57.9 73.3 71.6 58.4 57.7 29.3 56.7 60.3 55.0 65.0 54.5 58.7

Ever smoked, % 32.4 26.8 50.7 48.4 28.0 32.2 21.7 27.9 28.0 25.8 40.0 27.1 15.4

Family history,* % 20 19.9 17.9 22.3 25.0 20.5 16.4 14.8 22.6 16.2 24.2 14.2 19.3

Prediabetes,† % 3.1 6.5 4.2 2.0 2.1 3.7 1.7 3.6 1.5 3.6 4.4 3.2 2.7

Hypertension,† % 39.1 40.9 61.7 58.0 31.7 35.7 31.8 39.4 20.1 29.2 43.5 41.2 13.4

Hyperlipidemia,† % 22.0 31.2 37.0 10.1 18.0 24.0 23.8 26.4 16.5 19.3 22.4 28.5 7.6

Providers seen, %

Attending/physician 81.3 8.8 4.3 80.1 85.2 97.7 99.9 98.2 92.3 82.2 97.1 99.5 17.7
NP/PA/MW 11.9 0.3 6.9 19.8 14.7 2.2 0.1 1.8 7.6 17.7 2.8 0.5 75.5
Physician in training§ 6.8 91.1 88.8 0.1 0.1 0.1 NA NA 0.1 0.1 0.1 NA 6.8

Unique providers, n 601 109 232 104 102 75 13 51 61 73 69 37 264

NA, not applicable; MW, midwife; NP, nurse practitioner, PA, physician assistant. *Family history of diabetes. †Based on ICD-9 codes. §Physician in
training includes residents and fellows.
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physicians (OR 0.66, 95% CI 0.47–0.93)
(Table 3).

Screening Eligibility and Completion
Rates According to Guidelines
Overall eligibility for screening was
nearly twofoldhigherwith theADAscreen-
ing guideline (69%) than with the USPSTF
guideline (36%), and this pattern was con-
sistent across clinics (Table 2). For both
guidelines, patients seen at clinic 2 had
the highest eligibility, whereas patients
seen at clinic 12 had the lowest eligibility.
Among those eligible for guideline-

indicated screening (USPSTF n5 20,595;
ADA n 5 39,185) the overall proportion
(USPSTF 73.8% vs. ADA 72.9%) and pro-
portion within each clinic completing
guideline-indicated screening were similar
(Table 2). However, across clinics, the pro-
portion of patients completing guideline-
indicated screening reflected the variation
in overall screening with wide variation,
ranging from49.3 to 92.8% forUSPSTF and
53.3 to 92.2% for ADA (Table 2).

Yield of Screening
Amongall patients screened fordiabetes,
the overall yield (positive test result) was
10.6% for diabetes and 43.3% for pre-
diabetes (Table 4). Across the clinics, the
overall yield varied widely, from 3.5 to
13.4% for diabetes and from 27.7 to

52.4% for prediabetes (Table 4). The yield
of guideline-indicated screening was
numerically similar between USPSTF and
ADA guidelines for diabetes (11% vs. 9%)
as well as for prediabetes (38% vs. 36%)
(Table 4). Among those ineligible for
screening according to USPSTF and ADA
guidelines, the USPSTF guideline missed
more cases of diabetes (6% vs. 3%) and
prediabetes (26% vs. 19%) than the ADA
guideline (Table 4). However, the ADA
guideline still missed up to 5% of diabe-
tes cases and 25% of prediabetes cases
across the clinics (Table 4). Participants
with diabetes or prediabetes who were
ineligible for screening based on the
USPSTF guideline were more likely to be
women, Hispanic, and have limited co-
morbid conditions. Participants with di-
abetes or prediabeteswhowere ineligible
for screening according to the ADA guide-
line had similar characteristics but were
younger (aged 30–39).

Frequency and Yield of Confirmatory
Testing
Overall, only 17.6% of patients with an
initial screening test in thediabetes range
(n 5 4,240) completed a second test to
confirm the diagnosis of type 2 diabetes
as recommended by the ADA guidelines
(1). Among the 4,240 patients with an
initial, gold standard test result in the

diabetes range, only 14.2% had a second,
confirmatory gold standard test result
within 60 days. Of the 601 patients com-
pleting a confirmatory test, a diagnosis of
diabetes was confirmed in 61.7%. As an
alternative to having patients return on a
separate day for confirmatory testing,
the ADA recommends an alternate, one-
step confirmatory testing strategy by
obtaining a FBG and HbA1c on a single
blood sample (1,20). Clinicians used this
one-step confirmatory testing strategy in
13.8% of all patients screened for di-
abetes (N 5 39,992). Of the 5,531 pa-
tients completing both a FBG and HbA1c
on the same day, 6.8% of patients had
a confirmed diagnosis of diabetes and
21.3% had a confirmed diagnosis of pre-
diabetes based on concordant FBG and
HbA1c results in the respective diagnostic
range.

CONCLUSIONS

In this large, retrospective EHR cohort of
primary care patients in an integrated,
safety-net health system, we found sig-
nificant variation in diabetes screening
at both the provider and clinic level.
Although overall screening rates were
higher than those reported in epidemi-
ologic studies (4,21), one-quarter of those
eligible for guideline-recommended screen-
ingwere not screened, and nearly 70% of

Table 2—Diabetes screening practices and screening eligibility of patients who visited 1 of the 12 clinics in a safety-net health
system from 2010 to 2015

Teaching clinics Nonteaching clinics

Total Clinic 1 Clinic 2 Clinic 3 Clinic 4 Clinic 5 Clinic 6 Clinic 7 Clinic 8 Clinic 9 Clinic 10 Clinic 11 Clinic 12

Unique patients
N 56,818 2,267 1,761 9,099 6,993 5,374 4,315 6,846 1,823 6,467 7,191 1,943 2,739
(%) (100) (4.0) (3.1) (16.0) (12.3) (9.5) (7.6) (12.1) (3.2) (11.4) (12.7) (3.4) (4.8)

Ever screened 70.4 72.9 75.0 67.9 50.8 69.9 91.5 81.4 72.3 70.3 71.5 71.3 59.4

Diabetes screening tests completed
HbA1C 54.6 68.4 73.3 55.5 26.3 59.1 91.1 48.9 66.9 51.0 60.6 45.3 39.7
FBG 33.2 18.8 12.0 26.6 34.0 33.8 18.8 61.6 16.5 42.9 26.6 40.6 30.0
OGTT 2.1 0.8 0.3 4.1 0.9 4.9 0.6 0.8 0.8 2.2 1.8 0.8 4.1

USPSTF screening eligible (n 5 20,595)
Yes 36.3 44.9 60.7 38.0 26.0 31.8 26.0 36.0 35.3 36.0 50.3 42.0 19.4

USPSTF eligible and screened (n 5 15,190)
Yes 73.8 78.8 82.0 68.4 49.3 71.7 92.8 83.1 74.1 76.3 75.6 76.6 61.5

USPSTF ineligible but screened (n5 24,802)
Yes 68.5 68.1 64.1 67.6 51.3 69.1 91.1 80.5 71.3 66.9 67.3 67.5 58.9

ADA screening eligible (n 5 39,185)
Yes 69.0 71.1 87.8 81.1 61.3 65.9 62.7 70.6 65.2 62.7 76.5 73.1 40.8

ADA eligible and screened (n 5 28,579)
Yes 72.9 76.0 77.7 69.0 53.3 71.9 92.2 83.4 74.4 73.6 74.2 74.6 62.3

ADA ineligible but screened (n 5 11,413)
Yes 64.7 65.2 55.4 63.2 46.8 66.2 90.4 76.6 68.5 64.6 62.7 62.3 57.4

Data are percentages unless otherwise indicated.
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Table 3—Fixed and random effects from three-level random intercept logistic regression models for diabetes screening
(N 5 56,818)

Hierarchical nested three-level models
Cross-classified model

Model 1 Model 2 Model 3 Model 4
Unconditional

model
With patient-level

factors only
With patient- and
clinic-level factors

With patient-, clinic-, and
provider-level factors

With patient-, clinic-, and
provider-level factors

Random effects
Variance (SE)
Clinic 0.311 (0.15) 0.276 (0.14) 0.284 (0.15) 0.233 (0.13) 0.234 (0.13)
Provider in clinic 0.420 (0.04) 0.299 (0.06) 0.303 (0.06) 0.274 (0.06) 0.281 (0.06)

Intraclass correlation 0.185 0.149 0.151 0.134 0.135
MOR 2.261 2.061 2.08 1.97 1.98
AIC, BIC 61,919, 61,921 7,301, 7,312 7,303, 7,314 7,298, 7,310 7,301, 7,253

Fixed effects AOR (95% CI) AOR (95% CI) AOR (95% CI) AOR (95% CI)

Patient-level factors
Age d 1.01 (1.01, 1.02) 1.01 (1.01, 1.02) 1.01 (1.01, 1.02) 1.01 (1.01, 1.02)
BMI d 1.03 (1.02, 1.04) 1.03 (1.02, 1.04) 1.03 (1.02, 1.04) 1.03 (1.02, 1.04)
Sex
Male d Reference Reference Reference Reference
Female d 1.26 (1.11, 1.42) 1.26 (1.11, 1.42) 1.26 (1.11, 1.42) 1.25 (1.11, 1.41)

Race/ethnicity
White d Reference Reference Reference Reference
Black d 1.01 (0.86, 1.18) 1.02 (0.87, 1.19) 1.02 (0.87, 1.20) 1.02 (0.87, 1.20)
Hispanic d 1.03 (0.87, 1.23) 1.04 (0.88, 1.24) 1.05 (0.88, 1.24) 1.04 (0.88, 1.24)
Other d 1.06 (0.76, 1.48) 1.09 (0.78, 1.53) 1.10 (0.79, 1.54) 1.10 (0.79, 1.54)

Prediabetes
No d Reference Reference Reference Reference
Yes d 1.55 (1.14, 2.12) 1.53 (1.12, 2.09) 1.53 (1.12, 2.09) 1.52 (1.12, 2.07)

Family history of
diabetes

No d Reference Reference Reference Reference
Yes d 1.12 (0.97, 1.30) 1.12 (0.97, 1.30) 1.12 (0.97, 1.30) 1.13 (0.98, 1.30)

Hyperlipidemia
No d Reference Reference Reference Reference
Yes d 1.71 (1.49, 1.96) 1.71 (1.49, 1.96) 1.70 (1.48, 1.95) 1.70 (1.48, 1.95)

Hypertension
No d Reference Reference Reference Reference
Yes d 1.23 (1.07, 1.40) 1.23 (1.07, 1.40) 1.22 (1.07, 1.39) 1.22 (1.07, 1.39)

Gestational diabetes
No d Reference Reference Reference Reference
Yes d 0.96 (0.27, 3.43) 1.01 (0.28, 3.61) 1.06 (0.29, 3.85) 1.09 (0.30, 3.95)

Infant .9 lbs
No d Reference Reference Reference Reference
Yes d 1.91 (0.78, 4.68) 1.98 (0.80, 4.89) 1.92 (0.78, 4.73) 1.92 (0.78, 4.72)

Cardiovascular disease
No d Reference Reference Reference Reference
Yes d 1.05 (0.84, 1.31) 1.05 (0.84, 1.32) 1.05 (0.84, 1.31) 1.05 (0.84, 1.32)

Employment status
Employed d Reference Reference Reference Reference
Not employed d 0.92 (0.80, 1.05) 0.92 (0.80, 1.05) 0.92 (0.80, 1.05) 0.92 (0.80, 1.06)
Marital status
Married d Reference Reference Reference Reference
Not married d 0.80 (0.70, 0.92) 0.81 (0.70, 0.92) 0.81 (0.70, 0.92) 0.81 (0.70, 0.93)

Insurance
Uninsured d Reference Reference Reference Reference
Insured* d 0.79 (0.69, 0.91) 0.79 (0.69, 0.91) 0.80 (0.69, 0.91) 0.79 (0.69, 0.91)
Self-pay d 0.73 (0.53, 1.01) 0.75 (0.54, 1.04) 0.74 (0.54, 1.03) 0.74 (0.54, 1.03)

Ever smoked
No d Reference Reference Reference Reference
Yes d 0.80 (0.70, 0.91) 0.80 (0.71, 0.91) 0.80 (0.71, 0.91) 0.80 (0.71, 0.91)

Clinic-level factor
Clinic type
Teaching d Reference Reference Reference Reference
Nonteaching d d 1.01 (0.71, 1.45) 1.07 (0.74, 1.55) 1.06 (0.74, 1.54)

Continued on p. 1022
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patientsnoteligible for guideline-indicated
screening were tested. Our findings sug-
gest that health care providers may not
routinely use diabetes screening guide-
lines in clinical practice to guide testing
or may not think of testing high-risk
patients during routine clinical care. Im-
proved understanding of variation in
screening practices is critical to devel-
oping and implementing systems-based
interventions such as EHR-driven clinical
decision support to improve diabetes
screening across the spectrum of pro-
viders and clinics within health systems.
We found substantial variation in screen-

ing practices across the 12 free-standing
community clinics within Dallas County’s
integrated, safety-net health system. Al-
thoughqualitymeasures andbenchmarks
for diabetes screening have not been
established, the heterogeneity in screen-
ing practices identified low-performing
clinics in need of interventions to close
gaps in guideline-indicated screening. Over-
all screening rates in our study were
higher than those observed in a large,
community health center network (22)
and in a study of academic and federally
qualifiedhealthcenters (7),butweresim-
ilar to a study of primary care patients
cared for in a university setting, although
this study included nonfasting glucose
measures in its screening definition (23).
The higher screening rates in our study
may reflect the structure of the safety-
net health system, which provides un-
insured patients with subsidized care to
cover preventive health screenings, in-
cluding diabetes screening. Our findings
reinforce that screening rates calculated
using resulted screening tests from clin-
ical practice are substantially higher than
self-reported screening rates in nation-
ally representative samples of community-
dwelling U.S. adults (4,21).

Although patient characteristics and
case-mix varied across clinics, these
differences did not fully explain the
observed variation in screening practices.
We found that provider- and clinic-level
factors accounted for additional variation
in screening practices and significantly
improved model fit. Residual variation in
screening practices likely reflects unmea-
sured provider- and clinic-level factors
not captured in EHRdata, suggesting that
system-level interventions are needed to
close screening gaps. We did find that
advanced practice providers were less
likely to screen patients for diabetes than
attending physicians. Advanced practice
providers do provide longitudinal primary
care in this health care system, but ad-
ditional evaluation of encounter types
(acute vs. longitudinal care) and aware-
ness of diabetes risk are needed to better
understand these differences in screen-
ing rates by provider type.

Although diabetes screening guidelines
aredesigned to identifyhigh-riskpatients
and help target diabetes screening, our
findings suggest that guideline use in
clinical practice is limited. For both ADA
andUSPSTF screening guidelines, the pro-
portion of patients completing screening
was nearly identical among those eligi-
ble for guideline-indicated screening and
those for whom guidelines did not rec-
ommend screening.While providersmay
have knowledge of patient-level risk fac-
tors not captured in structured EHR
fields, the similar rates of overall screen-
ing, guideline-indicated screening, and
guideline-ineligible screening suggest
that providers screen based on their clin-
ical gestalt or as a routine part of clini-
cal practice rather than using screening
guidelines to identify patients in need of
testing. The yield of guideline-indicated
screening was higher than those screened

without guideline indications, but nearly
one-third of patients tested without a
guideline-based indication for screening
had newly diagnosed diabetes or pre-
diabetes, which reflects the suboptimal
performance of screening guidelines to
identify high risk patients with undiag-
nosed dysglycemia (24). Additionally,
rates of confirmatory testing for individ-
uals with an initial test result in the diabetes
range were low, suggesting that clinicians
in real-world practice diagnose patients
using a single test result. Nearly 40%
patients with an initial test result in the
diabetes range did not have diabetes on
confirmatory testing. This has important
implications for patients and clinicians
because it impactspatientcounseling, treat-
ment, and diagnostic coding for insurance
purposes. Increased use of the one-step
confirmatory testing strategy (i.e., con-
current testing of FBG and HbA1c on a
single blood draw) does not require pa-
tients to return for a second visit and may
improve rates of confirmatory testing (20).

System-level interventions, suchas EHR-
based clinical decision support (CDS) to
automate riskassessmentusingdata rou-
tinely available in the EHR, are needed to
support scalable approaches to decrease
variation in diabetes screening across clin-
ics. Interventions focused on increasing
guideline awareness have limited effec-
tiveness (25). Furthermore, current di-
abetes screening guidelines miss many
individuals with undiagnosed disease and
are inadequate for discriminating between
those with and without prediabetes and
diabetes (24,26). New approaches to di-
abetes risk assessment using EHR data
from clinical practice, such as random
glucose, to design tools for implementa-
tion into EHR-based CDS are needed
(24,27). CDS provides health care pro-
fessionals with actionable knowledge

Table 3—Continued

Hierarchical nested three-level models
Cross-classified model

Model 1 Model 2 Model 3 Model 4
Unconditional

model
With patient-level

factors only
With patient- and
clinic-level factors

With patient-, clinic-, and
provider-level factors

With patient-, clinic-, and
provider-level factors

Provider-level factor
Provider type

Attending/physician d Reference Reference Reference Reference
NP/PA/MW d d d 0.64 (0.46, 0.89) 0.66 (0.47, 0.93)
Physician in training‡ d d d 1.23 (0.76, 1.99) 1.32 (0.81, 2.14)

Boldface type indicates statistical significance. AIC, Akaike information criterion; AOR, adjusted odds ratio; BIC, Bayesian information criterion; MW,
midwife; NP, nurse pratitioner, PA, physician assistant. *Insured includes commercial and Medicaid. ‡Physician in training includes residents and
fellows.
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and patient-specific information that is
intelligently filtered and presented at
appropriate times to enhance care de-
livery (28). Well-designed CDS interven-
tions can improve the health not only of
individual patients but also of populations
of patients by presenting the right in-
formation, to the right people, in the
right format, through the right channel,
at the right time (29). Such tools can
support efficient risk assessment and
targeted screening in large clinical pop-
ulations and may help close diabetes
screening gaps (11).
Strengths of our study include assess-

ment of screening practices in a large,
integrated, indigent health care system
that uses a single, comprehensive EHR.
The safety-net system provides compre-
hensive care and coverage to all patients
regardless of insurance status, which re-
moves insurance-related barriers to di-
abetes screening and maximizes receipt
of health care and preventive care within
the system.
Our study is not without limitations.

First, because our study was conducted
within an integrated safety-net system,
our findings may not be generalizable to
other practices and health systems. Sec-
ond, we were unable to account for pro-
vider factors and clinical factors not
discretely captured in the EHR. Provider
experience and clinic-specific practices
may account for additional, unmeasured
variation in our study. Third, our analyses
were limited to patients aged 18–65 to
maximize receipt of health care services

in the safety-net system. Thus, our find-
ings may not reflect screening practices
in those aged 65 andolder, who aremore
likely to have multiple risk factors and
be eligible for guideline-based screening.
Fourth, we were unable to reliably ex-
clude patients with hyperglycemic symp-
toms from the screening cohort by using
EHR data. Fifth, our findings may un-
derestimate the use of FBG for screen-
ing in clinical practice because we were
unable to identify “fasting laboratory
panels” within the EHR. Finally, our pri-
mary outcome definition of diabetes
and prediabetes was based on a single
gold standard diabetes screening test
and did not include a second, confirma-
tory test, as recommended by guidelines
(1).

Despite well-recognized national dia-
betes screening guidelines and national
awareness campaigns to improve iden-
tification of individuals with prediabetes,
diabetes screening practices varied widely
across free-standing clinics in a large,
safety-net health system. Diabetes screen-
ing guidelines were inconsistently used
in risk assessment, resulting in similar
screening rates among those who did and
didnotmeet screeningcriteria.However,
detection of undiagnosed diabetes and
prediabetes among those not eligible for
guideline-indicated screening was sub-
stantial. New, data-driven approaches to
diabetes risk assessment designed for
use and implementation in clinical prac-
tice are needed to close diabetes screening

gaps and improve early detection of pa-
tients with prediabetes and diabetes.

Funding. E.A.H. was supported in part by the
Agency for Healthcare Research and Quality
(R24-HS-22418). M.E.B. was supported by the
National Institute of Diabetes and Digestive and
Kidney Diseases (DK-104065) of the National
Institutes of Health and the Dedman Family
Scholars in Clinical Care.
Research reported in this publication is the

sole responsibility of the authors and does not
necessarily represent the official views of the
National Institutes of Health.
Duality of Interest. No potential conflicts of
interest relevant to this article were reported.
Author Contributions. U.O. participated in the
design, analysis, interpretationofdata, anddrafting
of the manuscript. A.P., I.L., L.M., and E.A.H.
participated in data interpretation and drafting
of the manuscript. M.E.B. participated in the
design, data interpretation, and drafting of the
manuscript. U.O. and M.E.B. are the guarantors
of this work and, as such, had full access to all the
data in the study and take responsibility for the
integrity of the data and the accuracy of the data
analysis.
Prior Presentation. A preliminary version of
this work was presented in abstract form at
the 79th Scientific Sessions of the American
Diabetes Association, San Francisco, CA, 7–11
June 2019.

References
1. American Diabetes Association. 2. Classification
anddiagnosis of diabetes: Standards ofMedical Care
inDiabetesd2019. Diabetes Care 2019;42(Suppl. 1):
S13–S28
2. Siu AL; U S Preventive Services Task Force.
Screening for abnormal blood glucose and type 2
diabetes mellitus: U.S. Preventive Services Task
Force recommendation statement. Ann Intern
Med 2015;163:861–868

Table 4—Screening yield among patients completing a gold standard screening test in 1 of the 12 clinics in a safety-net health
system from 2010 to 2015

Teaching clinics Nonteaching clinics

Total Clinic 1 Clinic 2 Clinic 3 Clinic 4 Clinic 5 Clinic 6 Clinic 7 Clinic 8 Clinic 9 Clinic 10 Clinic 11 Clinic 12

N 39,992 1,652 1,320 6,178 3,550 3,757 3,950 5,573 1,318 4,544 5,138 1,385 1,627

(%) (100) (4.1) (3.3) (15.4) (8.9) (9.4) (9.9) (13.9) (3.3) (11.3) (12.9) (3.5) (4.1)

Diabetes yield 10.6 10.4 12.8 12.7 13.4 10.1 8.3 9.5 10.2 11.4 10.9 10.0 3.5

Prediabetes yield 43.3 46.6 52.4 46.0 36.3 46.9 43.8 42.3 39.8 43.6 45.2 44.6 27.7

Diabetes yield byUSPSTF guideline (n5 20,595)
Eligible 10.5 11.3 13.0 10.6 8.7 10.6 11.2 11.2 8.5 12.0 10.2 9.2 3.4
Ineligible 5.8 4.5 4.3 7.5 6.2 5.4 6.3 5.8 6.8 5.8 5.3 5.6 1.8

Prediabetes yield by USPSTF guideline
Eligible 37.7 44.9 48.7 33.7 21.2 37.2 51.1 40.5 33.7 39.7 39.7 39.0 24.2
Ineligible 26.4 25.0 24.8 29.7 17.5 30.7 36.2 31.0 26.0 25.6 24.8 26.6 14.6

Diabetes yield by ADA guideline (n5 39,185)
Eligible 9.3 9.8 10.5 9.4 8.8 8.9 9.9 9.6 9.4 10.8 9.0 8.7 3.0
Ineligible 3.4 2.1 3.3 5.2 3.7 3.4 3.6 3.4 3.6 3.4 3.7 2.7 1.5

Prediabetes yield by ADA guideline
Eligible 35.9 39.9 42.6 33.8 22.3 38.0 49.3 39.9 34.3 37.4 36.5 37.5 21.2
Ineligible 18.6 19.4 15.4 20.2 12.3 22.7 24.5 21.3 18.3 19.3 18.6 16.3 13.1

Data are presented as the percentage of patients completing a gold standard diabetes screening test.

care.diabetesjournals.org Obinwa and Associates 1023

http://care.diabetesjournals.org


3. National Center for Chronic Disease Preven-
tion and Health Promotion, Division of Diabetes
Translation. National Diabetes Statistics Report,
2017. Estimates of Diabetes and Its Burden in
the United States [Internet], 2017. Available from
https://www.cdc.gov/diabetes/pdfs/data/statistics/
national-diabetes-statistics-report.pdf. Accessed
17 December 2019
4. Bullard KM, Ali MK, Imperatore G, et al. Re-
ceipt of glucose testing and performance of two
US diabetes screening guidelines, 2007–2012.
PLoS One 2015;10:e0125249
5. Kiefer MM, Silverman JB, Young BA, Nelson
KM.Nationalpatterns indiabetes screening:data
from the National Health and Nutrition Exami-
nation Survey (NHANES) 2005-2012. J Gen Intern
Med 2015;30:612–618
6. Ealovega MW, Tabaei BP, Brandle M, Burke R,
HermanWH.Opportunistic screening for diabetes in
routine clinical practice. Diabetes Care 2004;27:9–12
7. Albu JB, Sohler N, Li R, et al. An interrupted
time series analysis to determine the effect of an
electronic health record-based intervention on
appropriate screening for type 2 diabetes in
urban primary care clinics in New York city. Di-
abetes Care 2017;40:1058–1064
8. Sohler N, Matti-Orozco B, Young E, et al.
Opportunistic screening for diabetes and pre-
diabetes using hemoglobin A1C in an urban pri-
mary care setting. Endocr Pract 2016;22:143–150
9. Nichols GA, Arondekar B, Herman WH. Med-
ical care costs one year after identification of
hyperglycemia below the threshold for diabetes.
Med Care 2008;46:287–292
10. Sheehy AM, Flood GE, Tuan W-J, Liou JI,
Coursin DB, Smith MA. Analysis of guidelines
for screening diabetes mellitus in an ambula-
tory population. Mayo Clin Proc 2010;85:27–35
11. Bowen ME, Schmittdiel JA, Kullgren JT,
Ackermann RT, O’Brien MJ. Building toward a
population-based approach to diabetes screening

and prevention for US adults. Curr Diab Rep 2018;
18:104
12. Medicare.gov. What’s Medicare? [Internet],
2019. Available from https://www.medicare.gov/
what-medicare-covers/your-medicare-coverage-
choices/whats-medicare.Accessed17December
2019
13. Schabenberger O. Paper 196-30. Introducing
the GLIMMIX procedure for generalized linear
mixed models. In SAS Conference Proceedings:
SAS Users Group International (SUGI) 30, 10-13
April 2005, Philadelphia, PA, 2005.
14. Rodriguez G, Elo I. Intra-class correlation in
random-effects models for binary data. Stata J
2003;3:32–46
15. Merlo J, Chaix B, Ohlsson H, et al. A brief
conceptual tutorial ofmultilevel analysis in social
epidemiology: using measures of clustering in
multilevel logistic regression to investigate con-
textual phenomena. J Epidemiol Community
Health 2006;60:290–297
16. Hedeker D, Gibbons RD. Longitudinal
Data Analysis. Hoboken, John Wiley & Sons,
2006
17. Akaike H. Akaike’s information criterion. In
International Encyclopedia of Statistical Science.
LovricM, Ed. Heidelberg, Springer, 2011, p. 25
18. Vrieze SI. Model selection and psychological
theory: a discussion of the differences between
the Akaike information criterion (AIC) and the
Bayesian information criterion (BIC). PsycholMeth-
ods 2012;17:228–243
19. Medicaid.gov. Medicaid [Internet], 2019.
Available from https://www.medicaid.gov/
medicaid/index.html. Accessed 19 December
2019
20. Selvin E, Wang D, Matsushita K, Grams ME,
Coresh J. Prognostic implications of single-sample
confirmatory testing for undiagnosed diabetes:
a prospective cohort study. Ann Intern Med
2018;169:156–164

21. Casagrande SS, Cowie CC, Genuth SM. Self-
reported prevalence of diabetes screening in the
U.S., 2005-2010. Am J Prev Med 2014;47:780–
787
22. O’Brien MJ, Lee JY, Carnethon MR, et al.
Detecting dysglycemia using the 2015 United
States Preventive Services Task Force screen-
ing criteria: a cohort analysis of community
health center patients. PLoS Med 2016;13:
e1002074
23. Evron JM, HermanWH,McEwen LN. Changes
in screening practices for prediabetes and
diabetes since the recommendation for hemo-
globinA1c testing. DiabetesCare 2019;42:576–
584
24. Bowen ME, Xuan L, Lingvay I, Halm EA. Per-
formance of a random glucose case-finding strat-
egy to detect undiagnosed diabetes. Am J Prev
Med 2017;52:710–716
25. Cabana MD, Rand CS, Powe NR, et al. Why
don’t physicians follow clinical practice guide-
lines? A framework for improvement. JAMA1999;
282:1458–1465
26. Casagrande SS, Cowie CC, Fradkin JE. Utility
of theU.S. Preventive Services Task Force criteria
for diabetes screening. Am J Prev Med 2013;45:
167–174
27. Bowen ME, Xuan L, Lingvay I, Halm EA.
Random blood glucose: a robust risk factor
for type 2 diabetes. J Clin Endocrinol Metab
2015;100:1503–1510
28. Berner E. Clinical Decision Support Systems:
State of the Art [Internet], 2009. Rockville, MD,
Agency for Healthcare Research and Quality.
Available from https://healthit.ahrq.gov/sites/
default/files/docs/page/09-0069-EF_1.pdf. Ac-
cessed 19 December 2019
29. Osheroff J, Teich J, Levick D, et al. Improving
Outcomes with Clinical Decision Support: An
Implementer’s Guide. Chicago, HIMSS Publish-
ing, 2012

1024 Multilevel Variation in Diabetes Screening Diabetes Care Volume 43, May 2020

https://www.cdc.gov/diabetes/pdfs/data/statistics/national-diabetes-statistics-report.pdf
https://www.cdc.gov/diabetes/pdfs/data/statistics/national-diabetes-statistics-report.pdf
https://www.medicare.gov/what-medicare-covers/your-medicare-coverage-choices/whats-medicare
https://www.medicare.gov/what-medicare-covers/your-medicare-coverage-choices/whats-medicare
https://www.medicare.gov/what-medicare-covers/your-medicare-coverage-choices/whats-medicare
https://www.medicaid.gov/medicaid/index.html
https://www.medicaid.gov/medicaid/index.html
https://healthit.ahrq.gov/sites/default/files/docs/page/09-0069-EF_1.pdf
https://healthit.ahrq.gov/sites/default/files/docs/page/09-0069-EF_1.pdf

