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5’ tRNA halves are highly expressed in the primate
hippocampus and might sequence-specifically
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ABSTRACT

Fragments of mature tRNAs have long been considered as mere degradation products without physiological function.
However, recent reports show that tRNA-derived small RNAs (tsRNAs) play prominent roles in diverse cellular processes
across a wide spectrum of species. Contrasting the situation in other small RNA pathways the mechanisms behind these
effects appear more diverse, more complex, and are generally less well understood. In addition, surprisingly little is known
about the expression profiles of tsRNAs across different tissues and species. Here, we provide an initial overview of tsRNA
expression in different species and tissues, revealing very high levels of 5’ tRNA halves (5’ tRHs) particularly in the primate
hippocampus. We further modulated the regulation capacity of selected 5’ tRHs in human cells by transfecting synthetic
tsRNA mimics ("overexpression”) or antisense-RNAs (“inhibition”) and identified differentially expressed transcripts based
on RNA-seq. We then used a novel k-mer mapping approach to dissect the underlying targeting rules, suggesting that
5’ tRHs silence genes in a sequence-specific manner, while the most efficient target sites align to the mid-region of the
5 tRH and are located within the CDS or 3’ UTR of the target. This amends previous observations that tsRNAs guide
Argonaute proteins to silence their targets via a miRNA-like 5’ seed match and suggests a yet unknown mechanism of reg-
ulation. Finally, our data suggest that some 5’ tRHs that are also able to sequence-specifically stabilize mRNAs as up-reg-
ulated mRNAs are also significantly enriched for 5’ tRH target sites.

Keywords: tRNA fragments; small noncoding RNAs; gene regulation; target prediction; target identification;
k-mer mapping

INTRODUCTION and protein translation control (lvanov et al. 2011;
Gebetsberger et al. 2017; Keam et al. 2017; Guzzi et al.
2018). Moreover, tsRNAs are implicated in defense mech-
anisms of Escherichia coli against bacteriophages (Levitz
et al. 1990) and human cells against trypanosoma or virus-
es (Garcia-Silva et al. 2014; Deng et al. 2015). Additionally,
tsRNAs were found to prime the reverse transcription or in-
hibit the promotion of retroviruses and retrotransposons
(Yeung et al. 2009; Ruggero et al. 2014; Martinez et al.
2017; Schorn et al. 2017). Furthermore, tsRNAs are associ-
ated with several diseases such as cancer (Lee et al. 2009;
Goodarzi et al. 2015; Huang et al. 2017) and amyotrophic
lateral sclerosis (Greenway et al. 2006; Ivanov et al. 2014)
and were lately revealed to act as transgenerational

tRNAs are well known for their conserved role in protein
biosynthesis. However, mature tRNAs and their precursors
also giverise to a class of small noncoding RNAs, the tRNA-
derived small RNAs (tsRNAs). While trailer tsRNAs (15-22
nt) are generated by clipping off the trailer sequence
from the tRNA precursor molecule, 5 tsRNAs and
3’ tsRNAs (18-35 nt) stem from the respective end of ma-
ture tRNAs (70-90 nt). Primarily considered as degradation
products, tsRNAs are now recognized as additional players
in small RNA-mediated gene regulation that actin a variety
of cellular processes across species from all domains of life.

tsRNAs were found to play a role in fundamental physi-
ological processes such as proliferation (Lee et al. 2009)
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Expression profile and target rules of tRNA halves

transmitters that induce metabolic disorders and addictive
behavior in mice (Chen et al. 2016; Sharma et al. 2016;
Shortetal. 2017; Sarker et al. 2019). While some of the de-
scribed effects seem to base on similar mechanisms,
tsRNAs from the same class were shown to trigger
completely converse functions in other cases (Jehn and
Rosenkranz 2019), suggesting that the regulatory potential
of tsRNAs is more complex than observed for the well-
studied major small RNA classes.

So far, two superordinate concepts that aim to explain
how tsRNAs regulate gene expression have been identi-
fied. While some studies show that tsRNAs globally repress
translation by inhibiting the assembly of the translation ini-
tiation machinery (lvanov et al. 2011; Gebetsberger et al.
2017; Keam et al. 2017; Guzzi et al. 2018), others report a
sequence-specific gene regulation (Haussecker et al.
2010; Deng et al. 2015; Zhou et al. 2017; Kuscu et al.
2018; Luo et al. 2018). As tsRNAs were found to associate
with Argonaute proteins, a miRNA-like gene regulation
mechanism seems apparent (Maute et al. 2013; Kumar
et al. 2014; Kuscu et al. 2018). Indeed, studies could
show that tsRNA-mediated transcript silencing is depen-
dent on a 5’ seed, which is complementary to target sites
within the 3’ UTR (Haussecker et al. 2010; Kuscu et al.
2018). Contrasting this, other studies observed se-
quence-specific gene silencing effects, where comple-
mentarity of the 5’ seed was neglectable in favor of other
tsRNA portions (Deng et al. 2015; Zhou et al. 2017; Luo
et al. 2018). Since Argonaute structure coerces the 5’ end
of small RNAs for target recognition (Boland et al. 2011),
the results of these studies suggest that tsRNAs interact
with other effector proteins or act protein-independent to
regulate genes. Indications from recent studies where
tsRNAs were shown to interact with different proteins de-
pending on the differentiation state of the cell or the mod-
ification status of the tsRNA further erode the AGO-centric
view (Guzzi et al. 2018; Krishna et al. 2019) illustrating that
we still lack a sufficiently deep understanding of how
tsRNAs regulate gene expression mechanistically.

Surprisingly, although it has been noted that tsRNAs are
much more abundant in tissues than in cultured cells
(Torres et al. 2019), their expression profile across tissues
and species has not yet been investigated. We therefore
initially analyzed several available and our own small RNA
sequencing data sets to provide a first overview on tsRNA
expression profiles. Subsequently, we tested if 5" tRHs reg-
ulate genes by modulating the level of 5" tRHs-Glu-CTC
and 5 tRH-Gly-GCC in cultured cells by transfecting either
synthetic RNA mimics orinhibiting antisense RNAs. By RNA
sequencing, in silico target predictions and a novel k-mer
mapping-based approach, we then dissected the targeting
rules of the respective 5" tRHs. Finally, applying the k-mer
analysis on similar RNA sequencing data sets of cultured
fly cells, we examined whether the identified targeting pat-
terns of individual tsRNAs are conserved across species.

RESULTS AND DISCUSSION

5’ tRHs are highly abundant in the hippocampus
of primates

To investigate the expression levels of tsRNAs across differ-
ent tissues, we annotated available human small RNA se-
guencing data sets complemented by our own small RNA
sequencing data and found tsRNAs to be predominantly
expressed in the hippocampus (Supplemental Fig. STA).
Here, 30% of all mapped reads were classified as tRNA-
fragments with 82% of these tsRNA-annotated sequences
being 5 tRHs (Fig. 1A,D). According to this annotation,
the most abundant 5’ tRHs have similar expression levels
as the most abundant miRNAs suggesting a functional
role in this brain region (Fig. 1J). In comparison, the overall
tsRNA level was only 13% in both the frontal cortex and the
cerebellum (Fig. 1B,C). Among the predominant tRNA-de-
rived sequences in the hippocampus were the 5 tRNA-
halves 5 tRH-GIu-CTC (26%) and 5 tRH-Gly-GCC (10%)
(Fig. 1D,G). Notably, these 5 tRHs were also among the
most abundant 5" tRHs in the analyzed small RNA sequenc-
ing libraries of other tissues (Fig. TH,I; Supplemental Fig.
S1B). Both, 5 tRH-GIu-CTC and 5 tRH-Gly-GCC have
been previously shown to play major roles in various cellu-
lar functions. They were among the sperm small RNAs that
are involved in the epigenetic inheritance of paternal diet-
induced metabolic disorders and addictive-like behaviorin
mice (Chen et al. 2016; Sharma et al. 2016; Zhang et al.
2018b; Sarker et al. 2019). Additionally, they were found
among a group of 5 tRHs to be up-regulated in cells
upon infection by the respiratory syncytial virus (Wang
et al. 2013). 5" tRH-Gly-GCC was furthermore found to be
part of a specific subset of 5 tRHs that is dynamically ex-
pressed during stem cell differentiation (Krishna et al.
2019), while 5" tRH-Glu-CTC was found to be highly ex-
pressed in human monocytes, where it triggers the tran-
scriptional suppression of the surface glycoprotein CD1
(Zhang et al. 2016).

In order to investigate whether high 5" tRH levels in the
hippocampus are a common feature in mammals, we gen-
erated small RNA sequencing libraries of chimpanzee and
macaque hippocampus samples, and additionally ana-
lyzed publicly available small RNA sequencing data sets
from pig, rat, and mouse hippocampus. Interestingly, we
found even higher proportions of reads being annotated
as tsRNAs in the hippocampal libraries of the two primates
(42% in the chimpanzee/51% in the macaque; Fig. 2) com-
pared to the human hippocampus libraries (30%). Again,
5" tRHs made up the majority of the tsRNA-annotated
reads (82%/75%,; Fig. 2) and 5" tRH-Gly-GCC (15%/33%)
and 5 tRH-GIu-CTC (14%/11%) were among the most
abundantly expressed tsRNAs (Fig. 2). In contrast, even
though 5’ tRHs are also the predominant tsRNA class (rep-
resented mostly by 5 tRH-Gly-GCC) in the analyzed
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HEK293T cells by transfecting 50 nM
synthetic 5" tRH mimics. HEK293T cells
were chosen as 5 tRHs are barely ex-
pressed in this cell line: From the 9%
ofall mapped reads that were assigned
astRNA-fragments, only 1% are 5’ tRHs
(Supplemental Fig. S3A). As validated
by quantitative RT-PCR (gPCR), trans-
fection of the RNA mimics successfully
increased the number of 5’ tRH copies
in comparison to a non-target-sikRNA
transfection control  (Supplemental
Fig. S4A).

Given the lack of tsRNA target
prediction algorithms, we examined
whether existing target prediction al-
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FIGURE 1. Small RNA annotation of mapped reads from small RNA sequencing libraries of
samples from the human hippocampus (left), frontal cortex (middle),
(A-C) Proportion of small RNA classes. (D-F) Proportion of tsRNA classes. (G-I) Proportion
of 5" tRH species. (J-L) Relative abundances of top 5 tRH species in comparison to top

miRNA species as a measure of reads per million (RPM).

sequencing libraries of the other mammals (Supplemental
Fig. S2), only 10% of the pig and 3% of the rodent mapped
reads were classified as tsRNAs (Fig. 2). This suggests that
high levels of 5" tRHs in the hippocampus are a primate-
specific trait. As a subset of four 5 tRHs that is shared be-
tween the three primate species (although with a different
abundance ranking) is making up about two thirds of the
reads assigned as 5 tRHs in the hippocampus libraries
(Fig. 2), this raises the question if a conserved subset of
5" tRHs specifically fine-tunes hippocampal gene expres-
sion in primates.

miRNA- and piRNA-like targeting rules scarcely
identify targets of the 5’ tRNA-halves Glu-CTC
and Gly-GCC in HEK293T

In orderto identify genes that are regulated by these 5’ tRHs,
we overexpressed 5 tRH-Glu-CTC and 5 tRH-Gly-GCC in
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were lower expressed in the overex-
pression cells compared to the control
cells (Fig. 3B). In contrast, only one
miRanda-and three piRanha-predicted
5" tRH-Glu-CTC-target transcripts were
differentially expressed upon overex-
pression of the 5 tRH-GIu-CTC (Fig.
3A), suggesting that target rules might differ between differ-
ent tsRNAs.

To get a global overview of 5" tRH-regulated genes, we
then sequenced the transcriptome of HEK293T 5 tRH-
overexpression and control cells and performed dif-
ferential expression analysis. Upon overexpression of
the respective 5 tRH, more genes were significantly
down-regulated than up-regulated (adjusted P-value
<0.01; Fig. 3C,D). Even though most of the potential 5’
tRH-Gly-GCC targets previously quantified by gPCR
were not significantly down-regulated according to the
differential expression analysis, they still have the same
tendency to be down-regulated apart from two (Fig.
3CD).

When plotting the cumulative fraction of the log, fold
change values of all miRanda and piRanha predicted
genes, only miRanda- and piRanha-targets of 5’ tRH-Gly-
GCC were enriched for a higher degree of down-

and cerebellum (right).
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FIGURE 2. Phylogenetic tree and small RNA annotation of mapped reads from small RNA se-
quencing libraries of hippocampal samples from mouse, rat, pig, human, chimpanzee, and

macaque.

regulation over the remaining genes (Fig. 3EF).
Additionally, only in the 5 tRH-Gly-GCC overexpression
HEK293T cells more genes are down-regulated that were
predicted by miRanda or piRanha compared to the pool
of unpredicted genes (2<0.001 for both algorithms; z?
test). We therefore conclude that for 5 tRNA-halves the
targeting rules of piRNAs or miRNAs do not satisfyingly
predict 5" tRH targets in every case.

Non-miRNA-like targeting rules for 5’ tRHs

To unravel the targeting rules of 5" tRHs, we developed a k-
mer mapping approach, where k-mers of the 5 tRH se-
quences with all possible lengths (k> 5) and start positions
within the tRH are mapped separately to the three major
regions of each human transcript (5 UTR, CDS and 3
UTR). By calculating for each k-mer the fraction of “target-
ed” (k-mer alignment) or “not targeted” (no k-mer align-
ment) genes that get significantly down-regulated
(adjusted P-value <0.01) we identify the portion within
the tRH that is most likely to be important for target recog-
nition and thus silencing. As we do this analysis for each
mRNA region separately, we additionally get an indication
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in which transcript region effective tar-
geting takes place. Figure 4 visualizes
the underlying principles of the
analysis.

Our analysis revealed that down-
regulation of transcripts with k-mer
alignment (“targeted”) is significantly
enriched over the number of down-
regulated transcripts without k-mer
alignment (“not targeted”) particular-
ly when k-mers of 5-10 nt length with
start positions in the middle of the
5 tRH align to the 3’ UTR or the CDS
of the target (Fig. 5). This suggests
that 5 tRNA-halves such as 5 tRH-
Glu-CTC and 5 tRH-Gly-GCC, unlike
miRNAs that bind to the 3" UTR of their
targets via a 7 nt long seed at the
5" end, down-regulate transcripts
mainly by binding with a 5-10 nt
long stretch of their middle region to
the 3’ UTR or the CDS of the target
transcripts.

The resulting target pattern addi-
tionally suggests that 5’ tRH-Gly-GCC,
but not 5 tRH-GIu-CTC, is able to
down-regulate targets by binding
with its miRNA-seed like 5" end to the
transcript. This is in line with, the differ-
ent target regulation behavior of
5" tRH-Glu-CTC and 5 tRH-Gly-GCC
as revealed by qPCR quantification of
predicted target transcripts and cumulative distribution
analysis of the RNA sequencing data.

Interestingly, mRNA quantification by gPCR and RNA
sequencing revealed that the housekeeping gene ACTB
gets up-regulated upon 5" tRH-Glu-CTC transfection (Fig.
3A,C). Unexpectedly, ACTB has several potential binding
sites for 5’ tRH-Glu-CTC. Hence, we examined whether
up-regulated genes might be enriched for 5 tRHs target
sites as well, which would indicate that 5" tRH targeting
might also have a protective effect. Indeed, our analysis re-
vealed that transcripts that have target sites in their 3’ UTR
for the 5" and 3’ ends of 5’ tRH-Glu-CTC are more likely to
be up-regulated than those that do not have a target site,
while a corresponding up-regulating effect was not detect-
able for 5’ tRH-Gly-GCC (Fig. 5).

To test our k-mer mapping approach we repeated the
analysis with k-mers of 5" tRH-Glu-CTC that were randomly
shuffled before they were mapped to the respective tran-
script regions. As shown exemplarily for the 3’ UTR, we ob-
tain a similar enrichment for genes with alignments of
these shuffled k-mers to be down-regulated (Supplemental
Fig. S5B) like those observed for the original k-mer sequenc-
es (Supplemental Fig. S5A). This would suggest that the

13%
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FIGURE 3. (A,B) gPCR quantified log, fold change of potential 5’ tRH targets in 5’ tRH over-
expression HEK293T cells compared to control cells. The selected transcripts were predicted
by miRanda (red) and piRanha (orange) to be targets of the 5" tRNA-halves Glu-CTC (A) or
Gly-GCC (B). The housekeeping genes ACTB and RPS18 were used as normalizers. Note
that normalization by ACTB is not suitable in case of the 5’ tRH-Glu-CTC overexpression (A),
as the expression of ACTB is up-regulated in this condition (also revealed by RNA-seq; see
C). (C,D) Volcano plot of differential expression analysis for protein-coding genes of 5 tRH
overexpression and control HEK293T cells (blue, adjusted P-value <0.01). The 10 previously
tested putative target genes are highlighted in red (miRanda prediction) and orange
(piRanda prediction). For the 5 tRH-Glu-CTC analysis (C), the housekeeping genes ACTB
and RPS18 are additionally highlighted in pink, showing that ACTB gets up-regulated upon
5" tRH-GIu-CTC overexpression, while the RPS18 expression is not affected. (E,F)
Cumulative fraction plots for log,-fold-change values of genes that were identified as potential
targets of the 5 tRHs Glu-CTC or Gly-GCC by miRanda (red; threshold: miRanda-score < —80)
or piRanha (orange; threshold: piRanha-score < —30) and of genes not predicted as targets by
the respective algorithm (black).

quence that do not follow the pro-
posed targeting rule (e.g., 7-mers
from the 5 [start position <5] or the 3’
end [start position >23] of the 5’ tRH;
Supplemental Fig. S5A.1+3) were not
more likely to be down-regulated than
genes that do not have such an align-
ment (Supplemental Fig. S5). Hence,
we consider the targeting rules pro-
posed for the two analyzed 5 tRHs as
appropriate but suggest to cross-check
targeting patterns when applying the
k-mer analysis on other data sets.
Concluding from the above out-
lined target pattern analyses we as-
sume that tRNA-fragments, even
from the same tsRNA-series, may rec-
ognize their targets via different parts
of the tsRNA instead of a dominating
5" seed match (Fig. 5). This suggests
that an Argonaute-dependent regula-
tion mechanism as proposed for
tsRNAs previously (Haussecker et al.
2010; Kuscu et al. 2018) cannot fully
explain the observed changes in
gene expression. However, our results
are in line with other studies identify-
ing miRNA-untypical targeting (Deng
et al. 2015; Zhou et al. 2017; Luo
et al. 2018). Our analysis additionally
suggests that some tsRNAs (e.g., 5
tRH-GIu-CTC) trigger not only the
down-regulation of target genes, but
may also stabilize target transcripts
(Fig. 5). This is a rather unexpected
finding, since a stabilizing effect of
small RNAs is rarely seen in eukaryotes,
but rather a trait of prokaryotic small
RNA pathways (Frohlich and Vogel
2009). However, a recent study showed
that sequence-specific binding of a 3’
tsRNA to the mRNAs of ribosomal pro-
teins enhances the translation of the
target transcript (Kim et al. 2017). It

observed effects are unspecific. However, when selecting
those genes that have target sites for k-mers that correspond
to the proposed targeting rules (“k-mertargets,” e.g., genes
with alignments in their 3’ UTR for 7-mers that start from po-
sition 10 to 16 of the 5 tRH), only the k-mer targets of the
original 7-mers are enriched to be down-regulated com-
pared to genes that do not have such an alignment as seen
in the cumulative fraction plots of log, fold changes
(Supplemental Fig. S5A.2). In contrast, the k-mer targets
that were identified for randomly shuffled 7-mers
(Supplemental Fig. S5B.2) as well as k-mers of the original se-

698 RNA (2020) Vol. 26, No. 6

was suggested that structural changes induced by this inter-
action allow for higher transcription rates. Similar alterations
in the secondary structure could also lead to a stabilization of
the transcript.

Identification of genuine 5’ tRH targets
by antisense-inhibition of 5’ tRH-Glu-CTC
suggests a role of 5 tRHs in neurogenesis

Noteworthily, drawing conclusions regarding tsRNA tar-
gets only from overexpression experiments has several
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FIGURE 4. Graphical overview of identification of tsRNA targeting rules via a k-mer mapping

approach.

shortcomings. First, our synthetic RNA mimic does not car-
ry post-transcriptional modifications as endogenous
tsRNAs do. Thus, we might observe an artificial regulation
behavior that does not reflect the physiological situation.
Second, genes that were found to be differentially ex-
pressed upon tsRNA overexpression in cells that typically
express these tsRNAs at very low levels must not necessar-
ily be genuine targets of the modulated tsRNA under
natural conditions. To circumvent these distorting effects
and gain support for our conclusion, we additionally per-
formed an inverse experiment where we inhibited the reg-
ulation capacity of 5 tRH-GIu-CTC by transfecting an
antisense RNA.

We chose to perform the experiment with HepG2 cells,
in order to exclude cell line specific regulation effects.
HepG2 cells have a similar overall tsRNA level compared
to HEK293T cells (6% of the total reads compared to 9%
in HEK293T cells; Supplemental Fig. S3B), but express a
higher proportion of 5 tRHs according to small RNA se-
quencing data (17% of the reads assigned to tRNAs com-
pared to 1% in HEK293T cells; Supplemental Fig. S1B).
Like in HEK293T cells, 5" tRH-Glu-CTC and 5’ tRH-Gly-
GCC are the most abundant 5 tRHs (6% and 3% of the

3 UTR set of 50 genes that get up-regulated
possibly due to stabilizing effects ex-
erted by 5 tRH-Glu-CTC “shelter tar-
gets” (Fig. 6B, lutescent area). It
must be noted that the log, fold
changes of the perish and shelter tar-
gets all range below 1 (Fig. 6C). This may indicate that 5’
tRH-dependent gene regulation is rather fine-tuning cell
processes than causing drastic changes. However, we ob-
serve these effects in cell lines where 5 tRHs are rather low
expressed and theirimpact in the hippocampus might be a
different one. Additionally, it has to be considered that
transcripts in the HepG2 antisense-inhibition experiment
might get down-regulated not due to the loss of a stabiliz-
ing effect by 5 tRH-GIu-CTC targeting but by silencing
committed by Argonautes loaded with the antisense-
RNA instead.

In order to characterize 5’ tRH-targeting further, we sub-
setted the three major transcript regions (5" UTR, CDS, 3’
UTR) of the potential perish and shelter targets and com-
puted the thermodynamics for RNA-duplex formation
with the 5 tRH-GIu-CTC. Considering the free energy
needed to open intrinsic secondary structures, the free en-
ergy of the interaction and the so-called “dangling end”
energies that noninteracting sequence stretches are caus-
ing, we identified the energetic optimal region of interac-
tion. For the CDS and the 3" UTR of both the potential
perish targets and the potential shelter targets, these opti-
mal binding sites were enriched for k-meralignments with a
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length of around 20 bp (Fig. 6D,E) and alignments prefer-
entially started around the sixth position from the 5" end
of the tRH. Thus, most thermodynamically favored interac-
tions involved big stretches of the middle part of 5 tRH-
Glu-CTC. This is in line with the target pattern identified
by the k-mer mapping approach in case of the potential
perish targets, but not with the target pattern for the poten-
tial shelter targets. As stabilizing effects probably involve
other protein interactors than silencing effects, this objec-
tion may be a result of the stabilizing interactor exposing
only the ends of the tRH for target recognition.

As we found 5 tRHs like 5" tRH-Glu-CTC to be extremely
abundant in small RNA libraries of primate hippocampal
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tissues and previous studies suggested a role in targeting
genes involved in neural processes (Krishna et al. 2019;
Sarker et al. 2019), we were interested whether the identi-
fied potential targets of 5" tRH-Glu-CTC are implicated in
neuronal processes. Indeed, we found 20% of the potential
shelter targets (transcripts might be stabilized), but only 5%
of the potential perish targets (transcripts might be degrad-
ed) to have an assigned neuronal function. In comparison
only 7% and 8% of all expressed genes in HEK293T and
HepG2 cells were assigned the gene ontology term “neu-
rogenesis” (GO:0022008). Hence, there is a statistic corre-
lation between genes that are potential targets of 5 tRH-
Glu-CTC and neurogenesis (¢ <0.001 for shelter targets;
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;(2 test). While genes like MDK, VEGFA and EVL play a role
in the regulation of axon outgrowth (Kurosawa et al. 2001;
Drees and Gertler 2008; He et al. 2015), genes like
NOTCH1 and NP1L1 are involved in neuronal differentia-
tion (Patten et al. 2006; Qiao et al. 2018). Interestingly,
decapitation studies with the planarian Dugesia japonica
showed that 5" tRH-Gly-GCC is not only up-regulated in re-
generating animals, but is furthermore required for proper
head regeneration (Z Cao, D Rosenkranz, S Wu, H Liu, Q
Pang, B Liu, B Zhao, in prep.). Taking into consideration
that planarians share many CNS genes with humans
(Mineta et al. 2003), and that the hippocampus is one of
the few brain regions known to have high rates of adult neu-

rogenesis (Eriksson et al. 1998; Boldrini et al. 2018), it is
tempting to speculate that 5 tRHs may have critical func-
tions in human neurogenesis as well.

Targeting patterns of 5’ tRHs/tsRNAs are unique
for each fragment, but seem to be conserved
across species

In order to gain further support for our assumptions, we re-
searched whether the identified 5’ tRH target patterns are
conserved among different species. We therefore ana-
lyzed published RNA sequencing data from Drosophila
S2 cells that were transfected with a 20 nt long 5" tsRNA-
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FIGURE 7. Target pattern analysis of published RNA sequencing data of fly S2 cells, where the 20 ntlong 5" tsRNA Glu-CTC, 5 tsRNAs Asp-GTC
or Lys-TTT was overexpressed by tsRNA mimic transfection (Luo et al. 2018). Plotted is the percentage of genes with (blue) or without (red) k-mer

alignment that get down-regulated.

Glu-CTC, which exhibits high sequence homology with the
human 5" tRNA-half (Supplemental Fig. Sé). As is the case
for the human 5 tRNA-half, the fly 5 tRNA-fragment of
the tRNA-Glu-CTC showed the strongest down-regulating
effect on targets when its ~7 nt long middle part binds to
the 3’ UTR or CDS of the target transcript (Fig. 7).
However, unlike the human 5 tRNA-half, the both ends
of the fly 5" tsRNA did not seem to contribute to target
up-regulation (data not shown), which is possibly due to
its shorter sequence which lacks the corresponding nucle-
otides. Given the similar target regulation pattern, we sug-
gest that 5" tRNA-fragments can regulate their targets via
conserved mechanisms across different species, while the
sequence stretch being most important for target regula-
tion can vary for fragments from different parental tRNAs.

To confirm this assumption, we analyzed additional pub-
lished RNA sequencing data sets from fly S2 cells that were
transfected with the 20 nt long 5 tRNA-fragments Asp-
GTC and Lys-TTT (Fig. 7). These analyses support our hy-
pothesis, that 5 tRNA-fragments from different parental
tRNAs act via different regions to regulate their targets
on a sequence-complementary basis. What they have in
common, is that 3’ UTR and CDS targeting leads to the big-
gest regulatory effect.
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Concluding remarks

Despite the rise of NGS techniques, exploring the mecha-
nisms by which small RNAs target genes remains challeng-
ing. Even for miRNAs, where gene regulation mechanisms
are well studied, correct target prediction is difficult since
the in vivo accessibility of potential target sites is difficult
to assess. RNA binding proteins may not only occupy the
putative binding site but may also change the secondary
structure of the target when binding elsewhere in the tran-
script. Predicting and identifying targets of rather unex-
plored small RNAs like tsRNAs is more complicated, as it
is unknown if and to which extent mismatches, wobble
base pairs and bulges are tolerated. Aggravatingly is that
target interactions can be surprisingly variable (Backofen
and Hess 2010).

Using a k-mer mapping approach, we sought to identify
the target patterns of 5 tRHs. Our analysis suggested that
5" tRHs silence genes, which have complementary binding
sites for long stretches of the tRNA half that not necessarily
need to include the miRNA-typical 5’ region. This finding
suggests that Argonaute proteins are not necessarily indis-
pensable as effector proteins for tsRNA-dependent gene
regulation as it had been suggested by other studies
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(Haussecker et al. 2010; Kuscu et al. 2018). Whether 5
tRHs independently regulate targets or do so in associa-
tion with other effector proteins than Argonautes remains
to be investigated. As it was shown that specific subsets of
tsRNAs bind to certain proteins (lvanov et al. 2011; Saikia
et al. 2014; Goodarzi et al. 2015; Krishna et al. 2019), it is
likely that 5’ tRHs might interact with different proteins to
regulate distinct targets. The tRNA 3" processing endori-
bonuclease RNase Z might be such an effector protein,
as it was shown to cleave transcripts, which form RNA hy-
brids with 5 tRHs that have similar secondary structures
like pre-tRNAs (Elbarbary et al. 2009). Identifying more
proteins involved in tsRNA-mediated gene regulation
and elucidating the underlying mechanism will greatly en-
hance our understanding of gene regulation.

Analyzing the expression profile of tsRNAs across tissues
and species, we found 5 tRHs to be particularly high ex-
pressed in the hippocampus of primates, while their ex-
pression was rather low in the hippocampus of the pig,
the ratand the mouse. In the hippocampus of all three test-
ed primate species (human, chimpanzee and macaque),
5 tRH-GIu-CTC and 5 tRH-Gly-GCC were among the
most abundant 5 tRHs suggesting that they have a con-
served role in the primate hippocampus. As we find tran-
scripts that are presumably stabilized by 5" tRH-Glu-CTC
targeting to be substantially enriched for a function in neu-
ronal processes such as axon outgrowth and neuronal dif-
ferentiation, we hypothesize that 5 tRHs play a role in
fine-tuning primate neurogenesis. Alternatively, since ret-
rotransposons are highly active in hippocampal neurons
(Upton et al. 2015) and as 5" tRH-Gly-GCC was shown to
down-regulate transcripts that are driven by the LTR-retro-
transposon MERVL in the developing mouse embryo
(Sharma et al. 2016), it is also possible that hippocampal
5’ tRH expression serves the purpose of regulating transpo-
sition-related events.

MATERIALS AND METHODS

Small RNA sequencing, data processing,
and annotation

Small RNA sequencing data of various human tissues was down-
loaded from the SRA Database (for accession numbers see
Supplemental Table S1) and quality controlled by FastQC (ver-
sion 0.11.2). Adapter and quality trimming was performed using
BBDuk (version 36.77; ktrim =r overwrite =true k=20 mink=9
ziplevel =2 hdist=1 gtrim=rl trimg=10 minlen=15 maxlen=
34; for Encode data additionally: forcetrimleft=6) before the
reads were examined via FastOC again and mapped to the hu-
man genome (version GCA_000001405.27_GRCh38.p12) using
Bowtie 2 (version 2.3.0). Based on these map-files small RNA an-
notation was performed with unitas (version 1.7.3; Gebert et al.
2017). Using the custom Perl script annotationtable2RPM.pl the
RPM values were calculated for the respective tsRNA species.

Total RNA from adult normal male human hippocampal tissue
was obtained from AMS Biotechnology (Cat. Nr: R1234052-10).
A small RNA library was prepared as described in Gebert et al.
(2015). In brief, small RNAs (15-40 nt) were extracted from a dena-
turing polyacrylamide gel. Subsequently, a 3" adapter (5'-rApp
CTGTAGGCACCATCAATAAC-3) and a 5 adapter (5-GACU
GGAGCACGAGGACACUGACAUGGACUGAAGGAGUAGAAA-
3') were ligated to the small RNAs. Following cDNA synthesis with
the RT-Primer 5-ATTGATGGTGCCTACAG-3/, the cDNA
transcripts were PCR amplified using the forward primer
5-ACATGGACTGAAGGAGTAGA-3" and the index-containing
reverse primer 5'-ggctcATTGATGGTGCCTACAG-3'. The gener-
ated library was high throughput sequenced in parallel with six
other indexed samples by GENterprise (Mainz) on an lllumina
HiSeq 2000 system. After converting the fastq file to fasta for-
mate using the NGS toolbox Perl script fastg2fasta, the 5’ adapt-
er sequence was clipped off the 120 nt long reads using the
NGS toolbox Perl script clip (-m 5. AGTAGAAA). As reads may
contain the reverse complementary sequence, the reverse com-
plementary variant of the 5’ adapter sequences was also clipped
off (m TTTCTACT.3) and the remaining sequences were tran-
scribed to the original sequence direction using the NGS tool-
box Perl script rev-comp. Both outputs were then
concatenated using the NGS toolbox Perl script concatenate.
To extract only the reads with the right index and to remove
the 3’ adapter sequence the NGS toolbox Perl script clip (-m
CTGTA.GAGCC.3) was applied. Subsequent analysis was per-
formed as described below.

Total RNA from tissue samples of human adult brain regions
(hippocampus, cortex, cerebellum) was obtained from the
BioChain Institute (Newark, CA, USA). Total RNA of hippocampal
tissue samples of a female and a male chimpanzee brain was ob-
tained from the National Chimpanzee Brain Resource (www
.chimpanzeebrain.org, USA). A macaque brain provided by the
Primate Brain Bank (The Netherlands Institute for Neuroscience,
Amsterdam, Netherlands) was dissected and hippocampal tissue
was homogenized in TRIzol (Thermo Fisher). Total RNA was iso-
lated according to the manufacturers protocol. The total RNA
was sent to LC Sciences (Houston, TX, USA) for small RNA library
preparation and small RNA sequencing. The 3’ adapter sequenc-
es were clipped off using the NGS toolbox (version 2.1; http:/
www.smallmagroup.uni-mainz.de/)  Perl  script clip (-m
TGGAATTC.3).

Small RNA sequencing data of hippocampal tissue from three
male adult Wistar rats (Study: PRJEB24026, Run accessions:
ERR2226477, ERR2226482 and ERR2226487) was downloaded
from the European Nucleotide Archive. Subsequent analysis
was performed as described below.

Small RNA sequencing data of hippocampal tissue from the pig
(SRR3105507 and SRR3105508) and the mouse (SRR5144167,
SRR5144168 and SRR5144169) was downloaded via the SRA tool-
kit tool fastg-dump (version 2.8.2). The 3’ adapter sequences
were clipped off using the NGS toolbox (version 2.1) Perl script
clip (-m TGGAATTC.3). Subsequent analysis was performed as
described below.

Total RNA of HEK293T cells was extracted with TRI Reagent
(Thermo Fisher) 24 h after transfection with 10 nM Silencer
Select Negative Control No. 1 siRNA (4390843; Thermo Fisher) us-
ing Lipofectamine RNAIMAX (Thermo Fisher). The RNA was sent
to BGI (Hongkong) for small RNA library preparation and 50 bp
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single-end sequencing. The reads were delivered adapter-
trimmed. Subsequentanalysis was performed as described below.

Small RNA sequencing data of HepG2 cells (SRR6823987) was
downloaded via the SRA toolkit tool fastg-dump (version 2.8.2).
3’ adapter sequences were clipped off using the NGS toolbox
(version 2.1) Perl script clip (-m AGATCGGA.3). Subsequent anal-
ysis was performed as described below.

Adapter-trimmed data was first quality controlled by FastQC
(version 0.11.2), then converted to the fasta-format, length fil-
tered (15-40 nt), collapsed to nonidentical reads and depleted
for low complexity reads using the NGS toolbox Perl scripts
length-filter, collapse and duster (version 2.1; http:/www
.smallrnagroup.uni-mainz.de/). The remaining sequences were
mapped to the respective genome (versions GCA_00000140
5.27_GRCh38.p12, GCA_000001515.5_Pan_tro_3.0, GCA_0007
72875.3_Mmul_8.0.1, GCA_000003025.6_Sscrofa11.1, GCA_00
0001895.4_Rnor_6.0 and GCA_000001635.8_GRCm38.pé) us-
ing the Perl script sSRNAmapper (version 1.0.5; -a best) that uses
SegMap (Jiang and Wong 2008) as mapping tool. The map-files
were used for small RNA annotation with unitas (version 1.6.1;
Gebert et al. 2017).

Transfection of tsRNA-mimics and tsRNA antisense
2’-OMe-RNAs

HEK293T (2.5E4 cells/well) and HepG2 (1E5 cells/well) cells
were seeded in 24-well plates and cultured in 1x GlutaMAX-I
DMEM supplemented with 10% FBS (Thermo Fisher). The next
day the cells were transfected with 50 nM tsRNA-mimics or
tsRNA antisense 2’ OMe-RNAs (biomers) using Lipofectamine
RNAIMAX (Thermo Fisher) according to the manufacturer’s pro-
tocol. Sequences of the transfected RNAs are available in
Supplemental Table S2. As control, cells were transfected with
Silencer Select Negative Control No. 1 siRNA (Thermo Fisher).
Forty-eight hours after transfection, the RNA was isolated accord-
ing to the TRI Reagent protocol (Thermo Fisher).

RT-PCR quantification of tsRNAs

In order to measure the tsRNA level after transfection, the 15-40
nt small RNA fraction was eluted from a denaturing polyacryl-
amide gel (see Gebert et al. 2015) and polyadenylated using
the A-Plus Poly(A) Polymerase Tailing Kit (Cellscript). After etha-
nol precipitation the poly(A) tailed RNA was reversely tran-
scribed with the SuperScript IV reverse transcriptase (Thermo
Fisher) using the RT-primer 5-CGAATTCTAGAGCTCGAGG
CAGGCGACATGT25VN-3'. For gPCR 1 pL of cDNA was mixed
with 0.5 pL 10 pM sequence-specific forward primer, 0.5 pL 10
pM RT-primer-specific reverse primer, 3 pL water and 5 pL 2x
QuantiFast SYBR Green PCR Master Mix (Qiagen). Technical du-
plicates of this reaction mix were then analyzed on a Corbett
Rotor-Gene 6000 real-time PCR cycler. Finally, the copy num-
bers of the respective tsRNAs were quantified by standard
curves of the individual primer pair amplicons. As normalizers
the miRNAs miR25, miR532 and miR9%9a were used. The box-
plots were created with R using the R packages ggplot2 and
Cairo (version 3.4.3). gPCR primer sequences are available in
Supplemental Table S3.
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RT-PCR quantification of miRanda/piRanha
predicted targets

Potential target transcripts of the tsRNAs were predicted using
the algorithm miRanda (version 3.3a) that bases on miRNA target-
ing rules (Enright et al. 2003) and a self-developed software
named piRanha (version 0.0.0) that bases on piRNA targeting
rules (Zhang et al. 2018a). Both tools were used with default set-
tings, expected to yield best results for miRNAs or piRNAs, re-
spectively. The reference transcriptome was downloaded from
the Ensembl database (release 94). The custom Perl scripts
MRscript.pl and PRscript.pl were applied to extract and sort the
transcript IDs from the output files by the respective miRanda
and piRanha score, which is the sum of binding energies of all
alignments with the tsRNA seed. It is assumed that the lower
the miRanda or piRanha score (i.e., free energy of the alignments)
of atranscript, the more likely it is a target of the respective tsRNA.
For further analysis, only transcripts that have a TPM value above
0.2 in HEK293 cells were considered. Therefore the RNA se-
quencing data sets SRR629569 and SRR629570 were download-
ed with NCBI's fastg-dump (-| --split-files --gzip) and uploaded to
the Galaxy server (usegalaxy.org), where they were mapped to
the human genome (Galaxy hg38) using RNA STAR (Galaxy
Tool Version 2.6.0b-1). Transcript wise counting was performed
with featureCounts (Galaxy Tool Version 1.6.0.6) on the basis of
an Ensemble GTF-file (Homo_sapiens.GRCh38.90), which had
been converted to UCSC coordinates using the File Chameleon
tool of Ensembl. The generated count tables and gene length
files were used to calculate the mean TPM values and select the
expressed transcripts with R using the R packages biomaRt and
stats (version 3.4.3). For each tsRNA and algorithm, the five tran-
scripts with the lowest miRanda or piRanha scores were chosen for
RT-PCR quantification. Primers with the length of ~20 nt were de-
signed to be either exon-junction spanning or to include intronic
regions that are bigger than 700 bp. Furthermore, only primers
that exclusively amplify the same amplicon from the different
splicing isoforms that are potential targets were taken into ac-
count. For each primer pair a test PCR with cDNA from untrans-
fected HEK293T cells was performed to evaluate the amplicon
quality and length on an agarose gel. In order to compare the rel-
ative copy number of the selected potential tsRNA targets in
tsRNA-mimic and control transfected cells, the respective total
RNA was extracted with TRI Reagent (Thermo Fisher), reversely
transcribed and quantified as described for the poly(A) tailed
RNA above. The housekeeping genes ACTB and RPS18 were
used as normalizers to calculate the relative expression by means
of the delta-delta-CT method. gPCR primer sequences are avail-
able in Supplemental Table S3. The boxplots were created with
R using the R packages ggplot2 and Cairo (version 3.4.3).

RNA sequencing, data processing, and differential
expression analysis

Total RNA isolated from tsRNA-mimic, tsRNA-antisense and con-
trol transfected cells was sent for library construction and paired-
end sequencing to BGI (Hong Kong). On average 35 million
paired-end reads were obtained. Using the online platform
Galaxy (usegalaxy.org) the reads were first mapped to the human
genome (Galaxy hg38) by RNA STAR (Galaxy Tool Version 2.6.0b-
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1). Afterwards, gene wise counting was performed with
featureCounts (Galaxy Tool Version 1.6.0.6) on the basis of the
above mentioned GTF-file. Based on the generated count tables,
DESeq?2 (Galaxy Tool Version 2.11.40.2) was used to identify dif-
ferentially expressed genes (adjusted P-value <0.01). Analysis of
the Drosophila data sets (Study: PRINA378597, Run accessions:
SRR6930617, SRR6930619, SRR6930621; Luo et al. 2018) was
likewise conducted using the organism-specific files. Volcano
plots based on the DESeq2 result file and cumulative fraction
plots based on the DESeq2 result file with thresholds of -80 for
miRanda scores and -30 for piRanha scores were created with R
using the R packages ggplot2, ggrepel and Cairo (version 3.4.3).

Identification of targeting patterns using a k-mer
mapping approach

tsRNA sequences with length n were split into all possible k-mers
with k=5...n. All k-mers were mapped individually to the 5" UTR,
the CDS, and the 3’ UTR of the transcripts of the corresponding
organism in reverse complementarity to identify putative target
sites. Only the longest transcript per annotated gene was taken
into account. The transcriptomes and respective genome annota-
tion files were downloaded from Ensembl database (release 94).
Splitting the transcripts into 5° UTR, CDS and 3’ UTR was per-
formed using the custom Perl scripts select + split_dmel.pl and
select + split_hsap.pl. The following numbers of total mismatches
(mm, including insertions/deletions) within a k-mer alignment
were allowed: For k>6 1 mm, for k>12 2 mm, for k>18 3 mm,
for k>22 4 mm, for k>26 5 mm. The numbers of allowed inser-
tions/deletions (indel) within a k-mer alignment were: For k> 12
1 indel, for k> 18 2 indels, for k> 22 3 indels. Mismatches were
not allowed in the first two or last two positions of the alignment.
Nested k-mer alignments, i.e., alignments that completely over-
lapped with larger k-mer alignments, were ignored. k-mer map-
ping and filtering was performed using the custom Perl script
map_kmers.pl.

Gene expression values (fpkm) were calculated based on the
featureCounts count tables and genes with an average expression
ratio below 1 fpkm were depleted from the DESeq2 result file for
further analysis using the R script DESeq2-Analysis-for-get_tar-
gets.R. The custom Perl script get_targets_for_DESeq2.pl was
then used to count for each tsRNA and its k-mers defined by start
position and length the number of significantly up-/down-regulat-
ed genes (adjusted P-value <0.01) that have a corresponding k-
mer alignment, and the number of significantly up-/down-regulat-
ed genes that do not have a corresponding k-mer alignment. The
R script get_targets_visualization.R was used to visualize for each
transcript region the fraction of targeted as well as not targeted
genes that are up-/down-regulated. For the individual plots, the
script calculates the average values of a 5 nt sliding window for
the start position with sliding window increment of 1 nt.

Analysis of potential targets regarding
thermodynamically favored alignments
with 5’ tRH-Glu-CTC and GO term annotation

Based on the DESeq2 result tables, a Venn diagram of signifi-
cantly differentially expressed genes (adjusted P-value <0.01)

was generated using the R packages VennDiagram and polyclip
(version 3.4.3). Genes that were inversely regulated in the HEK
overexpression and the HepG2 inhibition cells were assigned to
the groups “potential perish targets” (HEK: log,FC < 0; HepG2:
logoFC>0) and “potential shelter targets” (HEK: log,FC>0;
HepG2: log,FC <0).

Input files for the program RNAup were generated using the
custom Perl script RNAup_input.pl, which prints for each potential
target gene the sequence of each transcript region (5’ UTR, CDS,
3" UTR) together with the tsRNA sequence as fasta-format. RNAup
(version 2.4.13) from the ViennaRNA Package (Lorenz et al. 2011)
was executed for each input file with the parameters -b -d2 --noLP
-c "S." Using the custom Perl script merge_RNAupOutput.pl the
RNAup output information was merged per transcript region.
Using the R script visualize_RNAup.R the respective merged
RNAup output files were visualized as a histogram displaying
the alignment length, a histogram displaying the alignment start
within the tsRNA and a bar plot displaying the alignment count
per position within the tsRNA.

The list of human protein-coding genes with the gene
ontology term “neurogenesis” (GO:0022008) was downloaded
from AmiGO 2 (http://amigo.geneontology.org/amigo). Corre-
sponding Ensembl gene identifier for the UniProt identifiers were
retrieved from UniProt (https:/www.uniprot.org/uploadlists/). To
evaluate a potential statistical correlation between the perish or
shelter targets of 5 tRH-Glu-CTC and the GO term “neurogenesis”
the z? test was applied.

Code availability and data deposition

All above mentioned custom Perl and R scripts are freely available
at GitHub (github.com/jjehn/tRH-targeting). Sequencing data
sets are accessible at NCBI's sequence read archive (SRA) under
the accession numbers SRR10091207 (first sSRNA-seq human hip-
pocampus), SRR10091206 (second sRNA-seq human hippocam-
pus), SRR10091205 (sRNA-seq human cortex), SRR10091204
(sRNA-seq human cerebellum), SRR10092006 (sRNA-seq female
chimpanzee hippocampus), SRR10092005 (sRNA-seq male chim-
panzee hippocampus), SRR10092004 (sRN-Aseq macaque hip-
pocampus), SRR10082984 (sRNA-seq HEK293T cells), and
SRR10085693 to SRR10085704 (RNA-seq of the HEK293T and
HepG2 experiments).

SUPPLEMENTAL MATERIAL

Supplemental material is available for this article.
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