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A B S T R A C T   

This study explores the dynamics of energy use patterns, climate change issues and the relationship between 
social-psychological factors, with residents’ acceptance of and willingness to pay (WTP) for home energy 
management systems (HEMS) during the COVID-19 pandemic in New York. The results of our survey suggest 
that there were no longer morning or evening usage peaks on weekdays, and a significant portion of respondents 
are experiencing higher or much higher electricity use than average. Most residents' perception of climate 
change issues during COVID-19 remained unchanged. Attitude, perceived behavioral control, and social norms 
are overall the strongest predictors of adoption intention and WTP for HEMS. Regarding WTP for specific well- 
being features, attitude was the strongest positive predictor of telemedical and home security features, and social 
norms are the strongest positive predictor of elderly assistance and job search. Technology anxiety, surprisingly, 
positively influences WTP for the well-being features. Trust in utilities is not related to adoption intention, but is 
positively associated with WTP for the well-being features. Although cybersecurity concerns are positively as-
sociated with HEMS adoption intention for energy and well-being features, this relationship is not significant in 
WTP. Residents who had moderate perceived risk of getting COVID-19 are willing to pay more than the high- 
and low-risk groups. This paper addresses the interactions among technology attributes, and users’ social-psy-
chological and demographics factors. Additionally, this study provides insights for further research in examining 
technology adoption and energy dynamics during times of crises, such as the COVID-19.   

1. Introduction 

Climate change poses threats of global reach, affecting every single 
person and part of society [1], including our food, water, health, and 
economic systems [2]. The effects of climate change are multi-
dimensional and interconnected, increasing our susceptibility to da-
mages and crises. In 2020, there are additional global crises, with the 
current COVID-19 pandemic [3] and the looming economic depression  
[4], which are already affecting daily life across most current societies. 
As a response to the pandemic, around 30% of the global population has 
been put in lockdown with different levels of nation-wide quarantines  
[5–7], having significant economic impacts due to a “great lockdown” 
that sees over 80% of all global workplaces partly or fully closed and an 
expected recession of 0.3% (the worst since the Great Depression [4]). 
Such events are causing a social readjustment of daily routines, prac-
tices, behaviors, and expectations; for example, people are having to 

adjust to being at home during quarantine, often without the option to 
work or while doing it remotely. 

The impacts on the energy and electricity supply system (from 
production to consumption) have been significant during the current 
pandemic [8–11]. Electricity and energy systems have also seen con-
siderable drops in demand, mostly due to the partial or full closure of 
entire industrial activities [8]. Globally, a decrease of 5–6% is expected 
on both energy and electricity demand within advanced economies, 
with the US (9%) and countries in the European Union (11%) seeing the 
largest declines [9]. This overall reduction, combined with growing 
interest in low-carbon sources of electricity and decreased demand in 
coal, natural gas and petroleum industries [10] are resulting in an in-
ternational decline in carbon emissions of ~8% [9]. However, emis-
sions and climate impacts have previously experienced rebound effects 
after other crises, such as the recession in 2008 [12,13]. For the current 
situation forecasts show emissions rebounding +5.8% globally by 2021  
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[13], likely due to delays in green development programs in Europe  
[14] or potential second waves of COVID-19 infection [15,16]. 

From a household standpoint, energy access, energy management, 
and energy affordability are key elements with the increase in home 
activities, such as working remotely, online shopping, streaming en-
tertainment services, powering home appliances, and heating or cooling 
homes [17]. While household energy consumption has increased 
overall, the more significant change is on the shape of the consumption 
load profiles, with weekday consumption curves being closely aligned 
to the typical, pre-COVID-19 weekend consumption curves [18,19]. The 
change in household load profiles is tied to the change in home's time 
schedules during the week. Remote work eliminates commuting needs, 
requiring less structured morning routines and thereby creating both a 
delayed morning load and reducing morning peaks [20]. The power not 
consumed in the mornings, however, is being shifted to midday, with 
reports of a roughly 30% increase in midday consumption in the U.K.  
[20] and 23% increase in the U.S. during the typical working hours 
(0900–1700) [21]. The challenge of the system is not only to manage 
the change in daily profiles, but also in the potential cost effects on 
residential consumers that are likely to experience increased energy 
bills while having their economy impacted (i.e. work closures and 
layoffs [21]). This is particularly felt by more vulnerable consumers  
[22]. 

There is a need to understand the multidimensional impacts of 
pandemics in societies, considering that experts warn that the threat of 
a pandemic is a recurring risk [23]. Not only with the expected second 
wave of COVID-19 [15,24], but also as society is likely to experience 
other pandemics, partly exacerbated by climate change impacts  
[12,25–27]. Hence, this paper aims to investigate social-psychological 
and demographic factors influencing residents’ willingness to adopt and 
pay for Home Energy Management Systems (HEMS) and their re-
lationship with the new living dynamics during stay-at-home orders 
during a pandemic. 

1.1. Benefits of HEMS 

HEMS is a system that enables consumers to manage energy use 
more efficiently by changing behavior. The term is considered part of 
the smart home concept [28–30], and some researchers refer to it as 
smart home energy management systems [31]. A smart home can also 
be simply described as “a house equipped with intelligent objects, the 
most important of which is the smart HEMS since it combines a set of 
services that transform a normal home into a smart home” [30]. Home 
energy management systems generally combine both hardware and 
software to monitor energy use and provide feedback to consumers  
[32]. These systems can use advanced intelligent monitoring and con-
trol to optimize energy use while maintaining consumer comfort  
[31,33]. When connected to the power grid, they allow for two-way 
communication between energy providers and end-users, opening sev-
eral services and management features within that communication 
channel [34]. Additionally, smart meters are essential for HEMS to 
employ these features [35,36], which is why there is a strong focus on 
smart meter rollouts and their criticized slow rollout, particularly in 
Europe [37]. Below we elaborate on the types of services and man-
agement features. 

A critical benefit of HEMS is its ability to facilitate demand response 
(DR) programs [38], which help change customer electricity-use pat-
terns by keeping them apprised of different time-dependent pricing 
schemes, such as time-of-use tariffs (ToU), critical peak pricing (CPP), 
and real-time pricing (RTP) [38,39]. Through DR programs, HEMS can 
better automate and optimize energy use, lower the wholesale price of 
electricity, ensure the stability of the power grid [38,40], improve en-
ergy efficiency [40,41], and contribute to decarbonization. The in-
formational feedback from HEMS for the end-users may also induce 
more environmentally-conscious behavior by providing CO2 emission 
information [42], while also serving in other use-cases, such as a home 

device during emergencies. 
Notably, HEMS technologies provide services beyond monitoring 

and controlling a household’s energy use. While reducing energy de-
mand and having remote management control over the household 
features are some of the most important benefits to consumers; recent 
studies suggest there are several non-energy consumption-related ben-
efits of smart home technologies, including security (i.e. physical and 
home security [43,44]), health (i.e. telemedical functions, assisting the 
elderly [45,46]), and social and lifestyle benefits (i.e. chat features  
[46,47]). Additionally, HEMS can also help with other wellbeing 
functions, such as providing community updates and entertainment  
[48] and warning users of potential storms or dangers in the area [49]. 
Considering the new dynamics of day-to-day routines and practices 
during the COVID-19 pandemic, the usefulness of HEMS can be strongly 
emphasized, especially with regards to improving management of 
electricity and thermal features, promoting remote and advanced 
health monitoring, and supporting individuals with the plethora of 
additional digital services as described above. 

1.2. The present study 

In light of the potential benefits of HEMS, the market for this 
technology is expected to grow exponentially in the coming years [50], 
particularly as the market of other technologies continues to mature, 
such as electric vehicles, vehicle-to-grid, solar photovoltaics, and bat-
tery storage, all which can be integrated into a smart household energy 
system [51,52]. However, while some households have indicated in-
terest in HEMS, some studies have shown most residents are still not 
willing to pay for it [53,54], mostly due to the associated costs [55,56]. 
Overall reasons for not adopting HEMS include a perceived lack of 
usefulness of the technology [57], technology anxiety [58], and renters 
being unable to make decisions on home improvements [59]. 

This study attempts to examine several empirical questions by ex-
ploring residents’ acceptance of HEMS and willingness to pay (WTP) for 
HEMS during the - pandemic, as stay-at-home mandates have increased 
the perceived value of home-based activities, and to improve household 
environments (i.e. thermal comfort and indoor air quality). We in-
vestigated both adoption intention and WTP because they reflect dif-
ferent driving and impeding factors. While adoption intention is pro-
posed to be primarily influenced by factors such as attitude and social 
norms, WTP is influenced more by practical and experiential factors 
such as purchasing power [60], reference price, and expected quality  
[61]. Adoption intention and WTP need to be considered together in 
order to better estimate actual adoption behaviors [62,72]. This paper 
also answers the recent call for studies on the technical aspects of en-
ergy systems with social aspects to form a socio-technical perspective  
[63–65] to promote energy transitions away from fossil-fuel-based 
systems [66,67]. In doing so, this paper draws from the evidence in 
HEMS literature, such as the theory of planned behavior [68] and the 
technology acceptance model [69] to propose an integrative approach 
to addressing the multi-dimensionality of technology adoption and 
WTP during the COVID-19 pandemic. This paper pays attention to the 
interaction between technology attributes, users’ attitudes, and social 
influence factors by using a unique set of 632 household survey re-
sponses recorded during quarantine mandates in New York. Specifi-
cally, we ask the following research questions: 

• “Are there any stated changes in time scheduling, energy con-
sumption behavior, home energy costs, and climate change per-
ceptions?”  

• “What are the important social-psychological, -perceived technology 
attributes, and demographic factors influencing adoption intention 
and willingness to pay for HEMS with the energy and wellbeing 
features?”  

• “What are the differences in HEMS adoption and WTP in groups, in 
particular: groups with perceived low versus high risk of COVID-19 
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infection, and perceived decreasing versus increasing energy usage 
groups?” 

2. Method 

This study collected internet-based survey data through Qualtrics 
Panel Services. The survey was distributed in mid-April to residents in 
the greater New York metropolitan areas because New York has been 
the most severely infected area since the outbreak of COVID-19. As of 
early May 2020, nearly one-third of known U.S. cases were in New York 
state, with more than half of the state’s cases occuring in New York City  
[70]. 

2.1. Survey area, design, and measurement 

Our survey consisted of four parts. First, it started with a brief ex-
planation of the basic energy-related functions of HEMS, after which 
participants were asked about their adoption intention and WTP for 
HEMS with energy use monitoring and optimizing features. While also 
including, adoption intention and WTP for HEMS with wellbeing fea-
tures (i.e., assisting elderly, community event updates, job search, home 
security, and telemedical services) during normal times (non-pandemic) 
and the COVID-19 pandemic period. Second, the participants were 
asked to report their time of use electricity, perceived risk of COVID-19 
infection, and estimated increased or decreased electricity use, utility 
bill charges, and climate change issues during -the pandemic. Noting 
with climate change issues, we are referring to air pollution, environ-
mental impacts, effects on water and food systems, and climatic events  
[2]. Third, the participants were asked to answer a series of questions 
measuring social-psychological variables and perceived technology at-
tributes (Table 1). These variables came from two commonly applied 
theoretical models in explaining new technology adoption intention: 
(1) the Technology Acceptance Model (TAM [71]), which considers 
variables such as perceived usefulness, perceived ease of use, and per-
ceived cost and; (2) the Theory of Planned Behavior (TPB [68]), which 
emphasizes the impacts of attitudes towards this behavior, social norms 
(expectations from significant others), and perceived behavioral control 
(PBC) over the targeted behavior. A recent study [72] demonstrated the 
influence of these TPB variables, as well as other potentially important 
variables included in this study, such as the impacts of data privacy 
concerns, technology anxiety, and trust in utilities on HEMS adoption. 
Finally, demographics (i.e., age, gender, income) and household char-
acteristics (i.e., -, homeownership, household size) were also collected. 
All measures except for WTP and demographics were based on a 5-point 
Likert scale, where one indicates “strongly disagree,” “very unlikely,” or 
“never,” and five indicates “strongly agree,” “very likely,” or “very often.” 
The WTP questions were measured on a 9-point scale from 0, indicating 
“not willing to pay” to 8, indicating “$7 or above” with a consistent 1- 
dollar interval. 

2.2. The participants 

Among the 632 participants in the New York areas, 50% were 
males, and 50% were females. Approximately 58.9% of participants 
were between the ages of 30 and 49 and 27.7% were between the ages 
of 50 and 69. Regarding ethnic background, the majority of participants 
were White (76.1%), followed by Black (9.3%), Latino/Hispanic 
(6.1%), and other ethnicities. The majority of participants indicated an 
annual household income of $50,000–$99,999usd (30.4%), followed by 
$100,000–$199,999usd (24.2%). Approximately 58.9% owned their 
place of residence, while 39.2% rent. Most participants live in a single- 
family detached household (51.8%), followed by reinforced concrete 
apartments (29.1%), and single-family attached households (11.2%). 
Most participants have two people (27.2%), followed by four people 
(25.9%), one person (19.5%), three people (17.4%), and five or more 
people (10%). The largest represented regions were in New York City 

Table 1 
Descriptive statistics of key variables.      

Variables Mean S.D. Factor 
Loading  

HEMS adoption intention (if HEMS installation were free, please tell us your opinion on the 
following statements): 

Cronbach’s α = 0.93; Composite Mean = 3.86 
I will use HEMS service in the next 6 months 3.89 1.12 0.88 
I will use HEMS service in the next year 3.82 1.14 0.96 
I would use HEMS service in the future 3.88 1.17 0.88 
Willingness to pay for HEMS with energy related features (how willing are you to pay for the 

overall HEMS services?): 
Cronbach’s α = 0.96; Composite Mean = 3.58 

HEMS can visualize and monitor electricity use 3.54 2.69 0.94 
HEMS can automatically control your 

appliance 
3.63 2.72 0.94 

HEMS can help reduce household electricity 
and environment impact during COVD-19 

3.56 2.77 0.94 

Adoption intention of wellbeing features during normal time (beside energy related features, 
how likely are you to use the following services in your everyday life during normal 
time?): 

Cronbach’s α = 0.90; Composite Mean = 3.56 
Monitor services for the elderly (Assisting 

seniors) 
3.55 1.25 0.81 

Tele-medical services 3.62 1.22 0.82 
New job search 3.25 1.41 0.75 
Community event update for news, social 

inclusion and online networking 
3.66 1.19 0.82 

Home security 3.71 1.30 0.84 
Adoption intention of wellbeing features during COVID-19 (besides energy related features, 

how likely are you to use the following services?): 
Cronbach’s α = 0.89; Composite Mean = 3.52 

Monitor service for the elderly (Assisting 
seniors) 

3.52 1.29 0.79 

Tele-medical service 3.73 1.23 0.80 
New job search 3.11 1.42 0.73 
Community event update for news, social 

inclusion and online networking 
3.67 1.21 0.78 

Home security 3.58 1.37 0.84 
Willingness to pay for wellbeing features during COVID-19 (please indicate how much are 

you willing to pay for each of the following services per month in US dollars): 
Cronbach’s α = 0.95; Composite Mean = 3.24 

Assisting seniors 3.26 2.68 0.89 
Tele-medical 3.27 2.67 0.87 
Job search 2.49 2.64 0.90 
Community updates 2.91 2.65 0.81 
Home security 3.81 2.91 0.87 
Monitor electricity use 3.68 2.80 0.89 
Perceived usefulness (during the COVID-19 pandemic, HEMS is…): 

Cronbach’s α = 0.92; Composite Mean = 3.99 
Useful overall 4.04 0.94 0.78 
Useful in helping residents manage their 

electricity use 
4.04 0.90 0.84 

Useful in providing auto-adjusted control 4.01 0.93 0.85 
Useful in allowing residents control home 

appliance 
3.95 0.95 0.85 

Useful in providing additional service 3.91 0.97 0.83 
Perceived ease of use (please tell us whether using HEMS will be easy or difficult for you even 

if you currently do not own one): 
Cronbach’s α = 0.83; Composite Mean = 3.85 

Learning to live with HEMS is easy for me 3.89 0.99 0.80 
Interacting with HEMS will not require mental 

efforts 
3.78 0.98 0.69 

I will find HEMS easy to use 3.88 0.96 0.88 
Attitude towards HEMS during Covid19 (using HEMS during the COVID-19 pandemic will 

be…): 
Cronbach’s α = 0.93; Composite Mean = 3.78 

Beneficial to me 3.83 1.10 0.92 
Helpful to me 3.85 1.08 0.91 
Important to me 3.64 1.19 0.88 
Perceived behavioral control (please tell us your opinions regarding HEMS adoption during 

COVID-19 if it’s available): 
Cronbach’s α = 0.88; Composite Mean = 3.73 

I will be able to adopt HEMS services 3.77 1.07 0.86 
Adopting HEMS service is entirely within my 

control 
3.75 1.11 0.84 

(continued on next page) 
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(69.9%), Buffalo (8.7%), and Rochester (7.6%). The majority of parti-
cipants (40.5%) were employed in service occupations; 20% were in 
professional occupations, and 1.3% were students, while 23.1% re-
ported that they were not employed or retired. Finally, about 61% of 
the participants had children who were under 18 years old at home. 

3. Results 

The results of this paper are presented across six themes. The first 
four include analyses of time of use electricity, estimated electricity use, 
electricity bill, COVID-19 infection risk perception, climate change 
perception, and HEMS adoption intention and WTP for HEMS wellbeing 
features. The remaining two themes explore the factors predictive of 
HEMS adoption and WTP through analysis of variance (ANOVA) and 
multiple regression models. Integrated across these themes is the con-
textual effects of the current COVID-19 pandemic. 

3.1. Electricity time of use and estimated energy use 

Regarding energy use patterns during COVID-19, electricity use 
picked up between 8:00 A.M. and 9:59 A.M. and stayed reasonably 
consistent until 6:00 P.M.–7:59 P.M. and 8:00 P.M.–9:59 P.M. during 

weekdays when there was an increase in electricity use (see Fig. 1). The 
peak of consumption did not decrease until 10:00 pm–11:59 pm, which 
is a later peak than pre-pandemic. When looking at the shape of the 
daily curve inferred from our participants' responses, it resembles the 
shape found in the U.S. and Europe during coronavirus quarantines; 
particularly with a distinct increase in consumption during typical 
working hours that continues to rise until the evening peak  
[20,21,73,74]. Compared with the use curve during the non-pandemic 
time, the usage increase in the morning starts later, and the “valley” 
during daytime becomes non-existent. 

Approximately 43.5% of participants indicated their utility bill in 
February 2020 was less than $100, while 32.4% of the participants’ bill 
was $100–$149, 16.10% of participants’ bills were $150–$199, and 
7.9% of participants reported $200 or more. In comparison with pre-
vious months before the pandemic, a significant portion of respondents 
(48.3%) were experiencing either higher or much higher electricity use 
than average, while a large part (41.3%) rated their usage as about the 
same (Fig. 2). This result echoes the widely reported trend of home 
energy and electricity consumption increased due to stay-at-home 
mandates during the pandemic [21,74,75]. Based on the survey ques-
tion relating to estimated electricity use compared with previous 
months, we divided participants into three energy usage groups: in-
creasing usage, no-change, and decreasing usage for later analyses 
(Sections 3.5. and 3.6). We further investigated the demographic 
composition of the three groups and found that the “no-change” group 
contained significantly more elderly, lower-income people, and females 
than the increasing-and decreasing groups. 

3.2. Analysis of perceived risk of COVID-19 and climate change 

One of the essential variables related to COVID-19 is risk percep-
tion. Approximately 23% of participants felt that they had less than a 
1% chance of getting the virus during April and May of 2020, followed 

Table 1 (continued)     

Variables Mean S.D. Factor 
Loading  

I have resources and ability to adopt HEMS 
services 

3.68 1.12 0.82 

Cyber security (during the COVID-19 pandemic, I am concerned that…): 
Cronbach’s α = 0.92; Composite Mean = 3.41 

Some cyber hackers would break into HEMS 
network to access and misuse my personal 
information 

3.48 1.21 0.89 

Some cyber hackers will break into HEMS 
network to manipulate my usage 
information 

3.38 1.19 0.93 

Some cyber hackers will bring down HEMS to 
cause the system unstable 

3.37 1.20 0.86 

Social norms (if there were a chance to adopt HEMS during COVID-19..): 
Cronbach’s α = 0.93; Composite Mean = 3.42 

My family would think I should use HEMS 3.55 1.20 0.89 
My close friends would think I should use 

HEMS 
3.38 1.13 0.92 

My close neighbors would think I should use 
HEMS 

3.32 1.14 0.89 

Trust utility company (could you tell us what you think about your utility company?): 
Cronbach’s α = 0.88; Composite Mean = 3.76 

My utility company is reliable in general 4.08 0.83 0.76 
My utility company always keeps promises 3.79 0.95 0.80 
My utility company always keep customers’ 

best interests 
3.64 1.03 0.82 

My utility company has a plan to prevent 
scams or any threat to disconnect services 
for nonpayment during COVID-19 

3.67 0.96 0.71 

My utility company has taken several 
protection steps for customers during the 
COVID-19 pandemic 

3.69 0.96 0.76 

Cost concern (I am concerned about): 
Cronbach’s α = 0.89; Composite Mean = 3.91 

HEMS basic installation fee 3.85 1.02 0.79 
Additional HEMS service fee 3.91 1.00 0.93 
HEMS maintenance fee 3.98 0.99 0.86 
Technology anxiety (overall, we would like to know your attitude toward the use of this new 

technology): 
Cronbach’s α = 0.89; Composite Mean = 2.94 

Working with HEMS will make me nervous 2.99 1.21 0.85 
A new technology like HEMS will make me feel 

uncomfortable 
2.88 1.26 0.93 

I hesitate to use a new technology like HEMS, 
for the fear of making major mistakes 

2.96 1.25 0.79 

Source: the authors.  
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Fig. 1. N.Y. Residents’ weekday electricity time of use during COVID-19 (March 
& April 2020). 

Much lower than 
average

4%
Lower than 

average
6%

About the same
42%

Higher than 
average

38%

Much higher 
than average

10%

"During COVID-19 pandemic, how would you rate your 
electricity use per month in comparison with previous use?"

Fig. 2. Estimated home electricity usage during COVID-19.  
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by a good proportion of residents (~17%) who thought that their 
chance was over 40% (Fig. 3). Based on this survey question, we di-
vided the participants into three groups: perceived the risk of being 
infected by COVID-19 as low (≤20%), moderate (20%–40%), and high 
(≥40%). Examining demographics closely, we found that the three risk 
groups were similar in all demographic characteristics, except for age 
and income. Older participants perceived less chance of getting infected 
by COVID-19 than younger participants, with higher-income partici-
pants having a higher level of risk perception. The moderate-risk group 
had a significantly higher income than the low-risk group and the high- 
risk group had a marginally higher income than the low-risk group. 

As for perceived climate change issues during COVID-19, approxi-
mately 34.2% of respondents noted climate change was either slightly 
or much better than before the pandemic (see Fig. 4). This result can be 
representative of the reports across the world showing the effects of 
quarantine mandates on both carbon emissions and the physical en-
vironment, particularly, with images of emissions reduction in urban 
hotspots [8] and depictions of empty beaches, rivers, and towns re-
sulting in clearer waters and increases in fauna sightings [76]. None-
theless, most respondents (43.70%) noted climate change issues stayed 
the same, and 22.10% thought they were worse than before. There are 
already some indications of potential rebounding effects with even 
higher emissions to be reported post-pandemic lockdowns, as well as a 
de-prioritization of climate-related issues in global agendas due to the 
health crisis [8,77]. 

Interestingly, we found a significant positive relationship between 
electricity usage (B = 0.22, P = 0.000), and perceived climate change 
issues after controlling for demographics (age, gender, and income) and 
electricity bill in the regression analysis. People who observed an in-
crease in electricity usage during COVID-19 were more likely to think 
climate change issues were much better than six months ago. This result 
could come from them observing that most businesses and 

transportation systems were closed during the pandemic; therefore, the 
overall carbon emissions have reduced. 

3.3. Distribution of adoption intention for HEMS 

Overall, participants indicated they were somewhat interested in 
adopting HEMS energy features (M = 3.86, SD = 1.10) and wellbeing 
features during non-pandemic time (M = 3.56, SD = 1.08) and COVID- 
19 (M = 3.52, SD = 1.09). A series of paired-sample t-tests were fur-
ther conducted to examine whether the adoption intention of each 
wellbeing feature differs between non-pandemic and pandemic time. 
Results of t-tests show that the participants reported higher intention to 
adopt the telemedical feature during the pandemic, t 
(631) = −3.39, p = 0.001. The intention to adopt the job search 
feature was actually lower, t(631) = 4.57, p  <  0.001, as was the in-
tention to adopt home security services, t(631) = 4.39, p  <  0.001. 
These results might explain the effects of stay-at-home orders and 
certain job decreases. The intentions to adopt elderly assistance and 
community update services remained the same in non-pandemic and 
pandemic time. The results suggest that N.Y. residents may have higher 
needs and possibilities to use telemedical services during the COVID-19 
pandemic and lower needs or possibilities to use home security and job 
search services then. 

3.4. Distribution of WTP for HEMS energy and wellbeing features 

One-fifth of participants indicated they were unwilling to pay for 
HEMS with the energy and wellbeing features, such as reducing com-
munity environmental impacts during the COVID-19 pandemic, auto-
matically controlling the use of appliances, and visualizing and mon-
itoring electricity usage (Fig. 5). About 80% stated they were willing to 
pay at least $1/month for HEMS features, whereas about 30% of these 
reported they were even willing to pay more than $5/month for those 
features. 

Of the five wellbeing features (see Fig. 6), participants were most 
unwilling to pay for the feature to search for jobs, followed by com-
munity updates, and other features. Alternatively, when looking at the 
features with higher WTP, the results show that 46.68% of participants 
were willing to pay over $5/month to add a home security monitoring 
feature to their HEMS; followed by 38.61% for telemedical; 36.71% for 
monitoring service for the elderly; 31.49% for community updates; and 
27.37% for job search (see Fig. 6). In fact, about 25.16% of participants 
were willing to pay more than $7.00 for the home security monitoring 
feature. On the other hand, the results also show the features that 
participants were willing to pay for less than 5 dollars per month ($1–4) 
with 39.71% for community updates, 38.93% for telemedical, 37.81% 
for monitoring service for the elderly, 34.65% for job search, and 
31.17% for monitoring home security. Overall, such breakdown may be 
considered an indication of the perceived value across such features 
when considering implementing HEMS. 

3.5. Comparisons of WTP for HEMS across electricity-use and risk- 
perception groups 

This section particularly addresses two research questions: 1) are 
there any differences in WTP for energy features among the groups who 
perceived their electricity usage as increasing, no-change, or decreasing 
during the COVID-19 pandemic? 2) are there any differences in WTP for 
wellbeing features among the groups who perceive a high, moderate, 
and low risk of getting infected by COVID-19? A one-way analysis of 
variance (ANOVA) test was first conducted to explore whether the three 
electricity-use groups (decreasing, no-change, and increasing) differ in 
their WTP for HEMS energy features. The ANOVA result was significant 
(Table 2). The Post-hoc test results revealed that both the “decreasing- 
usage” (M = 4.54, SD = 2.48) and the “increasing-usage” groups 
(M = 4.21, SD = 2.60) were willing to pay more than the “no-change” 

Fig. 3. perceived risk of getting infected by COVID-19 during April and May 
2020. 

Fig. 4. Perceived climate change issue during COVID-19.  
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group (M = 2.60, SD = 2.34), p’s  <  0.001. The difference between the 
decreasing-and increasing-usage groups was not significant. 

Similarly, an ANOVA test was conducted to explore whether WTP 
for wellbeing features differ across the three risk-perception groups. 
The test result was significant (Table 2). The Post-hoc tests revealed 
that the moderate-risk group was willing to pay more (M = 3.77, 
SD = 2.51) than the low-risk (M = 2.96, SD = 2.38) groups. The 
difference between high and low-risk groups (M = 3.44, SD = 2.40) 
was marginally significant (p = 0.069). In further investigation of each 
wellbeing feature, results of five separate ANOVAs indicate that the 
moderate-risk group was consistently willing to pay more than the low- 
risk group for all features; however, the moderate-risk group was only 
more willing to pay for tele-medical feature than the high-risk group 
but not for other features. The high-risk group, in comparison with the 
low-risk group, was more willing to pay for the features of assisting the 
elderly, community updates, and home security - but not other features. 
See Fig. 7 for details. 

3.6. Factors influencing adoption intention of HEMS with energy and 
wellbeing features 

Multiple linear regression analysis was conducted to explore social- 
psychological and demographic factors influencing the adoption in-
tention of HEMS with energy features. The regression model was sig-
nificant, F(14,617) = 41.32, p  <  0.001, R2 = 0.48. Among all the 
predictors, social norms had the strongest effect (see Table 3). Attitude, 
perceived usefulness, and cost concerns were also positively related to 

adoption intention, while cybersecurity concerns were negatively re-
lated. Among demographics, only income was a significant predictor, 
and was positively associated with adoption intention. We further ex-
plored the factors influencing the adoption intention of HEMS’ well-
being features during COVID-19; a similar multiple linear regression 
analysis was conducted with one more predictor, the adoption intention 
of HEMS energy features. The regression model was significant, F 
(15,616) = 86.50, p  <  0.001. R2 = 0.68. Among all the predictors, 
attitude had the strongest effect, followed by Percevied Behavioral 
Control (PBC) and adoption intention of HEMS energy features, and 
then social norms and cybersecurity concern, which were all positively 
associated with the dependent variable. Cost concern, however, was not 
a significant predictor in this model. Among demographics, results 
suggested that younger people and people in larger households had 
higher adoption intentions than their counterparts (see Table 3). It is 
worth noting that risk perception was not significant in this model 
when considering other social-psychological variables, but it was found 
to be positively related to adoption intention of HEMS with both energy 
(B = 0.08, p = 0.02) and wellbeing features (B = 0.04, p = 0.02), 
while demographics served only as control variables in another re-
gression model. 

3.7. Factors influencing WTP HEMS with wellbeing features 

A set of multiple linear regression analyses were conducted to ex-
plore the factors influencing the WTP for each of HEMS wellbeing 
features during COVID-19. All the regression models were significant 
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(see Table 4). Among demographics, older residents were less likely to 
pay for all wellbeing features, while larger-size households were more 
likely to pay for them. Higher-income residents reported a higher level 
of WTP, except for the features of community updates and job search. 
Males reported higher WTP for job search, community updates, and 
telemedical services but not for elderly assistance and home security. 
Notably, the TPB variables (i.e., attitude, social norms, and PBC) had 
significant and positive effects on WTP for all wellbeing features, except 
for the impacts of PBC on the WTP for job search and home security 
features, which were not significant. 

Interestingly, people who reported higher technology anxiety had 

higher WTP for almost all wellbeing features except for home security 
features, where the effect was marginal. Trust in utilities was positively 
associated with WTP for community updates, job search, and tele-
medical services, but not others, indicating utilities have the potential 
to improve residents’ wellbeing through the three features mentioned 
above during the COVID-19. Perceived usefulness and ease of use were 
unexpectedly not significant predictors in most cases, except that per-
ceived usefulness was negatively related to WTP for the job search 
feature. Cost concern had no impacts on almost all features, except for a 
negative relationship with WTP for telemedical and job search features. 
Cybersecurity concerns seem to be irrelevant to WTP for all wellbeing 
features. It is worth noting that, although risk perception was not a 
significant predictor of WTP for wellbeing features in this regression 
model (Table 4) with other social-psychological variables considered, 
higher perceived risk was associated with higher WTP for wellbeing 
features during the pandemic (B = 0.08, p = 0.02) when only demo-
graphic variables were controlled for. In contrast to what we expected, 
adoption intention of HEMS energy features was a significant predictor, 
indicating that residents were likely not considering HEMS wellbeing 
features as necessarily affiliated to its major energy features; the well-
being features may be promoted without the context of energy features. 

4. Conclusions 

This study is placed in the light of the coronavirus pandemic and its 
multidimensional effects across daily social routines, energy system 
dynamics, carbon emissions, and, more generally, climate change. It 
particularly investigates the factors influencing residents’ willingness to 
adopt and pay for HEMS and their relationship with the new living 
dynamics during the quarantine in a pandemic. The main findings of 
this research fall into four streams: 

(1) The reported electricity consumption resembles the actual con-
sumption patterns found elsewhere during -the pandemic, which 
has no morning or evening usage peaks during weekdays and is 
different from the daily curves during non-pandemic weekdays. 
About half of the respondents reported a higher volume of elec-
tricity usage than before the pandemic, while only a few reported 
lower usages. Interestingly, people who have used more electricity 
or perceived a higher risk of getting COVID-19 think climate change 
issues are much better than before, probably due to those partici-
pants perceiving themselves as self-isolating more, commuting and 
travelling less, consuming less energy at workplace, and therefore 
leaving a reduced carbon footprint. Scholars suggest that many 
Americans may be seeing the connection between their actions and 
climate change issues [78,79], which echoes the finding of the Yale 
Program on Climate Change Communication that about 50% of the 
American population are viewing climate change as primarily 
caused by human activities [80]. However, this percentage is still 
low in comparison with many countries [81]. Recent studies have 
also emphasized that tackling COVID-19 and climate change issues 
both rely heavily on reducing non-essential economic activities, and 
that our future resides largely in the ability to build a society re-
silient to pandemics and climate change [82]. 

Table 2 
Results of ANOVAs on WTP across energy-use and risk-perception groups.           

Sum of Squares df Mean Square F p  

WTP for energy features across energy-use groups Between Groups 430.50 2 215.25 34.86  < 0.001 
Within Groups 3883.70 629 6.17   
Total 4314.20 631     

WTP for wellbeing features across risk-perception groups Between Groups 310.57 2 155.285 28.394  < 0.001 
Within Groups 3439.96 629 5.469   
Total 3750.53 631    

Fig. 7. Means of WTP for wellbeing features with different perceived risk levels.  

Table 3 
Regression result of intention to adopt HEMS with energy features and well-
being features.        

HAEMS energy features HEMS wellbeing features 

β (Std.Coefficient) p β (Std. 
Coefficient) 

p  

Constant     
Gender 0.011 0.721 −0.005 0.837 
Age −0.058 0.072 −0.085 0.001 
Income 0.089 0.007 −0.011 0.670 
Household size −0.006 0.872 0.086 0.002 
Risk perception 0.040 0.184 0.006 0.789 
Energy feature 

adoption   
0.213 0.000 

Perceived usefulness 0.143 0.003 0.034 0.362 
Perceived ease of use 0.045 0.289 −0.064 0.054 
Attitude 0.181 0.001 0.340 0.000 
PBC 0.092 0.055 0.224 0.000 
Social norms 0.270 0.000 0.110 0.005 
Cost concern 0.079 0.011 −0.029 0.241 
Cyber security −0.075 0.021 0.069 0.007 
Trust in utilities −0.017 0.624 0.000 0.988 
Technology anxiety −0.014 0.683 −0.005 0.868  

R2 0.484 0.678 
Adjust R2 0.472 0.670 
F 41.315 86.499 
p 0.000 0.000 

Note: PBC = Perceived Behavioral Control; Attitude = attitude towards HEMS  
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(2) There are relatively high intentions to adopt HEMS among re-
spondents, with nearly 80% willing to pay in general and ~30% 
willing to pay more than $5/month for its energy features. A third 
of the respondents would consider paying for the feature that re-
duces community environmental impacts. For wellbeing features, 
respondents were more willing to pay for features like monitoring 
home security and telemedical during COVID-19, but not for job 
search and community updates through HEMS. There can be dif-
ferent factors influencing the preferences of features and WTP. We 
suspect that, for example, home security services are preferred over 
job searching services because the former are perceived as more 
directly related to home management systems and the technology 
more mature. Interestingly, people who have a moderate perceived 
risk of getting COVID-19 are willing to pay more than high- and 
low-risk groups. However, this may be tied to the group composi-
tion, as those perceiving moderate levels of risk also tend to have 
significantly higher incomes.  

(3) Social-psychological variables are important factors for explaining 
HEMS technology adoption intention and WTP during COVID-19. 
The TPB variables (attitude, PBC, and social norms) are overall the 
strongest predictors of adoption intention and WTP for HEMS. 
Regarding adoption intention for energy-related features, close 
friends, and family’s behavior (social norms) appear to be the 
strongest predictor, followed by perceived usefulness, after con-
trolling other factors. For wellbeing feature adoption intention, 
attitude is the strongest predictor, followed by social norms, and 
adoption intention of energy features. Regarding specific wellbeing 
features, attitude is the strongest predictor of WTP for telemedical 
service and home security, norms are the strongest predictor of 
WTP for elderly assistance and job search, and technology anxiety is 
the strongest predictor of WTP for community updates. Of the 
averaged WTP for wellbeing features, social norms are the strongest 
predictor. Surprisingly, technology anxiety does not hinder the 
participants from paying for HEMS's wellbeing features, although it 
was not related to adoption intention. Trust in utilities is not as-
sociated with adoption intention. Still, people who have higher 
levels of trust in their utility company are more willing to pay for 

the wellbeing features, suggesting that utilities have the potential to 
improve residents' wellbeing through community updates, job 
search, and telemedical services. Surprisingly, the effects of cost 
concerns vary across different dependent variables. Residents with 
higher HEMS cost concerns are actually more willing to adopt 
HEMS energy features, but no relationship is found with wellbeing 
feature adoption. Regarding WTP, people with higher cost concerns 
are less willing to pay for the telemedical feature, not other fea-
tures. We also found people with higher cybersecurity concerns 
have higher adoption intention for both energy and wellbeing 
features, but this relationship is not significant with WTP.   
Finally, (4) regarding demographics, we find gender is not related 
to adoption intention, but women tend to be less willing to pay for 
HEMS wellbeing features than men. Overall, higher-income re-
sidents and larger households are more willing to pay for all well-
being features. Elderly residents are less willing than younger re-
sidents to adopt and pay for HEMS, regardless of the features. 
Income level affects WTP for wellbeing features during COVID-19, 
but it does not affect adoption intention for these features. 

This study identifies several important and interconnected concepts 
relating to changes in daily energy use profile, climate change, and risk 
perceptions during -the padenmic in New York, while looking at the 
factors influencing adoption intention of and WTP for HEMS with the 
wellbeing functions for improving home environment and energy effi-
ciency. Given the stay-at-home orders in place in most countries, these 
wellbeing functions are critical features for specific populations. Our 
study is limited to a small sample in the New York; therefore, it is not 
representative of the entire New York City area or other cities in the 
U.S. Given the range and scale of current and anticipated impacts of the 
pandemic, this study provides a foundation for researchers to conduct 
larger-scale energy studies by considering the opportunities to build 
transdisciplinary collaborations through integrated methods and 
matching datasets. For example, this study could be expanded to other 
energy studies by considering cultural differences in social distancing, 
energy burden (including water), access to technology and energy ef-
ficiency appliances, healthy built-home environments, and social- 

Table 4 
Regression results of willingness to pay for HEMS with wellbeing features.              

Tele-medical Assist senior Community update Job search Home security 

β p β p β p β p Β p  

Constant           
Age −0.08 0.02 −0.08 0.03 −0.10 0.00 −0.17 0.00 −0.14 0.00 
Gender 0.07 0.03 0.03 0.35 0.08 0.02 0.12 0.00 0.04 0.17 
Income 0.14 0.00 0.10 0.01 0.06 0.09 0.00 0.92 0.09 0.01 
Household 0.09 0.02 0.08 0.04 0.15 0.00 0.14 0.00 0.10 0.01 
Risk 0.03 0.32 0.05 0.16 0.05 0.13 −0.00 0.91 0.04 0.19 
Intention −0.06 0.15 −0.00 0.98 −0.02 0.59 −0.06 0.16 −0.01 0.76 
Attitude 0.23 0.00 0.12 0.05 0.17 0.00 0.20 0.00 0.25 0.00 
PBC 0.11 0.02 0.13 0.02 0.15 0.00 0.08 0.12 0.08 0.13 
Norms 0.18 0.00 0.27 0.00 0.16 0.00 0.23 0.00 0.19 0.00 
Usefulness −0.05 0.36 −0.07 0.18 −0.01 0.92 −0.13 0.01 0.00 0.94 
Ease of use 0.08 0.09 0.08 0.07 0.02 0.74 0.06 0.22 0.02 0.74 
Cost −0.07 0.04 −0.06 0.06 −0.05 0.13 −0.02 0.50 −0.05 0.14 
Anxiety 0.16 0.00 0.15 0.00 0.23 0.00 0.19 0.00 0.06 0.09 
Cyber −0.03 0.45 0.01 0.71 −0.03 0.44 −0.04 0.22 0.01 0.88 
Trust utility 0.07 0.04 0.03 0.35 0.10 0.01 0.09 0.01 0.06 0.08  

R2 0.44 0.40 0.45 0.41 0.45 
Adjust R2 0.43 0.39 0.44 0.40 0.44 
F ratio 32.09 27.50 33.93 28.94 33.59 
P-value 0.00 0.00 0.00 0.00 0.00   

0.00   

Note: Household = Household size; Risk = Risk perception; PBC = Perceived behavioral control; 
Attitude = Attitude towards HEMS; Intention = Adoption intention of HEMS with energy features; Norms = social norms, Cyber = cyber security concern; 
Cost = cost concerns; Anxiety = Technology Anxiety.  
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psychological factors (e.g., perceived fairness, social networks, etc.). 
These transdisciplinary research topics could be analyzed through the 
design of integrated methods and matched data sets. 

Declaration of Competing Interest 

The authors declare that they have no known competing financial 
interests or personal relationships that could have appeared to influ-
ence the work reported in this paper. 

Acknowledgements 

Chien-fei Chen and Xiaojing Xu are funded by the Engineering 
Research Center Program of the U.S. National Science Foundation 
(NSF) and the Department of Energy under NSF award EEC-1041877 
and the CURENT Industry Partnership Program. The authors thank 
Hannah Nelson for manuscript preparation. 

References 

[1] UNFCC, “Climate Change is a Threat to Rich and Poor Alike,” UNFCC, 2017. 
[Online]. Available: https://unfccc.int/news/climate-change-is-a-threat-to-rich- 
and-poor-alike. 

[2] National Oceanic and Atmospheric Administration, “Climate change impacts,” 
NOAA, 2019. [Online]. Available: https://www.noaa.gov/education/resource- 
collections/climate-education-resources/climate-change-impacts. 

[3] WHO, “Q&A on coronaviruses (COVID-19),” Who, 2020. [Online]. Available: 
https://www.who.int/news-room/q-a-detail/q-a-coronaviruses. 

[4] K. Georgieva, “The Great Lockdown: Worst Economic Downturn Since the Great 
Depression,” International Monetary Fund, 2020. [Online]. Available: https:// 
blogs.imf.org/2020/04/14/the-great-lockdown-worst-economic-downturn-since- 
the-great-depression/. 

[5] J. Kaplan, L. Frias, M. McFall-Johnson, “Countries that are on lockdown because of 
coronavirus,” Business Insider, 2020. [Online]. Available: https://www. 
businessinsider.com/countries-on-lockdown-coronavirus-italy-2020-3?r=US& 
IR=T. 

[6] WHO, “Considerations for quarantine of individuals in the context of containment 
for coronavirus disease (COVID-19),” Who, no. February, pp. 3–5, 2020. [Online]. 
Available: https://www.who.int/publications/i/item/considerations-for- 
quarantine-of-individuals-in-the-context-of-containment-for-coronavirus-disease- 
(covid-19). 

[7] A. Salcedo, S. Yar, G. Cherelus, “Coronavirus Travel Restrictions and Bans Globally: 
Updating List,” The New York Times, 2020. [Online]. Available: https://www. 
nytimes.com/article/coronavirus-travel-restrictions.html. 

[8] L. Hook, A. Raval, “Coronavirus leads to ‘staggering’ drop in global energy demand, 
” Financial Times, 2020. [Online]. Available: https://www.ft.com/content/ 
ee88c064-2fac-4a08-aad5-59188210167b. 

[9] International Energy Agency, “Global energy demand to plunge this year as a result 
of the biggest shock since the Second World War,” IEA, 2020. [Online]. Available: 
https://www.iea.org/news/global-energy-demand-to-plunge-this-year-as-a-result- 
of-the-biggest-shock-since-the-second-world-war. 

[10] N. Norouzi, G. Zarazua de Rubens, S. Choubanpishehzafar, P. Enevoldsen, When 
pandemics impact economies and climate change: exploring the impacts of COVID- 
19 on oil and electricity demand in China, Energy Res. Soc. Sci. 68 (June) (2020) 
101654. 

[11] L.M. Lombrana, H. Warren, A pandemic that cleared skies and halted cities isn’t 
slowing global warming, Available, Bloomberg Green (2020), https://www. 
bloomberg.com/graphics/2020-how-coronavirus-impacts-climate-change/. 

[12] C. Le Quéré, R.B. Jackson, M.W. Jones, A.J.P. Smith, S. Abernethy, R.M. Andrew, 
A.J. De-Gol, D.R. Willis, Y. Shan, J.G. Canadell, P. Friedlingstein, F. Creutzig, 
G.P. Peters, Temporary reduction in daily global CO2 emissions during the COVID- 
19 forced confinement, Nat. Clim. Chang. 10 (7) (2020) 1–8. 

[13] International Energy Agency, “Global Energy Review 2020,” IEA, 2020. [Online]. 
Available: https://www.iea.org/reports/global-energy-review-2020. 

[14] M. Manley, T. Muschal, F. Annunziato, and J.-C. Herrenschmidt, “Letter to the 
President of the European Commission,” 2020. [Online]. Available: https://www. 
acea.be/uploads/news_documents/COVID19_auto_sector_letter_Von_der_Leyen.pdf. 

[15] Z. Khalil, “Israel in second wave of coronavirus: Report,” AA.com, 2020. [Online]. 
Available: https://www.aa.com.tr/en/latest-on-coronavirus-outbreak/israel-in- 
second-wave-of-coronavirus-report/1884160. 

[16] J. Gallagher, “Coronavirus: What is a second wave and is one coming?,” BBC, 2020. 
[Online]. Available: https://www.bbc.com/news/health-53113785. 

[17] F. Birol, “The coronavirus crisis reminds us that electricity is more indispensable 
than ever,” IEA, 2020. [Online]. Available: https://www.iea.org/commentaries/ 
the-coronavirus-crisis-reminds-us-that-electricity-is-more-indispensable-than-ever. 

[18] G. Wilson, N. Godfrey, S. Sharma, and T. Bassett, “We analysed electricity demand 
and found coronavirus has turned weekdays into weekends,” The Conversation, 
2020. [Online]. Available: https://theconversation.com/we-analysed-electricity- 
demand-and-found-coronavirus-has-turned-weekdays-into-weekends-134606. 

[19] R. Morison, N. S. Malik, and W. Wade, “Every Day’s a Weekend as Global 
Lockdowns Slam Power Demand,” Bloomberg, 2020. [Online]. Available: https:// 
www.bloomberg.com/news/articles/2020-03-12/every-day-s-a-weekend-as- 
global-lockdowns-slam-power-demand. 

[20] BBC, “Coronavirus: Domestic electricity use up during day as nation works from 
home,” BBC, 2020. [Online]. Available: https://www.bbc.com/news/technology- 
52331534. 

[21] C. J. Meinrenken, V. Modi, K. R. Mckeown, and P. J. Culligan, “New Data Suggest 
COVID-19 Is Shifting the Burden of Energy Costs to Households,” Columbia 
University, 2020. [Online]. Available: https://blogs.ei.columbia.edu/2020/04/21/ 
covid-19-energy-costs-households/. 

[22] BBC, “Coronavirus: Energy bill help for vulnerable amid outbreak,” BBC, 2020. 
[Online]. Available: https://www.bbc.com/news/business-51958920. 

[23] WHO, “A checklist for pandemic influenza risk and impact management,” WHO, 
2018. [Online]. Available: https://apps.who.int/iris/bitstream/handle/10665/ 
259884/9789241513623-eng.pdf;jsessionid= 
6E8497D165C8B96751FD14334D210A18?sequence=1. 

[24] Vanesa Castán Broto, Joshua Kirshner, Energy access is needed to maintain health 
during pandemics, Nat. Energy 5 (6) (2020) 419–421. 

[25] R. Frutos, M. Lopez Roig, J. Serra-Cobo, C.A. Devaux, COVID-19: the conjunction of 
events leading to the coronavirus pandemic and lessons to learn for future threats, 
Front. Med. 7 (May) (2020) 1–5. 

[26] A. Afelt, R. Frutos, C. Devaux, Bats, coronaviruses, and deforestation: toward the 
emergence of novel infectious diseases? Front. Microbiol. 9 (APR) (2018) 1–5. 

[27] J. Watts, ‘Promiscuous treatment of nature’ will lead to more pandemics – scientists, 
” The Guardian, 2020. [Online]. Available: https://www.theguardian.com/ 
environment/2020/may/07/promiscuous-treatment-of-nature-will-lead-to-more- 
pandemics-scientists?utm_term=RWRpdG9yaWFsX0dyZWVuTGlnaHQtMjAwNTEz 
&utm_source=esp&utm_medium=Email&CMP=greenlight_email&utm_ 
campaign=GreenLight. 

[28] G. Lobaccaro, S. Carlucci, E. Löfström, A review of systems and technologies for 
smart homes and smart grids, Energies 9 (5) (2016) 1–33. 

[29] K. Saul-Rinaldi, R. LeBaron, and J. Caracino, “Making Sense of the Smart Home: 
Applications of Smart Grid and Smart Home Technologies for Home Performance 
Industry,” no. May, 2014. 

[30] A. Nacer, B. Marhic, L. Delahoche, Smart home, smart HEMS, smart heating: an 
overview of the latest products and trends, May, 2017 6th Int Conf. Syst. Control. 
ICSC 2017, 2017, pp. 90–95. 

[31] B. Asare-Bediako, P.F. Ribeiro, W.L. Kling, Integrated energy optimization with 
smart home energy management systems, IEEE PES Innov. Smart Grid Technol. 
Conf. Eur. 2012, pp. 1–8. 

[32] M. Kuzlu, M. Pipattanasomporn, S. Rahman, Hardware demonstration of a home 
energy management system for demand response applications, IEEE Trans. Smart 
Grid 3 (4) (2012) 1704–1711. 

[33] S. Coetzee, T. Mouton, M.J. Booysen, Home energy management systems: a quali-
tative analysis and overview, 2017 IEEE AFRICON Sci. Technol. Innov. Africa, 
AFRICON 2017, 2017, pp. 1260–1265. 

[34] B. Zhou, et al., Smart home energy management systems: concept, configurations, 
and scheduling strategies, Renew. Sustain. Energy Rev. 61 (2016) 30–40. 

[35] S.S.S.R. Depuru, L. Wang, V. Devabhaktuni, Smart meters for power grid: chal-
lenges, issues, advantages and status, Renew. Sustain. Energy Rev. 15 (6) (2011) 
2736–2742. 

[36] C.-F. Chen, X. Xu, L. Arpan, Between the technology acceptance model and sus-
tainable energy technology acceptance model: investigating smart meter accep-
tance in the United States, Energy Res. Soc. Sci. 25 (2017) 93–104. 

[37] Jillian Ambrose, “Smart energy meter rollout deadline pushed back to 2024,” The 
Guardian, 2019. [Online]. Available: https://www.theguardian.com/environment/ 
2019/sep/16/smart-energy-meter-rollout-uk-deadline-pushed-back-2024. 

[38] U. S. Department of Energy, “Benefits of Demand Response in Electricity Markets 
and Recommendations for Achieving Them,” U.S. Department of Energy, 2006. 
[Online]. Available: https://www.energy.gov/sites/prod/files/oeprod/ 
DocumentsandMedia/DOE_Benefits_of_Demand_Response_in_Electricity_Markets_ 
and_Recommendations_for_Achieving_Them_Report_to_Congress.pdf. 

[39] S. Zhou, Z. Wu, J. Li, X.P. Zhang, Real-time energy control approach for smart home 
energy management system, Electr. Power Components Syst. 42 (3–4) (2014) 
315–326. 

[40] X. Fan, B. Qiu, Y. Liu, H. Zhu, B. Han, Energy visualization for smart home, Energy 
Procedia 105 (2017) 2545–2548. 

[41] US Department of Energy, “The Smart Home,” Smartgrid.gov. [Online]. Available: 
https://www.smartgrid.gov/the_smart_grid/smart_home.html. 

[42] J. Froehlich, L. Findlater, J. Landay, The design of eco-feedback technology, 
Proceedings of the 28th International Conference on Human Factors in Computing 
Systems, 2010, pp. 1999–2008. 

[43] T. Luor, H.P. Lu, H. Yu, Y. Lu, Exploring the critical quality attributes and models of 
smart homes, Maturitas 82 (4) (2015) 377–386. 

[44] Da Li, Xiaojing Xu, Chien-fei Chen, Carol Menassa, Understanding energy-saving 
behaviors in the American workplace: a unified theory of motivation, opportunity, 
and ability, Energy Res. Soc. Sci. 51 (2019) 198–209. 

[45] B.K. Sovacool, D.D. Furszyfer Del Rio, Smart home technologies in Europe: a critical 
review of concepts, benefits, risks and policies, Renew. Sustain. Energy Rev. 120 
(2020). 

[46] Nazmiye Balta-Ozkan, Benjamin Boteler, Oscar Amerighi, European smart home 
market development: Public views on technical and economic aspects across the 
United Kingdom, Germany and Italy, Energy Res. Soc. Sci. 3 (2014) 65–77. 

[47] M.E. Morris, et al., Smart technologies to enhance social connectedness in older 
people who live at home, Australas. J. Ageing 33 (3) (2014) 142–152. 

C.-f. Chen, et al.   Energy Research & Social Science 68 (2020) 101688

9

https://unfccc.int/news/climate-change-is-a-threat-to-rich-and-poor-alike
https://unfccc.int/news/climate-change-is-a-threat-to-rich-and-poor-alike
https://www.noaa.gov/education/resource-collections/climate-education-resources/climate-change-impacts
https://www.noaa.gov/education/resource-collections/climate-education-resources/climate-change-impacts
https://www.who.int/news-room/q-a-detail/q-a-coronaviruses
https://blogs.imf.org/2020/04/14/the-great-lockdown-worst-economic-downturn-since-the-great-depression/
https://blogs.imf.org/2020/04/14/the-great-lockdown-worst-economic-downturn-since-the-great-depression/
https://blogs.imf.org/2020/04/14/the-great-lockdown-worst-economic-downturn-since-the-great-depression/
https://www.businessinsider.com/countries-on-lockdown-coronavirus-italy-2020-3%3fr%3dUS%26IR%3dT
https://www.businessinsider.com/countries-on-lockdown-coronavirus-italy-2020-3%3fr%3dUS%26IR%3dT
https://www.businessinsider.com/countries-on-lockdown-coronavirus-italy-2020-3%3fr%3dUS%26IR%3dT
https://www.who.int/publications/i/item/considerations-for-quarantine-of-individuals-in-the-context-of-containment-for-coronavirus-disease-(covid-19)
https://www.who.int/publications/i/item/considerations-for-quarantine-of-individuals-in-the-context-of-containment-for-coronavirus-disease-(covid-19)
https://www.who.int/publications/i/item/considerations-for-quarantine-of-individuals-in-the-context-of-containment-for-coronavirus-disease-(covid-19)
https://www.nytimes.com/article/coronavirus-travel-restrictions.html
https://www.nytimes.com/article/coronavirus-travel-restrictions.html
https://www.ft.com/content/ee88c064-2fac-4a08-aad5-59188210167b
https://www.ft.com/content/ee88c064-2fac-4a08-aad5-59188210167b
https://www.iea.org/news/global-energy-demand-to-plunge-this-year-as-a-result-of-the-biggest-shock-since-the-second-world-war
https://www.iea.org/news/global-energy-demand-to-plunge-this-year-as-a-result-of-the-biggest-shock-since-the-second-world-war
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0050
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0050
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0050
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0050
https://www.bloomberg.com/graphics/2020-how-coronavirus-impacts-climate-change/
https://www.bloomberg.com/graphics/2020-how-coronavirus-impacts-climate-change/
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0060
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0060
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0060
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0060
https://www.iea.org/reports/global-energy-review-2020
https://www.acea.be/uploads/news_documents/COVID19_auto_sector_letter_Von_der_Leyen.pdf
https://www.acea.be/uploads/news_documents/COVID19_auto_sector_letter_Von_der_Leyen.pdf
https://www.aa.com.tr/en/latest-on-coronavirus-outbreak/israel-in-second-wave-of-coronavirus-report/1884160
https://www.aa.com.tr/en/latest-on-coronavirus-outbreak/israel-in-second-wave-of-coronavirus-report/1884160
https://www.bbc.com/news/health-53113785
https://www.iea.org/commentaries/the-coronavirus-crisis-reminds-us-that-electricity-is-more-indispensable-than-ever
https://www.iea.org/commentaries/the-coronavirus-crisis-reminds-us-that-electricity-is-more-indispensable-than-ever
https://theconversation.com/we-analysed-electricity-demand-and-found-coronavirus-has-turned-weekdays-into-weekends-134606
https://theconversation.com/we-analysed-electricity-demand-and-found-coronavirus-has-turned-weekdays-into-weekends-134606
https://www.bloomberg.com/news/articles/2020-03-12/every-day-s-a-weekend-as-global-lockdowns-slam-power-demand
https://www.bloomberg.com/news/articles/2020-03-12/every-day-s-a-weekend-as-global-lockdowns-slam-power-demand
https://www.bloomberg.com/news/articles/2020-03-12/every-day-s-a-weekend-as-global-lockdowns-slam-power-demand
https://www.bbc.com/news/technology-52331534
https://www.bbc.com/news/technology-52331534
https://blogs.ei.columbia.edu/2020/04/21/covid-19-energy-costs-households/
https://blogs.ei.columbia.edu/2020/04/21/covid-19-energy-costs-households/
https://www.bbc.com/news/business-51958920
https://apps.who.int/iris/bitstream/handle/10665/259884/9789241513623-eng.pdf%3bjsessionid%3d6E8497D165C8B96751FD14334D210A18%3fsequence%3d1
https://apps.who.int/iris/bitstream/handle/10665/259884/9789241513623-eng.pdf%3bjsessionid%3d6E8497D165C8B96751FD14334D210A18%3fsequence%3d1
https://apps.who.int/iris/bitstream/handle/10665/259884/9789241513623-eng.pdf%3bjsessionid%3d6E8497D165C8B96751FD14334D210A18%3fsequence%3d1
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0120
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0120
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0125
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0125
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0125
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0130
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0130
https://www.theguardian.com/environment/2020/may/07/promiscuous-treatment-of-nature-will-lead-to-more-pandemics-scientists%3futm_term%3dRWRpdG9yaWFsX0dyZWVuTGlnaHQtMjAwNTEz%26utm_source%3desp%26utm_medium%3dEmail%26CMP%3dgreenlight_email%26utm_campaign%3dGreenLight
https://www.theguardian.com/environment/2020/may/07/promiscuous-treatment-of-nature-will-lead-to-more-pandemics-scientists%3futm_term%3dRWRpdG9yaWFsX0dyZWVuTGlnaHQtMjAwNTEz%26utm_source%3desp%26utm_medium%3dEmail%26CMP%3dgreenlight_email%26utm_campaign%3dGreenLight
https://www.theguardian.com/environment/2020/may/07/promiscuous-treatment-of-nature-will-lead-to-more-pandemics-scientists%3futm_term%3dRWRpdG9yaWFsX0dyZWVuTGlnaHQtMjAwNTEz%26utm_source%3desp%26utm_medium%3dEmail%26CMP%3dgreenlight_email%26utm_campaign%3dGreenLight
https://www.theguardian.com/environment/2020/may/07/promiscuous-treatment-of-nature-will-lead-to-more-pandemics-scientists%3futm_term%3dRWRpdG9yaWFsX0dyZWVuTGlnaHQtMjAwNTEz%26utm_source%3desp%26utm_medium%3dEmail%26CMP%3dgreenlight_email%26utm_campaign%3dGreenLight
https://www.theguardian.com/environment/2020/may/07/promiscuous-treatment-of-nature-will-lead-to-more-pandemics-scientists%3futm_term%3dRWRpdG9yaWFsX0dyZWVuTGlnaHQtMjAwNTEz%26utm_source%3desp%26utm_medium%3dEmail%26CMP%3dgreenlight_email%26utm_campaign%3dGreenLight
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0140
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0140
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0150
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0150
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0150
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0155
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0155
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0155
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0160
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0160
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0160
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0165
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0165
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0165
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0170
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0170
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0175
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0175
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0175
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0180
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0180
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0180
https://www.theguardian.com/environment/2019/sep/16/smart-energy-meter-rollout-uk-deadline-pushed-back-2024
https://www.theguardian.com/environment/2019/sep/16/smart-energy-meter-rollout-uk-deadline-pushed-back-2024
https://www.energy.gov/sites/prod/files/oeprod/DocumentsandMedia/DOE_Benefits_of_Demand_Response_in_Electricity_Markets_and_Recommendations_for_Achieving_Them_Report_to_Congress.pdf
https://www.energy.gov/sites/prod/files/oeprod/DocumentsandMedia/DOE_Benefits_of_Demand_Response_in_Electricity_Markets_and_Recommendations_for_Achieving_Them_Report_to_Congress.pdf
https://www.energy.gov/sites/prod/files/oeprod/DocumentsandMedia/DOE_Benefits_of_Demand_Response_in_Electricity_Markets_and_Recommendations_for_Achieving_Them_Report_to_Congress.pdf
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0195
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0195
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0195
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0200
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0200
https://www.smartgrid.gov/the_smart_grid/smart_home.html
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0210
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0210
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0210
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0215
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0215
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0220
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0220
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0220
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0225
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0225
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0225
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0230
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0230
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0230
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0235
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0235


[48] Y. Jiang, X. Liu, S. Lian, Design and implementation of smart-home monitoring 
system with the internet of things technology, Wirel. Commun. Netw. Appl. 348 
(2016) 473–484. 

[49] D. Marikyan, S. Papagiannidis, E. Alamanos, A systematic review of the smart home 
literature: a user perspective, Technol. Forecast. Soc. Change 138 (August 2018) 
(2019) 139–154. 

[50] MarketsandMarkets, “Home Energy Management System Market worth 3.15 Billion 
USD by 2022.” MarketsandMarkets, 2016. [Online]. Available: https://www. 
marketsandmarkets.com/PressReleases/home-energy-management-systems-hems. 
asp. 

[51] L. Noel, G. Zarazua de Rubens, J. Kester, B.K. Sovacool, Vehicle-to-Grid: A 
Sociotechnical Transition Beyond Electric Mobility, Palgrave Macmillan, 2019. 

[52] G. Zarazua de Rubens, L. Noel, The non-technical barriers to large scale electricity 
networks: analysing the case for the US and EU supergrids, Energy Policy 135 
(2019) 111018. 

[53] Y. Joshi, Z. Rahman, Predictors of young consumer’s green purchase behaviour, 
Manage. Environ. Q.: Int. J. 27 (4) (2015) 452–472. 

[54] M. C. Claudy, M. Peterson, and A. O. Driscoll, “Understanding the Attitude-Behavior 
Gap for Renewable Energy Systems Using Behavioral Reasoning Theory,” 33(4), pp. 
273–287, 2013. 

[55] M. Rihar, N. Hrovatin, J. Zoric, Household valuation of smart-home functionalities 
in Slovenia, Util. Policy 33 (2015) 42–53. 

[56] T.J. Gerpott, M. Paukert, Determinants of willingness to pay for smart meters: an 
empirical analysis of household customers in Germany, Energy Policy 61 (2013) 
483–495. 

[57] W. Ji, E.H.W. Chan, Critical factors influencing the adoption of smart home energy 
technology in china: a guangdong province case study, Energies 12 (21) (2019). 

[58] A. Washizu, S. Nakano, H. Ishii, Y. Hayashi, Willingness to pay for home energy 
management systems: a survey in New York and Tokyo, Sustainability 11 (17) 
(2019) 4790. 

[59] A. Sanguinetti, B. Karlin, R. Ford, Understanding the path to smart home adoption: 
segmenting and describing consumers across the innovation-decision process, 
Energy Res Soc. Sci. 46 (June 2017) (2018) 274–283. 

[60] N. López-Mosquera, T. García, R. Barrena, An extension of the Theory of Planned 
Behavior to predict willingness to pay for the conservation of an urban park, J. 
Environ. Manage. 135 (2014) 91–99. 

[61] M. Le Gall-Ely, Definition, measurement and determinants of the consumer’s will-
ingness to pay: a critical synthesis and avenues for further research, Rech. Appl. en 
Mark. English Ed. 24 (2) (2009) 91–112. 

[62] N. Barber, P.J. Kuo, M. Bishop, R. Goodman, Measuring psychographics to assess 
purchase intention and willingness to pay, J. Consum. Mark. 29 (4) (2012) 
280–292. 

[63] H. Rohracher, The role of users in the social shaping of environmental technologies, 
Innovation 16 (2) (2003) 177–192. 

[64] Y. Strengers, Smart Energy Technologies in Everyday Life: Smart Utopia? Springer, 
New York, NY, 2013. 

[65] B.F.W. Geels, B. Sovacool, T. Schwanen, S. Sorrell, Sociotechnical transitions for 
deep decarbonization, Science 357 (6357) (2017) 1242–1244. 

[66] G. Verbong, D. Loorbach, Governing the Energy Transition: Reality, Illusion or 
Necessity? Routledge, New York, NY, 2012. 

[67] C. Wilson, T. Hargreaves, R. Hauxwell-Baldwin, Smart homes and their users: a 

systematic analysis and key challenges, Pers. Ubiquitous Comput. 19 (2) (2015) 
463–476. 

[68] I. Ajzen, The theory of planned behavior, Organ. Behav. Hum. Decis. Process. 50 (2) 
(1991) 179–211. 

[69] F. Davis, Perceived usefulness, perceived ease of use, and user acceptance of in-
formation technology, MIS Q. 13 (3) (1989) 319–340. 

[70] Covid Tracking Project, “The Covid Tracking Project - New York,” The Covid 
Tracking Project, 2020. [Online]. Available: https://covidtracking.com/data/state/ 
new-york. 

[71] V. Venkatesh, J.Y.L.T. Thong, X. Xu, Consumer acceptance and use of IT: extending 
the unified theory of acceptance and use of technology, MIS Q. 36 (1) (2012) 
157–178. 

[72] C. Chen, X. Xu, J. Adams, J. Brannon, F. Li, A. Walzem, When East meets West: 
understanding residents’ home energy management system adoption intention and 
willingness to pay in Japan and the United States, Energy Res. Soc. Sci. 69 (2020). 

[73] Electric Power Research Institiute, “COVID-19-Related Shutdowns Significantly 
Affect Regional Electric Use Without Impacting Electric System Resiliency, 
Reliability,” PR Newswire, 2020. [Online]. Available: https://www.prnewswire. 
com/news-releases/covid-19-related-shutdowns-significantly-affect-regional- 
electric-use-without-impacting-electric-system-resiliency-reliability-epri-analysis- 
301031037.html. 

[74] R. Tuckett, “Short-Term Energy Outlook (STEO) Forecast highlights,” US EIA - 
Short-Term Energy Outlook, no. April 2020, pp. 1–48, 2020. 

[75] S. Hinson, “COVID-19 is changing residential electricity demand - Renewable 
Energy World,” Renewable Energy World, 2020. [Online]. Available: https://www. 
renewableenergyworld.com/2020/04/09/covid-19-is-changing-residential- 
electricity-demand/#gref. 

[76] BBC, “Coronavirus: Wild animals enjoy freedom of a quieter world,” BBC, 2020. 
[Online]. Available: https://www.bbc.com/news/world-52459487. 

[77] S. Mesia, “Climate change: Future global pandemic?,” Ecoticias, 2020. [Online]. 
Available: https://www.ecoticias.com/cambio-climatico/200962/Julen-Gonzalez- 
Redin-Doctor-Desarrollo-Sostenible-Medio-Ambiente. 

[78] J. Schwartz, “Americans See Climate as a Concern, Even Amid Coronavirus Crisis,” 
The New York Times, 2020. [Online]. Available: https://www.nytimes.com/2020/ 
05/19/climate/coronavirus-climate-change-survey.html. 

[79] C. Funk and B. Kennedy, “How Americans see climate change and the environment 
in 7 charts,” Pew Research Center Fact Tank, 2020. [Online]. Available: https:// 
www.pewresearch.org/fact-tank/2020/04/21/how-americans-see-climate-change- 
and-the-environment-in-7-charts/. 

[80] A. Leiserowitz, Anthony and Maibach, Edward W. and Rosenthal, Seth and Kotcher, 
John and Bergquist, Parrish and Ballew, Matthew and Goldberg, Matthew and 
Gustafson, “Climate Change in the American Mind,” Yale Univ. Georg. Mason Univ., 
no. April, p. 71, 2019. 

[81] A. Leiserowitz, “International Public Opinion, Perception, and Understanding of 
Global Climate Change,” 2007. [Online]. Available: https://core.ac.uk/download/ 
pdf/6248846.pdf%0Ahttp://www.climateaccess.org/sites/default/files/ 
Leiserowitz_International Public Opinion.pdf. 

[82] S. Mair, “How will coronavirus change the world?,” BBC, 2020. [Online]. Available: 
https://www.bbc.com/future/article/20200331-covid-19-how-will-the- 
coronavirus-change-the-world.  

C.-f. Chen, et al.   Energy Research & Social Science 68 (2020) 101688

10

http://refhub.elsevier.com/S2214-6296(20)30263-2/h0240
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0240
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0240
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0245
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0245
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0245
https://www.marketsandmarkets.com/PressReleases/home-energy-management-systems-hems.asp
https://www.marketsandmarkets.com/PressReleases/home-energy-management-systems-hems.asp
https://www.marketsandmarkets.com/PressReleases/home-energy-management-systems-hems.asp
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0255
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0255
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0260
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0260
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0260
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0265
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0265
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0275
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0275
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0280
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0280
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0280
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0285
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0285
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0290
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0290
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0290
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0295
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0295
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0295
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0300
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0300
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0300
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0305
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0305
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0305
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0310
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0310
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0310
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0315
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0315
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0320
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0320
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0325
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0325
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0330
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0330
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0335
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0335
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0335
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0340
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0340
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0345
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0345
https://covidtracking.com/data/state/new-york
https://covidtracking.com/data/state/new-york
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0355
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0355
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0355
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0360
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0360
http://refhub.elsevier.com/S2214-6296(20)30263-2/h0360
https://www.prnewswire.com/news-releases/covid-19-related-shutdowns-significantly-affect-regional-electric-use-without-impacting-electric-system-resiliency-reliability-epri-analysis-301031037.html
https://www.prnewswire.com/news-releases/covid-19-related-shutdowns-significantly-affect-regional-electric-use-without-impacting-electric-system-resiliency-reliability-epri-analysis-301031037.html
https://www.prnewswire.com/news-releases/covid-19-related-shutdowns-significantly-affect-regional-electric-use-without-impacting-electric-system-resiliency-reliability-epri-analysis-301031037.html
https://www.prnewswire.com/news-releases/covid-19-related-shutdowns-significantly-affect-regional-electric-use-without-impacting-electric-system-resiliency-reliability-epri-analysis-301031037.html
https://www.renewableenergyworld.com/2020/04/09/covid-19-is-changing-residential-electricity-demand/%23gref
https://www.renewableenergyworld.com/2020/04/09/covid-19-is-changing-residential-electricity-demand/%23gref
https://www.renewableenergyworld.com/2020/04/09/covid-19-is-changing-residential-electricity-demand/%23gref
https://www.bbc.com/news/world-52459487
https://www.ecoticias.com/cambio-climatico/200962/Julen-Gonzalez-Redin-Doctor-Desarrollo-Sostenible-Medio-Ambiente
https://www.ecoticias.com/cambio-climatico/200962/Julen-Gonzalez-Redin-Doctor-Desarrollo-Sostenible-Medio-Ambiente
https://www.nytimes.com/2020/05/19/climate/coronavirus-climate-change-survey.html
https://www.nytimes.com/2020/05/19/climate/coronavirus-climate-change-survey.html
https://www.pewresearch.org/fact-tank/2020/04/21/how-americans-see-climate-change-and-the-environment-in-7-charts/
https://www.pewresearch.org/fact-tank/2020/04/21/how-americans-see-climate-change-and-the-environment-in-7-charts/
https://www.pewresearch.org/fact-tank/2020/04/21/how-americans-see-climate-change-and-the-environment-in-7-charts/
https://core.ac.uk/download/pdf/6248846.pdf%250Ahttp://www.climateaccess.org/sites/default/files/Leiserowitz_International+ublic+pinion.pdf
https://core.ac.uk/download/pdf/6248846.pdf%250Ahttp://www.climateaccess.org/sites/default/files/Leiserowitz_International+ublic+pinion.pdf
https://core.ac.uk/download/pdf/6248846.pdf%250Ahttp://www.climateaccess.org/sites/default/files/Leiserowitz_International+ublic+pinion.pdf
https://www.bbc.com/future/article/20200331-covid-19-how-will-the-coronavirus-change-the-world
https://www.bbc.com/future/article/20200331-covid-19-how-will-the-coronavirus-change-the-world

