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[ Abstract ] Radiomics, a technology based on multimodal medical image processing and analysis, is able to extract
automatically and analyze massive data from computed tomography (CT), magnetic resonance imaging (MRI), positron emis-
sion tomography/computed tomography (PET/CT) via high-performance computer algorithm in order to pursue early diag-
nosis of disease, benign and malignant tumor discrimination, dynamic evaluation of disease treatment, and individualized pre-
cision therapy. To date, many studies demonstrate that radiomics not only has great potential in early diagnosis of lung cancer
and prediction of genotype, treatment efficacy, as well as prognosis but also is based on imaging methods that are noninvasive,
inexpensive, and repeatable. It does demonstrate precious values in guiding the clinical diagnosis and treatment of lung cancer,
especially in the personalized and precise treatments and researches of lung cancer. However, the consistency and reproducibil-
ity of radiomics and the selection of robust characteristics still warrant further researches.
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