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INTRODUCTION

Healthcare institutions must now demonstrate that their elec-
tronic health record (EHR) has the capacity to collect gender
identity data 1, and gender-related demographic fields are
promoted as best practice for implementation 2, 3. However,
the utility of gender identity fields in retrospectively identify-
ing transgender patients, which is important for clinical care as
well as population health management, remains unknown.
This represents a critical first step in closing the gender iden-
tity gap in healthcare. In this study, we assessed the accuracy
of gender identity fields in the EHR by comparing their
accuracy with keyword search or problem list diagnoses,
which have previously been used to identify transgender
patients in the absence of gender identity fields 4, 5.

METHODS

Subjects with a primary care provider (PCP) in either of
Partners’ two primary academic teaching institutions between
years 2015 and 2019 were included in this retrospective chart-
based study (n = 1,504,423). At Partners, the Epic EHR (Epic
Corporation, Verona, WI) has gender-related fields that in-
clude gender identity, legal sex, and sex assigned at birth.
Patients were included as possibly transgender if any of the
following were found: narrative text from physician notes with
the words “transgender,” “transsexual,” “transvestite,” “gen-
der identity,” “gender dysphoria,” or “gender reassignment” 4

a problem list diagnosis mapped to an F64 ICD10 code
(“Gender identity disorders”); a gender identity field entry
listed as transgender; any discrepancy between the three gen-
der identity fields when they were present and represented a
binary gender classification. We performed chart reviews to
validate the classification of patients as the gold standard for

transgender classification and calculated the four components’
test characteristics.

RESULTS

Of the 1,504,423 included patients, 13,424 (0.89%) were
identified as possibly transgender. All patients had a complet-
ed legal sex field (100%). The “Sex assigned at birth” field
was complete for 6539 patients (48.7%), and 6445 (48.0%)
patients had a completed “Gender identity” field; there were
6166 (45.9%) patients with all three fields completed. Of the
potentially transgender patients, 2109 (15.7%) were identified
as such by at least two components (e.g., diagnosis and key-
word). The remaining patients were only identified via a single
method: keyword (89%), gender field discrepancy (14%), ICD
codes (1.2%), and listed as transgender (5.1%).
A subset of patients (n = 324) were selected for chart review

to validate transgender classification. Twenty-six patients
(8.0%) were confirmed to be transgender on chart review
(Fig. 1). Notably, 24 patients were identified as possibly
transgender by gender-related field discrepancy alone and
were all found to be cisgender on chart review. Finally, to test
the extent to which the lack of the four components could
distinguish between trans- and cisgender, we reviewed 100
patient charts that did not meet any component of the algo-
rithm. None was found to be transgender on chart review.]–>

DISCUSSION

Accurate identification of transgender patients directly
impacts clinical care, research, and policy. We found signifi-
cant challenges in the use of gender-related fields alone for
identifying transgender patients. These fields, including a
“transgender” identifier, were less sensitive and less specific
than other methods. In our large health system, narrative text
keywords and ICD codes were more sensitive than any
gender-related field-based method of identifying transgender
patients (Table 1).
Variation in gender-related fields’ use and accuracy present

a significant barrier to improving clinical care for transgender
patients, and further limits the promise of these fields for
research endpoints 6. Overall, the full set of gender-related

Dinah Foer and David M. Rubins are shared first authors

Received October 31, 2019
Accepted November 20, 2019
Published online December , 2019

J Gen Intern Med 35(12):3724–5

3724

5

http://crossmark.crossref.org/dialog/?doi=10.1007/s11606-019-05567-6&domain=pdf


fields were used in less than half of patients studied. Most
notably, all patients identified by gender-related field discrep-
ancy alone were found to be cisgender on chart review. Further
research is needed to understand the reasons for this variability
and the impact of EHR structure on the potential to capture
patient-centered metrics.
This study was performed in a large integrated hospital

system with a common commercial EHR though may not
reflect institution-specific fields in other EHRs. In the context
of increasing federal and institutional pressures to collect
gender data, our findings uncover early challenges that have
significant implications for patients as well as clinicians,
administrators, and policy makers. Post-implementation re-
view of gender identity fields in the EHR should be a critical

first step towards improving care particularly for the transgen-
der population.
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Figure 1. Transgender identification in the EHR. Euler diagram of patients confirmed to be transgender on EHR chart review by method.

Table 1 Test characteristics for transgender patient identification in
the electronic health record

Method Sensitivity Specificity

Keyword 23% 35%
ICD* 4% 100%
Transgender 8% 99%
Gender discrepancy 0% 94%
ICD + transgender 8% 100%
Keyword + ICD 4% 100%
Keyword + transgender 4% 100%
Keyword + gender discrepancy 12% 99%
Keyword + ICD + transgender 19% 100%
Keyword + gender discrepancy + ICD 19% 100%
Any method 100% 27%

*ICD international classification of diseases
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