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Abstract

Background Self-monitoring is a key component of be-
havioral weight loss (BWL) interventions. Past research
suggests that individuals may avoid self-monitoring
in certain contexts (e.g., skipping self-weighing after
higher-than-usual calorie intake). However, no studies
have attempted to quantify individuals’ inclination to
avoid information about their weight control (“weight-
related information avoidance”; WIA) or prospectively
examined its implications for treatment engagement and
outcomes in BWL programs.

Purpose Characterize WIA using a validated ques-
tionnaire among adults enrolled in BWL treatment
and examine whether WIA prospectively predicts self-
monitoring adherence, session attendance, treatment
discontinuation, or weight loss.

Methods Participants (N = 87, M, = 34.9 kg/m?, 83%
female) completed a measure of WIA prior to starting
a 12 week, group-based BWL intervention. Participants
were given digital self-monitoring tools and instructed

to self-monitor their food intake daily, physical activity
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daily, and body weight weekly (Weeks 1-10) and then
daily (Weeks 11-12). Session attendance and treatment
discontinuation were recorded. Weight was measured
in-clinic pretreatment and posttreatment.

Results While mean WIA was low (M = 2.23, standard
deviation [SD] = 0.95; potential scale range: 1-7), greater
WIA predicted poorer attendance (r = —.23; p = .03) and
poorer self-monitoring of physical activity (r = —.28;
p = .009) and body weight (r = —.32; p = .003). WIA did
not predict food monitoring (p = .08), treatment discon-
tinuation (p = .09), or 12 week weight loss (p = .91).

Conclusions Greater WIA, as assessed via a brief ques-
tionnaire, may place individuals at risk for poorer self-
monitoring and treatment engagement during BWL.
Further research on the implications of WIA in the
context of weight management is warranted, including
evaluation of correlates, moderators, and mechanisms of
action of WIA.

Clinical Trial Registration NCT03337139.
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Consistent self-monitoring of eating behavior, physical
activity, and body weight is integral to success in behav-
ioral weight loss (BWL) programs [1, 2], yet individuals
in these programs may struggle to consistently self-
monitor [3, 4]. Numerous factors likely contribute to this
difficulty, including logistical barriers and finding self-
monitoring to be burdensome and boring [5]. Digital self-
monitoring tools (e.g., passive physical activity monitors,
electronic food diaries, and “smart” scales) have greatly
reduced the time and effort required for self-monitoring,
helping to counter some of these barriers and improving
adherence [3, 5-7]. However, clinical wisdom and a small
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body of empirical work suggests that individuals may
also at times choose not to self-monitor in order to avoid
obtaining information about their weight management
that may be experienced as unwanted or unpleasant (e.g.,
avoiding self-weighing when weight gain is anticipated)
[8, 9]. While information avoidance, defined as any be-
havior that is designed to prevent or delay the acquisition
of available but potentially unwanted information [10],
may thus interfere with self-monitoring during BWL
treatment and could negatively impact treatment out-
comes, few studies have examined information avoidant
attitudes and their implications in the context of weight
management.

A key function of self-monitoring during BWL is to
help individuals to monitor their progress with eating,
physical activity, and weight loss goals [11]. Monitoring
of goal progress is an effective behavior change and goal
attainment strategy [12, 13] that involves tracking be-
haviors or outcomes and comparing them to a reference
value [14]. Goal progress monitoring is theorized to fa-
cilitate behavior change partially by indicating whether
or not there is a discrepancy between one’s current and
desired state, thus providing information about what
action(s) one should take in the future [15, 16]. When
one is successfully achieving their desired target (no dis-
crepancy), monitoring can provide positive reinforce-
ment (e.g., through a sense of accomplishment) for
behavioral changes [16]. Per operant conditioning prin-
ciples, this positive reinforcement should make the be-
haviors that led to goal attainment—and self-monitoring
itself—more likely to recur. When one is not meeting
their desired target (discrepancy), monitoring can signal
that additional effort or alternative approaches are
needed to reach one’s goal [15, 16]. While monitoring
of goal progress can, therefore, provide valuable data
for informing future behavior when a goal has not been
met, individuals may also experience uncomfortable
thoughts or feelings (e.g., disappointment) when seeing
this discrepancy. Individuals may sometimes choose to
avoid this information—a phenomenon that some have
termed “the ostrich problem” [17]. This avoidance may
become a negatively reinforced behavior; by preventing
one from experiencing aversive thoughts and feelings, the
likelihood of avoiding self-monitoring again in similar
future situations increases. Information avoidance may
thus interfere with both short-term and long-term goal
progress.

Research across disciplines (e.g., psychology and com-
munications) suggests that people may avoid information
for three main reasons: (a) it may cause unpleasant emo-
tions, (b) it may demand undesired action, and (c) it may
demand a change in beliefs (for a review, see Sweeney
et al. [10]). Integrating and extending on these reasons
for general information avoidance, Webb et al. proposed
a model of the motives underlying avoidance of goal

progress monitoring in particular [17]. They posit that
the extent of one’s goal progress monitoring is deter-
mined by an interaction among four motives: self-assess-
ment (i.e., the desire to obtain accurate knowledge about
goal progress), self-improvement (i.e., the desire to better
the self), self-enhancement (i.e., the desire to maintain a
positive view of the self), and self-verification (i.e., the
desire to maintain a coherent self-representation). When
conflict between these motives arise (e.g., the self-assess-
ment motive argues for stepping on the scale to obtain
accurate information about weight loss progress, while
the self-enhancement motive argues against self-weighing
when one suspects weight gain), a dilemma may arise and
individuals may opt to avoid information. Acceptance-
based therapies, which have successfully been applied to
BWL, have posited similar notions; that is, that individ-
uals may avoid behaviors like self-monitoring in order
to avoid or reduce uncomfortable thoughts and feelings
[18, 19]. Factors such as goal importance, self-regulatory
strength, self-efficacy, coping style, and psychological ac-
ceptance (i.e., openness to and willingness to experience
uncomfortable thoughts and feelings) may influence
whether one ultimately decides to self-monitor in such
situations [10, 17-20].

Several studies suggest that individuals engaged in
BWL may exhibit information avoidance. For example,
one study found that when individuals consumed more
calories on a given day than was typical for them, they
were less likely to weigh themselves the following day
[8]. Qualitative research comparing the behaviors of
individuals who successfully maintain weight loss and
those who regain weight has also indicated that those
who regain, but not those who maintain, tend to avoid
self-weighing when they suspect they have gained weight
[9]. As these latter findings highlight, if individuals avoid
progress monitoring, it can make it difficult to know
when and how to act, thus hindering effective self-regula-
tion and goal pursuit [15, 17]. Indeed, less frequent self-
monitoring is consistently associated with less weight
loss in BWL [1, 21, 22]. In summary, information avoid-
ance appears relevant to self-monitoring during BWL [§]
and qualitative data suggest that information avoidance
may impair long-term outcomes [9]. However, no studies
have attempted to quantify individuals’ inclination to
avoid information about their weight control or pro-
spectively examined its implications for BWL treatment.

Recently, a self-report measure of individuals’ pro-
pensity to avoid learning information was developed (the
Information Avoidance Scale) [23]. This questionnaire
assesses individuals’ attitudes toward learning informa-
tion about a particular topic (e.g., “When it comes to
___, sometimes ignorance is bliss”) and their reported
tendency to avoid learning information (e.g., “I would
avoid learning information about ___”). This scale thus
both identifies individual differences in information
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avoidance tendencies and may serve as a domain-specific
predictor of avoidance behaviors [23]. This measure may
be a useful tool for assessing individuals’ information
avoidance attitudes and tendencies with regard to their
weight control, hereafter referred to as “weight-related
information avoidance” (WIA). Although the construct
of information avoidance has similarities to several other
constructs previously investigated in the health behavior
literature, such as experiential avoidance (i.e., a desire
or attempt to avoid or minimize unwanted internal ex-
periences, including thoughts, feelings, memories, and
physical sensations) [24]; anticipated regret; and instru-
mental attitudes (i.e., evaluations or beliefs about how
beneficial vs. harmful a particular behavior is) [25], it
also differs from previous constructs in important ways.
At the broadest level, while these other constructs all
relate to potential reasons or motivations for why indi-
viduals may avoid information, questionnaires related
to these other constructs do not explicitly assess individ-
uals’ desire to avoid information itself nor behavioral ten-
dencies to avoid learning information (see Sweeny et al.
and Howell and Shepperd for further discussion) [10,
23]. Thus, the Information Avoidance Scale represents a
brief, focused tool for evaluating attitudes and tenden-
cies to avoid information about a topic of interest—here,
weight management—regardless of the exact reasons for
such avoidance. Further examination of WIA among
adults engaged in BWL treatment is needed to determine
whether WIA, as assessed via self-report, may represent
a risk factor for poorer outcomes in BWL in terms of
poorer treatment engagement or response.

The present study aimed to: (a) characterize WIA
among individuals enrolled in a 12 week, group-based
BWL program that used digital self-monitoring tools
and (b) examine whether WIA, as measured via self-
report prior to the start of treatment, predicts self-
monitoring adherence, session attendance, treatment
discontinuation, or weight loss during the 12 week pro-
gram. Reported reasons for (or for not) self-monitoring,
attending sessions, and completing the program were not
directly assessed; instead, we conceptualized these vari-
ables as potential markers of behavioral avoidance. We
hypothesized that higher WIA would predict less fre-
quent self-monitoring, poorer attendance, greater likeli-
hood of discontinuation, and less weight loss.

Methods
Participants
The present project was a substudy conducted with par-

ticipants originally recruited for a clinical trial (R21
DK112741) focused on weight loss maintenance [26].

Participants were eligible for the parent study if they were
18-70 years old, had a body mass index between 25.0
and 45.0 kg/m’, were able to engage in physical activity,
owned a smartphone, and had access to wireless internet
in their home. Participants were excluded if they were
diagnosed with a medical or psychiatric condition that
would contraindicate study participation, recently began
or changed a medication that is known to affect weight,
had undergone bariatric surgery, had lost 25% of their
body weight in the past 3 months, or were nursing, preg-
nant, or planning to become pregnant during the course
of the trial. All participants provided informed consent.

Procedure

The parent study was approved by the institutional re-
view board and was registered at www.clinicaltrials.gov
(NCT03337139). Potential participants were recruited
for the parent study from the community using media
and print advertisements. Individuals who expressed
interest initially completed a brief phone screening to as-
sess eligibility and, then, attended a group informational
session to learn more about the study. Figure 1 displays
information about the study flow.

All participants (N = 87) attended one orientation ses-
sion that was intended to orient them to program proced-
ures and tools, followed by 12 sessions of weekly BWL
treatment. The present study analyzed data from this 12
week period only, which was meant to induce initial weight
loss of 10% of baseline weight and was considered to be
the active weight loss phase of treatment. Consistent with
the parent study’s focus on weight loss maintenance, parti-
cipants were randomized to different weight loss mainten-
ance conditions after completing this initial 12 week period.
All participants thus received identical intervention for the
time period of interest (Weeks 1-12). Treatment during the
12 weeks consisted of in-person, group treatment based

Screened (n = 343)

Excluded (n =256)
« Ineligible (n = 85)
* Declined to participate (n=171)

Enrolled (n = 87)

=

Allocated to intervention (n = 87)
* Received allocated intervention (n = 77)
 Elected to discontinue intervention (n = 10)

Figure 1. Study flow.
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on the content from the Diabetes Prevention Program and
Look AHEAD [27, 28]. Groups were led by masters- or
PhD-level clinicians. Participants were encouraged to strive
for a weight loss goal of 10%. To achieve this goal, parti-
cipants were taught dietary self-monitoring principles and
encouraged to meet a daily calorie goal of 1,200-1,500 for
those with a starting weight <250 Ibs. and 1,500-1,800 for
those 2250 1bs. Weekly physical activity goals were set pro-
gressively such that participants engaged in greater phys-
ical activity every week to a final goal of 250 min/week.
Prior to each group session, participants were weighed in-
dividually by an interventionist and provided with brief,
personalized feedback. If participants could not attend a
scheduled group, they were expected to meet individually
with an interventionist to review the missed content.

All participants were instructed to use several digital
self-monitoring devices during treatment, which were
provided to them at the orientation session. Specifically,
participants received a digital Yunmai scale to track their
weight change and a Fitbit Flex to track their physical ac-
tivity, and the Fitbit food recording app was downloaded
onto each participant’s personal smartphone for moni-
toring of dietary intake. With regard to self-monitoring
prescriptions, participants were instructed to weigh them-
selves weekly for the first 10 weeks and daily thereafter
(Weeks 11-12). This self-weighing prescription was meant
to align with traditional recommendations to self-monitor
weight weekly during active weight loss and daily during
weight loss maintenance [1]. Although the study’s weight
loss maintenance period did not formally begin until
Week 13, a daily self-weighing prescription was intro-
duced during Weeks 11 and 12 to help participants tran-
sition to the maintenance weighing prescription while still
having the support of the BWL group and intervention-
ists. Participants were instructed to monitor their food in-
take and physical activity using the Fitbit app and Fitbit
Flex device, respectively, on a daily basis throughout the
12 week intervention. Data from the three self-monitoring
devices (Fitbit Flex, wireless scale, and food recording
app) were automatically uploaded into a personalized
Fitbit account that could be accessed via smartphone
and online. Participants were encouraged to view their
data online or on the smartphone app throughout the 12
week period to assess progress. An online research portal
also automatically captured data from participants’ self-
monitoring devices; participants provided permission at
treatment start for study staff to access and download this
information for research purposes.

Measures

Sociodemographic characteristics and BM1

Participants self-reported their age, gender, race, and
ethnicity on a questionnaire. Participants’ height and

weight were measured by research staff using a Tanita
model WB-3000 digital scale and its built-in height rod.
Participants were weighed in lightweight clothes without
shoes. Percentage of weight loss was calculated such that
negative values indicate weight loss.

Weight-related information avoidance

A modified version of the Information Avoidance Scale
[23] was used to assess WIA. This eight-item scale was
designed to be used flexibly such that content added to
each item stem is tailored to assess information avoid-
ance attitudes and tendencies specific to a particular
topic area (e.g., weight management). Table 1 shows the
scale items, with original item stems bolded. For four of
the original eight items, we completed the stem with “in-
formation about my weight control (e.g., my weight, cal-
orie intake, or level of physical activity).” For two of the
original stems, we opted to assess information avoidance
for weight, calorie intake, and level of physical activity
separately, resulting in the use of three items for each
original stem. To avoid further increasing scale length,
we then opted to remove two stems that appeared less
applicable to weight control and/or redundant (i.e., “I

Table 1. Weight-related information avoidance measure
Item M (SD)
1 would rather not know my weight. 2.21(1.48)
I would rather not know my calorie intake. 2.17 (1.34)
1 would rather not know my level of physical 1.83 (1.05)
activity.
I would avoid learning information about my 1.94 (1.36)
weight control (e.g., my weight, calorie in-
take, or level of physical activity).
Even if it will upset me, I want to know infor- 1.90 (1.16)
mation about my weight control (e.g., my
weight, calorie intake, or level of physical
activity; R).
When it comes to information about my 2.58 (1.76)
weight control (e.g., my weight, calorie
intake, or level of physical activity), some-
times ignorance is bliss.
I can think of situations in which I would 3.17 (1.99)
rather not know information about my
weight control (e.g., my weight, calorie
intake, or level of physical activity).
It is important to know my weight (R). 2.10 (1.45)
It is important to know my calorie in- 2.20(1.37)
take (R).
It is important to know my level of physical 1.90 (1.01)
activity (R).

Bolded text added to indicate stem from original Information
Avoidance Scale [23].

R reverse scored; SD standard deviation.
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want to know ___ immediately” and “I want to know
___ 7). Participants responded to each item using a
seven-point Likert-type scale ranging from 1 (strongly
disagree) to 7 (strongly agree) and a mean score was
computed. Cronbach’s alpha for the present study was
good (o = .85).

Self-monitoring adherence

Adherence to the self-weighing prescription was de-
termined via a multistep process, given that the fre-
quency of prescribed self-weighing changed during
the intervention (i.e., weekly during Weeks 1-10
and daily thereafter). We first calculated adherence
to the self-weighing prescription at the weekly level
(i.e., Weeks 1-10: 21 weigh-in = 100% adherence for
that week; Weeks 11 and 12: adherence = (days self-
weighed/7) x 100%). For Weeks 11 and 12, we opted
to calculate the percentage of days that participants
self-weighed continuously instead of dichotomously
coding weeks as adherent (i.e., weighed on all 7 days)
or nonadherent (i.e., weighed <7 days) in order to
better capture variability in adherence to the daily
self-weighing prescription in these latter weeks and
to better detect potential behavioral avoidance of
self-weighing. We then computed an average of these
week-level adherence values to summarize overall ad-
herence to the self-weighing prescription across the
12 weeks.

Consistent with prior studies, adherence to physical
activity monitoring was assessed by computing the per-
centage of days that participants wore and logged at least
500 steps on their Fitbit Flex [29-31]. This threshold was
selected as it avoids counting ambient movement of the
device and days on which participants likely wore the
device for very little time while minimizing the amount
of discarded data that would be considered valid with a
lower threshold (e.g., any steps) [32]. However, as a sen-
sitivity analysis, we also computed and analyzed the per-
centage of days that any steps were logged by the Fitbit
Flex [33].

Past studies have used a variety of thresholds for
defining adherence to food logging (e.g., 250% of daily
kilocalories goal logged; >500 or 800 kcal logged; any
kilocalorie intake logged; >5 items logged; >2 meals
logged; see Turney-McGrievy et al. [34]). We opted to
operationalize adherence based on the percentage of
days with 2800 kcal recorded. We choose this threshold
because it emerged as the threshold that best predicted
weight loss among individuals using a food tracking app
in a recent study that evaluated several potential log-
ging thresholds [34], 800 kcal is generally considered ad-
equate to deem a day of dietary intake plausible [35, 36],
and it has been used as a marker of adherence in several
prior studies [37, 38].

Session attendance

Research staff recorded whether participants attended
each of the 12 sessions. While individuals were asked to
complete an individual makeup session if unable to at-
tend one of the group meetings, these makeup sessions
were not included in attendance calculations to provide
a more conservative estimate of attendance. Session at-
tendance was expressed as a percentage of the 12 sessions
attended.

Treatment discontinuation

Research staff recorded if a participant elected to for-
mally discontinue participation during the 12 week treat-
ment period. Treatment discontinuation was coded such
that 1 = elected to discontinue treatment and 0 = re-
mained enrolled in treatment.

Statistical Approach

Data were analyzed in SPSS version 25 and statistical
level was set at « = .05. All data were screened for out-
liers, normality, and missingness. The distributions
for self-monitoring adherence and session attendance
variables were nonnormally distributed. Specifically,
these distributions were negatively skewed, with the
degree of skewness ranging from —1.41 (food logging)
to —2.61 (Fitbit Flex wear). For ease of interpretation
and given that most parametric tests are quite robust
to skewness [39], we opted to use parametric models.
Importantly, however, the results remained un-
changed when conducting sensitivity analyses using
both nonparametric models (e.g., Spearman correl-
ation) and Pearson correlation with bootstrapping
(1,000 samples, 95% confidence intervals). WIA was
characterized with descriptive statistics. Associations
between WIA and sociodemographic characteristics
were examined using ¢-tests (for categorical variables)
and Pearson correlation (for continuous variables).
Participant race was dichotomized for analyses
(White = 1, non-White = 0). Sensitivity analyses were
conducted that controlled for any sociodemographic
characteristics that were significantly related to WIA
scores. The prospective associations of WIA with
self-monitoring adherence and treatment-related out-
comes were assessed with Pearson correlations (for
continuous variables) and logistic regression (for
predicting treatment discontinuation). If participants
elected to discontinue treatment, data from their
self-monitoring devices were retained until the time
that they discontinued treatment, after which point
values were entered that assumed nonadherence. Only
completers were used in analyses assessing the rela-
tionship between WIA and 12 week weight loss. One
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participant was missing self-monitoring data and was
excluded from these analyses.

Results

Participant Sample Characteristics and Associations
Between Sociodemographic and Anthropometric
Characteristics With WIA

Table 2 displays sociodemographic and anthropometric
characteristics for the sample. As shown, participants
(N = 87) on average had a BMI in the obese range and
were middle aged. Most participants identified as fe-
male and non-Hispanic/Latina, and approximately half
(51.72%) of the sample identified as White. WIA did not
significantly differ based on gender (r = —1.63, p = .11),
race (¢t = —1.13, p = .26), or ethnicity (z = 0.21, p = .83).
WIA also was not significantly related to BMI, r = .15,
p=.16,orage,r=-.18, p =.10.

Characterizing WIA

On average, reported WIA was low, with a mean *
standard deviation (SD) of 2.23 + 0.95 and an observed
range of 1.00-4.70 (potential scale range: 1.00-7.00).
A majority (88.50%) of the sample reported WIA values
below the scale midpoint.

WIA as a Prospective Predictor of Self-Monitoring,
Session Attendance, Treatment Discontinuation, and
Weight Loss

Mean adherence to self-monitoring recommenda-
tions was high: self-weighing at the prescribed fre-
quency = 80.54 £ 24.56%, percentage of days of Fitbit
wear with >500 steps = 88.67 + 21.21%, and percentage
of days logging 2800 kcal = 76.64 £ 24.68%. WIA was
significantly correlated with adherence to the prescribed
self-weighing frequency, r = —.32, p = .003 and per-
centage of days wearing the Fitbit with 2500 recorded
steps, » = —.28, p = .009. Sensitivity analyses indicated
that the relation between WIA and Fitbit wear remained
significant when using a threshold of 21 recorded step/
day, r = .28, p = .008 (M + SD = 89.78 + 21.00%). WIA
was not significantly related to percentage of days log-
ging 2800 kcal, r = —.19, p = .08.

Attendance at group sessions across the 87 enrolled
participants was high, with participants attending an
average of 81.6 £ 22.61% of group sessions. WIA sig-
nificantly predicted attendance, r = —.23, p = .03. Ten
(11.49%) participants elected to discontinue their par-
ticipation during the 12 week treatment period. Logistic

Table 2. Sociodemographic/anthropometric characteristics

M (SD) or n (%)

BMI (kg/m?) 34.92 (4.87)
Age (years) 50.02 (13.14)
Gender (1, % female) 72 (82.76%)
Race

American Indian/Native Alaskan 1 (1.15%)

Asian 3 (3.45%)

Native Hawaiian or other 0 (0%)

Pacific Islander

Black/African American 31 (35.63%)

‘White/Caucasian 45 (51.72%)

Other or more than one race 7 (8.05%)
Ethnicity

Hispanic/Latina 5(5.75%)

Not Hispanic/Latina 82 (94.25%)

BM1I body mass index

regression revealed that WIA did not significantly predict
treatment discontinuation, X2 (1, N=87)=2.90, p = .09.
Mean 12 week percentage of weight loss was —6.05 +
4.19%, with a range of —19.70% to +2.07%. WIA was
not related to percentage of weight loss, r = —.01, p = .91.

Discussion

This study is the first to our knowledge to characterize
weight-related information avoidance attitudes and ten-
dencies (i.e., WIA) among adults enrolled in a BWL pro-
gram and to examine WIA as a prospective predictor
of treatment engagement and outcomes. WIA was on
average quite low. This may have partially resulted from
self-selection of participants enrolling in this study; as
participants were told during the enrollment process
that the study placed a strong emphasis on monitoring
and would require them to regularly self-monitor with
digital tools, to have their weight measured by staff,
and to report on their progress during group sessions,
participants with high levels of WIA may have elected
not to participate. Despite being low, however, greater
pretreatment WIA predicted poorer self-monitoring
of body weight and physical activity, as well as poorer
attendance. WIA was not significantly related to self-
monitoring of food intake (p = .08; small to medium
effect size) or weight loss. Overall, these findings suggest
that the brief measure of WIA used in this study may be
a useful tool for identifying individuals who are at risk
for poorer treatment engagement. Findings also war-
rant further research on WIA in the context of weight
management.
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While we did not directly assess factors that led to
days without self-monitoring or session absences and
thus cannot ascertain the extent to which WIA directly
impacted these variables, our findings suggest that
higher WIA predicts more frequent behavioral avoid-
ance during BWL. This is consistent with the concep-
tualization of the Information Avoidance Scale, which
was partially developed to serve as a proxy for avoid-
ance behaviors and has been shown to have good pre-
dictive validity [23]. Still, there is appeal in being able to
administer a brief self-report measure to participants
at the start of BWL treatment to identify those who
may be more prone to difficulties with self-monitoring
adherence and attendance. Our failure to detect a sig-
nificant relation between WIA and self-monitoring of
eating may have been influenced by limited power, a
more nuanced relation between WIA and eating self-
monitoring than our threshold could detect (e.g.,
avoiding recording only when kilocalorie intake ex-
ceeds one’s daily target) or the greater complexity of
food logging. Accurate kilocalorie estimation and food
logging require some knowledge and skill and eating
must be logged repeatedly throughout the day. Factors
other than WIA (e.g., nutritional literacy and motiv-
ation) may thus have influenced apparent adherence
to eating self-monitoring [40, 41] and minimized the
predictive effect of WIA. In contrast, self-weighing
and wearing a FitBit are comparatively brief and less
cognitively taxing; thus, failure to perform these behav-
iors may be more likely to be indicative of behavioral
avoidance and more strongly predicted by a measure
of WIA [17].

WIA did not predict percentage of weight loss during
treatment. This is interesting given that greater WIA, on
average, related to poorer self-monitoring, and poorer
self-monitoring consistently predicts less weight loss
[1, 2, 21]. There are a number of potential explanations
for why WIA would predict poorer self-monitoring yet
not negatively affect weight loss. First, adherence to the
self-monitoring prescriptions in the present study was
very good, and WIA was not strongly related to self-
monitoring of eating. Even those with greater WIA and
relatively poorer self-monitoring adherence may have en-
gaged in self-monitoring at levels sufficient for achieving
weight loss. Second, the effect of WIA on weight loss may
be small and/or complex (e.g., see Kangovi and Asch’s
conceptual paper on a potential behavioral phenotype
around avoiding failure) [42]. Consequently, the effect
of WIA on weight loss may be difficult to detect in the
context of the many other powerful factors that influ-
ence weight loss, including biological, environmental,
and psychosocial variables [43]. Additional research is
warranted to elucidate whether and how WIA impacts
weight loss.

This study has several strengths and limitations.
We objectively assessed self-monitoring adherence in
three domains with digital tools rather than relying
on self-reports of adherence; we assessed several
aspects of WIA using a validated measure; and our
sample was racially diverse. Regarding limitations,
this study was conducted using a self-selected sample
of adults enrolled in a BWL program that empha-
sized self-monitoring with digital tools. Results may
not generalize to other samples and replication with
larger samples is needed. Second, while participants
were encouraged to regularly view their data, we could
not be certain that participants complied with this
request (e.g., participants may have worn the FitBit
but not viewed their activity data). Future studies as-
sess how WIA relates to data recording and viewing.
Additionally, we did not assess potential psychosocial
correlates of WIA, mechanisms of action of the re-
lation between WIA and treatment engagement/out-
comes, or moderators of this relation. It will be critical
for future research to (a) assess process measures of
potential reasons why people who score higher on
WIA exhibit lesser self-monitoring and attendance
(e.g., anticipated negative affect) and (b) better iso-
late the effects of WIA on treatment engagement by
controlling for potential confounds (e.g., motivation).
The self-motive model outlined by Webb et al. [17], as
well as the broader literature on information avoid-
ance [10], can guide such work. Lastly, examination of
the impact of WIA over longer time periods is needed,
particularly as WIA may negatively affect weight loss
maintenance (e.g., by hindering periodic evaluations
of one’s progress that could alert one to needed action
early on).

In conclusion, this study indicated that WIA, as
assessed with a brief questionnaire, predicted self-
monitoring adherence of physical activity and weight
and attendance in a BWL treatment that used digital
self-monitoring tools. Additional research is warranted
that further examines the implications of WIA for both
short- and long-term self-monitoring and weight loss
success, as is research that clarifies who scores higher on
WIA and the processes by which WIA impacts weight
management.
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