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Network of biomarkers 
and their mediation 
effects on the associations 
between regular exercise 
and the incidence of cardiovascular 
& metabolic diseases
JooYong Park1, Jaesung Choi2, Ji‑Eun Kim1, Miyoung Lee3, Aesun Shin4,5, Jong‑koo Lee6,7, 
Daehee Kang1,4,5 & Ji‑Yeob Choi1,2,5*

This study aimed to understand the biological process related to the prevention of cardiovascular & 
metabolic diseases (CMD), including diabetes, hypertension, and dyslipidemia via regular exercise. 
This study included 17,053 subjects aged 40–69 years in the Health Examinees Study from 2004 to 
2012. Participation in regular exercise was investigated by questionnaires. Data on 42 biomarkers 
were collected from anthropometric measures and laboratory tests. We examined the associations 
between regular exercise and biomarkers using general linear models, between biomarkers and the 
risk of CMD using cox proportional hazard models, and the mediation effect of biomarkers using 
mediation analyses. Biomarker networks were constructed based on the significant differential 
correlations (p < 0.05) between the exercise and non-exercise groups in men and women, respectively. 
We observed significant mediators in 14 and 16 of the biomarkers in men and women, respectively. 
Triglyceride level was a noteworthy mediator in decreasing the risk of CMD with exercise, explaining 
23.79% in men and 58.20% in women. The biomarker network showed comprehensive relationships 
and associations among exercise, biomarkers, and CMD. Body composition-related biomarkers were 
likely to play major roles in men, while obesity-related biomarkers seemed to be key factors in women.
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HEXA-G	� Health Examinees-Gem
HDL	� High-density lipoprotein cholesterol
HR	� Hazard ratios
KCDC	� Korean Centers for Disease Control and Prevention
LDL	� Low-density lipoprotein cholesterol
MCH	� Mean corpuscular hemoglobin
MCHC	� Mean corpuscular hemoglobin concentration
MCV	� Mean corpuscular volume
OR	� Odds ratios
SBP	� Systolic blood pressure

Physical activity is a modifiable lifestyle factor with health benefits and preventive effects against many chronic 
diseases1–3. However, the mechanisms by which physical activity benefits health remain unclear4. To better 
understand these biological processes, comprehensive approaches are needed to evaluate biological factors and 
observe their changes. In this aspect, biomarkers might play a key role in revealing and explaining the biological 
processes by which exercise provides health benefits.

Most biomarkers are changed with aging5. Age is the most well-known risk factor for various diseases; thus, 
many studies have established biomarkers according to the criteria from American Federation of Aging Research 
to better understand the disease process with aging6–9. These biomarkers include not only molecular/DNA bio-
markers such as telomere length but also blood-based clinical biomarkers and anthropometric measurements7–9 
that are widely used to screen or to diagnose health conditions. Therefore, these biomarkers can be used to assist 
researchers in better understanding the biological processes during exercise and how exercise affects age-related 
diseases.

However, the traditional approach in epidemiology which is based on the regression models could examine 
only the associations between an exposure and an outcome. Therefore that approach could not explain complex 
relationships10,11. To uncover complicated relationships in the biological mechanisms, a wide variety of biomark-
ers should be available and comprehensive analysis should be needed in the context of systems epidemiology12. 
A network approach can help conduct integrative analysis and infer in the context of biological processes the 
relationship between the variables by nodes and edges13,14.

In this study, we hypothesized that regular exercise would have a beneficial effect on each biomarker related 
to the prevention of cardiovascular & metabolic diseases (CMD), including diabetes, hypertension, and dys-
lipidemia, and would ultimately lead to healthy aging. We used various biomarkers from the Health Examinees 
(HEXA) study to understand biological processes related to CMD prevention in middle-aged adults via regular 
exercise. We constructed biomarker networks to show the comprehensive relationships among various biomark-
ers and their associations with regular exercise and CMD.

Results
Characteristics of the study population.  The basic characteristics of the included dataset (n = 17,053) 
differed from those of the excluded dataset (n = 45,098); however, a noteworthy imbalance was not observed 
in the evaluation of the standardized differences except for income (Supplementary Table S1). Age at baseline 
which ranged from 40 to 69 years was correlated with most of the biomarkers in both men and women (Sup-
plementary Table S2). All analyses were performed in men and women separately because they differed in basic 
characteristics (Supplementary Table S3) and distribution of biomarkers at baseline (Supplementary Table S4; 
all p values < 00001, not shown). However, men and women had similar patterns of regular exercise; who were 
older, more educated, with a higher income, were unemployed or housewives, had never smoked, or currently 
drunk alcohol were more likely to participate in regular exercise (Table 1).

Associations among regular exercise, biomarkers and risk of CMD.  The associations between 
regular exercise at baseline and biomarkers at baseline (Supplementary Table S5), between regular exercise at 
baseline and the risk of CMD (Supplementary Table S6), and between biomarkers at baseline and CMD (Supple-
mentary Table S7) were mostly consistent between men and women. Among the 42 biomarkers, regular exercise 
was associated with 20 biomarkers in men and 27 biomarkers in women, and 26 biomarkers in men and 29 bio-
markers in women were associated with CMD. Although the associations were not significant, regular exercise 
seemed to protect against CMD during the follow-up.

Mediation effects of biomarkers.  We performed mediation analysis to examine the effects of biomark-
ers on the relationships between exercise and CMD regarding causal links (Fig. 1). Fourteen biomarkers in men 
and 16 biomarkers in women were shown to be the significant mediators. In particular, triglyceride showed the 
largest proportion explained by the indirect effect between regular exercise and the risk of CMD in both men 
and women, at 23.79% and 58.20%, respectively (Table 2). Waist-hip ratio, γ-glutamyl transpeptidase (γ-GTP), 
C-reactive protein (CRP), and white blood cell count were significant mediators in both men and women. Indi-
rect effects of regular exercise on the risk of any CMD were observed via body composition-related markers 
(lean body mass, muscle mass, cell mass, protein mass, and mineral mass), hemoglobin A1c (HbA1c), albumin, 
alkaline phosphatase (ALP), and red blood cell count in men and via obesity-related markers (waist circumfer-
ence), pulse, high-density lipoprotein (HDL), direct bilirubin, indirect bilirubin, hematocrit, and platelet count 
in women (Table 2).
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Table 1.   Characteristics of the study population at baseline according to participation in regular exercise. 
a Adjusted for age, education, income, marital status, job, BMI, smoking status, and drinking status.

Men Women

p for 
heterogeneity

Participation in regular exercise Participation in regular exercise

No (reference)
N = 2154 
(40.0%)

Yes
N = 3236 (60.0%)

No (reference)
N = 5431 
(46.6%)

Yes
N = 6232 (53.4%)

% % ORa (95% CI) % % ORa (95% CI)

Age, 
Mean ± SD 
(years)

52.9 ± 8.40 54.8 ± 8.01 51.4 ± 7.72 52.4 ± 7.15

40–44 22.6 13.9 1.00 (Reference) 23.8 15.8 1.00 (Reference)

45–49 13.7 12.1 1.40 (1.14–1.72) 17.4 19.3 1.78 (1.57–2.02) 0.0514

50–54 19.2 20.5 1.82 (1.51–2.19) 24.6 27.2 1.83 (1.63–2.06) 0.9610

55–59 18.8 21.8 2.00 (1.65–2.43) 17.0 20.1 2.07 (1.81–2.36) 0.7740

60–64 16.6 18.9 1.90 (1.54–2.33) 11.7 12.3 1.87 (1.60–2.17) 0.9017

65–69 9.2 12.9 2.23 (1.74–2.85) 5.5 5.3 1.80 (1.48–2.19) 0.1813

Education

 ≤ Middle 
school 23.7 16.5 1.00 (Reference) 32.7 30.6 1.00 (Reference)

High school 42.3 38.3 1.40 (1.19–1.64) 44.6 47.8 1.17 (1.07–1.29) 0.0585

≥ College 33.4 45.1 1.74 (1.44–2.10) 22.3 21.3 1.15 (1.01–1.31) 0.0004

Unknown 0.3 0.2 0.3 0.3

Income (₩10,000)

 < 200 25.3 18.7 1.00 (Reference) 27.9 22.6 1.00 (Reference)

200–400 45.2 43.3 1.38 (1.18–1.62) 43.0 44.4 1.32 (1.19–1.47) 0.6519

≥ 400 27.1 36.2 1.71 (1.42–2.06) 26.3 31.3 1.62 (1.44–1.83) 0.6340

Unknown 2.5 1.9 2.8 1.7

Marital status

Living with 
spouse 92.6 94.8 1.00 (Reference) 87.3 90.1 1.00 (Reference)

Living alone 7.2 5.2 1.03 (0.80–1.31) 12.6 9.9 1.02 (0.90–1.16) 0.9441

Unknown 0.2 0.1 0.1 0.1

Current occupation

Office 31.9 39.2 1.00 (Reference) 18.6 14.4 1.00 (Reference)

Manual 54.7 38.4 0.76 (0.66–0.87) 33.2 21.2 0.84 (0.74–0.96) 0.3019

Unemployed/
House wives 11.9 20.9 1.64 (1.34–2.01) 47.5 63.8 1.82 (1.62–2.05) 0.3865

Soldier/etc 1.2 1.3 0.97 (0.58–1.63) 0.4 0.4 1.04 (0.57–1.89) 0.8630

Unknown 0.3 0.2 0.3 0.3

BMI, kg/m2

< 18.5 1.5 1.0 0.73 (0.43–1.22) 3.0 2.0 0.66 (0.52–0.85) 0.7300

18.5–23 31.4 28.8 1.00 (Reference) 44.5 46.6 1.00 (Reference)

23–25 30.8 31.2 1.05 (0.91–1.22) 24.8 27.1 1.02 (0.93–1.12) 0.7480

25–30 33.4 36.9 1.17 (1.01–1.35) 24.8 22.6 0.87 (0.79–0.96) 0.0008

≥ 30 2.8 2.1 0.87 (0.60–1.26) 2.9 1.8 0.61 (0.47–0.79) 0.1234

Smoking

Never 26.7 33.6 (Reference) 96.9 97.9 1.00 (Reference)

Former 36.3 43.7 0.95 (0.82–1.09) 0.9 0.8 0.93 (0.62–1.42) 0.9253

Current 36.9 22.7 0.55 (0.47–0.64) 2.1 1.2 0.62 (0.46–0.83) 0.4750

Unknown 0.1 0.1 0.1 0.1

Drinking

Never 20.4 18.2 (Reference) 67.3 63.8 1.00 (Reference)

Former 6.2 6.5 1.15 (0.89–1.50) 1.5 1.4 1.19 (0.87–1.62) 0.8693

Current 73.4 75.2 1.31 (1.13–1.52) 31.0 34.6 1.38 (1.27–1.50) 0.5495

Unknown 0.0 0.2 0.1 0.2
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Networks of biomarkers and relationships among regular exercise, biomarkers and risk of 
CMD.  Figure 2 shows the differential correlation networks (presented by edges) constructed for men and 
women separately. Biomarkers are presented by nodes, and the color shows the association between biomark-
ers and the risk of CMD. Overall, biomarkers were clustered similarly in both men and women. Lipid markers 
(triglyceride, HDL, LDL, and total cholesterol) were clustered via the solid lines, which means stronger correla-
tions in the exercise group than in the non-exercise group. Body composition-related markers and bilirubins 
were clustered separately. Muscle mass had the most edges that were more strongly correlated in the exercise 
group and was linked to body composition-related markers (cell mass, mineral mass, and protein mass) for men, 
whereas visceral fat mass had the most edges that were more strongly correlated in the exercise group and was 
linked to obesity-related markers (body fat percentage and body fat mass) for women. CRP and white blood cell 
count, as significant mediators between exercise and the risk of CMD in both men and women, were observed 
only in the network for men, and their correlation was stronger in the non-exercise group. Waist-hip ratio and 
waist circumference were shown only in the network for women, and their correlation was also stronger in the 
non-exercise group.

On the network, the nodes representing a risk for each disease suggested that obesity-related markers (waist 
circumference, visceral fat mass, body fat percentage, and body fat mass) were more likely to contribute to the 
risk of diabetes (Supplementary Fig. S1) and that markers of body composition (muscle mass, protein mass, cell 
mass, and lean body mass) were more likely to influence the risk of dyslipidemia (Supplementary Fig. S2). Notable 
markers for hypertension were not observed in the network for women, while the markers of body composition 
(muscle mass, protein mass, cell mass, and lean body mass) showed a protective role and diastolic blood pressure 
(DBP) showed a risk effect on hypertension (Supplementary Fig. S3).

Discussion
This study examined the health benefit effects of regular exercise for preventing CMD by assessing the associa-
tions between exercise and biomarkers, the associations between biomarkers and CMD, and the mediation effects 
of biomarkers on the relationship between exercise and CMD. Among 42 biomarkers, we observed significant 
mediators for 14 of the biomarkers in men and 16 of the biomarkers in women. Especially, triglyceride showed 
a noteworthy mediation effect on decreasing the risk of CMD with regular exercise. The associations and cor-
relations among regular exercise, biomarkers, and CMD were visualized by constructing networks. There were 
some differences in the networks between men and women.

Waist-hip ratio, triglyceride, γ-GTP, CRP, and white blood cell count were significant mediators in both 
men and women. The associations between exercise and these markers were consistent with those reported 
previously15–20, and waist-hip ratio, triglyceride, γ-GTP, CRP, and white blood cell count are well-known risk 
factors for CMD21–25. Among these biomarkers, only triglyceride was observed in the network of both men and 
women. As shown in our results, exercise decreased triglyceride and triglyceride was negatively correlated with 
HDL, which was enhanced by exercise. HDL was also correlated with total cholesterol and LDL. All these cor-
relations were stronger in the exercise group than in the non-exercise group, implying that the relations between 
lipid markers are more highly influenced by exercise. The potential biological process would be that exercise 
reduces triglyceride by increasing post-heparin plasma lipoprotein lipase activity, which promotes lipoprotein-
mediated hydrolysis26. Reducing triglyceride could impact on increasing HDL27. Exercise can also raise HDL 
by inducing liver X receptor and ATP-binding cassette transporter A-1, which influence improving the reverse 
cholesterol transport pathway and increasing plasma HDL formation. Consequently, increased HDL leads to 
reduced LDL by transporting it to the liver28–33.

Regular exercise
Risk of  

cardiovascular & metabolic 
diseases

Biomarkers

Direct effect: A

Indirect effect: B-C

A

B C

Figure 1.   The conceptual diagram of mediation analysis. Direct effect of regular exercise on the risk of 
cardiovascular & metabolic conditions (CMD) is path A. Indirect effect of regular exercise on the risk of CMD 
mediated by each biomarker is path B and C.
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Two of the mediators (albumin and ALP) in men and four of the mediators (hip circumference, indirect biliru-
bin, hemoglobin, and hematocrit) in women showed risk-mediated effects (HR > 1) despite the slight magnitudes. 
All these biomarkers were risk factors for CMD (Supplementary Table S7), and they showed a positive association 
with participating in regular exercise, although albumin and ALP were not significant (Supplementary Table S5). 
Elevating these biomarkers after exercise has been observed in previous studies and is probably due to adverse 
effects from exercise, such as damage to muscle cells or hepatic or renal stress15,34–39. However, the magnitude of 
the indirect effects via these mediators and their proportion were much less than those of the other mediators, 
which showed beneficial mediated effects. Further studies would be needed to understand whether the acute 
adverse effects are neutralized by other beneficial effects during exercise.

Differences in the networks between men and women were observed in the cluster of body composition 
markers. Muscle mass had the most edges in the network of men, while visceral fat mass had the most edges 
in women. Muscle mass was linked with protein mass, mineral mass, cell mass and lean body mass. All these 
biomarkers were significant mediators between exercise and the risk of CMD in men. These results suggest that 
muscle mass possibly plays a key role among body composition markers in terms of preventing CMD when 
individuals participate in regular exercise. Meanwhile, visceral fat mass seems to be a major marker among the 

Table 2.   Direct and indirect effects of regular exercise on the risk of any cardiovascular & metabolic disease 
(no. of disease ≥ 1). (A) Age as time scale and adjusted for education level, income, marital status, occupation, 
smoking status, drinking status, and BMI. ALP, alkaline phosphatase; γ-GTP, γ-glutamyl transpeptidase; CRP, 
C-reactive protein. (B) Age as time scale and adjusted for education level, income, marital status, occupation, 
smoking status, drinking status, BMI, and menopause status. HDL, high density lipoprotein-cholesterol; 
γ-GTP, γ-glutamyl transpeptidase; MCV, mean corpuscular volume; CRP, C-reactive protein. *FDR p 
value < 0.05.

Class

Mediators Direct effect Indirect effect

Markers HR (95% CI) Proportion (%) HR (95% CI) Proportion (%)

(A) Men

Obesity-related Waist hip ratio 0.8949 (0.7636–1.0484) 80.53 0.9735 (0.9563–0.9883) 19.47

Body composition

Lean body mass 0.8806 (0.7518–1.0312) 92.28 0.9894 (0.9784–0.9976) 7.72

Muscle mass 0.8812 (0.7523–1.0319) 92.40 0.9897 (0.9785–0.9980) 7.60

Cell mass 0.8814 (0.7524–1.0321) 92.46 0.9898 (0.9785–0.9984) 7.54

Protein mass 0.8816 (0.7526–1.0323) 92.18 0.9894 (0.9781–0.9979) 7.82

Mineral mass 0.8772 (0.7490–1.0272) 95.27 0.9935 (0.9845–0.9997) 4.73

Lipid Triglyceride 0.9025 (0.7706–1.0567) 76.21 0.9685 (0.9495–0.9852) 23.79

Glucose level HbA1c 0.8922 (0.7616–1.0449) 83.91 0.9784 (0.9579–0.9977) 16.09

Liver function

Albumin 0.8642 (0.7378–1.0119) 93.64 1.0100 (1.0005–1.0221) 6.36

ALP 0.8695 (0.7424–1.0181) 95.25 1.0070 (1.0001–1.0171) 4.75

γ-GTP 0.8879 (0.7582–1.0395) 87.49 0.9832 (0.9676–0.9967) 12.51

Hematology Red blood cell 
count 0.8839 (0.7546–1.0351) 92.94 0.9907 (0.9796–0.9993) 7.06

Inflammation
CRP 0.8889 (0.7588–1.0409) 87.78 0.9837 (0.9698–0.9950) 12.22

White blood cell 
count 0.8853 (0.7554–1.0372) 90.55 0.9899 (0.9785–0.9987) 7.44

(B) Women

Blood pressure Pulse 0.9511 (0.8599–1.0517) 88.91 0.9938 (0.9874–0.9992) 11.09

Obesity-related

Waist circumfer-
ence 0.9539 (0.8623–1.0549) 86.21 0.9925 (0.9854–0.9986) 13.79

Hip circumference 0.9362 (0.8463–1.0353) 89.65 1.0076 (1.0029–1.0138) 10.35

Waist hip ratio 0.9535 (0.8621–1.0544) 83.63 0.9907 (0.9840–0.9961) 16.37

Renal function Uric acid 0.9427 (0.8524–1.0423) 92.27 1.0050 (1.0010–1.0102) 7.73

Lipid
HDL 0.9554 (0.8638–1.0565) 80.12 0.9887 (0.9816–0.9946) 19.88

Triglyceride 0.9750 (0.8816–1.0780) 41.80 0.9654 (0.9525–0.9774)* 58.20

Liver function

γ-GTP 0.9576 (0.8658–1.0589) 81.80 0.9904 (0.9829–0.9969) 18.20

Direct bilirubin 0.9531 (0.8618–1.0540) 88.95 0.9941 (0.9881–0.9991) 11.05

Indirect bilirubin 0.9421 (0.8518–1.0419) 91.93 1.0052 (1.0005–1.0110) 8.07

Hematology

Hemoglobin 0.9396 (0.8496–1.0391) 89.24 1.0075 (1.0022–1.0140) 10.76

Hematocrit 0.9392 (0.8492–1.0386) 88.08 1.0085 (1.0032–1.0151) 11.92

MCV 0.9504 (0.8593–1.0509) 92.58 0.9959 (0.9912–0.9993) 7.42

Platelet count 0.9552 (0.8636–1.0564) 84.03 0.9913 (0.9847–0.9969) 15.97

Inflammation
CRP 0.9547 (0.8632–1.0556) 80.31 0.9887 (0.9814–0.9946) 19.69

White blood cell 
count 0.9506 (0.8595–1.0512) 90.47 0.9947 (0.9893–0.9989) 9.53
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body composition markers in women, although visceral fat mass was not a significant mediator in women. In 
general, there is a body compositional difference between men and women: there is more muscle mass in men 
and more fat mass in women40–42. In the previous studies, women showed higher fat oxidation and lower use of 
muscle glycogen than men during exercise43–48. Sex-based differences in motivation and patterns of participation 
in exercise or physical activities might be related to the different biological processes of exercise on the health 
benefit. Women were motivated by improvements in appearance or weight loss, while men performed exercise 

Figure 2.   Networks of biomarkers showing their associations with regular exercise and risk of one or more 
diseases. Networks were constructed based on the differential correlations between partial correlation 
coefficients of the exercise and non-exercise groups adjusted for age. Twenty-six nodes and 31 edges in men (A) 
and 21 nodes and 21 edges in women (B). Δ: positive associations with regular exercise, ∀: negative associations 
with regular exercise, red nodes: positive associations with the risks of one or more chronic diseases, blue nodes: 
negative associations with the risks of one or more chronic diseases. Solid edges: higher correlations in the 
exercise group, dotted edges: higher correlations in the non-exercise group, red edges: positive correlations, blue 
edges: negative correlations. Networks were visualized by Cytoscape software (ver.3.7.2). DBP, diastolic blood 
pressure; HDL, high density lipoprotein-cholesterol; LDL, low density lipoprotein-cholesterol; AST, aspartate 
aminotransferase; ALT, alanine aminotransferase; MCV, mean corpuscular volume; MCH, mean corpuscular 
hemoglobin; MCHC, mean corpuscular hemoglobin concentration; CRP, C-reactive protein.
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for enjoyment or as a challenge49–51. Therefore, women were likely to engage in regular walking or recreational 
activities, whereas men preferred strengthening exercise or competitive sports52. Because of the differences in 
preference and motivation for exercising between men and women, not only the significant mediators but also 
the network structure based on differential correlations between the exercise and non-exercise groups might 
have differed.

This study has several limitations. First, information on regular exercise and diagnosis of CMD were collected 
via questionnaires that might be subject to recall bias. However, the questionnaire for the diagnosis of disease 
was validated by the Korean Centers for Disease Control and Prevention (KCDC)53, and we observed that the 
questionnaire for regular exercise also showed acceptable validity in the ongoing work (manuscript work in 
progress). Second, we used a binary variable, which is participation in regular exercise or not. When we used 
the total time exercise per week (frequency x duration) and categorical variable (no exercise, < 150 min/week, 
150–300 min/week, ≥ 300 min/week), consistent results were observed. Nevertheless, we used a binary variable 
(yes or no) not only for the better power of analysis but also for ease of interpretation consistent with the analysis 
process comparing the network of the exercise group and the non-exercise group. Third, the associations between 
regular exercise at baseline and the risk of each CMD were not significant. The incidence of each CMD was not 
sufficient because the follow-up period was relatively short. Other diseases, such as cardiovascular accidents, 
myocardial infarction, and cancer, had incidences of less than 2%; thus, we could not include them in the study. 
However, we observed a tendency of decreasing the risk of CMD and lower HRs for the risk of two or more CMD. 
In addition, significant indirect effects of exercise on the risk of CMD were shown through a few biomarkers. 
Previous studies have demonstrated that significant indirect effects can be found even though the total effect is 
not statistically significant and it has been suggested that this may be due to the difference in statistical power 
for detecting those effects54–57. Finally, we examined the associations between regular exercise at baseline and 
biomarkers at baseline, which could be seen as a cross-sectional setting. However, information on regular exercise 
reflected the lifestyle before enrollment in this study, while biomarkers were measured after registering in this 
study. Therefore, we assumed that exercise habits before enrollment influenced the biomarkers at baseline and 
ultimately exerted effects on CMD risk. Nevertheless, this study still has strengths. We comprehensively examined 
prospective associations between regular exercise, biomarkers, and risk of CMD, and significant mediators were 
found by mediation analysis. Their relationship was shown via networks, and the networks were based on dif-
ferential correlation; therefore, the networks also imply a difference in the relationship between the biomarkers 
according to participation in exercise or not.

Conclusions
The current study examined the effects of exercise on CMD by evaluating the associations between regular 
exercise and biomarkers, the associations between biomarkers and the risks of CMD, and, finally, the mediation 
effect of biomarkers on the relationships between regular exercise and CMD. Visualization of these associations 
in the network showed comprehensive relationships and suggested the potential biological process by which 
participation in regular exercise could prevent the incidence of CMD via the comprehensive benefit effects on 
the biomarkers. Forty-two biomarkers from anthropometric measures and laboratory tests may not be a suf-
ficient number to show comprehensive relationships or to suggest biological processes. Further studies using 
metabolomics or microbiome data are needed to show more comprehensive relationships and to identify notable 
markers that may be key factors for explaining the health benefit of exercise on preventing chronic disease and 
healthy aging.

Methods
Study population.  This study used data from the HEXA study, a large-scale genomic cohort study in 
Korea. The HEXA study recruited 169,722 participants aged 40 to 69 years between 2002 and 2013 from 38 
general hospitals and health examination centers. Baseline data was obtained when the subjects were enrolled 
the study. Follow-up was conducted between 2012 and 2017, and data was obtained. The study design, data col-
lection methods, and other details have been described previously58,59. Informed consents were obtained from all 
participants, and this study was approved by the Institutional Review Board of Seoul National University Hospi-
tal, Seoul, Korea (No. 0608-018-179). This study was performed in accordance with the Declaration of Helsinki.

The HEXA-G (Health Examinees-Gem) study was updated with additional eligibility criteria and included 
139,348 participants at baseline60. After excluding subjects with missing information regarding regular exercise 
at baseline and those lost to follow-up (n = 77,197), this study included 62,151 subjects. We further excluded 
subjects (n = 45,098) with at least one chronic disease among cancer, cerebrovascular accident, myocardial infarc-
tion, diabetes, hypertension, and dyslipidemia at baseline; missing information on chronic diseases at baseline; 
and missing biomarker data to conduct analyses on subjects with complete data. Thus, this study included a 
total of 17,053 subjects.

Regular exercise and biomarkers at baseline.  Participation in regular exercise at baseline was investi-
gated using an interviewer-administered questionnaire. The subjects answered yes or no to the question “Do you 
exercise regularly enough to sweat?”. Further queries to subjects who participated in regular exercise asked about 
the average frequency per week and duration. This study used a binary variable (participation in regular exercise 
or not) to ease of interpretation consistent with the analysis process comparing the network of the exercise group 
and the non-exercise group.

All available biomarkers at baseline were selected from among variables measured by clinical tests and physi-
cal examinations. Pulse (beats/minutes) was measured for 30 s or 1 min following the standard procedure. Sys-
tolic blood pressure (SBP) (mmHg), and diastolic blood pressure (DBP) (mmHg) were measured twice using a 
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standardized mercury sphygmomanometer, with the mean of the two measurements used in the analyses. Waist 
circumference (cm) and hip circumference (cm) were measured to the nearest 0.1 cm. Waist-hip ratio was calcu-
lated from the measured waist circumference and hip circumference. Grip strength (kg) was measured for both 
hands, and the average value was used. Body fat mass (kg), percent of body fat (kg), visceral fat mass (kg), lean 
body mass (kg), muscle mass (kg), body cell mass (kg), protein mass (kg) and mineral mass (kg) were measured 
by multifrequency bioelectrical impedance analysis (MF-BIA; InBody 3.0, Biospace, Seoul, Korea). Biomarkers 
related to renal function (blood urea nitrogen [BUN] (mg/dL), creatinine (mg/dL), and uric acid (mg/dL)), total 
cholesterol (mg/dL), high-density lipoprotein cholesterol (HDL) (mg/dL), low-density lipoprotein cholesterol 
(LDL) (mg/dL), triglyceride (mg/dL), glucose levels (fasting blood sugar (mg/dL) and hemoglobin A1c [HbA1c] 
(%)), liver function (albumin (g/dL), aspartate aminotransferase [AST] (IU/L), alanine aminotransferase [ALT] 
(IU/L), alkaline phosphatase [ALP] (IU/L), and γ-glutamyl transpeptidase [γ-GTP] (IU/L), total bilirubin (mg/
dL), direct bilirubin (mg/dL), and indirect bilirubin (mg/dL)), hematology (red blood cell (million/µL), hemo-
globin (g/dL), hematocrit (%), mean corpuscular volume [MCV] (fL), mean corpuscular hemoglobin [MCH] 
(pg), mean corpuscular hemoglobin concentration [MCHC] (g/dL), and platelet count (thousand/µL)), inflam-
mation (C-reactive protein [CRP] level (mg/dL) and white blood cell count (thousand/µL)), and blood levels 
of calcium (mg/dL) were measured using laboratory instruments such as ADVIA 1650, ADVIA 1800 (Siemens 
Healthineers, Deerfield, IL, USA), and VARIANT II (Bio-Rad Laboratories, Hercules, CA). Blood samples were 
collected after at least 8 h of fasting. This study analyzed a total of 42 biomarkers.

Incidence of CMD.  Information on diabetes, hypertension, or dyslipidemia diagnosed by a doctor during 
the follow-up period was self-reported by questionnaire. Subjects who reported having been diagnosed with any 
of these diseases were further asked when they had been diagnosed. The median follow-up period was four years 
from baseline. The questionnaire for the diagnosis of diseases was validated and reported by the Korean Centers 
for Disease Control and Prevention (KCDC)53. The agreement of disease history between questionnaire data 
from HEXA and national health insurance records showed kappa indexes of 0.93 for diabetes, 0.95 for hyperten-
sion, and 0.75 for hyperlipidemia.

Each disease was used as an outcome variable. The number of diseases was summed, and the “any CMD” 
variable was defined as the presence of any one of the diseases. Further analyses were performed among subjects 
with two or more CMD.

Covariates.  Education level, income, marital status, current job, smoking and drinking habits, and meno-
pause status were investigated using a questionnaire. Education level was categorized as < middle school, high 
school, and ≥ college. Income was classified as less than 2000 thousand earned, between 2000 thousand and 4000 
thousand, and ≥ 4000 thousand in Korean currency (Won). Marital status was categorized as living with a spouse 
or living alone. The current job was categorized into office work, manual work, unemployed or housewife, and 
soldier or others. Information on smoking and drinking habits was collected in terms of never, former, and cur-
rent use. Body mass index (BMI) was calculated using measured weight and height (kg/m2).

Statistical analysis.  All analyses were performed in SAS 9.4 and R software (ver. 4.0.0). Biomarkers were 
normal score transformed using the “gstat” package in R to make normal distributions and unify scales61. The 
standardized differences between included (n = 17,053) and excluded (n = 45,098) datasets were calculated using 
the “stddiff ” package in R. Standardized differences greater than 0.2 were considered indicative of an imbalance 
between datasets62. Correlation coefficients of age were estimated for all potential biomarkers. Wilcox rank-sum 
and chi-square tests were performed to evaluate the differences in basic characteristics and biomarkers between 
men and women. These summary statistics and odds ratios (ORs) with 95% confidence intervals (95% CIs) from 
logistic regression were estimated in SAS 9.4. Age, education level, income, marital status, current job, smoking 
and drinking habit, and BMI at baseline were included as covariates in the statistical models. Menopause status 
at baseline was additionally included in the models for women. General linear models were used to examine 
the associations between regular exercise at baseline and biomarkers at baseline after adjusting for covariates 
and multiple corrections in R software. Cox proportional hazard regression models were used to examine the 
associations 1) between regular exercise at baseline and risks of CMD at follow-up and 2) between biomarkers at 
baseline and risks of CMD at follow-up adjusting covariates. Hazard ratios (HRs) with 95% CIs were estimated 
using the “survival” package in R software.

Mediation analysis based on Cox proportional hazard regression models with the same covariates as above 
was performed to examine whether regular exercise influenced the risk of CMD directly without any mediator 
effect or indirectly through biomarkers as the mediators (Fig. 2). When the 95% CI of the estimated indirect 
effect did not include 0, the indirect effects were considered statistically significant. The proportions explained 
by the indirect effect of regular exercise through each biomarker on the risk of CMD were calculated as the 
indirect effect divided by the total effect (direct effect + indirect effect). The R code used for mediation analysis 
has been described previously63.

Biomarker networks were constructed for men and women separately to comprehensively visualize the asso-
ciations between regular exercise and biomarkers, relationships among biomarkers, and the effects of biomarkers 
on the risks of CMD. Partial correlation matrixes adjusted for age were calculated in the exercise and non-exercise 
groups using the “pcor” package in R. The “DiffCorr” package was used to identify significant differential cor-
relations between the exercise and non-exercise groups. Among significant differential correlations (p < 0.05), 
partial correlations coefficients with absolute values greater than 0.1 were selected and visualized as networks 
in Cytoscape software (ver. 3.7.2). Correlations among biomarkers were presented as the edges. Solid edges 
indicated significantly larger correlations of the partial correlation coefficients in the exercise group than those 
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in the non-exercise group. Dotted edges indicated correlations with significantly larger partial correlation coef-
ficients in the non-exercise group than those in the exercise group. The associations between regular exercise 
and biomarkers were indicated by triangle direction (Δ: positive associations, ∀: negative associations). The 
associations between biomarkers and risks of CMD were indicated by node color (red: positive associations, 
blue: negative associations).

Ethics approval and consent to participate.  All participants signed consent forms, and this study was 
approved by the Institutional Review Board of Seoul National University Hospital, Seoul, Korea (No. 0608-018-
179).

Data availability
The data underlying this study are the Health Examinee cohort, a part of the Korean Genome and Epidemiology 
Study (KoGES). Researchers who want to conduct studies using this data can apply for data access by submitting 
application form with documents such as research plan and the Institutional Review Board approval form. The 
relevant data requesting process and contact information in detail can be found in the following link: http://​
www.​nih.​go.​kr/​conte​nts.​es?​mid=​a5040​10104​00#​menu4_1_2.

Received: 2 March 2021; Accepted: 1 June 2021

References
	 1.	 Blair, S. N. Physical inactivity: the biggest public health problem of the 21st century. Br. J. Sports Med. 43, 1–2 (2009).
	 2.	 Warburton, D. E., Nicol, C. W. & Bredin, S. S. Health benefits of physical activity: the evidence. CMAJ Can. Med. Associ. J. = journal 

de l’Association medicale 174, 801–809. https://​doi.​org/​10.​1503/​cmaj.​051351 (2006).
	 3.	 Warburton, D. E. R. & Bredin, S. S. D. Health benefits of physical activity: a systematic review of current systematic reviews. Curr. 

Opin. Cardiol. 32, 541–556. https://​doi.​org/​10.​1097/​hco.​00000​00000​000437 (2017).
	 4.	 Neufer, P. D. et al. Understanding the cellular and molecular mechanisms of physical activity-induced health benefits. Cell Metab. 

22, 4–11. https://​doi.​org/​10.​1016/j.​cmet.​2015.​05.​011 (2015).
	 5.	 Jylhava, J., Pedersen, N. L. & Hagg, S. Biological age predictors. EBioMedicine 21, 29–36. https://​doi.​org/​10.​1016/j.​ebiom.​2017.​03.​

046 (2017).
	 6.	 Johnson, T. E. Recent results: biomarkers of aging. Exp. Gerontol. 41, 1243–1246. https://​doi.​org/​10.​1016/j.​exger.​2006.​09.​006 (2006).
	 7.	 Sebastiani, P. et al. Biomarker signatures of aging. Aging Cell 16, 329–338. https://​doi.​org/​10.​1111/​acel.​12557 (2017).
	 8.	 Wagner, K. H., Cameron-Smith, D., Wessner, B. & Franzke, B. Biomarkers of aging: From function to molecular biology. Nutrients 

https://​doi.​org/​10.​3390/​nu806​0338 (2016).
	 9.	 Xia, X., Chen, W., McDermott, J. & Han, J. J. Molecular and phenotypic biomarkers of aging. F1000Research 6, 860. https://​doi.​

org/​10.​12688/​f1000​resea​rch.​10692.1 (2017).
	10.	 Hu, F. B. Metabolic profiling of diabetes: from black-box epidemiology to systems epidemiology. Clin. Chem. 57, 1224–1226. 

https://​doi.​org/​10.​1373/​clinc​hem.​2011.​167056 (2011).
	11.	 Susser, M. & Susser, E. Choosing a future for epidemiology: II. From black box to Chinese boxes and eco-epidemiology. Am. J. 

Public Health 86, 674–677. https://​doi.​org/​10.​2105/​ajph.​86.5.​674 (1996).
	12.	 Laszlo, A. & Krippner, S. In Advances in Psychology Vol. 126 (ed. Scott Jordan, J.) 47–74 (North-Holland, 1998).
	13.	 Barabási, A.-L., Gulbahce, N. & Loscalzo, J. Network medicine: a network-based approach to human disease. Nat. Rev. Genet. 12, 

56–68. https://​doi.​org/​10.​1038/​nrg29​18 (2011).
	14.	 Yan, J., Risacher, S. L., Shen, L. & Saykin, A. J. Network approaches to systems biology analysis of complex disease: integrative 

methods for multi-omics data. Brief. Bioinform. 19, 1370–1381. https://​doi.​org/​10.​1093/​bib/​bbx066 (2017).
	15.	 Fragala, M. S., Bi, C., Chaump, M., Kaufman, H. W. & Kroll, M. H. Associations of aerobic and strength exercise with clinical 

laboratory test values. PLoS ONE 12, e0180840. https://​doi.​org/​10.​1371/​journ​al.​pone.​01808​40 (2017).
	16.	 Katja, B., Laatikainen, T., Salomaa, V. & Jousilahti, P. Associations of leisure time physical activity, self-rated physical fitness, and 

estimated aerobic fitness with serum C-reactive protein among 3803 adults. Atherosclerosis 185, 381–387. https://​doi.​org/​10.​1016/j.​
ather​oscle​rosis.​2005.​06.​015 (2006).

	17.	 Lee, O., Lee, D.-C., Lee, S. & Kim, Y. S. Associations between physical activity and obesity defined by waist-to-height ratio and 
body mass index in the Korean population. PLoS ONE 11, e0158245. https://​doi.​org/​10.​1371/​journ​al.​pone.​01582​45 (2016).

	18.	 Mayo, M. J., Grantham, J. R. & Balasekaran, G. Exercise-induced weight loss preferentially reduces abdominal fat. Med Sci Sports 
Exerc 35, 207–213. https://​doi.​org/​10.​1249/​01.​mss.​00000​48636.​46744.​01 (2003).

	19.	 Mitchell, B. D. et al. Increased usual physical activity is associated with a blunting of the triglyceride response to a high-fat meal. 
J. Clin. Lipidol. 13, 109–114. https://​doi.​org/​10.​1016/j.​jacl.​2018.​11.​006 (2019).

	20.	 Simpson, R. J., Kunz, H., Agha, N. & Graff, R. In Progress in Molecular Biology and Translational Science Vol. 135 (ed. Bouchard, 
C.) 355–380 (Academic Press, 2015).

	21.	 Babio, N. et al. White blood cell counts as risk markers of developing metabolic syndrome and its components in the predimed 
study. PLoS ONE 8, e58354. https://​doi.​org/​10.​1371/​journ​al.​pone.​00583​54 (2013).

	22.	 Kashima, S., Inoue, K., Matsumoto, M. & Akimoto, K. white blood cell count and C-reactive protein independently predicted 
incident diabetes: Yuport medical checkup center study. Endocr. Res. 44, 127–137. https://​doi.​org/​10.​1080/​07435​800.​2019.​15894​
94 (2019).

	23.	 Laufs, U., Parhofer, K. G., Ginsberg, H. N. & Hegele, R. A. Clinical review on triglycerides. Eur. Heart J. 41, 99–109c. https://​doi.​
org/​10.​1093/​eurhe​artj/​ehz785 (2019).

	24.	 World Health Organization. Waist circumference and waist-hip ratio: report of a WHO expert consultation, Geneva, 8–11 Decem-
ber 2008. (2011).

	25.	 Targher, G. Elevated serum γ-glutamyltransferase activity is associated with increased risk of mortality, incident type 2 diabetes, 
cardiovascular events, chronic kidney disease and cancer—A narrative review. Clin. Chem. Lab. Med. (CCLM) 48, 147. https://​
doi.​org/​10.​1515/​CCLM.​2010.​031 (2010).

	26.	 Ferguson, M. A. et al. Effects of four different single exercise sessions on lipids, lipoproteins, and lipoprotein lipase. J. Appl. Physiol. 
(Bethesda, Md.: 1985) 85, 1169–1174. https://​doi.​org/​10.​1152/​jappl.​1998.​85.3.​1169 (1998).

	27.	 Miller, M., Langenberg, P. & Havas, S. Impact of lowering triglycerides on raising HDL-C in hypertriglyceridemic and non-
hypertriglyceridemic subjects. Int. J. Cardiol. 119, 192–195. https://​doi.​org/​10.​1016/j.​ijcard.​2006.​07.​132 (2007).

	28.	 Tall, A. R. An overview of reverse cholesterol transport. Eur. Heart J. 19(Suppl A), A31-35 (1998).

http://www.nih.go.kr/contents.es?mid=a50401010400#menu4_1_2
http://www.nih.go.kr/contents.es?mid=a50401010400#menu4_1_2
https://doi.org/10.1503/cmaj.051351
https://doi.org/10.1097/hco.0000000000000437
https://doi.org/10.1016/j.cmet.2015.05.011
https://doi.org/10.1016/j.ebiom.2017.03.046
https://doi.org/10.1016/j.ebiom.2017.03.046
https://doi.org/10.1016/j.exger.2006.09.006
https://doi.org/10.1111/acel.12557
https://doi.org/10.3390/nu8060338
https://doi.org/10.12688/f1000research.10692.1
https://doi.org/10.12688/f1000research.10692.1
https://doi.org/10.1373/clinchem.2011.167056
https://doi.org/10.2105/ajph.86.5.674
https://doi.org/10.1038/nrg2918
https://doi.org/10.1093/bib/bbx066
https://doi.org/10.1371/journal.pone.0180840
https://doi.org/10.1016/j.atherosclerosis.2005.06.015
https://doi.org/10.1016/j.atherosclerosis.2005.06.015
https://doi.org/10.1371/journal.pone.0158245
https://doi.org/10.1249/01.mss.0000048636.46744.01
https://doi.org/10.1016/j.jacl.2018.11.006
https://doi.org/10.1371/journal.pone.0058354
https://doi.org/10.1080/07435800.2019.1589494
https://doi.org/10.1080/07435800.2019.1589494
https://doi.org/10.1093/eurheartj/ehz785
https://doi.org/10.1093/eurheartj/ehz785
https://doi.org/10.1515/CCLM.2010.031
https://doi.org/10.1515/CCLM.2010.031
https://doi.org/10.1152/jappl.1998.85.3.1169
https://doi.org/10.1016/j.ijcard.2006.07.132


10

Vol:.(1234567890)

Scientific Reports |        (2021) 11:12802  | https://doi.org/10.1038/s41598-021-92312-x

www.nature.com/scientificreports/

	29.	 Zhang, J. Q. et al. Changes in LPLa and reverse cholesterol transport variables during 24-h postexercise period. Am. J. Physiol. 
Endocrinol. Metabol. 283, E267-274. https://​doi.​org/​10.​1152/​ajpen​do.​00567.​2001 (2002).

	30.	 Ghanbari-Niaki, A., Khabazian, B. M., Hossaini-Kakhak, S. A., Rahbarizadeh, F. & Hedayati, M. Treadmill exercise enhances 
ABCA1 expression in rat liver. Biochem. Biophys. Res. Commun. 361, 841–846. https://​doi.​org/​10.​1016/j.​bbrc.​2007.​07.​100 (2007).

	31.	 Tofighi, A., Rahmani, F., Qarakhanlou, B. J. & Babaei, S. The effect of regular aerobic exercise on reverse cholesterol transport A1 
and apo lipoprotein a-I gene expression in inactive women. Iran. Red Crescent Med. J. 17, e26321. https://​doi.​org/​10.​5812/​ircmj.​
17(4)​2015.​26321 (2015).

	32.	 Kazeminasab, F., Marandi, M., Ghaedi, K., Esfarjani, F. & Moshtaghian, J. Effects of a 4-week aerobic exercise on lipid profile and 
expression of LXRα in rat liver. Cell J. 19, 45–49. https://​doi.​org/​10.​22074/​cellj.​2016.​4871 (2017).

	33.	 Wang, Y. & Xu, D. Effects of aerobic exercise on lipids and lipoproteins. Lipids Health Dis. 16, 132. https://​doi.​org/​10.​1186/​s12944-​
017-​0515-5 (2017).

	34.	 Foran, S. E., Lewandrowski, K. B. & Kratz, A. Effects of exercise on laboratory test results. Lab. Med. 34, 736–742 (2003).
	35.	 Mena, P., Maynar, M. & Campillo, J. E. Changes in plasma enzyme activities in professional racing cyclists. Br. J. Sports Med. 30, 

122–124. https://​doi.​org/​10.​1136/​bjsm.​30.2.​122 (1996).
	36.	 Kratz, A. et al. Effect of marathon running on hematologic and biochemical laboratory parameters, including cardiac markers. 

Am. J. Clin. Pathol. 118, 856–863. https://​doi.​org/​10.​1309/​14ty-​2tdj-​1x0y-​1v6v (2002).
	37.	 Ikemefuna, F. et al. Pattern of some liver enzymes and cardiovascular changes during a trademill exercise. IOSR J. Pharm. 4, 24–27 

(2014).
	38.	 Skrypnik, D. et al. Effects of endurance and endurance–strength exercise on biochemical parameters of liver function in women 

with abdominal obesity. Biomed. Pharmacother. 80, 1–7. https://​doi.​org/​10.​1016/j.​biopha.​2016.​02.​017 (2016).
	39.	 Francis, K. T. & Hamrick, M. E. Exercise and uric acid: Implication in cardiovascular disease. J. Orthop. Sports Phys. Ther. 6, 34–38 

(1984).
	40.	 Abe, T., Kearns, C. F. & Fukunaga, T. Sex differences in whole body skeletal muscle mass measured by magnetic resonance imaging 

and its distribution in young Japanese adults. Br. J. Sports Med. 37, 436–440. https://​doi.​org/​10.​1136/​bjsm.​37.5.​436 (2003).
	41.	 Karastergiou, K., Smith, S. R., Greenberg, A. S. & Fried, S. K. Sex differences in human adipose tissues - the biology of pear shape. 

Biol. Sex Differ. 3, 13. https://​doi.​org/​10.​1186/​2042-​6410-3-​13 (2012).
	42.	 Schorr, M. et al. Sex differences in body composition and association with cardiometabolic risk. Biol. Sex Differ. 9, 28. https://​doi.​

org/​10.​1186/​s13293-​018-​0189-3 (2018).
	43.	 Tarnopolsky, L. J., MacDougall, J. D., Atkinson, S. A., Tarnopolsky, M. A. & Sutton, J. R. Gender differences in substrate for endur-

ance exercise. J. Appl. Physiol. (Bethesda, Md.: 1985) 68, 302–308. https://​doi.​org/​10.​1152/​jappl.​1990.​68.1.​302 (1990).
	44.	 Horton, T. J., Pagliassotti, M. J., Hobbs, K. & Hill, J. O. Fuel metabolism in men and women during and after long-duration exercise. 

J. Appl. Physiol. (Bethesda, Md.: 1985) 85, 1823–1832. https://​doi.​org/​10.​1152/​jappl.​1998.​85.5.​1823 (1998).
	45.	 Esbjörnsson-Liljedahl, M., Sundberg, C. J., Norman, B. & Jansson, E. Metabolic response in type I and type II muscle fibers during 

a 30-s cycle sprint in men and women. J. Appl. Physiol. (Bethesda, Md.: 1985) 87, 1326–1332. https://​doi.​org/​10.​1152/​jappl.​1999.​
87.4.​1326 (1999).

	46.	 Blaak, E. Gender differences in fat metabolism. Curr. Opin. Clin. Nutr. Metab. Care 4, 499–502. https://​doi.​org/​10.​1097/​00075​
197-​20011​1000-​00006 (2001).

	47.	 Carter, S. L., Rennie, C. & Tarnopolsky, M. A. Substrate utilization during endurance exercise in men and women after endurance 
training. Am. J. Physiol. Endocrinol. Metabol. 280, E898-907. https://​doi.​org/​10.​1152/​ajpen​do.​2001.​280.6.​E898 (2001).

	48.	 Devries, M. C. Sex-based differences in endurance exercise muscle metabolism: impact on exercise and nutritional strategies to 
optimize health and performance in women. Exp. Physiol. 101, 243–249. https://​doi.​org/​10.​1113/​ep085​369 (2016).

	49.	 Craft, B. B., Carroll, H. A. & Lustyk, M. K. B. Gender differences in exercise habits and quality of life reports: assessing the mod-
erating effects of reasons for exercise. Int. J. Lib. Arts Soc. Sci. 2, 65–76 (2014).

	50.	 Kilpatrick, M., Hebert, E. & Bartholomew, J. College students’ motivation for physical activity: differentiating men’s and women’s 
motives for sport participation and exercise. J. Am. Coll. Health 54, 87–94. https://​doi.​org/​10.​3200/​JACH.​54.2.​87-​94 (2005).

	51.	 van Uffelen, J. G. Z., Khan, A. & Burton, N. W. Gender differences in physical activity motivators and context preferences: a 
population-based study in people in their sixties. BMC Public Health 17, 624. https://​doi.​org/​10.​1186/​s12889-​017-​4540-0 (2017).

	52.	 Mao, H.-Y., Hsu, H.-C. & Lee, S.-D. Gender differences in related influential factors of regular exercise behavior among people in 
Taiwan in 2007: A cross-sectional study. PLoS ONE 15, e0228191. https://​doi.​org/​10.​1371/​journ​al.​pone.​02281​91 (2020).

	53.	 Park, J. & Hur, J. Applicability of health insurance claim data to cohort study. Public Health Weekly Report, Korea Centers for Disease 
Control and Prevention 6, 931–938 (2013).

	54.	 Rucker, D. D., Preacher, K. J., Tormala, Z. L. & Petty, R. E. Mediation analysis in social psychology: Current practices and new 
recommendations. Soc. Pers. Psychol. Compass 5, 359–371. https://​doi.​org/​10.​1111/j.​1751-​9004.​2011.​00355.x (2011).

	55.	 Kenny, D. A. & Judd, C. M. Power anomalies in testing mediation. Psychol. Sci. 25, 334–339. https://​doi.​org/​10.​1177/​09567​97613​
502676 (2014).

	56.	 Loeys, T., Moerkerke, B. & Vansteelandt, S. A cautionary note on the power of the test for the indirect effect in mediation analysis. 
Front. Psychol. 5, 1549. https://​doi.​org/​10.​3389/​fpsyg.​2014.​01549 (2014).

	57.	 O’Rourke, H. P. & MacKinnon, D. P. When the test of mediation is more powerful than the test of the total effect. Behav. Res. 
Methods 47, 424–442. https://​doi.​org/​10.​3758/​s13428-​014-​0481-z (2015).

	58.	 Health Examinees Study, G. The Health Examinees (HEXA) study: rationale, study design and baseline characteristics. Asian 
Pacific J. Cancer Prev. APJCP 16, 1591–1597 (2015).

	59.	 Kim, Y. & Han, B. G. Cohort profile: The Korean Genome and Epidemiology Study (KoGES) consortium. Int. J. Epidemiol. 46, 
1350. https://​doi.​org/​10.​1093/​ije/​dyx105 (2017).

	60.	 Choi, J. et al. Trends and correlates of high-risk alcohol consumption and types of alcoholic beverages in middle-aged Korean 
adults: Results from the HEXA-G study. J. Epidemiol. 29, 125–132. https://​doi.​org/​10.​2188/​jea.​JE201​70296 (2019).

	61.	 Normal score transformation—ArcGIS Pro | Documentation, 2020, <https://​pro.​arcgis.​com/​en/​pro-​app/​help/​analy​sis/​geost​atist​
ical-​analy​st/​normal-​score-​trans​forma​tion.​htm>

	62.	 Yang, D. & Dalton, J. E. A unified approach to measuring the effect size between two groups using SAS®. SAS global forum. 335, 
1–6 (2012).

	63.	 Huang, Y. T. & Yang, H. I. Causal mediation analysis of survival outcome with multiple mediators. Epidemiology 28, 370–378. 
https://​doi.​org/​10.​1097/​ede.​00000​00000​000651 (2017).

Author contributions
J.P. and J.Y.C. conceptualized the study. J.P., J.C. and J.E.K. were responsible for data analysis and interpretation. 
J.P. and J.Y.C. wrote the first draft of the manuscript. J.C., J.E.K., M.L., A.S., and D.K. reviewed and edited the 
manuscript. J.K.L. and D.K. were contributed to data acquisition and data management. All authors read and 
approved the final manuscript.

https://doi.org/10.1152/ajpendo.00567.2001
https://doi.org/10.1016/j.bbrc.2007.07.100
https://doi.org/10.5812/ircmj.17(4)2015.26321
https://doi.org/10.5812/ircmj.17(4)2015.26321
https://doi.org/10.22074/cellj.2016.4871
https://doi.org/10.1186/s12944-017-0515-5
https://doi.org/10.1186/s12944-017-0515-5
https://doi.org/10.1136/bjsm.30.2.122
https://doi.org/10.1309/14ty-2tdj-1x0y-1v6v
https://doi.org/10.1016/j.biopha.2016.02.017
https://doi.org/10.1136/bjsm.37.5.436
https://doi.org/10.1186/2042-6410-3-13
https://doi.org/10.1186/s13293-018-0189-3
https://doi.org/10.1186/s13293-018-0189-3
https://doi.org/10.1152/jappl.1990.68.1.302
https://doi.org/10.1152/jappl.1998.85.5.1823
https://doi.org/10.1152/jappl.1999.87.4.1326
https://doi.org/10.1152/jappl.1999.87.4.1326
https://doi.org/10.1097/00075197-200111000-00006
https://doi.org/10.1097/00075197-200111000-00006
https://doi.org/10.1152/ajpendo.2001.280.6.E898
https://doi.org/10.1113/ep085369
https://doi.org/10.3200/JACH.54.2.87-94
https://doi.org/10.1186/s12889-017-4540-0
https://doi.org/10.1371/journal.pone.0228191
https://doi.org/10.1111/j.1751-9004.2011.00355.x
https://doi.org/10.1177/0956797613502676
https://doi.org/10.1177/0956797613502676
https://doi.org/10.3389/fpsyg.2014.01549
https://doi.org/10.3758/s13428-014-0481-z
https://doi.org/10.1093/ije/dyx105
https://doi.org/10.2188/jea.JE20170296
https://pro.arcgis.com/en/pro-app/help/analysis/geostatistical-analyst/normal-score-transformation.htm
https://pro.arcgis.com/en/pro-app/help/analysis/geostatistical-analyst/normal-score-transformation.htm
https://doi.org/10.1097/ede.0000000000000651


11

Vol.:(0123456789)

Scientific Reports |        (2021) 11:12802  | https://doi.org/10.1038/s41598-021-92312-x

www.nature.com/scientificreports/

Funding
This study was supported by Seoul National University Hospital (2021), Seoul National University Hospital 
Research Fund (grant no 0420170310) and by the National Research Foundation of Korea grant funded by the 
Korean government (NRF-2018R1A2A3075397).

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​021-​92312-x.

Correspondence and requests for materials should be addressed to J.-Y.C.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2021

https://doi.org/10.1038/s41598-021-92312-x
https://doi.org/10.1038/s41598-021-92312-x
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Network of biomarkers and their mediation effects on the associations between regular exercise and the incidence of cardiovascular & metabolic diseases
	Results
	Characteristics of the study population. 
	Associations among regular exercise, biomarkers and risk of CMD. 
	Mediation effects of biomarkers. 
	Networks of biomarkers and relationships among regular exercise, biomarkers and risk of CMD. 

	Discussion
	Conclusions
	Methods
	Study population. 
	Regular exercise and biomarkers at baseline. 
	Incidence of CMD. 
	Covariates. 
	Statistical analysis. 
	Ethics approval and consent to participate. 

	References


