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Abstract

Objectives: Individual kidney tubule biomarkers are associated with CKD risk in persons
living with HIV (PLWH). Whether a combination of kidney biomarkers can be integrated into
informative summary scores for PLWH is unknown.
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Methods: We measured 8 urine biomarkers of kidney tubule health at 2 visits over a 3-year
period in 647 women living with HIV in the Women’s Interagency Health Study. We integrated
biomarkers into factor scores using exploratory factor analysis. We evaluated associations between
CKOD risk factors and factor scores, and used generalized estimating equations to determine
associations between factor scores and risk of incident CKD.

Results: Factor analysis identified 2 unique factor scores: a tubule reabsorption score comprising
a-1-microglobulin, beta-2-microglobulin, and trefoil factor-3 and a tubule injury score comprising
interleukin-18 and kidney injury molecule-1. We modeled the 2 factor scores in combination with
urine epidermal growth factor (EGF) and urine albumin. Predominantly HIV-related CKD risk
factors were independently associated with worsening tubule reabsorption scores and tubule injury
scores. During a median follow-up of 7 years, 9.7% (63/647) developed CKD. In multivariable
time-updated models that adjusted for other factor scores and biomarkers simultaneously, higher
tubule reabsorption scores (RR=1.27, 95% CI: 1.01, 1.59 per 1-SD higher time-updated score),
higher tubule injury scores (RR=1.36, 95% CI: 1.05, 1.76), lower urine EGF (RR=0.75, 95% CI:
0.64, 0.87), and higher urine albumin (RR=1.20, 95% CI: 1.02, 1.40) were jointly associated with
risk of incident CKD.

Conclusions: We identified 2 novel and distinct dimensions of kidney tubule health that appear
to quantify informative metrics of CKD risk in PLWH.
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Introduction

In the era of combination antiretroviral therapy, people living with HIV (PLWH) have

had dramatic gains in life expectancy.(1,2) At the same time, PLWH are experiencing an
increasing burden of age-related comorbidities, including chronic kidney disease (CKD).(3)
CKD is more common and occurs earlier in PLWH compared to the general population.(4-6)
CKD in PLWH also has strong associations with end-stage kidney disease, cardiovascular
disease, heart failure, and early death.(7,8) As the HIV population continues to survive

to older ages, the monitoring of kidney disease will become an increasingly important
requirement for HIV care.

Despite the kidney tubules comprising over 90% of the kidney’s cortical mass and having

a central role in CKD pathogenesis, clinical assessment of kidney disease relies upon

two measures that primarily reflect glomerular health: estimated glomerular filtration rate
(eGFR) and urine albumin. Although eGFR is often used as a surrogate for overall kidney
function, it lacks sensitivity for detecting kidney tubule injury or early reductions in kidney
function in PLWH.(9,10) Urine albumin is an established marker of glomerular damage, but
cannot adequately identify tubulointerstitial disease, which is a hallmark finding in all forms
of CKD.(11)

Over the past decade, several novel urine biomarkers reflecting kidney tubule health have
shown promise in improving the characterization of kidney disease in PLWH. These
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urine biomarkers represent a wide array of functions and pathophysiologic mechanisms
specific to the kidney tubules, including: injury (kidney injury molecule-1 [KIM-1] and
interleukin-18 [IL-18]); reabsorption (alpha-1-microglobulin [a1m], beta-2-microglobulin
[B2m], and trefoil factor-3 [TFF3]); fibrosis and repair (epidermal growth factor [EGF] and
chitinase 3-like protein 1 [YKL-40]); and loop of Henle synthetic function (uromodulin).
Several of these urine biomarkers are higher in PLWH compared to uninfected individuals
and associate with longitudinal kidney function decline and mortality.(12-17)

Given the diverse mechanisms underlying the development of kidney disease in PLWH,
CKOD risk may be optimally assessed using a combination of biomarkers that provide
complementary information on glomerular and tubular health. However, combining
information from several inter-correlated biomarkers using standard statistical approaches
can pose problems in modeling and interpretation. Factor analysis is a variable reduction
method that can identify underlying patterns within the data by combining measured
biomarkers into latent variables, also known as factors.(18) Each factor is a linear
combination of multiple inter-correlated variables, and the resulting factors can be evaluated
in regression analyses as composite scores. Factor analysis is commonly used in the social
sciences, but has been rarely applied in kidney biomarker research.(19)

Our study had 3 objectives. First, to use exploratory factor analysis to partition and
summarize the information from repeated measures of 8 kidney tubule biomarkers into
factor scores among women living with HIV in the Women’s Interagency HIV Study
(WIHS) cohort. Second, to evaluate the associations of CKD risk factors with each factor
score. Third, to evaluate the associations of factor scores with risk of incident CKD. We
hypothesized that exploratory factor analysis could separate the 8 kidney tubule biomarkers
into distinct factor scores; that CKD risk factors would have different associations with each
factor score; and that baseline and repeated factor scores would be independently associated
with incident CKD.

Study design

The WIHS study design and methods have been described previously.(20) In brief, a

total of 3,766 HIV-infected and uninfected women of similar backgrounds were enrolled
in 1994-1995 and 2001-2002 from six sites (Bronx/Manhattan, Brooklyn, Chicago, Los
Angeles, San Francisco and Washington, DC). The WIHS protocol comprises a baseline
visit and follow-up visits every six months; each visit includes an interviewer-administered
questionnaire, a physical examination, and collection of laboratory specimens.

Among WIHS participants living with HIV, we designed a nested study to investigate the
trajectory of kidney injury and function in the setting of HIV. We included 647 women living
with HIV who had available urine and serum specimens collected twice and had eGFR

>60 ml/min/1.73m? at the time of the first specimen collection. The first urine specimen

was collected between October 2009 and March 2011, and the second urine specimen was
collected a median (interquartile range [IQR]) 2.5 (2.4-2.5) years later. Follow-up started at
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the first urine specimen collection and was truncated in April 2017. There were few losses to
follow-up (35/647 =5.4%).

WIHS and associated protocols were approved by the institutional review boards of all
participating institutions, and informed consent was obtained from all study participants.
This kidney biomarker ancillary study was also approved by the Committee on Human
Research of the University of California San Francisco (UCSF).

Urine biomarker measurements

Urine specimens were in continuous storage at —80°C until biomarker measurement. Urine
KIM-1, IL-18, alm, 2m, TFF3, EGF, YKL-40, uromodulin, albumin, and creatinine were
all measured at the UCSF Kidney Health Research Collaboration (KHRC) Biomarker
Laboratory. Baseline and follow-up urine biomarkers were measured on the same plates

to minimize assay drift. Biomarker intra-assay coefficients of variation were <15%

and are shown along with analytic ranges and assays in Supplementary Table S1.
Laboratory personnel performing the biomarker assays were blinded to participants’ clinical
information.

Factor score derivation

Robust maximum likelihood estimation was used to derive factor scores using only the
kidney biomarkers. Factor derivation was agnostic to all covariates and incident CKD
events. The scree test and proportion criteria were used to determine the optimal number

of factor scores, comparing different oblique and orthogonal rotation methods to identify
solutions with the best structure. We derived factor scores using the baseline urine biomarker
measurements and then used the same biomarker weights to estimate factor scores for the
second set of urine biomarker measurements. Because our goal was to determine whether
factor scores derived from kidney tubule biomarkers had associations with incident CKD
independent of urine albumin, we included urine albumin in the final multivariable models
as a separate measure. From the 8 kidney tubule biomarkers, uromodulin and YKL-40 were
excluded because these biomarkers had small factor loadings (<0.4), meaning they were not
prominent contributors to any factor score. We also excluded urine EGF from the factor
analysis because its factor loading was in the opposite hypothesized direction from its CKD
association. However, because of the strength of association of urine EGF with CKD in our
prior work, we retained it in the final multivariable models as a separate measure.(21,22) A
model with 2 factors was determined to be the best solution for the remaining 5 biomarkers.
We then used the regression scoring method to derive standardized factor scores.

In summary, this process resulted in the construction of 2 factor scores from kidney tubule
biomarkers, which we modeled together with urine EGF and urine albumin to represent 4
dimensions of kidney health.

CKD risk factors

Demographics, clinical characteristics, and HIV-related characteristics were assessed at each
examination. Consistent with our prior studies, the following covariates were included
in all multivariable models: age, race/ethnicity (self-reported Black, White, or other),
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diabetes (defined using confirmatory criteria for fasting glucose =126 mg/dL, self-reported
diabetes, self-reported diabetes medication use, or hemoglobin Alc [HbAlc] =6.5%),
systolic and diastolic blood pressure, hypertension (defined as systolic blood pressure >140
mmHg, diastolic blood pressure >90 mmHg, or self-reported history of hypertension and
antihypertensive medication use), self-reported history of cardiovascular disease, statin use,
low- and high-density lipoprotein cholesterol levels, body mass index, cigarette smoking
status (current, past, or never), serum albumin level, self-reported current intravenous drug
use, hepatitis C virus (HCV) infection (confirmed by detectable HCV RNA following a
positive HCV antibody result), current and nadir CD4 lymphocyte count, current and peak
plasma HIV-1 RNA level, history of clinical acquired immunodeficiency syndrome (AIDS)
diagnosis, duration of HIV infection, and duration of antiretroviral therapy (tenofovir
disoproxil fumarate [TDF], ritonavir, or combination antiretroviral therapy [ART] regimens
defined in accordance with US Department of Health and Human Services treatment
guidelines).(23) Undetectable HIV viral load was defined as plasma HIV-1 RNA <80
copies/mL. The percentage of participants with missing covariate data was <5%.

Incident CKD

Incident CKD was defined as an eGFR <60 ml/min/1.73m2 measured at two consecutive
six-month visits and an average annual eGFR decline of =3% per year. Serum creatinine
was measured in local laboratories for each study site with assays using the modified Jaffe
method traceable to isotope dilute mass spectrometry. We calculated creatinine-based eGFR
using the corresponding CKD Epidemiology Collaboration estimating equation.(24)

Statistical analysis

We summarized clinical characteristics and urine biomarker levels at the baseline and
follow-up urine biomarker collection visits for all participants. We analyzed urine
biomarkers as log-transformed continuous variables due to their right-skewed distributions.
All models included urine creatinine as a separate covariate at each of the two

urine collections to account for variations in urine concentration. Biomarkers were log-
transformed and standardized to the same scale (mean 0, standard deviation [SD] 1) prior to
analysis.

We first examined all pairwise Spearman correlations of baseline and follow-up levels
between the 2 factor scores, urine EGF, urine albumin, and eGFR. Next, we evaluated
associations between baseline and changes in CKD risk factors with baseline and changes in
each of the 4 kidney health dimensions (the 2 factor scores, urine EGF, and urine albumin).
All CKD risk factors and dimensions of kidney health were modeled in combination

using the multivariable sparse group least absolute shrinkage and selection operator (MSG-
LASSO) method for variable selection.(25) This method is appropriate for settings involving
both multiple predictors and multiple outcomes, and can produce a sparse solution by
removing unimportant variables. After retaining variables selected by MSG-LASSO, we
then used multivariable simultaneous linear equations (constructed with three-stage least
squares) to account for correlations between the dimensions of kidney health. This method
is more appropriate than individual regression models given the relatedness among the
biomarker measurements. To facilitate comparisons of the magnitude of each CKD risk
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factor’s association with each kidney health dimension, we reported standardized regression
coefficients with 95% confidence intervals (Cls), such that an estimate of 0.2 indicates that
a 1 standard deviation (SD) higher level of the CKD risk factor is associated with a 0.2 SD
higher level of the kidney health dimension.

Next, we modeled associations of each dimension of kidney health with incident CKD with
three approaches: (1) using the baseline value; (2) time-updating the baseline value with
the follow-up value; and (3) using the absolute change from baseline, with adjustment for
the baseline value as a separate predictor. For each approach, we calculated relative risks
using modified Poisson regression from generalized estimating equation models to account
for repeated measures within subjects. To determine whether each dimension of kidney
health was independently associated with incident CKD, multivariable models additionally
adjusted for demographics, CKD risk factors, baseline urine albumin (in models without
urine albumin as the main predictor), and baseline eGFR. Time-updated and change from
baseline analyses included covariates from both baseline and follow-up visits.

MSG-LASSO was performed using the R package MSGLasso. All other analyses were
performed using the SAS system, version 9.4 (SAS Institute, Inc, Cary, NC).

Study population characteristics

The 647 women living with HIV included in our study had a median (interquartile

range [IQRY]) duration of follow-up of 7.0 (6.8—7.1) years from the baseline biomarker
measurements to the end of our study period. The median (IQR) age at baseline was 45 (40—
51) years; 67% were African American; and 20% had diabetes. The median (IQR) duration
of HIV infection was 14 (8-15) years; 75% were receiving ART; median (IQR) CD4 count
was 518 cells/mms3; and 60% had undetectable viral levels (Table 1).

The median (IQR) eGFR and urine albumin-to-creatinine ratio at baseline were 104 (89—
117) ml/min/1.73m?2 and 4.6 (2.1-11.2) mg/g, respectively. During follow-up, 9.7% (63/647)
of participants developed CKD. All CKD events developed after the second urine biomarker
measurement (range, 0.4-4.7 years). The median (IQR) eGFR at time of CKD diagnosis was
53 (46-57) ml/min/1.73m2. Urine biomarker measurements at the baseline and follow-up
visits are shown in Table 1, and changes in urine biomarker levels among persons who did
and did not develop CKD are shown in Figure 1.

Exploratory factor analysis

Our standardized factor loading matrix for the 2 factor scores identified in exploratory factor
analysis is shown in Table 2. Factor 1 was dominated by urine alm, 2m, and TFF3,
whereas factor 2 was dominated by urine IL-18 and KIM-1. Based on the biomarkers’
presumed pathophysiologic mechanisms, we labeled factor 1 as the fubule reabsorption
score and factor 2 as the fubule injury score.

Spearman correlations were overall weak to moderate between the factor scores, urine EGF,
urine albumin, and eGFR at baseline and follow-up (Supplementary Table S2). At baseline,
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there were weak inverse correlations between eGFR and the factor scores (—0.10 for both
reabsorption and injury scores), and moderate correlations between urine albumin and the
factor scores (0.35 for both reabsorption and injury scores). Correlations between changes in
factor scores were also moderate (0.41; Supplementary Figure S1).

CKD risk factor associations with kidney health dimensions

The CKD risk factors selected from penalized regression and their associations with baseline
levels and changes in the tubule reabsorption score, the tubule injury score, urine EGF,

and urine albumin are shown in Figure 2. Predominantly HIV-related CKD risk factors

were associated with baseline tubule reabsorption and tubule injury scores and subsequent
changes in both scores. In contrast, predominantly vascular and metabolic CKD risk

factors were associated with baseline urine EGF levels and changes in urine EGF, and

a combination of vascular, metabolic, and HIV-related CKD risk factors associated with
baseline urine albumin levels and changes in urine albumin.

Kidney health dimension associations with incident CKD

Baseline measures of each dimension of kidney health were significantly associated with
incident CKD in models adjusted for urine creatinine and CKD risk factors (Table 3).

In models that additionally adjusted for baseline urine albumin (when urine albumin was
not the main predictor) and eGFR, higher baseline tubule injury scores and urine albumin
remained significantly associated with risk of incident CKD.

When modeling time-updated associations, each dimension of kidney health was
individually associated with risk of incident CKD after multivariable adjustment including
baseline urine albumin and eGFR (Table 3). When modeling change from baseline
associations, increased factor scores for tubule reabsorption (RR: 1.47 per 2-fold increase
from baseline, 95% CI: 1.06, 2.04) and tubule injury (RR: 1.45, 95% ClI: 1.12, 1.87), and
decreasing concentrations of urine EGF (RR: 0.64, 95% CI: 0.50, 0.84) were significantly
associated with higher risk of incident CKD in fully adjusted models. Change in urine
albumin was not significantly associated with incident CKD in the fully adjusted model (RR:
1.37,95% ClI: 0.87, 2.34).

Lastly, we modeled the 4 kidney health dimensions in combination to evaluate whether

they were jointly associated with incident CKD after mutual adjustment (Figure 3). In the
baseline model, higher tubule injury scores and urine albumin were jointly associated with
risk of CKD after adjustment for the other factor scores and biomarkers. In the time-updated
model, higher tubule reabsorption scores (RR=1.27, 95% CI: 1.01, 1.59 per 1-SD higher
time-updated score), higher tubule injury scores (RR=1.36, 95% CI: 1.05, 1.76), lower urine
EGF (RR=0.75, 95% CI: 0.64, 0.87), and higher urine albumin (RR=1.20, 95% CI: 1.02,
1.40) were jointly associated with increased risk of incident CKD. In the change from
baseline model, only increases in urine EGF reached the significance threshold.

Discussion

In this study of women living with HIV in the WIHS cohort, we used exploratory factor
analysis to derive 2 novel factor scores from multiple urine biomarkers reflecting kidney
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tubule health. These factor scores were generated agnostic to their relationship with CKD
risk factors and incident CKD events, but produced 2 factors that were easily recognizable
based on their pathological correlates within the kidney: all biomarkers reflecting tubule
reabsorption loaded onto a single factor, while those marking tubule injury distinguished

a second factor. We found that several CKD risk factors were independently associated
with both baseline values and changes in factor scores, urine EGF, and urine albumin. In
addition, baseline and repeated factor score measures were associated with risk of incident
CKD independent of CKD risk factors, urine albumin and eGFR. These findings suggest
that integrating multiple kidney tubule biomarkers into summary scores can create new,
informative metrics of kidney health.

To our knowledge, this is the first study in PLWH to summarize multiple biomarkers

of kidney health with factor analysis. A previous study among CKD participants in the
Systolic Blood Pressure Intervention Trial (SPRINT) used factor analysis to combine 10
kidney biomarkers into 4 distinct factors, and found that each factor score had independent
associations with cardiovascular disease, heart failure, and death, and also improved event
prediction.(19) Over the previous decade, we have demonstrated that several kidney tubule
biomarkers are elevated in PLWH compared to uninfected individuals; reflect different CKD
risk factor profiles; predict eGFR decline following TDF initiation; independently associate
with eGFR decline and mortality risk; and have stronger associations with CKD risk when
the biomarker measures are repeated over time.(12-17,21,22,26-28) However, interpreting a
large number of novel kidney biomarkers would be challenging for the clinician.

To create parsimonious kidney biomarker panels for clinical practice, an important next step
requires methods of prioritizing and combining biomarkers. In the present study, exploratory
factor analysis selected 5 kidney tubule biomarkers and combined them into 2 factor scores
that were independently associated with CKD risk. The factor scores in our study grouped
similar biomarkers together despite being agnostic to CKD risk factors and incident CKD,
which highlights the potential of factor analysis to uncover relevant biological mechanisms.
Factor 1 was dominated by urine alm, 2m, and TFF3, which are freely filtered low-
molecular-weight proteins that reflect proximal tubule dysfunction when levels are increased
in the urine.(29-32) Factor 2 was dominated by urine 1L-18 and KIM-1, which are markers
of proximal tubule injury.(33,34) The factor scores were modeled with urine EGF, a
biomarker of kidney repair, and urine albumin, which reflects glomerular damage.(35,36)
EGF and albumin had minimal correlation with either factor score, suggesting that they also
represent different and distinct biological processes. We envision that our biomarker-based
factor scores can serve as scaffolding for future kidney biomarker research in PLWH as they
allow for a more direct assessment of the incremental value of new candidate biomarkers.
However, our findings first warrant validation in additional cohorts of PLWH to determine
the ideal number of dimensions that fully capture kidney health.

There were multiple significant CKD risk factor associations with baseline and repeated
measures of the factor scores and urine EGF independent of urine albumin and eGFR, which
underscores how current measures of kidney health do not adequately capture kidney tubule
dysfunction and injury. The preponderance of HIV-related CKD risk factors associated

with worsening tubule reabsorption and tubule injury scores reinforces the importance
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of the tubulointerstitial pathology that is often seen in HIV-associated nephropathy and
antiretroviral nephrotoxicity.(37,38) In contrast, vascular and metabolic CKD risk factors
primarily associated with urine EGF and albumin.

The associations of time-updated and changes in factor scores, urine EGF, and urine albumin
with incident CKD highlight the potential of kidney biomarkers to detect biologic changes
in the kidneys over time. As in this study, our previous work in WIHS demonstrated

that repeated measures of individual urine biomarkers appear to have stronger associations
than their baseline measures.(21) We hypothesize that dynamic biomarker changes may
capture kidney tubule damage that progresses over time and lead to the tubulointerstitial
fibrosis often seen in CKD.(11) In addition, we suspect that urine biomarker patterns

within individual PLWHs may need to be evaluated periodically to remain reflective of

the changing kidney injury patterns and to capture changes in CKD risk that occur following
risk factor modification or switching ART regimens.

Strengths of our study include a contemporary and diverse cohort of women living with
HIV; repeated urine biomarker measurements; evaluation of multiple CKD risk factors; and
use of urine biomarkers that localize to different regions of the nephron. We were also able
to analyze baseline and follow-up biomarker measurements on the same plates with low
intra-assay coefficients of variation.

Our study also has important limitations. First, our biomarker measurements were only
performed at two study visits, which limited the detail of our characterization of longitudinal
changes in kidney tubule health. Second, urine albumin was not measured between
biomarker collection visits, which limited our definition of incident CKD to longitudinal
changes in eGFR only. Third, although we studied 8 urine biomarkers of kidney tubule
health and urine albumin, they are a selection from a larger set of candidate kidney
biomarkers that warrant investigation, including serum biomarkers, which may capture new
dimensions of kidney health that were not identified in our study. Fourth, the biomarkers
were measured before the use of more recent antiretroviral therapies, such as integrase
strand transfer inhibitors and tenofovir alafenamide fumarate, and therefore may not reflect
the nephrotoxicity profile of current antiretroviral regimens. Finally, our results may not

be generalizable to individuals with significant albuminuria, to men living with HIV, or to
kidney disease in individuals without HIV.

In summary, we combined 5 kidney tubule biomarkers into 2 novel factor scores, which
were modeled together with urine EGF and urine albumin to reflect 4 dimensions of
kidney health. We found that distinct sets of CKD risk factors were associated with each
dimension of kidney health, and that repeated measures of all 4 kidney health dimensions
were associated with risk of incident CKD. Summary scores of kidney tubule health may
help capture information about CKD risk distinct from standard measures of kidney health.

Supplementary Material

Refer to Web version on PubMed Central for supplementary material.
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Figure 1. Relative percentage changein urine biomarker concentrations among women living
with HIV in WIHS stratified by incident CKD status.

Geometric mean relative change in urine biomarker concentrations measured at the baseline
and follow-up biomarker visits with 95% confidence intervals displayed as error bars. P
values for difference in relative changes by CKD status calculated with Wilcoxon rank

sum test. Biomarker concentrations are indexed to urine creatinine. Abbreviations: alm,
alpha-1-microglobulin; p2m, beta-2-microglobulin; EGF, epidermal growth factor; IL-18,
interleukin-18; KIM-1, kidney injury molecule-1; TFF3, trefoil factor 3; UAIb, urine
albumin.
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DBP -0.14
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Figure 2. Simultaneous multivariable adjusted associations of baseline and changein CKD risk
factorswith baseline and change in dimensions of kidney health among women living with HIV
in WIHS.

Standardized regression coefficients from simultaneous linear equations using 3-stage least
squares to account for correlations between outcomes with 95% confidence intervals
displayed. Numbers within each cell can be interpreted like correlation coefficients (scaled
from — 1 to + 1). e.g., a 1 standard deviation (SD) higher SBP is associated with 0.27

SD higher urine albumin. Red shaded cells indicate harmful associations between CKD

risk factors and dimensions of kidney health, and green shaded cells indicate protective
associations. The degree of shading denotes the magnitude of the standardized beta
coefficients. 1 corresponds to a 1 SD increase in the CKD risk factor from baseline. Models
simultaneously adjusted for traditional and HIV-related risk factors, urine creatinine, tubule
reabsorption score, tubule injury score, urine EGF, and urine albumin. Abbreviations: Alc,
hemoglobin Alc; AIDS, acquired immunodeficiency syndrome; ART, antiretroviral therapy;
BMI, body mass index; DBP, diastolic blood pressure; EGF, epidermal growth factor; HCV,
hepatitis C virus infection; SBP, systolic blood pressure; TDF, tenofovir disoproxil fumarate.
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Figure 3. Multivariable adjusted individual and joint associations of kidney health dimensions
with risk of incident CKD among women living with HIV in WIHS.

Associations of baseline, time-updated, and change from baseline measures of the tubule
reabsorption score, tubule injury score, urine EGF, and urine albumin with risk of

incident CKD modeled individually (black) and jointly (red) with 95% confidence intervals
displayed. Associations estimated from generalized estimating equation models that adjusted
for demographics, CKD risk factors, urine creatinine, baseline urine albumin (when urine
albumin was not the main predictor), and baseline eGFR. Filled symbols denote statistically
significant associations. Abbreviations: CI, confidence interval; CKD, chronic kidney
disease; EGF, epidermal growth factor; eGFR, estimated glomerular filtration rate; RR risk
ratio; SD, standard deviation; UAIb, urine albumin.
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Summary of clinical characteristics and urine biomarkers of women living with HIV in WIHS at the baseline
and second biomarker measurements

Baseline Follow-up

Parameter N=647 N=647 P
Calendar year 2009 2012
Age, y 45 (40, 51) 48 (43, 53)
Race

African American 432 (67%) 432 (67%)

Other 100 (15%) 100 (15%)

White 115 (18%) 115 (18%)
Hispanic 133 (21%) 133 (21%)
Smoking

Current 249 (38%) 229 (35%) 0.05

Past 210 (32%) 232 (36%)

Never 188 (29%) 186 (29%)
Diabetes 130 (20%) 147 (23%) <0.01
Hypertension 229 (35%) 267 (41%) <0.01
LDL, mg/dL 93 (76, 118) 97 (74, 117) 0.59
Statin use 93 (14%) 109 (17%) 0.03
BMI, kg/m? 29 (25, 34) 29 (25, 34) 0.55
Current ART

HAART use 487 (75%) 548 (85%) <0.01

NRTI use 483 (75%) 537 (83%) <0.01

NNRTI use 202 (31%) 221 (34%) 0.03

Pl use 274 (42%) 302 (47%) <0.01

TDF use 396 (61%) 451 (70%) 0.54
Current CD4 518 (343, 730) 537 (365, 756) <0.01
Lifetime Nadir CD4 213 (113, 307) 200 (98, 290) <0.01
History of AIDS 233 (36%) 250 (39%) <0.01
Plasma HIV RNA < 80 386 (60%) 447 (69%) <0.01
Peak HIV RNA > 10,000 510 (79%) 521 (81%) 0.01
Hepatitis C virus infection 124 (19%) 130 (20%) 0.03
Heroin use 8 (1%) 9 (1%) 0.74
alm, mg/dL 0.89 (0.54, 1.79) 1.01 (0.54, 2.02) <0.01
p2m, ng/mL 149.6 (72.7, 333.9) 156.9 (71.3,358.8)  0.31
TEF3, pg/mL 106.1 (32.1, 313.1) 103.7 (335,303.8) 061
IL-18, pg/mL 63.3 (33.6, 127.3) 63.0 (33.1, 127.4) 0.91
KIM-1, pg/mL 535.1(271.2,1025.7)  588.0 (300.7, 1166.4)  0.05
EGF, ng/mL 13.9 (9.0, 20.3) 13.1 (8.7, 19.5) 0.32
ACR, mg/g 46(2.1,11.2) 4.2(2.0,9.8) 0.38

alm, a-1 microglobulin; ACR, albumin-to-creatinine ratio; AIDS, acquired immunodeficiency syndrome; 2m, B-2 microglobulin; BMI, body

mass index; EGF, epidermal growth factor; eGFR, estimated glomerular filtration rate; HAART, highly active antiretroviral therapy; IL-18,
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interleukin-18; KIM-1, kidney injury molecule-1; LDL, low density lipoprotein cholesterol; NRTI, nucleoside reverse transcriptase inhibitor;
NNRTI, nonnucleoside reverse transcriptase inhibitor; P, protease inhibitor; TDF, tenofovir disoproxil fumarate; TFF3, trefoil factor 3

Notes: Data are presented as median (IQR) or numbers (percent). P-values are from Wilcoxon signed-rank test for continuous variables and
McNemar’s test for categorical variables.
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Standardized factor loading matrix from exploratory factor analysis of kidney tubule biomarkers

Table 2.

Standar dized Factor loadings
Tubulereabsorption | Tubuleinjury

Urine biomarker score score
a-1 microglobulin 0.61 0.32
B-2 microglobulin 0.81 0.15
Trefoil factor 3 0.78 -0.06
Interleukin-18 -0.07 0.77
Kidney injury molecule-1 0.11 0.65
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