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Abstract

Emotional awareness has been previously investigated among clinicians. In this work, we
bring to the fore of research the interest to uncover emotional awareness of clinicians
during the tele-mental health session. The study reported here aimed at determining
whether clinicians process their own emotions, as well as those of the client, in a
computer-mediated context. Also, clinicians’ decision-making process was assessed
because such action appears to be related to the way they feel and recognise how those
emotions may change their thinking and impact their interaction with clients. We esti-
mated that such ability in clinicians’ would be contrasted when the psychotherapy-session
level is conducted via various technologies. Participant of the study were presented by
stimuli in different modes of delivery (e.g. text, audio, and video). The experiment
indicates that the ability to manage, perceive, and utilise emotions was as being satisfac-
tory during all modes of delivery. In essence, the findings contribute to the field of remote
therapy suggesting emotional awareness as a key cognitive factor in diagnosis.

Keywords Emotional awareness - Emotional intelligence - Diagnosis - Decision-making -
Computer-mediated psychotherapy - Human-computer interaction - E-mental health

1 Introduction

Emotional awareness is an ability to recognise the emotions or feelings expressed by
others, or experienced by oneself [51, 52]. Individuals with a high level of emotional
awareness detect and discriminate emotional states accurately [51, 53, 88]. It has been
argued that the ability to recognise emotions in others can contribute to personal
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relationships, such as fostering happy and stable relationships between couples [10]. In
the case of building friendships between peers, research shows that emotional aware-
ness increases knowledge of one another, and thus enables people to arrange their
professional, economic, or political relationships in beneficial and respectful ways [41].

Emotional awareness is also useful in the healthcare sector [3, 39]. It is supported by
studies in which various method of treatment including cognitive-behavioural therapy,
client-centred therapy and emotion-focused therapy (EFT) were employed to make clients
be aware of their emotions and to use these emotions in a more adaptive manner [28, 92].
For example, clinical studies have demonstrated that the enhancement of emotional
awareness in patients with eating disorders can increase their involvement in therapy
and is linked to improvements in their conditions [57]. In consistent with this finding, Kim
and his colleagues [45] show that an increased level of emotional awareness in patients
with clinical depression condition can improve and accelerate their treatment effects.

Given the usefulness of emotional awareness in therapeutic settings, and therapeutic
training [39, 86], one could assume that clinicians would be better able to identify
emotions in others than members of the general public [83]. In other words, it is argued
that clinicians who have higher emotional awareness will be more resilient to the
anxieties when they practice and become less likely to experience fatigue, which in
turn can cause better doctor-patient relationships, and improve the satisfaction level in
patients [46, 63]. This is not a new notion though. Machado et al. [56] had investigated
emotional awareness among different groups and showed that psychotherapists were
indeed better able to identify basic emotions in others than were other groups of people.
Further, it has been found that if a psychotherapist was aware of the emotions expressed
by their clients throughout the therapeutic process, the process was deemed easier and
more often ended with positive outcomes for the client [42]. Similarly, it has been
demonstrated that clinical reasoning, including examination, analysis, and consultation,
are improved when psychotherapists deliberate over a client’s emotional states [59].

It also has to be noted that therapists should be aware of their own emotions while
they seek to recognise and analyse a client’s psychological state. The literature shows
that mood (as a longer-term affective state) can influence social relationships between
people [8]. Specifically, Gurman [31, 32] argued that therapists need to be aware of
their own emotions because clients with severe mental health problems can affect a
therapist’s mood and thus their health. Gurman also stated that assessing the daily
emotional experiences of therapists will elucidate the way that they regulate the
therapeutic process. To this end, researchers have found that therapists’ negative moods
can have a destructive influence on how they process information in health-related
tasks, such as mental health screening or diagnosis [29, 30, 64, 65, 74]. The corollary of
this is that therapists’ positive moods enhance the therapeutic alliance [6]. For example,
Elkind [24] and Gurman [31, 32] found that therapists who were mentally ‘in tune’
with their clients engaged more effectively with them.

To date, a number of studies have demonstrated that communication can be en-
hanced if people are capable of identifying expressed emotions [20, 89]. It has been
demonstrated that a strong awareness of bodily symptoms as well as the ability to
segregate emotions (i.e. attending to one’s own emotions and the others) can decrease
the occurrence of somatic complaints in adults [72]. Of particular note in clinical
settings is the psychotherapist’s emotional awareness, which plays an important role
in therapeutic interactions [39]. However, little research has focussed on the emotional
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awareness of clinicians who engage in computer-mediated psychotherapy (CMP) and,
given the increased importance of telecommunication technologies in psychotherapy,
this is clearly an important field of exploration.

Two inquiries are therefore sought in the current study. Experiment 1 encapsulates
the first inquiry by assessing whether CMP-like sessions inhibit the emotional aware-
ness of clinicians. Emotional awareness is a multidimensional construct with clearly
defined and well-operationalised factors (e.g. perceiving, integrating, and understand-
ing emotions in oneself or others), but technology may challenge the ability to apply the
skills needed to be aware of the emotions expressed by others. An important consid-
eration is that different people can feel and express different emotions in different ways,
even though there is general agreement about the basic emotions [21-23, 61]. This
could influence the way people define their emotional states and think about them-
selves, but ‘expression’ will be controlled in the following experiment. Also, computer-
mediated communication (CMC) has the potential to (1) impair affective perception,
(2) inhibit emotional engagement, and (3) interfere with the ability to respond appro-
priately to the emotions of communicators.

A secondary goal of experiment 1 is to explore the relationship between exposure to
emotions and the therapist’s awareness of their own emotions, specifically as it relates
to communication via technology. This is important because spending long hours at a
computer can place physical and mental health at risk. Feeling tired, stressed, or
depressed are common computer-induced health conditions that may interfere with a
clinician’s perceptual and diagnostic efficacy [7, 90]. Furthermore, it has been argued
that understanding the therapist’s emotional states can provide valuable information
about the therapeutic process [62]. Psychotherapists usually deal with emotionally
distressing situations which may affect their own emotional well-being and ability to
engage with their clients. Therefore, based on the work of Hancock and his colleagues
[33], it is hypothesised that the use of technology and exposure to the negative
emotions expressed by a client will negatively impact the mood of the clinician. This,
in turn, will interfere with a therapist’s emotional awareness, including the ability to
identify and recognise emotions during a CMP-like session.

Experiment 2 seeks the second inquiry of the study and is the first of its kind to
explore the potential mediating role CMC might have between emotional awareness
and decision-making. It was deemed important to understand how emotional awareness
influenced analytical decision-making when cybertherapists are provided with psycho-
therapeutic content during video-based CMP.

Figure 1 provides an illustration of the conceptual model that underlies this exper-
iment. In this model, emotional perception is an ability that psychotherapists possess
that influences their decision-making. Alvandi et al. [4] has shown that the accurate
perception of emotions increases engagement with the client’s problems. Understand-
ing whether clinicians are sensitive to this emotional information can also help them
with the diagnostic process [82]. However, the awareness of emotions/emotionality of
communication per se might not impact how decisions are made. An understanding of
one’s own emotions, and an ability to employ emotional responses, is also likely to
assist clinicians in understanding if their clients’ emotions have a positive or negative
impact on the clinician’s decision-making. This is where a measure of emotional
intelligence is valuable. Emotional intelligence which can be used as an alternative to
emotional awareness has been referred to as a person’s ability to monitor their own, and
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Fig. 1 The conceptual model of emotional awareness involved in the diagnostic process of therapeutic
communication

others’, emotions in order to use this information appropriately and guide their thinking
and behaviour [17].

Previous studies have confirmed that people’s judgments and behaviours in their
workplace are affected by their level of emotional intelligence [70, 81]. Emotional
intelligence is also important in the context of therapeutic communication [80]. It can
be thought of as a cognitive ability that influences the way clinicians engage with the
emotional states of their clients, and how they use emotional information in the
decisions they make regarding treatment. Kaplowitz et al. [42] showed that in face-
to-face sessions, therapists with higher emotional intelligence produce more accurate
assessments. In face-to-face clinical settings, mindful examination of clients’ mental
disorders is vital for psychotherapeutic diagnosis, good clinical treatment, and produc-
tive care [44, 48]. Other literature links emotional intelligence and conscious decision-
making. In a study assessing interns, Rieck and Callahan [71] show that emotional
intelligence is valuable because it enabled these people to use emotional information to
benefit their subsequent therapeutic actions.

The impetus for this experiment stems from recent research demonstrating that
emotions and awareness of emotions have a central role in decision-making [13].
Furthermore, the relationship between emotional awareness and decision-making is
an essential component of psychotherapy [5]. As discussed, emotional awareness
allows clinicians (and patients) to manage therapy better. For accurate diagnosis of
disorders, psychotherapists need to correctly identify relevant information communi-
cated by clients, in addition to recognising relevant symptoms. This information may
take the form of personal and emotional information. Emotional information is very
important here because it reveals a client’s feelings, mood, thought processes, conflict
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resolution strategies, and behaviours in day-to-day situations [29, 43]. However, it has
been suggested that CMP does not convey the same richness of emotional information
(verbal and nonverbal) as direct, face-to-face interactions. Therefore, the second ex-
periment will attempt to determine whether the nature of mental problems presented via
technology impacts (1) the emotional awareness of cybertherapists and (2) their ability
to engage with cyberclients.

Based on this information, the hypotheses are as follows:

HI. It is, therefore, predicted that the emotional awareness of cybertherapists will
be decreased after using technology.

H2. There is a positive correlation between emotional intelligence and the ability
of cybertherapists to perceive emotions.

H3. The quality and quantity of emotional information available via technology
will negatively impact the diagnostic ability of cybertherapists.

H4. Higher levels of emotional intelligence will improve cybertherapists’ decision-
making abilities.

2 Method
2.1 Participants

In experiment 1, 10 men and 12 women participated. They had an average of 34.3 years
(SD=10.07 years, range 23-54 years). Thirteen (59.1%) participants were native
English speakers, while 9 (40.9%) had learned English as a second language. The
education level of 14 (63.6%) of the participants was postgraduate, while six (27.3%)
had an undergraduate degree as their highest qualification; two (9.1%) participants had
another qualification. Participants were grouped into two categories: Those who had
received training in psychology, and those who had not. Five (22.7%) participants with
a background in psychology were professionals or students in the field of psychology
or counselling, while another four (18.2%) were from medicine or nursing. Lastly, five
(22.7%) participants without training in psychology were professionals or students
from the social/human sciences, five (22.7%) were from the engineering/natural sci-
ences, and three (13.6%) described themselves as possessing expertise in another field.

In experiment 2, 60 people participated. They were 20 (33.30%) men, 39 (65.00%)
women, and one (1.70%) participant described themselves as female-to-male transgen-
der. The majority of participants (N =48 [80%]) were native English speakers from
Australia, the USA, the UK, and Ireland. Participants had a mean age of 49.40 years
(SD =13.85 years, range 21-79 years). In terms of education, 20.00% (N=12) had a
PhD, 60.00% (N = 36) had postgraduate training, 11.67% (N = 7) undergraduate, 5.00%
(N=3) had a diploma and 3.33% (N =2) had completed secondary school.

All of the participants in experiment 2 described their occupation as being within the
psychological and health services field. Specifically, 56 (93.3%) participants were
trained psychologists or accredited counsellors, one (1.7%) described her occupation
as being in ‘medicine’ and three (5%) had occupations other than psychotherapy and
counselling. Of those participants not working directly in psychotherapy, two persons
(3.34%) described their profession as ‘social and human sciences’, while one (1.67%)
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worked in market research as an occupational psychologist. As part of a demographics
questionnaire, participants were asked about their online or telecounselling experience.
Thirty-seven people were currently offering online or telecounselling services. Another
eight participants had previously offered online or telecounselling services. Fifteen
participants, however, had no previous experience with online or telecounselling
services.

Two female clinical psychologists served as panellists in experiment 2. They were
native English speakers. They both had postgraduate qualifications and an average of
15 years experience practicing or working in psychology. One evaluator had offered
online/telecounselling services and the other had provided only face-to-face psycho-
therapy. These expert evaluators assessed the severity of the psychological problems
presented in the stimuli by rating the emotionality of the communicated content. Their
ratings were used as a benchmark from which the assessments provided by the
participants were compared.

2.2 Measures

The participants’ emotional states were assessed using the Positive and Negative Affect
Schedule (PANAS). The Emotional Awareness Questionnaire (EAQ) assessed whether
participants were aware of, and appreciated, their current emotional state. Three other
measures were used to assess the decision-making abilities and emotional awareness of
participants: The Assessing Emotions Scale (AES), the Emotionality in Cyberspace
(EiC) instrument, and the Decision-Making Questionnaire (DMQ). Details of these
measures are provided below.

2.2.1 The Positive and Negative Affect Schedule

The PANAS is a psychometric scale used to measure the moods of participants at
different times, e.g. at present or last week [93]. This instrument was developed to
assess positive and negative moods (e.g. guilty, active, ashamed). Ten statements from
the PANAS ask about positive emotions, while the other 10 ask about negative
emotions. Participants respond to the items on a 5-point Likert scale (ranging from 1
‘very slightly or not at all’ to 5 ‘extremely’). A positive affect score is calculated by
adding the positive emotional items together, and a negative affect score is calculated
by adding negative emotional items together. A higher ‘positive’ score indicates a better
mood.

The PANAS instrument has good reliability and validity. The Cronbach’s alpha has
been reported to range from 0.86 to 0.90 for the positive affect (PA) scale and 0.84 to
0.87 for negative affect (NA) scale [15, 18]. In the current experiment, the PANAS
Cronbach’s alphas were 0.84 for the PA scale and 0.68 for the NA scale.

2.2.2 Emotional Awareness Questionnaire

Rieffe et al.’s [72] EAQ is a psychometric scale used to measure how well people
understand and regulate their emotions. It is comprised of 30 items, grouped into six
subscales of emotional awareness or emotional functioning: ‘Differentiating emotions’,

“Verbal sharing of emotions’, ‘Not hiding emotions’, ‘Bodily awareness of emotions’,
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‘Attending to others’ emotions’ and ‘Analysing of own emotions’. Twenty items are
negatively formulated and thus are reversed-scored. Participants choose one of three
ratings (1 = not true, 2 = sometimes true, 3 = often true) to respond to EAQ items. A
syntax developed by EAQ’s developers is used to compute a score for each category.

The EAQ has acceptable validity and reliability and is promising for differentiating
between aspects of emotional awareness [14, 72]. The Cronbach’s alpha coefficient has
been reported as ranging from 0.61 to 0.77 [14, 49, 50]. In this experiment, reliability
for the EAQ reached 0.61 (pre-experiment) and 0.55 (post-experiment).

2.2.3 The Assessing Emotions Scale

The Assessing Emotions Scale (AES) is a 33-item self-report inventory that measures
an individual’s emotional intelligence [78]. The AES employs a five-point Likert scale,
rated from 1 (strongly disagree) to 5 (strongly agree). Total scores are calculated by
reverse coding some items (i.e. items 5, 28, and 33) and then summing all items. Scores
can range from 33 to 165, with higher scores indicating a greater level of emotional
intelligence. The scale can also assess the original components of Salovey and Mayer’s
[75] theory of emotional intelligence via the subscales: perception of emotions (10
items), managing one’s own emotions (9 items), managing others’ emotions (8 items),
and utilising emotions.

The AES has been used to assess emotional intelligence in several areas, including
mental health, employment, and academia [16, 36, 76, 77, 79]. Such studies have
reported the AES’s reliability to be acceptable, with Cronbach’s alpha for total scale
scores ranging between 0.87 and 0.90. The reliability achieved in the current study was
similar (i.e. alpha coefficient of 0.84). Table 1 shows that the subscales also have good
internal consistency scores that were comparable with reports by Schutte et al. [78].
Schutte et al. [78] listed 48 studies and found that (1) perception of emotions had an alpha
between 0.76 and 0.80, (2) managing one’s own emotions was between 0.63 and 0.78, (3)
the alpha for managing others’ emotions was 0.66, and (4) utilising emotions was 0.55.

2.2.4 The Emotionality in Cyberspace

The EiC is an instrument developed by the author to evaluate a person’s ability to
perceive the emotional content of technology-based communication [4]. Based on
previous research [6, 9, 25, 58, 69], four subscales were included in this questionnaire.
One of these, intensity, measures the perceived magnitude of emotions expressed by the
speaker (e.g. the client). Emotional valence relates to the perceived quality (e.g. positive
or negative) of the speaker’s expressions [6]. Potency measures the perceived strength of
the expressed emotions [58]. When nonverbal cues are available, actions (e.g. rotating the

Table 1 The reliability of the

emotional intelligence subscales Categories Cronbach’s alpha if item deleted
used in the experiment 2 Perception of emotion 0.741

Managing own emotions 0.752

Managing others’ emotion 0.754

Utilising emotion 0.789
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body away from the screen), gaze behaviours (e.g. staring), and facial expressions (e.g.
lowered eye-brows) can signal how potent emotions are in speakers. Activation indicates
how connected speakers are (consciously) to their own emotions [35]. This factor helps
determine if the emotional expression is influenced by the goals of the communication.

The EiC is a self-report measure of emotionality in which the participants rate
communication on Visual Analog Scales (VASs) ranging from ‘0’ (not at all) to ‘100’
(a great deal). The overall experience of emotionality is calculated by summing the
scores of all factors. Cronbach’s coefficient for EiC was recorded 0.75 [2, 4].

2.2.5 Decision-Making Questionnaire

The DMQ was developed by the authors to assess the decision-making abilities of
participants. The questions in this survey ask participants to determine whether they
believed the person in a vignette was suffering from a mental health issue. The possible
responses are ‘no problem’, ‘personal issues but not significant’, ‘significant issue(s)
that need(s) professional help’, and two other options that include ‘minor problem
requiring no action’, ‘mild problem but definitely present’, and ‘moderately severe
problem’. These options should indicate more complex decision-making.

In addition to these response options, participants also scored the ‘intensity of the
psychological problem’ on a VAS between ‘0’ to ‘100, with zero being ‘weak’ and 100
being ‘very severe’. Participants only marked this scale if they diagnosed the client as
having a significant psychological problem. This measure aimed to connect the inten-
sity of mental health problems to the intensity of the emotions displayed in the vignette.

2.3 Materials

Two video clips, each of approximately 4 min duration, were used as the stimuli in this
experiment. The two clips were edited extracts from a single video simulating an intake
interview that had depressive-anxiety theme. The second clip contained more emotion-
al information than the first, as confirmed by the panellists—who found that the first
clip contained fewer emotional expressions (e.g. behavioural and verbal cues) and less
emotional information than the second clip (Mg clip = 262 and Mecond ciip = 348).

Although the quality of the video’s resolution and audio was kept as consistent
as possible across both vignettes, the two clips contained different presentations of
a single psychological problem. The first clip displayed was from a medium
distance in which participants observed facial (emotional) expressions and few
body language cues from the speaker, and a partial view of the environment. The
second clip, however, was displayed with a medium-wide shot. In that clip,
participants still had enough information to assess the speaker’s facial expressions,
and relatively more of his body language and background information were
observable.

The vignettes were used with the intention to simulate conditions in which (1)
clinicians may view the clients through various screen sizes and videoconferencing
programs (e.g. Skype) or the client’s webcam placement on the screen or table
(including its angle) may not generate the best quality visual information from the
clients or (2) users do not have access to a high-speed internet connection, or video-
conferencing was conducted via lower resolution digital webcams.
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2.4 Procedure

Participants of experiment 1 were invited to take part in the experiment via flyers
placed on the Monash University Gippsland campus Student Union (MUGSU) and the
Psychology Department’s bulletin boards. Written consent was obtained prior to the
experimental session, after reading the explanatory statement and being provided with a
brief description of the study. Participants then completed a demographics survey.

Pre-experiment questionnaires assessed each participant’s level of emotional aware-
ness (EAQ) and their emotional state (PANAS) prior to the intervention. Participants
then acted as cybertherapists in a 90-min psychotherapeutic-like session. After the
intervention, participants completed the PANAS and EAQ to assess their post-
experiment emotional awareness and mood.

Experiment 2 was advertised in the form of a web announcement after receiving
ethics approval from the Monash University Human Research Ethics Committee
(MUHREC). The call for participation was posted on the university website and
Facebook pages and in a Psychotherapy and Counselling Federation of Australia’s
(PACFA) online newsletter. The advertisement was also emailed to some research
groups and individuals whose contact details were available on the Australian Counsel-
ling Association (ACA) and Anxiety and Depression Association of America (ADAA)
websites.

Potential participants were directed to the online survey where they read the
Explanatory Statement and Consent Form prior to participating. To participate, they
needed to click an ‘I agree’ button. Participants were then asked to fill out the
Assessing Emotions Scale. They then watched one of the two clips (the order of
which were counterbalanced) and filled out the EiC scale and the DMQ. Partici-
pants then watched the other clip and filled out these two surveys again. After
completing the surveys for the second time, the participants were thanked for their
time and the experiment was ended. The experiment took approximately 30 min per
participant to complete.

3 Results
3.1 Experiment 1

The results are collapsed across modes of delivery (i.e. simulated telephone and Skype)
because it was aimed to assess the influence of CMP on emotional awareness, and thus,
type of CMP was not of particular interest. Therefore, the technologies employed were
not compared with each other.

Table 2 provides descriptive statistics for the subscales of emotional awareness. As
can be seen in Table 2, attending to another’s emotions was rated the highest by
participants, while bodily awareness of emotions was rated the lowest.

3.1.1 First Hypothesis (H1)

Factor Analysis of Emotional Awareness Questionnaire The test sought to determine
whether or not technology-based interventions, in general, impede emotional awareness
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Table 2 The subscales of the Emotional Awareness Questionnaire (EAQ)

Subclasses Scale Mean Std. error 95% confidence interval

Lower bound Upper bound

Differentiating emotions Pre 1.48 .08 1.33 1.63
Post 1.56 .08 1.40 1.71
Verbal sharing of emotions Pre 1.41 11 1.20 1.63
Post 1.44 A1 1.23 1.66
Not hiding emotions Pre 1.06 A1 .83 1.29
Post 1.05 13 .79 1.31
Bodily awareness of emotions Pre .67 .09 49 .85
Post .63 12 40 .87
Attending to others emotions Pre 1.63 .09 1.45 1.81
Post 1.66 .09 1.45 1.83
Analysis of own emotions Pre 1.60 .09 1.42 1.77
Post 1.65 12 1.41 1.89

in clinicians. It was hypothesised that a cybertherapists’ level of emotional awareness
would be diminished during CMP sessions due to the limits associated with virtual
communication (e.g. reduced access to visual cues). To examine this hypothesis, a
mixed-model ANOVA was conducted to assess any difference in the pre- and post-
intervention EAQ scores of the same subscale (e.g. differentiate emotions pre- and post-
intervention). The results were corrected for multiple comparisons by using Bonferroni
adjustments. The effect of the same subscales were not statistically significant (F(5,
100)=.39, p=.85, n*=0.02. This finding suggests that the CMP session did not
reduce the participants’ emotional awareness.

It was also assumed that a background in psychology was associated with having
higher levels of emotional awareness. A mixed-model ANOVA was used to test this
assumption. EAQ subscales were used as the dependent variables and ‘expertise in
psychology’ was used as the between-subjects factor. Results revealed no significant
differences between scores on the EAQ scales of participants with and without training in
psychology, F(5, 100) = 1.12, p = .36, partial 1> = 0.06. This finding suggests that training
in psychology does not modify one’s emotional awareness. Interestingly, while people
without a background in psychology rated analysing their own emotions the highest, those
with psychology backgrounds rated differentiating emotions the highest (see Fig. 2).

Despite achieving a result contrary to the hypothesis, the relationships between
certain subscale scores were also of interest in the current study. The subscales describe
how people engage with feelings and emotional communication during CMP. As such,
a regression analysis was run and indicated that the pre-intervention scores of ‘attend-
ing to own emotions’ explained a significant proportion of the variance in post-
intervention ‘attending to others emotions’ scores, F(1, 21)=24.33, p<.001,
R? = .54, R \gjusied = -53. The ability to attend to others” emotions was predicted by a
participant’s ability to attend to their own emotions, = .75, #58)=4.94, p<.001.
Further, pre-intervention ‘verbal sharing of emotions’ and post-intervention ‘attending
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Fig. 2 The impact of psychological training on emotional awareness

to others emotion” were correlated, F(1, 21)=6.87, p<.01, R? = .26, R?sgjysted = -21.
Participant’s willingness to verbally share their emotions predicted an increase in their
ability to attend to other’s emotions, 7= .51, #(58)=2.62, p<.01.

Mood in Relation to Emotional Awareness The second part of the experiment sought to
assess the emotional states of participants. Table 3 presents descriptive statistics relating
to the Positive and Negative Affect Scale (PANAS) [93].

Due to problems associated with virtual communication (e.g. lack of information on
which to base decisions), it was hypothesised that technology would impact partici-
pants’ moods during the trial. To test any changes in participants’ moods, data were
assessed via a mixed-model ANOVA. No significant main effects were found between
the pre-test and post-test PANAS scores for positive, F(1, 20)=2.78, p=.12, 7 =0.13,
or for pre- and post-negative scores, F(1, 20)=0.80, p=.39, 72=0.04 (see Fig. 3).
Therefore, the hypothesis that a technology-based session may reduce the mood of the
participants was rejected.

It was also assumed that if clinicians began the session in a bad mood it would
impact their emotional awareness and the ability to emotionally engage with their

Table 3 Scores on the Positive and Negative Affect Schedule (PANAS)

Number Mean Median Range Min Max SD
Pre-test
Positive 22 31.28 31.50 23 20 43 591
Negative 22 13.55 11.5 18 10 28 4.87
Post-test
Positive 22 29.87 31 25 16 41 7.20
Negative 22 12.73 11 12 10 22 3.72
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clients. Linear regression analysis was used to test if participants’ pre-test feelings
affected their post-test emotional awareness. Regression analysis showed that par-
ticipants’ who scored their positive mood higher before the trial had higher ‘attend
to others emotions’ after the trial, 3=.56, #3.02), p<.007. More importantly,
participants’ post-intervention ‘differentiating emotions’ scores were significantly
related to their pre-intervention ‘negative mood’ scores, R?=.37, F(1, 21)=11.63,
p<.003. The analysis showed that participants’ ability to differentiate emotions in
others was impeded by a negative pre-intervention mood, F=—.61, #(—3.41),
p<.003.

In conclusion, the mood of participants did not change from pre- to post-CMP-like
sessions. However, the participating users’ negative mood seemed to lower their emo-
tional awareness. The results support the view that a more positive mood pre-session may
increase a therapist’s ability to express, analyse, and engage with other’s feelings.

3.2 Experiment 2
3.2.1 The AES
To assess whether or not emotional awareness influenced the diagnostic ability of

participants, their level of emotional intelligence was surveyed using the Assessing
Emotions Scale (AES). Table 4 displays the descriptive statistics for the AES.

36.00
Mood

34.00 — Positive Affect
— Negtive affect

32.004 P
30.00 \ Y
28.004
26.00
24.004
22.004

20.00

Estimated Marginal Means

18.00

16.00

14.00
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Fig. 3 Self-rated mood during technology-based communication
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Table 4 Descriptive statistics relating to emotional intelligence as measured by the AES

Category Min Max Mean SD

Participants (N = 60)

Perception of emotion 31 50 44.05 4.85
Managing own emotion 25 45 37.90 4.74
Managing others emotion 24 40 3437 3.50
Utilising emotion 17 30 25.45 3.03
Total score of emotional intelligence 108 163 141.78 11.49
Evaluators (N=2)
Perception of emotion 41 45 43 2.83
Managing own emotion 34 44 39 7.07
Managing others emotion 28 32 30 2.83
Utilising emotion 25 27 26 1.41
Total score of emotional intelligence 132 144 138 8.49

A MANOVA was used to test whether emotional intelligence differed across the
participants and evaluator groups. The results were not significantly different (see Table 5).

3.2.2 The EiC

The ability to perceive emotions in others is assumed to be a key element in conducting
effective CMP. As such, the ability to determine the valence, intensity, potency, and
activation of emotional communication were assessed. Table 6 shows descriptive
statistics associated with the two video-based stimuli.

The results also showed that the perceptions of the participants were analogous to
those of the evaluators (p > .1; see Fig. 4).

A repeated-measures ANOVA was employed to test the ability of participants to
perceive elements of emotionality in others during a therapeutic-like session. The results

Table 5 Pairwise comparisons of emotional intelligence

Dependent variable (I) group (J) group  Mean SE  Sig® 95% confidence
difference interval for difference?
a-n
Lower Upper
bound bound
Perception of emotions Participants  Evaluators  1.050 347 77  —5.887 7.987
Managing own emotions Participants  Evaluators —1.100 303 .72 —7.159 4.959
Managing others emotions  Participants Evaluators 4.367 251 .09 —0.648 9.382
Utilising emotions Participants  Evaluators —0.550 2.16 .80 —4.867 3.767
Total emotional intelligence Participants Evaluators 3.767 823 .65 —12.688 20.222

Based on estimated marginal means

@ Adjustment for multiple comparisons: Bonferroni
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Table 6 Descriptive statistics relating to perceived emotionality in a videoconferencing scenario

Valence Intensity Potency  Activation

Stimulus A Participants (N =60) Mean 72.05 64.40 60.70 53.19
SD 19.40 21.65 24.83 27.70

CI  Lowerbound 67.04 58.81 54.29 46.03

Upper bound ~ 77.07 69.10 67.12 60.34

Evaluators (N =2) Mean 77.00 75.00 60.00 50.00
SD 1.41 9.90 15.56 21.22
CI  Lower bound 64.30 -13.94 -79.77 —140.60
Upper bound ~ 89.71 163.95 199.77 240.60
Stimulus B Participants (N =60) Mean 89.80 88.80 74.77 81.94
SD 12.06 11.52 24.47 19.47

CI  Lower bound  86.69 85.83 68.45 76.91
Upper bound ~ 92.92 91.78 81.09 86.97

Evaluators (N =2) Mean 93.00 93.00 79.50 93.00
SD 2.83 2.83 7.78 11.32
CI  Lower bound 67.59 67.59 9.62 —18.65

Upper bound ~ 118.42 118.42 149.39 184.65

CI 95% confidence interval

showed that the perceived level of emotionality was significantly different between the
two stimuli, F[1, 59]=107.10, p <.001, partial 72 =0.65. This result suggests that a
lower level of emotionality was perceived in Stimulus A (M = 62.00, CI [58.13, 67.05])
relative to stimulus B (M =83.83, CI [80.54, 87.12]). When the individual emotional
subscales were considered, the same pattern of results persisted (see Fig. 5). Bonferroni-
corrected analyses showed that emotional valence scores, which relate to the perceived
quality of the speaker’s emotional arousal, were significantly different (p» <.001).
Specifically, stimulus B was rated as having more emotional valence. There was also
a significant difference between the emotional intensity for stimulus A and stimulus B
(p <.001). Again, participants perceived the intensity of the communication in stimulus
B as being higher than that of stimulus A. Emotional potency scores were also
significantly different for the two stimuli (p <.001). The emotional potency of stimulus
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Valence Intensity Potency  Activation

Fig. 4 Perception of emotionality between the stimuli and the groups of people
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A was perceived as less than that of stimulus B. Similarly, emotional activation scores
were significantly different across scenarios (p <.001), with participants rating stimulus
B as having a higher level of emotional activation than stimulus A.

3.2.3 Second Hypothesis (H2)

The second hypothesis proposed that there would be a relationship between emotional
intelligence and the ability of clinicians to perceive emotionality via technology (see
Fig. 1). To examine this hypothesis, a regression analysis was conducted. Participants’
total scores for emotional intelligence explained a significant amount of the variance in
the ratings of emotionality for stimulus A, F[1, 58]=11.30, p<.001, R? =.17,
R?pgjusted = -15. This analysis shows that participants” emotional intelligence is related
to their ability to perceive the emotion expressions of others, G=.41, #59)=3.37,
p<.001. Similarly, the overall emotional intelligence scores explained a significant
amount of the variance in the emotionality ratings for stimulus B, F[1, 58]=2072,
p<.001, R? =27, R?pgjusied = -25. Participants’ ability to perceive emotions was, again,
related to their level of emotional intelligence, 3=.52, #59)=4.56, p <.001.

The subscales of emotional intelligence were examined to see if they predicted the
total emotionality scores in the two stimuli. According to Table 7, all subscales of
emotional intelligence had significant roles in the ability to perceive emotionality in
stimulus B. However, it seems as though the level of emotionality in stimulus A was
related to only the perception of emotion subscale. This suggests that when more
emotions are expressed and they are expressed with greater intensity, one’s ability to (1)
perceive emotions, (2) manage emotions, and (3) utilise emotions are important in
perceiving emotions in others. However, when emotions are displayed less frequently
and/or with less intensity, only one’s ability to perceive emotions is relevant.

Accordingly, the results suggest that a therapist’s level of emotional intelligence can
influence their ability to perceive emotional content in video-based communication.
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Table 7 Estimated emotionality of video-based communication by means of AES components

Model Unstandardised coefficients Standardised t Sig.
coefficients
B Std. Error Beta
Stimulus A
Perception of emotion 5.11 1.75 .36 2.93 .005
Managing own emotions 4.62 2.10 .28 2.21 .03*
Managing others emotions 5.15 2.51 .26 2.06 .04*
Utilising emotions 6.33 2.89 28 2.20 .03*
Stimulus B
Perception of emotion 3.40 1.31 33 2.60 .01
Managing own emotions 4.39 1.51 .36 291 .005
Managing others emotions 7.98 1.61 .55 4.98 .001
Utilising emotions 5.18 2.11 31 245 .01

*These values do not reach significance when adjusted for multiple comparisons

3.2.4 Third Hypothesis (H3)

The accuracy of the participants’ decision-making was also considered in experiment 2.
The third hypothesis predicted that the reduced quality and quantity of emotional
information available via video-based communication would impact the diagnostic
ability of participants (see Fig. 1). To test this assumption, non-parametric tests were
used initially in order to determine the proportion of diagnoses per stimulus. The Mc-
Nemar test showed that diagnostic decisions were significantly different in relation to
the two stimuli [X2 (12, Nt =60)=84.73, p<.001]. That is, participants made
different decisions regarding the speaker’s mental health issues in the two stimuli.
Chi-square tests were employed to examine which of the choices the participants had
selected in each stimulus from the list including ‘no problem’, ‘personal issues but not
significant’, ‘significant issue(s) that needs professional help’, ‘minor problem requiring
no action’, ‘mild problem but definitely present’, and ‘moderately severe problem’. The
chi-square analysis showed that the choice of ‘moderately severe problem’ was selected
significantly more often in scenario B (Vg = 13, 21.70%) than it was in scenario A (N =
28, 46.70%) [X? (1, Nrym =60)=4.54, p<.03]. In addition, participants scored ‘a
significant mental problem that needs professional psychological help’ differently
between stimuli [X2 (1, Nqy = 60) = 10.24, p <.001]. Clinicians were more likely to
suggest that the person in stimulus B (Vg =44, 73%) had a significant issue than they
were for the person in stimulus A (N, =28, 46.7%).

It was also deemed important to assess the effect of emotionality on decision-
making. Emotionality was computed by integrating the scores of the Emotionality in
Cyberspace’s (EiC) subscales (i.e. valence, intensity, potency, and activation). The total
score was used to determine if the content of the stimuli had influenced participants’
decision-making. This relationship was tested using a regression analysis the predicted
variable (i.e. decision) was dummy coded [34]. Based on the evaluators’ decisions, ‘1’
was set as a reference for ‘significant issue(s) that needs professional help” and 0’ was
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set for the other options. The results showed that the ‘significant issues’ could be
explained by means of the level of emotionality in the first stimulus, F(1, 59)=7.167,
p<.01, R? =11, R?pgjustea =10, as well as in the second stimulus, F(1, 59) = 16.62,
p<.001, R? = .23, R? s gjusied = -21. Also, the results show that this choice (i.e. whether or
not a significant issues was present) was better predicted by EiC total score for the
second stimulus, §= .48, #(59)=4.08, p <.001 relative to the first, 5= .33, #(59) =2.67,
p<.01 (see Table 8).

When participants’ decision was that a ‘significant issue’ was present, there were
significant differences in the scores obtained regarding the intensity of the problem.
This intensity was different between stimulus A (M =83, SD=1.92) and stimulus B
(M=92, SD=1.52), 1(25)=—5.41, p<.001. This suggests that, even when the prob-
lem was thought of as a significant issue, participants rated the issue as being more
intense when emotional expressions were also more intense or displayed more fre-
quently. Accordingly, the results suggest that diagnostic procedures can be conducted
adequately via video-based communication if a sufficient amount of emotional infor-
mation is available.

3.2.5 Forth Hypothesis (H4)

The forth hypothesis predicted that clinicians’ emotional intelligence influences their
decision-making in relation to a client’s psychological state (see Fig. 1). The relationships
between these factors were investigated by comparing participants’ levels of emotional
intelligence (as an independent variable) and their diagnostic decisions for each stimulus
(as a dependent variable). A regression analysis showed that there was no association
between the scores for emotional intelligence and participants’ decisions in relation to
stimulus A (p > .1). However, the scores for emotional intelligence and decision-making
were significant for stimulus B, F(1, 58)=5.71, p< .02, R? = .30, R%agjusted = -07. The
results suggest that decision-making (i.e. whether or not a significant issues was present)
is better when emotional intelligence is high, 3=.30, #58) =2.39, p <.02). This finding

Table 8 Decision-making ability and the perception of emotional factors in video-based communication

Predicting factors Unstandardised coefficients Standardised coefficients t Sig.
B Std. error Beta

Stimulus A
Valence 0.02 0.003 43 3.60 .001
Intensity 0.01 0.003 .39 3.20 .002
Potency 0.009 0.003 27 2.13 .03
Activation 0.001 0.002 -.02 -0.122 90

Stimulus B
Valence 0.02 0.004 .54 4.86 .001
Intensity 0.02 0.004 .55 5.02 .001
Potency 0.005 0.002 25 1.97 .05
Activation 0.006 0.003 26 2.06 .04

@ Springer



362 Journal of Healthcare Informatics Research (2019) 3:345-370

was significantly influenced by the AES component ‘managing others’ emotions’,
[=.26, t(58)=2.05, p<.05. These findings suggest that participants recognised and
used video-based emotional information when making decisions.

3.2.6 Assessing the Model: Emotional Intelligence in Video-Based Psychotherapy

There is a further, unanswered question regarding the relationship between emotional
intelligence and decisions made via video-based communication. It has been claimed
that the link between clinicians’ emotional intelligence and their decision-making is
influenced by the number, type, and intensity of emotional expressions. A path analysis
was therefore the last method employed here to investigate relationships among
emotional intelligence, emotionality, and decision-making (see Fig. 1). A structural
equation model was used to investigate relationships among emotional intelligence,
emotionality, and decision-making. The results showed that the fit indices from the
default measurement model fit the data for stimulus A [X2=33.13, df=25, p>.13],
and stimulus B [X2=35.64, df =25, p>.05]; in a good model, the value of chi-square
should not be significant, i.e. p >.05 [37]. Meanwhile, absolute fit and incremental fit
indices were also conducted. The non-normed Comparative Fit Index (CFI; [11]), as
well as Normed-Fit Index (NFI; [12]), were calculated and showed an acceptable fit for
both stimuli (stimulus A: CFI=.94 and NFI=.85; stimulus B: CFI=.95 and NFI=
.87).! Root Mean square error of approximation (RMSEA) was another index used to
measure the fit with the current model [12, 47]. RMSEA would provide a good model
fit with an amount less than or equal to 0.05, or an adequate fit with RMSEA less than
or equal to 0.08. The data showed an adequate fit with the current model for both
stimuli (stimulus A: RMSEA =.07; stimulus B: RMSEA = .08).

Furthermore, and as indicated in Fig. 6, the findings of the model were in accordance
with results presented in previous sections. In particular, for the between-
neighbourhood component of the model, standardised coefficients (5) between emo-
tional intelligence of participants and their decision-making were .66 for stimulus A
and .14 for stimulus B. This shows that emotional intelligence had the most potent
relationship with decision-making in stimulus A. However, the neighbourhood involve-
ment was also calculated for decision-making and emotionality with 5=.50 for
stimulus A and (§=.90 for stimulus B. Further relationships were observed between
emotional intelligence and emotionality with 5= .48 for stimulus A and 3=.65 for
stimulus B. With respect to these parameter estimates, the current results indicate that
the relationship between emotional intelligence and diagnosis was weakened when
emotionality of video communication decreased.

4 Discussion

The aim of the current study was to investigate the emotional changes in, and the
emotional awareness of, people who engage in psychotherapeutic communication via
technology. The results do not support the first hypothesis that stated that people would
experience a reduction in emotional awareness after interacting with others via

! CFI and NFI values close to 1 indicate a very good fit.
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technology. That is, level of emotional awareness did not decline as a result of engaging
with simulated emotional communication via technology. The findings, therefore,
indicate that the effect of using technology, and emotional content delivered via
technology, does not impact on the overall level of emotional awareness in users.

The experiment also revealed some notable issues relating to emotional awareness.
In this experiment, ‘bodily awareness of emotions’ (one’s own or that of others) was the
EAQ subscale rated the lowest and thus seems to be thought of as contributing the least
to overall emotional awareness. This may trigger a warning to psychotherapists who
use technology. Firstly, lower levels of awareness about body reactions, which play a

@ Springer



364 Journal of Healthcare Informatics Research (2019) 3:345-370

considerable role in emotional cognition, may limit the amount of meaningful infor-
mation available for psychotherapy [19]. For example, research implies that awareness
of a client’s bodily reactions enables the psychotherapist to perceive the client’s
emotional states [66]. Secondly, the self-awareness about physical presence of the
psychotherapist is argued to provide a receptive device for emotional information in
that such awareness assists processing an effective interaction with clients’ reactions
[27]. While these ideas have been considered in face-to-face settings, the present data
have allowed endorsement of similar hypotheses for CMP sessions, which more
plausibly suggests that if bodily awareness is involved in emotional awareness it may
limit a precise computer-mediated psychotherapy.

The results indicate further that, under computer-mediated condition, therapists are
capable of attending to their own emotions. Specifically, it was found that analysing more
of one’s own emotions contributes to an ability to perceive emotions in others. Consistent
with other studies [38, 60], these findings suggest that cybertherapists are capable of
analysing and managing emotional engagement with clients via technology. This, in turn,
suggests that therapists who are better at analysing their own emotions have an increased
chance of improving their emotional relationships with clients [40, 73, 87].

In the first experiment, the mood of users was also investigated. It was assumed that
the use of technology in dealing with a person’s intense emotional communication
would lower the participants’ mood. Results showed that mood levels did not change
drastically from pre- to post-intervention. There were only slight decreases in the
positive and a slight increase in the negative mood scores after the session. This finding
suggests that CMP did not impact the mood of the participants.

The experiment was also designed to assess the relationship between mood and
emotional awareness. Some subscales of emotional awareness showed positive rela-
tionships with the self-rated mood of the participants. Based on the regression analysis,
a positive mood was related to an increase in participants’ ability to share emotions
with others and was associated with their ability to differentiate a client’s emotions.
This finding is consistent with those from other studies. For example, Villanueva et al.
[91] studied emotional awareness in face-to-face settings that they thought would have
an impact on, or are influenced by, children’s moods. Their results showed that a
positive mood can improve a child’s emotional awareness by increasing their ability to
share, differentiate, and analyse emotions. It is suggested that the more cybertherapists
are aware of their own moods, the more likely they are to be able to understand, and
differentiate between, their clients’ emotions. This claim is consistent with previous
results from face-to-face therapy research. According to the study by Gurman [31],
psychotherapists with strong and positive states of mind understand their clients’
emotional experiences without misrepresentations and they also become more influen-
tial in their therapy.

Experiment 2 of the paper investigated cybertherapists’ emotional intelligence
during CMP sessions. The Emotional Intelligence Scale [78] showed that participants
rated their abilities to manage, perceive, and utilise emotions as being satisfactory.
Furthermore, participants rated themselves as being reasonably capable in discerning
emotions in themselves and others; they scored emotional perception the highest
among the other components of emotional intelligence.

Participants also demonstrated good understanding of emotionality in a video-based
stimulus. Significant differences were found in the participants’ experiences with the

@ Springer



Journal of Healthcare Informatics Research (2019) 3:345-370 365

emotional elements of communication. Specifically, the valence and intensity of
emotional expressions appeared to aid participants’ ability to perceive emotions via
videoconferencing. Furthermore, similarity was found between the participants’ and the
evaluators’ experiences of the emotional content of the video-based communication.
These findings support those of others who suggest that CMC users do not differ in
their abilities to detect emotions in computer-mediated environments [33].

Other three hypotheses in the study supposed a possible relationship between
emotional intelligence, emotional perception, and decision-making. The second hy-
pothesis proposed that emotional intelligence has a relationship with the ability to
perceive emotions. This hypothesis was supported. The results demonstrated that the
components of emotional intelligence (i.e. perceiving, managing, and utilising emo-
tions) predicted ability to perceive emotions.

The third hypothesis focused on the relationship between the ability to perceive
emotions in a video-based setting and the diagnostic ability of therapists. The accuracy
of decisions increased when appropriate and adequate emotional information was
transmitted. More specifically, the analysis revealed that when the amount and intensity
of emotional information increased, as in stimulus B, participants identified the client’s
emotions more accurately and better judged the severity of his mental condition. In
other words, their decisions were sensitive to the content of communication. The
findings are consistent with Kaplowitz et al. [42] who demonstrated that therapists
can judge clients’ interpersonal problems more accurately when they integrate large
amounts of psychological-emotional information [26, 84]. However, it has been dem-
onstrated that clinicians who experience different clients and several clinical settings
will certainly have higher skills in recognising emotional states, symptom assessment
and diagnosing various mental disorders [1]. The study did not demonstrate that the
experience in remote mental care enclosed further the therapeutic skills of participants.
All participants exhibited as reliable degree of emotional perception and decision-
making compared with the qualified panellists via video-based communication.

Consistent with the desire in face-to-face settings to characterise psychotherapists’
need for conscious examination [44, 48]. The forth hypothesis supposed that a rela-
tionship exists between emotional intelligence and the decision-making abilities of
cybertherapists. The experiment revealed a significant relationship between the emo-
tional intelligence and decision-making of participants. Judgments about the psycho-
logical status of the patient did vary, which seemed to be largely due to the different
levels of the participants’ emotional intelligence. The experiment confirmed earlier
work that showed that emotional intelligence has a positive influence on decision-
making [54, 55]. The experiment also demonstrated that decision-making via technol-
ogy is related to the skill of managing others’ emotions. The relationship between
emotions and diagnostic ability has been reported by Kaplowitz et al. [42] in face-to-
face clinical trials. They showed that managing client’s emotions (i.e. affect regulation
skills and alleviating symptoms) was a component of emotional intelligence that
improved therapeutic outcomes. The findings of the current study support this view.

Ultimately, cybertherapists who can perceive emotions well, manage their clients’
emotional states, and make effective therapeutic decisions, should be able to overcome
any limitations associated with computer-mediated environments. This appears to be
consistent with other literature [68, 71] in that emotional intelligence has been shown to
positively influence outcomes in face-to-face psychotherapy. The experiment also
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supports prior research that suggests that emotional intelligence has a positive effect on
online interactions [67].

4.1 Limitations and Future Steps

Although experiment 1 has yielded some interesting findings, its design is not without
flaws. First, the number and type of participants was limited. It would thus be
advantageous to be able to access more psychotherapists and use these people as
participants. Second, it would have been more authentic to employ stimuli from real-
life cases but, given ethical constraints, this was not possible. Third, the effect of ‘mode
of delivery’ was not considered in this experiment. The experiment was quite demand-
ing of participants and it was deemed necessary to ignore mode of delivery. Future
research projects could establish if different modes of CMC affect mood and emotional
awareness. Fourth, the present study used commonly applied self-reporting scales in the
measurement of emotional awareness and mood. Emotional awareness, however, is a
cognitive ability that can be assessed using other, more objective, measures; the lack of
financial and laboratory resources impeded employing such measures. Psychophysio-
logical measurements (e.g. electroencephalogram (EEG) or Galvanic Skin Conduc-
tance) could be used, for example. With these tools the biophysical level of awareness
can be measured while cybertherapists engage with a client in a range of therapeutic
conditions. An understanding of the bio-physiology of their interactions can help
practitioners qualify and control their engagement level, their emotional understanding
of the interaction, and their perception of the emotion during CMP sessions [85].

The focus of these experiments was on gaining insight into emotional intelligence
and its influence on interactions when video-based tools are adopted. Here, the
interaction was one-way, but future studies should investigate emotional awareness
and decision-making when parties communicate with each other. Two-way interactions
would provide a more realistic assessment of the influence of emotional awareness on
diagnostic decisions. However, logistical limitations prohibited an assessment of two-
way interactions here. Relatedly, the mode of delivery is a further concern. An
assessment of emotional awareness and decision-making abilities in audio- and text-
based modes of delivery is needed. For this study, an intake interview was employed.
This was required to conform to ethical restrictions regarding hiring patients and as a
means of overcoming the lack of funding available for the research. Although this
contributes to knowledge in this area, there is a need to use clinical cases and assess the
role of emotional intelligence in those situations. Lastly, there is a need to assess
diagnostic accuracy for specific disorders when therapy is conducted in video-based
settings.

5 Summary

The first experiment of the paper investigated whether emotional awareness is influ-
enced by CMC. The experiment found that participants are capable of being emotion-
ally aware in a CMP session. The results demonstrate that participants can perform a
good proportion of understating, attending, and analysing their emotions and clients via
technology-based communication before and after the experience of a session. Further,
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the experiment confirmed that the participant mood did not change drastically between
pre- and post-intervention. However, a negative mood pre-intervention impacted par-
ticipants’ awareness of, and ability to recognise, emotions. As such, therapists who use
technology when engaging with clients should be further cautious about their negative
mood prior to therapy sessions.

The findings obtained in the second experiment of the paper help explain the
relationship between emotional intelligence and diagnosis when using video-based
communication. The constructs used in the experiment provide a useful framework
for predicting decision-making and a cybertherapist’s ability to detect and engage with
emotional states in CMP. It is, therefore, claimed that emotional intelligence can
quantitatively and qualitatively enhance the way cybertherapists perceive emotional
communication and use this information to optimise decision-making in relation to
appropriate mental health support. In essence, the findings contribute to the field of
remote therapy suggesting emotional intelligence as a key cognitive factor in diagnosis.
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