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Abstract

Objectives: Some older drivers choose to avoid certain situations where they do not feel
confident driving. Little is known about the process by which older drivers may use avoidance
in transitioning to non-driving.

Methods: We analyzed 2015 ConsumerStyles data for 1198 drivers aged 60+. Driving
patterns were examined by sociodemographic and driving characteristics. Avoidance classes were
characterized by latent class analysis.

Results: Among drivers 60+, 79% reported driving 3+ days/week and 84% reported good to
excellent health. We identified four driving avoidance classes (low, mild, moderate, and high).
High- (versus low-) avoidance drivers were more likely female, 75+, not White/non-Hispanic, and
to have income <$25,000/year.

Discussion: Avoidance of selected driving behaviors may be one component of a multi-step
process supporting the transition to non-driving. Drivers displaying avoidance behaviors may be
receptive to resources to prepare for this transition and minimize negative health and quality of life
outcomes that accompany driving cessation.
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Introduction

As has been well documented, the population is aging, with the global proportion of
people aged 65+ expected to grow from 9% in 2020 to 16% in 2050 (United Nations
Department of Economic and Social Affairs, 2020). In the United States (U.S.), the number
of Americans aged 65+ has grown from 38.8 million in 2008 to 54.1 million in 2019, and
these older people are living longer than those from previous generations (Administration
for Community Living, 2021). For adults, including older people, the primary means of
getting around in the U.S. is by driving passenger vehicles (Shen et al., 2017).

As one ages, the risk of chronic health conditions (e.g., diabetes, heart disease, and vision
loss) increases as does the risk of being diagnosed with more than one condition (World
Health Organization, 2015). These age-related conditions and the biological process of
aging itself may lead to declines in physical, cognitive, or visual function that impact the
ability to drive and reduce mobility (Fabbri et al., 2015; World Health Organization, 2015).
Transportation, including driving, is an instrumental activity of daily living, facilitating the
ability to access goods and services in the community (Marfeo et al., 2021; Marottoli et

al., 2000). Reduced mobility also negatively affects the size of people’s social networks and
number of social activities (Chihuri et al., 2016; Curl et al., 2014; Edwards et al., 2009).

Some people stop driving due to changes in health and functional status (Choi et al., 2012;
Dickerson et al., 2007). However, driving cessation imposes challenges for maintaining
mobility and health, having been associated with adverse health outcomes, reduced quality
of life, and increased mortality (Chihuri et al., 2016; Edwards et al., 2009; Fonda et

al., 2001). Others choose to reduce their amount and types of driving with an approach
known as self-regulation (Ang et al., 2019; Molnar et al., 2015). Self-regulation is generally
understood to take place over time to retain some mobility and independence in an effort to
minimize risks that may be associated with age-related functional declines (Ang et al., 2019;
Molnar et al., 2015). Environmental, interpersonal, and personal (e.g., confidence in driving)
considerations are other important factors that can influence self-regulation as well (Molnar
et al., 2015). Three levels of self-regulation—Iife-goal, tactical, and strategic—have been
conceptualized (Molnar et al., 2015). Briefly, the life-goal level encompasses decisions that
affect driving, including vehicle purchases and where to live. Tactical self-regulation takes
place during a driving trip with behaviors such as leaving a larger distance between one’s
vehicle and those ahead. Strategic self-regulation includes avoidance of selected driving
situations (e.g., driving at night) and cutting back on the amount of driving (Molnar et al.,
2015). Self-regulation may be a step in the process by which older people transition from
driving to non-driving; yet this complex process remains poorly understood (Gwyther &
Holland, 2012; Wong et al., 2016). It is also important to note that some drivers may make
driving decisions that are not for self-regulation purposes. Driving avoidance, for example,
may be undertaken for other reasons, such as not driving during rush hour because of
personal preference to avoid congestion (Molnar et al., 2015).

The purpose of the current study was to describe patterns of driving avoidance behaviors
among a general population of older drivers aged 60+ and to use latent class analysis
to classify older drivers by these patterns. For study purposes, the terms “older people”
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and “older drivers” comprise people aged 60+. While older people are commonly defined
as people aged 65+, we included those aged 60+ to capture a broader range of driving
behaviors that might not have been observed with an older sample. Identification of driving
avoidance patterns—and the characteristics of drivers in different avoidance classes—could
contribute to a better understanding of the process by which older drivers transition to
non-driving.

Study Design and Data Collection Methods

This study analyzed data from Porter Novelli’s 2015 ConsumerStyles survey series

(Porter Novelli, n.d.). Respondents were part of Ipsos’ KnowledgePanel, a nationally
representative online panel, randomly recruited using probability-based, address-based
sampling techniques. Ipsos obtained consent electronically during the recruitment process
and maintained a confidentiality agreement with participants to protect personally
identifiable information. Participation was voluntary; respondents could leave the panel or
refuse to answer any questions on any survey at any time. Respondents without internet
access prior to joining the panel were provided with it. Data were collected in three seasonal
waves. Driving data were collected during September 10-29, 2015, during the third wave
(FallStyles). Of 11,018 adults aged 18+ selected for the first wave (SpringStyles), 6836
completed that survey. Of those respondents, 4432 were randomly selected for the FallStyles
survey, and 3529 people completed it. Survey completion took a median of 25 minutes.
Participants received reward points with an approximate cash value of $5. Full details of

the ConsumerStyles methodology are available from Porter Novelli (n.d.). The Centers

for Disease Control and Prevention (CDC) licensed 2015 ConsumerStyles survey data for
health-related analyses. Because CDC analyzed de-identified secondary data, the study was
exempt from Institutional Review Board review.

Of 3529 respondents, we excluded 2209 adults aged <60 years, 121 older people who
reported that they did not drive, and one who did not report their driving status, resulting in a
final sample size of 1198. All analyses were conducted using data weighted to approximate
2015 U.S. Current Population Survey estimates. Data were weighted on gender, age,
household income, race/ethnicity, household size, education, census region, metropolitan
status, and whether the household had internet access prior to panel participation (Porter
Novelli, n.d.).

Study Variables

13 driving- and transportation-related variables were used for this study. Respondents were
asked whether they were current drivers (yes, no) and their primary means of transportation
(driving, riding as passenger with family or friends, walking, bicycling, taxi or private
service such as Uber, public transportation, or other transportation). For analysis, we
combined walking and bicycling (labeled “walking or bicycling”) and taxi or other private
service, public transportation, and other (labeled “other™) due to small number of responses
for individual categories. Current drivers reported how often they usually drove (<1, 1-2,
or 3+ days/week) and how often (never, sometimes, always) they avoided nine driving
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situations: driving at night, making left turns across oncoming traffic, driving in bad weather,
driving alone, highway driving, driving on high traffic roads, driving during rush hour,
driving in unfamiliar areas, and driving long distances. Finally, current drivers reported how
often (never, sometimes, always) they “pass up opportunities to go shopping, visit friends,
etc. because of concerns about driving.”

Selected sociodemographic, geographic, and health-related variables were included in the
study. We converted the continuous age variable into categories (60—74 years, 75+ years)

to facilitate comparisons and ease interpretation of results. Categories for other variables
were combined as needed to account for small cell sizes and/or to ease interpretation

of results. Gender was reported as male or female. Race/ethnicity was reported as non-
Hispanic White, non-Hispanic Black, non-Hispanic other, non-Hispanic multiple races,

and Hispanic. We combined non-Hispanic other and non-Hispanic multiple races into

one category for analysis. Marital status was reported as married, living with a partner
(“married or living with partner”), widowed, divorced, separated, or never married (“not
married”). Education was reported as highest grade completed up to and including high
school degree (“high school or less™), some college, associate’s degree (“some college™),
bachelor’s degree, master’s degree, or professional/doctorate degree (“bachelor’s degree or
higher”). Employment status was reported as working as paid employee, self-employed
(“working™), laid off, looking for work, not working/other (“not working: laid off, looking
for work, other”), retired, or disabled (“not working: retired or disabled”). Annual household
income was reported in categories ranging from <$5000 to $175,000+. We collapsed groups
into < $25,000 and = $25,000. Census region was classified as Northeast, Midwest, South,
and West.

Self-reported health status was reported as good, very good, excellent (“good to excellent”),
fair, or poor (“fair/poor”). Number of self-reported medical conditions was calculated from
the sum of conditions that respondents reported having currently or in the past year: anxiety,
arthritis, asthma, chronic pain, depression, diabetes, emphysema or chronic obstructive
pulmonary disease, epilepsy or other seizure disorder, high cholesterol, insomnia or other
sleep disorder, irritable bowel syndrome, migraine headaches, osteoporosis, overactive
bladder or incontinence, high blood pressure, atrial fibrillation, congestive heart failure,
other heart disease such as angina or heart attack, lung cancer, or some other cancer (not
lung or skin).

Descriptive Data Analysis

Descriptive analyses were conducted to determine prevalence and 95% confidence intervals
(Cls) of sociodemographic, geographic, and health-related characteristics of current drivers
aged 60+. Prevalence and 95% Cls were also calculated for driving- and transportation-
related variables. We compared the ConsumerStyles sample to selected U.S. bridged-race
population estimates for 2015 (United States Department of Health and Human Services,
Centers for Disease Control and Prevention, National Center for Health Statistics, 2020). We
calculated number and prevalence of adults aged 60+ in the U.S. by age group, gender, and
race/ethnicity.
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Latent Class Analysis and Modeling

Results

Driving avoidance classes were characterized by latent class analysis (LCA) using 10
indicators (driving frequency and nine driving avoidance situations). The LCA model
estimated the proportion of older people in each class (class membership probabilities)
and the distribution of responses to each of the 10 items within each class (item-response
probabilities conditional on class membership). The optimal number of latent classes was
determined based on a balance of fit, parsimony, and interpretability using the deviance
statistic G2, the Akaike Information Criterion (AIC), and the Bayesian Information Criterion
(BIC) to assess model fit (Lanza et al., 2003, 2007). Although 19 of the 1198 respondents
from the final sample had missing data for at least one but not all 10 driving variables, the
number of observations used in the LCA was still 1198 because LCA does not require an
observation to have values in all indicators.

After the optimal number of latent classes was determined, a table was created showing the
proportion of respondents by class for each of the nine driving avoidances for answers of
never, sometimes, or always. Prevalence and 95% ClIs for selected transportation variables
(primary means of transportation, driving frequency, and passing up opportunities to go out)
were calculated by driving avoidance class. Then the covariates analysis was conducted

to predict class membership. Demographic variables gender, age, and race/ethnicity were
included in the model. Additional variables considered were those that were significant

in the covariates list: region, marital status, education level, employment status, annual
household income, and health status. A variable from this list was retained in the model if

it was significant (0 < .05) in the bivariate analysis. PROC LCA and Statistical Analysis
Software (SAS) version 9.3 (SAS Institute, Inc., Cary, North Carolina) were used to conduct
all analyses (Lanza et al., 2007, 2015). The weight variable was used to generate estimates
and draw inference for the U.S. older adult population.

Descriptive Results

Among current drivers aged 60+, 77.7% were 60—74 years of age and 22.3% were 75+
(Table 1). Our sample of current drivers was slightly younger than the U.S. population of
all adults aged 60+, 69.7% of whom were aged 60—74. The sample was similar to the U.S.
population of people aged 60+ in terms of gender and race/ethnicity (Table 1).

About two-thirds (67.8%) were married or living with a partner. Almost half (45.9%) had no
more than a high school education, and 16.0% had annual household income <$25,000.
More than two-thirds (69.6%) were retired or disabled. More than four-fifths (83.6%)
reported their overall health as good to excellent, while most also reported having at least
one medical condition (43.0% reported 1-2, 35.9% reported 3+).

Among current drivers aged 60+, 94.6% reported driving as their primary means of
transportation, and more than three-fourths (79.0%) reported driving 3+ days/week (Table
2). Overall, more than half of drivers reported sometimes or always avoiding driving

at night, in bad weather, in unfamiliar areas, and during rush hour. Driving situations
most commonly “never avoided” were driving alone (83.5%), highway driving (67.3%),
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and making left turns (66.8%). Driving situations most commonly “always avoided” were
driving during rush hour (11.3%), for long distances (11.1%), and at night (10.3%). One-
fourth of drivers reported sometimes (23.0%) or always (1.3%) passing up opportunities to
go out because of driving concerns.

Latent Class Analysis and Modeling Results

As the number of classes sequentially increased from two to three to four, the deviance
statistic G2, the AIC, and the BIC all kept falling, suggesting a better model fit as the
number of classes increased. The BIC started rising and the AIC fell marginally as the
number of classes increased from four to five, indicating an uncertainty of benefit of
increasing the number of classes (see Supplemental Table). Furthermore, consideration
of parsimony and interpretability favored four over five classes. Therefore, a four-class
model was selected, and the classes were labeled as low, mild, moderate, and high driving
avoidance.

Among older drivers, 30.8% were expected to belong to the low-avoidance class, 34.3%

to the mild-avoidance class, 28.7% to the moderate-avoidance class, and 6.3% to the
high-avoidance class. Drivers in the high-avoidance class were less likely than those in

the low-avoidance class to report driving as their primary mode of transportation (76.6%,
95% CI = 65.2%, 88.1%; and 97.5%, 95% CI = 95.6%, 99.4%; respectively) and were less
likely to drive 3+ days/week (36.5%, 95% CI = 23.5%, 49.5%, and 87.9%, 95% CI = 83.9%,
91.9%; respectively).

The low-avoidance class had very high probabilities (>95%) in answering “never” in six
out of nine driving questions (avoiding highway driving, making left turns, driving alone,
driving on high traffic roads, driving in unfamiliar areas, and driving long distances) (Figure
1). Both the low- and mild-avoidance classes had very low probabilities (<5%) in answering
“always” in all nine driving questions. In contrast, the high-avoidance class had far higher
probabilities in answering “always” in all nine driving questions than other avoidance
classes.

Differences were observed by avoidance class for frequency of passing up opportunities

to go out because of driving concerns. Among low-avoidance drivers, 94.4% (95% CI =
91.6%, 97.2%) reported “never” passing up opportunities to go out, while 86.0% (95% ClI

= 82.0%, 90.0%), 55.6% (95% CI = 49.4%, 61.9%), and 20.4% (95% CI = 9.6%, 31.3%)

of mild-, medium-, and high-avoidance drivers, respectively, reported “never” doing so (data
not shown).

Education level and income were statistically significant in bivariate analyses and therefore
included in the final model along with gender, age group, and race/ethnicity. Table 3
presents adjusted odds ratios separately for drivers in high, moderate, and mild (versus
low) avoidance classes. AORs can be interpreted as the odds of one group (e.g., females)
being in a particular class (e.g., high avoidance) over low avoidance relative to the odds of
the referent group (e.g., males). Compared with males, females were more likely to be in
high- (AOR = 6.9, 95% CI = 2.9, 16.4) and moderate-avoidance classes (AOR = 2.7; 95%
Cl = 1.7, 4.3) than the low-avoidance class. Drivers aged 75+ were more likely to be in
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the high-avoidance class (AOR =5.7; 95% CI = 2.8, 11.9) than the low-avoidance class
compared with drivers aged 60-74. Compared with White, non-Hispanic drivers, drivers in
all other race/ethnicity categories were more likely to be in the high-avoidance class than the
low-avoidance class. Compared with those with high school education or less, drivers with at
least a bachelor’s degree were less likely to be in the high-avoidance class (AOR = 0.2, 95%
Cl = 0.1, 0.6) than the low-avoidance class. Drivers with annual household income <$25,000
were more likely to be in the high- (AOR = 4.0, 95% CI = 1.7, 9.1) and moderate-avoidance
classes (AOR = 3.7, 95% CI = 1.9, 7.0) than the low-avoidance class compared with drivers
with income >$25,000.

Discussion

Our study identified four classes of driving avoidance (low, mild, moderate, and high)
among older drivers. High-avoidance drivers were more likely than those in other avoidance
classes to always avoid measured behaviors, with more than half of high-avoidance drivers
reporting “always” avoiding seven of the nine measured behaviors. In contrast, more than
95% of the low-avoidance drivers reported “never” avoiding six of the nine behaviors.
High-avoidance drivers were more likely than low-avoidance drivers to be female, aged 75+,
and not White/non-Hispanic. They were also more likely to have lower income and less
likely to have a college education. While our study did not measure motivations for avoiding
driving situations, the associations found between driving avoidance and sociodemographic
characteristics are consistent with research on driving avoidance (Bergen et al., 2017),
strategic self-regulation (Davis et al., 2016), and the broader concept of self-regulation

(Ang et al., 2019; Barrett & Gumber, 2019). In a systematic review of studies on driving
self-regulation among older people, Ang et al. (2019) found that females and those with
advanced age were more likely to self-regulate. Barrett and Gumber (2019) reported that
people with less education and who were non-Hispanic Black race/ethnicity were more
likely to self-regulate.

While increasing age is associated with greater likelihood of driving self-regulation, driving
avoidance, and cessation, it is not a singular predictor of when someone should stop driving.
Rather, visual, physical, and cognitive functions are more important determinants of driving
safety (Fraade-Blanar et al., 2018; Huisingh et al., 2017; Pomidor, 2019). Some medical
conditions whose prevalence increases with age (e.g., diabetes, glaucoma, and obstructive
sleep apnea) can affect driving ability and increase crash risk (Lococo et al., 2018; Marshall,
2008). Treatment for these and other conditions may include medications (e.g., insulin and
oral diabetes medications and benzodiazepines) that increase crash risk (Hetland & Carr,
2014; Ivers & White, 2016; Lococo et al., 2018). Less is known about medical conditions,
medication use, and driving behaviors, including driving avoidance, among older people.
Our study did not find an association between number of self-reported medical conditions
and driving avoidance, although we lacked data on medication use, how well medical
conditions were managed, and onset and severity of disease.

Previous research has shown that former drivers are at risk not only for adverse health
outcomes (Chihuri et al., 2016; Edwards et al., 2009; Fonda et al., 2001) but also for social
isolation, as indicated by a lack of contacts or connections with family, friends, or neighbors
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(Chihuri et al., 2016; Edwards et al., 2009; Fonda et al., 2001; Qin et al., 2020). While
gradual declines in social engagement occur with aging, these declines happen at a more
rapid rate once driving cessation occurs (Curl et al., 2014). Some older drivers in our study
may have been already experiencing some effects of reduced mobility with about one-fourth
reporting sometimes or always passing up opportunities to go places because of concerns
about driving. The frequency of sometimes or always passing up these opportunities was
highest for high-avoidance drivers (80% versus 6% for low-avoidance drivers).

Given that driving cessation is associated with adverse health and quality of life outcomes
(Chihuri et al., 2016; Edwards et al., 2009; Fonda et al., 2001), it could be beneficial to
screen older drivers for their risk of driving cessation. The transition to driving cessation

is often a gradual process, suggesting the possibility for intervention during stages of

this process. Many people do not anticipate they will stop driving in the future and are
unprepared when the time comes (Goins et al., 2015; King et al., 2011; Oxley & Charlton,
2009). Vivoda et al. (2021) found that driving cessation planning was relatively low among
older drivers but identified important factors associated with planning, including lack of
driving confidence and having a positive view of alternative transportation options. One
way to increase awareness and encourage planning is the Centers for Disease Control and
Prevention’s (n.d.) MyMobility Plan, which was designed to help people plan for how to
stay safe, mobile, and independent as they age and has been shown to increase people’s
thinking about and planning for future mobility changes (West et al., 2021). Harmon et al.
(2018) found that older people believe they will have better future mobility if they plan

for changes that come with age. Oxley and Charlton (2009) showed higher satisfaction
with mobility among older people who chose when to stop driving compared to those for
whom the decision was made without their input. Interventions could include promoting
awareness of transportation options to help preserve mobility when people stop driving. In
recent years, ride-hailing (or ride-sharing) has become more common in the U.S. and may
become a viable option both for those who are limiting driving and for former drivers if
their preferences and concerns regarding ride-hailing can be addressed (Bayne et al., 2021;
Chaiyachati et al., 2018). Older people in rural areas are of special concern. Transportation
options such as public transportation and ride-hailing services are not widely available in
rural communities, which may explain at least in part, why older drivers in rural areas view
driving as more important than drivers in suburban or urban areas (Strogatz et al., 2020).

There are several limitations to consider. First, data were collected in 2015 as the use of
ride-hailing (e.g., Uber, Lyft) was becoming more widespread in the U.S. While ride-hailing
is less common among older than younger adults (4% of adults aged 65+ and 36% of adults
aged 18-29 had used ride-hailing services during our study period [Clewlow & Mishra,
2017]), it is unknown how the increasing availability of ride-hailing services might influence
older people’s driving patterns in the future. Second, data were self-reported and social
desirability bias may have influenced respondents’ answers to questions they considered
sensitive. Third, while randomly sampled to be nationally representative, participants

were part of a survey panel and it is unknown how people who choose to be in a

panel may differ from the general public. Fourth, we could not determine respondents’
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motivations for avoiding certain driving behaviors, which is important for the concept of
self-regulation (Molnar et al., 2015). Previous research has noted that some drivers avoid
certain driving situations (e.g., bad weather) for reasons of personal preference and that
these situations may be avoided by drivers of any age, although older people have a higher
prevalence of avoidance (Naumann et al., 2011). It is unknown how much of the driving
avoidance behavior measured in our study reflects personal preference versus self-regulation
undertaken to compensate for functional limitations. Finally, we could not determine from
the cross-sectional data whether the avoidance classes represent progressive stages over
time. Longitudinal studies could help to overcome this limitation.

Some strengths of the present study are worth noting. First, we used a nationally
representative sample of older people to identify drivers. The sample’s distribution by age
group and sex (78% aged 60-74; 54% female) was similar to, though slightly younger than,
that of the U.S. population of people aged 60+ (70% and 55%, respectively). Exclusion of
non-drivers from the study may explain the age difference between our sample and the U.S.
population. Second, this study expands upon exploratory research conducted with members
of a ride service program, who were much older (68% aged 80+) and more likely female
(76%) than our sample and the U.S. population (Bergen et al., 2017). While Bergen et al.
(2017) identified three classes of driving avoidance, our study identified four. Specifically,
while our high and moderate classes resembled the high and medium classes from Bergen
et al. (2017), we identified two distinct classes (low and mild) among people who reported
lesser amounts of avoidance behavior compared to Bergen et al.’s (2017) one. Interestingly,
while no sociodemographic differences were observed between these two classes, they were
notably different in driving avoidance behaviors. For example, 15% and 50% of low- and
mild-avoidance drivers, respectively, reported sometimes avoiding driving at night. As a
result of these strengths, we believe the four classes are a better representation of driving
avoidance than the three identified in Bergen et al.’s (2017) exploratory study.

Conclusions

The connections between driving and mobility, health, and quality of life point to the
importance of preserving driving when it is safe to do so. Our study on driving avoidance
behaviors identified four avoidance classes ranging from “low” to “high”. These four classes
add to previous research to suggest an older adult driving continuum of six groups of
drivers—those with no limitations, low-avoidance drivers, mild-avoidance drivers, moderate-
avoidance drivers, high-avoidance drivers, and former drivers. Longitudinal studies are
needed to evaluate whether the classes identified in our study represent stages through

which an individual progresses on the route from unrestricted driving to driving cessation.
Additionally, future studies of older drivers should explore motivations for driving avoidance
—which could be due to lack of comfort or awareness of a need to address functional
limitations—to better determine how these classes can further our understanding of strategic
driving self-regulation.
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Interventions tailored to individual drivers can improve driving performance (Fausto et al.,
2021; Sangrar et al., 2019), suggesting that an approach focused on meeting the needs of
older drivers in different classes may be important. High-avoidance drivers may have a more
pressing need than others for information about transportation options (such as ride-hailing
or ride-sharing) to meet mobility needs when they are not able or choose not to drive. The
classification of driving avoidance behavior allows for the characterization of older drivers
who may be approaching driving retirement who could benefit from resources to prepare for
this transition and minimize negative outcomes associated with driving cessation.
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. The four classes of driving avoidance identified among older people, adding

. Compared with low-avoidance drivers, high-avoidance drivers were less likely

What This Paper Adds

to previous research, suggest an older adult driving continuum of six groups
of drivers—those with no limitations, low-avoidance drivers, mild-avoidance
drivers, moderate-avoidance drivers, high-avoidance drivers, and former
drivers.

to drive as their primary mode of transportation and more likely to report
concerns about driving that caused them to miss opportunities to go out.
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. Driving avoidance class may be useful for identifying those who are close to

. Utilization of latent class analysis methods that identified distinct classes of

Applications of Study Findings

driving cessation and most in need of non-driving transportation options.

driving avoidance could be beneficial for future research on self-regulation of
driving among older people.
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Figure 1.

Weighted Prevalence of (a) Never, (b) Sometimes, or (¢) Always Avoiding Driving
Conditions by Driving Avoidance Class Among Current Drivers Age 60+ Years,

ConsumerStyles 2015, United States, Sample N = 1198.
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