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ABSTRACT

Bacteria of the genus Klebsiella are among the most important multi-drug resistant
human pathogens, though they have been isolated from a variety of environments.
The importance and ubiquity of these organisms call for quick and accurate methods
for their classification. Average Nucleotide Identity (ANI) is becoming a standard for
species delimitation based on whole genome sequence comparison. However, much
faster genome comparison tools have been appearing in the literature. In this study
we tested the quality of different approaches for genome-based species delineation
against ANI. To this end, we compared 1,189 Klebsiella genomes using measures
calculated with Mash, Dashing, and DNA compositional signatures, all of which run
in a fraction of the time required to obtain ANI. Receiver Operating Characteristic
(ROC) curve analyses showed equal quality in species discrimination for ANI, Mash
and Dashing, with Area Under the Curve (AUC) values above 0.99, followed by
DNA signatures (AUC: 0.96). Accordingly, groups obtained at optimized cutoffs
largely agree with species designation, with ANI, Mash and Dashing producing

15 species-level groups. DNA signatures broke the dataset into more than 30 groups.
Testing Mash to map species after adding draft genomes to the dataset also showed
excellent results (AUC above 0.99), producing a total of 26 Klebsiella species-level
groups. The ecological niches of Klebsiella strains were found to neither be related to
species delimitation, nor to protein functional content, suggesting that a single
Klebsiella species can have a wide repertoire of ecological functions.

Subjects Bioinformatics, Computational Biology, Genomics, Microbiology
Keywords Sketching algorithms, FastANI, Hierarchical clustering, Genome comparison, Klebsiella

INTRODUCTION

Multi-drug resistant bacteria represent a global threat to human health. Strains of the
Klebsiella genus are among the most common antibiotic resistant human pathogens,
causing as much as 50% mortality in infected neonatal, elderly and immunocompromised
patients (Podschun ¢ Ullmann, 1998; Xu, Sun ¢ Ma, 2017). Klebsiella are considered
ubiquitous in the environment (i.e., water, soil and plants), commonly found in the
mucous surfaces of mammals, and as insect symbionts (Pinto-tomads et al., 2009; Martinez-
Romero et al., 2015; Davis ¢ Price, 2016). Imprecise detection methods affect the
identification of potentially pathogenic strains (Podder et al., 2014; Rodriguez-Medina

et al., 2019). Particularly, nearly identical K. pneumoniae strains, isolated from disparate
sources, have been found to be almost as virulent as strains of a clinical origin (Struve ¢
Krogfelt, 2004; Huang et al., 2016; Dantur et al., 2018). This often leads to classification
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difficulties and taxonomic biases (Long et al., 2017), highlighting the need for faster and
accurate techniques for the identification of Klebsiella isolates from environmental sources
with potential to infect people.

To date, techniques to classify de novo sequenced Klebsiella genomes at the species level
are still under development (Garza-Ramos et al., 2015; Long et al., 2017; Hennart et al.,
2022). Some methods include the use of PCR-based probes based on genetic markers, such
as the Multi Locus Sequence Typing (MLST) methods selected to identify K. variicola
strains (Garza-Ramos et al., 2015; Barrios-Camacho et al., 2019); hierarchical clustering
tools to classify K. pneumoniae, associated with antibiotic resistance to -lactamase
compounds (Berrazeg et al., 2013); and pan-genomic analysis to redefine subspecies of
K. pneumoniae as new species of this genus (Caputo et al., 2015). These techniques aimed
for the identification of particular species, but the current amount of genomic data allows
for the extensive study of all available information at the whole genomic level.

Currently, the most common measure to delimit species using genome sequences seems
to be the Average Nucleotide Identity (ANI), which has been used to revise the taxonomy
of prokaryotes (Goris et al., 2007; Richter & Rossello-Mora, 2009; Jain et al., 2018). ANI is
an homology-dependent measure derived from pairwise alignments calculated by a
number of algorithms, such as blastn (Altschul et al., 1997), and mummer (Kurtz et al,
2004). However, to improve the speed for analyzing large amounts of sequence data, other
methods have been developed. FastANI uses an alignment-free mapping algorithm
(Mashmap) implemented to approximate ANI calculations in a range of 80-100% identity
(Jain et al., 2018). Mash is based on the construction of MinHash sketches, derived from
samples of small oligonucleotides (normally 21 bp long), and transformed into hashes that
can be efficiently computed and compared (Ondov et al., 2016). Dashing is another
program using a computer transformation of oligonucleotides, hyperloglog sketches, to
improve speed and produce results similar to those of Mash (Baker ¢ Langmead, 2019).
Methods based on compositional analyses, based on oligonucleotides no more than 4 bp
long, have also been used to group genomes (Richter ¢» Rossello-Mora, 2009; Moreno-
Hagelsieb et al., 2013; Herndndez-Gonzdlez, Moreno-Hagelsieb ¢& Olmedo-Alvarez, 2018).

The present study aims to test the accuracy and efficiency of different methods in
grouping Klebsiella genomes into their annotated species, as well as to determine if their
genetic content is associated with the environment of isolation.

METHODS

Genomic data

A total of 13,574 genome sequences of Klebsiella were downloaded from NCBI’s RefSeq
database (Haft et al., 2018) in December 2021. Of these, only 1,189 were complete, or
closed, genomes (Table S1). This study focused mainly on the complete genomes dataset.
The sources of isolation were compiled from the information available in both RefSeq and
PATRIC (Davis et al., 2020). Identification of type strains relied on the descriptions found
in the RefSeq gbff files (Table S1).
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Table 1 Commands used to run each program.

fastANI -—ql [queries list] —-rl [refs list] —-fraglLen 1020

mash sketch -s 5000 -o [mshfile] [infile]

mash triangle -E [mshfiles produced abovel

dashing cmp -k 21 -8 14 -T -0 jaccard.matrix [infiles]

dashing cmp -k 21 -8 14 -T -0 full-mash.matrix —-full-mash-dist [infiles]

dashing cmp -k 21 -S 14 -T -0 mash.matrix —-mash-dist [infiles]

Pairwise distances

To calculate Average Nucleotide Identity (ANI), we used FastANI v1.32 (Jain et al., 2018),
which calculates a close approximation to the original ANI implementation (Goris et al.,
2007), which was based on pairwise alignments produced with blastn (Altschul et al., 1997).
Other tools used for comparing genome sequences included Mash v2.2.2 (Ondov et al.,
2016), Dashing v1.0 (Baker ¢» Langmead, 2019), and DNA compositional signatures
(Campbell, Mrdzek ¢» Karlin, 1999). We ran FastANI with a fragment length of 1,020 bp to
better approximate the original ANI calculations (Goris et al., 2007). For Mash, we used the
default k-mer length of 21 nt, besides a sketch size of 5,000, rather than the default of 1,000,
since increasing the sketch size should improve the accuracy of the obtained dissimilarities
(Ondov et al., 2016). For Dashing, we tested three measures: mash, full-mash and, the
default, Jaccard. We selected a sketch size option of 2'* (-S 14), because this size was found
to be optimal for estimating Jaccard similarities by the authors of the program (Baker ¢
Langmead, 2019). We also used a k-mer length of 21 to make the results more comparable
to those of Mash, given that our initial tests found that Dashing, ran with its default k-mer
length of 31, produced results for fewer pairwise comparisons than Mash. The options
used for each program are shown in Table 1. DNA signatures were calculated using an ad
hoc program, written in perl. We obtained DNA signatures for di, tri, and tetra nucleotides
as reported previously (Moreno-Hagelsieb et al., 2013).

The pairwise values obtained were transformed into distances when appropriate.
Accordingly, ANI values, consisting of percent identities, were transformed into
dissimilarities by subtracting them from 100, then dividing the results by 100; Jaccard
indexes, obtained with Dashing, were subtracted from 1. All Mash values represent
dissimilarities and, thus, did not require transformation. DNA signatures were compared
using 8 (Campbell, Mrazek ¢ Karlin, 1999), consisting on Manhattan distances divided by
the length of the signature vector (Campbell, Mrazek ¢ Karlin, 1999; Moreno-Hagelsieb
et al., 2013).

Clustering analysis and optimal cut points

To divide Klebsiella strains into species-level groups, we first performed hierarchical
clustering based on the distances obtained with each method described above (Fig. 1).
These clusters were produced using hclust and the divisive method (diana), implemented

Hernandez-Salmeron and Moreno-Hagelsieb (2022), PeerdJ, DOI 10.7717/peerj.13784 319


http://dx.doi.org/10.7717/peerj.13784
https://peerj.com/

Peer/

Tanglegram Hierarchical clustering Group comparisons
ANI | MASH | DASHING | SIGNATURES A B C
a
b @] [ 1 1 o
@—é ¢ ba | 1 1 1
d d |1 1 o0
? [ac] 1 1 1
— ROC ©) :
_ A ﬁ Gk o 1 1
cutpoint
- -
. ® j
JAB) = AnB

—

A 4
ROC K
—_—
— =
cutpoint

©
n

Figure 1 General strategy for program and group comparisons. Hierarchical clustering was performed first (center). Clustering was followed by

pairwise comparisons of all clusters obtained. Cut points specific for each dataset were calculated by optimizing F1 scores. The hierarchies were cut at

the thresholds obtained. The members (a, b, ¢, etc.) of the resulting groups (nodes 1, 2 and 3) were rearranged into linked pairs and compared.
Full-size K] DOT: 10.7717/peerj.13784/fig-1

in R (R Core Team, 2021). Representative clusters were plotted using ggtree (Yu, 2020) and
ggtreeExtra (Xu et al., 2021).

To evaluate performance and obtain optimum cutoff values for each of the programs
tested, we calculated Receiver Operating Characteristic (ROC) curves (Swets, 1988).
The positive dataset consisted of pairs of genomes assigned to the same species, while the
negative dataset consisted of pairs of genomes in different species, but same genus. Only
genomes annotated at the species level were used for these evaluations. Both ROC analyses
and optimal cutoft points were estimated with the cutpointr R package (Thiele ¢
Hirschfeld, 2021). We optimized for a maximum F1 score
([2 x TP]/[2 x TP 4 FP + FN]). These evaluations assumed that most of the genomes
downloaded from RefSeq were correctly classified into species.

To avoid biases in ROC curves and optimal cutoft analyses due to over-representation
of K. pneumoniae strains, we produced 15 randomized samples of 62 genomes of
K. pneumoniae. Each sample along with the rest of the complete genomes made up 15
testing datasets.

Comparing results

Hierarchical clusters were compared by calculating their Baker’s Gamma Index (Baker,
1974), rank correlations between the points, or thresholds, where pairs of items combine in
the compared dendrograms. The similarities were visualized using entanglement plots
enhanced using the “steplside” untangle method. To produce such plots and calculate
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Baker’s Gamma Indexes, we used the dendextend package in R (Galili, 2015). The more
similar the clusters are to each other, the lower the entanglement value, which ranges
between 0 and 1, and the larger their Baker’s Gamma Index, which ranges between —1 and
1, with zero representing null correlations.

To compare the groups resulting from cutting hierarchical clusters at optimal cutoft
thresholds, we reorganized each group into pairs of genomes belonging to the same group.
The similarities between assigned pairs by each program were compared in terms of shared
genome pairs (Fig. 1). An ad hoc program was written in perl to analyse the species
composition of the groups produced.

Domain content

Protein domains were obtained by comparing the proteins encoded by all genomes
analysed, using mmseqs2 (Steinegger ¢ Soding, 2017), against the appropriately formatted
Pfam (Finn et al., 2015) and CDD databases (Marchler-Bauer et al., 2017). An ad hoc perl
script was written to gather the domain results into a single table to compare genome-to-
genome domain content using Jaccard distances as implemented in the philentropy
package in R (Drost, 2018). The results were used to perform divisive hierarchical
clustering for an overall view of domain content similarities.

RESULTS

FastANI, Mash and Dashing classify Klebsiella into almost identical
groups

A total of 1,189 complete genome sequences labeled as Klebsiella were downloaded from
the RefSeq database (Haft et al., 2018). As of December 2021, this dataset contained 1,168
strains mapped to 10 named species, and 21 strains without a species designation
(Table S1).

To produce hierarchical clusters with the complete genome dataset (Fig. 2), we used
distances calculated with FastANI, Mash and DNA signatures, plus three available in
Dashing (mash, full-mash and Jaccard). All hierarchies were compared using Baker’s
gamma correlations (Baker, 1974), and their similarities visualized using Entanglement
plots. Mash produced the most similar cluster to that produced by FastANI (Fig. 2).
Two Dashing calculated distances, mash and full-mash, had a Baker’s Gamma Index of
1.00, while Dashing’s Jaccard distances had a Baker’s Gamma Index of 0.96 with the other
Dashing distances (Fig. S1). Therefore our illustrations used Dashing mash as a
representative of all Dashing results.

To test and compare the accuracy of the methods in species assignment, we performed
Received Operating Characteristic (ROC) analyses (Swets, 1988). ROC curves for FastANI,
Mash and all Dashing distances resulted in the same Area Under the Curve (AUC) of 0.997
(Fig. 3, Fig. S1), which suggests that the distances produced by all three programs are close
to perfection in distinguishing genomes from the same species from those in the same
genus but different species. DNA signatures had lower, but respectable, AUC values above
0.95 (Fig. 3, Fig. S1).
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Figure 2 Comparing clusters. Left: Baker’s Gamma Indexes show that hierarchies produced with the
different sketching algorithms (Mash and Dashing) produced the most similar hierarchies to that
produced with FastANI Right: Mash produced the hierarchy most similar to that produced by
FastANL Full-size K&l DOT: 10.7717/peer;j.13784/fig-2

To ensure that the AUC values were not the result of K. pneumoniae over-
representation, many of which have very low distances, we produced 15 subsampling
datasets randomly assigning 62 K. pneumoniae to the complete dataset. The quality of the
programs in differentiating species showed the same high value of AUC 0.98 for all 15
subsamples using FastANI, Mash and Dashing mash.

To compare results from cutting the clusters into species-level groups, we obtained cut
points optimizing the F1 score. After cutting the hierarchies using these cutoffs, we
obtained 15 groups from the complete genome dataset with FastANI, 18 with Mash and
Dashing, and more than 30 with DNA Signatures. To determine whether they contained
similar groups, we checked each pair of genomes found within each group. Set intersection
analyses showed that FastANI, mash, and all Dashing distances, produced almost identical
groups (Fig. 3, Fig. S1), while DNA signatures produced more evident differences. A closer
look showed that the groups produced by Mash and Dashing were identical, which should
be expected given that they use very similar strategies and formulas. Distances calculated
with FastANI resulted in 1,426 pairwise assignments not found by the sketching programs
(Mash and Dashing), which amounts to 0.3% of the 436,636 pairwise designations shared
by FastANI and the sketching programs.

To try and match the FastANI results, we found cutoff values to obtain 15 groups with
the sketching algorithms. In all cases, the resulting groups were identical to those obtained
with FastANI. Similarly, finding a threshold to obtain 18 groups with FastANI resulted in
identical groups as those obtained with the sketching algorithms at their optimal cut points
as estimated by the cutpointr analyses. As explained above, in pairwise terms, the 15 and 18
groups share most of their group assignments on a per genome pair basis. Thus, the
conflict was minimal. However, the groups resulting from matching group numbers
between programs were identical deserves further explanation. The ROC curves and
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derived optimal cutoff values were performed with tables containing same-species and
same-genus genome pairs, while the grouping was performed on genomes gathered into
hierarchical clusters. Thus, the differences can be attributed to differences in grouping
strategies.

Given that the original dataset contained 10 named species, we continued the analyses
using the 15 groups results (Fig. 4). Three of these 15 groups were composed entirely of
Klebsiella strains with no species designation. Among the remaining 12 groups; two were
formed by the species represented by single genomes, K. huaxiensis and K. quasivariicola,
both type strains of their respective species. Another group was formed by the single
species represented by two genomes, K. africana, one of them, 200023, described as a type
strain of the species. The remaining nine groups, loosely ordered by the number of
genomes included, from largest to smallest, were (Fig. 4):

The K. pneumoniae group. This group was the largest and contained 927 of the 930
K. pneumoniae strains, combined with one of the 35 K. aerogenes strains, and two
unspecified Klebsiella strains. This suggests that the K. aerogenes strain, NCTC9644, is a
misidentified K. pneumoniae. This group contained the K. pneumoniae type strain
FDAARGOS775.

The K. quasipneumoniae group. This group gathered all 74 K. quasipneumoniae strains,
one of the K. pneumoniae strains missing in the group above, and one unspecified strain,
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Figure 4 Species annotation vs groups. The 15 groups produced by cutting the sketching and FastANI
hierarchies (outer circle) coincide well with species annotation (inner circle), fixing the few apparently
mislabeled genomes. The numbers to the right indicate number of groups sharing the species name.
Three groups remained without a species name. To improve the illustration, the confirmed
K. pneumoniae dataset was reduced by keeping representatives from clusters obtained at a Mash distance
of 0.005. Full-size k4] DOT: 10.7717/peerj.13784/fig-4

suggesting that the K. pneumoniae strain, KAM260, was a K. quasipneumoniae isolate.
The K. quasipneumoniae type strains 01A030T and FDAARGOS1503 were part of this
group.

The K. variicola group. This group contained all 53 K. variicola strains, the last two
missing K. pneumoniae strains, and one unspecified strain. Therefore, these two
K. pneumoniae strains, YH43 and INF022-sc-2279895, might be K. variicola isolates.
Three of the members of this group were K. variicola type strains: DSM15968, F2R9 and
F2RIT.

The K. aerogenes group. This group contained all of the remaining 34 K. aerogenes
strains, forming a clean, single-species, group with one unspecified strain. Two members of
the group, FDAARGOS1442 and KCTC2190, were type strains.

The two K. michiganensis groups. One of these groups was formed by 29 of the 32
K. michiganensis strains, seven of the 25 K. oxytoca strains and four unspecified ones,
suggesting that the seven K. oxytoca strains were misidentified K. michiganensis. One more
K. michiganensis strain, RC10, formed a group of its own.

The K. grimontii group. This group contained all 15 K. grimontii strains, the two
missing K. michiganensis strains, and five unspecified ones, suggesting that the
K. michiganensis strains, B106 and Sb-24, were misidentified K. grimontii isolates.
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The two K. oxytoca groups. Finally, of the remaining 18 K. oxyfoca strains, 17 formed a
clean, single-species group and one formed a group by itself, reinforcing the suggestion
above that the seven K. oxytoca strains mentioned above were K. michiganensis isolates.

The presence two single strain groups sharing species names with larger groups, namely
one of K. michiganensis and one of K. oxytoca, suggests that a different, less stringent,
threshold might join them with their corresponding, largest, groups. However, as observed
in the hierarchy (Fig. 4), the isolated K. michiganensis strain is the outermost outlier in the
cluster. Though the isolated K. oxytoca strain is not as clearly separated from the rest of the
largest K. oxytoca group, no threshold put them together without joining otherwise clean
groups. These results suggest that the separated K. oxytoca and K. michiganensis strains
might either constitute Klebsiella species other than those represented in the complete
genome dataset, or altogether mislabeled strains.

Neither species, nor protein content, seem related to isolation sources
To determine the relationship between genetic traits and the source of isolation in
clustering species, we clustered the complete genomes of Klebsiella according to their
domain content, and mapped the different hosts and environments from which they were
isolated into the hierarchies (Fig. 5). The variety of hosts and source information available
for the complete genomes was binned into five environments: animals, food, human,
plants and water. While domain content was similar to the FastANI cluster (Baker’s
Gamma Index: ANI vs. CDD = 0.87; ANI vs. Pfam = 0.85; CDD vs. Pfam = 0.93), the
environment of isolation did not appear to have an effect on the grouping of Klebsiella
strains (Fig. 5).
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No matter where the strains were isolated from, they kept a clear species-specific
cohesion, particularly those isolated from a clinical environment. In this regard, some
authors have argued that intraspecific ecological and genetic interactions may constrain
the diversification within a species (Cohan, 2019). Thus, environmental microbes isolated
from different sources tend to display a genetic continuum, such as K. variicola, which was
isolated from almost all environments, yet it appears as a single cluster.

After adding draft genomes, Mash divides Klebsiella genomes into 26
species

In addition to the 1,189 complete Klebsiella genomes, we obtained a total of 12,385 draft
genomes of different assembly status/categories: Chromosome, Scaffold and Contig
(Table S1). Genome lengths appeared to be similar between sequences belonging to the
same species, regardless of assembly status (Fig. 6). K. oxytoca, K. michiganensis and

K. grimontii showed the largest genomes with over 7 Mbp, while strains of K. aerogenes
had the smallest genomes ranging from 4.5 to 6 Mbp.

Since Mash and Dashing produced the most similar results to FastANI, we decided to
test Mash with all types of genome assemblies. The results remained excellent, with an
AUC 0f 0.999. The cut point value obtained was the same 0.038 as the one obtained for the
complete genomes alone. Using this cutoff, we obtained 28 species-level groups of
Klebsiella, while a cutoff of 0.043 reduced the obtained groups to 26 (Fig. 6, Table S1).
The difference consisted on the fusion of two K. aerogenes groups, containing each 328 and
23 genomes, into one; plus the incorporation of a singled out K. quasivariicola, strain
Q2548, into a group containing all three available K. africana strains. Since the dataset
contains a total of 13,574 genome sequences, an improvement in the position of 24
genomes might be considered modest, suggesting, again, slight differences when
optimizing cutoffs based on pairwise relationships, compared to hierarchical clustering.

Of the 26 groups obtained at the 0.043 cutoff, five were composed exclusively of
unspecified Klebsiella genomes. One group contained the only representative of its species,
K. planticola. The rest, sorted from largest to smallest, also named after their most
abundant species annotation, were (Fig. 6).

Two of K. pneumoniae. The first group, by far, the largest, contained 11,219 strains,
around 83% of the 13,574 Klebsiella genomes analysed. Of these, 11,194 were appropriately
labeled, one was the K. aerogenes strain, NCTC9644, found in the complete genome
analysis above, and the remaining 24 were unspecified strains. Six of the strains in the
group were K. pneumoniae type strains. The other group consisted of a single, highly
divergent, strain, K. pneumoniae 4300STDY6470518.

One of K. variicola. This group was composed of 502 appropriately named genomes,
three labeled K. pneumoniae, and 28 unspecified strains. Three of the members of the
group were K. variicola type strains.

Two of K. quasipneumoniae. The first group consisted of 433 appropriately named
strains, plus eight named K. pneumoniae and six unspecified ones. Two of the members of
the group were K. quasipneumoniae type strains. The second group contained 209
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Figure 6 Draft genomes analysis. Top: genomic length of complete and draft genomes of Klebsiella
species. The genome length appeared similar regardless the type of assembly. K. oxytoca, K. michiganensis
and K. grimontii show the largest genomes with over 7 Mb, while K. quasipneumoniae has smaller
genomes ranging from 4.5 to 6 Mbp. Bottom: Mash clustering for complete and draft genomes show
similar results to those of obtained with the complete genomes alone. The numbers to theright indicate
number of groups sharing the species name. For illustration purposes, the hierarchy plotused a reduced
K. pneumoniae dataset filtered at a Mash distance cutoff of 0.005.

Full-size K&] DOT: 10.7717/peerj.13784/fig-6

appropriately named strains, one labeled as K. pneumoniae, strain KPN1344, and two
unspecified strains. Four members of the second group were K. quasipneumoniae type
strains. Accordingly, a relaxed cutoff of 0.05 joined these two groups together.
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One of K. aerogenes, composed, as explained above, of 352 genomes. A total of 351 of
these appropriately named, plus one unspecified strain: Klebsiella sp A52. Two of these
genomes belonged to K. aerogenes type strains: KCTC2190 and FDAARGOS1442.

Two of K. michiganensis. The largest of these groups was composed of 320 appropriately
labeled strains, two of them type strains: DSM25444 and CCUG66515; 13 labeled as
K. oxytoca, adding six to those clustering with K. michiganensis in the complete genome
analyses presented above; and nine unspecified genomes. The second group consisted of
the single, highly divergent K. michiganensis strain, RC10, identified in the complete
genome analyses above.

Five of K. oxytoca. All of these groups were clean, with the largest one containing 207
appropriately named strains, three of them type strains; plus three unspecified ones.

The remaining groups contained five appropriately labeled strains in total. A cutoff of 0.05
reduced these groups to four.

One of K. grimontii, composed of 133 appropriately named genomes, 18 labeled as
K. michiganensis, thus adding 16 strains to the ones appearing in the whole genome
analysis above. Other members of the group were seven apparently mislabeled K. oxytoca
strains. The group also included 13 unspecified strains. The group contained one type
strain: K. grimontii 06D021.

One of K. pasteurii. This was a somewhat controversial group. The group contained a
total of 38 genomes, five of them unspecified. Of the remaining genomes, 14 were labeled
K. pasteurii, one of them a type strain: K. pasteurii SB6412. Of the other members of the
group, 11 were named K. michiganensis, and eight K. grimontii. The type strain indicated
the group to be appropriately named. However, the comparable proportion of apparently
inappropriately named strains suggested otherwise. Accordingly, a relaxed cutoff of 0.05
joined this group with the K. grimontii group. Though we chose the 0.043 threshold to
present these results, because it left a K. pasteurii group in the list, these analyses suggested
that the K. pasteurii and K. grimontii groups belonged together, and that a threshold higher
than 0.043 should be chosen for delimiting Klebsiella species.

One of K. quasivariicola. This was a clean group composed of 16 appropriately named
genomes, one of them a type strain: K. quasivariicola KPN1705.

One of K. africana. This group was composed, as explained above, of three appropriate
labeled strains, plus one labeled as K. quasivariicola Q2548. Two of the members of the
group were K. africana type strains: 200023 and SB5857.

One of K. spallanzanii. This was also a clean group containing a type strain:

K. spallanzanii SB6411.

One of K. huaxiensis, composed of three appropriately labeled genomes, one of them a
type strain: K. huaxiensis WCHKI090001.

Finally, one of K. indica, composed of just two genomes, one of them the species type
strain, TOUT106; the other one unspecified, Klebsiella sp 2680.

DISCUSSION

With the advances in sequencing technologies, it becomes essential to develop and validate
efficient tools to handle large amounts of genomic data. ANI has been used worldwide
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since the authors found that a threshold of 95% mirrored the 70% DNA-DNA
hybridization threshold recommended for species delimitation (Wayne et al., 1987), with
the advantage of being applicable across any sequenced prokaryotic species (Richter ¢
Rossell6-Méra, 2009). However, it is computationally intensive to calculate ANI, since
these values are based on whole genome comparisons (Zhou et al., 2020). Apart from this, a
recent revision has argued against the accuracy of the threshold proposed by the authors as
a universal microbial species delineation, substantial sampling and species redundancy was
found to alter the results and found no evidence of a universal genetic boundary among
microbial species currently annotated in the NCBI taxonomy (Murray, Gao ¢» Wu, 2021).

While recent developed programs have tried to deal with speed issues, better knowledge
of the accuracy of their results is needed before they can be widely adopted to assign
species. Our results show that Mash and Dashing produce the same results as FastANL
The optimized threshold for Mash, 0.038, closely corresponds with a previous analysis in
Escherichia coli, where the authors reported a cutoff of 0.037 (Abram et al., 2021). As for
Dashing, we could not find any tests in a specific bacterial species, apart from the
experiments performed when the program was released (Baker ¢ Langmead, 2019).
However, since we obtained the same species groups as FastANI and Mash, we anticipate it
may provide reliable results with highly improved computational efficiency. DNA
signatures still offer a good approximation to the results produced by FastANI and Mash,
with an AUC of 0.954. Little attention has been given to compositional methods, even
though they have demonstrated various applications apart from clustering species (Richter
¢ Rossell6-Mora, 2009), such as identification of exogenous DNA through horizontal
transfer events, pathogenicity islands and bacteriophages (Bohlin, 2011).

Our study was conducted using all the genome sequences labeled as Klebsiella strains in
the RefSeq database as of December 2021. This genus contained a variety of species with
diverse ecological functions. The most studied, K. pneumoniae, is considered the third
worldwide leading pathogen for deaths associated to resistance, after E. coli and
Staphylococcus aureus (Murray et al., 2022). The genus also includes other important
opportunistic human pathogens, such as K. aerogenes, K. variicola and K. oxytoca
(Tomulescu et al., 2021). Members of the last two species also display plant-growth
promoting activities such as nitrogen-fixation and production of relevant compounds with
biotechnological applications (Tomulescu et al., 2021). The most recently described species,
K. huaxiensis, K. grimontii and K. africanensis have been recovered from cattle and human
feces/urine (Passet ¢ Brisse, 2018; Hu et al., 2019; Rodrigues et al., 2019). The ubiquity of
Klebsiella strains in natural environments, as well as their underestimated virulence
potential, has posed a challenge to the proper identification and classification of Klebsiella
species (Barrios-Camacho et al., 2019; Rodriguez-Medina et al., 2019). It has been
estimated that between 2.5% and 10% of K. pneumoniae isolates are misidentified
K. variicola strains (Rosenblueth et al., 2004; Fontana et al., 2019), which has led to fatal
consequences for patients (Seki et al., 2013). This is an example of the significant
implications that misidentification can have in epidemiological studies, which highlights
the importance of a swift and adequate molecular identification that combines the
appropriate computational tools and phenotypic approaches.
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We extended our analysis to test data with less quality processed sequences since the
majority of available genomes in public databases are unfinished. As of December 2021,
only 7% (24,259/343,140) of the bacterial genomes in the RefSeq database were complete.
We found that both sketching programs, Mash and Dashing, performed well for draft
genomes without even altering the cutoff for the complete genomes analyzed. Mash has
been previously reported to also perform well in whole metagenomic comparisons (Dong
et al., 2020) and to be very useful in fungal taxonomy (Gostincar, 2020), along with many
other promising applications (Zhou et al., 2020).

CONCLUSIONS

Our results revealed that Mash and Dashing resolve Klebsiella species as accurately as
FastANI. The isolation source was not found to be related to the species or domain
content. Therefore, only sequence similarities seem to define species boundaries so far.
Further research on diverse bacterial species should be performed to have a broader
perspective of the reliability and performance of these programs.

ADDITIONAL INFORMATION AND DECLARATIONS

Funding

This work was funded by a Discovery Grant to Gabriel Moreno-Hagelsieb from the
Natural Sciences and Engineering Research Council of Canada (NSERC). The funders had
no role in study design, data collection and analysis, decision to publish, or preparation of
the manuscript.

Grant Disclosures
The following grant information was disclosed by the authors:
The Natural Sciences and Engineering Research Council of Canada.

Competing Interests
The authors declare that they have no competing interests.

Author Contributions

o Julie E. Hernandez-Salmerdn conceived and designed the experiments, performed the
experiments, analyzed the data, prepared figures and/or tables, authored or reviewed
drafts of the article, and approved the final draft.

e Gabriel Moreno-Hagelsieb conceived and designed the experiments, performed the
experiments, analyzed the data, prepared figures and/or tables, authored or reviewed
drafts of the article, and approved the final draft.

Data Availability
The following information was supplied regarding data availability:

The raw data is available at GitHub: https://github.com/Computational-conSequences/
Klebsiella-sorting.

Hernandez-Salmeron and Moreno-Hagelsieb (2022), PeerdJ, DOI 10.7717/peerj.13784 14/19


https://github.com/Computational-conSequences/Klebsiella-sorting
https://github.com/Computational-conSequences/Klebsiella-sorting
http://dx.doi.org/10.7717/peerj.13784
https://peerj.com/

Peer/

Supplemental Information
Supplemental information for this article can be found online at http://dx.doi.org/10.7717/
peerj.13784#supplemental-information.

REFERENCES

Abram K, Udaondo Z, Bleker C, Wanchai V, Wassenaar TM, Robeson MS, Ussery DW. 2021.
Mash-based analyses of Escherichia coli genomes reveal 14 distinct phylogroups.
Communications Biology 4(1):570 DOI 10.1038/s42003-020-01626-5.

Altschul SF, Madden TL, Schiffer AA, Zhang J, Zhang Z, Miller W, Lipman DJ. 1997. Gapped
BLAST and PSI-BLAST: a new generation of protein database search programs. Nucleic Acids
Research 25(17):3389-3402 DOI 10.1093/nar/25.17.3389.

Baker FB. 1974. Stability of two hierarchical grouping techniques case I: sensitivity to data errors.
Journal of the American Statistical Association 69(346):440-445 DOI 10.2307/2285675.

Baker DN, Langmead B. 2019. Dashing: fast and accurate genomic distances with HyperLogLog.
Genome Biology 20(265):1-12 DOI 10.1186/s13059-019-1875-0.

Barrios-Camacho H, Aguilar-Vera A, Beltran-Rojel M, Aguilar-Vera E, Duran-Bedolla J,
Rodriguez-Medina N, Lozano-Aguirre L, Perez-Carrascal OM, Rojas J, Garza-Ramos U.
2019. Molecular epidemiology of Klebsiella variicola obtained from different sources. Scientific
Reports 9(1):1-10 DOI 10.1038/s41598-019-46998-9.

Berrazeg M, Drissi M, Medjahed L, Rolain JM. 2013. Hierarchical clustering as a rapid tool for
surveillance of emerging antibiotic-resistance phenotypes in Klebsiella pneumoniae strains.
Journal of Medical Microbiology 62(6):864-874 DOI 10.1099/jmm.0.049437-0.

Bohlin J. 2011. Genomic signatures in microbes—properties and applications. The Scientific World
Journal 11:715-725 DOI 10.1100/tsw.2011.70.

Campbell A, Mrazek J, Karlin S. 1999. Genome signature comparisons among prokaryote,
plasmid, and mitochondrial DNA. Proceedings of the National Academy of Sciences of the United
States of America 96(16):9184-9189 DOI 10.1073/pnas.96.16.9184.

Caputo A, Merhej V, Georgiades K, Fournier PE, Croce O, Robert C, Raoult D. 2015. Pan-
genomic analysis to redefine species and subspecies based on quantum discontinuous variation:
the Klebsiella paradigm. Biology Direct 10(1):1-12 DOI 10.1186/s13062-015-0085-2.

Cohan FM. 2019. Systematics: the cohesive nature of bacterial species taxa. Current Biology
29(5):R169-R172 DOI 10.1016/j.cub.2019.01.033.

Dantur KI, Chalfoun NR, Claps MP, Tortora ML, Silva C, Jure A, Porcel N, Bianco MI,
Vojnov A, Castagnaro AP, Welin B. 2018. The endophytic strain Klebsiella michiganensis
Kd70 lacks pathogenic island-like regions in its genome and is incapable of infecting the urinary
tract in mice. Frontiers in Microbiology 9(1548):1-14 DOI 10.3389/fmicb.2018.01548.

Davis GS, Price LB. 2016. Recent research examining links among klebsiella pneumoniae from
food, food animals, and human extraintestinal infections. Current Environmental Health Reports
3(2):128-135 DOI 10.1007/s40572-016-0089-9.

Davis JJ, Wattam AR, Aziz RK, Brettin T, Butler R, Butler RM, Chlenski P, Conrad N,
Dickerman A, Dietrich EM, Gabbard JL, Gerdes S, Guard A, Kenyon RW, MacHi D, Mao C,
Murphy-Olson D, Nguyen M, Nordberg EK, Olsen GJ, Olson RD, Overbeek JC, Overbeek R,
Parrello B, Pusch GD, Shukla M, Thomas C, Vanoeffelen M, Vonstein V, Warren AS, Xia F,
Xie D, Yoo H, Stevens R. 2020. The PATRIC Bioinformatics Resource Center: expanding data
and analysis capabilities. Nucleic Acids Research 48(D1):D606-D612 DOI 10.1093/nar/gkz943.

Hernandez-Salmeron and Moreno-Hagelsieb (2022), PeerdJ, DOI 10.7717/peerj.13784 15/19


http://dx.doi.org/10.7717/peerj.13784#supplemental-information
http://dx.doi.org/10.7717/peerj.13784#supplemental-information
http://dx.doi.org/10.1038/s42003-020-01626-5
http://dx.doi.org/10.1093/nar/25.17.3389
http://dx.doi.org/10.2307/2285675
http://dx.doi.org/10.1186/s13059-019-1875-0
http://dx.doi.org/10.1038/s41598-019-46998-9
http://dx.doi.org/10.1099/jmm.0.049437-0
http://dx.doi.org/10.1100/tsw.2011.70
http://dx.doi.org/10.1073/pnas.96.16.9184
http://dx.doi.org/10.1186/s13062-015-0085-2
http://dx.doi.org/10.1016/j.cub.2019.01.033
http://dx.doi.org/10.3389/fmicb.2018.01548
http://dx.doi.org/10.1007/s40572-016-0089-9
http://dx.doi.org/10.1093/nar/gkz943
http://dx.doi.org/10.7717/peerj.13784
https://peerj.com/

Peer/

Dong J, Liu S, Zhang Y, Dai Y, Wu Q. 2020. A new alignment-free whole metagenome
comparison tool and its application on gut microbiomes of wild giant pandas. Frontiers in
Microbiology 11(June):1-8 DOI 10.3389/fmicb.2020.01061.

Drost H-G. 2018. Philentropy: information theory and distance quantification with R. Journal of
Open Source Software 3(26):765 DOI 10.21105/joss.00765.

Finn RD, Coggill P, Eberhardt RY, Eddy SR, Mistry J, Mitchell AL, Potter SC, Punta M,
Qureshi M, Sangrador-Vegas A, Salazar GA, Tate J, Bateman A. 2015. The Pfam protein
families database: towards a more sustainable future. Nucleic Acids Research 44(D1):D279-D285
DOI 10.1093/nar/gkv1344.

Fontana L, Bonura E, Lyski Z, Messer W. 2019. The Brief Case: Klebsiella variicola—identifying
the misidentified. Journal of Clinical Microbiology 57(1):1-5 DOI 10.1128/JCM.00826-18.

Galili T. 2015. dendextend: an R package for visualizing, adjusting and comparing trees of
hierarchical clustering. Bioinformatics 31(22):3718-3720 DOI 10.1093/bioinformatics/btv428.

Garza-Ramos U, Silva-Sanchez J, Martinez-Romero E, Tinoco P, Pina-Gonzales M, Barrios H,
Martinez-Barnetche J, Gomez-Barreto RE, Tellez-Sosa J. 2015. Development of a
Multiplex-PCR probe system for the proper identification of Klebsiella variicola Microbial
genetics, genomics and proteomics. BMC Microbiology 15(1):1-14
DOI 10.1186/s12866-015-0396-6.

Goris J, Konstantinidis KT, Klappenbach JA, Coenye T, Vandamme P, Tiedje JM. 2007. DNA—
DNA hybridization values and their relationship to whole-genome sequence similarities.
International Journal of Systematic and Evolutionary Microbiology 57(1):81-91
DOI 10.1099/ijs.0.64483-0.

Gostincar C. 2020. Towards genomic criteria for delineating fungal species. Journal of Fungi
6(4):1-18 DOI 10.3390/j0f6040246.

Haft DH, DiCuccio M, Badretdin A, Brover V, Chetvernin V, O’Neill K, Li W, Chitsaz F,
Derbyshire MK, Gonzales NR, Gwadz M, Lu F, Marchler GH, Song JS, Thanki N,
Yamashita RA, Zheng C, Thibaud-Nissen F, Geer LY, Marchler-Bauer A, Pruitt KD. 2018.
RefSeq: an update on prokaryotic genome annotation and curation. Nucleic Acids Research
46(D1):D851-D860 DOI 10.1093/nar/gkx1068.

Hennart M, Guglielmini J, Bridel S, Maiden MC, Jolley KA, Criscuolo A, Brisse S. 2022. A dual
barcoding approach to bacterial strain nomenclature: genomic taxonomy of Klebsiella
pneumoniae strains. Molecular Biology and Evolution 39(7):msac135
DOI 10.1093/molbev/msac135.

Hernandez-Gonzalez IL, Moreno-Hagelsieb G, Olmedo-Alvarez G. 2018. Environmentally-
driven gene content convergence and the Bacillus phylogeny. BMC Evolutionary Biology
18(1):148 DOI 10.1186/512862-018-1261-7.

Hu Y, Wei L, Feng Y, Xie Y, Zong Z. 2019. Klebsiella huaxiensis sp. nov., recovered from human
urine. International Journal of Systematic and Evolutionary Microbiology 69(2):333-336
DOI 10.1099/ijsem.0.003102.

Huang M, Lin L, Wu Y-X, Honhing H, He P-F, Li G-Z, He P-B, Xiong G-R, Yuan Y, He Y-Q.
2016. Pathogenicity of Klebsiella pneumonia (KpC4) infecting maize and mice. Journal of
Integrative Agriculture 15(7):1510-1520 DOI 10.1016/52095-3119(16)61334-5.

Jain C, Rodriguez-R LM, Phillippy AM, Konstantinidis KT, Aluru S. 2018. High throughput
ANT analysis of 90K prokaryotic genomes reveals clear species boundaries. Nature
Communications 9(5114):1-8 DOI 10.1038/s41467-018-07641-9.

Hernandez-Salmeron and Moreno-Hagelsieb (2022), PeerdJ, DOI 10.7717/peerj.13784 16/19


http://dx.doi.org/10.3389/fmicb.2020.01061
http://dx.doi.org/10.21105/joss.00765
http://dx.doi.org/10.1093/nar/gkv1344
http://dx.doi.org/10.1128/JCM.00826-18
http://dx.doi.org/10.1093/bioinformatics/btv428
http://dx.doi.org/10.1186/s12866-015-0396-6
http://dx.doi.org/10.1099/ijs.0.64483-0
http://dx.doi.org/10.3390/jof6040246
http://dx.doi.org/10.1093/nar/gkx1068
http://dx.doi.org/10.1093/molbev/msac135
http://dx.doi.org/10.1186/s12862-018-1261-7
http://dx.doi.org/10.1099/ijsem.0.003102
http://dx.doi.org/10.1016/S2095-3119(16)61334-5
http://dx.doi.org/10.1038/s41467-018-07641-9
http://dx.doi.org/10.7717/peerj.13784
https://peerj.com/

Peer/

Kurtz S, Phillippy A, Delcher AL, Smoot M, Shumway M, Antonescu C, Salzberg SL. 2004.
Versatile and open software for comparing large genomes. Genome Biology 5(2):R12
DOI 10.1186/gb-2004-5-2-r12.

Long SW, Linson SE, Ojeda Saavedra M, Cantu C, Davis JJ, Brettin T, Olsen R]J. 2017. Whole-
genome sequencing of human clinical klebsiella pneumoniae isolates reveals misidentification
and misunderstandings of Klebsiella pneumoniae, Klebsiella variicola, and Klebsiella
quasipneumoniae. Clinical Science and Epidemiology 2(4):1-15
DOI 10.1128/mSphereDirect.00290-17.

Marchler-Bauer A, Bo Y, Han L, He J, Lanczycki CJ, Lu S, Chitsaz F, Derbyshire MK, Geer RC,
Gonzales NR, Gwadz M, Hurwitz DI, Lu F, Marchler GH, Song JS, Thanki N, Wang Z,
Yamashita RA, Zhang D, Zheng C, Geer LY, Bryant SH. 2017. CDD/SPARCLE: functional
classification of proteins via subfamily domain architectures. Nucleic Acids Research
45(D1):D200-D203 DOI 10.1093/nar/gkw1129.

Martinez-Romero E, Silva-Sanchez ], Barrios H, Rodriguez-Medina N, Martinez-Barnetche J,
Téllez-Sosa J, Gomez-Barreto RE, Garza-Ramos U. 2015. Draft genome sequences of
Klebsiella variicola plant isolates. Genome Announcements 3(5):e01015
DOI 10.1128/genomeA.01015-15.

Moreno-Hagelsieb G, Wang Z, Walsh S, Elsherbiny A. 2013. Phylogenomic clustering for
selecting non-redundant genomes for comparative genomics. Bioinformatics 29(7):947-949
DOI 10.1093/bioinformatics/btt064.

Murray CS, Gao Y, Wu M. 2021. Re-evaluating the evidence for a universal genetic boundary
among microbial species. Nature Communications 12(1):4059
DOI 10.1038/s41467-021-24128-2.

Murray CJ, Ikuta KS, Sharara F, Swetschinski L, Aguilar GR, Gray A, Han C,
Bisignano C, Rao P, Wool E, Johnson SC, Browne AJ, Chipeta MG, Fell F, Hackett S,
Haines-Woodhouse G, Hamadani BHK, Kumaran EAP, McManigal B, Agarwal R, Akech S,
Albertson S, Amuasi J, Andrews J, Aravkin A, Ashley E, Bailey F, Baker S, Basnyat B,
Bekker A, Bender R, Bethou A, Bielicki J, Boonkasidecha S, Bukosia J, Carvalheiro C,
Castaifieda-Orjuela C, Chansamouth V, Chaurasia S, Chiurchiu® S, Chowdhury F, Cook AJ,
Cooper B, Cressey TR, Criollo-Mora E, Cunningham M, Darboe S, Day NPJ, Luca MD,
Dokova K, Dramowski A, Dunachie SJ, Eckmanns T, Eibach D, Emami A, Feasey N,
Fisher-Pearson N, Forrest K, Garrett D, Gastmeier P, Giref AZ, Greer RC, Gupta V, Haller S,
Haselbeck A, Hay SI, Holm M, Hopkins S, Iregbu KC, Jacobs J, Jarovsky D, Javanmardi F,
Khorana M, Kissoon N, Kobeissi E, Kostyanev T, Krapp F, Krumkamp R, Kumar A,
Kyu HH, Lim C, Limmathurotsakul D, Loftus MJ, Lunn M, Ma J, Mturi N,
Munera-Huertas T, Musicha P, Mussi-Pinhata MM, Nakamura T, Nanavati R, Nangia S,
Newton P, Ngoun C, Novotney A, Nwakanma D, Obiero CW, Olivas-Martinez A, Olliaro P,
Ooko E, Ortiz-Brizuela E, Peleg AY, Perrone C, Plakkal N, de Leon AP, Raad M, Ramdin T,
Riddell A, Roberts N, Robotham JV, Roca A, Rudd KE, Russell N, Schnall J, Scott JAG,
Shivamallappa M, Sifuentes-Osornio J, Steenkeste N, Stewardson AJ, Stoeva T, Tasak N,
Thaiprakong A, Thwaites G, Turner C, Turner P, van Doorn HR, Velaphi S, Vongpradith A,
Vu H, Walsh T, Waner S, Wangrangsimakul T, Wozniak T, Zheng P, Sartorius B, Lopez AD,
Stergachis A, Moore C, Dolecek C, Naghavi M. 2022. Global burden of bacterial antimicrobial
resistance in 2019: a systematic analysis. The Lancet 399:629-655
DOI 10.1016/S0140-6736(21)02724-0.

Ondov BD, Treangen TJ, Melsted P, Mallonee AB, Bergman NH, Koren S, Phillippy AM. 2016.
Mash: fast genome and metagenome distance estimation using MinHash. Genome Biology
17(1):1-14 DOI 10.1186/s13059-016-0997-x.

Hernandez-Salmeron and Moreno-Hagelsieb (2022), PeerdJ, DOI 10.7717/peerj.13784 17/19


http://dx.doi.org/10.1186/gb-2004-5-2-r12
http://dx.doi.org/10.1128/mSphereDirect.00290-17
http://dx.doi.org/10.1093/nar/gkw1129
http://dx.doi.org/10.1128/genomeA.01015-15
http://dx.doi.org/10.1093/bioinformatics/btt064
http://dx.doi.org/10.1038/s41467-021-24128-2
http://dx.doi.org/10.1016/S0140-6736(21)02724-0
http://dx.doi.org/10.1186/s13059-016-0997-x
http://dx.doi.org/10.7717/peerj.13784
https://peerj.com/

Peer/

Passet V, Brisse S. 2018. Description of Klebsiella grimontii sp. nov. International Journal of
Systematic and Evolutionary Microbiology 68(1):377-381 DOI 10.1099/ijsem.0.002517.

Pinto-tomas AA, Anderson MA, Suen G, Stevenson DM, Chu FST, Cleland WW, Weimer PJ,
Currie CR. 2009. Symbiotic nitrogen fixation in the fungus gardens of leaf-cutter ants. Science
326(5956):1120-1123 DOI 10.1126/science.1173036.

Podder MP, Rogers L, Daley PK, Keefe GP, Whitney HG, Tahlan K. 2014. Klebsiella species
associated with bovine mastitis in Newfoundland. PLOS ONE 9(9):1-5
DOI 10.1371/journal.pone.0106518.

Podschun R, Ullmann U. 1998. Klebsiella spp. as nosocomial pathogens: epidemiology, taxonomy,
typing methods, and pathogenicity factors. Clinical Microbiology Reviews 11(4):589-603
DOI 10.1128/CMR.11.4.589.

R Core Team. 2021. R: a language and environment for statistical computing. R Foundation for
Statistical Computing, Vienna, Austria. Available at http://www.R-project.org/.

Richter M, Rossell6-Mora R. 2009. Shifting the genomic gold standard for the prokaryotic species
definition. Proceedings of the National Academy of Sciences of the United States of America
106(45):19126-19131 DOI 10.1073/pnas.0906412106.

Rodrigues C, Passet V, Rakotondrasoa A, Diallo TA, Criscuolo A, Brisse S. 2019. Description of
Klebsiella africanensis sp. nov., Klebsiella variicola subsp. tropicalensis subsp. nov. and Klebsiella
variicola subsp. variicola subsp. nov. Research in Microbiology 170(3):165-170
DOI 10.1016/j.resmic.2019.02.003.

Rodriguez-Medina N, Barrios-Camacho H, Duran-Bedolla J, Garza-Ramos U. 2019. Klebsiella
variicola: an emerging pathogen in humans. Emerging Microbes and Infections 8(1):973-988
DOI 10.1080/22221751.2019.1634981.

Rosenblueth M, Martinez L, Silva J, Martinez-Romero E. 2004. Klebsiella variicola, a novel
species with clinical and plant-associated isolates. Systematic and Applied Microbiology
27(1):27-35 DOI 10.1078/0723-2020-00261.

Seki M, Gotoh K, Nakamura S, Akeda Y, Yoshii T, Miyaguchi S, Inohara H, Horii T, Oishi K,
Iida T, Tomono K. 2013. Fatal sepsis caused by an unusual Klebsiella species that was
misidentified by an automated identification system. Journal of Medical Microbiology
62(PART5):801-803 DOI 10.1099/jmm.0.051334-0.

Steinegger M, Soding J. 2017. MMseqs2 enables sensitive protein sequence searching for the
analysis of massive data sets. Nature Biotechnology 35(11):2—4 DOI 10.1038/nbt.3988.

Struve C, Krogfelt KA. 2004. Pathogenic potential of environmental Klebsiella pneumoniae
isolates. Environmental Microbiology 6(6):584-590 DOI 10.1111/j.1462-2920.2004.00590.x.

Swets JA. 1988. Measuring the accuracy of diagnostic systems. Science 240(4857):1285-1293
DOI 10.1126/science.3287615.

Thiele C, Hirschfeld G. 2021. cutpointr: improved estimation and validation of optimal cutpoints
in R. Journal of Statistical Software 98(11):1-27 DOI 10.18637/jss.v098.i11.

Tomulescu C, Moscovici M, Lupescu I, Stoica RM, Vamanu A. 2021. A review: Klebsiella
pneumoniae, Klebisella oxytoca and biotechnology. Romanian Biotechnological Letters
26(3):2567-2586 DOI 10.25083/rbl/26.3/2567.2586.

Wayne LG, Brenner DJ, Colwell RR, Grimont PAD, Kandler O, Krichevsky MI, Moore LH,
Moore WEC, Murray RGE, Stackebrandt E, Starr MP, Truper HG. 1987. Report of the ad hoc
committee on reconciliation of approaches to bacterial systematics. International Journal of
Systematic and Evolutionary Microbiology 37(4):463-464 DOI 10.1099/00207713-37-4-463.

Hernandez-Salmeron and Moreno-Hagelsieb (2022), PeerdJ, DOI 10.7717/peerj.13784 18/19


http://dx.doi.org/10.1099/ijsem.0.002517
http://dx.doi.org/10.1126/science.1173036
http://dx.doi.org/10.1371/journal.pone.0106518
http://dx.doi.org/10.1128/CMR.11.4.589
http://www.R-project.org/
http://dx.doi.org/10.1073/pnas.0906412106
http://dx.doi.org/10.1016/j.resmic.2019.02.003
http://dx.doi.org/10.1080/22221751.2019.1634981
http://dx.doi.org/10.1078/0723-2020-00261
http://dx.doi.org/10.1099/jmm.0.051334-0
http://dx.doi.org/10.1038/nbt.3988
http://dx.doi.org/10.1111/j.1462-2920.2004.00590.x
http://dx.doi.org/10.1126/science.3287615
http://dx.doi.org/10.18637/jss.v098.i11
http://dx.doi.org/10.25083/rbl/26.3/2567.2586
http://dx.doi.org/10.1099/00207713-37-4-463
http://dx.doi.org/10.7717/peerj.13784
https://peerj.com/

Peer/

Xu S, Dai Z, Guo P, Fu X, Liu S, Zhou L, Tang W, Feng T, Chen M, Zhan L, Wu T, Hu E,
Jiang Y, Bo X, Yu G. 2021. ggtreeExtra: compact visualization of richly annotated phylogenetic
data. Molecular Biology and Evolution 38(9):4039-4042 DOI 10.1093/molbev/msab166.

Xu L, Sun X, Ma X. 2017. Systematic review and meta-analysis of mortality of patients infected
with carbapenem-resistant Klebsiella pneumoniae. Annals of Clinical Microbiology and
Antimicrobials 16(18):1-12 DOI 10.1186/s12941-017-0191-3.

Yu G. 2020. Using ggtree to visualize data on tree-like structures. Current Protocols in
Bioinformatics 69(1):96 DOI 10.1002/cpbi.96.

Zhou Y, Zheng J, Wu Y, Zhang W, Jin J. 2020. A completeness-independent method for
pre-selection of closely related genomes for species delineation in prokaryotes. BMC Genomics
21(1):1-16 DOI 10.1186/s12864-020-6597-x.

Hernandez-Salmeron and Moreno-Hagelsieb (2022), PeerdJ, DOI 10.7717/peerj.13784 19/19


http://dx.doi.org/10.1093/molbev/msab166
http://dx.doi.org/10.1186/s12941-017-0191-3
http://dx.doi.org/10.1002/cpbi.96
http://dx.doi.org/10.1186/s12864-020-6597-x
http://dx.doi.org/10.7717/peerj.13784
https://peerj.com/

	FastANI, Mash and Dashing equally differentiate between Klebsiella species
	Introduction
	Methods
	Results
	Discussion
	Conclusions
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile (None)
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


