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Research shows that emotions matter in politics, and they matter during a public health crisis. Yet, a 
comprehensive analysis of emotional political rhetoric during the COVID- 19 crisis is still missing. Based on 
parties’ position in the political arena (government versus populist radical parties), I expect differences in how 
specific emotions are employed and in how these messages actually influence the public. To test my hypotheses, I 
use word embeddings and neural network classifiers to measure fear and hope appeals in social media messages 
of political parties in four European countries. Furthermore, I rely on more than 1,400,000 public tweets of 
random citizens to estimate the impact of party messages. To do so, I employ vector autoregression (VAR) 
analysis to compare retweet volumes of political messages to emotional expressions in public tweets. Results 
indicate two main findings, (1) populist radical parties communicate less about the pandemic and decrease 
fear and increase hope appeals while COVID case numbers are rising whereas government parties exhibit the 
opposite pattern; (2) increased diffusion of party tweets consistently precedes change in partisans’ emotional 
expressions the following day. The findings can carry important implications for (affective) polarization and the 
level of protective behavior among the population.
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Don’t be afraid of Covid. Don’t let it dominate your life [...]
— Donald J. Trump, October 5, 2020 (deleted tweet)

Public advice from governments and other political parties constitute a key component of pan-
demic responses. Government messages might foster protective behaviors and thereby slow down 
the spread of a deadly disease. Yet, specific parties and actors around the world have been accused 
of downplaying the COVID- 19 crisis. Among them, most famously, Donald J. Trump encouraged 
American citizens not to be afraid of the virus. Most recent research suggests that rhetoric playing 
down the crisis can actually impact public opinion about the crisis and thereby protective behavior 
(Simonov et al., 2020). Yet, despite the importance of political communication during pandemics, 
detailed research on COVID- 19- related rhetoric in political communication and its consequences is 
still limited. In particular, the emotional framing of messages is understudied, even though emotional 

http://creativecommons.org/licenses/by-nc-nd/4.0/
https://orcid.org/0000-0003-1692-3101
mailto:


2 T. Widmann

content has been shown to be a powerful tool shaping opinions, attitudes, and political behavior 
(Brader et al., 2008; Van Kleef et al., 2015).

A growing strand of literature researches the affective side of political communication. These 
studies argue that politicians use emotional rhetoric strategically (Crabtree et al., 2020; Kosmidis  
et al.,  2019; Müller,  2022; Valentim & Widmann,  2021). Furthermore, the general pattern found 
is that incumbents make more use of positive emotional appeals, while opposition parties (and es-
pecially challenger parties on the fringes of the political spectrum) make greater use of negative 
emotional language. This does not only apply to general positive or negative sentiment, but also to 
discrete emotions (Widmann, 2021). Yet there is reason to believe that this pattern changes during a 
global public health crisis.

Emotions play an important role during pandemics. Recent research on political trust sug-
gests that emotional evaluations are even more important than cognitive ones during COVID- 19 
(Schraff, 2020). In particular, fear has been found to be one of the central emotional responses. A 
number of recent empirical studies found that during the first wave of the COVID- 19 pandemic, 
individuals who experienced fear or a feeling of threat are more compliant with protective advice 
(Harper et al.,  2021; Jørgensen et al.,  2021), put more trust in governments (Schraff,  2020), and 
showed increased support for restriction measures (Vasilopoulos et al., 2022). Hope, on the other 
hand, can induce a feeling of false optimism which could lead people to underestimate the likeli-
hood of contracting a disease and therefore ignore public health warnings (Wise et al., 2020). Based 
on this, I hypothesize that political parties diverge from their emotional communication of routine 
times. In particular, I expect government parties to become overall more negative (increasing fear 
and decreasing hope) in order for citizens to comply with governmental advice. On the other hand, 
populist parties are expected to show the opposite pattern: decreasing fear and increasing hope ap-
peals. This communication can help populist actors create specific populist crisis narratives which 
can forge societal division (Lasco & Curato, 2019), mobilize support, and potentially limit the possi-
bilities for government parties to benefit from “rally- ’round- the- flag” effects (De Vries et al., 2021; 
Schraff, 2020; Yam et al., 2020).

Furthermore, research has shown that media messages on political issues can induce emotional 
responses in individuals (Gross & Brewer, 2007) and that these emotions can sway attitudes and 
public opinion (Kühne et al., 2011; Kühne & Schemer, 2015). In the case of this study, I expect that 
emotional rhetoric of specific parties impact citizens’ “feelings” and thereby change potentially their 
opinion about the crisis. Yet, in order to impact individuals, the public needs to be exposed to polit-
ical messages first. Incidental exposure can impact political learning (Nanz & Matthes, 2020) and 
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attitudes (Müller & Schulz, 2019). Yet, the question remains whether effects of emotional appeals in 
elite communication follows partisan dynamics or occurs based on the virality (and dominance) of 
specific parties in social media networks (Davis et al., 2019).

To test these expectations, I analyze emotional appeals in social media messages by polit-
ical parties in four European countries (Germany, Italy, the Netherlands, and Spain) and public 
tweets in one European country (Germany) during the first wave of the COVID- 19 pandemic. To 
measure fear and hope appeals, I make use of neural network classifiers based on word embed-
dings. Subsequently, I use regression models in Study 1 to analyze how political parties adapt 
their emotional rhetoric to the crisis situation. In Study 2, I use time- series data and vector au-
toregression (VAR) analysis to explore which party succeeds in impacting the general public on 
Twitter. Importantly, I do not test directly how emotional framing influences attitudes towards the 
pandemic. Instead, I measure changes in the emotional expressions of the public in response to 
increased diffusion of party messages in social media networks, which might serve as a proxy of 
the public’s attitudes (Ruck et al., 2019). To do so, I compare retweet volumes of political mes-
sages to changes in the emotional expressions of different subgroups of citizens on the following 
day. Lastly, I complement this quantitative text analysis by delving deeper into the data in a more 
qualitative fashion.

Results indicate different rhetorical styles between government and radical populist parties. As 
expected, with rising case numbers, government parties emphasize the severity of the COVID- 19 
crisis by increasing the level of fear appeals and decreasing hope appeals in their messages. Radical 
populist parties exhibit the opposite pattern. When daily new infections increase, they decrease fear-
ful rhetoric while increasing hope appeals. These findings suggest that political parties employ emo-
tional rhetoric to either emphasize or downplay the severity of the crisis during the first wave of the 
pandemic.

In terms of impact on the mass public, the findings suggest that there are important partisan 
dynamics at play: Changes in emotional expressions of followers of government parties were con-
sistently preceded by corresponding changes in the retweet volume of government messages, at 
an optimum interval of one day. The same applies for the populist radical right. Partisans changed 
their emotional expressions following corresponding changes in the retweet volume of the populist 
radical- right party. These findings indicate that partisans are more responsive to the communication 
of their own party and carefully suggest that communication effects are more likely to occur among 
copartisans, which can further radicalize and (affectively) polarize certain parts of the population. 
The study thereby provides further evidence to research documenting an increase of affective po-
larization between radical- right and mainstream partisans during the first wave of the pandemic 
(Jungkunz, 2021).

Overall, this study adds to a strand of literature that researches the strategic use of emotional 
rhetoric in political communication, arguing that emotional style is an important part of party 
competition (Kosmidis et al., 2019). It further contributes to research on the importance of dis-
tinct emotions for populist actors (Widmann, 2021) and shows how distinct emotional appeals 
can contribute to or be embedded in populist narratives during public health crises (Lasco, 2020) 
and beyond. In addition, the results add to a strand of literature researching the consequences of 
emotional rhetoric by showing that changes in emotional elite messages correlate with how the 
public talks about political issues, thereby potentially impacting attitudes individuals hold (Gross 
& Brewer, 2007; Stapleton & Dawkins, 2021). Assuming that elite messages can impact the per-
ception of the pandemic (as either more or less severe), this last finding carries important impli-
cations for the level of protective behavior among citizens (Andersen, 2020; Motta et al., 2020; 
Simonov et al., 2020).
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Emotional Rhetoric in Political Communication

Research in political communication has increasingly acknowledged the importance of emotional 
appeals. Next to the factual content and the target of political messages, the (emotional) style of mes-
sages matters as well (Crabtree et al., 2020). Indeed, research on affect and cognition has shown that 
emotional reactions can impact important processes in individuals: information processing, risk per-
ception, attitude formation, and voting decisions (Lerner & Keltner, 2000; Vasilopoulos et al., 2018).

Existing studies investigating the emotional framing of messages in political communication 
suggest that political parties use emotive content in a strategic manner, depending on their pol-
icy positions (Kosmidis et al., 2019), the economic situation (Crabtree et al., 2020), the success 
of political competitors (Valentim & Widmann, 2021), or the temporal direction of statements 
(Müller, 2022). Moreover, research has found that emotional appeals are dependent on the in-
cumbency status and the position in the political space. While government parties make extensive 
usage of positive emotional appeals, opposition parties and especially parties on the fringes of the 
political spectrum, such as populist challenger parties, make greater usage of negative emotional 
appeals (Widmann, 2021). Yet, does this pattern change during a global health crisis? This is an 
important question since research indicates that emotions play a central role in regard to protec-
tive behavior during pandemics.

Fear is one of the central emotional responses during a pandemic and an important predictor 
of behavior. In general, fear is associated with high levels of uncertainty which can lead to a more 
cautious approach towards risky situations (Lerner & Keltner, 2000) and facilitate coping strategies 
such as avoidance or escape (Lazarus, 1991). Appraisal theories also describe the underlying core 
relational theme of fear as the danger of “imminent physical harm” (Lazarus, 1991). Hence, fear 
reactions should induce individuals to follow recommended preventive health behavior (Maddux & 
Rogers, 1983), in order to avoid physical harm.

During pandemics, research has repeatedly shown that feelings of fear and threat increase the like-
lihood of complying with public health advice, also during the most recent COVID- 19 crisis (Harper 
et al., 2021; Jørgensen et al., 2021). Vasilopoulos and coauthors (2022) found that in five European 
countries fear increases support for restrictive measures during the COVID- 19 pandemic, even if these 
measures restrict civil liberties. Other negative emotions, for instance anger, had no significant impact. 
An even larger cross- country survey in eight European countries found that during the first wave of the 
pandemic fear increased compliance with governmental advice (Jørgensen et al., 2021).

Moreover, governments can benefit from higher levels of fear and anxiety among citizens since 
these emotions drive the “rally- ’round- the- flag” effect which leads to increased popularity of and 
trust in government actors among citizens (De Vries et al.,  2021;  Schraff, 2020). Thus, one could ex-
pect that government parties increase fear appeals in their communication in order to induce feelings 
of threat in individuals which, in turn, can lead to increased compliance with public health advice 
and support for government actions.

Hope, on the other hand, can carry the opposite effects during pandemics. Hope is a future- 
oriented emotion that is characterized by feelings of uncertainty (Frijda et al., 1989), similar to fear. 
Hope and fear share further commonalities, such as the assessment of the probability of different 
outcomes which can subsequently influence behavioral intentions (Just et al., 2007). Hopeful indi-
viduals, however, project a positive future and base decisions on optimism. This can introduce an 
“optimism bias,” especially in situations where full information is impossible. The optimism bias 
is associated with the belief that bad things are more likely to happen to others (Bavel et al., 2020; 
Kuper- Smith et al.,  2021), which can lead to underestimating the risk of contracting a disease 
(Brnstrm & Brandberg, 2010; Sharot, 2011) and ignoring public health advice (Brewer et al., 2007; 
Dolinski et al., 2020; Wise et al., 2020). Hence, government parties should have an interest in de-
creasing hope- related language in their communication in order to avoid false optimism.
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Opposition parties, on the other hand, do not benefit from “rally- ’round- the- flag” effects since 
they are not perceived as the ones in charge during crises (Yam et al., 2020). Populist radical parties 
in particular, might experience a lack of possibilities on how to attack the government during a cri-
sis. In routine times, populist challengers try to attack the competence of mainstream competitors, 
such as government actors, by bringing up new divisive issues and using antiestablishment rhetoric 
(De Vries & Hobolt, 2020). In doing so, research has shown that they make extensive usage of neg-
ative emotions such as fear (Widmann, 2021). Yet, during the COVID- 19 crisis, increased levels of 
fear might benefit their political competitors, as it can increase trust in governments (Schraff, 2020; 
Vasilopoulos et al.,  2022) and compliance with governmental advice (Jørgensen et al.,  2021; 
Vasilopoulos et al., 2022).

Furthermore, while populist support in routine times is largely driven by negative emotions 
such as anger or fear, hope appeals might be more suitable for “populist narratives” during a global 
pandemic. Populism is at its core a “thin ideology” that is built around antielitism, people cen-
trism, and a Manichean outlook on the world. In this worldview, the elites (politicians, media, sci-
entists, etc.) are often targeted for betraying the “pure people” and disregarding the “general will” 
of the people (Hawkins et al., 2018). Populists often try to fabricate a sense of crisis, in which they 
can pit “the people” against a dangerous “other” (Moffitt, 2016). While this seems initially at odds 
with the expectation that populists use hope appeals to downplay the severity of a pandemic, it can 
help them in the performance of “medical populism.” This specific form of populism uses public 
health crises to pit “the people” against “the establishment.” Lasco and Curato (2019) describe 
components of medical populism as making assertions about the danger of the virus (e.g., “It’s 
just like the flu”), promising quick fixes and cures like vaccines, making simplistic arguments, 
as well as positive projections of the future. As such, medical populism is in line with the core 
components of hope which entails an optimistic outlook into the future. Hope appeals can thereby 
help in creating populist narratives of simplification during public health crises (Lasco, 2020).

Therefore, I hypothesize that populist parties in particular (and not mainstream opposition par-
ties) try to downplay the severity of the crisis by focusing on positive rather than negative emotions, 
which would represent a drastic change from the emotional dynamics of routine times. By doing 
so, they could potentially frame the crisis as less threatening and frightening than it actually is. 
Moreover, this emotional framing creates populist narratives which can forge division, increase elec-
toral support, and limit the extent to which citizens rally around their governments (Schraff, 2020).

H1a: While daily new cases increase, government parties increase fear appeals in their 
communication.

H1b: While daily new cases increase, populist radical parties decrease fear appeals in their 
communication.

H2a: While daily new cases increase, government parties decrease hope appeals in their 
communication.

H2b: While daily new cases increase, populist radical parties increase hope appeals in their 
communication.

Emotional Framing of the Public

The second part of the analysis aims at answering the question of which parties succeed in 
actually impacting the mass public’s emotional state. Important to note is that I do not test directly 
whether emotional messages impact citizens’ opinions towards the pandemic. Instead, I measure 
changes in the emotional expressions of citizens online, which should be observable if the emotional 
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framing of political messages impacts citizens’ opinions (González- Bailón et al., 2012; Tumasjan  
et al., 2011).

Past research has shown that emotional framing can influence voters and their attitudes and 
opinions (Brader et al., 2008; Gross, 2008). For instance, Kühne and Schemer  (2015) show how 
messages can elicit distinct emotional reactions (e.g., anger and sadness), which correspond with 
the underlying appraisal patterns included in the message. These emotional responses then influence 
policy opinions, by making emotion- congruent information more accessible and thereby guiding 
subsequent decision- making. Other studies found that simple elite displays of emotion— for exam-
ple, angry words in a political debate— can cause individuals to experience similar emotions. This 
process is called “affect linkage,” which can have important consequences for political processes 
(Stapleton & Dawkins, 2021). The idea that the electorate takes cues from political elites is not new 
(Slothuus & Bisgaard, 2020); however, the research above indicates that the public is also influenced 
by the emotional content of elite messages.

Yet in order for citizens to be influenced by political communication, they first need to be 
exposed to these messages. In social media networks, the arena where this study takes place, it is 
often argued that populist parties are very successful in disseminating their messages. In particu-
lar, populist radical- right parties often achieve higher number of interactions compared to older, 
and in terms of vote share, they acquire bigger political competitors. For instance, Facebook con-
tent of the German populist- right party Alternative für Deutschland (AfD) is shared significantly 
more than content of established parties (Davis et al., 2019). A study by Jungherr and coauthors 
[Jungherr et al., 2016] found that during the German election of 2013, the AfD was mentioned 
on Twitter either equally often or even more than traditional, established parties. This success in 
social media networks can potentially result in higher chances of accidental exposure to radical- 
right communication. A study of German Internet users before the COVID- 19 outbreak indicated 
that almost a third of social media users is regularly exposed to messages with an affinity to 
populism (Müller & Schulz, 2019). Being exposed to political messages can then lead to affect 
linkage (Stapleton & Dawkins, 2021), which should influence the emotional expressions of ex-
posed citizens. This leads to the following hypothesis:

H3a: Greater diffusion of populist radical- right communication leads to corresponding change 
in the emotional expressions of the public.

Yet there is also research that points in the opposite direction. First, it is up for debate if radical- 
right parties indeed dominate social media. A number of studies do not find significantly higher 
levels of social media adaptation or online campaigning levels between radical parties and parties 
in the center (Dolezal, 2015; Nulty et al., 2016). Furthermore, Silva and Proksch (2021) show that 
radical- right parties have more “bots” as followers (fake accounts which pretend to be humans), 
compared to other party groups. Hence, instead of interacting with real citizens, radical- right parties 
connect more than other parties with fake accounts which raises the question about the effectiveness 
of radical- right communication (if a substantive part of their recipients are machines). Second, based 
on motivated reasoning theory (Taber & Lodge, 2006), one would expect that citizens process new 
information about the pandemic in a biased manner based on predispositions such as partisanship. 
Hence, partisans would react with positive affect to supporting arguments they encounter online and 
ignore information inconsistent with prior attitudes. Based on this, one would expect that emotional 
framing effects are largely driven by partisan dynamics.

H3b: Greater diffusion of any party’s communication leads to corresponding change in the emo-
tional expressions of this party’s supporters.
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Methods

Data and Cases

The analysis of this study consists of two parts. Study 1 analyzes how political parties in four 
European countries (Germany, Italy, the Netherlands, and Spain) adapt their emotional rhetoric 
to rising case numbers. These countries not only vary in their geographical location but also 
show differences in case numbers, lockdown measures, and the presence of a variety of different 
populist parties. Appendix S1 in the online supporting information presents a list of all political 
parties, including information on political ideology and populism). Study 2 analyzes the effect of 
this communication in one European country (Germany) using different subsamples of German 
Twitter users.

The data used in this study is social media data (Twitter and Facebook) and covers the first 
wave of the crisis, from the beginning of March to the end of May 2020. I collected all social 
media posts from the official accounts of all political parties currently represented in the respective 
national parliaments. The data has been collected using the Facepager (Jünger & Keyler, 2019) 
application for Facebook data and the package rtweet (Rtweet, 2021) for Twitter data. After the 
data collection, I tokenized the Facebook posts to the sentence level since the machine- learning 
algorithm (described below) was trained on sentences, and it makes the length of the Facebook 
sentences comparable to tweets. To calculate the salience of the “COVID- 19” topic in tweets 
and sentences, I used multiple keyword strings (see Appendix S1 in the online supporting infor-
mation) for each of the included languages. These keyword strings have been created by native 
speakers with extensive knowledge about the respective countries. Hence, the keyword strings do 
not only include general terms such as “corona,” “covid,” and “crisis” but also country- specific 
hashtags that have been used during the first wave in social media networks. Furthermore, the 
keyword strings are broad in focus and also cover related issues such as lockdown, mask man-
dates, and travel restrictions.

In the first part of this analysis, I focus solely on party communication. This data set includes 
a total number of 36,811 documents (Facebook sentences or tweets). Importantly, in this part of the 
analysis I did not filter the documents by keywords. Instead, I analyzed all messages since most of 
the party communication was focusing on the pandemic during the first wave. Hence, one should 
be able to find changes in emotional rhetoric if also analyzing the complete sample of documents.

In the second part of the analysis, I focus solely on Twitter data from Germany. Twitter offers 
the unique advantage of providing data from both political parties and citizens which are written 
in a similar format and style. The German data set includes tweets from political parties and more 
than 1,400,000 tweets from different samples of the general public on Twitter. These samples have 
been created following the approach by Barberá and coauthors (2019). The “general” public sam-
ple includes 10,000 random Twitter users who are politically interested (followers of “Süddeutsche 
Zeitung,” the biggest daily newspaper in Germany; see Barberá et al., 2019). However, analyzing 
social media data always entails the risk of oversampling certain parts of the population which are 
overrepresented in social media. For example, starting from the assumption that the radical right is 
overly dominant in social media, taking a “random sample” of followers increases the risk of over-
sampling exactly these partisans. To control for partisan dynamics and to see who reacts to which 
messages, I created two additional (partisan) samples consisting of 10,000 random followers of the 
German social democratic party (SPD), which was a member of the government in 2020, and a sec-
ond sample consisting of 10,000 random followers of the German radical- right party “Alternative für 
Deutschland” (AfD). These two clusters of Twitter users (supporters of a government party versus 
the radical right) should provide insight into how partisan support shapes responsiveness to political 
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messages during the first wave of the pandemic. The citizen data collection is described in further 
detail in Appendix S1 in the online supporting information.

The number of new COVID- 19 cases per country has been collected through the “Our World in 
Data” database (Our world in data, n.d.). The number indicates new daily infections by one million 
inhabitants per day by country.

Word Embeddings and Neural Network Classifier

To measure emotional appeals in social media messages, I employ novel text- analysis methods 
that include word embeddings and neural network classifiers. Word- embedding models learn the 
meaning of words by taking the context of words into consideration. To do so, word embeddings 
transform words into numerical vectors that can be represented in a multidimensional space. Within 
this multidimensional space, words with similar meanings are positioned closer to each other (and 
have similar vectors). Thus, the numerical vectors of terms carry important information about the 
meaning of words. A number of recent studies use word embeddings in a variety of different text- 
analysis tasks (Kozlowski et al., 2019; Rheault & Cochrane, 2019).

Such embeddings can be downloaded pretrained or trained locally. In the case of this study, I 
used word embeddings that have been trained locally on nearly two million text documents of party 
communication in German. Afterwards, I used these word representations to train machine- learning 
classifiers. To be precise, I used 10,000 crowd- coded sentences which have been transformed into 
numerical vectors using the locally trained word embeddings. Then, I use the numerical vectors to 
train different machine- learning classifiers (neural network classifiers) that are able to measure ap-
peals to eight distinct emotions. A detailed description of the word embeddings, the crowd- coding 
procedure, the coding instruction, and the machine- learning classifiers can be found in Appendix S2 
in the online supporting information. The main focus of this study lies on fear and hope due to 
their importance during public health crises, but Appendix S7 repeats the main analysis for different 
emotions.

Overall, the novel classifiers achieve high performance measured against human judgment. The 
validation tests in Appendix S2 in the online supporting information show that the machine- learning 
classifiers based on word embeddings clearly outperform freely available emotional dictionaries 
that have been widely used in previous research in political science (e.g., the LIWC dictionary 
[Pennebaker et al., 2001] or the NRC dictionary [Mohammad & Turney, 2013]).

Analysis

To test my hypotheses, I draw on different approaches. In the first study, I employ different 
regression models to analyze changes of emotional rhetoric by political parties depending on the in-
fection rate. The level of emotional language (fear and hope) represents my dependent variable. The 
independent variable is the number of new cases per one million inhabitants per day in each country, 
interacted with the party position variable (Government, Opposition, Populist). In the main analysis, 
I use pooled data, but Appendix S6 in the online supporting information presents the results for each 
individual country.

In the second part of the analysis, I make use of vector autoregression (VAR) analysis. VAR 
models explain the interdependencies among multiple time series based on their own lagged values 
as well as the lagged values of the other time series included in the model. Recent studies have 
chosen a similar analytical approach (Barberá et al., 2019; Gilardi et al., 2021; Ruck et al., 2019). 
Optimal lag- length criteria (AIC, Hannan- Quinn, Schwarz, and Forecast Prediction Error) included 
in the VAR package for R (Pfaff, 2008), indicate that a time lag of one day is optimum for all VAR 
analysis in this study. Appendix S4 presents these tests and their results in greater detail.



9Fear, Hope, and COVID- 19

Using the VAR analysis, I aim at investigating which party succeeds in impacting the general public 
on Twitter. To do so, I analyze whether number of retweets per day predicts the emotional expressions 
of the public. The idea is that retweet numbers represent the level of diffusion of political messages in 
networks of real citizens (similar to the study by Ruck et al., 2019). The higher the number of retweets, 
the higher should be the chance of incidental exposure to political messages which could potentially 
impact public opinion. This, in turn, should then be reflected in public expressions of citizens online.

To conduct this analysis, I calculate the sum of retweets per day for each party type. To investi-
gate differences between different populist parties (populist right and populist left), I split the pop-
ulist party group into subgroups in the second part of the analysis. This results in four retweet time 
series for a time period of 75 days in Germany. The analysis of German citizen data starts on March 
18, the day when the German chancellor addressed citizens in a TV speech, which put the COVID- 19 
crisis more at the center of attention. In addition, one time series indicates the proportion of hope ap-
peals and one the proportion of fear appeals in the different samples of the public. I then express the 
autoregressive and endogenous relationship of these variables as a system of equations, Z, in which 
each variable is a function of its previous lags plus the lags of the other variables:

Y  representing the time series of daily retweet numbers for each party group i in day t. M rep-
resents the emotional expressions of the mass public for the respective emotion in day t. In addition, 
since the emotional expressions of the public could also be driven by the general crisis situation (in-
fection rate), I also control for numbers of new cases per one million inhabitants per day N. The re-
sults of the estimated VAR model are then expressed using cumulative, orthogonal impulse response 
functions (IRFs), an approach that has been used by similar recent analyses (Barberá et al., 2019). 
These IRFs show how a one- time standard- deviation increase in the number of retweets per day for 
a party group predicts the emotional expression of the public the following day.

Results

Before I turn to the main hypotheses of this study, I start with a descriptive analysis of the data. 
Figure 1 shows the mean comparison of hope and fear appeals between different party groups in all 
four countries. The plot displays the averaged emotional scores across the whole observation period. 
This comparison confirms previous studies showing that, in general, mainstream parties make more use 
of positive emotional language while populist radical parties rely more on negative emotional appeals 
(Widmann, 2021), also during the first wave of the pandemic. Furthermore, Appendix S3 in the online 
supporting information shows the development of new COVID- 19 cases per one million inhabitants 
per day by country during the first wave of the pandemic. While there are some country differences, 
the general trend remains similar for all countries. While there was a stark increase in daily new cases 
throughout March, the numbers start to continuously decrease throughout April until reaching a level of 
only a few new cases per one million inhabitants at the end of May, indicating the end of the first wave.

Next, before turning to emotional appeals, Figure 2 presents the salience of the COVID- 19 pan-
demic in the communication of different parties. As can be seen, all party groups increase COVID- 19- 
related messages in the first half of March reaching a peak between the middle and the end of March. 
Furthermore, as the graph illustrates, mainstream government parties speak significantly more about 
the pandemic than populist parties. While almost 70% of government posts contained at least one 
word related to the COVID- 19 crisis in mid- March, populist parties dedicated approximately only 

Zfear,i,t =

∑

i

∑

P=1

�p.iYi,t−p + Mfear,t−p + Nt−p + �fear,i,t ,

Zhope,i,t =

∑

i

∑

P=1

�p.iYi,t−p + Mhope,t−p + Nt−p + �hope,i,t ,



10 T. Widmann

Figure 2. Salience of COVID- 19 by party group.

Figure 1. Mean comparison by party group.
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40% of their posts to the crisis around the same time. Mainstream opposition parties, on the other 
hand, show a higher level of fluctuation, sometimes on the level of the government and sometimes 
below even the populist level.

This finding provides evidence that government and populist parties show differences in the 
extent to which they communicate about the crisis. Yet do they also differ in how they communicate 
about the crisis?

To answer this, I turn to the results of the first set of hypotheses. I expected government parties to 
increase (H1a) and populist parties to decrease (H1b) fear appeals when number of COVID- 19 cases 
per day increase. A first way of evaluating the effects of daily new cases on fear appeals is to present 
the regression results in a graphical way. The plot for the interaction of infection rate and party type 
is shown in Figure 3. The main regression table is displayed in Table 1. In line with Hypotheses 1a 
and 1b, government parties increase fear appeals with rising case numbers, while populist parties 
decrease fear appeals. Hence, Hypotheses 1a and 1b are confirmed.

In average, populist parties decrease fearful language by 2.9% for an increase of 100 new 
COVID- 19 cases per million inhabitants per day (p < .001). Government parties, on the other hand, 
increase fear appeals by 2% (p = .005). While populist parties use significantly more fearful language 
than mainstream parties (government + opposition) when the infection rate is low, differences be-
tween party groups diminish when case numbers go up, as illustrated in Figure 3.

Turning to the second set of hypotheses, I expected the opposite pattern: Incumbents should 
decrease and populist parties increase appeals to hope in their communication about the pandemic. 
Figure 4 illustrates the interaction between party type and infection rate graphically. As can be seen, 
government parties significantly decrease hope appeals while populists become more hopeful with 
rising case numbers. This finding is in line with Hypotheses 2a and 2b. Table 1 displays the regres-
sion coefficients.

With an increase of 100 new COVID- 19 cases per day per one million inhabitants, populist par-
ties increase hope appeals by almost 9% (p < .001). Government parties, on the other hand, decrease 

Figure 3. Interaction plot fear appeals.
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hope appeals by 6.6% (p < .001). Similar to fear- related language, while infection rates are low, popu-
list and government parties show significant differences in their appeals to hope. Yet, when infection 
rates are rising, populist actors use significantly more hope- related appeals than mainstream parties 
(as indicated in Figure 4).

Summarizing the first results, one can see that when infection rates increase populist parties 
reduce fearful language and become more hopeful instead. Government parties, on the other hand, 
show the opposite pattern. With rising infection rates, they use more fearful language and signifi-
cantly decrease their hopeful messages to the public. Mainstream opposition parties exhibit very 
little change in their emotional rhetoric during the first wave of the pandemic.

Robustness Tests

To substantiate these assumptions, I run a series of robustness tests. First, it is of utmost im-
portance to run country- specific analyses to examine whether pooled results also hold for the indi-
vidual countries included. Appendix S6 in the online supporting information presents the plots and 
regression tables for the individual countries. As can be seen, the results remain relatively robust 
throughout the different countries, with the exception of the Netherlands. The Netherlands represent 
a special case. Different from other countries in this study, the Netherlands did not introduce strict 
lockdown measures during the first wave of the COVID- 19 pandemic. The national government did 
not, at least in the first half of 2020, effectively call for protective behavior such as wearing masks 
(Sterling, 2020) and instead initially followed a strategy to achieve herd immunity (NOS, 2020). 
These differences might explain the comparatively small changes in emotional communication in 
the Netherlands. Even though the graphs hint towards similar effects, none of the coefficients in the 
Netherlands reach statistical significance.

The results largely hold for the remaining three countries. In Italy, the party groups change their 
emotional rhetoric in the expected direction. In Spain, results point in the expected direction, yet only 

Figure 4. Interaction plot (hope appeals).
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the coefficients for hope reach statistical significance. Lastly, Germany shows as well only signifi-
cant changes for hope, while fear rhetoric remains for all party groups largely unchanged.

As a second robustness test, I examined how parties change other discrete emotions during the 
first wave of the pandemic. A large strand of literature has repeatedly shown how anger plays a vital 
role in support for populist and radical parties (Marcus et al., 2019; Rico et al., 2017; Vasilopoulos et 
al., 2018). On the other hand, positive emotions can strengthen incumbent electoral support (Healy 
et al., 2010), and positive emotional rhetoric can be used to frame the government achievements in 
a positive light (Crabtree et al., 2020). Hence, one could expect that the changes for fear and hope 
might be single cases due to the importance of these two emotions during pandemics and health 
emergencies. Yet, the results in Appendix S7 in the online supporting information paint a different 
pictures. As can be seen in Graphs S7.1 to S7.4, the results also translate to other discrete emo-
tions. Surprisingly, populist parties also decrease appeals to anger which is, during routine times, 
an emotion essential for populist support. Furthermore, populist parties also decrease appeals to 
sadness and increase appeals to enthusiasm and pride. Hence, populist parties become overall sig-
nificantly more positive and less negative during the first wave of the pandemic. On the other hand, 
the findings illustrate how government parties become significantly more negative and less positive. 
Government parties decrease, next to hope, appeals to enthusiasm and pride and increase appeals to 
sadness and anger. This reflects the dramatic change in discursive style during the first wave of the 
pandemic. While in routine times populist radical parties communicate in highly negative emotional 
style (Widmann, 2021), this pattern starts to reverse with increasing COVID- 19 cases.

As a last robustness test, I examined the social media messages in a more qualitative fashion. 
If populist parties really tried to downplay the crisis using emotional language, one should be able 
to find examples of this strategy in the data. The results of this exercise confirm the assumption that 
government parties emphasized the severity and the threat of this crisis by using fearful language. 
For instance, government parties in all countries emphasized the physical risk of the virus (“A look 
across our borders shows even more dramatically than here how deadly #Covid2019 is. We must 
continue to do everything we can to prevent it from spreading too quickly.” 2020- 04- 05); the severity 
and uniqueness of the crisis (“We are facing the most serious crisis since the war, unimaginable dif-
ficulties and unprecedented challenges.” 2020- 03- 26); and the unpredictability of the pandemic (“An 
unprecedented and unpredictable crisis.” 2020- 03- 22). These example sentences, classified by the 
machine- learning classifier as fear sentences, are in line with the core relational theme of fear accord-
ing to appraisal theory, which describes fear as the danger of imminent physical harm in connection 
with high levels of uncertainty or unpredictability of the future (Lazarus, 1991).

Populist parties, on the other hand, do not focus on the risk of the virus but instead focus on the 
future after the crisis (“We must appreciate the work of specialists that, together with the enormous 
commitment of citizens, today allows the disclosure of data that gives us hope for the possibility of 
defeating the virus in the future.” 2020- 05- 19); on medical breakthroughs that can spread hope (“A 
message of hope for all Italy: thanks to a blood test [we will have] soon a reliable test to know who is 
immune to the virus and who is not.” 2020- 04- 08; “Researchers at the university of Lübeck have suc-
ceeded in deciphering an enzyme that the corona virus needs in order to multiply.” 2020- 03- 24); or on 
the removal of all restrictions (“Restart, open again. Common sense and courage are needed, we must 
trust Italians and make them hope again […]” 2020- 04- 26). This crisis framing is in line with the defi-
nition of hope, which is a future- oriented emotion that projects positive outcomes for the future (Just 
et al., 2007). Further examples can be found in Appendix S5 in the online supporting information.

All in all, the results of the first part of the analysis underline how the COVID- 19 pandemic rep-
resents a drastic change in emotional dynamics of political communication. While government par-
ties show significantly higher proportion of positive and lower levels of negative emotions in routine 
times (for discrete emotions, see Widmann, 2021; for positive “sentiment” see Crabtree et al., 2020), 
the COVID- 19 crisis partly changed this relationship, even if only for a very short period of time.
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The Impact on the Public

In the second part of the analysis, I focus solely on Germany. I try to estimate the impact of 
(emotional) political communication on different subgroups of the German population. Two com-
peting hypotheses expected either the virality of specific parties (H3a) or the partisanship of citizens 
(H3b) to be decisive for the effect of message diffusion on public opinion. To investigate these 
hypotheses, I take the emotional expressions of the public as a measure for their opinions about the 
pandemic (González- Bailón et al., 2012; Tumasjan et al., 2011). The vector autoregression (VAR) 
models below estimate whether retweet numbers of party tweets correlate with changes in the public 
emotional expressions on Twitter the following day. These tests are illustrated through cumulative, 
orthogonal IRFs. Following Barberá and coauthors (2019), I created three samples of the public: a 
general sample of politically interested citizens (followers of Germany’s largest daily newspaper), a 
sample of “government supporters” (followers of the German social democratic party SPD), and a 
sample of supporters of the German radical right (followers of the AfD).

Figure 5 shows the interdependencies between retweet numbers and emotional expressions of 
the different subsamples, controlling for numbers of new cases per one million inhabitants per day. 
Specifically, the figure shows how the public responds in terms of fear and hope to a one- time, 1 
standard- deviation increase in retweets for each of the four party types.

As can be seen in the first panel of Figure 5, a 1 standard- deviation increase in retweets for 
both, government parties and the populist right, precede significant changes in the hope expressions 
among the general public sample of politically interested citizens on the following day. To be pre-
cise, an increase of radical- right retweets by 1,000 increases the general public’s expression of hope 
by approximately 0.6% (95% CI [0.0002, 0.0054]). On the other hand, an increase of government 
retweets by 1,000 increases the general public’s expression of hope by approximately 0.3 (95% CI 
[0.0004, 0.0068]).

The direction of the effect of radical- right retweets is as expected: More retweets predict more 
hopeful messages of the general public. Yet, increases of government retweets also increases hope 
among the public. This suggests that the increasingly fearful communication of government parties 
during the first wave of the pandemic leads to more hopeful expressions among the public. To further 
analyze this (somewhat surprising) result, I try to examine who is reacting to which messages.

Previous research found that emotional reactions among citizens depend largely on whether 
individuals show support for the arguments made in political messages (Gross & Brewer, 2007). 
Hence, it is reasonable to expect that citizens react positively to messages they agree with. To con-
trol for partisan dynamics, I analyze two additional subgroups. The results of this exercise can be 
found in Figure 5. Panel 2 shows the result for the followers of the radical right. As shown, only 
an increase in retweets of the radical- right AfD precedes an increase in the emotional expressions 
of AfD supporters. An increase of radical- right retweets by 1,000 increases the expression of hope 
among followers by approximately 0.4% (95% CI [0.0002, 0.0037]). This is in line with Hypothesis 
3b: Partisans (in this case AfD supporters) are more (emotionally) responsive to messages from the 
party they support.

Panel 3 displays the results for the followers of the SPD (a government party). As can be 
seen, these supporters’ emotional expressions change only in response to a preceding increase in 
the amount of government retweets. An increase of government retweets by 1,000 increases the 
expression of hope among followers by approximately 0.4% (95% CI [0.0003, 0.0048]). Again, 
panel 3 illustrates that partisans are more responsive to the communication of their own party 
which lends support for Hypothesis 3b and rejects Hypothesis H3a. However, the direction of 
change in the case of the SPD supporters is unexpected. Even if government communication be-
came less hopeful during the first wave of the pandemic, their followers’ emotional expressions 
became more hopeful on the following day. A potential explanation could be that government 
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supporters became more hopeful once they realized that the government is taking the crisis seri-
ously by communicating risks and promoting protective measures. Furthermore, the results can 
be explained by motivated reasoning according to which partisans react with positive affect to 
attitude- congruent messages (Taber & Lodge, 2006), while they dismiss information that is in-
consistent with their prior beliefs. This would also explain why partisans do not react negatively 
to messages from competing parties (no change in fear expressions), as can be seen in Figure 5, 
since messages incongruent with attitudes are ignored.

Overall, these findings suggest that parties can impact the emotional expressions of their sup-
porters during the first wave of the COVID- 19 pandemic and thereby potentially shape their opin-
ions and beliefs towards the pandemic. However, this correlation exists largely along partisan lines. 
Partisans react positively to information coming from their supported party. This can potentially lead 
to a strengthening of already held attitudes as well as increased levels of affective polarization. Even 
though partisans do not seem to react negatively to outgroup messages, increased positive affect 
towards the own party has been found to foster higher levels of affective polarization (McLaughlin 
et al., 2020).

Regarding the size of the changes in both Study 1 and Study 2, the effects might at first appear 
relatively small. Yet considering the large extent of the datasets with million of tweets and Facebook 
posts as well as several thousands of citizens included, even small changes can potentially impact a 
substantive amount of individuals, especially when considering further diffusion of behavior through 
social networks (Centola, 2010).

Conclusion and Discussion

Effective political communication can constitute a key component of pandemic responses. 
To measure how parties communicate about the pandemic, I turned to emotional appeals. This 
article set out to investigate (1) how political parties change their fear and hope appeals during the 
first wave of the COVID- 19 pandemic in four European countries and (2) which political parties 
actually succeed in impacting public expressions about the pandemic in one of these European 
countries.

Results indicate different rhetorical styles between mainstream government and populist parties 
and important country differences. The general trend of the findings indicate that government parties 
emphasize the severity of the COVID- 19 crisis by lowering hope- related messages and increasing 
fear appeals when case numbers rise. Populist radical parties, on the other hand, show generally a 
lower salience of pandemic- related messages and decrease fear and increase hope appeals in order 
to downplay the crisis severity. A deeper analysis of social media messages further confirms these 
findings of the quantitative text analysis. Overall, the results provide further evidence for related 
research that shows that populist actors tried to downplay the COVID- 19 pandemic, at least initially 
(Falkenbach & Greer, 2020; Kavakli, 2020).

In addition, results of the second part of the analysis indicate that partisan dynamics play an 
important role in how and when the public reacts to party communication. Findings indicate that 
a change in emotional expressions of different samples of the public was largely driven by parti-
sanship: Supporters of a government party became more hopeful following increased diffusion of 
government messages. Radical- right supporters became more hopeful following increased diffusion 
of radical- right messages. This suggests that party communication mostly reach (and impact) indi-
viduals who are already supporters of the respective party.

Overall, the findings of this research contribute to several research strands. First, the results 
speak to a growing body of research that examines how political actors use emotional rhetoric stra-
tegically (Crabtree et al., 2020; Müller, 2022; Valentim & Widmann, 2021). In this study, both gov-
ernment parties and populist parties adapted their emotional rhetoric to the crisis situation: The 
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former emphasized the risk of the pandemic while the latter focused on a hopeful future rather than 
the severity of the crisis. Thus, this study provides further evidence for the importance of emotional 
rhetoric in party competition in general (in line with Kosmidis et al., 2019) and during global pan-
demics in particular.

The findings further emphasize the importance of emotions for the communication of populist 
actors in particular. While negative emotions such as anger or fear drive populist support in routine 
times (Marcus et al., 2019; Rico et al., 2017; Vasilopoulos et al., 2018), it is positive emotions such 
as hope that are being used during the COVID- 19 pandemic to create populist crisis narratives. 
While the existence of these discursive strategies have been shown before (Lasco, 2020), this study 
provides empirical evidence on how emotional appeals are essential components of this process. To 
build narratives, populist actors resort to emotions whose core appraisal themes are in line with the 
narratives employed. While they capitalize in routine times on the grievances of citizens by empha-
sizing injustices and appealing to anger (Widmann, 2021), or creating a sense of crisis by appealing 
to fear (Sengul, 2020), in the COVID- 19 pandemic they moved to hope as this emotion allows them 
to downplay the severity of the crisis (an essential part of “medical populism”). Thus, the findings 
hint carefully towards the strategic employment of emotions (even though “strategy” cannot be em-
pirically tested), since populists switch between distinct emotions which are most beneficial for the 
current situation. The study thereby contributes to the importance of emotional appeals in creating 
populist crisis narratives, which can have also important implications for the persuasiveness of these 
narratives (Rocklage et al., 2018; Van Kleef et al., 2015).

Finally, the findings speak to a body of research investigating the consequences of emotional 
rhetoric. Taking emotional expressions online as a proxy for public opinion (González- Bailón et 
al., 2012; Tumasjan et al., 2011), the findings bolster previous research by providing careful evidence 
that emotional framing of messages influence citizens’ opinions (Kühne et al., 2011).

However, this finding might only apply to subgroups of the population. Results by Gross and 
Brewer (2007) show that emotional framing only impacts people already supporting a specific 
side of the debate. Similarly, Stapleton and Dawkins (2021) show that “affect linkage” mostly 
occurs between copartisans. Furthermore, Jones et al. (2013) show that online emotional rhetoric 
only impacts the most politically engaged citizens. Hence, engaged partisans are the most likely 
group being influenced by the emotional rhetoric of parties. These findings are supported by the 
results of this study. Partisans’ emotional expressions are more responsive to the communication 
of the party they support. Hence, rather than being persuaded by the “other side,” they react 
with (positive) emotions to communication by parties they already support, which is line with 
motivated reasoning (Taber & Lodge, 2006). Yet, even if emotional party rhetoric only impacts 
partisans and does not persuade, it can further polarize opinions (e.g., about the pandemic). In 
particular, it might polarize and radicalize certain parts of the population (e.g., supporters of the 
radical right) which might lead different segments of the population to arrive at different conclu-
sions about the threat of the pandemic (Bavel et al., 2020). Furthermore, the pandemic and party 
communication can potentially also reinforce affective polarization along existing cleavage lines, 
which has been also shown empirically in the case of Germany between radical- right support-
ers and supporters of mainstream center parties during the first months of the COVID- 19 crisis 
(Jungkunz, 2021).

The findings of this study have to be seen in light of some limitations. First, the impact of po-
litical communication on public opinion is estimated with Twitter data only. Twitter is often de-
scribed as a network of elites and journalists and has only very limited market share in European 
countries (Social Media Stats Europe, 2020). Moreover, the size of the effects on the public on 
Twitter is fairly small. Yet, Twitter might just be one of many platforms where political parties 
communicate about the pandemic. As this study has shown, parties follow similar strategies on 
other platforms. Facebook is the biggest social network in many European countries (Social 
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Media Stats Europe, 2020). Furthermore, topics being discussed on Twitter by politicians can set 
the agenda for other parts of today’s hybrid media system, including newspaper media (see e.g., 
Gilardi et al., 2021). Thus, parties can potentially reach many more people than those directly 
exposed to their messages on Twitter.

A second limitation concerns the period of this study. This study focuses only on the first wave 
of the pandemic. Hence, it is necessary to exercise caution when drawing conclusions on how parties 
communicate during public health crises in general. Nevertheless, I believe that this study can pro-
vide some insight into how different parties behave and communicate at the onset of a global crisis. 
Thereby, it can potentially help us understand dynamics of other crises too, such as climate change. 
Similar to the COVID- 19 pandemic, climate change also represents a contentious topic in which po-
litical parties take polarized positions and employ specific narratives strategically (Forchtner, 2019) 
with possible effects on emotional responses and support for climate mitigation policies (Hart & 
Nisbet, 2012). Hence, I am confident that the findings of this study can also travel beyond the case 
of the COVID- 19 pandemic.

Lastly, the study is of a descriptive rather than a causal nature. The findings of the VAR models 
point only at correlations, showing how increased diffusion of party messages precede changes in 
emotional expressions among citizens. Yet, this observational analysis cannot rule out confounding 
by unobserved factors.

These limitations notwithstanding, the findings of the present study can carry important implica-
tions. Studies from the United States found that exposure to right- leaning media during the pandemic 
lead to higher likelihood of endorsing misinformation (Motta et al., 2020) and to a lower likelihood 
of social distancing (Andersen, 2020; Simonov et al., 2020). Similar effects could apply in other 
countries after exposure to populist (radical- right) framing of the crisis, even if this only applies to 
subgroups of the population. The downplaying of the pandemic might therefore carry important im-
plications for the level of protective behavior. Moreover, exposure to emotionally charged political 
messages (especially to ones that are judged as relevant) can further deepen already existing societal 
cleavages and thereby strengthen affective polarization.
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