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Highlights

•	 Only 30% of employees reported 
low levels of stress in response 
to six pandemic-related stressors, 
whereas 70% reported at least 
moderate levels of stress in 
response to one or more of these 
stressors.

•	 Several risk factors (i.e. being 
younger, being a woman, being a 
visible minority) were related to 
employee’s responses to stressors.

•	 Conversely, perceived organizational 
support emerged as a reliable pro-
motive factor that appears to coun-
teract exposure to risk.

•	 These results can help guide work-
related interventions to support 
employees most vulnerable to 
pandemic-related stressors cope 
with these stressors and improve 
their mental health.

during this time.4 These findings demon-
strate that the pandemic is likely to have 
lasting effects on Canadians’ mental health. 
As for working professionals, literature 
reviews of the impact of COVID-19 on 
employee mental health have revealed 
that main pandemic-related stressors 
include self-threat (defined as threat to 
one’s well-being), financial insecurity, 
occupational insecurity, social isolation 
and work–life imbalance.1,5-8

Risk factors: socioeconomic  
and sociocultural considerations

Although these findings demonstrate a 
clear need for organizations to support 

Abstract

Introduction: The COVID-19 pandemic and resultant containment effects has had a 
detrimental effect on individuals’ social, occupational and financial circumstances. 
Taking a person-centred approach to inquiry and data analysis, we sought to identify 
classes (or segments) of employees with distinct configurations of responses across sev-
eral pandemic-related stressors. We also investigated purported risk and resilience fac-
tors of membership in these classes.

Methods: We analyzed data from 4277 employees who completed a pulse survey in 
August 2020, using latent class analysis to identify classes of employees with unique 
patterns of responses across six pandemic-related stressors. We also conducted a multi-
nomial logistic regression analysis to explore the associations between several risk and 
resilience factors (e.g. age, gender, perceived organizational support) and class member-
ship, and we compared the emergent classes’ levels of self-reported mental health.

Results: The data revealed four unique classes of employees: “adapting,” “conflicted,” 
“insecure” and “stressed” (30%, 35%, 21% and 14% of the sample, respectively). All of 
the risk and resilience factors were associated with being in the adapting class versus 
the other classes. The adapting employees also showed the most positive self-reported 
mental health relative to their counterparts.

Conclusion: By identifying classes of employees with distinct configurations of 
pandemic-related stressors, as well as differential risk factors and levels of self-reported 
mental health, the present study offers a starting point for informing work-related inter-
ventions with the goal of helping employees most vulnerable to pandemic-related 
stressors effectively cope with these stressors.

Keywords: latent class analysis, mental health, risk factors, resilience, perceived  
organizational support, adapting, stress

Introduction

The COVID-19 pandemic has had a pivotal 
impact on individuals, organizations and 
governments around the world.1,2 Many 
individuals had to quickly transition to a 
fully remote work environment, with little 
time to adapt to the new tools and pro-
cesses of their work, all while learning to 
navigate an entirely novel social land-
scape.3 Arguably, increased demands in 

both personal and professional domains 
likely had a largely negative influence on 
working individuals’ psychological health 
and safety related to work.

In the Canadian population, anxiety has 
quadrupled and depression more than 
doubled since the onset of the pandemic.4 
Furthermore, one-third of Canadians with 
depression and anxiety have reported an 
increase in alcohol and cannabis use 
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their employees in coping with the reali-
ties (and aftermath) of the pandemic, 
COVID-19 stressors may not affect all 
employees in the same way.9,10 In order for 
organizations to successfully support a 
diverse workforce, it is important to 
explore how these stressors relate to the 
sociocultural and socioeconomic (e.g. 
employment equity groups, age, income, 
job characteristics) implications of the 
pandemic.8 For example, longitudinal stud-
ies examining the mental health impact of 
stressors during the pandemic in a North 
American context showed that, relative to 
their older counterparts, younger adults 
are more likely to develop psychological 
distress, depressive symptoms and nega-
tive health behaviours, as well as to suffer 
financial impacts (perhaps in part because 
of their greater likelihood of working pre-
carious jobs).8,11,12

Recent studies have also found that, com-
pared to men, women report increased 
family demands and work–family conflict, 
job loss, depression and psychological dis-
tress as a result of the pandemic.8,11,12 
Furthermore, sharing a household with a 
larger number of dependents is related to 
poorer mental health—and this is espe-
cially true for women.13 Similarly, visible 
minorities expressed greater socioeco-
nomic concerns relative to their White 
counterparts.11,14,15 Finally, persons living 
with a disability experience greater finan-
cial insecurity, loneliness, fear of contract-
ing COVID-19 and sleep disturbances as 
well as decreased feelings of belonging 
and overall mental health than their coun-
terparts without disabilities.16-18

Resilience factor: perceived organizational 
support

Resilience factors can have direct positive 
effects on mental health, independently of 
the levels of exposure to risk factors such 
as the socioeconomic and sociocultural 
characteristics described above, or they 
can buffer the negative effects of these 
risk factors on mental health.19 In particu-
lar, research has shown that perceived 
organizational support, defined as employ-
ees’ perceptions that their employer cares 
for their well-being and recognizes their 
contributions,20,21 is one of the most con-
sistent resilience factors among working 
professionals.2,5,22-29 Organizations can bol-
ster these perceptions by, for instance, 
providing their employees with resources 
to cope with work-related demands.25,30 
Research has also demonstrated that 

perceived organizational support consti-
tutes a protective factor for burnout,25,31 
and that it is positively associated with 
performance and negatively associated 
with absenteeism and turnover.20,27,32

Research questions

The potential associations of risk and 
resilience factors with COVID-19-related 
stressors, and the relationships between 
these stressors and employee mental 
health are unclear. The situation is still 
evolving, and the long-term or sustained 
psychological effects of the current crisis 
remain unknown. To gain a more precise 
understanding of these phenomena, we 
first sought to identify configurations, or 
patterns, of responses across several 
COVID-related stressors through a person-
centred strategy. Then, we examined the 
relationships between these nascent con-
figurations of responses, the risk and resil-
ience factors, and self-reported mental 
health. To our knowledge, this study is the 
first to apply a person-centred lens to pan-
demic-related stressors in general and in a 
work setting more specifically.

Marketing researchers often use person-
centred techniques to reduce several vari-
ables to a few easily interpretable classes, 
or segments, of individuals.33 Of these 
techniques (e.g. median split, cluster anal-
ysis), methodologists have identified 
latent class analysis as the most flexible 
and, arguably, the most psychometrically 
robust.34 Examining the complex interplay 
of multiple stressors in an organization 
can offer a more detailed picture of the 
environment than that afforded by study-
ing these dimensions in isolation.35,36 Not 
only are employee classes easy to commu-
nicate to managers, through the use of 
personas, for example,37 but they can also 
guide the development of differential 
intervention strategies targeting specific 
subgroups.38 In turn, matching appropri-
ate strategies to the different employee 
segments or dedicating resources to the 
most exposed subgroups will likely yield 
the greatest benefit to both employees and 
the organization.39

In summary, we posed the following 
research questions:

1. �How many distinct configurations of 
pandemic-related stressors exist for 
employees, and what form do they 
take?

2. Are the aforementioned risk and resil-
ience factors related to membership in 
these emergent employee classes?

3. Do the employee classes differ in their 
levels of self-reported mental health?

Methods

Participants

We conducted secondary analyses on data 
collected via a pulse survey on COVID-19 
and its impacts on the work and well-
being in a public service organization. 
This medium-to-large-size organization, 
with a little less than 7500 employees at 
the time of data collection, is in the sci-
ence and professional services domain of 
the public service. Employees are distrib-
uted across occupational groups and lev-
els with pay and benefit structures 
commensurate with the work performed 
in the organization, from entry level to 
senior executive positions, and from cleri-
cal and general administrative positions to 
highly specialized technical positions.

The majority of the respondents worked 
at the organization’s headquarters in 
Canada’s National Capital Region (71.1%; 
95% confidence interval [CI]: 69.7–72.4) 
and the remainder were scattered across 
the country. The respondents engaged in 
research and analytical activities, clerical 
and administrative activities, project and 
program management activities, and a 
variety of corporate services (such as 
human resources and finance). Many 
were economics and social science profes-
sionals (42.7%; 95% CI: 41.2–44.2). 
Almost all were teleworking at the time of 
the study (93.9%; 95% CI: 93.1–94.6).

Data collection

The survey covered topics such as 
employee engagement, leadership, work-
force, workplace, compensation and 
workplace well-being. Data collection 
took place from 10 to 28 August 2020. The 
data were collected anonymously, with 
access to the electronic survey made avail-
able to all staff via email; the response 
rate was approximately 57%, for a total of 
4277 respondents.

In an attempt to reduce sampling bias,40 
the collected data were benchmarked to 
known population totals. We applied this 
benchmark factor to all subsequent 
analyses.
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Measures

Pandemic-related stressors
We focussed on six pandemic-related 
stressors, each assessed with a single 
survey item beginning with the stem 
“Thinking of right now, to what extent 
do the following factors cause you 
stress?” These stressors were “being 
sick”; “financial hardships”; “lack of job 
security”; “impact on my workload”; 
“being isolated from my family and 
friends;” and “balancing work and per-
sonal life.” Respondents rated all items 
on 5-point scales from 1 (“Not at all”) to 
5 (“To a very large extent”).

Risk and resilience factors
We selected the following risk factors for 
analysis in the present study: a younger 
age (we included age as a continuous 
variable in the multinomial logistic regres-
sion analysis; see Table 1); a larger house-
hold size (also a continuous variable and 
a proxy for a larger number of dependents 
in the household; with a median of 3, 
ranging from 1 to 20); self-identifying as 
female, a visible minority or living with a 
disability (all binary variables recoded as 
1 [“yes”] or 0 [“no”]); and employment 
status (also a binary variable recoded as 1 
[“contract”] or 0 [“indeterminate”]).

We included having a supervisory role 
(another binary variable recoded as 1 
[“yes”] or 0 [“no”]) for exploratory pur-
poses because the relationship between 
having a supervisory role and pandemic-
related stressors was unclear.

We assessed perceived organizational sup-
port by averaging respondents’ ratings 
across three items: “My department or 
agency regularly shares accurate informa-
tion with employees about COVID-19 and 
its impact on the organization”; “I have 
the materials and equipment I need to do 
my job;” and “My department or agency 
shares support services, resources, and 
information on mental health such as the 
Employee Assistance Program regularly, 
and encourages employees to get help if 
they need it” (4.31; 95% CI: 4.29–4.33; 
α = 0.62). Respondents rated these items 
on 5-point scales from 1 (“Strongly 
agree”) to 5 (“Strongly disagree”; reverse 
coded).

Self-reported mental health
We created a self-reported mental health 
score by averaging respondents’ ratings 
across three items: “In general, how is 

your mental health?”; “Compared to the 
pre-COVID period, how has your mental 
health been affected?”; and “Overall, my 
level of work-related stress is…” (3.02; 
95% CI: 2.99–3.04; α = 0.71). Respondents 
rated these items (reverse coded where 
necessary) on 5-point scales from 1 (e.g. 
“Poor”) to 5 (e.g. “Excellent”).

Analytical approach

Stressor classes
We estimated latent class solutions includ-
ing one to eight classes with Mplus soft-
ware version 7.4 (Muthen & Muthen, Los 
Angeles, CA, US) by means of its robust 
maximum likelihood estimator and com-
plex survey design functionalities to 
account for the benchmarking factor.41,42 

To handle the small amount of missing 
data present at the item level (mean = 
7.8%; range: 1.4% to 14.2%), we relied 
on full information maximum likelihood,43 
the default option with maximum likeli-
hood estimator in Mplus.41 Each model 
used 10  000 sets of starting values, with 
the best 500 sets retained for final stage 
optimization.44

We used the Bayesian information crite-
rion (BIC),45 the sample-size adjusted 
BIC46 and the consistent Akaike informa-
tion criterion (CAIC)47 as primary indica-
tors of model fit, with lower values 
signifying a better fit to the data. For com-
pleteness, we also report the Akaike infor-
mation criterion (AIC),48 the adjusted 

TABLE 1 
Characteristics of survey samplea

Characteristic % 95% CI

Age group (years)

≤ 24 3.14 2.66–3.71

25–29 9.52 8.65–10.45

30–34 8.64 7.80–9.55

35–39 12.95 11.94–14.03

40–44 14.88 13.80–16.02

45–49 15.33 14.23–16.50

50–54 15.46 14.35–16.64

55–59 10.49 9.56–11.50

≥ 60 9.60 8.70–10.58

Genderb

Female 57.73 56.19–59.25

Male 42.27 40.75–43.81

Living with a disability

Yes 6.92 6.17–7.76

No 93.08 92.24–93.83

Visible minority

Yes 19.34 18.15–20.58

No 80.66 79.42–81.85

Contract employee

Yes 13.73 12.70–14.83

No 86.27 85.17–87.30

Non-supervisory role

Yes 66.65 65.20–68.07

No 33.35 31.93–34.80
a The collected data were benchmarked to known population totals.

b The survey questionnaire asked for respondents’ gender, with the response options being “female” or “male.”



337 Health Promotion and Chronic Disease Prevention in Canada 
Research, Policy and PracticeVol 42, No 8, August 2022

Lo–Mendell–Rubin likelihood ratio test 
(aLMR)49 and the entropy, which ranges 
from 0 to 1, with a higher value reflecting 
a greater model classification accuracy.50 
The aLMR test provides a p value to com-
pare models with a model with one less 
class.

To aid in interpretation and establish the 
gains in fit for each additional class esti-
mated, we relied on a scree plot of the 
BIC, adjusted BIC and CAIC values, 
inspecting the point at which the slope of 
the plot flattens (Figure 1).51 Finally, we 
also paid attention to the parsimony and 
stability (i.e. including the relative sizes of 
the emergent classes) of the different solu-
tions prior to choosing a final model.52,53

Risk and resilience factors and self-reported 
mental health
We added the risk and resilience variables 
and the self-reported mental health score 
to the final model with the automatic 
three-step procedure and the R3STEP and 
BCH commands, respectively.54 The R3STEP 
command uses multinomial logistic regres
sion to evaluate if, for example, being a 
woman increases the likelihood of an 
employee belonging to one class relative 
to another class, whereas the BCH com-
mand tests the estimated mean differences 
between the classes on the self-reported 
mental health score. R3STEP and BCH 
analyses handle missing data via listwise 

deletion (n = 3849) and full information 
maximum likelihood estimation (n = 4262), 
respectively.

Results

Stressor classes

For the BIC, the five-class solution exhib-
ited the best fit compared to all other solu-
tions, with the BIC reaching its lowest 
value at five classes (Table 2 and Figure 1). 
The adjusted BIC and CAIC, on the other 
end, attained their lowest value at seven 
and four classes, respectively. Because the 
four-class solution was associated with 
both the lowest CAIC value and the first 
non-significant aLMR test, and because 
the relative sizes of the emergent classes 
were all greater than 8%, we used it as 
the basis for further modelling.53

Configurations of pandemic-related 
stressors and their forms

Employees in the “adapting” class, with a 
prevalence of 30%, had very low probabil-
ities of choosing “to a large extent” or “to 
a very large extent” when evaluating the 
extent to which the pandemic-related 
stressors caused them stress (Table 3). In 
contrast, employees in the smallest class 
(“stressed,” making up 14% of the sam-
ple) had consistently moderate probabili-
ties of endorsing “to a large extent” or “to 

a very large extent” in reaction to the 
stressors.

The most frequent class of employees 
(“conflicted,” 35%) showed very low 
probabilities of selecting “to a large 
extent” or “to a very large extent” in 
response to self-threat, financial and job 
insecurity and workload, but a higher 
probability of these responses in reaction 
to work–life imbalance (with social isola-
tion a close second). The third-largest 
class (“insecure”; 21%) had fairly low 
probabilities of choosing “to a large 
extent” or “to a very large extent” in 
response to five of the stressors, but a 
higher probability of selecting these 
options in reaction to job insecurity (with 
self-threat as a close second).

Risk and resilience factors

A logical target for workplace interventions 
would be to transition those employees 
who are most vulnerable to pandemic-
related stressors (“stressed”) into the most 
favourable configuration of these stress-
ors. To aid in interpretation, we used the 
adapting class as the referent (Table 4). In 
terms of the resilience factor specifically, 
lower perceived organizational support 
was related to belonging in the conflicted, 
insecure or stressed class relative to the 
adapting class (Table 4).

In terms of risk factors, women and super-
visors were more likely to belong to the 
conflicted class than the adapting class, 
whereas the opposite was true for contract 
employees. Age was negatively associated 
with membership in the conflicted class 
compared to the adapting class.

Visible minorities, persons living with a 
disability and contract employees had a 
higher likelihood of belonging to the inse-
cure class than the adapting class, 
whereas the opposite was true for super-
visors. Age was positively associated with 
membership in the insecure class versus 
the adapting class.

Women, visible minorities, persons living 
with a disability and contract employees 
were more likely to belong to the stressed 
class than the adapting class. Age was 
negatively associated with belonging in 
the stressed class relative to the adapting 
class, whereas the opposite was true for 
household size.

FIGURE 1 
Scree plot of the fit indices of the latent class analysesa
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TABLE 3 
Pandemic-related stressors and item-response probabilitiesa

Latent class indicator
Item-response probability

Not at all To a small extent To a moderate extent To a large extent To a very large extent

Adapting class (30%)

Self-threat .845 .094 .037 .014 .010

Financial insecurity .843 .111 .028 .015 .002

Job insecurity .750 .146 .069 .013 .022

Workload .814 .129 .042 .013 .003

Social isolation .521 .325 .123 .031 .000

Work–life imbalance .468 .277 .155 .058 .041

Conflicted class (35%)

Self-threat .489 .275 .138 .062 .036

Financial insecurity .685 .240 .064 .011 .000

Job insecurity .638 .280 .074 .008 .000

Workload .434 .341 .169 .042 .013

Social isolation .052 .369 .371 .133 .075

Work–life imbalance .090 .325 .322 .169 .094

Insecure class (21%)

Self-threat .224 .354 .218 .145 .058

Financial insecurity .117 .462 .296 .090 .035

Job insecurity .000 .411 .318 .157 .114

Workload .146 .445 .324 .079 .005

Social isolation .110 .405 .322 .117 .046

Work–life imbalance .095 .366 .384 .141 .014

Stressed class (14%)

Self-threat .373 .149 .136 .109 .233

Financial insecurity .219 .208 .180 .142 .251

Job insecurity .200 .151 .143 .136 .371

Workload .193 .117 .221 .179 .289

Social isolation .179 .151 .177 .231 .263

Work–life imbalance .098 .089 .164 .191 .458
a The collected data were benchmarked to known population totals; after deleting cases with missing data on all variables, unweighted n = 4262.

TABLE 2 
Latent class enumeration fit indicatorsa

Number 
of classes

LL FP AIC BIC Adjusted BIC CAIC aLMR Entropy

1 −32 290.139 24 64 628.279 64 780.858 64 704.596 64 804.858 − −

2 −31 085.250 49 62 268.500 62 580.017 62 424.315 62 629.017 < 0.001 0.622

3 −30 728.692 74 61 605.384 62 075.839 61 840.697 62 149.839 < 0.001 0.636

4 −30 579.668 99 61 357.336 61 986.728 61 672.147 62 085.728 0.558 0.609

5 −30 467.652 124 61 183.303 61 971.632 61 577.612 62 095.632 0.591 0.604

6 −30 388.191 149 61 074.383 62 021.650 61 548.189 62 170.650 0.703 0.617

7 −30 323.355 174 60 994.711 62 100.915 61 548.015 62 274.915 0.764 0.637

8 −30 275.892 199 60 949.783 62 214.925 61 582.585 62 413.925 0.784 0.651

Abbreviations: AIC, Akaike information criterion; aLMR, adjusted Lo–Mendell–Rubin likelihood ratio test; BIC, Bayesian information criterion; CAIC, consistent Akaike information criterion;  
FP, free parameters; LL, log likelihood.

a The collected data were benchmarked to known population totals; after deleting cases with missing data on all variables, unweighted n = 4262.
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Self-reported mental health

Employees self-reported the most positive 
mental health when they belonged to the 
adapting class (mean [SE] = 3.734 [0.028]), 
followed by the conflicted (3.034 [0.035]), 
insecure (2.712 [0.028]) and stressed (2.197 
[0.049]) classes (all at p < 0.05, based on 
a modified Bonferroni adjustment).

Discussion

The results of the present study shed light 
on the ways COVID-19-related stressors 
combine, particularly in a work setting. 
We identified four classes of employees 
from a medium-to-large public service 
organization, each with a distinct configu-
ration of stressors. Adapting employees 
conveyed low probability of response to 
the six studied stressors, whereas stressed 
employees reported consistently high lev-
els of stress in reaction to these stressors. 
Reinforcing the notion that the adapting 
class was the most resilient, employees in 
this class reported the most positive men-
tal health of all employees. Two additional 
classes—the conflicted and insecure 
classes—highlighted the fact that one or 
two stressor(s) (i.e. work–family imbal-
ance and job insecurity, respectively) can 
be a driving force(s) in the current COVID-
19 crisis situation. Thus, the present study 
illustrates the advantages of taking a per-
son-centred approach to exploring pat-
terns of stressors in this context rather 
than looking at these stressors in isolation.

Perceived organizational support emerged 
as a reliable promotive factor for being in 
the adapting class compared to each of 
the other classes. Although we recognize 
that testing for the presence of buffering 
effects would be a valuable next step in 
future studies, at the very least this find-
ing provides preliminary support for a 
compensatory model, that is, a process in 
which perceived organizational support 
appears to counteract exposure to risk.55 
This result also aligns with research find-
ings on the direct effects of social support 
on post-disaster psychological distress.56

The first class comparison identified being 
younger, a woman, a supervisor and a 
permanent employee as risk factors for 
membership in the conflicted class versus 
the adapting class. That supervisors were 
more likely to belong to the conflicted 
class than the adapting class is not sur-
prising in light of the evidence linking job 
authority to work-related pressures and 
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strains in the work–family interface.57 
Future research could further explore 
these links.

The second comparison distinguished 
being a visible minority, living with a dis-
ability and being a contract employee as 
risk factors for membership in the inse-
cure class compared to the adapting class, 
substantiating topical research recogniz-
ing these characteristics as risk factors for 
adverse pandemic-related outcomes.11,14-18 
Being older and occupying a non-supervi-
sory role also emerged as risk factors 
when comparing these groupings of 
employees, factors future research could 
delve into. For example, older employees 
may be rethinking their retirement as a 
result of the current COVID-19 crisis 
situation.58

Last, being younger, a woman or a visible 
minority, living with a disability, having 
precarious employment and living in 
larger households all emerged as risk fac-
tors when comparing the stressed to the 
adapting employees. These results align 
with recent work identifying these socio-
economic and sociocultural characteristics 
as risk factors for detrimental outcomes 
during the ongoing COVID-19 pandemic.8,11-18

Limitations and future directions

A drawback of the present study is that 
the findings rely exclusively on self-
reported data and a cross-sectional design. 
This kind of study design makes it impos-
sible to reach clear conclusions regarding 
the probable causal links between the risk 
and resilience factors, class membership 
and self-reported mental health. Future 
research would benefit from examining 
the directionality of these relationships 
though a longitudinal design. Furthermore, 
because consistency is an important crite-
rion in evaluating the validity of classes 
emerging from person-centred research, 
future work should demonstrate that our 
nascent class structure remains consistent 
across samples drawn from the same pop-
ulation of employees.38,59 In addition, 
because our findings resulted from crowd-
sourced data, they do not generalize to the 
entire population of employees. Nonethe
less, given the large number of respon-
dents, they should offer valuable insights 
on the employees’ attitudes and perceptions.

Another limitation of the present study 
lies in its limited investigation of the 
notion of work-related social support. 

Sources of support can include an employ-
ee’s organization, but it can also comprise 
their supervisor or co-workers.60 Research 
has identified different types of support 
(i.e. emotional, instrumental, appraisal 
and informational),61 a dimension we 
were unable to explore in this study 
because the survey items pertaining to 
perceived organizational support only 
reflected instrumental and informational 
forms of support. Future research could 
investigate whether certain types of orga-
nizational support are most beneficial in 
lessening specific kinds of stressors 
among employees. For instance, Cutrona 
and Russell62 identified emotional support 
as one of the best predictors of positive 
outcomes in the context of uncontrollable 
events.

Future work could also give meaningful 
consideration to supervisor mental health, 
an area of inquiry that remains largely 
unexplored.63 Supervisors are not impervi-
ous to mental health problems,64 and there 
are several reasons (e.g. cognitive com-
plexity, responsibility, social isolation and 
loneliness) why high-quality leadership 
might come at a high cost.63 Future 
research could explore how supervisors 
experience stressors such as work–life 
imbalance in order to inform workplace 
interventions tailored to their specific 
needs.

Practical implications

Organizational policies and interventions 
are often based on the average-population 
approach.65 However, identifying the stres
sors specific to distinct segments of 
employees can greatly help in designing 
and implementing effective workplace 
interventions for employees most vulnera-
ble to these stressors. The present study 
shows that a one-size-fits-all approach 
cannot accurately cater to gender differ-
ences, sociocultural practices, employ-
ment status and cultural backgrounds, 
among others. Adopting a person-centered 
lens is essential in order to effectively sup-
port diverse groups of employees through 
the use of targeted and adapted informa-
tion, engagement efforts and interventions.

Our findings suggest that all employees 
would probably benefit from increased 
provision of instrumental and informa-
tional organizational support during the 
COVID-19 pandemic crisis, irrespective of 
their configurations of pandemic-related 
stressors. However, offering the type(s) of 

organizational support that best address 
specific employees’ challenges would likely 
be most effective. Such an undertaking 
would also go a long way in showing 
employees that their organization values 
their unique circumstances. For instance, 
employees who are particularly concerned 
about work–life imbalance might best 
profit from the implementation of adap-
tive organizational practices such as flexi-
ble work-hours, telework and paid 
pandemic leave.66 In contrast, such prac-
tices might not be as helpful to precarious 
workers who might best benefit from 
transparent communication about person-
nel decisions pertinent to their job 
security.66

Conclusion

The COVID-19 pandemic has bolstered, 
and at times created, important risk fac-
tors for the mental health of working pro-
fessionals. By applying a person-centred 
approach to inquiry and data analysis, the 
present study gives credence to the notion 
that employees experience pandemic-related 
stressors in unique ways. By identifying 
classes or segments  of employees with 
distinct configurations of stressors, as well 
as differential risk factors and levels of 
self-reported mental health, the present 
study makes novel and important contri-
butions to the organizational health litera-
ture. Furthermore, it also offers a starting 
point for informing work-related interven-
tions with the goal of helping vulnerable 
employees effectively cope with these 
stressors.
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