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Abstract

Plant-population recovery across large disturbance areas is often seed-limited. An understanding of seed dispersal patterns is fundamental for
determining natural-regeneration potential. However, forecasting seed dispersal rates across heterogeneous landscapes remains a challenge.
Our objectives were to determine (i) the landscape patterning of post-disturbance seed dispersal, and underlying sources of variation and the
scale at which they operate, and (ii) how the natural seed dispersal patterns relate to a seed augmentation strategy. Vertical seed trapping ex-
periments were replicated across 2 years and five burned and/or managed landscapes in sagebrush steppe. Multi-scale sampling and hierarch-
ical Bayesian models were used to determine the scale of spatial variation in seed dispersal. We then integrated an empirical and mechanistic
dispersal kernel for wind-dispersed species to project rates of seed dispersal and compared natural seed arrival to typical post-fire aerial seeding
rates. Seeds were captured across the range of tested dispersal distances, up to a maximum distance of 26 m from seed-source plants, al-
though dispersal to the furthest traps was variable. Seed dispersal was better explained by transect heterogeneity than by patch or site hetero-
geneity (transects were nested within patch within site). The number of seeds captured varied from a modelled mean of ~13 m~? adjacent to
patches of seed-producing plants, to nearly none at 10 m from patches, standardized over a 49-day period. Maximum seed dispersal distances
on average were estimated to be 16 m according to a novel modelling approach using a ‘latent’ variable for dispersal distance based on seed
trapping heights. Surprisingly, statistical representation of wind did not improve model fit and seed rain was not related to the large variation in
total available seed of adjacent patches. The models predicted severe seed limitations were likely on typical burned areas, especially compared
to the mean 95-250 seeds per m? that previous literature suggested were required to generate sagebrush recovery. More broadly, our Bayesian
data fusion approach could be applied to other cases that require quantitative estimates of long-distance seed dispersal across heterogeneous
landscapes.
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one-in-a-million seeds moving kilometres further than the
mean was sufficient to replicate the observed distribution of
the plant (Neubert and Caswell 2000). These infrequent, but
critically important, long-distance dispersal events challenge
field-based methods for quantifying dispersal distance.

Previous researchers have modelled how seed density de-
creases with distance from remnant seed sources in many
disturbed landscapes, including heathlands, tropical forests
and subalpine forests (Hammill et al. 1998; Holl 1999; Gill
et al. 2020). These models can help answer questions about
whether or not seeds will arrive at certain landscape locations
and where to prioritize direct seeding for restoration (Peeler
and Smithwick 2020). However, variability in seed dispersal
during succession contributes to model uncertainty (e.g. Shive
et al. 2018) and disentangling the sources of variability will
be necessary to operationalize models for restoration decision
support.

Direct seeding (‘active restoration’) of desired species is
common practice on disturbed landscapes to increase the pace
of natural regeneration and ensure that propagules of desired
species arrive before or at least concurrently with invasive
species (Palma and Laurance 2015). However, when disturbed
landscapes are not seed-limited, supplemental seedings can be
ineffective at increasing the rate of vegetative recovery or even
suppress natural regeneration (Schoennagel and Waller 1999;
James and Svejcar 2010; Peppin et al. 2010).

Wind is a common agent of seed dispersal across many
different ecosystems and taxa (Nathan et al. 2011; Sullivan
et al. 2018). Wind strength and direction vary seasonally
and the timing of major wind events in relationship to the
timing of seed ripening can have significant effects on dis-
persal distances (Heydel et al. 2015). Furthermore, seed func-
tional traits, landscape characteristics and weather can all
affect wind-driven dispersal of seed across landscapes. Seeds
with specific wind dispersal mechanisms, such as a pappus
or wings, have a higher propensity towards long-distance or
widespread seed dispersal (Ozinga et al. 2005; Dauer et al.
2007; Tamme et al. 2014). Small seed mass can also con-
tribute to longer wind dispersal distances (Hoppes 1988;
Tamme et al. 2014). Additionally, wind energy for seed dis-
persal can be both constrained and/or modified by land-
scape characteristics including canopy density and structure
(Nathan et al. 2009), which can be particularly heteroge-
neous in disturbed areas.

Sagebrush steppe provides an excellent system for studying
how wind-driven seed dispersal from remnant patches varies
across scales because these ecosystems are experiencing un-
precedented habitat disruption from megafires (Miller et al.
2011) and tens of millions of dollars are spent each year on
burned area rehabilitation, particularly purchasing of sage-
brush seed (as a representative example, the US Bureau of
Land Management allocated $20 million USD to burned area
rehabilitation in Fiscal Year 2018). Sagebrush is considered
a keystone species in these ecosystems, as the shrub sup-
ports subsequent recovery of many wildlife and plant species
(Beck et al. 2012). Investment in aerial seeding of sagebrush
assumes that sagebrush regeneration is primarily limited by
seed availability owing to short longevity of the sagebrush
seed bank (Wijayratne and Pyke 2012). The capacity for un-
burned remnants or edges to provide seed is relatively un-
known and implicitly assumed to be negligible. While several
studies have examined post-fire regeneration of big sage-
brush, these studies have not specifically addressed the impact
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of unburned remnant patches (or newly created patches)
within a larger burn context (DiCristina and Germino 2006;
Lesica et al. 2007; Ziegenhagen and Miller 2009; Nelson et
al. 2014). Young and Evans (1989) and Welch and Nelson
(1995) asserted that seed dispersal distances of sagebrush
stands are <1-2 m from the maternal plant (Young and Evans
1989; Welch and Nelson 1995). Despite this, seedling recruit-
ment can occur several hundred metres from remnant adults
into burned areas and on unseeded landscapes (Mueggler
1956; Nelson et al. 2014).
Our questions in this study were:

(1)How far do sagebrush seeds disperse and how variable is
sagebrush seed dispersal?

(2)Which landscape scales best explain variation in seed
dispersal (trap, transect, patch, site)? Do wind-direction
metrics help explain variation in seed dispersal?

(3)How does seed dispersal from seed-source patches com-
pare with aerial seeding rates?

Methods

We conducted a seed trapping study around sagebrush
patches during the winters of 2018/19 and 2019/20. Our
vertical wind traps were designed to catch seeds at any height
in the wind from the ground to approximately the height of
release (i.e. the height of flowers on seed-source plants). Big
sagebrush flowers in the fall (typically November, depending
on the elevation and weather) and seeds mature and release
in early to mid-winter. Seeds weigh 0.25 mg or less and are
approximately 1.5 mm in diameter (Jacobs et al. 2011).
Seed traps were arrayed on two transects per patch of sage-
brush plants that were adjacent to (or surrounded by) areas
with no sagebrush and instead were dominated by grasses.
Multiple patches (and thus, transects) were evaluated in
each of six sites. Three of the sites were sampled in the first
year of the study and the three other sites were sampled in
the second year. We evaluated seed dispersal under and away
from sagebrush patches.

We used vertical seed traps as opposed to ground traps for
several reasons. First, sagebrush seed dispersal occurs during
the winter when snow cover may be present. Our small ground
traps directly beneath the canopy were fairly sheltered from
snow but any ground traps set outside of the canopy would
have accumulated snow and been non-functional. Secondly,
we anticipated that seed density would be very low and that
we would therefore need a large trap area to capture seeds.
Creating greater surface area for vertical traps was more feas-
ible than for ground traps. We account for our trap design
using a novel modelling approach with a latent variable for
ground distance term (see below).

Sites

Study sites for the first year of trapping were the Soda Wildfire
(113 kha, burned 2015), Alkie Wildfire (814 ha burned 2018)
and the Botanical Garden in Boise (at a planted sagebrush
patch in a disturbed area otherwise dominated by grasses).
Study sites for the second year of trapping were the Soda
Wildfire, the Pony Wildfire (60 kha, burned 2013) and Table
Rock fire (1 kha, burned 2016) (Fig. 1). The two trapping
locations on the Soda Wildfire were at different locations on
the fire (Year 1 location in the southeast, Year 2 location in
the central west) and thus were considered separate sites. The
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Figure 1. Locations of fires (outlines) and trapping sites (dots) for dispersal study shown as an inset map on western USA and 2011 sagebrush cover

(%) from the National Land Cover Database (NLCD) (Rigge et al. 2020).

seed trap size, dates of trapping and site summary informa-
tion, including sample sizes, are given in Table 1.

Patches (7 = 22) were selected by reconnaissance at each
site based on the following criteria: there had to be at least
five individual reproductive plants in each patch, slopes in
and around the patches had to be less than 20° and patches
had to be isolated enough from other patches so that no other
seed-bearing sagebrush plants in the surrounding area could
be any closer to the traps than the individuals in the patch.
In a few cases, all flower stalks were clipped from single indi-
vidual sagebrush that were located outside of a patch to sat-
isfy these criteria. Patches could either be unburned remnants
or created from planting seedlings or aerial seeding.

Most sites were dominated by Artemisia tridentata ssp.
wyomingensis, although the dominant subspecies at the
Pony wildfire site was A. tridentata ssp. xericensis. The sur-
rounding vegetation for the sites during the first year was
exotic annual grasses at the Soda site, a mixture of perennial
and annual grasses at the Botanical Garden, and the Alkie
site was freshly burned and had no vegetative cover. The
surrounding vegetation for sites during the second year was
mixed low sagebrush (Artemisia arbuscula) and low-statured
grasses at the second Soda fire site, exotic annual grasses
at Table Rock and mixed low sagebrush and low-statured
grasses at the Pony site.

Seed traps

During the first winter, traps (7 = 79) were located under
canopy, 2 m, 4 m, 7 m, 10 m and 13 m from the patch.
Since seeds were found at all distances in the first year, we
increased the distance of the farthest traps in the second
year. During the second winter, traps (7 = 275) were located
under canopy, 2 m,4 m, 6 m, 10 m, 14 m, 18 m, 22 m and

26 m from the patch. Traps were arranged along two tran-
sects per patch (except for the one patch at the Botanical
Gardens, for which there were four transects) with angles
chosen based on the following criteria: first, all transects
had to be isolated enough so that no reproductive indi-
viduals were any closer to the traps than the plants in the
patch. Given this requirement, the first angle was aligned
as close as possible against the prevailing wind direction at
the site and the second angle was aligned as close as pos-
sible towards the prevailing wind direction at the site (these
wind directions were taken from prior year weather sta-
tion data—actual wind directions during trapping season
were not always as expected). Trap distances were meas-
ured from the base of the individual reproductive individual
sagebrush plant where each transect began (termed ‘base
individual plant’ below).

Vertical traps were constructed from two 5 x 5§ cm wooden
stakes that were either 1.23 m tall (Year 1) or 0.91 m tall
(Year 2). The stakes were set 50 cm apart with 0.55 oz white
AgFabric (Wellco Industries, Corona, CA, USA) stapled be-
tween the stakes [see Supporting Information—Fig. 1]. The
AgFrabic was then sprayed with Tanglefoot (Scotts Miracle
Gro, Grand Rapids, MI, USA) to provide a persistently adhe-
sive surface. Under-crown traps were circular cake Bundt pans
(25.4-cm radius with 2.5-cm centre hole) filled with marbles to
prevent seeds from blowing out (Year 1) or square 10 x 10 cm
frames with sprayed AgFabric stapled on (Year 2) and were
set directly under the crown of the base individual plant. Some
vertical traps failed because of weather or animal interference
(including all traps at three of the six patches at Pony) and
these were excluded from analysis, resulting in some missing
data values. Excluding Alkie and failed traps, the total sample
size was 5 sites, 19 patches, 40 transects and 309 traps.
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Table 1. Number and sizes of seed-collection traps, their spatial deployment and trapping dates by year. Alkie was excluded due to seed crop failure and
no seeds trapped. The total number of vertical patches and traps excludes those lost to animals or weather.

Year 1

Year 2

Vertical trap size (cm) 50 x 91 rectangle

Under-crown trap size (cm)

25.4-cm radius pan (with 2.5-cm centre hole)

50 x 76 rectangle
10 x 10 square

Trap distances (m) 2,4,7,10,13 2,4,6,10,14,18,22,26

Sites Soda, Botanical Garden, Alkie (excluded) Soda, Table Rock, Pony

Number of patches 4 15

Total number of vertical traps 36 237

Total number of under-crown traps 6 30

Dates of collection

Soda 24 November 2018 to 21 December 2018 Round 1: 22 November 2019 to 17 December 2019;

Botanical Garden

Round 2: 17 December 2019 to 10 January 2020

4 December 2018 to 22 December 2018 -

Alkie 26 November 2018 to 3 January 2019 -

Table Rock - Round 1: 22 November 2019 to 14 December 2019;
Round 2: 14 December 2019 to 6 January 2020

Pony - Round 1: 23 November 2019 to 18 December 2019;

Round 2: 18 December 2019 to 7 January 2020

Patch characteristics

At each patch, we recorded the following information for
10 individual plants (or all plants if the patch was composed
of fewer than 10 plants): number of flowering stalks, and
average length of flowering stalks (of three representative
stalks). If there were more than 10 individual plants in the
patch, the first two plants measured were the base individual
plants for the transects, then the three tallest plants in the
patch, then five additional representative plants. If there were
fewer than 50 plants in a patch, the number of reproductive
and non-reproductive plants was counted directly. If there
were more than 50 plants in a patch, we estimated number
of individuals by counting the number of plants in randomly
distributed subplots (the number of which were proportional
to the size of the patch) and scaling this number up to the
patch size. We also visually estimated surrounding vege-
tation canopy height in bins outside of the patch (<30 cm,
30-50 ¢cm, 50-75 c¢m, >75 c¢m), which was used to param-
eterize the WALD wind model.

Estimating maximum seed production

We estimated maximum seed production per individual by
multiplying number of stems by the average stem length by 8.2
(mean number of flower heads per 1-cm stalk length) by 3.7
(mean flowers per head). The mean number of flower heads
and mean flowers per head were taken from Winward and
Tisdale (1977) morphological measurements on A. tridentata
wyomingensis. Seed production was estimated during the
same season as trapping (upon trap deployment).

Terminal velocity

We collected samples of sagebrush seeds from reproductive plants
at each site in areas outside of the patches for assessment of ter-
minal velocity (three inflorescences each from three plants). We
followed the protocol for Sullivan et al. (2018) to measure ter-
minal velocity by dropping seeds down a measurement tube con-
taining two arrays of LED lights and sensors to estimate the speed
of seed falls. We conducted seven trial drops of pooled sagebrush
seeds using either 500 or 1000 seeds per drop. Terminal velocity

measurements ranged from 0.19 to 2.11 m s™'. We selected the
median terminal velocity of 0.41 m s for use in our models.

Data analysis

Our modelling approach was composed to two parts. The
first part involved fitting simplified negative binomial regres-
sions to determine which sources of landscape variance best
explained trapped seed density. The second part involved
combining an empirical bivariate Student’s t (2Dt) dispersal
model (Clark et al. 1999) with the mechanistic Wald analyt-
ical long-distance dispersal (WALD) model (Katul et al. 2005)
to estimate a latent variable for ground distance traveled of
seeds caught above the ground (described below). Fitting
models to quantify the influence of scale in a generalized
linear model framework (negative binomial regression) en-
abled us to leverage a well-understood statistical approach
to test covariate importance and develop random effect struc-
tures (Warneke et al. 2022) for our field data.

How far do sagebrush seeds disperse and how
variable is sagebrush seed dispersal?

We calculated the seed density (‘seeddens’) for each trap
by dividing the number of seeds caught by trap area and a
standardized term for the number of days deployed (stdays).
The standardized day term (stdays) was calculated for each
trap as the number of days deployed over the maximum
number of days any trap was deployed (7 = 49). After cal-
culating the seed density for each trap, we calculated the
relative standard error (RSE) of seed density for each trap
distance across sites, years and patches. Relative standard
error is calculated as the standard error over the mean seed
density for each distance. Typically, effects with an RSE >
20 % are considered highly variable in ecology (McCune
and Grace 2002).

Which landscape scales best explain variation in
trap seed density?

We fit negative binomial regressions using the R package
brms (Biirkner 2017) of trap seed density as a function of
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capture height, capture distance and total available seed. The
overall model is described as follows:

Nseeds ~ negbin(yu, ¢) (1)

where the number of seeds (Nseeds) is a random variable
drawn from a negative binomial distribution, with mean u
and overdispersion parameter &.

Log(u) = 70+ ~1*ht+ 2« dist
+ 3 * ht * dist + 4 * fecund
+ log(stdays) + log(Area) 2)

In Equation (2), y0, y1, 3 and y4 are fitted parameters. bt
is the capture height, dist is the capture distance and fecund
is the total available seed in the patch. An interaction term
between bt and dist is included. The total available seed term
is described as:

fecund = seedsy, x nrem (3)

where seeds is the average maximum seed production per
plant and nrem is the number of reproductive plants per
patch. The trap area (Area) and stdays term function as off-
sets (Hilbe 2011), constant terms that scale the mean based
on sampling effort.

To determine how trapped seed density varied across dif-
ferent landscape scales, we fit different versions of the basic
model, allowing 0, y1, y2 and y3 to vary by group levels as
follows:

(1)No landscape effects
(2)Site only

(3)Site x Patch

(4)Patch only

(5)Patch x Transect

(6) Transect only

(7)Site x Patch x Transect

No site was monitored across both years (the location of the
trapping at Soda in Year 2 was in a completely separate part
of the fire), so ‘Site’ actually refers to a site—year effect. Total
available seed, distance and trapped height were all cantered
around 0 and scaled by 1 SD to improve convergence. We cal-
culated the leave-one-out cross-validation metric using the loo
package to compare models with different variations in slope.
Model convergence was assessed by assuring all ¥ values were
no greater than 1.05 and visual inspection of chain mixing
(Monnahan et al. 2017). Priors are given in Table B1.

Do wind-direction metrics help explain variation in
seed dispersal?

We considered if wind direction could help explain variation
in seed dispersal. We reviewed wind data from the closest
NOAA weather station to each site and determined the dom-
inant wind directions of gusts greater than or equal to 32 km
h-! during the trapping time (Table 2). Assuming that traps set
at angles 180° from the dominant wind direction (i.e. facing
the wind) would be most likely to collect seeds, we recorded
the smallest absolute difference between the transect angle
and the direction the dominant wind gusts were blowing to-
wards. The wind orientation was then scaled (for each value,
we subtracted the mean and multiplied the SD) and given as
the variable windorient. This wind effect was described by a
new parameter, 5, which we added as an additional effect to
the best-fitting landscape model. The updated Equation (2)
for the model with wind effect is then:

log(p) = 70+ 1% ht+ 2 * dist
+ 3« ht « dist + v4 * fecund + ~5 * windorient
+ log(stdays) + log(Area) 4)

We also considered wind direction as a binary variable with
traps either facing towards (within 45° facing a dominant
wind direction) or away from the wind as variable windbinary.
In this model, the wind effect (windface) was described by the
parameter, y6.

log(u) = 70+ ~1*ht+ 42 x dist + v3 * ht = dist
+ 74 « fecund + ~6 * windface
+ log(stdays) + log(Area) (5)

How does seed dispersal from remnant patches
compare with aerial seeding rates?

We combined a 2Dt empirical dispersal kernel (Clark et al.
1999) with a mechanistic WALD dispersal kernel (Katul et
al. 2005). The 2Dt kernel is a bivariate model used to de-
scribe decreasing seed or recruit density as distance from the
seed source increases and fits using empirical data, while the
WALD kernel is a mechanistic model describing the expected
movement of a seed in the wind given an understanding
of wind movement and seed properties. Our resulting fu-
sion model was used to simulate landscape-scale dispersal
of sagebrush seeds. The 2Dt kernel was chosen over other
dispersal kernels through an initial exploration looking at
capture distance (Bayesian Information Criteria and Akaike
Information Criteria kernel comparisons are given in

Table 2. Dominant wind direction for gusts > 32 km h~" (given in degrees) during the trapping dates at the NOAA weather station closest to the site.

Alkie was excluded due to seed crop failure and no seeds trapped.

Site and year

Dominant wind direction (°) for gusts > 32 km h™!

NOAA weather station

Soda Year 1 200,250-270
Botanical Garden Year 1 120-140, 160-170
Soda Year 2 220-240, 160-170

Table Rock Year 2
Pony Year 2

120-140
100-130, 290-310

Rome
Boise Airport
Rome
Boise Airport

Mountain Home




Appendix 1). Similar to other studies of long-distance dis-
persal, the maximum distance of seed traps was limited by
logistical constraints. Fusing lab-based estimates of wind dis-
persal via the WALD model with our 2Dt dispersal model,
informed by field data, enabled us to develop dispersal pre-
dictions that made full use of our vertical trap design. In this
study, the WALD parameters were set (i.e. we did not propa-
gate uncertainty in wind speed, canopy density or terminal
velocity).
The overall model is described as follows:

Nseeds ~ negbin(u, ¢2) (6)
. ecund
= Area x dis ( i > stdays
K wdisp x| fx 1000 / * Y (7)
di 1
ISP = Qtransect dist? Atransect+1
TDtransect * (1 + 7%5;:::{)

(8)
a, .. and b are fitted parameters that determine the

shape of the 2Dt kernel allowed to vary by transect where;
Otransect = @ + Wiransect * V1 9)
Diransect = b+ Otransect * 12 (10)

a and b are the global parameters for the 2Dt kernel, w______
and 6, are the deviation of each transect from a4 and b,
respectively, and v1 and v2 are the transect-level variance for
the a and b parameters.

f is a fitted parameter describing the effect of total avail-
able seed on seed density. Total available seed was divided
by 1000 to scale it for model convergence. Dist, , is the
estimated latent ground distance of a seed caught at a cer-
tain height on a trap (i.e. the distance we expected a seed to
travel to the ground based on its captured height at a certain
distance). Dist,,,., was set at the trap distance (dist"ap) for
seeds caught below 20 cm in height (we assumed the add-
itional distance these seeds would travel would be negligible).
For seeds caught 20 cm above the ground or higher:

diStgmund = diSttrap + distya1q (11)

distyqq ~ Wald(p, ) (12)
where p and 1 are parameters calculated from wind speed,
vegetation canopy height, canopy density and terminal vel-
ocity. Katul et al. (2005) and Sullivan et al. (2018) describe
the calculation of these parameters, including validation with
post-dispersal data on spatial patterns of seedling recruitment.

(%)

p=(—

o (13)
where bt is the height of seed capture. o is a parameter cal-
culated as:
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o2 =ke (2%”) (14)

where k is a scaling coefficient set between 0.3 and 0.4 to
describe canopy density. We set k at 0.38 for sparse, hetero-
geneous canopies typical of post-fire systems. ¢ is the canopy
height surrounding the patch based on our visual estimates
from the field at each specific patch. We set 0, (a measure
of boundary conditions) to half of U based on Sullivan et al.
(2018). U is the average daily maximum wind speed during
the time periods in which the traps were deployed taken from
the closest NOAA or RAWS weather station.

htu

A (15)

where V is the terminal velocity of sagebrush seeds. Priors are
given in Table B2.

After fitting the combined empirical mechanistic model, we
created a forward version in R that sampled from the posterior
distributions of our parameters and ran 10 000 simulations to
estimate seed dispersal at distances between 0 and 100 m.

Results

How far do sagebrush seeds disperse, and how
variable is sagebrush seed dispersal?

No seeds were caught on vertical seed traps at the Alkie fire,
despite extending the trapping time several weeks past the
initial ~3-week observation period. Seeds on patch plants
appeared not to develop at the Alkie site, and thus it was
excluded from analysis. At the other sites, 31 % of traps cap-
tured seeds. Two seeds were detected on each on two of the
traps at the maximum distance of 26 m from the seed-source
patches. Relative standard errors of seed density for each trap
distance across sites and years were large, ranging from 24
to 77 % (Fig. 2). Relative standard error tended to increase
with distance of traps from seed-source patches (R? = 0.47),
indicating that dispersal became more variable the farther the
distance from the patch.

Which landscape scales best explain variation

in seed dispersal (trap, transect, patch, site)? Do
wind-direction metrics help explain variation in
seed dispersal?

The total number of available seeds produced by the sage-
brush present in each patch varied across years and sites, with
the greatest mean total observed at the Table Rock Fire in
Year 2 (Fig. 3). However, available seed abundances did not
relate to the number of seeds caught per trap, nor were there
consistent relationships of available seeds to abundance of
seeds captured by seed traps in each patch (90 % credible
interval for total available seed [-0.14, 0.66]) (Fig. 4). On
average, the most seeds per trap were caught at the lowest
elevation site, the Botanical Garden in Year 1.

Model performance increased as the landscape scale of vari-
ance decreased with best model performance at the transect
level, the finest spatial scale in this study (Table 3). Models
incorporating multiple levels of variance did not perform
better than models with single lower levels of variance. This
indicates that the primary source of spatial variability in seed
rain occurred at a small-scale level (different sides of patches)
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Figure 2. Relationship of mean trap abundance (bottom panel) and
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m? of vertical trap area) relative to the distance of seed traps from

seed source patch. Seed density is standardized by the number of days
in each collection interval period shown as the mean per trap + the
standard error (bottom). Alkie was excluded due to seed crop failure and
no seeds trapped.
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Figure 3. Box plots of the estimated total available seeds per patch
(fecundity x number of reproductive plants) across sites (top) and
number of seeds across traps of all distances caught per 0.05 m? trap
area standardized by 49 days deployed (bottom). The graphs do not
include undercrown traps. The unit of measure for the top graph is a
patch (n = 19) and the unit of measure for the bottom graph is a trap
(seed counts aggregated across heights, n = 273). Alkie was excluded
due to seed crop failure and no seeds trapped.

rather than either at the scale of (i) the five sites across 2 years
or (ii) patch level.

As expected, distance had the strongest effect on trapped
seed density (Fig. 4). Estimated seed density decreased from
a mean of ~13 seeds per m> [90 % credible interval: 0-66]

to <1 seeds per m? [90 % credible interval: 0-4] as distance
increased from 0 to 10 m from the source, holding all other
predictors constant. Neither total available seed nor height
had a consistent effect on trapped seed density (90 % credible
intervals crossed zero) (Fig. 4). However, there was a positive
interaction between trap distance and trapped height on seed
density, with more seeds caught at higher heights at distances
near the source (Fig. 5). For example, at a distance of ~0.3 m,
more than 160 seeds per m? were predicted to be trapped at
65 cm height, as opposed to 11 or <1 seeds per m? at 40 and
15 ¢m height, respectively.

The random intercept varied more between transects than
did the slope of distance, height or the interaction between
distance and height (Fig. 4). This indicates that the effects of
distance and height on seed density were less variable between
transects than overall seed density differences. Including
either continuous or a binary metric of wind direction did not
improve model performance (Table 3).

How does seed dispersal from remnant patches
compare with aerial seeding rates?

Seed dispersal predicted for a median transect with a fe-
cundity of 30 000 seeds per individual and a patch size of 25
individuals (750 000 total available seeds) would decrease to
0 seeds per m? capture area at a distance of ~16 m distance
from the patch, based on the median of 10 000 simulations
(Fig. 6). However, in the top 5 % of simulations, there were
still 48 seeds per m? at 100 m distance and in the lower 5 %
of simulations; there was no dispersal at any distance. These
seed dispersal simulations were highly variable. For example,
the 90 % quantiles for modelled seed dispersal to 5 m from
patches ranged from 0 seeds per m? to >100 000 seeds, and
the median value was 12 seeds per m?. For comparison, on the
Soda wildfire, the aerial sagebrush seeding rate was between
approximately 95 and 250 aerial pure live seeds per m?.

Discussion

Seed availability is an important component of restoration
and rehabilitation of disturbed areas, particularly for founda-
tional species like sagebrush that can only re-establish from
short-lived seeds. Insufficient seeding could cause missed re-
covery opportunities, while unnecessary seeding of areas with
adequate natural seed could waste resources and carry un-
necessary collateral ecological risks (e.g. potential introduc-
tion of maladapted genotypes, Seaborn et al. 2021). Therefore,
there is a pressing ecological need to develop better methods
of predicting natural seed dispersal across disturbed land-
scapes. Our study presents a rare attempt to quantify seed
dispersal at management-relevant scales by integrating both
empirical and mechanistic modelling. Although our seed dis-
persal predictions indicated a high degree of uncertainty, they
revealed that seed dispersal from unburned remnant sage-
brush or actively created sagebrush patches is a major source
of variability in natural post-fire regeneration of sagebrush.
Even areas very close to these patches may experience limited
seed dispersal.

Landscape variability

Although we found a measurable amount of seed dis-
persal from sagebrush patches, there was a high degree
of variability in dispersal between transects, even when
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total available seed and patch size were accounted for.
Differences in canopy heights and plant densities can
strongly affect wind movement and wind-transported seeds
(Bohrer et al. 2008; Nuttle and Haefner 2017). These pre-
vious studies from forested studies show that strong bursts
of vertical wind (influenced by the structure of the canopy)
are particularly important to long-distance seed dispersal.
In comparison to forests, recently burned sagebrush-steppe

ecosystems have minimal canopy structure, and wind
movement near the ground is less likely to be strongly af-
fected by remaining vegetation (Driese and Reiners 1997).
Furthermore, although we found clear evidence that sage-
brush seeds are dispersed by wind, they lack a true wind
dispersal mechanism (such as a pappus; in spite of being
in the Asteraceae family) that would allow them to re-
main aloft in vertical wind lifts for extended transport. The
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Table 3. Comparison of leave-one-out information criteria between
different landscape models.

Model loo IC
Model 1: No landscape variation 1927.10
Model 2: Site only 1803.70
Model 3: Site x Patch 1795.50
Model 4: Patch only 1780.10
Model 5: Patch x Transect 1770.00
Model 6: Transect 1756.1
Model 7: Site x Patch x Transect 1766.30
Wind Model 1: Wind Angle with Transect 1760.7
Wind Model 2: Binary Wind with Transect 1766.7
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predictive strength of models that account for variability
at different directions from the patch has implications for
theoretical and applied research on seed dispersal, where
isotropy (equal probability of dispersal in all directions) is
often assumed (van Putten et al. 2012).

Sagebrush steppe often occurs in topographically complex
areas, and even though our sampling areas were relatively
flat, airflow patterns caused by the surrounding hills could
have contributed to the high variability in seed dispersal we
observed across different transects. The greater variation in
seed dispersal at the transect level than at the site or patch
level, combined with the lack of explanatory power of coarse
(‘average’) wind-direction metrics suggests that transect
identity may have been a proxy for canopy structure, top-
ography and stronger and unaccounted-for wind variability
within sites. Due to the difficulty in controlling for these fac-
tors in the field, the question of how topography and vegeta-
tive structure influences seed dispersal could be addressed in
follow-on investigation using mechanistic modelling (Nathan
et al. 2009).

Height of seed release is another factor that can con-
tribute to differences in dispersal distances (Thomson et al.
2011; Schupp et al. 2019). In canopies with variable heights
of plant crowns (as was the case in our patches), assessing
maternal plant height effects on dispersal can be difficult
because plants may not contribute equally to seed dispersal,
and tracing seeds to specific source plants requires genetic
analysis via DNA microsatellites (Ashley 2010). However,
the effect of sagebrush height on dispersal distance could be
addressed in an experimental context by trapping around
individual plants of different heights. In many semi-arid
landscapes, mound-like features are created by mammals,
insects or geomorphic processes, such as the very common
‘mima mounds’ of sagebrush steppe that host relatively tall
and fecund plants elevated above the surrounding sagebrush
population (Hill et al. 2005). These microtopographic ef-
fects would be important considerations in modelling height
of seed release.

Phenology is another important factor in determining seed
dispersal by wind. Some tree species with specific wind dis-
persal mechanisms synchronize seed ripening and release
with meteorological conditions that promote long-distance
seed dispersal (Heydel et al. 20135). Although species in open
vegetative habitats, including many Asteraceae species, do
not display such targeted release patterns (Tackenberg et al.
2015), the timing of seed ripening and release can still have an
impact on dispersal distances. In our second year of trapping,
initial seed development was delayed, possibly due to above-
average rain in October. A significant wind event occurred
at Table Rock in mid-November during our first 3 weeks of
trapping yet there were few seeds collected in traps. Seeds did
not appear fully developed or easy to remove from the inflor-
escences at that time, and appreciable seed capture was not
detected until later in December. An improved understanding
of how seed development coincides with major wind events
may help elucidate differences in patch and site seed dispersal.

Estimating landscape-scale dispersal distance

Predicting seed dispersal becomes more difficult as distance
from the maternal plant increases (Bullock and Clarke 2000;
Fig. 2) but can be particularly critical to vegetative recovery
in disturbed systems when seed sources are limited (Hammill
et al. 1998; Borchert et al. 2003; Urza and Sibold 2017).
We attempted to address this problem by utilizing vertical
traps, measuring height of seed capture and integrating a
mechanistic wind dispersal model into our empirical dis-
persal kernel to simulate latent ground distance a seed
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would travel. Our approach allowed us to estimate a range
of dispersal distances without actually placing traps at loca-
tions where seed dispersal was expected to be so rare that
we were unlikely to detect it. We believe this approach could
be further refined and used to estimate landscape-scale wind
dispersal of other species of restoration or conservation con-
cern. The key point is that height of seed capture can be
used as a proxy by which to estimate dispersal distance, if
certain properties of the seed and system are known (seed
terminal velocity, average wind velocity, canopy density). We
used a modestly parameterized approximation of a WALD
dispersal kernel in this study and incorporating microsite-
specific wind measurements and site-specific terminal vel-
ocity metrics could further improve predictions (Sullivan et
al. 2018).

On the Soda wildfire, widespread aerial sagebrush
seeding of a rate between ~95 and 250 aerial pure live
seeds per m? (not applied at the time of our study) gener-
ally overcame seed limitations to allow for significant seed-
ling establishment in the first year after fire (Germino et al.
2018). Establishment was strongly limited by topographic
features, absence of ‘fertile islands’ (high organic-content
areas where sagebrush existed pre-fire and burned) and
dominance of exotic annual or perennial grasses (Germino
et al. 2018). While our seed dispersal models show that it
is possible that remnant sagebrush islands could generate
as much seed as aerial seeding in some rare instances close
to the patch, it is highly unlikely that this seed dispersal
would reach the microsites needed for significant popula-
tion re-establishment.

One further consideration is the potential role of nega-
tive density dependence inside and near remnant sagebrush
patches (Zaiats et al. 2020). Given that the majority of sage-
brush seeds fall within a few metres of the mother plant,
many of the seeds will be establishing with the zone of influ-
ence of not only the mother plant but possibly other individ-
uals in the patch. Strong negative density dependence is likely
to further negate the seed contribution of remnant sagebrush
patches to landscape-scale sagebrush regeneration.

Conclusions

Developing quantitative models for spatial prioritization
of restoration efforts is a major research objective with im-
mediate applicability to land management. Small-scale and
near-term forecasting of vegetative regeneration is an integral
part of making decisions about where and when to actively
manage landscapes (Dietze et al. 2018). In this study, we dem-
onstrated how empirical and mechanistic dispersal models
can be integrated to predict post-fire seed dispersal from un-
disturbed seed sources and that large burned areas in sage-
brush steppe likely receive little or no natural sagebrush seed
deposition across most of their area. These results can be util-
ized in predictions of post-fire regeneration for determining
which areas of the landscape to actively manage.

Supporting Information

The following additional information is available in the on-
line version of this article—

Figure S1. A photo of seed traps set up along transects at
the Soda wildfire.

AoB PLANTS, 2022, Vol. 14, No. 6

Sources of Funding

Thanks to the Joint Fire Science Project (JESP) (grant #18-1-01-
48), National Science Foundation Idaho Established Program
to Stimulate Competitive Research (EPSCoR) (grant #OIA-
1757324) US Department of Interior Bipartisan Infrastructure
Law (BiL) funding and the Idaho Bureau of Land Management
(grant #L19AC00130) for funding this project.

Conflict of Interest

None declared.

Contributions by the Authors

C.A. oversaw the data collection, conducted the analysis, and
led the writing. T.T.C. provided analytical support. T.T.C. and
M.].G. provided conceptual guidance and editing.

Acknowledgements

Thanks to the staff at the Idaho and Vale District Bureau
of Land Management for research site access and informa-
tion, including Anne Halford, Amy Stillman, Robert Bennett,
Don Rotell, Kristen Munday, Michele McDaniel and Joseph
Weldon. Thanks to Lillian Cates, Sandra Velazco, Sam Larkin,
Merry Davidson, Andrii Zaiats, Cristina Alvarez and Juan
Requena-Mullor for help with field and lab work. Thanks to
Lauren Sullivan for guidance on building a seed drop tun-
nel for measuring terminal velocity. Any use of trade, firm or
product names is for descriptive purposes only and does not
imply endorsement by the U.S. Government.

Data Availability

Data will be released with publication of this paper to the
Forest Service Research Data Archive and can be accessed
here: https://www.fs.usda.gov/rds/archive/Catalog/RDS-
2021-0073. Code for the models is available here: https://
zenodo.org/badge/latestdoi/537824506.

Literature Cited

Ashley MV. 2010. Plant parentage, pollination, and dispersal: how
DNA microsatellites have altered the landscape. CRC Critical Re-
views in Plant Sciences 29:148-161.

Beck JL, Connelly JW, Wambolt CL. 2012. Consequences of treating
Wyoming big sagebrush to enhance wildlife habitats. Rangeland
Ecology and Management 65:444-455.

Bohrer G, Katul GG, Nathan R, Walko RL, Avissar R. 2008. Effects of
canopy heterogeneity, seed abscission and inertia on wind-driven
dispersal kernels of tree seeds. Journal of Ecology 96:569-580.

Borchert M, Johnson M, Schreiner DS, Vander Wall SB. 2003. Early
postfire seed dispersal, seedling establishment and seedling mor-
tality of Pinus coulteri (D. Don) in central coastal California, USA.
Plant Ecology 168:207-220.

Bullock JM, Clarke RT. 2000. Long distance seed dispersal by wind:
measuring and modelling the tail of the curve. Oecologia 124:506—
521.

Biirkner P. 2017. brms: an R package for Bayesian multilevel models
using Stan. Journal of Statistical Software 80:1-28.

Cain ML, Milligan BG, Strand AE. 2002. Long-distance seed dispersal
in plant populations. American Journal of Botany 87:1217-1227.

Caughlin TT, Elliott S, Lichstein JW. 2016. When does seed limitation
matter for scaling up reforestation from patches to landscapes?
Ecological Applications 26:2439-2450.


https://www.fs.usda.gov/rds/archive/Catalog/RDS-2021-0073
https://www.fs.usda.gov/rds/archive/Catalog/RDS-2021-0073
https://zenodo.org/badge/latestdoi/537824506
https://zenodo.org/badge/latestdoi/537824506

Applestein et al. - Post-fire seed dispersal of a wind-dispersed shrub

Caughlin, TT, Ferguson JM, Lichstein JW, Bunyavejchewin S, Levey
DJ. 2014. The importance of long-distance seed dispersal for the
demography and distribution of a canopy tree species. Ecology
95:952-962.

Clark JS, Fastie C, Hurtt G, Jackson ST, Johnson C, King GA, Lewis M,
Lynch J, Pacala S, Prentice C, Schupp EW, Webb T, Wyckoff P. 1998.
Reid’s paradox of rapid plant migration: dispersal theory and inter-
pretation of paleoecological records. BioScience 48:13-24.

Clark JS, Silman M, Kern R, Macklin E, HilleRisLambers J. 1999. Seed
dispersal near and far: patterns across temperate and tropical for-
ests. Ecology 80:1475-1494.

Corbin JD, Holl KD. 2012. Applied nucleation as a forest restoration
strategy. Forest Ecology and Management 265:37-46.

Dauer JT, Mortensen DA, Vangessel MJ. 2007. Temporal and spatial
dynamics of long-distance Conyza canadensis seed dispersal. Jour-
nal of Applied Ecology 44:105-114.

Dicristina K, Germino M. 2006. Correlation of neighborhood relation-
ships, carbon assimilation, and water status of sagebrush seedlings
establishing after fire. W N American Naturalist 66:441-449.

Dietze MC, Fox A, Beck-Johnson LM, Betancourt JL, Hooten MB,
Jarnevich CS, Keitt TH, Kenney MA, Laney CM, Larsen LG,
Loescher HW, Lunch CK, Pijanowski BC, Randerson JT, Read EK,
Tredennick AT, Vargas R, Weathers KC, White EP. 2018. Iterative
near-term ecological forecasting: needs, opportunities, and chal-
lenges. Proceedings of the National Academy of Sciences of the
United States of America 115:1424-1432.

DiVittorio CT, Corbin JD, D’Antonio CM. 2007. Spatial and temporal
patterns of seed dispersal: an important determinant of grassland
invasion. Ecological Applications 17:311-316.

Driese KL, Reiners WA. 1997. Aerodynamic roughness parameters for
semi-arid natural shrub communities of Wyoming, USA. Agricul-
tural and Forest Meteorology 88:1-4.

Germino M]J, Barnard DM, Davidson BE, Arkle RS, Pilliod DS, Fisk
MR, Applestein CA. 2018. Thresholds and hotspots for shrub res-
toration following a heterogeneous megafire. Landscape Ecology
33:1177-1194.

Gill NS, Hoecker TJ, Turner MG. 2020. The propagule doesn’t fall
far from the tree, especially after short-interval, high-severity fire.
Ecology 102:¢03194.

Greene DF, Calogeropoulos C. 2002. Measuring and modelling seed
dispersal of terrestrial plants. In: Bullock JM, Kenward RE, Hails
RS, eds. Dispersal ecology: the 42nd symposium of the British Eco-
logical Society. Berlin, Germany: Blackwell Science Ltd, 3-23.

Hammill KA, Bradstock RA, Allaway W. 1998. Post-fire seed dispersal
and species re-establishment in proteaceous heath. Australian Jour-
nal of Botany 46:407-219.

Heydel F, Cunze S, Bernhardt-Rémermann M, Tackenberg O. 2015.
Seasonal synchronization of seed release phenology promotes long-
distance seed dispersal by wind for tree species with medium wind
dispersal potential. Journal of Vegetation Science 26:1090-1101.

Hilbe JM. 2011. Negative binomial regression. New York: Cambridge
University Press.

Hill JP, Willson CJ, Smith WK. 2005. Enhanced photosynthesis and
flower production in a sagebrush morphotype associated with ani-
mal burrows. Plant Ecology 177:1-12.

Holl KD. 1999. Factors limiting tropical rain forest regeneration in
abandoned pasture: seed rain, seed germination, microclimate, and
soil. Biotropica 31:229-242.

Hoppes WG. 1988. Seedfall pattern of several species of bird-dispersed
plants in an Illinois woodland. Ecology 69:320-329.

Jacobs J, Scianna JD, Winslow SR. 2011. Big sagebrush establishment:
US Department of Agriculture Natural Resources Conservation
Service. Plant Materials Technical Note MT-68. https://www.nrcs.
usda.gov/plantmaterials/mtpmstn10619.pdf.

James JJ, Svejcar T. 2010. Limitations to postfire seedling establishment:
the role of seeding technology, water availability, and invasive plant
abundance. Rangeland Ecology and Management 63:491-495.

Jones HP, Jones PC, Barbier EB, Blackburn RC, Benayas JMR, Holl
KD, McCrackin M, Meli P, Montoya D, Mateos DM. 2018.

n

Restoration and repair of Earth’s damaged ecosystems. Proceed-
ings of the Royal Society B: Biological Sciences 285:2-8.

Katul GG, Porporato A, Nathan R, Siqueira M, Soons MB, Poggi
D, Horn HS, Levin SA. 2005. Mechanistic analytical models
for long-distance seed dispersal by wind. American Naturalist
166:368-381.

Leirfallom SB, Keane RE, Tomback DF, Dobrowski SZ. 2015. The ef-
fects of seed source health on whitebark pine (Pinus albicaulis)
regeneration density after wildfire. Canadian Journal of Forest
Research 45:1597-1606.

Lesica P, Cooper SV, Kudray G. 2007. Recovery of big sagebrush fol-
lowing fire in southwest Montana. Rangeland Ecology and Man-
agement 60:261-269.

McCune B, Grace JB. 2002. Analysis of ecological communities.
Gleneden Beach, OR: MjM Software, 304 p.

Miller RE Knick ST, Pyke DA, Meinke CW, Hanser SE, Wisdom M]J,
Hild AL. 2011. Characteristics of sagebrush habitats and limita-
tions to long-term conservation. Greater sage-grouse: ecology and
conservation of a landscape species and its habitats. Studies in
Avian Biology 38:145-184.

Monnahan CC, Thorson JT, Branch TA. 2017. Faster estimation of
Bayesian models in ecology using Hamiltonian Monte Carlo.
Methods in Ecology and Evolution 8:339-348.

Mueggler W. 1956. Is sagebrush seed residual in the soil of burns or is
it wind-borne? Res. Note 35. Intermountain for. and Range Exp,
pp. 9. Upper Snake River Exp. Range, U.S. Sheep Exp. Sta., Dubois,
Idaho.

Nathan R, Horn HS, Chave J, Levin SA. 2009. Mechanistic models for
tree seed dispersal by wind in dense forests and open landscapes. In:
Levey DJ, Silva WR, Galetti M, eds. Seed dispersal and frugivory:
ecology, evolution and conservation. New York: CABI, 69-82.

Nathan R, Katul GG, Bohrer G, Kuparinen A, Soons MB, Thompson
SE, Trakhtenbrot A, Horn HS. 2011. Mechanistic models of seed
dispersal by wind. Theoretical Ecology 4:113-132.

Neeson TM, Ferris MC, Diebel MW, Doran PJ, Hanley JRO, Mcintyre
PB. 2015. Enhancing ecosystem restoration efficiency through spa-
tial and temporal coordination. Proceedings of the National Acad-
emy of Sciences of the United States of America 112:6236-5241.

Nelson Z], Weisberg PJ, Kitchen SG. 2014. Influence of climate and en-
vironment on post-fire recovery of mountain big sagebrush. Inter-
national Journal of Wildland Fire 23:131-142.

Neubert MG, Caswell H. 2000. Demography and dispersal: calculation
and sensitivity analysis of invasion speed for structured popula-
tions. Ecology 81:1613-1628.

Nuttle T, Haefner JW. 2017. Seed dispersal in heterogeneous environ-
ments: bridging the gap between mechanistic dispersal and forest
dynamics models. American Naturalist 165:336-349.

Ozinga WA, Schaminée JH, Bekker RM, Bonn S, Poschlod P, Tackenberg
O, Bakker J, Groenendael JM. 20035. Predictability of plant species
composition from environmental conditions is constrained by dis-
persal limitation. Oikos 108:555-561.

Palma AC, Laurance SG. 2015. A review of the use of direct seeding
and seedling plantings in restoration: what do we know and where
should we go? Applied Vegetation Science 18:561-568.

Peeler JL, Smithwick EAH. 2020. Seed source pattern and terrain have
scale-dependent effects on post-fire tree recovery. Landscape Ecol-
ogy 35:1945-1959.

Peppin D, Fulé PZ, Hull C, Beyers JL, Hunter ME. 2010. Post-wildfire
seeding in forests of the western United States: an evidence-based
review. Forest Ecology and Management 260:573-586.

van Putten B, Visser MD, Muller-Landau HC, Jansen PA. 2012.
Distorted-distance models for directional dispersal: a general
framework with application to a wind-dispersed tree. Methods in
Ecology and Evolution 3:642-652.

Ribbens E, Silander Jr JA, Pacala SW. 1994. Seedling recruitment in
forests: calibrating models to predict patterns of tree seedling dis-
persion. Ecology 75:1794-1806.

Rigge M, Homer C, Cleeves L, Meyer DK, Bunde B, Shi H, Xian G,
Schell S, Bobo M. 2020. Quantifying Western US Rangelands as


https://www.nrcs.usda.gov/plantmaterials/mtpmstn10619.pdf
https://www.nrcs.usda.gov/plantmaterials/mtpmstn10619.pdf

12

fractional components with multi-resolution remote sensing and in
situ data. Remote Sensing 12:412.

Russell LE, Roy A. 2008. Spatial variation in seed limitation of plant
species richness and population sizes in floodplain tallgrass prairie.
Oecologia 158:569-578.

San-José M, Arroyo-Rodriguez V, Jordano P, Meave JA, Martinez-
Ramos M. 2019. The scale of landscape effect on seed dispersal
depends on both response variables and landscape predictor. Land-
scape Ecology 34:1069-1080.

Schoennagel TL, Waller DM. 1999. Understory responses to fire and
artificial seeding in an eastern Cascades Abies grandis forest, USA.
Canadian Journal of Forest Research 29:1393-1401.

Schupp EW, Zwolak R, Jones LR, Snell RS, Beckman NG, Aslan C,
Cavazos BR, Effiom E, Fricke EC, Montafio-Centellas F, Poulsen
J, Razafindratsima OH, Sandor ME, Shea K. 2019. Intrinsic and
extrinsic drivers of intraspecific variation in seed dispersal are di-
verse and pervasive. AoB Plants 11:plz067; doi:10.1093/aobpla/
plz067.

Seaborn T, Andrews KR, Applestein CV, Breech TM, Garrett MJ, Zaiats
A, Caughlin TT. 2021. Integrating genomics in population models
to forecast translocation success. Restoration Ecology 29:¢13395.

Shive KL, Preisler HK, Welch KR, Safford HD, Butz RJ, O’Hara KL,
Stephens SL. 2018. From the stand scale to the landscape scale:
predicting the spatial patterns of forest regeneration after disturb-
ance. Ecological Applications 28:1626-1639.

Snell RS, Beckman NG, Fricke E, Loiselle BA, Carvalho CS, Jones LR,
Lichti NI, Lustenhouwer N, Schreiber SJ, Strickland C, Sullivan
LL, Cavazos BR, Giladi I, Hastings A, Holbrook KM, Jongejans
E, Kogan O, Montafio-Centellas F, Rudolph J, Rogers HS, Zwolak
R, Schupp EW. 2019. Consequences of intraspecific variation in
seed dispersal for plant demography, communities, evolution
and global change. AoB Plants 11:plz016; doi:10.1093/aobpla/
plz016.

Strassburg BBN, Iribarrem A, Beyer HL, Cordeiro CL, Crouzeilles R,
Jakovac CC, Junqueira AB, Lacerda E, Latawiec AE, Balmford A,
Brookes TM, Butchart SHM, Chazdon RL, Erb KH, Brancalion
P, Buchanan G, Cooper D, Diaz S, Donald PE, Kapos V, Leclere
D, Miles L, Obersteiner M, Plutzar C, Albertode M, Scaramuza D,
Scarano FR, Visconti P. 2020. Global priority areas for ecosystem
restoration. Nature 586:724-729.

Appendix 1
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Appendix 2

Table B1. Priors on parameter values for the landscape model.)

Parameter  Description Prior

y0 Intercept student_t(3, -2, 10)

bal Effect of height on trapped normal(0, 1)
seed density

y2 Effect of distance on trapped seed  normal(0, 1)
density

v3 Height x distance interaction normal(0, 1)
effect on seed density

v4 Effect of total available seed on normal(0, 1)
trapped seed density

a1 Dispersion parameter for negative  exponential(1)

exponential

sd_transect A set of variance parameters student_t(3, 0, 10
describing transect-level variance
height and distance parameters (y1,

v2,7v3)
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Table B2. Priors on parameter values for the empirical 2Dt and

mechanistic WALD integrated model. Priors on w, 8, v1 and v2 were set
weighted more strongly towards 0 with the assumption that transects
would not display extremely different dispersal kernels.

Parameter Description Prior Constraint

a Global parameter half-normal(0, 1) az0
governing 2Dt kernel

b Global parameter half-normal(0, 1) b=0
governing 2Dt kernel

f Total available seed effect half-normal(0, 1) None

@2 Dispersion parameter for exponential(1) @3>0
negative exponential

[0} Deviation between a and normal(0, 0.5) None
each transect

S Deviation between b and normal(0, 0.5) None
each transect

vl Transect-level variance exponential(4) vli>0
for the a parameter

v2 Transect-level variance exponential(4) v2>0
for the b parameter

dist Latent distance travelled wald(p, ) 0>dist,
between the trap and the > 50

ground
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