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AdipoQ receptor 4 (PAQR4) belongs to the family of progestin and AdipoQ receptors. PAQR4 plays an oncogenic role in lung
and breast cancer. However, systematic pancancer analyses of PAQR4 have not been performed. The purpose was to
investigate the prognostic and immunological significance of PAQR4 across 31 tumor types. Data were obtained from the
following sources: TCGA, GEO, UALCAN, TIMER, GEPIA2, KM plotter, and TISIDB databases. The results proved that
PAQR4 expression was significantly elevatory in most cancer types. We then explored the utility of PAQR4 as a prognostic
indicator across all cancers. Using Cox proportional risk regression models, it has been demonstrated that PAQR4 is an
independent risk factor in. High PAQR4 expression was not associated with other prognostic indicators, including overall
survival, disease-free interval, disease-specific survival, and progression-free period. Subsequently, we explored the
immunological value of PAQR4 and found that PAQR4 expression significantly correlated with tumor mutational burden,
microsatellite instability, neoantigen, and immune checkpoint genes in tumors. It also significantly negatively correlated with
most tumors’ ESTIMATE scores, indicating that PAQR4 can influence the cellular composition of the tumor
microenvironment. Our findings suggest the immunotherapeutic potential of PAQR4 in tumors. Finally, we explored the role
of PAQR4 in tumor drug resistance and found that PAQR4 expression affected the sensitivity to multiple chemotherapeutic
agents. A significant role for PAQR4 in tumor immunity is evident in these studies, as well as its potential role in cancer
diagnosis, prognosis, and treatment precision.

1. Introduction

Malignant tumors have gradually become the most signifi-
cant factor affecting human life [1]. Due to the insidious
nature and the lack of clinical symptoms in early stage, it
is difficult to achieve early diagnosis and treatment during
the optimal window of tumor treatment [2]. In recent years,
tremendous advances have been made in the treatment of
tumors, with chemotherapy and radiation therapy signifi-

cantly improving the five-year survival rate of patients.
However, we still face many problems. Chemotherapy and
radiation therapy bring severe side effects, which prevent
patients from tolerating the intensity of treatment. This leads
to poor compliance, which seriously affects the efficacy of
the treatment. Immunotherapy represented by PD1 and
PDL1 has entered clinical practice, particularly immune
checkpoint blockade therapy, which has achieved outstand-
ing progress [3]. Due to the heterogeneity of malignant
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tumors, more immunotherapeutic targets need to be
explored, and the blueprint for tumor immunotherapy needs
to be expanded [4].

The next-generation sequencing and single-cell tran-
scriptome technologies allow us to explore the complex gene
regulatory network of tumors at the transcriptional level and
even at the single-cell level. The application of sequencing tech-
nology has improved clinical diagnosis and provided many
therapeutic options. Meanwhile, as on-limits databases such as
the Human Cancer Genome Atlas (TCGA) and GEO continue
to improve, transcriptomic data could be linked to different
clinical modules. Individual genes can be comprehensively ana-
lyzed for their broad role in different tumors [5]. Gene expres-
sion can be combined with a variety of factors such as patient
survival, treatment, and drug sensitivity. By analyzing genes
across cancer types, we can explore and evaluate their potential
for clinical prognosis and targeted therapy [6].

As an AdipoQ receptor, PAQR4 belongs to the family of
AdipoQ receptors [7]. This family encodes functional recep-
tors with broad ligand specificity and is involved in a variety
of biomodulatory processes, including hormone secretion
and tumor progression [8]. The PAQR4 protein consists of
seven transmembrane helices and is anchored within the
Golgi membrane [9]. A key role for PAQR4 in tumor devel-
opment has been demonstrated. An antagonistic crosstalk
between PAQR4 and SKP2 regulates the homeostatic level
of CDK4, which promotes cell proliferation and tumor reg-
ulation [10]. One study found that PAQR4 could activate
the PI3K/AKT pathway promoting hepatocellular carci-
noma development [11]. PAQR4 is also involved in the
malignant ability of NSCLC through the CDK4-pRB-E2F1
pathway and can promote chemotherapy resistance in
NSCLC by inhibiting Nrf2 protein degradation [12].
Research has shown that PAQR4 is highly expressed in
breast carcinoma and activates antiapoptotic ceramidase to
promote tumor proliferation [9]. Previous studies on
PAQR4 have shown that it promotes tumor metastasis,
which directly affects patient prognosis. Consequently, we
infer that PAQR4 is a novel oncogene involved in multiple
pathways promoting cancer development and is a potential
prognostic and therapeutic pancancer biomarker.

However, current studies of PAQR4 in tumors have been
limited to a specific type of cancer. There has been no study
of the association between PAQR4 and pancancer. And, there
have also been no immunological studies of PAQR4, which is
necessary for further immunotherapy. We conducted a com-
prehensive and systematic study of PAQR4 using bioinfor-
matic methods, including expression profiles, prognostic
significance, and immunological values of PAQR4. Further-
more, PAQR4 expression was correlated with drug sensitivity.
Our analysis across pancancer provides new perspective into
the study of PAQR4 in cancer, uncovers immunological and
epigenetic mechanisms, and provides new strategies for the
early diagnosis and immunotherapy of tumors.

2. Materials and Methods

2.1. TIMER, GEPIA2, and CLLE. TIMER (https://cistrome
.shinyapps.io/timer/) is a webpage based on the TCGA,

which calculates the abundance of immune cell infiltration
in different tumor tissues and gene expression differences
between tumor and normal tissues [13]. In this work, the
“DiffExp module” was used to explore differential PAQR4
expression between tumor and tumor-adjacent tissues across
different tumor types. The “Gene plate” was used to explore
the correlation between PAQR4 expression and immune
infiltration level.

GEPIA2 (http://gepia2.cancer-pku.cn/#index) combines
the TCGA and GTEx databases for differential analysis
[14] and uses log 2ðTPM + 1Þ for logarithmic scaling. We
considered P < 0:01 to be statistically significant. The rela-
tionship between PAQR4 and overall survival (OS) and
disease-free survival (DFS) was calculated on GEPIA2, and
PAQR4 expression was cut off at the median.

Based on the CCLE dataset, the pancancer cell line
expression was calculated (https://portals.broadinstitute
.org/ccle/about) [15], and the expression matrix was con-
structed using the R studio (v4.2.0) and package ggplot2.

2.2. PrognoScan and KM Plotter. The PrognoScan (http://
dna00.bio.kyutech.ac.jp/PrognoScan/index.html) website is
used to explore the relationship between gene expression
and patient clinical prognoses, including OS and DFS.

The KM plotter [16] was used to analyze the relationship
between PAQR4 and OS across pancancer. The log-rank test
was used for comparative analysis of survival in different
groups, and the significance level was set at P < 0:05.

2.3. TISIDB. In the TISIDB (http://cis.hku.hk/TISIDB/),
multiple data types are integrated to predict tumor-
immune interactions [17]. The correlation of PAQR4 with
the immune subtypes of most cancers was analyzed using
the TISIDB database. Pearson correlation was used, and
P value of 0.05 was set as the statistical significance level.

2.4. Sangerbox. Based on the TCGA and GTEx databases,
Sangerbox is an online analysis tool. The tool downloads
data from the UCSC (https://xenabrowser.net/) and analyzes
them online. A Sangerbox analysis was performed to assess
the correlation between PAQR4 expression and immune
checkpoint genes, tumor mutation burden, microsatellite
instability, neoantigens, and ESTIMATE in tumors.

To further confirm PAQR4’s prognostic value, Cox propor-
tional hazard risk regression models were employed, and the
association of PAQR4 expression with OS, disease-specific sur-
vival (DSS), disease-free interval (DFI), and progression-free
period (PFI) in differentmalignant tumor patients was observed
using the Sangerbox. The expression values were transformed
by log 2ðx + 0:001Þ, and correlation analysis was performed
using the Pearson correlation coefficient.

2.5. UALCAN. UALCAN (http://ualcan.path.uab.edu) is a site
that provides comprehensive and interactive information. It
enables online analysis of different types of tumor data based
on the TCGA [18]. In our research, UALCANwas used to ana-
lyze differences in PAQR4 promotermethylation levels between
tumor and normal tissues. The promoter methylation levels
were expressed by beta values, and the Student t-test was used
for statistically significant comparisons.
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2.6. cBioPortal. cBioPortal (https://www.cbioportal.org) is a
platform for exploring multidimensional cancer genomic
data based on the TCGA. It was used to analyze mutations
in the PAQR4 gene in different cancers, including gene
mutation summary and pan-oncogene mutation mapping.

2.7. GSCA. GSCA (http://bioinfo.life.hust.edu.cn/GSCA/#/)
integrates the drug sensitivity and transcriptomics data of
cancer cell lines in GDSC (genomics of drug sensitivity in
cancer) and CTRP (the cancer therapeutics’ response portal)
[19]. In this study, GSCA was used to analyze the frequency
of harmful mutations in PAQR4 in kinds of cancer types and
to analyze the correlation between PAQR4 expression and
copy number variations (CNV). A Spearman correlation
coefficient was used to analyze the correlation between
PAQR4 expression level and drug sensitivity (including var-
ious chemotherapy drugs).

2.8. CellMiner. The CellMiner (https://discover.nci.nih.gov/
cellminer/home.do) is a tool for integrating and studying
pharmacological data of 60 tumor cell types [20]. Processed
RNA sequencing and Developmental Therapeutics Program
NCI-60 datasets were downloaded from CellMiner. The R
Studio software (v4.1.2) was used for statistical analysis
and mapping. The analysis focuses on FDA-approved or
clinically tested drugs. Then, the correlation of PAQR4 with
drug IC50 was analyzed using the “impute,” “limma,” R
packages.

3. Results

3.1. PAQR4 Expression Is Higher in Tumors than in Normal
Tissues. First, we investigated PAQR4 expression levels in
different tumor cell lines (Figure 1(a)). PAQR4 was differen-
tially expressed in tumor cell lines and was exceptionally
high in SCLC (small cell lung cancer) and low in MESO
(mesothelioma) cell lines.

Furthermore, we explored the differences in PAQR4
expression between tumor and normal tissues. GEPIA2 web-
site differential expression analysis showed that PAQR4 is
significantly overexpressed in 23 tumor types (Figure 1(c)),
and the full names and abbreviations of the 23 tumor types
are shown in Supplementary Table 1. To further detect the
pancancer PAQR4 expression level, we analyzed the TCGA
RNA sequencing data using the TIMER website and found
high PAQR4 expression in 17 tumor types (Figure 1(b)).
These data demonstrate that PAQR4 is significantly highly
expressed in most tumors.

3.2. The Pancancer Prognostic Value of PAQR4. To explore
the pancancer prognostic value of PAQR4, a series of analy-
ses were performed. Using GEPIA2, as a risk factor, PAQR4
significantly affected OS and DFS in KIRP, LIHC, LUAD,
MESO, SARC, and SKCM (Figure 2), and the PAQR4 high
expression group showed worse OS, DFS, and shorter
median survival time. Using the Kaplan-Meier plotter, simi-
lar outcomes were found. OS was significantly worse in the
PAQR4 high expression group: BLCA, KIRC, KIRP, LIHC,
LUAD (lung adenocarcinoma), OV, and SARC, and PAQR4
was a risk factor affecting the prognosis of these tumors.

However, in HNSC and STAD, OS for the PAQR4 high
expression group was longer than that for the low expression
group, indicating that PAQR4 is a prognosis-affecting pro-
tective factor (Figure 3).

We then used the Sangerbox online tool, which uses the
R package surv’s Coxph function, to build Cox proportional
hazard risk regression models. In 44 tumors, we identified a
linkage between PAQR4 expression and OS, DSS, DFI, and
PFI. Poor OS occurred with high PAQR4 expression in 11
tumor types (LGG (brain lower grade glioma), LUAD, KIRP,
KIPAN (pankidney cohort), LIHC, BLCA, SKCM-M (skin
cutaneous melanoma-metastasis), MESO, PAAD, LAML
(acute myeloid leukemia), and ALL (acute lymphoblastic
leukemia)) (Figure 4(a)). Conversely, in STES (stomach
and esophageal carcinoma) and STAD tumors, PAQR4
was a protective factor. PAQR4 expression also affected
patient DSS, DFI, and PFI (Figures 4(b)–4(d)).

Additionally, PrognoScan was used to determine the
connection between PAQR4 expression and survival in the
GEO datasets. The high PAQR4 expression group had worse
OS in lung, bladder, and brain cancers (Figure S1).
Meanwhile, the PAQR4 high expression group showed
worse relapse-free survival in lung and breast cancers. The
PAQR4 high expression group had a worse DFS for breast
cancer. The comparisons were statistically significant; more
details are presented in Table 1. These results demonstrate
that PAQR4 expression affects the prognosis of patients in
multiple cancers.

3.3. PAQR4 Genetic Alterations Occur in Different Tumor
Tissues. PAQR4 alterations in different cancers were ana-
lyzed using cBioPortal. PAQR4 gene alterations occurred
in 1.1% of the patients with cancer (Figure 5(a)). Amplifica-
tion was the main type of PAQR4 alteration. Missense muta-
tions in PAQR4 gene also occurred in a patient subset. A
summary of pancancer PAQR4 mutations showed the high-
est frequency of PAQR4 amplifications in invasive breast
carcinoma (Figure 5(b)). The most frequent alteration in
cholangiocarcinoma was amplification, and amplification
occurred in diffuse large B-cell lymphoma and adrenocorti-
cal carcinoma (Figure 5(b)).

Using the GSCA website, we further examined the con-
nection between PAQR4 expression and CNV in other can-
cers. PAQR4 and CNV significantly correlated in 23 tumors
(Figure 5(c)). Concurrently, we analyzed the frequency of
SNV (single nucleotide variants) of PAQR4 in tumors.
SNV frequency was highest in STAD (Figure 5(d)). These
results demonstrated that PAQR4 alterations occur in differ-
ent tumor types and may regulate tumorigenesis and
proliferation.

3.4. Pancancer Analysis of PAQR4 Promoter Methylation.
DNA methylation is closely associated with tumor develop-
ment, metastasis, and progression [21]. Epigenetic methyla-
tion controls tumor proliferation and metastasis [22–24] and
can be used to monitor the effectiveness of tumor risk inter-
ventions [23]. Moreover, DNA methyltransferases are
important research targets for epigenetic tumor drug ther-
apy [25]. The UALCAN website was used to analyze PAQR4

3Computational and Mathematical Methods in Medicine

https://www.cbioportal.org
http://bioinfo.life.hust.edu.cn/GSCA/#/
https://discover.nci.nih.gov/cellminer/home.do
https://discover.nci.nih.gov/cellminer/home.do


2

3

4

5

6

7

SC
LC

CO
A

D
_R

EA
D

D
LB

C
BL

CA
SA

RC M
M

LA
M

L
SK

CM
BR

CA
LI

H
C

M
ES

O
O

V
ES

CA
U

CE
C

G
BM

PA
A

D N
B

LU
A

D
ST

A
D

KI
RC N
SC A
LL

LU
SC

LG
G

H
N

SC
TH

CA
LC

M
L

M
B

PR
A

D

CE
SC CL

L

Ew
in

gs
_s

ar
co

m
a

PA
Q

R4
 ex

pr
es

sio
n

NB
LUAD
STAD
KIRC
NSC
ALL
LUSC
LGG
HNSC
THCA
LCML
MB
PRAD

CESC
CLL

Ewings_sarcoma

SCLC
COAD_READ
DLBC
BLCA
SARC
MM
LAML
SKCM
BRCA
LIHC
MESO
OV
ESCA
UCEC
GBM
PAAD

V1

(a)

Figure 1: Continued.
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promoter methylation levels across tumors. PAQR4 pro-
moter methylation levels in COAD, ESCA, KIRC, KIRP,
LUAD, LUSC (lung squamous cell carcinoma), PRAD
(prostate adenocarcinoma), BRCA, READ, THCA (thyroid
carcinoma), and UCEC were substantially higher compared
to those in normal tissues, while the promoter methylation
levels in PCPG (pheochromocytoma and paraganglioma)
and TGCT were significantly lower than those in normal tis-
sues (Figure 6), suggesting that there are differences in
PAQR4 promoter methylation levels in different tumors.

Subsequently, the Sangerbox was used to analyze the corre-
lation of PAQR4 with three RNA modification (m1A, m5C,
and m6A) marker genes (Figure S2). Most of these genes’
expression and PAQR4 have a positive correlation. Based on
this data, we speculate that PAQR4 regulates tumorigenesis at
the epigenetic level and further influences tumor progression.

3.5. PAQR4 Expression Is Correlated with Pancancer
Immune Subtypes. Immune subtypes within tumors suggest

a cancer’s immune status. These subtypes represent the
tumor microenvironment characteristics of different tumor
types [26] and guide tumor immunotherapy. Immune sub-
types include six types. C1 (wound healing) type has
increased angiogenic gene expression, high proliferation
rate, and TH2 cell bias towards adaptive immune infiltra-
tion. The strongest M1/M2 macrophage polarization is
found in C2 (IFN-γ-dominant), and it shows a high prolifer-
ation rate. C3 (inflammatory) has increased Th17 and Th1
gene expression. C4 (lymphocyte-depleted) showed more
macrophage characteristics: Th1 inhibition and high M2
reactivity. C5 (immunologically quiet) showed the minimum
lymphocyte count and the highest macrophage response. C6
(TGF-β-dominant) cells showed the highest TGF-β signal
and high lymphocyte infiltration [27]. Using the TISIDB
immunological website, we examined the relationship
between PAQR4 and immune subtypes in several cancers.
(Figure 7). We found different PAQR4 expression levels of
different immune subtypes within the same tumor. For
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Figure 1: PAQR4 expression levels in human cancers. (a) PAQR4 expression in different cancer cell lines. It was exceptionally high in SCLC
cell lines and lower in MESO cell lines. (b) PAQR4 expression differences in tumors and normal tissues from the TCGA database analyzed
by the TIMER database, and PAQR4 is significantly higher in 17 tumors. (∗P < 0:05, ∗∗P < 0:01, and ∗∗∗P < 0:001). (c) PAQR4 expression
differences in tumor and normal tissues in the GEPIA2 database, red is for tumor tissue and blue is for normal tissue. (∗P < 0:05).
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Figure 2: (a–i) Kaplan-Meier survival curve of human cancers with high and low PAQR4 expression group analyzed by the GEPAI2
database.
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Figure 3: Continued.
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example, in BLCA, PAQR4 expression was higher in C2 and
C6 and lower in C3. In KIRP, PAQR4 expression was signif-
icantly higher in C1 than in other types. The findings above
show that PAQR4 is related to immune subtypes and may
regulate the tumor-immune environment.

3.6. Correlation of PAQR4 Expression Level with TMB, MSI,
NEO, Purity, and ICP Genes in Tumors. ICP genes are 60
genes representing the two immune checkpoint pathways
(inhibitory (24 genes) and stimulatory (36 genes)) [27].
TMB, MSI, and NEO are considered important biomarkers
of the tumor microenvironment [28, 29]. Cell-intrinsic fac-
tors and metabolites in the tumor microenvironment affect
the metabolism and behavior of cancer cells, which is a key
link in cancer development, progression, metastasis, and
drug resistance [30]. The tumor microenvironment directly
affects the efficacy of therapies including chemotherapy
and immunotherapy. A significant relationship between
TMB and the objective remission rate of anti-PD-1 or anti-
PD-L1 therapy has been reported for several cancers [31],
and MSI, a biomarker of PD-1 blockade, is strongly associ-
ated with tumor diagnosis and immunotherapy efficacy.

To explore the immune mechanism of PAQR4 in the
tumor microenvironment, the Pearson correlation coeffi-
cient was calculated between PAQR4 expression level and
TMB, MSI, NEO, and purity in pancancer using the Sanger-
box. PAQR4 was significantly positively correlated with
TMB in seven tumors (LUAD, STES, KIPAN, STAD, UCEC,
THYM, and KICH) (Figure 8(a)). PAQR4 was significantly
correlated with MSI, with a positive correlation in ten
tumors (GBMLGG (glioma), STES, KIPAN, STAD, UCEC,
THYM, TGCT, UVM, UCS, and KICH) and a negative cor-
relation in one tumor (DLBC) (Figure 8(b)). PAQR4 was
significantly correlated with NEO, including positive corre-
lations in three tumors (COADREAD (colon adenocarci-

noma/rectum adenocarcinoma esophageal carcinoma),
UCEC, and THYM) and negative correlations in two tumors
(GBM and PCPG) (Figure 8(c)).

Additionally, the relationship between PAQR4 expres-
sion and tumor purity was examined. There was a significant
correlation in 18 tumors, a positive correlation in GBM,
GBMLGG, CESC, BRCA, ESCA, STES, SARC, KIRP, etc.,
and a positive correlation in THYM and BLCA
(Figure 8(d)). Next, we analyzed the correlation between
ICP genes and PAQR4 and found that PAQR4 was signifi-
cantly positively correlated with CD276, VEGFA, and
HMGB1 in most tumors and was also positively correlated
with most ICP genes in LIHC, OV, BLCA, and KIRC
(Figure S3). Thus, PAQR4 is associated with various
biomarkers of the tumor microenvironment and has the
potential to be a tumor immunotherapy target.

3.7. Correlation Analysis of PAQR4 Expression Level with
ESTIMATE in the Tumor Microenvironment. Researchers
can obtain ratings for tumor purity, the number of stromal
cells present, and the degree of immune cell infiltration in
tumor tissues utilizing the ESTIMATE. We looked further
at the relationship between stromal and immunological
scores as well as ESTIMATE scores and PAQR4
expression.

Among the 39 tumor types, we observed significant cor-
relations between PAQR4 expression and stromal scores in
23 tumor types, including 22 negative correlations
(Figure 9). PAQR4 was significantly correlated with the
immune scores for 19 cancer types, including 17 negative
correlations (Figure S4). PAQR4 expression level was
significantly correlated with the ESTIMATE scores among
23 cancers, including 20 negative correlations (Figure S5).
Next, we investigated the correlation between PAQR4
expression and the degree of infiltration of six immune
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Figure 3: Survival analyses of the PAQR4 in human cancers in the Kaplan-Meier plotter database. OS was significantly worse in the PAQR4
high expression group: (a) BLCA, (c) KIRC, (d) KIRP, (e) LIHC, (f) LUAD, (g) OV, (h) and SARC. In (b) HNSC and (i) STAD, PAQR4 is a
prognosis-affecting protective factor.
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(a)
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Figure 4: Continued.
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cells: B cells, CD8+T cells, CD4+T cells, neutrophils,
dendritic cells, and macrophages. The degree of infiltration
of different immune cells was significantly correlated with
PAQR4 expression in BLCA, BRCA, CESC, HNSC, KIRC,
LIHC, LUSC, STAD, THYM, KICH, and MESO
(Figure S6). Through the above series of immunological

studies, PAQR4 has been shown to influence the
infiltration of different immune cells into tumors to
regulate the immune microenvironment.

3.8. Correlation of PAQR4 Expression with Drug Sensitivity.
Chemotherapeutic agents remain the primary choice for

(c)

(d)

Figure 4: Correlation analysis of PAQR4 expression with (a) OS, (b) DSS, (c) PFI, and (d) DFI. Data are shown as forest plots.
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Figure 5: Continued.
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first-line treatment of many tumors [32]. The development
of tumor drug resistance may be associated with gene dys-
regulation [33]. Consequently, the efficacy of many therapies
is greatly compromised. Thus, we examined the connection
between medication sensitivity and PAQR4 expression using
the GSCA website to mine the GDSC and CTRP databases.
PAQR4 expression was significantly associated with multi-
drug sensitivity. The GDSC database results showed signifi-
cant positive correlations with sensitivity to bleomycin,
talazoparib, docetaxel, midostaurin, and trametinib
(Figure 10(a)). The CTRP database showed that PAQR4
was significantly negatively correlated with the sensitivity

to cytarabine hydrochloride, decitabine, fingolimod, mito-
mycin, panobinostat, and sirolimus (Figure 10(b)). Using
the CellMiner database to analyze PAQR4 and drug IC50s,
18 significant relationships were uncovered showing positive
PAQR4 association with the IC50 of most drugs, including
vorinostat, methylprednisolone, decitabine, vemurafenib,
karenitecin, 5-Flu, and dabrafenib (Figure 11). These drugs
are used in chemotherapy, endocrine therapy, and targeted
therapy for tumors. Some of these drugs are the most
recently approved novel drugs for oncology regimens, and
some are well-established for oncologic chemotherapy.
These results indicate that the development of drug
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Figure 5: (a, b) PAQR4 genomic alterations in pancancer analyzed by the cBioPortal database. PAQR4 gene alteration occurred in 1.1% of
cancer patients. (c) Analysis of the correction between PAQR4 expression and CNV in different tumors in the GSCA website. (d) The
frequency of SNV (single nucleotide variants) of PAQR4 in tumors in the GSCA website.
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Figure 6: The DNA promoter methylation levels between normal and cancer tissues in the UALCAN database.
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Figure 7: Continued.
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resistance in different tumors may be related to the abnor-
mal expression of PAQR4 and provides an alternative diag-
nostic test for precision therapy.

4. Discussion

Cancer is a major disease that threatens billions of lives world-
wide [34]. It is difficult to diagnose in early stages, and late
stage metastasis makes it the number one killer of human
beings [35]. Research on cancer has gradually progressed from
the initial pathological diagnosis to the genetic level [36].
However, we find that the tumor is a multilevel regulated
genetic disease. The heterogeneity of tumors and the complex
immune microenvironment leave the pathogenesis of tumors
in an unclear position. New therapeutic tools for tumors have
also been discovered, although chemotherapy remains the
first-line treatment for most tumors [37]. However, there are
many problems in clinical practice including chemotherapeu-
tic drug side effects. Granulocytopenia and chemotherapeutic
resistance are observed in tumors with distant metastases [38].
These side effects expose patients to risks that are dispropor-
tionate to the benefits. With the identification of molecular
targets and their cellular functions, targeted therapies based
on antibodies and small-molecule inhibitors have begun to
be applied [39]. With the focus on tumor immunity research,
the regulation of tumors by the immune system provides new
hope for tumor treatment. More targets and mutation sites
have been identified, and drugs that are targeting genes such
as EGFR and HER2 have been shown to have definite antitu-
mor effects in breast and lung cancers [40]. However, the

development of small-molecule drugs is not perfect, and there
are still many challenges in the regulation of tumor metabo-
lism and inhibitors of tumor gene mutations [41]. Many
patients remain insensitive to the current small-molecule tar-
get drugs, and these small-molecule-targeted drugs based on
modulation of the innate immune system, its side effects,
and antitumor effects are still unclear [42]. Meanwhile,
numerous clinical trials demonstrated that immunotherapy
based on PD-1 and PD-L1 inhibitors significantly prolongs
patient survival [43]. Owing to the difficulty of early tumor
diagnosis and the complex immune environment, the current
therapeutic tools to treat tumors are far from sufficient, and
new targets are urgently needed to guide precision medi-
cine [44].

To discover more valuable targets and explore common-
alities in tumor development, we used bioinformatic tech-
niques to analyze individual gene expression differences
across cancers at the transcriptome level. In the analysis of
PAQR4 across pancancer, based on data from TCGA and
GTEx databases, we found that PAQR4 expression levels
were significantly upregulated in up to thirty tumors. Its
prevalent high levels are difficult to ignore. And its ability
to promote cell proliferation, which drives cellular carcino-
genesis and unlimited proliferation, has been well estab-
lished in existing studies on individual tumors. The
oncogenic role of PAQR4 in LIHC, NSCLC, and BRCA
has been demonstrated in experimental studies. Further,
we explored the prognostic value of PAQR4, and prognostic
indicators, such as OS, DSS, DFI, and PFI, are closely corre-
lated with PAQR4 expression. High PAQR4 expression is a
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Figure 7: (a–r) The relationship between PAQR4 expression and six immune subtypes across pancancer, including C1-C6 subtypes. In
different subtypes, PAQR4 expression is different.
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Figure 8: Continued.
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risk factor for most tumors, and its higher expression is asso-
ciated with shorter survival, which significantly affects
patient prognosis. These results indicated that PAQR4 pro-
motes oncogenesis and has the potential to be a pancancer
prognostic marker. Next, PAQR4 was investigated from a
genetic and epigenetic perspective. We found significantly
higher levels of PAQR4 promoter methylation in most of

tumors, and PAQR4 was significantly associated with most
of the RNA modification marker genes. These epigenetic
alterations may cause dysregulation of PAQR4 in many can-
cers and can act as risk markers for tumors [45].

The six immune subtypes characterize different immune
states within the tumor and are closely related to tumor
prognosis, genetics, and immune regulation. Our analysis
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Figure 8: The relationship between PAQR4 expression and (a) TMB, (b) MSI, (c) NEO, (d) purity. (∗P < 0:05).
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showed significant differences in PAQR4 expression among
different immune subtypes. PAQR4 is involved in immune
regulation of the tumor environment, causing tumors to
develop toward different immune subtypes. PAQR4 may
regulate the distribution as well as the ratio of different cell
subpopulations in the immune microenvironment and con-
tribute to changes in tumor purity. Next, we examined the

correlation between TMB, MSI, and NEO in the tumor
microenvironment. The total number of somatic genetic
coding mistakes, base substitutions, insertions, or deletions
found per million bases is known as TMB [46]. TMB is an
indicator of the efficacy of anti-PD1/PDL1 therapy in
tumors, and persistently high TMB improves efficacy of
immune checkpoint blockade therapy [29, 47]. Similarly,
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Figure 9: The correlation between PAQR4 expression and stromal score. 22 of 23 tumors are negative correlations.
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MSI significantly affects tumor prognosis [48]. TMB in
seven tumor types significantly positively correlated with
PAQR4 expression, and MSI of 10 types of tumors was sig-
nificantly correlated with PAQR4 expression, including a
significant negative correlation in DLBC. Thus, PAQR4
influences tumorigenesis by participating in multiple gene
alterations and has the potential to be an important marker
for cancer immunotherapy and prognosis. The tumor-
specific antigen NEO, which is produced by nonsynon-
ymous mutations, is a highly desirable target for tumor
immunotherapy. Numerous tumor cells express NEO, which
has a potent immunogenicity and a diverse range of tumor
types [49]. As a new approach to tumor immunotherapy,
vaccinations produced against NEO have been used in clin-
ical studies for several solid tumors [50], and the NEO of five
types of tumors was significantly associated with PAQR4 in
this study.. All above revealed that PAQR4 plays a complex
role in tumors and is a promising target.

In addition to tumor cells, there are nontumor cells such as
immune cells, stromal cells, and mesenchymal cells in tumor
tissues, and these different types of cells together constitute a
complex tumor microenvironment [51], which often limits or
poorly differentiates vasculature, creating inefficiencies in

nutrient and oxygen delivery as well as waste removal [52].
Metastasis depends on bidirectional interactions between can-
cer cells and their environment [53]. The tumormicroenviron-
ment is closely related to patient clinical characteristics,
genomic expression, and biological properties [54]. Our
research provided a significant correlation between PAQR4
expression and the tumors purity in 18 cancers, especially in
THYM and BLCA, where higher PAQR4 was associated with
lower tumor purity. In the remaining 16 tumors, the higher
the PAQR4 expression, the higher the tumor purity. We also
correlated PAQR4 expression with the ESTIMATE score in
the tumor microenvironment and found that stromal, immu-
nological, and ESTIMATE scores were negatively correlated
with PAQR4 expression in more than 3/4 of tumors, which
was consistent with our previous analysis. Based on these
immunological studies, PAQR4 expression can significantly
affect the composition of different immune cells in the tumor
microenvironment and participate in different pathways to
modulate the immune response of the tumor, which may be
associated with poor prognosis in the high PAQR4 group.

Previous investigations revealed that PAQR4 is involved in
the regulation of chemotherapy resistance in NSLC [12], and
our analysis of drug databases revealed that PAQR4
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expression is significantly associated with sensitivity to multi-
ple chemotherapeutics. These drugs constitute the treatment
protocols for different oncology patients. We will further
explore the specific mechanisms underlying PAQR4 involve-
ment in chemotherapy resistance in different cancers, which
is important for guiding personalized clinical drug decisions.

While we extensively analyzed PAQR4 and cross-
validated with multiple databases, many limitations remained
in this study. First, biases in sequencing data from different
databases might have led to systematic errors. Second, further
cellular or animal models are required to validate the potential
PAQR4 functions. Although we concluded that PAQR4 can
influence tumor progression through the immune environ-
ment, the exact regulatory mechanisms remain unclear, and
there remain multiple avenues for PAQR4 research. In the
future, we will prospectively investigate PAQR4’s function
and attempt to develop and test novel antitumor immunother-
apeutic agents targeting PAQR4 to enable more precise treat-
ment of malignant tumor patients.

5. Conclusion

Transcriptomic data from different sources were analyzed at the
tissue and cellular levels to understand the differences in PAQR4
expression between tumor and normal groups. We found that
PAQR4 was significantly upregulated in tumors and affected
patient survival. We further investigated the correlation
between PAQR4 and infiltration of different lymphocyte sub-
populations and the IC50 of different drugs. These findings
suggest that PAQR4 is a potential immunomodulator with
important implications for tumor therapy. The above pancan-
cer studies of PAQR4 suggest that PAQR4 is a potential target
for tumor diagnosis and immunotherapy.
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