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Abstract

Artificial intelligence (Al) technologies are increasingly integral to our world, as they serve as the foundation for new value
propositions and distinctive customer experiences. Al is crucial for offering better customer experiences, which strengthen
the consumer—brand relationship and brand differentiation. Based on the stimulus—organism-response model, this study
examined the influence of Al on brand preference for retail banks in Hong Kong. Structural equation modeling was used to
analyze 300 responses collected from a questionnaire survey of Generation Z subjects. The findings indicate that AI market-
ing efforts affected brand experience, brand preference, and repurchase intention. Among Al marketing efforts, information,
accessibility and customization exerted influences on brand experience, while interaction had no significant impact on it.
Brand experience also mediated the relationship between Al marketing efforts and brand preference. The study will help
retail banks to design Al marketing activities and formulate better marketing and branding strategies for customer acquisi-

tion and retention.
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Introduction

Among the many new technologies in recent years, artificial
intelligence (AI) has become critical for the banking indus-
try, and many banks around the world are integrating their
operations with Al. Al can substantially enhance banks’
ability to achieve greater profits, service personalization,
distinctive omnichannel experiences, and rapid innovation
cycles (Biswas et al. 2020). In line with global trends, the
Hong Kong Monetary Authority (HKMA), the de facto
central bank of Hong Kong, formulated the FinTech 2025
strategic framework with the goal of assisting the banking
industry in fully implementing financial technology by 2025
(HKMA 2021). Achieving the full potential of Al in the
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banking industry is one of the main focuses of FinTech 2025
(HKMA 2022).

By incorporating Al into business processes, banks can
provide seamless, digitalized financial services to meet
customer demand. Al helps banks succeed amidst the keen
competition in this sector. However, despite the potential
benefits of Al, it has only been partially adopted in Hong
Kong’s banking sector. According to a survey conducted
by the HKMA in 2019, just 48% of the Hong Kong bank-
ing sector has adopted or plans to adopt Al applications.
Local banks in particular are still hesitant about applying Al
technologies. Possible reasons include the costs of resolving
customer doubts about Al solutions and insufficient support
from top management. Thus, this research aims to provide
support for the adoption of Al technologies as the founda-
tion for new value propositions and distinctive customer
experiences.

Improving customer experience is one major reason for
Al adoption. Currently, banks in Hong Kong use Al to ana-
lyze customer data to offer personalized wealth management
services, track customer information, and confirm custom-
ers’ identities to provide remote customer onboarding. As
many business processes become digitalized and stream-
lined, banking customers are developing higher expectations
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of products and services. One survey reported that 70% of
banking customers in Hong Kong are interested in obtain-
ing more personalized information and tools (PwC 2019).
Thus, consumer preferences are shifting to personalized
digital services that can meet all of their product and service
needs while adjusting to the customer’s different life stages.
However, the World Retail Banking Report 2022 suggested
that retail banks currently lag behind others in providing a
true personalized customer experience; hence, these banks
should better leverage Al to provide a tailored experience
to create stronger connections and maximize customer value
(Capgemini and Efma 2022).

Al is crucial for banks’ attempts to improve customer
experience, which can strengthen consumer—brand relation-
ships. Customers feel happy and satisfied with the brand’s
Al offerings if they have the right experience (Trivedi 2019).
A pleasurable customer experience will create positive value
for the bank in terms of brand preference, which helps banks
to achieve differentiation and competitive advantage (Kumar
et al. 2019). However, despite the importance of Al for con-
sumer—brand relationships, research on the effects of Al
on branding is limited and fragmented. While some stud-
ies have suggested that Al has positive effects on brand-
ing (Trivedi 2019; West et al. 2018), others have suggested
that information technology has become a necessity rather
than an option that provides competitive advantages (i.e.
the IT paradox) (Hajili et al. 2015; Seric et al. 2016). Tech-
nology can save customers time and effort in transactions,
but errors and limited human assistance result in inefficien-
cies, which cause customer dissatisfaction (Park and Zhang
2022). Therefore, the role of Al in branding still remains
unclear. Bock et al. (2020) called for further investigation
into the influence of AI on consumers’ evaluation of the
servicescape and organizations, and Vlaci¢ et al. (2021)
recommended further research into how Al-powered mar-
keting tools affect the attitudes, beliefs, and behaviors of
consumers, especially in the Covid-19 pandemic. To provide
a clearer picture and to respond to these calls for further
research, this study investigated the influence of Al on brand
preference among Hong Kong retail banks. To the best of
our knowledge, no previous empirical study has examined
the role of Al in brand preference in the context of Hong
Kong’s banking industry.

While the use of Al is a global trend, research on the
role of Al in branding is rare. Although a few studies have
been conducted in the United Kingdom, the United States,
and India, their focuses were very different and may not
be applicable to Hong Kong because of its differences in
financial technology development, customer preferences,
and culture. Thus, theoretically, this study can contribute to
the AI, marketing, and branding literature by providing an
understanding of Al-consumer—brand relationships in the
banking context. Practically, the results of this study will
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be of interest to marketing practitioners who wish to build
strong brands via an Al-related marketing mix. Retail banks
will also benefit from the results of this study, as their invest-
ments in AI may depend on whether Al can help to create
value (brand preference) for stakeholders. This study will
also guide bank regulators in handling the barriers to Al
adoption, as some local banks are still hesitant about apply-
ing Al technologies (HKMA 2019).

Literature review
Al in Hong Kong

Al enables machines to perform business activities that are
normally performed by humans. The goal of Al is to enable
computers to mimic human intelligence so that they can
learn, sense, think, and act, thus achieving automation and
gaining analytic insights (VIaci¢ et al. 2021). AI has been
commonly adopted by retail banks in Hong Kong to enhance
customer experience. Examples of Al in banking today
include chatbots, robo-advisors, facial recognition, voice
recognition, and Al-powered mobile apps. Chatbots, virtual
conversation agents, and robo-advisors provide 24/7 person-
alized customer services and recommend suitable financial
services and products. With facial recognition and voice
recognition technologies, customers can open an account at
home, log in to their bank account, and authorize financial
transactions anywhere and anytime. Al-powered banking
mobile apps give customers convenient access to banking
services and provide personalized tips and insights on sav-
ings and expenses. In light of the “new normal” following
the Covid-19 pandemic and the need for social distancing,
Al-powered marketing tools are expected to increase in
importance for enhancing customer—brand interactions.

While AI provides positive value creation, it can be the
sources of customer dissatisfaction. The technical debt of
Al is limited human assistance. As Al can only assist with
a restricted range of issues, customers may be frustrated as
they either need to repeat the query in alternative ways to get
an answer, or need to get the information elsewhere (Castillo
et al. 2021). Unlike human, Al lacks empathy. Customers
may feel undervalued and detached because of the imper-
sonal interactions. Integration conflicts may occur if there
is loss of information when interacting with AI or during
handover to a human customer support assistant (Castillo
et al. 2021). These dark sides of Al imply the need to further
research on Al-brand interactions which is the aim of this
study.
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Stimulus-organism-response

The stimulus—organism-response (SOR) model was adopted
as the fundamental framework in this study. The SOR model
elaborates the links between inputs (stimulus), processes
(organism), and outputs (response) and explains the impact
of environmental cues on individuals’ internal states and
behavioral responses and the sequence of events. It has
been widely used in the marketing literature to understand
consumer behavior (Fan et al. 2022). More importantly, the
SOR model can broadly predict use behavior in response
to innovative technologies. Kim et al. (2020) applied the
SOR model to understand consumers’ authentic behavior
and their responses to virtual reality tourism experiences.
Various scholars have applied the SOR framework to under-
stand consumers’ online behavior (Islam et al. 2020; Zhu
et al. 2019). Guided by the SOR paradigm, Wu et al. (2021)
assessed the impact of travel apps’ atmospheric cues on tour-
ists’ emotional and behavioral responses. In this study, the
SOR model was applied to explain the role of Al (stimulus)
on brand experience (organism), which affects brand prefer-
ence and repurchase intention (response).

Al marketing efforts

Al marketing efforts can affect customer response and
decision making (Chen et al. 2022; Libai et al. 2020). In
customer—employee interactions, bank employees enhance
customer trust through customer orientation, information
sharing, and response to customer concerns (Roberts-
Lombard and Petzer 2021). Such marketing efforts are par-
ticularly important for banks that must exchange financial
information or updates to provide professional customized
services. Al can reduce customers’ physical and temporal
distance from banks by giving easy access to product or
service information (Chung et al. 2020). Chung et al. (2020)
and Cheng and Jiang (2021) were pioneers in examining
the role of Al marketing efforts on consumer behaviors and
customer—firm relationships, but their focus was on chatbots
only. To extend the discussion on Al marketing efforts and
its components, this study aimed to provide an up-to-date
account of Al applications in Hong Kong’s banking industry.

According to Cheng and Jiang (2021), Al marketing
efforts involve five dimensions: interaction, information,
accessibility, customization, and entertainment. Entertain-
ment is not relevant to the banking context. Compared with
other business contexts, banking customers are more utilitar-
ian oriented (or transactional) (Rodrigues et al. 2016). They
seldom perceive financial activities or transactions as fun
and enjoyable; hence, only the other four dimensions were
adopted in this study. Interaction refers to communications
between customers and the brand’s Al agents. Social inter-
action is an important component of customer experience

when customers interact or talk with Al agents (Godey et al.
2016). Information refers to the AI’s provision of informa-
tion to customers on products or services or the brand itself.
Through the analysis of big data, Al can offer relevant mar-
keting communications to customers, which is essential to
building brand awareness and loyalty (Sadek et al. 2015).
Accessibility refers to assessing and responding to customer
information in a timely manner via Al technology. By offer-
ing 24/7 customer services, Al can improve service qual-
ity, which affects brand image and performance (Sultan and
Wong 2019). Customization refers to Al marketing activities
offering customers personalized assistance to satisfy their
needs. By personalizing Al-assisted services, brands can
help customers express their individuality, building stronger
brand affinity and loyalty (Godey et al. 2016).

Brand experience

Brand experience involves a series of interactions with
people, objects, processes, and environments, resulting in
cognitive, emotional, sensorial, and behavioral responses
(Trivedi 2019). Brand experience is a multi-dimensional
concept which can be measured by four dimensions includ-
ing sensory, affective, behavioral and intellectual (Bra-
kus et al. 2009). In banking context, brand experience is
customers’ judgement on their overall service experience
(Wasan 2018). It refers to the collective feelings, percep-
tions, and attitudes formed by consumers during the deci-
sion making and consumption process. It is a combination
of the consumption, product, service, and shopping expe-
riences originating in customer—brand interaction (Khan
et al. 2016). Thus, this study adopted Wasan’s definition
of brand experience. Customers enjoy brands that provide
them with an exceptional experience. For example, if they
have a pleasurable online brand experience, they will have
a higher level of engagement with the company, which rein-
forces brand satisfaction and brand loyalty (Khan et al. 2016;
Yasin et al. 2020). Therefore, brands can generate more sales
and repeated engagement by offering a richer experience. To
attract more consumers, businesses must sell an extraordi-
nary brand experience and promote a variety of experiences
(Hwang et al. 2021), which is vital to differentiating their
brand in a hypercompetitive banking industry. In particular,
customer experience is driven by technological advances.
Al-powered bank services thus add value to the brand expe-
rience of conventional banks.

The literature has suggested that Al marketing efforts
affect the customer—brand relationship (Nguyen et al.
2021). When Al quality is high, customers tend to be satis-
fied with Al services. Trivedi (2019) found that if Al can
provide timely, accurate, and relevant information to users,
they would continue using the technology because of the
good experience. Cheng and Jiang (2021) reported that Al
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activities directly affected chatbot communication quality,
which positively influenced the customer—brand relationship
and induced positive customer responses. In the hospital-
ity and tourism context, Hwang et al. (2021) reported that
service robots performed well in delivering functional and
emotional value, which contributed to positive customer
experience. Kim et al. (2021a, b) found that customers had
a higher level of satisfaction if they perceived a purchasing
activity as enjoyable. The authors found that robot baristas
provided a new non-face-to-face service experience to cus-
tomers, resulting in greater brand love and brand loyalty.
Hence, we proposed the following:

H1 AI marketing efforts—that is, interaction (H1a), infor-
mation (H1b), accessibility (Hlc), and customization
(H1d)—are positively related to brand experience.

Brand preference

Brand preference is a notion of recent interest to scholars
(Vongurai 2020). It refers to a consumer’s predisposition
toward certain brands, and it summarizes their cognitive
information processing of brand stimuli (Li et al. 2021).
Consumers’ perceptions of brand attributes shape their
preferences, which affect their intentions and brand choices.
Thus, brand preference is the behavioral tendency reflecting
consumers’ attitude toward a brand (Ebrahim et al. 2016).
Consumers’ perceptions of brand attributes thus result in
preferences that affect their intentions and brand choices
(Bagozzi 1982). Consumers will prefer a particular brand
when they have positive feelings toward it (DAM 2020).

Consumers rely on experience to judge alternatives and
make choices. They prefer brands that provide a meaning-
ful experience. Through their interactions with brands,
consumers shape their preferences and buying decisions
(Yasri et al. 2020). Experiences generated during the con-
sumption process can contribute to consumer preference.
Thus, brand experience is fundamental for understanding
consumers’ preferences and future buying decisions. In a
study of the mobile phone market in Egypt, Ebrahim et al.
(2016) found that brand experience reflected consumers’
responses to brand stimuli and was a source of preferences
that generated evaluations or judgments of a brand. Yasri
et al. (2020) reported a significantly positive relationship
between brand experience and brand preference. Thus, we
posited the following:

H2 Brand experience is positively related to brand
preference.

Brand preference and re-purchase intention

Repurchase intention is a consumer’s intention to repeat
the behavioral action of buying the brand. As a subjective
probability (Can and Erdil 2018), it is the process by which
consumers buy products or services again from the same
company (Langga et al. 2020). Unlike purchase intention,
repurchase intention is formed once buyers have competed
the initial transaction, and it can help them make further
purchase decisions (Sullivan and Kim 2018). Thus, repur-
chase intention can be viewed as a consumer’s willingness
to revisit the brand, taking into account his or her current
situation (Sullivan and Kim 2018). Hellier et al. (2003) sug-
gested that brand preference drives consumers’ repurchase
behavior. Consumers’ decisions to repurchase a brand and
repeat their experience will not occur unless they have a
good predisposition toward the brand (Kim et al. 2021a,
b). Yasri et al. (2020) found that brand preference reflected
information processing, which affected consumers’ deci-
sion to purchase the product. Hellier et al. (2003) suggested
that consumer repurchase intentions reflected consumers’
intentions toward brand repurchase. Empirically, Ebrahim
et al. (2016) showed that brand preference positively affected
repurchase intention. Thus, we proposed the following:

H3 Brand preference is positively related to repurchase
intention.

Brand experience and repurchase intention

Consumers’ brand experience is the first step in a purchase
as well as in any repurchase because of the vivid experiences
and memories associated with the brand purchase. Studies
have highlighted the positive relationship between brand
experiences and repurchase intention (Amoroso et al. 2021;
Safeer et al. 2021). A survey conducted in China about the
impact of brand experience on loyalty to global brands sug-
gested that perceived brand experience directly influenced
repurchase intention (Safeer et al. 2021). Research on Italian
youth indicated that the more satisfying the consumer expe-
rience, the more likely consumers were to renew their Netf-
lix subscriptions (i.e. repurchase intention) (Amoroso et al.
2021). Diallo and Siqueira (2017) confirmed that prior posi-
tive brand experience directly affected consumer purchase
intention. These findings indicate that the outcomes of brand
experience could increase consumer behavior intention and
that positive brand experience could affect repurchase inten-
tion. We therefore proposed the following:

H4 Brand experience is positively related to re-purchase
intention.
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Mediating role of brand experience

In the banking literature, the mediating effect of brand
experience between Al marketing efforts and brand pref-
erence has rarely been explored. In a study of the retail
industry in the United States, Cheng and Jiang (2021)
confirmed that chatbot communication quality enhanced
customer experience, which mediated the relationship
between AI marketing efforts and customer preference.
In a study of luxury brands, Zollo et al. (2020) reported
that brand experience played a mediating role in the rela-
tionship between digital marketing activities (interac-
tion, trendiness, customization, entertainment) and brand
preference among millennials. Chen and Qasim (2021)
validated the mediating role of e-brand experience in the
relationship between digital marketing efforts and brand
preference. These results show that the significantly posi-
tive effect of digital marketing efforts on brand preference
occurred through brand experience.

There have also been few studies of the mediation effect
of brand experience between AI marketing efforts and
repurchase intention. Cheng and Jiang (2021) suggested
that chatbot marketing efforts enhanced customer expe-
rience, which plays a mediating role in the relationship
between Al marketing efforts and purchase intention. In
an empirical study of the market in China and Hong Kong,
Cheung et al. (2021) reported the mediating effect of cus-
tomer experience on the digital marketing effort—repur-
chase intention relationship. Wibowo et al. (2020) con-
firmed that brand experience mediated the link between
social media marketing and purchase intention. As brand
experience can act as a mediator, we hypothesized the
following:

Fig.1 A model of artificial
intelligence and its effect on

brand preference Stimulus
Al Marketing
Activities
Accessibility Hlc
Hid

H5a Brand experience mediates the relationship between Al
marketing efforts and brand preference.

H5b Brand experience mediates the relationship between
Al marketing efforts and repurchase intention.

The proposed research model and hypotheses are pre-
sented in Fig. 1.

Research method

As aresult of digitalization of banking business, customers
are developing higher expectations of products and services.
Banking customers prefer more personalized and relevant
information and tools (HKMA 2019). As such, banks are
using Al which can provide 24/7 personalized customer
services (accessibility and customization) and recommend
suitable financial services and products (interaction and
information). Thus, banking industry in Hong Kong pro-
vides a useful backdrop for the examination of Al-branding
interactions. The target respondents of this research were
Generation Z. Although definitions of Gen Z are not clear,
as similar traits may occur at the transitions between two
generations, most academics have agreed that Gen Z is the
demographic cohort born in the mid- to late 1990s (Vitezi¢
and Peri¢ 2021). Members of this generation have grown
up in a digital world and have been exposed to an unprec-
edented amount of technology in their upbringing. Gen Z
are digital natives (Seymour 2019), and they have shown
high acceptance and usage of technology, especially Al. The
target subjects of this study were 18-30 years old and had
Al banking experience.

Organism Response
7\ Preference
H2
Brand
Experience
H4
Re-purchase
Intention




S.P.S.Ho, M.Y. C. Chow

Table 1 Demographic profile of the respondents. (rn=300)

Variable Range Frequency Percent
Gender Male 114 38
Female 186 62
Age 18-21 53 17.66
22-25 92 30.67
26-30 155 51.67
Education Primary or below 0 0
Secondary 11 3.67
Diploma/high diploma/ 46 15.34
associate degree/certifi-
cates
Tertiary/University 218 72.67
Post-graduate or above 25 8.32
Occupation Professional/consultant 39 13
Academic 27 9
Technician/Operator 19 6.33
Clerical/Administrative 78 26
Manager/Executive 31 10.34
Retired 0 0
Housewife 6 2
Unemployed 13 4.33
Student 68 22.67
Other 19 6.33
Monthly income  HK$20,000 or below 166 55.34
HK$20,001-$40,000 111 37
HK$40,001-$60,000 19 6.33
HK$60,001-$80,000 4 1.33
HK$80,001-$100,000 0 0
Over HK$100,000 0 0

A random sampling method was used in this research.
To target the right respondents, a database from a collabo-
rating professional marketing research company was used.
The online questionnaire was floated to contacts from this
database, and they were told that participation was volun-
tary. A total of 300 online responses were collected. The IP
addresses of each respondent were collected along with their
demographic information.

Table 1 shows the demographic information of all of the
valid responses received. The sample contained a higher pro-
portion of females (62%) than males. Most of the respond-
ents were 26-30 years old (51.67), 30.67% were 22-25 years
old, and 17.66% were 18-21 years old. In terms of education
level, 73% of the respondents held an undergraduate degree,
and 15% had a diploma/high diploma/associate degree/cer-
tificate. The respondents’ most common occupations were
clerical or administrative (26%), student (23%), and profes-
sional/consultant (13%). Over 55% of respondents had a
monthly income of HK$20,000 or below, while 37% had an
income between HK$20,001 and $40,000.
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Measures

The questionnaire consisted of three sections: a screening
question, items relating to the constructs, and demographic
information. Al marketing efforts, namely interaction, infor-
mation, accessibility, and customization, were each meas-
ured with three to four items adopted from Cheng and Jiang
(2021). Brand experience was assessed using five items
taken from Trivedi (2019) and Khan et al. (2016). Brand
preference was measured with six items adopted from Ebra-
him et al. (2016) and Amoako et al. (2017), and repurchase
intention was assessed using five items from Herjanto and
Amin (2020a, b). To operationalize the constructs, 7-point
Likert scales were used, ranging from 1 (strongly disagree)
to 7 (strongly agree).

A pilot test was conducted with 33 respondents. This
test established the reliability of the scales, as the values
of Cronbach’s alpha, composite reliability (CR), and aver-
age variance extracted (AVE) were satisfactory, indicating
construct reliability and validity (Fornell and Larcker 1981).

Findings
Measurement model

Smart-PLS 3.3.3 was used to analyze the data because of its
rigorous model assessment and appropriateness for testing
small sample sizes (Hair et al. 2022). It is also suitable for
evaluating complex predictive models that measure the rela-
tionships between latent variables with multiple structural
paths (Anderson and Gerbing 1988; Hair et al. 2022). To test
the reliability of the scales, Cronbach’s alpha and CR were
applied. As shown in Table 2, the Cronbach’s alphas ranged
from 0.79 to 0.91, all above the required 0.70 threshold level
(Nunnally 1978), while the CR values ranged from 0.88 to
0.93, exceeding the 0.70 threshold required for reliability
(Bagozzi and Yi 1988). In addition, convergent validity
was assessed by examining the factor loadings and average
variance extracted (AVE). All of the factor loadings were
above 0.50 (Hair et al. 2022) and demonstrated statistical
significance (p <.001). The AVEs for all of the constructs
were above (.5, and all of the items exhibited good internal
consistency and a high degree of convergence; thus, the reli-
ability and convergent validity of the measurement scales
were supported (Fornell and Larcker 1981).

Discriminant validity was assessed following the Fornell
and Larcker (1981) criterion, cross-loading criterion, and
heterotrait—-monotrait (HTMT) ratio. As shown in Table 3,
the AVE for each construct was greater than the squared cor-
relations between them (Fornell and Larcker 1981). Apply-
ing the cross-loading criterion (Chin 1998), discriminant
validity was demonstrated when an item correlated strongly
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Table 2 Reliability and validity of the constructs

Construct Item Standardized Cron- Com- Average vari-
factor loading bach’s posite reli- ance extracted
Alpha ability
Interaction Al is sensitive to customers’ needs at the moment 0.818 0.798 0.881 0.712
Al has the knowledge to answer customers’ questions 0.864
Al gives customer individual attention 0.849
Information Al helps to understand events happening in the bank 0.825 0.793 0.878 0.707
Al provides recommendations on the banks’ products/services 0.845
Al provides information that helps my purchasing decision 0.851
Accessibility Al gives a more timely response 0.837 0.882 0.918 0.738
Al is convenient and efficient 0.900
Al can deliver efficient digital assistance or information 0.896
Al can offer immediate answers anytime and anywhere 0.800
Customization I feel that using Al meets my personal needs 0.853 0.875 0.914 0.726
When I have a problem, Al shows a sincere interest in solving it~ 0.831
Al can handle customer complaints directly and immediately 0.846
I have confidence that Al has the ability to get the job done 0.877
Brand experience I enjoy using Al of my bank 0.893 0.908 0.933 0.736
The experience of using Al of my bank was interesting 0.877
I am happy with the experience of using Al of my bank 0.907
I feel happy when I do transaction via Al in my bank 0.895
My bank offers “interactive” Al process 0.702
Brand preference My bank is one of the best in the banking industry 0.798 0.905 0.927 0.679
I am very content with the services of my bank 0.751
My bank is highly professional in serving customer needs 0.807
I think this brand is superior to other competing bands 0.881
This bank is my preferred brand over any other brand 0.849
When it comes to making a purchase, this bank is my first prefer- 0.852
ence
Re-purchase Intention 1 expect my relationship with my banker to continue for a long 0.825 0.874 0.909 0.668
time
I definitely intend to maintain my current relationship with this 0.746
bank
I am willing to buy more products and/or services from my bank 0.871
in the future
If my bank requests it, I will be willing to make further invest- 0.750
ment in supporting my bank
I will purchase from this bank again 0.885

with the same item but weakly with another item (Table 4).
In addition, all of the HTMT values were below 0.90 (Hair
et al. 2022); thus, discriminant validity was achieved.

Common method bias

This study adopted several procedures recommended by
Podsakoff et al. (2003) to reduce common method bias. First,
the measures for the independent variables (i.e. Al marketing
efforts) and the dependent variables (i.e. brand experience,
brand preference, and repurchase intention) were taken from
different sources. Moreover, the respondents were assured of

confidentiality and any potential risk related to their partici-
pation in the study. In addition, to test for common method
bias, a common latent construct linking all observed items
was added to the measurement model. The outcomes indi-
cated that the fit for the measurement model with a common
latent construct (SRMR =0.07) was inferior to the measure-
ment model used in this study (SRMR =0.061). The lack of
significant method variance verified the absence of common
method effects (Podsakoff et al. 2003).
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Table 3 Correlations and square root of average variance extracted (diagonal)

Mean Std. Deviation Interaction Information Accessibility Customization Brand Brand Re-
experi-  prefer- purchase
ence ence Intention

Interaction 443 134 84%

Information 437 1.25 2% 84+

Accessibility 500 1.22 55% .66* 86*

Customization 424 141 3% .68* .58% 85%

Brand experience 439 126 .66% 13% .62% .80* 86*

Brand preference 4.83 1.03 58% 55% AT* .63* .63% 83*
Re-purchase Intention 4.74  1.06 31 45% 44 41 S52% J713% 82%

*Bold values indicate p <.001

Table 4 Cross loading criterion

Interaction  Information  Accessibility = Customization  Brand experience  Brand preference  Repurchase
intention

Interaction 1 0.818 0.524 0.432 0.578 0.517 0.480 0.233
Interaction 2 0.864 0.658 0.539 0.607 0.575 0.499 0.342
Interaction 3 0.849 0.628 0.408 0.658 0.567 0.480 0.218
Information 1 0.628 0.825 0.583 0.526 0.590 0.454 0.382
Information 2 0.575 0.845 0.586 0.515 0.565 0.455 0.365
Information 3 0.606 0.851 0.496 0.656 0.669 0.477 0.384
Accessibility 1 0.394 0.530 0.837 0.391 0.447 0.327 0.322
Accessibility 2 0.532 0.614 0.900 0.566 0.601 0.433 0.382
Accessibility 3 0.534 0.617 0.896 0.527 0.578 0.468 0.432
Accessibility 4 0.389 0.478 0.800 0.461 0.469 0.370 0.369
Customization 1 0.710 0.642 0.557 0.853 0.723 0.581 0.344
Customization 2 0.567 0.512 0.436 0.831 0.618 0.457 0.296
Customization 3 0.552 0.529 0.439 0.846 0.613 0.488 0.327
Customization 4 0.640 0.613 0.508 0.877 0.750 0.600 0.419
Brand experience 1 0.636 0.650 0.519 0.786 0.893 0.571 0.417
Brand experience 2 0.566 0.608 0.510 0.672 0.877 0.509 0.433
Brand experience 3 0.575 0.669 0.556 0.733 0.907 0.579 0.493
Brand experience 4 0.549 0.646 0.533 0.713 0.895 0.583 0.477
Brand experience 5 0.481 0.535 0.537 0.493 0.702 0.455 0.388
Brand preference 1 0.507 0.469 0.343 0.564 0.586 0.798 0.534
Brand preference 2 0.530 0.482 0.429 0.522 0.456 0.751 0.464
Brand preference 3 0.452 0.467 0.405 0.510 0.504 0.807 0.532
Brand preference 4 0.481 0.473 0.425 0.516 0.528 0.881 0.655
Brand preference 5 0.417 0.375 0.340 0.443 0.465 0.849 0.687
Brand preference 6 0.483 0.468 0.397 0.565 0.575 0.852 0.706
Repurchase Intention 1~ 0.236 0.328 0.370 0.333 0.409 0.630 0.825
Repurchase Intention 2 0.121 0.268 0.339 0.219 0.298 0.527 0.746
Repurchase Intention 3 0.292 0.411 0.363 0.365 0.480 0.658 0.871
Repurchase Intention 4  0.313 0.389 0.279 0.390 0.405 0.540 0.750
Repurchase Intention 5 0.302 0.424 0.439 0.355 0.491 0.623 0.885

Bold values indicate p <.001
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Table 5 Hypotheses testing results

Relationship Path coefficients T Statistics ¢ P value Hypothesis testing
Hla Interaction—Brand experience —0.013 0.185 0.853 Reject
H1b Information—Brand experience 0.285 4.598 0 Support***
Hlc Accessibility—Brand experience 0.125 2.177 0.03 Support*
H1d Customization—Brand experience 0.544 8.543 0 Support***
H2 Brand experience—Brand preference 0.632 16.936 0 Support***
H3 Brand preference—~Repurchase Intention 0.676 13.411 0 Support***
H4 Brand experience—Repurchase Intention 0.087 1.45 0.148 Reject
H5a Al marketing efforts—brand experience—brand preference 0.676 13.99 0 Support***
H5b Al marketing efforts—brand experience—repurchase intention
R? (Q?) for brand experience 0.087 1.477 0.14 Reject
R? (Q?) for brand preference
R? (Q?) for repurchase intention 0.710 (0.514)

0.399 (0.264)

0.540 (0.354)

#p<.05; *¥p <.01; #%p < 001

Structural model

The hypothesized paths in the conceptual framework were
estimated using a bootstrapping approach with 5000 resa-
mples in Smart-PLS 3.3.3. The structural model had a
standardized root mean residual (SRMR) of 0.061, indi-
cating a good fit between the conceptual model and the
observed data. The predictive ability of the hypothesized
model was examined using three criteria: the coefficient
of determination (R?), cross-validated redundancy (Q%),
and path coefficients (Hair et al. 2022). As shown in
Table 5, the endogenous constructs’ predictive power
showed substantial R? values of 0.710 (brand experience),
0.399 (brand preference), and 0.540 (repurchase inten-
tion), which validated the strong predictive power of the
model (Hair et al. 2022). A blindfolding approach with
an omission distance of seven indicated cross-validated
(CV) redundancy, and the Q? values ranged from 0.264
to 0.514, which far exceeded the threshold value of zero,
confirming the significance and relevance of the struc-
tural model relationships (Hair et al. 2022).

The structural model displayed the relationships
(paths) between constructs in the proposed study model.
Hla proposed that interaction was positively related to
brand experience. The results revealed that interaction had
an insignificant impact on brand experience (f=— 0.013,
t=0.185, p=.853). H1b, Hlc, and H1d predicted positive
relationships between information, accessibility, and cus-
tomization and brand experience, respectively. The results
showed a positive link between information and brand

experience (f=0.285, r=4.598, p <.0001), accessibility
and brand experience (f=0.125, r=2.177, p<.01), and
customization and brand experience (f=0.544, r=8.543,
p <.0001). Thus, H1b, Hlc, and H1d were supported. H2,
which proposed a positive relationship between brand
experience and brand preference, was also supported
(f=0.632, t=16.936, p<.0001). There was a positive
link between brand preference and repurchase intention
(p=0.676,t=13.411, p<.0001), supporting H3. How-
ever, there was a nonsignificant correlation between brand
experience and repurchase intention (f=0.087, r=1.45,
p=.148). H4 was therefore not supported.

Mediation analysis

To perform mediation analysis, we followed Preacher and
Hayes’s (2008) recommendations and estimated the direct
and the indirect effects simultaneously using a bootstrapping
procedure (with 5000 sub-samples). The mediating effect
test results are shown in Table 6. To test H5a, a direct path
from AI marketing efforts (accessibility, customizations,
information and interaction) to brand preference was speci-
fied. Significant direct path indicates the presence of a partial
mediation via brand experience. Then, indirect effects of Al
marketing efforts on brand preference (via brand experience)
were examined. A significant overall standardized indirect
effect of 0.239 (r=3.455, p<.001) was found. Therefore,
H5a was supported. To test Al-repurchase intention linkage
(H5b), an examination of the indirect effects of Al marketing
efforts on repurchase intention (via brand experience) was

¥



S.P.S.Ho, M.Y. C. Chow

Table 6 Mediation analysis

Path estimates Effect SD t-value P value Mediator
Direct effects
Al—-Brand preference 0414 0.079 43.796 0 H5a AI marketing
efforts—brand
experience—brand
preference
Indirect effects
Al-Brand experience 0.823 0.019 43332 0
Brand experience—Brand preference 0.290 0.084  3.451 0.001
Total indirect effects 0.239 0.069 3455 0
Total effects 0.653 0.032 20424 0
Specific indirect effect 0.239 0.069  3.455 0.001
Direct effects H5b Al marketing
efforts—brand expe-
rience—repurchase
intention
Al—-Repurchase intention —0.136 0.007 1.946 0.052
Indirect effects
Al-Brand experience 0.823 0.019 43332 0
Brand experience—~Repurchase intention 0.182 0.073 2473 0.103
Total indirect effects 0.609 0.062  9.817 0.133
Total effects 0474 0.048 9934 0
Specific indirect effect 0.074 0.049 1.497 0.135

performed. However, an insignificant overall standardized
indirect effect of 0.609 (r=9.817, p <.133) was found. Thus,
brand experience did not mediate the relationship between
Al marketing efforts and repurchase intention, and hence,
H5b was rejected. In addition, specific indirect effects via
each mediated pathway were examined. Through using 5000
iterations to derive 95% bias-corrected confidence intervals,
two specific indirect effects were examined. The specific
indirect effect via brand experience to brand preference was
0.239 (p <.001; 95% CI) and that via brand experience to
repurchase intention was 0.074 (p =.135; 95% CI). Over-
all, the presence of a partial mediation suggested that brand
experience exerted a significant overall indirect effect on
brand preference but an insignificant overall indirect effect
on repurchase intention.

Discussion and implications

The findings demonstrate the influence of Al marketing
efforts on brand experience, brand preference, and repur-
chase intention and reinforce the importance of Al market-
ing efforts in customer—brand interactions in the banking
context (Cheng and Jiang 2021; Chung et al. 2020).

First, the findings indicate that interaction did not affect
brand experience (H1a), which contradicted the findings in
the literature (Cheng and Jiang 2021; Godey et al. 2016).
Customers feel the brand is helpful and trustworthy if their
interactions with the brand are positive. Because they offer
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limited social interaction, Al-customer interactions differ
from employee—customer interactions (Huang et al. 2021).
To customers, interaction with Al agents is simply interac-
tion with technology or a machine, lacking social or emo-
tional elements (Huang et al. 2021), resulting in a poor cus-
tomer social experience.

Second, information (H1b), accessibility (Hlc), and
customization (H1d) showed positive relationships with
brand experience, which is consistent with previous stud-
ies (Chung et al. 2020). In the banking context, customers
prefer receiving up-to-date information about financial
trends via Al tools. As Al offers relevant and organized
information, customers have positive feelings because they
can make informed decisions (Ostmann and Dorobantu
2021). As banks increase their digital offerings, Al acces-
sibility is helping to attract new customers and maintain
existing customers (Gaul 2022). As Al marketing efforts
rely on mobile apps, they can give customers direct access
to services anytime and anywhere. In addition, custom-
ized service satisfies individual preferences and builds
strong customer—brand relationships and customer loy-
alty (Capgemini and Efma 2022). Al can send personal-
ized communications to introduce customized products or
services to targeted customers. Virtual assistants can pro-
vide personalized customer services through direct chats
(Mishra 2021). As such, Al customized services provide
positive brand experience.
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Third, the results indicate the predictive power of brand
experience on brand preference (H2), consistent with previ-
ous studies (Ebrahim et al. 2016; Yasri et al. 2020). Thus,
positive brand experience can strengthen consumers’ brand
preference. Customers choose a brand mainly based on their
experience. A pleasurable experience results in a vivid mem-
ory, which induces a preference for the brand and further
purchases from it (Ebrahim et al. 2016). In line with the
literature (Amoroso et al. 2021; Safeer et al. 2021), the find-
ings also supported the positive relationship between brand
preference and repurchase intention (H3). Thus, if consum-
ers like the brand, they will repurchase it. Ultimately, con-
sumers will desire to purchase the brand without thinking
rationally about it (Yasri et al. 2020).

Finally, the results do not indicate a relationship between
brand experience and repurchase intention (H4) which con-
tradicted the findings in the literature (Anshu et al. 2022;
Wasan 2018). Customers having positive experience may not
result in repurchase which implies repeat purchase, continu-
ing engagement and relationship with the same suppliers
(Curtis et al. 2011). Perhaps customers may buy the product
once and use it for a long time without intention to build
relationship with the bank, which cannot be considered as
repurchase. Amoroso et al. (2021) suggested that positive
brand experience might not necessarily induce repurchase
intention, as consumers may not feel loyalty toward the
brand. As banking services might include investment advi-
sory services, with highly volatile investment performance
outcomes, the nature of the services might easily affect trust
in the brand (Ho and Wong 2022). A low sense of trust could
interfere with a customer’s repurchase intention (Amoroso
et al. 2021). As such, brand experience did not mediate the
relationship between Al marketing efforts and repurchase
intention (5b). On the contrary, the findings show that brand
experience partially mediated the relationship between Al
marketing efforts and brand preference (HSa). This is not
surprising, as Al provides a novel customer experience,
leading to customer satisfaction and brand preference
(Huang et al. 2021).

Theoretical Implications

This study confirms the overall performance of Al as it can
successfully create brand preference of retail consumers,
which in turn can lead to buying commitment. Thus, this
research contributes to marketing and branding literature by
providing a holistic framework that demonstrates Al-brand-
ing relationships. The findings of this study will be the inter-
est of marketing scholars who can extend this framework to
other fields.

This study clarifies the IT paradox, which holds that Al
activities are a necessity but may not create a competitive
advantage (Hajili et al. 2015; Seric et al. 2016). Our study

confirms the significant impact of AI marketing efforts
(information, accessibility, and customization) on brand
experience and brand preference, in addition to the effect
of brand preference on repurchase intention. Studies of
Al-brand preference are rare; this study sought to fill this
gap by explaining the role of Al in customer—brand interac-
tions in the banking services context. Representing 40% of
the world population, Gen Z members are different from
the general population (Mahmoudabadi and Mollaahmadi
2021), yet little is known about the customer—brand interac-
tion of Gen Z. Thus, this study adds value to the literature
related to Gen Z. In addition, this study contributes to the
service research by clarifying the predictive power of Al
marketing efforts on brand preference (Nguyen et al. 2021)
and pinpointing the dimensions of Al marketing efforts
that affect brand experience and brand preference. It also
provides insights to academics who are interested in under-
standing the role of Al in consumer behavior and decision
making.

In addition, the confirmation of the partial mediation
effect of brand experience between Al marketing efforts and
brand preference sheds light on how AI marketing efforts
predict brand preference and repurchase intention in the
banking context, both through their direct effect on brand
preference and their indirect effect via brand experience.

Practical implications

This study found that Al marketing efforts had a significant
positive effect on brand preference, which in turn induced
customer repurchase intention. This result means that Al
marketing efforts should not only be thought of as a means to
improve customer experience but also as an important brand
image building tool (Godey et al. 2016). Banks should pri-
oritize Al brand-building activities to enhance brand attrac-
tiveness and boost long-term business performance.

In the era of Banking 4.0, banks should invest more in Al
and FinTech (Ho and Wong 2022), not only to attract new
customers but also to improve long-term customer relation-
ships. The first-mover advantage is still strong, and banks
that hesitate to adopt AI may need to reconsider their invest-
ment strategies. The validation of Al marketing efforts is an
important indicator of the value of this investment, as this
study suggests that customers appreciate Al activities after
experiencing their values. It is thus necessary for managers
to ensure that Al can deliver efficient, reliable, and accurate
banking services (Lin and Mattila 2021). During the global
pandemic, when social distancing became a norm, banking
policies evolved toward digitalization (Shahid et al. 2022).

Among the four dimensions of Al marketing efforts, only
three—information, accessibility, and customization—were
found to be relevant to bank consumers. Based on these
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findings, AI marketing strategies focus on these three
dimensions. Managers can utilize Al to provide tailor-made
marketing communications about products or services and
bank information to customers in a timely manner. Al agents
and assistants should be designed to provide professional
customer service and financial advice to fulfill customers’
needs. Banking practitioners may also consider improving
the interactivity of Al, as this study suggests that the interac-
tive dimensions of Al marketing efforts cannot affect brand
preference and repurchase intention. It is therefore necessary
to improve the communication skills of Al agents to facili-
tate human—AI interactions. Social, emotional, empathic,
and sympathetic elements can be added to enhance customer
experience (Velkovska 2019).

Banks should not just regard AI marketing as a way to
reach consumers, but as a cost-effective brand-building
tool (Liu and Chen 2021). Big data on customer consump-
tion behaviors can be collected and analyzed efficiently,
and personalized service offerings and communications
can be delivered. These add value to brand reputation and
brand preference.

AT activities influence brand preference through brand
experience, but their role is more relevant to brand prefer-
ence than to repurchase intention. This information means
that banks can use Al to improve their relationships with
customers, but they should focus on building brand pref-
erence before attempting to convince customers to repur-
chase products or services.

Limitations and future research

This study has several limitations. First, it relies on 300
valid samples collected via online surveys, which may
limit our understanding of Al-brand interactions. Future
studies can use a larger sample size to improve the gener-
alizability of the findings. Second, this study focuses on
the banking sector in Hong Kong. While the results are
likely to be useful in the banking context, they can also
be applicable to other fields or industries. Future studies
could replicate and extend this study to other industries or
countries. Third, this study targets Gen Z, so its findings
may not reflect the banking behavior of other segments/
populations. Future research might target the general bank-
ing population. Fourth, this study finds brand experience
cannot induce repurchase intention which contradicts the
previous literature. Therefore, caution is warranted when
replicating this study in other geographical contexts. Fur-
ther, when Al penetrates the mainstream banking industry,
customer experience may change substantially; this sug-
gests the need for longitudinal investigation. Addition-
ally, this research is quantitative in nature; future studies
can adopt qualitative or mixed methods for triangulation
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purposes. Finally, while generating high response rate
(over 31%), the research incentive (US$1.28) may attract
reward seekers who may not take the study honestly and
thoughtfully. Future research should pay attention on
measures to minimize this risk.
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