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Single-cell transcriptome revealed the heterogeneity of TIL-Bs in ESCC.
NACT activated NBCs and enhanced antibody production in ASCs.
The IGKC expression, an ASC marker, was a favourable prognostic marker in
ESCC.



Received: 17 June 2022 Revised: 30 December 2022 Accepted: 5 January 2023

DOI: 10.1002/ctm2.1181

RESEARCH ARTICLE

Single-cell transcriptome analysis reveals functional
changes in tumour-infiltrating B lymphocytes after
chemotherapy in oesophageal squamous cell carcinoma

Shoichi Nakamura1 Kenoki Ohuchida1 Yoshiki Ohtsubo1 Yutaka Yamada2

Chikanori Tsutsumi1 Sho Okuda1 Kyoko Hisano1 Yuki Mochida1

Tomohiko Shinkawa1 Chika Iwamoto1,3 Nobuhiro Torata1 Yusuke Mizuuchi1

Koji Shindo1 Kohei Nakata1 Taiki Moriyama1 Takehiro Torisu4

Eishi Nagai1,5 Takashi Morisaki6 Takanari Kitazono4 Yoshinao Oda2

Masafumi Nakamura1

1Department of Surgery and Oncology,
Graduate School of Medical Sciences,
Kyushu University, Fukuoka, Japan
2Department of Anatomic Pathology,
Graduate School of Medical Sciences,
Kyushu University, Fukuoka, Japan
3Department of Hematology, Clinical
Immunology and Infectious Diseases,
Graduate School of Medicine, Ehime
University, Ehime, Japan
4Department of Medicine and Clinical
Science, Graduate School of Medical
Sciences, Kyushu University, Fukuoka,
Japan
5Department of Surgery, Fukuoka Red
Cross Hospital, Fukuoka, Japan
6Department of Cancer Immunotherapy,
Fukuoka General Cancer Clinic,
Fukuoka, Japan

Correspondence
Kenoki Ohuchida, Department of Surgery
and Oncology, Graduate School of
Medical Sciences, Kyushu University,
3-1-1 Maidashi, Higashi-ku, Fukuoka
812–8582, Japan.
Email:
ouchida.kenoki.060@m.kyushu-u.ac.jp

Abstract
Background: Tumour immune microenvironment is related with carcino-
genesis and efficacy of immunotherapy. B cells play major roles in humoral
immunity, but detailed functions of tumour-infiltrating B lymphocytes (TIL-Bs)
are unknown. Therefore, our aim was to investigate the functional heterogene-
ity of TIL-Bs in oesophageal squamous cell carcinoma (ESCC) and lymph nodes
(LNs) during chemotherapy.
Methods: Single-cell transcriptome analysis was performed on 23 specimens.
We also performed immunohistochemical analysis of immunoglobulin κ C
(IGKC), an antibody-secreting cell (ASC) marker, in 166 ESCC samples and eval-
uated the implication of IGKC in 2-year recurrence free survival (RFS) and 3-year
overall survival (OS).
Results: A total of 81,246 cells were grouped into 24 clusters. We extracted
B cell clusters based on canonical markers and identified 12 TIL-B subtypes
in ESCC. We found that several functions, such as co-stimulation and CD40
signalling, were enhanced in TIL-Bs after chemotherapy. The proportion of
naive B cells (NBCs) decreased and B cell activation genes were up-regulated
in NBCs after chemotherapy. The proportion of ASCs in tumours increased
with the loss of migratory abilities and antibody production in ASCs was pro-
moted after chemotherapy. Differentially expressed genes up-regulated with
chemotherapy in ASCs correlated with prolonged survival with oesophageal
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cancer (p = .028). In a metastatic LN, the ASC proportion increased and
B cell differentiation was enhanced. In immunohistochemical analysis, RFS
and OS of high IGKC expression cases were significantly better than those
of low IGKC expression cases (RFS: p < .0001, OS: p < .0001). And in mul-
tivariable analysis, the expression of IGKC was an independent favourable
prognostic factor for RFS (hazard ratio (HR): 0.23, 95% confidence interval (CI):
0.12–0.45, p < .0001) and OS (HR: 0.20, 95% CI: 0.086–0.47, p = .0002) in
ESCC.
Conclusions: Our findings provide novel insights for the heterogeneity of TIL-
Bs during chemotherapy andwill be useful to understand the clinical importance
of TIL-Bs.

KEYWORDS
oesophageal squamous cell carcinoma, neoadjuvant chemotherapy, single-cell transcriptome,
tumour immune microenvironment, tumour infiltrating B lymphocytes

1 INTRODUCTION

Oesophageal cancer is the sixth leading cause of cancer-
related mortality in the world, with 544,400 deaths
reported in 2020.1 Patients with metastatic oesophageal
cancer have a poor prognosis, and the 5-year overall sur-
vival (OS) rate of metastatic oesophageal cancer is only
5%.2 Oesophageal cancer remains difficult to cure and
there is an urgent need to find novel treatments. Recently,
a clinical trial for oesophageal squamous cell carcinoma
(ESCC) reported that a combination of chemotherapy
and immune checkpoint blockage (ICB) was effective for
patients with unresectable advanced or recurrent ESCC.3
Previous studies reported that ICB response varies depend-
ing on the heterogeneity of the tumour immune microen-
vironment (TIME).4 Chemotherapeutic agents induce the
increase in the immunogenicity of tumour cells via induc-
ing immunogenic cell death, leading to modification of
the TIME.5 Therefore, understanding changes in immune
heterogeneity during carcinogenesis and chemotherapy is
needed to develop new treatments of ESCC patients.
The TIME is a complex structure that consists of vari-

ous immune cell types, such as T cells, B cells, dendritic
cells andmacrophages, and each immune cell type has het-
erogeneity. The TIME is affected by chronic inflammation,
carcinogenesis and chemotherapy. Tumour cells obtain
tumour-associated antigens (TAAs), which are generated
from mutations in protein-encoding genes or epigenetic
changes during malignant transformation.6 In the TIME,
T cells, B cells and macrophages require activation to
respond to TAAs. T cells and B cells are themost abundant
lymphocyte proportions in the TIME and play crucial roles

in anti-tumour immunity. Tumour-infiltrating T lympho-
cytes (TIL-Ts) play central roles in anti-tumour immunity
and have been extensively investigated.7 Recently, several
studies reported that tumour-infiltrating B lymphocytes
(TIL-Bs) are relatedwith a good prognosis in severalmalig-
nant tumours8,9 and the efficacy of ICBs.10 However, how
TIL-Bs functionwith TIL-Ts or other cell types in the TIME
remain unclear.
B cells are the main humoral immune cells and secrete

large amounts of antibodies. Antibodies against TAAs
promote anti-tumour immunity by inducing antibody-
dependent cellular cytotoxicity (ADCC) and antibody-
dependent cellular phagocytosis (ADCP).11 TIL-Bs secrete
several cytokines and chemokines.12 Additionally, TIL-
Bs present antigens and promote amplification of TIL-Ts
in non-small cell lung cancer.13 In hepatocellular carci-
noma, memory B cells localised in the tumour margin
produce granzyme B and IFNγ.14 These findings have
revealed the heterogeneity of TIL-B subtypes and functions
in the TIME of several cancers. However, how TIL-B sub-
types relate to anti-tumour immunity in ESCC remains
unknown.
On the other hand, lymph nodes (LNs) are the site of

drainage of pathogenic and tumour antigens. Complex
interactions amongT cells, B cells, dendritic cells and other
immune cells in LNs provide adaptive immune responses.
B cells present antigens to T cells, accumulate activa-
tion of T cells in the draining LNs15 and secrete specific
antibodies against TAAs.16 In metastatic LNs, metastatic
tumour cells remodel the immune environment to evade
the immune system, increase the regulatory T cell propor-
tion and promote CD8+ T cell dysfunction.17 Nonetheless,
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the detailed mechanism of the B cell response to TAAs in
tumour-related LNs remains unclear.
Single-cell RNA sequence (scRNA-seq) enables

researchers to evaluate the heterogeneity of the TIME
with high resolution, and many types of tumours have
been analysed by scRNA-seq.18,19 The characterisation,
heterogeneity, transcriptome signature and functions of
many tumour-related immune cell types in the TIME have
been reported in breast cancer,18 colorectal cancer19 and
other cancers. Recent studies in ESCC using scRNA-seq
revealed the landscape of ESCC, including immune
cells, epithelial cells and stromal cells, and elucidated
the characteristics of immune suppressive cells, such as
regulatory T cells and tumour-associated macrophages,
and the interactions between these cells.20,21 How-
ever, no reports have examined the clinical implication
and functions of TIL-Bs in the TIME of ESCC using
scRNA-seq.
In the present study, we performed scRNA-seq

with ESCC samples including tumour tissues treated
with/without neoadjuvant chemotherapy (NACT),
normal tissues and LNs. Through these analyses, we inves-
tigated the functional heterogeneity of TIL-B subtypes in
ESCC.

2 METHODS

2.1 Patient specimens

We collected 23 samples from patients using protocols
with approval by KyushuUniversity Certified Institutional
Review Board Clinical Trials (approval number #2020-
788). All patients provided written informed consent prior
to the study, and their records were de-identified. Patient
metadata are listed in Table S1.

2.2 Sample preparation and sequencing

Specimens were mechanically and enzymatically disso-
ciated for scRNA-seq. We used an online protocol for
sample preparation (https://doi.org/10.17504/protocols.io.
b2udqes6). Single-cell sequencing was performed using
the Chromium Single-Cell 3′v3.1 Chemistry Library, Gel
Beads and i7 Multiplex Kit (10x Genomics, Pleasan-
ton, California, USA) in accordance with the manufac-
turer’s protocol. A total of 8,000 to 10,000 cells were
targeted per well. The libraries were sequenced on an
Illumina NovaSeq 6000 (Illumina, San Diego, Califor-

nia, USA) and DNBSEQ-G400 (MGI Tech, Shenzhen,
China).

2.3 Data processing with scRNA-seq

The sequence data were quantified and mapped to the
human reference genome (GRCh38) using the Cell Ranger
toolkit (ver. 4.0.0) by 10× Genomics. The Cell Ranger
generated a count matrix data with filtering errors. The
matrix datawere imported using the Seurat Rpackage (ver-
sion 3.6.3). We performed quality control to exclude low
quality cells with > 10% mitochondrial UMIs and > 5000
expressed genes. We filtered out doublets using the Dou-
bletfinder tool.22

2.4 Data visualisation

Wenormalised data and identified 2,000 genes with highly
variable expression after calculating a subset of features
that exhibit high cell-to-cell variation in the data set. To
regress the effects of cell cycle heterogeneity, we calcu-
lated cell cycle phase scores using canonical markers,
assigned each cell a score and subtracted this source of
heterogeneity from the data. We then integrated the data,
performed dimensional reduction with principal compo-
nent analysis (PCA) and removed batch-effects using the
Harmony method, which re-arranged clusters to meet dif-
ferent batch-effects iteratively in PCA dimensional space
while keeping the diversity of batch-effects among each
cluster.23 We used ‘FindNeighbors’ to refine the edge
weights between any two cells based on the shared over-
lap in the PCA space and performed ‘FindCluster’ to
group cells together. Next, we ran non-linear dimensional
reduction with Uniform Manifold Approximation and
Projection (UMAP) to visualise and explore the data sets.

2.5 Co-detection by indexing multiple
tissue staining

The co-detection by indexing (CODEX) experiment was
performed as previously described.24 Briefly, we mounted
4-μm-thick FFPE tissue sections onto poly-l-lysine-coated
coverslips, which were prepared according to the CODEX
protocol.24 The coverslips were deparaffinised and rehy-
drated, and antigen retrieval was performed with heat.
Tissues were stainedwith an antibody cocktail and imaged
in accordance with the Akoya Biosciences CODEX pro-
tocols. Primary antibodies are listed in Table S2. Imag-
ing was performed using KEYENCE BZX-810 (Keyence,

https://doi.org/10.17504/protocols.io.b2udqes6
https://doi.org/10.17504/protocols.io.b2udqes6
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Osaka, Japan), anAkoyaCODEXmicrofluidics instrument
(INST2000; Akoya Biosciences, Menlo Park, California,
USA), CODEX instrument manager software (v1.29.3.6)
and CODEX processor software (v1.7). Light exposure and
cycles are outlined in Table S3. We analysed the images
using Fiji/ImageJ (National Institutes of Health, https://
fiji.sc/, v1.53c) and the multiplex image viewer plugin
(v1.5.0.8).

2.6 Differentially expressed genes and
gene ontology analyses

Differentially expressed genes (DEGs) were analysed by
comparison of tissue source types or clusters using a
two-sided Wilcoxon rank-sum test with Bonferroni FDR
collection. To investigate the biological function of each
cluster or each B cell subtype, we performed gene ontology
(GO) analysis using Metascape (https://metascape.org/
gp/index.html#/main/step1).25 This analysis used genes
up-regulated in specific clusters (‘FindAllMarkers’ tool;
comparing one cluster with all other clusters).

2.7 Functional enrichment analysis

Pre-ranked gene set enrichment analysis (GSEA) was per-
formedwith the fgsea package (v1.14.0 R package).26 GSEA
analysis was performed using Hallmark and MsigDB C7
signature gene sets (with msigdbr, v7.4.1 R package). Gene
setswith p value< .05were considered enriched functional
states or procedures.

2.8 Analysis of functional gene sets

To evaluate the transcriptional dynamics in cell-type sub-
types, we defined several gene sets and evaluated the
expression levels of gene sets. Gene sets are shown in Table
S4.

2.9 Survival analysis and correlation
analysis

Survival analysis of gene expression signatures were per-
formed using GEPIA2.27 A total of 182 oesophageal cancer
(ESCA) tumour samples were included in survival anal-
ysis. We used the NF-κB-related gene set and top genes
up-regulated with chemotherapy in antibody-secreting
cells (ASCs). The ESCA cohort was divided into high/low
expression groups by median value (50% cut-off). The
genes in the NF-κB-related gene set are as follows: NFKB1,

REL, RELA, RELB, NFKB2, NFKBIA and NFKBIE. The
top genes up-regulated with chemotherapy in ACSs are
shown in Table S5. Survival analyses were performed with
log-rank Mantel–Cox test.

2.10 Patient cohort

The study cohort included ESCC patients who underwent
surgical resection in theDepartment of Surgery andOncol-
ogy, Kyushu University Hospital between April 2008 and
March 2020 using protocols with approval by Kyushu Uni-
versity Certified Institutional Review Board Clinical Trials
(approval number #22002-00). After T0 and R1/2 cases
were excluded, a final total of 166 patients were examined
in this study. The clinicopathological profiles of patients
are summarised in Table S6.

2.11 Immunohistochemistry

Formalin-fixed, paraffin-embedded tissue samples of
ESCC were sliced into 4 μm thick. The slides were
deparaffined manually in xylene and rehydrated in
ethanol. Endogenous peroxidase activity was blocked by
methanol with 0.3% hydrogen peroxidase. For antigen
retrieval, the slides were microwaved in Citrate Buffer
pH 5.9 for 30 min. Slides were stained with monoclonal
IGKC antibodies (clone KP-53; Santa Cruz Biotechnology,
California, USA; #sc-59264) at a dilution of 1:100 at 4◦C
overnight. Slides were then incubated with secondary
antibody (EnVision FLEX; DAKO/Agilent, Glostrup,
Denmark; Mouse, K4001) for 1 h at room temperature
and visualised with a 3,3′-diaminobenzidine kit (Sigma–
Aldrich, Darmstadt, Germany; #D5537-5G). Slides were
counterstained with Mayer’s hematoxylin (Muto Pure
Chemicals Co., Ltd, Tokyo, Japan; #30002).

2.12 Evaluation of
immunohistochemistry staining

One sample analyst (S. N.) and one pathologist (Y. Y.) who
were blinded to the clinical characteristics of the patients
analysed immunohistochemical staining. We calculated
IGKC expression using an immunostaining score, which
reflects staining intensity and the proportion of positively
stained cells.28 Staining intensity of IGKC was scored as
follows: 0 = negative, +1 = weak, +2 = moderate and
+3 = strong intensity. The proportion of positive cells was
scored as follows: 0 = negative, 1 = 1–25%, 2 = 26–50%,
3 = 51–75% and 4 = 76–100%. The intensity score (0–3)
was multiplied by the positive cell proportion score (0–4)

https://fiji.sc/
https://fiji.sc/
https://metascape.org/gp/index.html#/main/step1
https://metascape.org/gp/index.html#/main/step1


NAKAMURA et al. 5 of 23

to generate the total score, with a range of 0–12. Image
processing and quantification were performed using an
optical microscope (BZ-X700; Keyence) and Fiji/ImageJ.
Representative whole tissue images were obtained using
image-joint software (BZ-Analyzer software; KEYENCE).

2.13 Statistics analysis

Data were analysed by GraphPad Prism (GraphPad Soft-
ware, San Diego, California, USA; v9.2.0) or JMP PRO soft-
ware (SAS Institute, Cary, North Carolina, USA; v16.0.0).
Dunn’s multiple comparisons test was performed for
comparisons of several groups with proportions of cells
expressing IGHD and XBP1 and for immunostaining score
with IGKC. Significance of differential enrichment with
gene sets and specific genes was determined by Wilcoxon
rank-sum test. Correlations between clinicopathological
characters and the IGKC score were determined by chi-
square test or Fisher’s exact test (Table S6). Survival curves
(recurrence-free survival [RFS] and OS) were created by
the Kaplan–Meier method for the 166 ESCC patients.
The difference of survival curves was evaluated using
the Gehan–Breslow–Wilcoxon test. Multivariable analy-
ses were adjusted by sex, age, T stage, LN status and the
IGKC expression. Cox-regression analyses were performed
to identify independent prognostic factors of RFS and OS.
All statistical tests were two-sided and p values < .05 were
considered statistically significant.

3 RESULTS

3.1 A single-cell transcriptome
landscape of ESCC

To examine the heterogeneity of the TIME, we performed
droplet-based scRNA-seq in 17 samples, including 10 ESCC
tumour samples (eight surgical samples and two endo-
scopic samples) and seven non-tumour samples (Figure 1A
and Table S1). After quality control and removing 2,899
doublets, 81,246 cells remained. Following gene expres-
sion normalisation and PCA, we performed graph-based
clustering on the PCA, applied batch correction (using
the Harmony method23) and visualised via UMAP plots.
We grouped the cells into 24 clusters (Figure 1B). UMAP
plots showed that various cells were consisted of each
sample origin, tissue histology (normal or tumour) and
treatment with/without NACT (Figures 1C and S1A, B).
Using canonical lineage marker genes, the clusters were
annotated to seven known cell-types: fibroblasts (DCN and
PDPN; 16,823 cells), T+NK cells (CD2 and CD3D; 28,248
cells), myeloid cells (ITGAX and CD68; 17,114 cells), B

cells (CD79A; 9,673 cells), epithelium (KRT5 and EPCAM;
5,160 cells), endothelium (VWF; 2,389 cells) and mast cells
(TPSB2; 1,839 cells) (Figures 1D–F). UMAP plots classi-
fied with such cell types were showed by the tissue source
type (normal samples (N), tumour samples without NACT
(T-nNACT) and tumour samples with NACT (T-NACT))
(Figure S1C). The number of each cell type was different
among their sample origins (Figure 1G).

3.2 Classification of TIL-B subtypes in
ESCC

To investigate changes in the subtypes and functions of
TIL-Bs during chemotherapy in ESCC, we analysed TIL-
B subtypes. First, we extracted B cell clusters based on
the expressions of major markers and re-clustered. We
identified new B cell clusters in this data set. UMAP plot
showed that these clusters were shared across sample ori-
gins, tissue histology and treatments (Figures S2A–C).
Using known genes, we identified five B cell major sub-
types, including naive B cells (NBCs; IGHD and TCL1A),
activated B cells (ABCs; CD69, CD83 and EGR1), which is
antigen-specific activated B cell subtype and committed to
memory B cell (MBC),29 MBCs (TNFRSF13B, CD27, CRIP1
and ITGB1), germinal centre B cells (GCBs; AICDA, RGS13
and GCSAM) and ASCs (XBP1 and PRDM1) (Figures S2D
andE). ASC classificationswere determined by their heavy
chains (IGHA1, IGHD, IGHE, IGHG1 and IGHM) (Figure
S2F). During NBC differentiation into ASCs, the expres-
sion levels of major histocompatibility complex (MHC)
class I/II changed; ASCs completely lost the expression of
MHC class II and lost antigen-presenting function (Figure
S2G).
For amore detailed assessment, B cellswere further clas-

sified into 12 subtypes (Figures 2A–C). Among NBCs, we
identified the NBC–NF-κB subtype that highly expressed
the NF-κB pathway transcripts. We also identified the
MBC–ITGAX subtype, which expressed the canonical
genes of MBCs and characteristic genes, such as ITGAX
andCCR1. To elucidate themolecular characteristics of the
MBC–ITGAX subtype, we performed GSEA. The MBC–
ITGAX subtype was enriched for signalling pathways
such as B cell Fluarix up, which meant acquiring adaptive
immunity in B cells after exposure to Fluarix (influenza
virus vaccine) and transforming growth factor-β (TGFβ)
(Figure S2H). About ASCs, a previous study reported that
expression of BLIMP1 (encoded by PRDM1) identified the
ASC states, such as plasmablasts (PBs) and plasma cells
(PCs), and PBs display a lower level of BLIMP1 expression
than PCs.30 We found two subtypes (PBs and PCs) based
on differences in the expression levels of PRDM1 in
ASCs. Additionally, among PBs, we identified a subtype
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F IGURE 1 Schematics of scRNA-seq and major cell types in ESCC. (A) Schematic illustration of the experimental workflow in our
study. (B) UMAP plot showed 24 clusters from eight resected tumour tissues, two tumour biopsies and seven normal tissues. (C) The UMAP
plots were coloured by sample origin. (D) UMAP plot showed seven major cell types using canonical marker genes. (E) UMAP plots showed
the expression levels of canonical marker genes. (F) Heatmap of the canonical marker genes in each major cell type. (G) The number of the
major cell types in the sample origins.
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F IGURE 2 The subtypes of TIL-Bs in ESCC. (A) UMAP plot was color-coded by 12 subtypes of TIL-Bs on the basis of representative
genes. (B) Heatmap indicated representative genes of B cells in each subtype. (C) UMAP plots showed the expression levels of representative
genes in TIL-Bs. (D) Trajectory analysis was performed between B cell subtypes. (E and F) CODEX multiple staining images showed
intratumoural germinal centre B cells (CD20+, Ki67+; white arrowheads). Representative histologic section of ESCC (H&E, merged images
using image-joint software) (E). The CODEX multiple staining images of DAPI, CD3e, CD8, CD20 and PanCK (F, top) and high magnification
images of CD3e, CD20 and Ki67 (F, bottom). Regions of interest were shown in the white box. Scale bars, 2000 μm (E), 1000 μm (F, top) and
100 μm (F, bottom).
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expressing heat shock protein (HSP)-related genes
(PB-HSP) and three subtypes by specific expression
of immunoglobulin subtypes (PB-IGKC, PB-IGLC and
PB-IgA). We next performed the trajectory analysis to
investigate the potential transition between B cell subtypes
using the Monocle analysis toolkit.31 The pseudotime tra-
jectory analysis showed that NBCs transdifferentiate into
ABCs then into MBCs (Figure 2D). On the other hand, we
found that GCBs existed in tumour sites using scRNA-seq.
GCBs, T cells and B cells construct the tertiary lymphoid
structure (TLS), which is an ectopic lymphoid tissue
and existed nearby or inside tumour. TLS is known to
stimulate the adaptive anti-tumour immune response.32
Therefore, we performed CODEX,24 with resected human
ESCC tissues to evaluate the GCB existence. We found
aggregated structures of T cells and B cells, indicating
TLS, and GCBs (CD20+Ki67+) within B cell aggregates
(Figures 2E,F and S2I and Tables S2 and S3). The present
scRNA-seq data showed that there were novel and unique
TIL-B subtypes in the ESCC microenvironment.

3.3 Functional characterisation of
TIL-B subtypes

We then investigated B cell-related functions, such as
B cell-secreting molecules (interleukins, cytokines and
chemokines), the B cell receptor (BCR) signalling, MYC
pathway and PD-1 signaling33,34 in each TIL-B subtype
(Figure S3A). The expressions of these B cell function-
related genes were down-regulated in ASCs. CCL17 and
CCL22 encode proteins that are secreted by B cells with
CD40 signalling and attract follicular helper T cells (Tfh
cells) via engaging the chemokine receptor CCR4 in Tfh
cells.35 We found that CCL17 and CCL22 were highly
expressed in theMBC–ITGAX subtypes.We also found up-
regulation of the MYC pathway genes and PD-1 signalling
genes in the MBC–ITGAX subtype.
We next analysed the unique functions by the specific

genes expressed in each subtype. The PB-HSP subtype
expressed HSP-related genes (such as DNAJA1, DNAJB1,
HSPE1 and HSPA8) most highly among ASC subtypes
(Figure S3B). Notably, the NBC–NF-κB subtype expressed
genes that activate the NF-κB pathway that is associ-
ated with B cell maturation and survival (TRAF4, NFKB1,
NFKB2, REL and TNFAIP3)36,37 (Figures 3A and B).
Among the TIL-B subtypes, the NBC–NF-κB subtype
expressed the highest levels of SLAMF1. SLAMF1 encodes
a protein that maintain interactions with Tfh cells to form
the germinal centre.38 The MBC–ITGAX subtype highly
expressed ITGAX, CLECL1 and CD86 (Figures 3A and B).
These genes are associated with cell adhesion and co-
stimulation for antigen presentation.39,40 This subtype also

expressed HLA-DPB1 and CD40 signalling-related genes
(ICAM1, CD80, CD86 and CFLAR), which are essential
for antigen presentation to T cells. TNFRSF1B encodes
TNFR2, which triggers the NF-κB pathway possibly to
activate MBCs.37 This gene was up-regulated in the MBC–
ITGAX subtype. Type I IFN induces the up-regulation of
surface molecules on B cells, such as CD86 andMHC class
II.41 The MBC–ITGAX subtype expressed the highest level
of the type I IFN-related gene set among TIL-B subtypes
(Figure 3C and Table S4).

3.4 Differences in proportions and
functions of TIL-Bs by the tissue source
type

To investigate the changes of TIL-Bs during chemotherapy,
we plotted clustering with the TIL-B subtypes (Figure 4A)
and investigated the proportions of subtypes by the tissue
source type (Figure 4B). The plots showed that the propor-
tion of NBCs (including NBC and NBC–NF-κB) in tumour
tissues with NACT was less than that in tumour tissues
without NACT, which was less than that in normal tis-
sues. Additionally, the proportion of ASCs (including PB,
PB-HSP, PB-IGKC, PB-IGLC, PB-IgA and PC)was larger in
tumour tissues with NACT than in tumour tissues without
NACT,whichwasmore than in normal tissues.We focused
on functional changes associated with NACT in TIL-Bs. B
cells function as professional antigen-presenting cells and
express several co-stimulatory molecules, such as CD40.42
The co-stimulation and CD40 signalling-related gene sets
were up-regulated in B cells except for ASCs with NACT
(Figures 4C and D). We next investigated the functional
changes in the MBC–ITGAX subtype because the present
data revealed that this subtype highly expressed genes
associatedwith the co-stimulation gene set. InGSEAusing
DEGs associated with NACT, we found that the MBC–
ITGAX subtype showed enrichment of tumour necrosis
factor-α (TNFα) signalling via NF-κB pathway and IL2-
STAT5 signalling pathway (Figure 4E), suggesting that
NACT enhanced cellular activation in the MBC–ITGAX
subtype.43

3.5 Changes in the proportion and
functions of NBCs during NACT

We focused on NBCs during NACT. The proportion of
NBCs was the lowest in tumour tissues with NACT among
the three tissue types (Figure 4B). The expression level of
IGHD, which is major marker of NBCs, and the proportion
of IGHD-positive cells was the lowest in tumour cells with
NACT among the three tissue source types (Figures 5A–C).
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F IGURE 3 The expression of specific functional genes in TIL-B subtypes. (A) Violin plots showed the expression of specific functional
genes in each subtype. (B) Heatmap indicated the expression of functional genes in each subtype. (C) Violin plots showed the expression of
the type I IFN-related gene set in B cells except for ASCs. Significance of expression (p value) between tissue source types was determined by
Wilcoxon rank-sum test, with all p values adjusted using Bonferroni correction. ****p < .0001
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F IGURE 4 Changes in proportions and functions of TIL-B subtypes by the tissue source type. (A) UMAP plots showed 12 subtypes of
TIL-Bs by the tissue source type. (B) Bar plots showed the proportions of 12 subtypes of TIL-Bs by the tissue source type. (C and D) Violin
plots showed the expressions of co-stimulation (C) and CD40 signalling-related gene set (D) in B cells except for ASCs by the tissue source
type. Significance of these gene set enrichment (p value) between tissue source types was determined by Wilcoxon rank-sum test. Boxplots
included centreline, median; box limits, upper and lower quartiles; whiskers at most 1.5× the interquartile range past upper and lower
quartiles. ***p < .001, ****p < .0001. (E) GSEA results showed the TNFα signalling via NF-κB pathway and IL2-STAT5 signalling pathway was
enriched in the MBC–ITGAX subtype from NACT patients compared with nNACT patients.

We next examined the differences in function-related gene
expression with NBCs compared with each tissue source
type and found that B cell activation markers (CD27,
CD70 and AIM2) were strongly up-regulated in NBCs with
NACT (Figure 5D). B cells express suppressing-receptors to
inhibit BCR signalling.44 We found that the suppressing-
receptor gene set was down-regulated in NBCs with NACT
(Figure 5E). GO enrichment analysis showed that DEGs in
the NBC subtype with NACT compared with the subtype

without NACTwere enriched for regulation of lymphocyte
activation, TNFα signalling via NF-κB, B cell activation
and positive regulation of the cytokine production pathway
(Figure 5F).We next focused on the NF-κB pathway, which
is involved in B cell maturation and adaptive immunity.45
The NF-κB-related gene set was up-regulated in the NBC–
NF-κB subtype with NACT (Figure 5G). To investigate
the clinical implication of this pathway activation in
oesophageal cancer, we performed survival analysis using
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F IGURE 5 Decrease of the proportion and functional changes in NBCs during chemotherapy. (A) UMAP plots showed expression levels
of IGHD, which is a canonical marker gene for naive B cells (NBCs), by the tissue source type. (B) Violin plots showed the expression of IGHD
in NBCs by the tissue source type. Significance of IGHD expression (p value) between tissue source types was determined by Wilcoxon
rank-sum test. Boxplots included centreline, median; box limits, upper and lower quartiles; whiskers at most 1.5× the interquartile range past
upper and lower quartiles. ***p < .001, ****p < .0001. (C) Bar plots showed the percentage of IGHD+ cells to total B cells by the tissue source
type (N; n = 7, T-nNACT; n = 5, T-NACT; n = 5). Mean + SEM shown. Dunn’s multiple comparisons test was performed. **p < .01. (D)
Heatmap showed the expression of DEGs among tissue source types in NBCs. (E) Violin plots showed the expression of the
suppressing-receptor gene set in NBCs. Significance of this gene set enrichment (p value) between tissue source types was determined by
Wilcoxon rank-sum test. Boxplots included centreline, median; box limits, upper and lower quartiles; whiskers at most 1.5× the interquartile
range past upper and lower quartiles. ****p < .0001. (F) The enriched Gene Ontology term for the top 100 signature genes in the NBC subtype
with T-NACT using Metascape. (G) Violin plots showed the expressions of the NF-κB-related gene set by the tissue source type. Significance
of this gene set enrichment (p value) between tissue source types was determined by Wilcoxon rank-sum test. Boxplots included centreline,
median; box limits, upper and lower quartiles; whiskers at most 1.5× the interquartile range past upper and lower quartiles. ns; not
significant, *p < .05, **p < .01. (H) Survival analysis based on the NF-κB-related gene set in TCGA-ESCA (n = 182). Log-rank Mantel Cox–test.
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TCGA data. We found significant correlations between
prolonged RFS and the NF-κB-related gene set (p = .027)
(Figure 5H).

3.6 Changes in the proportion and
functions of ASCs during NACT

We then focused on the ASCs during NACT. The pro-
portion of ASCs was the highest in tumour tissues with
NACT among the three tissue types (Figure 4B). ASCs
in tumour tissues with NACT expressed the highest lev-
els of XBP1 and IGHG1 among the three tissue source
types (Figures 6A and B) and the proportion of XBP1-
positive cells was the largest in tumour tissues with NACT
among the three tissue source types (Figure 6C). In gen-
eral, mature ASCs migrate from generated sites to survival
niches, especially bone marrow. We evaluated the hom-
ing gene set including ASC receptors related with homing.
This gene set was significantly down-regulated in ASCs
in tumour tissues with NACT compared with clusters
in normal tissues (Figure 6D). Additionally, to evaluate
ASC abilities to secrete antibodies after class switching,
we analysed the expression of the antibody-secreting gene
set. We found that the gene set was strongly enriched
in ASCs treated with NACT (Figure 6E). To evaluate the
prognostic impact of functional changes in ASCs during
NACT on oesophageal cancer, we examined the relation-
ship between DEGs associated with NACT and outcomes
of oesophageal cancer using TCGA data. NACT-induced
DEGs inASCs (Table S5) were significantly correlatedwith
RFS in oesophageal cancer (p = .028) (Figure 6F).

3.7 A single-cell landscape of LNs

In LNs, many immune cells carry out active immune
responses to TAAs. To investigate the functional hetero-
geneity of B cells in a metastatic LN, we analysed changes
in subtypes and functions of B cells derived fromLNs using
scRNA-seq. We obtained six resected samples from three
normal LNs treated with only surgery (nM-nNACT), two
normal LNs treated with NACT and surgery (nM-NACT)
and one metastatic LN treated with NACT and surgery
(M-NACT). After quality control and removing 2,899 dou-
blets, 35,749 cells remained. Following performing PCA,
applying batch correction, single-cells were visualised in
the UMAP plot and classified 16 cell type clusters (Figure
S4A). UMAP plots showed that these cells from LNs were
shared across sample origins, tissue histology (without
metastasis (nMetastasis) or with metastasis) and treat-
ments (Figures S4B–D). On the basis of the expression
of canonical marker genes and characteristic genes, we

identified three major cell types (T+NK cells, B cells and
myeloid cells) (Figures S4E–G). Additionally, to assess the
contamination of tumour cells in metastatic samples, we
examined the expression of oesophageal epithelium genes
(KRT5, KRT19, EPCAM and SOX4) and found almost no
cells that expressed these genes (Figure S4H). The number
of major cell types is shown in each sample origin (Figure
S4I). These data indicated that LNsweremainly composed
of T+NK cells and B cells.

3.8 Profile of B cell subtypes in LNs, and
characteristics and variations

We next analysed the heterogeneity of B cells in LNs. We
re-clustered B cells in LNs and identified B cell clusters
across all patients, tissue histology and treatments (Figures
S5A–C). On the basis of their unique gene expressions,
we classified B cells in LNs into seven detailed subtypes
(Figures 7A–C). The GCB-Ki67 subtype expressed MKI67
(which encodes Ki67) at a higher level than the GCB
subtype. The expression levels of B cell function-related
genes in ASCs were lower than in other B cells same
as the primary tumour (Figure 7D). In the NBC–NF-κB
subtype, CCL17 and CCL22 were most highly expressed
among B cell subtypes in LNs. To characterise the GCB-
Ki67 subtype, we evaluated DEGs in the GCB-Ki67 subtype
compared with the GCB subtype. The GCB-Ki67 subtype
showed up-regulation of IgG-Memory/PC down, which
meant that the differentiated state of GCB-Ki67 was more
similar to that of ASCs than to MBCs, Naive/GC B cell
down, which indicated that the differentiated state of
the GCB-Ki67 subtype was more analogous to that of
GCBs than to NBCs, and the E2F pathway, indicating cell
proliferation (Figure S5D).
In drainage LNs of primary tumours, the proportion of

B cells increased and systemic humoral immune response
to tumours were activated.46 To elucidate the characteris-
tics of B cell subtypes in each tissue source type of LNs, we
investigated differences in several B cell subtypes among
the tissue source types. UMAP plot exhibited the distribu-
tion of B cell subtypes in each tissue source type and their
relative proportions are shown across the tissue source
types (Figures 8A and B). The ASC proportion was the
largest in a metastatic LN treated with NACT among these
tissue source types and this result was similarity to ASCs in
the TIME. We scored the Naive gene set in NBCs and the
ASC gene set in ASCs. Similar to results in the analyses of
the TIME in primary tumours, NBCs in a metastatic LN
showed the lowest expression levels in the Naive gene set
among the three tissue source types (Figure 8C). By con-
trast, ASCs in a metastatic LN showed the most enriched
ASC gene set among the tissue source types (Figure 8D).
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F IGURE 6 Increase of the proportion and enhancement of functions in ASCs during chemotherapy. (A) UMAP plots showed the
expression levels of XBP1 and IGHG1, which are the canonical marker genes for antibody-secreting cells (ASCs), by the tissue source type. B)
Violin plots showed the expression of XBP1 in ASCs by the tissue source type. Significance of XBP1 expression (p-value) between tissue source
type was determined by Wilcoxon rank-sum test. Boxplots included centreline, median; box limits, upper and lower quartiles; whiskers at
most 1.5× the interquartile range past upper and lower quartiles. **p < .01, ****p < .0001. (C) Bar plots showed the percentage of XBP1+ cells
in total B cells by the tissue source type (N; n = 7, T-nNACT; n = 5, T-NACT; n = 5). Mean + SEM shown. Dunn’s multiple comparisons test
was performed. *p < .05. (D) Violin plots showed the expressions of the homing gene set in ASCs by the tissue source type. Significance of this
gene set enrichment (p value) between tissue source types was determined by Wilcoxon rank-sum test. Boxplots included centreline, median;
box limits, upper and lower quartiles; whiskers at most 1.5× the interquartile range past upper and lower quartiles. ****p < .0001. (E) Violin
plots showed the expressions of the antibody-secreting gene set in ASCs by the tissue source type. Significance of this gene set enrichment (p
value) between tissue source types was determined by Wilcoxon rank-sum test. Boxplots included centreline, median; box limits, upper and
lower quartiles; whiskers at most 1.5× the interquartile range past upper and lower quartiles. ****p < .0001. (F) Survival analysis based on
DEGs up-regulated with NACT in ASCs using TCGA-ESCA data (n = 182). Log-rank Mantel Cox–test.
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F IGURE 7 The subtypes of B cells in LNs. (A) UMAP plot was color-coded by seven subtypes of B cells in LNs on the basis of
representative genes. (B) Heatmap showed representative genes of B cells in each subtype. (C) UMAP plots showed the expressions of
representative genes. (D) Heatmap showed the expression of B cell function-associated genes in each subtype.
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F IGURE 8 Differentiation of B cells in a metastatic LN. (A) UMAP plots showed seven subtypes of B cells in LNs by the tissue source
type. (B) Bar plots showed the proportions of seven B cell subtypes in LNs in the tissue source types. (C and D) Violin plots showed the
expression of Naive gene set in NBCs (C) and ASC gene set in ASCs (D). Significance of these gene set enrichment (p value) between tissue
source types was determined by Wilcoxon rank-sum test. Boxplots included centreline, median; box limits, upper and lower quartiles;
whiskers at most 1.5× the interquartile range past upper and lower quartiles. *p < .05, ****p < .0001. (E) UMAP plots showed expression levels
of XBP1 and IGHG1 by the tissue source type. Black dotted frames showed B cells except for ASCs. (F) Violin plots showed the expression of
the ASC gene set in B cells except for ASCs. Significance of this gene set enrichment (p value) between tissue source types was determined by
Wilcoxon rank-sum test. Boxplots included centreline, median; box limits, upper and lower quartiles; whiskers at most 1.5× the interquartile
range past upper and lower quartiles. ns; not significant, ****p < .0001.

Moreover, B cell subtypes except for ASCs in a metastatic
LN expressed the highest levels of XBP1 and the ASC gene
set in these tissue source types (Figures 8E and F). We
also evaluated chemotherapy-induced changes in LNs. B

cells in LNs with NACT showed increased expression lev-
els of TNF (which encodes TNFα) and HLA-DQA2 (which
encodes MHC class II) compared with expressions in LNs
without NACT (Figures S6A and B).
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3.9 The relationship between ASCs in
the TIME and prognosis in ESCC cases

To investigate the localisation of ASCs in the ESCC
TIME and its correlation with prognosis, we evaluated
the expression of immunoglobulin κ C (IGKC) in ESCC
samples using immunohistochemistry (IHC). In previous
IHC analyses, IGKC was reported to be highly expressed
in ASCs and might be preferable to detect ASCs.47
IGKC staining intensity was classified into four scores
(0∼+3) (Figure S7). We more frequently observed ASCs
in peritumoural regions than in intratumoural regions
(Figures 9A and B). Furthermore, in our cohort (Table
S6), the IGKC expression score was remarkably high in
recurrence-free and survival patients (Figure 9C). In addi-
tion, we found that favourable 2-year RFS and 3-year
OS were associated with the high levels of IGKC expres-
sion (Figure 9D–I).Multivariate survival analysis indicated
that late stages at T3/T4, the presence of LN metastasis
and IGKC expression were independent prognosis fac-
tors of RFS (hazard ratio (HR) = 2.0, 95% confidence
interval (CI): 1.2–3.5, p = .013; HR = 2.5, 95% CI: 1.3–
4.8, p = .0058; HR = 0.23, 95% CI: 0.12–0.45, p < .0001,
respectively) and OS (HR = 2.3, 95% CI: 1.1–4.7, p = .021;
HR = 2.3, 95% CI: 1.02–5.2, p = .049; HR = 0.20, 95%
CI: 0.086–0.47, p = .0002, respectively) in ESCC patients
(Tables 1 and 2). These data suggest that ASCs in the
TIMEwere correlatedwith a favourable prognosis in ESCC
patients.

4 DISCUSSION

In the present study, we used scRNA-seq to understand
functions of TIL-B subtypes in ESCC. Here, we classified
TIL-Bs into 12 subtypes with transcriptomic character-
istics. These subtypes included novel subtypes, such as
NBC–NF-κB, MBC–ITGAX and four PB-subtypes. We
identified the MBC–ITGAX subtype, similar to the MBC
subtype, and found that the MBC–ITGAX subtype showed
an enriched TGFβ GSEA pathway compared with MBCs.
TGFβpromotes the activation andproliferation of B cells.48
This result indicated that the MBC–ITGAX subtype was
a highly activated MBC subtype and had the potential to
proliferate.
B cells have various functions depending on their dif-

ferentiation states, but the details of the functions remain
unknown. In NBCs, when antigens bind to their BCR,
the NF-κB pathway is activated and promotes activation
andmaturation of NBCs.45 We found that the NBC–NF-κB
subtype highly expressed NF-κB-related genes and unique
genes such as SLAMF1 which encodes T cell stimulating
proteins.38,49 These results suggest that this subtype was

more activated than theNBC subtype and enhanced activa-
tion of T cells. The MBC–ITGAX subtype highly expressed
genes associated with cell adhesion and co-stimulation
for antigen presentation. Moreover, this subtype showed
enrichment of the type I IFN-related gene set. Type I IFN
increases the expression of co-stimulatory molecules and
promotes antigen presentation to T cells.41 Taken together,
these data suggest that the MBC–ITGAX subtype may
promote antigen presentation in response to type I IFN
stimulation.
B cells function as antigen-presentation cells and co-

stimulatory molecules play a critical role in antigen
presentation.42 CD40, a member of the TNF family, per-
forms important functions as co-stimulatory molecules
in humoral immunity.50 The binding of CD40L on T
cells to CD40 on B cells contributes to B cell activa-
tion via the NF-κB pathway, proliferation, germinal centre
formation and affinity maturation.51 CD40 signalling up-
regulates the expression of CD80 and MHC class II and
leads to enhanced antigen presentation.52 Our analyses
showed that NACT enhanced the expression of genes
associated with co-stimulation and CD40 signalling in B
cells, except for ASCs, and the MBC–ITGAX subtype up-
regulatedTNFα signalling viaNF-κBpathway. Chemother-
apy increases TAAs in tumour sites6 and enhances the
infiltration of CD4+ and CD8+ T cells in the TIME.53
A previous study showed that NACT enhanced Tfh cell
functions in pancreatic cancer and Tfh cells treated with
NACT promoted B cell maturation.54 These data suggest
that T cells activated with NACT, including Tfh cells,
stimulate the CD40 molecule on B cells and may also pro-
mote TIL-B activations via the NF-κB pathway and antigen
presentation.
NBCs are key cells to initiate humoral immune

responses. Our findings revealed a smaller proportion
of NBCs in tumour tissues than in normal tissues, con-
sistent with a recent report.55 The proportion of NBCs
in the TIME treated with NACT was the lowest among
the three tissue source types. NBCs with NACT showed
up-regulated expression of activated and enrichment
of the NF-κB-related pathway associated with B cell
activation. Furthermore, NBCs with NACT expressed the
suppressing-receptor gene set at the lowest level among
the three tissue source types. The decrease in the propor-
tion of NBCs in metastatic sites was reported to result
from B cell activation and differentiation at metastatic
regions.55 The present data showed the up-regulation of
NF-κB-related genes in the NBC–NF-κB subtype treated
with NACT. Furthermore, the NF-κB-related genes asso-
ciated with a favourable prognosis in oesophageal cancer.
Taken together, these results suggest that NBCs in the
TIME are activated and differentiated via the NF-κB
pathway during chemotherapy and that there is a clinical
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F IGURE 9 The relationship between ASCs in the TIME and prognosis in ESCC patients. (A) Representative images of H&E staining
(left) and IGKC immunostaining (right), which were merged using image-joint software. Scale bars, 3500 μm. (B) Representative images of
IGKC immunostaining intratumour (×200, top, red) and peritumour (×200, bottom, black). Scale bars, 100 μm. (C) Expression of IGKC in 166
ESCC patients, about recurrence cases (left) and survival cases (right). Mean + SEM shown. Dunn’s multiple comparisons test was performed.
*p < .05, **p < .01. (D–F) Kaplan–Meier curves for recurrence-free survival with IGKC high or low expression in 166 ESCC patients (D),
including 80 ESCC patients without NACT (E) and 86 ESCC patients with NACT (F). p Value was determined with Gehan–Breslow–Wilcoxon
test. (G–I) Kaplan–Meier curves for overall survival with IGKC high expression or low expression in 154 ESCC patients (G), including 76
ESCC patients without NACT (H) and 78 ESCC patients with NACT (I). P-value was determined with Gehan–Breslow–Wilcoxon test.
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TABLE 1 Univariate and multivariate analyses of RFS and OS with IGKC expression and clinicopathological characteristics in ESCC
patients

Univariate Multivariate
HR 95% CI p Valuea HR 95% CI p Valuea

RFS
Sex

Female 1 (Ref) 1 (Ref)
Male 1.1 0.51-2.5 .76 1.1 0.50-2.5 .78

Age
<65b 1 (Ref) 1 (Ref)
≥65 1.1 0.66-1.9 .70 1.4 0.82-2.4 .22

T stagec

T1, 2 1 (Ref) 1 (Ref)
T3, 4 2.5 1.5-4.2 .0007 2.0 1.2-3.5 .013

Lymph node metastasis
Negative 1 (Ref) 1 (Ref)
Positive 3.2 1.7-5.9 .0003 2.5 1.3-4.8 .0058

IGKC expression
Low 1 (Ref) 1 (Ref)
High 0.25 0.13-0.48 <.0001 0.23 0.12-0.45 <.0001

OS
Sex

Female 1 (Ref) 1 (Ref)
Male 1.1 0.38-3.0 .90 0.93 0.32-2.7 .89

Age
<65b 1 (Ref) 1 (Ref)
≥65 1.2 0.63-2.4 .55 1.7 0.88-3.5 .11

T stagec

T1, 2 1 (Ref) 1 (Ref)
T3, 4 2.6 1.4-5.1 .0044 2.3 1.1-4.7 .021

Lymph node metastasis
Negative 1 (Ref) 1 (Ref)
Positive 3.1 1.4-6.8 .0052 2.3 1.02-5.2 .049

IGKC expression
High 1 (Ref) 1 (Ref)
Low 0.22 0.097-0.51 .0004 0.20 0.086-0.47 .0002

aCox regression analysis.
bMean age.
cAccording to the Union for International Cancer Control (UICC) staging system.
RFS, recurrence-free survival; OS, overall survival; nNACT, treated without neoadjuvant chemotherapy; NACT, treated with neoadjuvant chemotherapy; HR,
hazard ratio; CI, confidence interval; IGKC, immunoglobulin κ C; bold; Significant p values.

implication of changes in the NBC–NF-κB subtype during
chemotherapy.
ASCs secrete specific antibodies against TAAs. These

antibodies can mediate opsonisation, complement lysis,
ADCC by natural killer cells and ADCP by macrophages
and granulocytes.11 The present data revealed that ASCs in
tumour tissues showed up-regulated expression of XBP1,
which is a canonical marker of ASCs, compared with
expression in normal tissues, and the proportion of ASCs

in tumour tissues with NACTwas significantly larger than
that in normal tissues. Recent studies showed higher num-
bers of ASCs in tumour sites compared with non-tumour
sites.56 Moreover, we showed that ASCs in tumour tissues
expressed the homing gene set at a lower level than that
in normal tissues, and the gene set expression in ASCs
with NACT was lower than that in ASCs without NACT.
This result suggests that ASCs in the TIME with NACT
were difficult to move out of the tumour areas leading to
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abundantASCs in the tumour sites. Additionally, we found
that ASCs in tumour tissues with NACT increased the
capacity to produce antibodies and DEGs in ASCs during
NACT were significantly correlated with a good progno-
sis in oesophageal cancer58 A previous report also showed
that IgG produced by local ASCs labeled tumour cells, sug-
gesting that IgG-dependent anti-tumoural mechanisms
may work in the TIME.57 Together, these data suggest
that abundant ASCs in the TIME with NACT may play
important roles in anti-tumour immunity.
LNs are important sites for metastasis in solid can-

cer and the mechanisms underlying metastasis in LNs
are complex. We identified seven subtypes of B cells in
LNs, similar to the primary tumour, but there were no
MBC–ITGAX and PB subtypes in LNs. Instead, we found
the GCB-Ki67 subtype, which was one of the GCB sub-
types with a high proliferation potential based on GSEA.
Our present data revealed that the proportion of ASCs
in metastatic LNs was the highest among three tissue
source types, as in the primary tumour. ASCs in the
metastatic LN enriched the ASC gene set to the highest
levels among tissue source types. Previous studies reported
that thereweremanyASCs inmetastatic LNs and theASCs
secreted tumour-specific antibodies.46 B cells except for
ASCs enriched the ASC gene set only in themetastatic LN.
This suggests that TAAs derived from metastatic tumour
cells directly induce activation of B cells and differentiation
into ASCs in LNs.
The location and the prognostic significance of ASCs in

the TIME remains controversial. Recent studies reported
that the presence of ASCs in the TIME was associ-
ated with a positive prognosis8,58 and high intratumoural
immunoglobulin expression was related with longer
survival.59 First, we examined the location of ASCs in
the TIME and ASCs were detected not inside the tumour
but in the margin of tumour, in line with a previous
report.60 Second, we evaluated the prognostic impact of
ASCs in ESCC with IGKC expression. The IGKC expres-
sion score was significantly higher in recurrence-free and
survival groups. Additionally, high IGKC expression was
associated with RFS and OS in ESCC. Moreover, mul-
tivariate analyses showed that IGKC expression was an
independent favourable prognostic factor of RFS and OS
in ESCC patients. Late stages at T3/T4 and LN metas-
tasis were independent unfavourable prognostic factors,
as previously reported.61–63 These data indicate that ASCs
in the TIME were related to a good prognosis and that
IGKC expression might be a good prognostic marker in
ESCC. Additionally, a recent study showed that treatment
with NACT increased ASCs in the TIME and influenced
prognosis.64 Our scRNA-seq results revealed that the pro-
portion of ASCs and the potential of ASCs in the TIME
to secrete antibodies increased with NACT. These data

suggest that chemotherapies change the TIME into a
favourable environment for anti-tumour immunity.
In the present study, we observed functional changes in

TIL-Bs of ESCC during chemotherapy. However, this find-
ing has several limitations. First, the number of cells with
biopsies versus surgical resected tissues was varied. Sec-
ond,we did not analyse the samples from the samepatients
before and after NACT. The TIME is heterogenous and
might be different for each patient.

5 CONCLUSIONS

Our data revealed that chemotherapy enhanced specific
functions, such as co-stimulation and CD40 signalling,
in TIL-Bs. NBCs were stimulated to activate and differ-
entiate in the ESCC TIME during chemotherapy. There
was a large proportion of ASCs secreting amounts of
antibodies in the TIME treated with NACT. Changes in
ASCs during NACT were associated with a good progno-
sis in oesophageal cancer. The presence of ASCs in the
TIME was associated with a favourable prognosis in ESCC
patients. These results suggest that chemotherapy modi-
fies the TIME to be favourable for anti-tumour immunity
and that the dynamic changes in functional heterogene-
ity of TIL-Bs may be involved in the anti-tumour immune
response in ESCC. The present data of TIL-B subtypeswith
scRNA-seq provide important findings to understand the
role of TIL-Bs and may contribute to the development of
new clinical treatments targeting the TIME.

ACKNOWLEDGEMENTS
The authors thank E. Manabe and S. Sadatomi (Depart-
ment of Surgery and Oncology, Kyushu University Hos-
pital) for their expert technical assistance. The authors
also thank the members of the Research Support Center
and Department of Anatomic Pathology, Graduate School
of Medical Sciences, Kyushu University for expert techni-
cal assistance. We thank Gabrielle White Wolf, PhD, from
Edanz (https://jp.edanz.com/ac), for editing a draft of this
manuscript.

CONFL ICT OF INTEREST
The authors declare that they have no conflict of interest.

DATA AVAILAB IL ITY STATEMENT
The data used to support the findings of this study are
available from the corresponding author upon reasonable
request.

ORCID
KenokiOhuchida https://orcid.org/0000-0003-4792-
1168

https://jp.edanz.com/ac
https://orcid.org/0000-0003-4792-1168
https://orcid.org/0000-0003-4792-1168
https://orcid.org/0000-0003-4792-1168


NAKAMURA et al. 21 of 23

REFERENCES
1. Sung H, Ferlay J, Siegel RL, et al. Global cancer statistics 2020:

gLOBOCAN estimates of incidence andmortality worldwide for
36 cancers in 185 countries.CACancer J Clin. 2021;71(3):209-249.
https://doi.org/10.3322/caac.21660

2. Siegel RL,MillerKD, FuchsHE, JemalA.Cancer Statistics, 2021.
CA Cancer J Clin. 2021;71(1):7-33. https://doi.org/10.3322/caac.
21654

3. Sun J-M, Shen L, Shah MA, et al. Pembrolizumab plus
chemotherapy versus chemotherapy alone for first-line treat-
ment of advanced oesophageal cancer (KEYNOTE-590): a
randomised, placebo-controlled, phase 3 study. The Lancet.
2021;398(10302):759-771. https://doi.org/10.1016/s0140-6736(21)
01234-4

4. Tumeh PC, Harview CL, Yearley JH, et al. PD-1 block-
ade induces responses by inhibiting adaptive immune resis-
tance. Nature. 2014;515(7528):568-571. https://doi.org/10.1038/
nature13954

5. Fucikova J, Kralikova P, Fialova A, et al. Human tumour
cells killed by anthracyclines induce a tumour-specific immune
response. Cancer Res. 2011;71(14):4821-4833. https://doi.org/10.
1158/0008-5472.CAN-11-0950

6. Fridman WH, Zitvogel L, Sautes-Fridman C, Kroemer G.
The immune contexture in cancer prognosis and treatment.
Nat Rev Clin Oncol. 2017;14(12):717-734. https://doi.org/10.1038/
nrclinonc.2017.101

7. Waldman AD, Fritz JM, Lenardo MJ. A guide to cancer
immunotherapy: from T cell basic science to clinical practice.
Nat Rev Immunol. 2020;20(11):651-668. https://doi.org/10.1038/
s41577-020-0306-5

8. Berntsson J, Nodin B, Eberhard J, Micke P, Jirstrom K. Prog-
nostic impact of tumour-infiltrating B cells and plasma cells in
colorectal cancer. Int J Cancer. 2016;139(5):1129-1139. https://doi.
org/10.1002/ijc.30138

9. Garnelo M, Tan A, Her Z, et al. Interaction between tumour-
infiltrating B cells and T cells controls the progression of
hepatocellular carcinoma. Gut. 2017;66(2):342-351. https://doi.
org/10.1136/gutjnl-2015-310814

10. Cabrita R, Lauss M, Sanna A, et al. Tertiary lymphoid structures
improve immunotherapy and survival in melanoma. Nature.
2020;577(7791):561-565. https://doi.org/10.1038/s41586-019-1914-
8

11. Gilbert AE, Karagiannis P, Dodev T, et al. Monitor-
ing the systemic human memory B cell compartment of
melanoma patients for anti-tumour IgG antibodies. PLoS One.
2011;6(4):e19330. https://doi.org/10.1371/journal.pone.0019330

12. Hladíková K, Koucký V, Bouček J, et al. Tumour-infiltrating
B cells affect the progression of oropharyngeal squamous cell
carcinoma via cell-to-cell interactions with CD8+ T cells.
J Immunother Cancer. 2019;7(1):261. https://doi.org/10.1186/
s40425-019-0726-6

13. Bruno TC, Ebner PJ, Moore BL, et al. Antigen-presenting intra-
tumoural B cells affect CD4+ TIL phenotypes in non–small cell
lung cancer patients. Cancer Immunol Res. 2017;5(10):898-907.
https://doi.org/10.1158/2326-6066.cir-17-0075

14. Shi J-Y, Gao Q, Wang Z-C, et al. Margin-infiltrating CD20+
B cells display an atypical memory phenotype and correlate
with favorable prognosis in hepatocellular carcinoma.Clin Can-

cer Res. 2013;19(21):5994-6005. https://doi.org/10.1158/1078-0432.
ccr-12-3497

15. Li Q, Lao X, Pan Q, et al. Adoptive transfer of tumour reactive B
cells confers host T-cell immunity and tumour regression. Clin
Cancer Res. 2011;17(15):4987-4995. https://doi.org/10.1158/1078-
0432.CCR-11-0207

16. Li Q, Teitz-Tennenbaum S, Donald EJ, Li M, Chang AE. In
vivo sensitized and in vitro activated B cells mediate tumour
regression in cancer adoptive immunotherapy. J Immunol.
2009;183(5):3195-3203. https://doi.org/10.4049/jimmunol.
0803773

17. Deng L, Zhang H, Luan Y, et al. Accumulation of foxp3+ T
regulatory cells in draining lymph nodes correlates with dis-
ease progression and immune suppression in colorectal cancer
patients. Clin Cancer Res. 2010;16(16):4105-4112. https://doi.org/
10.1158/1078-0432.CCR-10-1073

18. Wu SZ, Al-Eryani G, Roden DL, et al. A single-cell and
spatially resolved atlas of human breast cancers. Nat Genet.
2021;53(9):1334-1347. https://doi.org/10.1038/s41588-021-00911-1

19. Corridoni D, Antanaviciute A, Gupta T, et al. Single-cell
atlas of colonic CD8(+) T cells in ulcerative colitis. Nat Med.
2020;26(9):1480-1490. https://doi.org/10.1038/s41591-020-1003-4

20. Zheng Y, Chen Z, Han Y, et al. Immune suppressive landscape
in the human oesophageal squamous cell carcinomamicroenvi-
ronment.NatCommun. 2020;11(1):6268. https://doi.org/10.1038/
s41467-020-20019-0

21. Zhang M, Hu S, Min M, et al. Dissecting transcriptional het-
erogeneity in primary gastric adenocarcinoma by single cell
RNA sequencing. Gut. 2021;70(3):464-475. https://doi.org/10.
1136/gutjnl-2019-320368

22. McGinnis CS, Murrow LM, Gartner ZJ. DoubletFinder: dou-
blet detection in single-cell RNA sequencing data using artificial
nearest neighbors. Cell Syst. 2019;8(4):329-337. https://doi.org/
10.1016/j.cels.2019.03.003. e4.

23. Korsunsky I, Millard N, Fan J, et al. Fast, sensitive and accu-
rate integration of single-cell data with harmony. Nat Methods.
2019;16(12):1289-1296. https://doi.org/10.1038/s41592-019-0619-0

24. Black S, Phillips D, Hickey JW, et al. CODEX multiplexed
tissue imaging with DNA-conjugated antibodies. Nat Protoc.
2021;16(8):3802-3835. https://doi.org/10.1038/s41596-021-00556-
8

25. Zhou Y, Zhou B, Pache L, et al. Metascape provides a biologist-
oriented resource for the analysis of systems-level datasets.
Nat Commun. 2019;10(1):1523. https://doi.org/10.1038/s41467-
019-09234-6

26. Korotkevich G, Sukhov V, Budin N, Shpak B, Artyomov MN,
Sergushichev A, Fast gene set enrichment analysis. Cold Spring
Harbor Laboratory; 2016.

27. Tang Z, Kang B, Li C, Chen T, Zhang Z. GEPIA2: an enhanced
web server for large-scale expression profiling and interactive
analysis. Nucleic Acids Res. 2019;47(W1):W556-W560. https://
doi.org/10.1093/nar/gkz430

28. Fedchenko N, Reifenrath J. Different approaches for interpreta-
tion and reporting of immunohistochemistry analysis results in
the bone tissue - a review. Diagn Pathol. 2014;9:221. https://doi.
org/10.1186/s13000-014-0221-9

29. Ellebedy AH, Jackson KJ, Kissick HT, et al. Defining antigen-
specific plasmablast and memory B cell subsets in human

https://doi.org/10.3322/caac.21660
https://doi.org/10.3322/caac.21654
https://doi.org/10.3322/caac.21654
https://doi.org/10.1016/s0140-6736(21)01234-4
https://doi.org/10.1016/s0140-6736(21)01234-4
https://doi.org/10.1038/nature13954
https://doi.org/10.1038/nature13954
https://doi.org/10.1158/0008-5472.CAN-11-0950
https://doi.org/10.1158/0008-5472.CAN-11-0950
https://doi.org/10.1038/nrclinonc.2017.101
https://doi.org/10.1038/nrclinonc.2017.101
https://doi.org/10.1038/s41577-020-0306-5
https://doi.org/10.1038/s41577-020-0306-5
https://doi.org/10.1002/ijc.30138
https://doi.org/10.1002/ijc.30138
https://doi.org/10.1136/gutjnl-2015-310814
https://doi.org/10.1136/gutjnl-2015-310814
https://doi.org/10.1038/s41586-019-1914-8
https://doi.org/10.1038/s41586-019-1914-8
https://doi.org/10.1371/journal.pone.0019330
https://doi.org/10.1186/s40425-019-0726-6
https://doi.org/10.1186/s40425-019-0726-6
https://doi.org/10.1158/2326-6066.cir-17-0075
https://doi.org/10.1158/1078-0432.ccr-12-3497
https://doi.org/10.1158/1078-0432.ccr-12-3497
https://doi.org/10.1158/1078-0432.CCR-11-0207
https://doi.org/10.1158/1078-0432.CCR-11-0207
https://doi.org/10.4049/jimmunol.0803773
https://doi.org/10.4049/jimmunol.0803773
https://doi.org/10.1158/1078-0432.CCR-10-1073
https://doi.org/10.1158/1078-0432.CCR-10-1073
https://doi.org/10.1038/s41588-021-00911-1
https://doi.org/10.1038/s41591-020-1003-4
https://doi.org/10.1038/s41467-020-20019-0
https://doi.org/10.1038/s41467-020-20019-0
https://doi.org/10.1136/gutjnl-2019-320368
https://doi.org/10.1136/gutjnl-2019-320368
https://doi.org/10.1016/j.cels.2019.03.003
https://doi.org/10.1016/j.cels.2019.03.003
https://doi.org/10.1038/s41592-019-0619-0
https://doi.org/10.1038/s41596-021-00556-8
https://doi.org/10.1038/s41596-021-00556-8
https://doi.org/10.1038/s41467-019-09234-6
https://doi.org/10.1038/s41467-019-09234-6
https://doi.org/10.1093/nar/gkz430
https://doi.org/10.1093/nar/gkz430
https://doi.org/10.1186/s13000-014-0221-9
https://doi.org/10.1186/s13000-014-0221-9


22 of 23 NAKAMURA et al.

blood after viral infection or vaccination. Nat Immunol.
2016;17(10):1226-1234. https://doi.org/10.1038/ni.3533

30. Soro PG, Morales AP, Martinez MJ, et al. Differential involve-
ment of the transcription factor Blimp-1 in T cell-independent
and -dependent B cell differentiation to plasma cells. J Immunol.
1999;163(2):611-617.

31. Cao J, Spielmann M, Qiu X, et al. The single-cell tran-
scriptional landscape of mammalian organogenesis. Nature.
2019;566(7745):496-502. https://doi.org/10.1038/s41586-019-
0969-x

32. Sautes-Fridman C, Verneau J, Sun CM, et al. Tertiary Lymphoid
Structures and B cells: clinical impact and therapeutic modula-
tion in cancer. Semin Immunol. 2020;48:101406. https://doi.org/
10.1016/j.smim.2020.101406

33. Bao Y, Cao X. The immune potential and immunopathology
of cytokine-producing B cell subsets: a comprehensive review.
J Autoimmun. 2014;55:10-23. https://doi.org/10.1016/j.jaut.2014.
04.001

34. Holmes AB, Corinaldesi C, Shen Q, et al. Single-cell analysis of
germinal-center B cells informs on lymphoma cell of origin and
outcome. J ExpMed. 2020;217(10):e20200483. https://doi.org/10.
1084/jem.20200483

35. Liu B, Lin Y, Yan J, et al. Affinity-coupled CCL22 promotes pos-
itive selection in germinal centres. Nature. 2021;592(7852):133-
137. https://doi.org/10.1038/s41586-021-03239-2

36. Siebenlist U, Brown K, Claudio E. Control of lymphocyte
development by nuclear factor-kappaB. Nat Rev Immunol.
2005;5(6):435-445. https://doi.org/10.1038/nri1629

37. Ward-Kavanagh LK, Lin WW, Sedy JR, Ware CF. The
TNF receptor superfamily in co-stimulating and co-
inhibitory responses. Immunity. 2016;44(5):1005-1019.
https://doi.org/10.1016/j.immuni.2016.04.019

38. Corcoran L, Emslie D, Kratina T, et al. Oct2 and Obf1 as facilita-
tors of B:t cell collaboration during a humoral immune response.
Front Immunol. 2014;5:108. https://doi.org/10.3389/fimmu.2014.
00108

39. Harjunpaa H, Llort Asens M, Guenther C, Fagerholm SC.
Cell adhesion molecules and their roles and regulation in
the immune and tumour microenvironment. Front Immunol.
2019;10:1078. https://doi.org/10.3389/fimmu.2019.01078

40. Ryan EJ, Marshall AJ, Magaletti D, et al. Dendritic cell-
associated lectin-1: a novel dendritic cell-associated, C-type
lectin-like molecule enhances T cell secretion of IL-4. J
Immunol. 2002;169(10):5638-5648. https://doi.org/10.4049/
jimmunol.169.10.5638

41. Kiefer K, Oropallo MA, Cancro MP, Marshak-Rothstein A. Role
of type I interferons in the activation of autoreactive B cells.
Immunol Cell Biol. 2012;90(5):498-504. https://doi.org/10.1038/
icb.2012.10

42. Cyster JG, Allen CDC. B cell responses: cell interaction dynam-
ics and decisions. Cell. 2019;177(3):524-540. https://doi.org/10.
1016/j.cell.2019.03.016

43. Hipp N, Symington H, Pastoret C, et al. IL-2 imprints human
naive B cell fate towards plasma cell through ERK/ELK1-
mediated BACH2 repression. Nat Commun. 2017;8(1):1443.
https://doi.org/10.1038/s41467-017-01475-7

44. Tsubata T. Inhibitory B cell co-receptors and autoimmune
diseases. Immunol Med. 2019;42(3):108-116. https://doi.org/10.
1080/25785826.2019.1660038

45. Kaileh M, Sen R. NF-kappaB function in B lymphocytes.
Immunol Rev. 2012;246(1):254-271. https://doi.org/10.1111/j.1600-
065X.2012.01106.x

46. GuY, Liu Y, Fu L, et al. Tumour-educated B cells selectively pro-
mote breast cancer lymph node metastasis by HSPA4-targeting
IgG.NatMed. 2019;25(2):312-322. https://doi.org/10.1038/s41591-
018-0309-y

47. Wouters MCA, Nelson BH. Prognostic significance of tumour-
infiltrating B cells and plasma cells in human cancer. Clin
Cancer Res. 2018;24(24):6125-6135. https://doi.org/10.1158/1078-
0432.CCR-18-1481

48. Dullaers M, Li D, Xue Y, et al. A T cell-dependent mechanism
for the induction of human mucosal homing immunoglobulin
A-secreting plasmablasts. Immunity. 2009;30(1):120-129. https://
doi.org/10.1016/j.immuni.2008.11.008

49. Sullivan NL, Eickhoff CS, Zhang X, Giddings OK,
Lane TE, Hoft DF. Importance of the CCR5-CCL5
axis for mucosal Trypanosoma cruzi protection and
B cell activation. J Immunol. 2011;187(3):1358-1368.
https://doi.org/10.4049/jimmunol.1100033

50. Zarnegar B, He JQ, Oganesyan G, Hoffmann A, Baltimore D,
Cheng G. Unique CD40-mediated biological program in B cell
activation requires both type 1 and type 2 NF-kappaB activa-
tion pathways. Proc Natl Acad Sci U S A. 2004;101(21):8108-8113.
https://doi.org/10.1073/pnas.0402629101

51. Elgueta R, BensonMJ, de Vries VC,WasiukA, Guo Y, Noelle RJ.
Molecular mechanism and function of CD40/CD40L engage-
ment in the immune system. Immunol Rev. 2009;229(1):152-172.
https://doi.org/10.1111/j.1600-065X.2009.00782.x

52. Clatza A, Bonifaz LC, Vignali DA, Moreno J. CD40-induced
aggregation of MHC class II and CD80 on the cell sur-
face leads to an early enhancement in antigen presen-
tation. J Immunol. 2003;171(12):6478-6487. https://doi.org/10.
4049/jimmunol.171.12.6478

53. Lo CS, Sanii S, Kroeger DR, et al. Neoadjuvant chemother-
apy of ovarian cancer results in three patterns of tumour-
infiltrating lymphocyte response with distinct implications for
immunotherapy. Clin Cancer Res. 2017;23(4):925-934. https://
doi.org/10.1158/1078-0432.CCR-16-1433

54. Lin X, Ye L, Wang X, et al. Follicular helper T cells remodel the
immune microenvironment of pancreatic cancer via secreting
CXCL13 and IL-21. Cancers (Basel). 2021;13(15):3678. https://doi.
org/10.3390/cancers13153678

55. Montfort A, Pearce O, Maniati E, et al. A strong B-cell response
is part of the immune landscape in human high-grade serous
ovarian metastases. Clin Cancer Res. 2017;23(1):250-262. https://
doi.org/10.1158/1078-0432.CCR-16-0081

56. Lin Q, Tao P, Wang J, et al. Tumour-associated tertiary lym-
phoid structure predicts postoperative outcomes in patients
with primary gastrointestinal stromal tumours. Oncoimmunol-
ogy. 2020;9(1):1747339. https://doi.org/10.1080/2162402X.2020.
1747339

57. Meylan M, Petitprez F, Becht E, et al. Tertiary lymphoid struc-
tures generate and propagate anti-tumour antibody-producing
plasma cells in renal cell cancer. Immunity. 2022;55(3):527-541.
https://doi.org/10.1016/j.immuni.2022.02.001

58. Schmidt M, Hellwig B, Hammad S, et al. A comprehensive
analysis of human gene expression profiles identifies stromal
immunoglobulin kappa C as a compatible prognostic marker

https://doi.org/10.1038/ni.3533
https://doi.org/10.1038/s41586-019-0969-x
https://doi.org/10.1038/s41586-019-0969-x
https://doi.org/10.1016/j.smim.2020.101406
https://doi.org/10.1016/j.smim.2020.101406
https://doi.org/10.1016/j.jaut.2014.04.001
https://doi.org/10.1016/j.jaut.2014.04.001
https://doi.org/10.1084/jem.20200483
https://doi.org/10.1084/jem.20200483
https://doi.org/10.1038/s41586-021-03239-2
https://doi.org/10.1038/nri1629
https://doi.org/10.1016/j.immuni.2016.04.019
https://doi.org/10.3389/fimmu.2014.00108
https://doi.org/10.3389/fimmu.2014.00108
https://doi.org/10.3389/fimmu.2019.01078
https://doi.org/10.4049/jimmunol.169.10.5638
https://doi.org/10.4049/jimmunol.169.10.5638
https://doi.org/10.1038/icb.2012.10
https://doi.org/10.1038/icb.2012.10
https://doi.org/10.1016/j.cell.2019.03.016
https://doi.org/10.1016/j.cell.2019.03.016
https://doi.org/10.1038/s41467-017-01475-7
https://doi.org/10.1080/25785826.2019.1660038
https://doi.org/10.1080/25785826.2019.1660038
https://doi.org/10.1111/j.1600-065X.2012.01106.x
https://doi.org/10.1111/j.1600-065X.2012.01106.x
https://doi.org/10.1038/s41591-018-0309-y
https://doi.org/10.1038/s41591-018-0309-y
https://doi.org/10.1158/1078-0432.CCR-18-1481
https://doi.org/10.1158/1078-0432.CCR-18-1481
https://doi.org/10.1016/j.immuni.2008.11.008
https://doi.org/10.1016/j.immuni.2008.11.008
https://doi.org/10.4049/jimmunol.1100033
https://doi.org/10.1073/pnas.0402629101
https://doi.org/10.1111/j.1600-065X.2009.00782.x
https://doi.org/10.4049/jimmunol.171.12.6478
https://doi.org/10.4049/jimmunol.171.12.6478
https://doi.org/10.1158/1078-0432.CCR-16-1433
https://doi.org/10.1158/1078-0432.CCR-16-1433
https://doi.org/10.3390/cancers13153678
https://doi.org/10.3390/cancers13153678
https://doi.org/10.1158/1078-0432.CCR-16-0081
https://doi.org/10.1158/1078-0432.CCR-16-0081
https://doi.org/10.1080/2162402X.2020.1747339
https://doi.org/10.1080/2162402X.2020.1747339
https://doi.org/10.1016/j.immuni.2022.02.001


NAKAMURA et al. 23 of 23

in human solid tumours. Clin Cancer Res. 2012;18(9):2695-2703.
https://doi.org/10.1158/1078-0432.CCR-11-2210

59. Bolotin DA, Poslavsky S, Davydov AN, et al. Antigen receptor
repertoire profiling from RNA-seq data. Nature Biotechnology.
2017;35(10):908-911. https://doi.org/10.1038/nbt.3979

60. Wei Y, Huang CX, Xiao X, et al. B cell heterogeneity, plasticity,
and functional diversity in cancer microenvironments. Onco-
gene. 2021;40(29):4737-4745. https://doi.org/10.1038/s41388-021-
01918-y

61. Shao Y, Geng Y, Gu W, et al. Assessment of lymph node ratio
to replace the pN categories system of classification of the
TNM system in oesophageal squamous cell carcinoma. J Thorac
Oncol. 2016;11(10):1774-1784. https://doi.org/10.1016/j.jtho.2016.
06.019

62. Cho Y, Miyamoto M, Kato K, et al. CD4+ and CD8+ T cells
cooperate to improve prognosis of patients with oesophageal
squamous cell carcinoma. Cancer Res. 2003;63(7):1555-
1559.

63. SudoN, IchikawaH,Muneoka Y, et al. Clinical utility of ypTNM
stage grouping in the 8th edition of the American Joint Commit-
tee on Cancer TNM Staging System for Oesophageal Squamous
Cell Carcinoma. Ann Surg Oncol. 2021;28(2):650-660. https://
doi.org/10.1245/s10434-020-09181-3

64. Yakirevich E, Lu S, Allen D, et al. Prognostic significance of
IgG4+ plasma cell infiltrates following neoadjuvant chemora-
diation therapy for oesophageal adenocarcinoma. Hum Pathol.
2017;66:126-135. https://doi.org/10.1016/j.humpath.2017.06.009

SUPPORT ING INFORMATION
Additional supporting information can be found online
in the Supporting Information section at the end of this
article.

How to cite this article: Nakamura S, Ohuchida
K, Ohtsubo Y, et al. Single-cell transcriptome
analysis reveals functional changes in
tumour-infiltrating B lymphocytes after
chemotherapy in oesophageal squamous cell
carcinoma. Clin Transl Med. 2023;13:e1181.
https://doi.org/10.1002/ctm2.1181

https://doi.org/10.1158/1078-0432.CCR-11-2210
https://doi.org/10.1038/nbt.3979
https://doi.org/10.1038/s41388-021-01918-y
https://doi.org/10.1038/s41388-021-01918-y
https://doi.org/10.1016/j.jtho.2016.06.019
https://doi.org/10.1016/j.jtho.2016.06.019
https://doi.org/10.1245/s10434-020-09181-3
https://doi.org/10.1245/s10434-020-09181-3
https://doi.org/10.1016/j.humpath.2017.06.009
https://doi.org/10.1002/ctm2.1181

	Single-cell transcriptome analysis reveals functional changes in tumour-infiltrating B lymphocytes after chemotherapy in oesophageal squamous cell carcinoma
	Abstract
	1 | INTRODUCTION
	2 | METHODS
	2.1 | Patient specimens
	2.2 | Sample preparation and sequencing
	2.3 | Data processing with scRNA-seq
	2.4 | Data visualisation
	2.5 | Co-detection by indexing multiple tissue staining
	2.6 | Differentially expressed genes and gene ontology analyses
	2.7 | Functional enrichment analysis
	2.8 | Analysis of functional gene sets
	2.9 | Survival analysis and correlation analysis
	2.10 | Patient cohort
	2.11 | Immunohistochemistry
	2.12 | Evaluation of immunohistochemistry staining
	2.13 | Statistics analysis

	3 | RESULTS
	3.1 | A single-cell transcriptome landscape of ESCC
	3.2 | Classification of TIL-B subtypes in ESCC
	3.3 | Functional characterisation of TIL-B subtypes
	3.4 | Differences in proportions and functions of TIL-Bs by the tissue source type
	3.5 | Changes in the proportion and functions of NBCs during NACT
	3.6 | Changes in the proportion and functions of ASCs during NACT
	3.7 | A single-cell landscape of LNs
	3.8 | Profile of B cell subtypes in LNs, and characteristics and variations
	3.9 | The relationship between ASCs in the TIME and prognosis in ESCC cases

	4 | DISCUSSION
	5 | CONCLUSIONS
	ACKNOWLEDGEMENTS
	CONFLICT OF INTEREST
	DATA AVAILABILITY STATEMENT

	ORCID
	REFERENCES
	SUPPORTING INFORMATION


