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[ Abstract] Autoimmune pancreatitis (AIP) is a unique subtype of chronic pancreatitis, which shares many clinical
presentations with pancreatic ductal adenocarcinoma (PDA). The misdiagnosis of AIP often leads to unnecessary
pancreatic resection. '*F-FDG positron emission tomography/ computed tomography (PET/CT) could provide
comprehensive information on the morphology, density, and functional metabolism of the pancreas at the same time. It
has been proved to be a promising modality for noninvasive differentiation between AIP and PDA. However, there is a
lack of clinical analysis of PET/CT image texture features. Difficulty still remains in differentiating AIP and PDA based on
commonly used diagnostic methods. Therefore, this paper studied the differentiation of AIP and PDA based on multi-
modality texture features. We utilized multiple feature extraction algorithms to extract the texture features from CT and
PET images at first. Then, the Fisher criterion and sequence forward floating selection algorithm (SFFS) combined with
support vector machine (SVM) was employed to select the optimal multi-modality feature subset. Finally, the SVM
classifier was used to differentiate AIP from PDA. The results prove that texture analysis of lesions helps to achieve

accurate differentiation of AIP and PDA.
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H B e fE iR 22 (autoimmune pancreatitis,
AIP) @ PR R h i — R AL, B 5 A S
o JZEHILHIAH G, 288 [ FE I 2 TR o HAUR w3
Jik i 545 B9 (pancreatic ductal adenocarcinoma,
PDA) & R B v e i WL —FlIE =X, R 2 o
FARIGIT, BB, AIP FiEKEHR 5 PDA
FETERC R AR, (15 AIP B H FHiRi2 N
PDA 452 AN LB R R TIER AR . B NS
R, TEWZ W PDA R, A 5% ~ 21% fix
ZAHUETE AIPE, R, SEL AIP 5 PDA i
S B LR

AIP (2 WibR il AR R 2R A L I 2
K 21 ER A | ARSNGB 32 BIE AR
Y75 0 O A -0 I A AR 6T ATP (4 S
RS A I, A B 2 R A SR AN
=, F R R AR IR RIS W b R4 T OCHE Y
YER . o fferRids, s | THE L2 B4
(computed tomography, CT) Al 4R 15 (mag-
netic resonance imaging, MRI) , ‘& {13 )z W f A 21
LREI2AE B, 24 ATP FE R R P ey k4
KN “BAEAE” B, AT ) A7 B 2 4 HaR
20 PDA. 'SF-%( i & % 4 6 (18 F-fluorode-
oxglucose, "F-FDG) IEHL T & 51 B2 B A5/X Zit
HALAE)Z R AL (positron emission tomography/
computed tomography, PET/CT) £ UJRE A% A5
WAR Tk, T LhRl AR A | % K i
R ZEEE R, SRR S B 1A A 5 T4
A AT AR H, X ATP 1 PDA AY% B EH
KB SR, HETIG R L8 0 e s Prigde, W
FRUEREHUE (standardized uptake value, SUV) Joik
PR kR AR AR AT B, T AR B SO
S, 2 ATP B BRI R B Ry YL E-FDG 4%
B PR, 2585 RBORZE, FAX—1F 0L, 4
SCREREATZIESE-FDG PET/CT FMZ (1B
SEPNFRFFEDY, R AU B2 Wik R 528 ATP
55 PDA %5012 W7

#UE HAT, AU B2 W R TELE ) AIP 5
PDA 75 T H B (B 0] i A AR T o 7 A JE e
WM, Gazit SFUMIEFHE5R CT EEXT BAR
T N FL IR I AR B A T VAL, A
T HEMLARAM (random forest, RF) Fl1 Adaboost B>
OrIERHY , FERE TR N B EE X PDA 508 1R
Ji 5% 21H1 ATP 5508 M JBE AR 2% (3R AT 25 501 i F 52

http://www.biomedeng.cn

Journal of Biomedical Engineering, Oct. 2019, Vol. 36, No.5

H, BIFSEN B SR 81 16 08 6 5 o 4 B g
TESEAT I, a3 HEm &AL (support vector
machine, SVM) M 74325, FIRDFSE AT IR
— RS AR R, skZ XD REACHE B
S HAME R IR . % T'°F-FDG PET/CT f£
S50 ATP 55 PDA MM, A SO T XSRS
BHTFE AIP 5 PDA HYSESHISHT, S T — 2T
ZRLCFFAER SVM 4RI

S TR B S R RO B R B e ), AR
RNGETH | U RN 22 70 B3 K BE 5 TR SR
PRBUA LR CT A1 PET EUR N Y SCHARAE . 4
Fisher i X RAAEEAT BUR L S5, R 589025 IR AR
(] F) AR S, A SCR P 81 AT 1) 3 20 2 4% 53 1
(sequence forward floating selection algorithm,
SFFS) PR AL ZHARAE T4 . e, ARSCRH
SVM 4322552 AIP 5 PDA 451

1 A&

ASCE S T IHRARAE PET/CT A% iy AR
B R R A R T =X, XPURAE B A PET/CT 4
HATHAL IR, AR5 SR H] 2 AR B2 RO 2 o Sl B2 B
CT il PET EMGIE4HRIX (region of interest, ROT)
WSO AE o R BEAIRRRAE 4 B, AT R A
Fisher fENHEATHRIE FU0H 58, SIF% Fisher HbiZiL F
0 MFRHIE, Z )5, IATEBEA/IMEAR F HARER
B SVM 7K aRE N R Ao 2588, IS E4s 6 2
SFFS [N, HJ% SFFS-SVM HHF s #5:,  SVM
SRSEF A A T HERN 2R, &
J&, SVM 43R 3 TIX 2RI FAESC L AIP 5
PDA B4 5], ST Z2M8EHER AIP 5 PDA %
B BRI UNT s .
1.1 EiEHE

XFT CT #548, AR BEARHZL CT HI R, 43
H-10, 100]HU N YN 25 ARG SR RS 47575 XF
T PET ¥, A SCHe R I =R N Ad i k15 5
CT FME AR (425 8] 43 B4 (0.98 mmx0.98 mm) ,
RO, SRR W FCHES A K PET R BCER] S
HXTRE ) CT B4 b, S S B L B (A 48 2 1 IR
E ) SUV ER #E47 5 Se R+ 5 . Ao,
FATUABE AR kA ROT, BOdE i 4b 2 A2 4n 1
FIis o
1.2 SHELIRSEIREN

AN TR 28 1 P15 R JHG AR D AN (] T 2 A
[R5 B . X T CT BMR, HOK B 22 5 RE6E 1 WK
Kb A ZURLRE FE L RO AN T 1) 4% s X PET I
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18, HB BEAH AT LA S e k20 R A 0, T2
[i) %% 5 2 S ) AT DA Sz i kb S R A AR AR Ak . AC
SCH S TR AR B R AR TS R B Y 4
AMNZWIHRIE . CT K14 ROI NAYF-44 CT {E Al K
CT A (CTmean+ CTmax) LA PET Elf& ROI P 11T
¥ SUV {H AR K SUV B (SUVimean SUVinax) » 2Rf5
ASCHE CT 1 PET RGN A IR B (B e 45 381) 0 ~ 255
KT BOE B PR HG, Ao, FRATR ST
IR AR 0 R 22 43 B T IR R AR B 2 A A
G0 Kt PN Y SCRRAFAE

X TR BE LA JE BF (gray level co-occurrence
matrix, GLCM) , FEEEHE R, A LIEANFE T
SUILRRE T EE T #EAT TR BEHURAR, ¥ CT M
PET MG EAAS] 16 N IKEEGL . ZSLlHl, X F KB

(e ]

A=W AT
0

(e ]
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l
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B1 BUETLERREE
Fig.1 Flowchart of the data preprocessing method
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2457481 (gray level difference statistics, GLDS) | JK
BEWF B A P (gray level run length matrix,
GLRLM) . Jai &8 K HE 22 73 4% (neighborhood gray
tone difference matrix, NGTDM ) A1 K & X 38 )1 4H
[% (gray level zone size matrix, GLSZM) ['7), Z& 30
CT Fl PET MR 46 & 32 DK EH LIS AT A KRS
THRRAE 2

AR Gabor U8 #8 USIHEA T URRAE 1) 42
B, Gabor UV #2208 UEE A48 A7 1] e e 7= A= 1)
— AP PR P A, TE S S I A B B oy B
Ry A, FATRALL 5 AR (KA 28 6) .
4 A~ J7 1) (0°, 45°, 90°, 135°) Y Gabor PRECA R
PRSI /N1 7 4 ke 2 B ROT A8 AN [) A 38 R
FRI7 1 RRIEAR S o

2O RS B IR AR UL SRS e
AN, ] IR R R AR AN URR, BT
1 BSOS TR, AR 3R A G B 25 [R5 )
TG S, A, %83 ROL AL FR R,
FRATE R A = W g U & I R ORI 3 AN
SPERE ROL EME, SRJE TR Bt B 7 BRIk 31 2
MESTETE, JFUL 4 FBR XK EH Ny 256 )2
Gy BT BT RORFE, a0 RORFEIE I 2 1> 22
g3 HOTEDE B 128 48/ 22 3 B 5K B 157 R R AT
(=8

ARSI YN CT FI PET UG LT 418 4
FHIE, FAIE A R 1.
1.3 FFEEESEE

[ IRREAE P G R B BB A K R R A A
TETUAR, I TG & “HEERAME” | FRALE I HE
JE, T B IUA S YRR PR T R B R AN R S A
TUARRHE o Fisher #E AT SFRSIM IR J2& 8 UL A

x1 SESHESEFITR

Tab.1 Multi-modality feature component statistics

RIS FRIEAT
LWL CTpean~ CTomaxs SUV peans SUV
— B G RHIE BT REBEITEN A NGEHRIE: 725 ., WURHE | IR

Z SR

JET GLCM Y 20 ML FIARSC . X HUBE . AIOCHE, 2255 RELE . . S99 SR, MM, AT 22,

NG, S5 J7 260, 20572 22N, 220000 R (R RIIEE 1 (5 R 2, JRERPTR L | BRI 15
JET GLRLM B9 13 DMERETHRHIE: SR A T IR A T KEAL I, SRS S IR a1, T
IRPBEWFRE T~ | R BEWERE N - | AP R AIK BE A 7 | A A e IR BE I 7 WP AR BE I 7 L It R v MR BEE X

T RIET 2% MR BT 22

SLT GLSZM 19 13 NMRHIE : /BN, RIS 7 KBS 294 | BRI S | KIS 7 L (RO EE X
BRPRT IR DR T /N DA IR E R /N DX S IR PR R XA AR JEE PR R Xl IR JEE PR

BTG RE JET GLDS 1) 4 MR : S 0P LLRE | AR T T R 49 5
BT NGTDM #Y 5 MRFAE: HUBEEE 0 LLEE UL AR | SR
T2 KRS 2

WU STRFE Gabor JEH A 5 M REE 4 AT7 1] T4 UG BE I

EPERIREH FEHE 128 N EHERIRIE B EIRHE
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FRRRIEBEBEVL, AU B TR E 428 /N ALY THET,
J& 5 B AR ST AT 3 S 4% B R REAE W RRAE 15
(P HE, 767028y AR By HEaf R — B s o
R, 7 SCHe R Fisher v N GEATHRRAE TG 8, 5
¥ e ) P BE W 22 PR AIE , SRS >R ] SFFS B33kt i
A ZBRIE T2

Fisher 7 0] iy 32 22 AR YR 25/ | 28 [B]
B R BYRRIESE SR RE T % o AR SCR A RRAE 1Y)
Fisher HLAE Rt ], ¥ Fisher 1N 5 5221
SFFS B 7L AH 4 A X Wi ¥E (1) Fisher ML T M4%
PR, BZRA 418 ANFRIEH i HY Fisher K
T 0.01 1 293 MRFAE, M T44 J5 42 SFES FRIF BE
BRI

A, FRATRAE/IMEA - BA e R
SVM 4325 28%F AIP Fl PDA #E1745], SVM 432K
A AR YR AR AR fe VB HEI , DA d5e KA 2 2 (m] By
T R o ST DR B R A 2SR iz fkRe 1, B
B b P A LV L R BRI R SR AR /)N o5 B )
J iR SVM 7 2R S HIRE 1, A SCHEAE SVM 43
Hefs FRFRIAE N SFES B LA TEO v, H
SFFS-SVM FHIEZEFEIR I, S SVM Zr e anii iy
FITH A BIVERE AR IE 45, 1B B RRAE A4
Rt RN 2 k.

R IE AR R R, ST R BB RE
fEF4E, BATLE SVM 202588 1 iFAT 10 K 10 732
NEHE, LUEAT FLAE A EAE iz F e HE 4
FIPEBE AP BREL. 10 YR 10 $758 SR A E At
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HIBENLYE . F1{EZAE 0% (precision) 14 [\
(recall) FIE ALY, BXF B RZEE RN, HA
KO AT DS e ATP A5 i PO A 17 O, 17T A [l
Do DU FEAS HR T PD A # LE B T 1) 175 O
F1 (B ORGAA % A 138/ 5 Al WA= (1) ~
(3):

2 x precision X recall

F1 1
precision + recall )
Hrp:

L TP @)

recision = ———

P TP + FP

TP

= —— 3
T TP RN G)

Horp, TP ELFAMERI%L, 7248 PDA Uik
PDA IJM4; FN: fxBAPEGIEL, J295 PDA iR
i AIP N4k FP: RBHPEBIEL, JE4E AIP #H 5
4 PDA W8 TN: EFIVEGIEL, 248 AIP #%iR
Bk ATP (A%

3 A AR IR RS SERG I 4 AT R
o EVERESRAT ST, (5 IR R . BT, RAITE
SFFS-SVM HFAE e AR R B A fe L 2 B RFAIE
B FAE SVM S 5IBRL, SEBE ATP 5 PDA (%
Ao A SR OB ME (sensitivity) | R 7 M
(specificity) . BFIPEFMI{A (negative predictive
value, NPV) FlFHPE I AE (positive predictive
value, PPV) X8I ) PEREHEAT 4B, HoE L35
=k (4) ~ (7) PR

TR . D SRR RN S 10 41, 7B o TP
o 41 # 60 ROT BEAFE Rtk , J11 T 11 % Sensitivity = Tp N @
SVM 72 as Flax 1 e RIALE, 1158 SVM 4326 . TN
S M S L FL A, 10 KOSRRUR, HHEY 10 specificity = T Fp ®)
WELE FLAEHMEME; @ ¥AEHO EER 10 1k, wy - N ©
% 10 YeHENLEIAMEEIN F1 (AT R T 5 TN + N
WD) T35 2 — A [ B (AT B R B TP
SR T B U S A BB 434 3 0 25 PPV e @
Fz 2 SFES-SVMHHEEFRE XL T
Tab.2 Steps of SFFS-SVM feature selection algorithm
A% Bk
Step 1 AT Y = {0}, k=0
Step 2 ISR A R EN], AR N, FEAREPE AR TP F— NMAE xf, SIAGSIE x5 PP BRE T IR B i
fix'= argmaxJ(Yy +x), Y=Y +x5k=k+1
x¢ Y
Step 3 TEE BERE A RFIE I BRERE o, FEARBIBREFE X~ S5 PP R T IR B x = arfer?kax] (Yr —x)
Step 4 R T (V=) > J(Yy), BBAY, = Y —x5k=k+1, k= Step 3; 70, Bk% Step 2

TE: IPHBREL T W RHIETAETE SVM 2328 B HEAT 10 1R 10 P72 UBGHIETS 2/ F1 B F45910H
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2 ZERESMH

2.1 SLIOIREE

BALIMEE . Windows10 #E1E &4, MatlabR2017a;
fifi /£ 345 . Intel (R) Xeon (R) CPU E5-2960 v3 @
2.60 GHz, 64 GB NTE.
2.2 HERIE

ARG A BB ST, 28 3 T i 5 B A2 P

Do A, TERR ORI B A B AR EE Al 17T LU

FRAVE R . PET/CT Ji iR i SE 7R < il B2 B A% =
SERRAE, Hodh ATP 3 45 ) (SR8 26 191, Jaikt
PE 19 1)), PDA i35 66 Bl i A B @ 414t
SR A BRSNS R A 2 . BT PET/CT £l
KRIETF S B 1 h 5 fEE ] A A
Biograph64 PET/CT i {43 Hi k45, CT Edl A
PET 4 (15 R K/N530i 4 0.98 mm F1 4.07 mm,
JZBEN 3 mm. K2 —fF AIP B 19 R ik 5ids
ABFFE ) RO &AL 50 F & A% B 2= R ES T4
FF, 7€ 3D Slicer® k4 I H U #f A RAE PET &
B IRk, BUBE BT SUV (B K21, 45
& CT g iy fif 415 B AE CT EMR ikl
S F RS A AR
2.3 LIS
2.3.1 SFFS-SVM #¥/Eit Btk 547 4 SFFS 454
N I e i R £ B v s K s by e W N [
F BN B LR AE 7 4 S R B 1 7 Rk gt AN
], W3 B, ASCH A T LR DL 4325
#5j SFFS 25 A E B, 35 Fisher 2% H 5
(Fisher’s linear discriminant analysis, LDA) s
#% . k-1 2P (k-nearest neighbors, kNN) 73288% , 77
Z2[EH (classification and regression tree, CART)
I SVM, 5 248 2, M T SFFS Sk fEFRHIE1E
PRI R B REE, TR —4RIE T o] BE XS R AN [ B
2= 2RI, B, AR SO SRR+
£E7E 10 WK 10 3758 LG UE TP P2 AR 1 F1(ESF Y {E
(AN B3 A S TR SO 19 FL (A

XFT 4 FORRI 73 28, Mk AU RRIE S B0
F 5 B, F1EREE BE A RRAEAS E500 3G i s
KW ZADFHER A G AR T AIP 5 PDA 4%
Ao KR RRE B S 5 B, LDA | KNN F
CART JFif B LA, MR T . T
SVM 738 7B/ NFEAS b iR Se | o 44 n)
HIRE ISR, BT LAZESL F1 (AR R e85, F1 14
AN PR F ) AR R A 5 A 1 i R B R R
TESE— SR P IRAT R I, Y 3E T I RRIEANB0E

«759 ¢

2 PET/CTRIREIE o JEEHEWIIR CT BIMR; b. AR
Ir il PET K455 . JEEBKEWT A PET/CT K% d. &8 bR
PET/CT K%

Fig.2 PET/CT raw data a. abdominal cross section CT image;
b. abdominal cross section PET image; c. abdominal cross section
PET/CT image; d. whole body coronal PET/CT image

92% |
4 —A—A—A—A—A—a
90% —F v. V—v—v.
v N—v
88%

[ =
L /:/‘_4/-4\4%‘_<ﬂ

a 86% | /

= Y/

=2 L /

01234567 891011121314
FFAEANEL

3 AR EIBRHISFFSHIE
Fig.3 SFFS algorithm combined with different classifiers

it 19 NEF, SVM 2 ie A s i WA M4 . XF
4 PSR B2 AT LLE B, SVM 72541t
Pk, H P EE S T LA E] 91.26%, IR H
(i R IE T A & 8 AMRHAIE

2.3.2 $AAEFELS AT SFFS-SVM FHIF PR b ik
R 8 N ZHURAE N4 FIFR . FEEBEIRRAE
PET EZ 3T GLDS B )7 ] — [ i iy
Fisher [t Ak, TEHA P4 3R i SOBURLAE B2 X ATP
5 PDA SN EE 15w . XHZFREE— 25 K
W, 76 AIP FEARFIZFHIEERC K, KB ATP 5N
SEN DI REAC I AR ALK, SO AE . 2 SVM
SRR OETIZFFESE TS 58T, 10 ¥k 10 $r38 X
ISR F1AESFEME AT Lk F] 83.93%, =T SUVinax
i) 80.37%, FWHIZASMEXT AIP 5 PDA Ay % 5HIfE
15 TR 8 A SUV e F845, X PIASFEIEZE
Al IR, F1{E4 84.05%. R HA 6 Mo
FEIE IR R B AN HLAS S8 5RE T, B AS Bk
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ANFEAE AL A R, AT LK FL(ERTH = 91.26%,
2 B IR 9 kD 3 1) 22 B S R AIE A 4 B (o T A
T4} AIP 55 PDA #EA7 %5

Xif L 4 O [ESS I RRIE AT L2 B, PET &
SR TERY Fisher HLEE K, XKW PET P4 S ik
A9 Kk N BB AR ) A5 AL BT B T AIP 5 PDA )48
Blo AT 2SR RIS 0 RRAE 1 46 51 e
ARSI SFFS-SVM FHIFE B354 BT CT
15 v O 4 R AE AT PET RIZ v 42 BRI () 4 A
PEFT I, 49 B0 Fe R RHE 48 43 i AL FE 9 />l 3
AMFEAE, SVM 22K 88 16 LR RRE T4 L A dERE Xt
L ULl 5, Hod PET/CT $8 02 b SCH 1K 283
FRAE 20 A 5 PR AT 4R BE B R4S 1 8 A IR fiE
MITERE . &5 R, AHXTT CT BUSAFE, PET KR
FRAE AT LA SVM S5 A5 R0 345 B /o) 0 R S ek o
W, [RIEFERATAT LR B, B PR S R IE 4L &
FE— L PR A7 0 19 75 3] ) B 1t 22 AR AIE 4 1T DAAE
e ISR A R S N A SRR A B R IR T
2.3.3 BAVMEAE ST

(1) A7) AL M R vt L

AT, FRATEA SCHIEE Y SVM. 26 il A 55
Al e i B 2 R A B A 55 2 e 2 RE A
Adaboost BRI HEFTPEREXT EL . N T ORIEXT FE 2
SEE, ARSCIRIFELL 10 K 10 $738 LRIEAS 2] AY F1
BRI EAE AR HE bR, XF Fisher I G 2E 1)
I{E . RF HA ) %0 S Adaboost H Y21 Rk itk
ARSI . Bek, XFF RF, HI0HER Fisher [
M 0.13, WAYEGE N 60 15 XFTF Adaboost, HXf
i) Fisher BI{E A 0.11, 3EACUECH 40 UK,

R T AR RIS AR T L, FRATTEA T
Z I H TAERFE M ZE (receiver operating cha-
racteristic curve, ROC) 7#7. X FEAA, AL
K bootstrap [ BIRAE ) J5 % B AR AE 5 000
W, HHABAITE R UCRE N 132109 ROC 4k Mol
28 T i X (area under curve, AUC) . A 3CX} 5000
UCRAEAR I ROC RT3, AN RL 73
ROC &6 s . A SCREAS AR 34 ROC
Mk ny AUC H#EA 75, ARG 3] SVM S5 F A
) AUC{E "} 0.921 8, =T RF 1 0.834 7 Fll Adaboost
14 0.854 8, #E—2LH, ASCIHET AR 5000 ¥R
RFEAFRIA AUCE, SRS ¢ o o X455 8 (1)
RS T 0T S5 R, 75 95% MEFIET,
SVM K HIF AN T Adaboost # RF I Z R H 4
P23 X (P<0.001, P<0.001), Adaboost 5 RF f{JiR
PERE 22 S AT G FE L (P<0.001) .
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05 |
04 | 3

03 |

Fisher It

02 | CT

0.1 |

0 50 100 150 200 250 300
FEIE

4 BHESH KIS EIR Fisher HENILE 1Y 293 ANMFAE;
Wi SRR SFFS-SVM FHESE R L 1Y 8 NMRFIE, A AR A
RN CT BURMEET GLCM R BB E | 3T NGTDM
BYSCETR B | BL T GLSZM /N KR K 2 R F . 24> HE e i
JE BT EIRYEE 26 FIEE 46 MHEAE, LLJ PET EUEAT SUV oy
T GLDS BT 1) — [ B 0 22 20 W K B 1 LAY 56 90
ANFEAE, AHRZ (Y Fisher HAKI N : 0.049 0, 0.058 7, 0.045 9,
0.0122, 0.018 1, 0.406 8, 0.577 7, 0.0459

Fig.4 Feature analysis gray points represents the 293 features
selected by the Fisher criterion; blue points represents the 8
features selected by the SFFS-SVM algorithm, from left to right:
GLCM-based cluster shade, NGTDM-based strength, GLSZM-
based small zone low gray level emphasis, and multi-resolution
gray histogram’s 26th and 46th feature for CT image; SUV ..,
GLDS based angular second-order moment and multi-resolution
gray histogram’s 90th feature for PET image; the corresponding
Fisher ratios are 0.049 0, 0.058 7, 0.045 9, 0.012 2, 0.018 1, 0.406
8,0.577 7, 0.045 9, respectively

100% r [Jer UZJpET YPET/CT
90% | 7

80% |

70% |

60% |

50% |

40%

U Rtk

5 AEESFHEREREXTLE
Fig.5 Performance comparison of different modalities’
features

(2) FERIPERE TS

H G R 3T PET/CT % AIP 5 PDA #k4T
WRNIBFFR KL FET SUV (. Ozaki Z£RUNT 15 4
AIP F1 26 4l PDA [ RAR SUV HBEAT T & 50 4T,
gL R BRI SUV max Jol & 2 5. Zhang
28N 26 1] AIP H35 1 40 9] PDA B AT 19—
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