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Editorial Note: This manuscript has been previously reviewed at another journal that is not operating a 

transparent peer review scheme. This document only contains reviewer comments and rebuttal letters 

for versions considered at Nature Communications. 

 

REVIEWER COMMENTS 

 

Reviewer #5 (Remarks to the Author): 

 

1. The paper reports an active machine learning (AML) approach to understand the mechanism of the 

arrangement and enables the fast design to meet the specific performance requirements, which is kind 

similar to the paper by Li et al. (https://arxiv.org/abs/2302.01078). It means the framework is not 

completely new to the reviewer. Multiobjective Bayesian optimization (one kind of active learning 

approach) has been widely used, for example, in mechanical property optimization through 

formulation (Erps, et al 2021). The reviewer believes the above arxiv paper is closely relevant and 

should be cited. 

2. The reviewer is not sure how are the 95 initial data points selected. Why 95? 

3. The authors mentioned that the gyroid structures are generated in Matlab, and converted in to stl 

format, and then drew the mesh through Hypermesh, and input it to Abaqus in inp format. This 

process sounds not very automated. Can you integrate these separate modules to make the pipeline 

automated? 

4. As the reviewer understands the paper wants to claim multi-objective design and optimization, 

however, Fig. 2C is more like a single-objective optimization. It might be better to show how multi-

objective performance evolves with different iterations. 

5. The insets in Fig. 3B are not very clear, especially the curve. 

6. One question raised by reviewer #4 regarding ground truth is not completely addressed. As the 

FEM simulation couldn’t guarantee the experimental measurement, it would be necessary to validate 

the so-called ground truth (FEM simulation). If the simulation and experimental measurement do not 

match with each other, then, the authors might have a risk of missing excellent candidates. In 

reviewer’s opinion, using simulation as the ground truth should be very careful, especially when deal 

with 3D printing samples. 
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REVIEWERS' COMMENTS 

 

Reviewer #5 (Remarks to the Author): 

 

The authors have carefully replied and addressed all the reviewers' concerns. It is believed that this 

manuscript can be considered for acceptance. 



Response to the Reviewers' Report 

Reviewer #5 (Remarks to the Author): 

The authors have carefully replied and addressed all the reviewers' concerns. It is 
believed that this manuscript can be considered for acceptance. 

Response: 

We would like to cordially thank the reviewer for the valuable suggestions and 
comments on our paper. 
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