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1 Materials and Methods

1.1 Ethics approval

The Swedish ethical review authority (Etikprovningsmyndigheten) approved the protocols of our
randomized controlled trial (reference number 2021-01658). Informed consent was obtained from
all study participants as part of the enrollment process. People for whom the Public Health Agency
of Sweden (Folkhédlsomyndigheten) recommended against vaccinating at the time of the trial (be-
cause of potentially heightened health risks) were prevented from participating in our study (see

below for details).

1.2 Details on the RCT

1.2.1 Overview

We conducted a pre-registered RCT with a general population sample of Swedish residents, see
Figure S1 for the trial structure. In an online survey conducted in collaboration with the survey
companies Enkitfabriken and Norstat, we measured participants’ sociodemographics, economic
preferences, personality traits, and knowledge and worries related to COVID-19 vaccines. We then
randomly allocated them to interventions designed with the goal to increase vaccination uptake.
Finally, we measured participants’ intentions to get vaccinated against COVID-19. We match the
data from the online survey with population-wide Swedish administrative records for vaccinations,

which allow us to examine whether the participants got vaccinated.



Figure S1: Timeline, exclusion criteria and randomization of RCT.

9,560 individuals who were recommended to take a COVID-19 vaccine by the Swedish Public
Health Agency enrolled in the RCT (started 2021-05-28)

8,286 individuals included in the analysis

Control Incentives Social impact Information Arguments No reminders

N=2,778 N=1,131 N=1,114 N=1,078 N=1,076 N=1,109

1

2 weeks after participation: Treatment-specific reminder

4 weeks after participation: Treatment-specific reminder

Data from RCT was linked to administrative data from the Swedish vaccination registry
covering the whole Swedish population (2021-08-13)

Note: This figure shows the timeline, eligibility criteria for participation, the number of participants excluded
from the analysis, and the number of participants in each experimental condition. The respondents for the
trial were recruited from a general population sample of Swedish residents aged 18 to 49. The trial started on
May 28 and concluded on July 13, 2021. Individual linkage with population-wide administrative records on
vaccinations was done by the Swedish Public Health Agency on August 13. Participants were excluded from
the analysis due to i) not completing the online survey (N=502), ii) the reported social security number could
not be matched with the vaccination registry (N=229), ii) already receiving a first dose before completing
the survey (N=224), and iv) participated multiple times in the RCT and got assigned to different behavioral
interventions (N=319). In SM Section 2.4.4, we show that including excluded participants does not affect
our results. We oversampled the control condition to increase power, see the discussion in Section 1.2.4. Par-
ticipants in the incentives condition received a guaranteed monetary payment of SEK 200 ($24) for getting
vaccinated within 30 days. The social impact condition highlighted the positive social impact of the vaccine
by making participants write a list of 4 people who could benefit from the participant getting vaccinated.
The information condition consisted of a quiz, providing information about COVID-19 vaccine safety and
effectiveness. In the arguments condition, participants had to write down arguments that could best convince
another person to get the COVID-19 vaccine as soon as possible. The no-reminders condition did not encour-
age participants to vaccinate, did not include a link with information on where to vaccinate, and did not use
two reminders which were used in all other conditions.



1.2.2 Data analysis and pre-registration

We pre-registered the data collection and analysis at the AEA RCT Registry
(https://doi.org/10.1257/rct.7652-2.0). We provide a detailed discussion of the
pre-analysis plan and the data analysis in SM Section 2.1. The purpose of our RCT was to study
the impact of monetary incentives and different behavioral nudges to increase COVID-19 vacci-
nation uptake. All code and data for reproducing tables and figures in the manuscript and the
supplementary materials can be accessed through the following link: https://doi.org/10.
5281/zenodo.5529625 (35).

To estimate treatment effects, we pre-registered using ordinary least squares (OLS) regressions
with heteroscedasticity-robust standard errors, controlling for gender, age, region, interactions be-
tween age and region, being in an at-risk group for COVID-19, civil status, having children in
the household, employment status, education, parents’ place of birth, and income (see SM Section
2.1.1 for definition of all variables). We present results with the exact set of pre-registered con-
trols in the main text and in SM Section 2.3. In SM Section 2.4 we show that results are robust
to including different sets of control variables, using logit regressions, correcting for multiple hy-
pothesis testing, using different sample weights, and using different inclusion criteria. All analyses
show consistent and statistically significant impacts of the incentives condition.

As secondary analyses, we also pre-registered that we would study whether interventions dif-
ferentially impacted participants based on their economic preferences, personality traits and so-
ciodemographics, and whether such preferences, traits and sociodemographics predict vaccination
uptake. We provide these analyses in SM Sections 2.5 and 2.6. In addition, we further provide
the same analyses also for sociodemographics, COVID-19 disease history, COVID-19 risk-group
status, and vaccine attitudes.

We pre-registered self-reported vaccination intentions (Vaccination intention) and actual vacci-
nation uptake (Vaccination uptake) as the two main outcome variables.

Vaccination intention corresponds to participants’ answer in the survey question “Do you think
you will get a first shot of a COVID-19 vaccine within the first 30 days after a vaccine becomes
available to you?”, where the response was binary.

Vaccination uptake corresponds to whether participants got vaccinated within 30 days after
they filled out the survey. In the trial, we encouraged participants to get a COVID-19 vaccine as
soon as possible, ideally within the first 30 days after it became available to them. In line with

the design, we pre-registered that we would examine whether participants got vaccinated within
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30 days after the vaccine became available. However, the rollout turned out to be much more
complex than we expected (see SM Section 2.1.3)." Although we were able to recover many
of the specifics of the regional vaccination rollout through news feeds from the regional public
health authorities and local newspapers, our measure of when vaccines became available for each
participant is imperfect. Hence, before linking the trial data to the vaccination records, we decided
that we would slightly deviate from the pre-analysis plan and instead focus in the main analysis on
whether each participant got vaccinated within 30 days after survey completion, with the advantage
of having an exact and easily interpretable measure. SM Section 2.3.2 presents results for the
measure on vaccination uptake within 30 days of availability, relying on the information on the
rollout that we were able to recover (see SM Section 2.1.3). Importantly, across both ways of
specifying vaccination uptake, the results are equivalent in terms of statistical significance and

estimated impact.

1.2.3 Survey and exclusion criteria

The participants were recruited from a general population panel in Sweden by the survey company
Norstat. Norstat actively recruits people via phone calls to create a representative panel in terms of
age, region, and gender. In our case, we asked the company to recruit as many participants between
18-49 years old as possible (this request lead to a slight over-representation of female participants,
as reported in Section 2.2.3). Participants were asked to fill out an online survey, and responses
were collected between May 28, 2021 and July 13, 2021. The Swedish Public Health Authority
then linked the trial data at the individual-level to vaccination uptake as indicated by Swedish ad-
ministrative records on August 13. We excluded participants who were not recommended to take
a COVID-19 vaccine by the Public Health Agency of Sweden at the time of the trial. To do so,
we asked participants whether they were already vaccinated, were pregnant, had previously expe-
rienced an allergic reaction that required hospital care, or had ever experienced a severe allergic
reaction after they got a vaccine. Those who answered affirmatively in one of these questions were

excluded from the survey.

At the time we wrote the PAP in May 2021, the region- and age-specific vaccination strategy of Sweden was
not yet defined. Hence, we discussed in the PAP that we would need to adapt parts of the analysis to adequately
fit Sweden’s vaccination rollout. It turned out that each region used very different age-specific rollout strategies,
with some using 10-year age groups, others 5-year age groups, and others alternating and even opening vaccination
appointments moving from one specific age to the next within a matter of days. Additionally, most regions allowed
Swedish residents from other regions to vaccinate in their region, further complicating the definition of when a vaccine
is available to each participant.



Sweden’s vaccination strategy differed across regions. Regions chose similar strategies, starting
with vaccinating the elderly and then gradually lowering the age threshold (see SM Section 2.1.3
for more details). We wanted to reach participants around the time when vaccines became available
to them. We therefore fielded the survey in three age-group-specific waves in accordance with the
Swedish vaccination rollout. For each age group, we gathered data over the course of two weeks.
We collected the first wave of data from May 28 to June 11 and only invited participants between
the ages of 40 and 49. Then, we collected the second wave of data from June 17 to July 1 and only
invited participants between the ages of 30 and 39. Last, we collected the third wave of data from
July 1 to July 13 and only invited participants between the ages of 18 and 29.> We did not recruit
participants older than 50 because the rollout for ages 50 and older started before we received
ethics approval. In our analysis, we account for the age-specific vaccination strategy of Sweden
and the timing of the survey waves by controlling for age-specific effects (age fixed effects), region-
specific effects (region fixed effects), and the interaction of the two (region x age fixed effects), as
pre-registered in our pre-analysis plan. The results are robust to a variety of different specifications
including further accounting for the dynamics of the vaccination rollout, see SM Section 2.4.1.

We obtained responses from 9,560 individuals to the online survey of which we excluded 502
from the analysis that did not complete the online survey (N=502). In SM Section 2.4.4, we show
that including all participants who went through the experimental intervention but did not finish
the rest of the questionnaire does not affect our results. We also exclude 229 participants who
completed the survey but whose reported social security number did not match the vaccination reg-
istries (likely because of typos in the reported social security number). We exclude 319 participants
who answered the survey more than once, but were exposed to different treatment conditions. Last,
we exclude the 224 observations from participants who according to the administrative records had
already received a first shot before completing the survey. In SM Section 2.4.4, we show that
our results are equivalent when using different sample specifications. Our main analysis sample
includes 8,286 participants.

Descriptive statistics of the sample are presented in SM Section 2.2.1. In comparison with the
Swedish population, our sample is representative with respect to age, income and region. How-

ever, we have a slight overrepresentation of women and people with a college education, and an

2Qur data-analysis confirms that we did indeed launch the survey waves around the time when most regions opened
vaccination for the respective age groups. Using our constructed measure of when vaccination was available for each
region and age group, we find that participants answered the survey on average 1 day before the rollout started for their
age and region. We find that 90% of the sample answered the survey +/- 15 days from when the rollout started for
them.
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underrepresentation of people with immigrant background (see SM Section 2.2.3). In SM Section
2.4.3, we show that results do not change when using sampling weights to adjust for the mis-
representation. In addition, we find that participants’ sociodemographics were comparable across

experimental conditions (see SM Section 2.2.2).

1.2.4 Online survey

We first asked all participants for their social security number, which we used to match their survey
responses to their administrative records on COVID-19 vaccination. Next, participants answered
a series of survey questions on economic preferences and personality traits. We measured altru-
ism, reciprocity, trust, patience, and risk-affinity using experimentally validated measures from
the Global Preference Survey (37). We also measured a proxy for the tendency to procrastinate
(time-inconsistency) taken from the psychology literature (38). Finally, we collected self-reported
adherence to social norms using a question from the Schwartz Value Survey, which has been exten-
sively used in the World Values Surveys. We proceeded by collecting participants’ safety percep-
tion of COVID-19 vaccines, knowledge about vaccines in general and worries about side effects
of COVID-19 vaccines, fear of needles, history of COVID-19 infection, vaccine eligibility, risk
group status, and sociodemographics. We give the complete questionnaire translated to English,

including all questions and all interventions, in SM Section 2.10.

1.2.5 Experimental conditions and measurement of intentions

After the first part of the survey, we randomly assigned participants to one of six experimental con-
ditions. We allocated 1/3 of all participants to the control condition. We oversampled the control
condition as pre-registered because we were particularly interested in understanding which exper-
imental conditions would increase vaccination uptake relative to the control condition. Hence, the
main specification compares the experimental conditions to the control condition. Given our in-
terest in this comparison, power calculations indicated that oversampling of the control condition
increased power. As in all experimental conditions except the no-reminders condition, we encour-
aged participants to vaccinate within 30 days after the vaccine becomes available to them (“We
would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally within the first
30 days after the vaccine becomes available to you”), we included a link where they can book an
appointment for their vaccination, and we sent two reminders with the encouragement and the link

within the following four weeks.
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To study the impact of monetary incentives on vaccination uptake, we allocated 2/15 of partic-
ipants to the incentives condition. In the incentives condition, we offered participants SEK 200 (=
USD 24) if they got vaccinated within 30 days after they were eligible to get vaccinated or, in case
they were already eligible, 30 days after they filled out the survey. More concretely, we wrote: “We
offer you SEK 200 if you get a first shot of a COVID-19 vaccine within the first 30 days after the
vaccination becomes available to you.” We informed participants that we would check whether they
got vaccinated using administrative data. We further included a small text box in the survey where
one of the authors, Erik Wengstrom, signed that he guaranteed that the participant would receive
the payment if he/she vaccinated within the time frame. We made the payments with a voucher
called SuperPresentKort, which can be universally used in large retail stores and restaurant chains
in Sweden, essentially working like cash.

To study the impact of different behavioral nudges on vaccination uptake, we allocated 2/15 of
participants to each of the following three experimental conditions.

In the social impact condition, we asked participants to make a list of 4 people that would
benefit if the participant would get vaccinated. The purpose of this intervention was to make
participants aware of the social impact of getting vaccinated. We also provided participants with
an illustration of such a list, written by one of the authors of this study, which likely reinforced the
perceived social impact of vaccination. This intervention was motivated by prior evidence showing
that prosocial motives can play an important role for flu and polio vaccination uptake (32, 33, 39)
as well as for health behaviors in the context of the COVID-19 pandemic (34).

In the arguments condition, we asked participants to write down an argument that could con-
vince another person to get vaccinated as soon as possible. We also gave participants the oppor-
tunity to share this argument with a person who did not plan to get vaccinated, which 80% of
participants did. We then selected the arguments of ten participants and, if the participants agreed,
shared the argument with a person on Amazon Mechanial Turk. The idea behind this intervention
is that the process of coming up with an argument and sharing it might convince the participants
themselves of the importance of getting vaccinated (27).

In the information condition, we used a quiz to inform people about the safety and effectiveness
of the COVID-19 vaccines with the goal of increasing vaccination uptake by correcting misconcep-
tions. We informed participants that the provided information was confirmed as accurate by Prof.
Niklas Arnberg, a respected virologist in Sweden based at the University of Umea. First, we asked

participants how effective the COVID-19 vaccines offered in Sweden for their age group (Pfizer-
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BioNTech and Moderna) are in reducing deaths from COVID-19. We then gave them a correct
answer, based on the evidence available at the time of the trial, which was that the Pfizer-BioNTech
vaccine prevented 97% of deaths from COVID-19 (40). Second, we asked participants how many
deaths had occurred because of side effects from a Pfizer-BioNTech or Moderna COVID-19 vac-
cine. Again, we provided the correct answer based on the evidence available at the time of the trial,
which was that there were no confirmed cases of deaths due to the Pfizer-BioNTech or Moderna
COVID-19 vaccines neither in the US nor in the EU. Our data confirms that people indeed underes-
timated vaccine safety and effectiveness, over 80% chose a wrong answer in either question, hence
the condition could potentially shift peoples’ perceptions and impact vaccination uptake (see SM
Section 2.7.3). This condition is motivated by the often-discussed need of correct information to
fight misinformation (29, 41).

Finally, we allocated 2/15 of participants to the no-reminders condition. In contrast to all other
conditions, the no-reminders condition does not include an encouragement to vaccinate, does not
include a link to schedule an appointment, and does not include reminders. The comparison of this
condition with the control condition therefore allows us to assess the impact of these factors. This
experimental condition is motivated by Dai and coauthors (29), who find that reminders can boost
COVID-19 vaccination uptake.

One potential concern is that the different conditions may imply different intellectual effort
from the participants. For instance, the three nudge conditions (social impact, argument, and infor-
mation conditions) could require more effort from the participants than the incentives condition.
This could be problematic if for example participants in the nudges conditions were less likely
to finish the survey due to such effort. However, the data show that participants assigned to the
control group, any of the nudges, and the incentive conditions finished the survey at very similar
rates (96%-98%), suggesting no substantial differences in the effort needed to fill out the survey.
Moreover, including participants who did not finish the survey does not change the estimates (SM
Section 2.4.4).

After the intervention, we asked all participants about their intentions to get vaccinated. For the
main pre-registered intention measure, participants were asked whether they think that they will
get a first shot of a COVID-19 vaccine within the first month after the vaccine becomes available
to them. We also collected two secondary intention measures: we asked participants about 1) the
chance that they will get a first shot of a COVID-19 vaccine within the first month after the vaccine

becomes available to them and ii) when they think they want to get a first shot of a COVID-19

13



vaccine. In the main text we focus on the main outcome measure, but the findings are similar for
the two secondary measures (SM Section 2.3.2).

At the end of the survey, we provided participants (except those in the no-reminders condition)
with a link to a website of their regional health authorities where they could receive information
about how to sign up for a vaccination appointment. We recorded whether participants clicked on
the link, which we pre-registered as a secondary outcome variable.

We sent participants (except in the no-reminders condition) two treatment-specific reminders,
the first around two weeks and the second around four weeks after participation in the online
survey. In the control condition, the reminder encourages participants to get vaccinated as soon
as possible, ideally within 30 days. In the incentive, social impact, argument and information
condition, we added a treatment-specific sentence, reminding participants of the incentives, social
impact, vaccine safety and effectiveness, and the argument, respectively. See SM Section 2.10 for

the exact wording of all reminders.

1.3 Swedish administrative records for vaccinations and measurement of

vaccination uptake at the indidvidual level

We use administrative data from national vaccination registers comprising all residents of Sweden.
As it is not possible to opt out of or delete records in the vaccination registry, the administrative
records include the date of each vaccination of each Swedish resident. In the administrative data,
we see whether and when each participant got vaccinated. The Public Health Agency of Sweden
linked our trial data at the individual-level with the administrative data on August 13. As the trial
ended on July 13, we observe for participants whether and when they got a first COVID-19 vaccine

shot within a time window of 30 days after participation in the trial.
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2 Supplementary Text

2.1 Details on data analysis and pre-analysis plan

In the following, we discuss the details of our data analysis, the pre-analysis plan (PAP) and how we
followed it. At the time we wrote the PAP in May 2021, the region- and age-specific vaccination
strategy of the Swedish regions was not yet defined. Hence, we discussed in the PAP that we
would need to adapt parts of the analysis to adequately capture Sweden’s vaccination rollout. In
the end, the Swedish vaccination strategy was more complex than we anticipated, with each of the
21 regions following a different strategy (see discussion in SM section 2.1.3). Hence, we had to
make some adaptions to our analysis, as we discuss below. Otherwise, our analysis closely follows
the PAP.

The PAP can be found here: https://www.socialscienceregistry.org/trials/

7652

2.1.1 Further details on sample, outcomes, and control variables
Pre-registered data collection and sample size

Data collection: We aimed to collect data from about 10,000 participants. However, we pre-
registered that there is some uncertainty about the number of people that the Survey company
would be able to recruit, and that we could end up with a smaller sample size. Our instructions
to the survey company were to recruit as many participants aged 18-49 as they could. At the end
of data collection, the survey company was able to recruit 9,560 participants (see the Methods
and Material section for details). Importantly, we had no access to the data from the vaccination
registry until data collection was finished: The survey company finished data collection on July
13 and the trial data was then matched by the Public Health Agency of Sweden to population-
wide administrative records of COVID-19 vaccinations on August 13. We also pre-registered that
we would field the survey in age-group-specific waves based on the vaccination rollout across
Sweden, such that we reached people around the time vaccination appointments opened for them.
The design followed exactly the pre-registred plan (see SM Section 1).

Exclusion criteria: We pre-registered that we would exclude individuals aged <18 and >=50
and individuals for whom the Public Health Agency of Sweden recommended against getting vac-
cinated at the time of the trial because of heightened health risks. We excluded all these participants

from the trial. To exclude individuals whom the Public Health Agency of Sweden recommended
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against getting vaccinated, we asked participants on the first screen of the study whether they al-
ready received a COVID-19 vaccination, were pregnant, had previously experienced an allergic
reaction that required hospital care, or had previously experienced a severe reaction after they got
a vaccine. Participants who agreed to any of these statements were not allowed to participate in the
study. We further excluded participants who completed the survey but whose reported social secu-
rity number did not match the vaccination registries, who according to the administrative records
had already received a first shot before completing the survey, who did not finish the questionnaire,
and who completed the survey more than once and were assigned to different treatments (see SM
Section 1).

Power for comparisons of treatment conditions to the control condition: We used sim-
ulations for power calculation. Our goal was to have enough power to compare each treatment
condition to the control condition. We pre-registered that we would assign 1/3 of the participants
to the control condition and 2/15 participants to each other condition. With 10,000 observations
and under the assumption of a baseline in which 70% of the participants in the control group vacci-
nate, we estimated to have 80% power to detect effect sizes of 4 percentage points. The assumption
on vaccination rates turned out to be very accurate, with 72% of participants deciding to vaccinate

in the control group.

Definition of variables

We constructed our primary and secondary outcome variables and the control variables as follows:

Primary outcome variables:

* Vaccination Intention: Response to the question “Do you think you will get a first shot of
a COVID-19 vaccine within the first month after the vaccine becomes available to you?”

(Collected as No/Yes and coded as 0/100)

* Vaccination Uptake: Did the participant get a first shot of a COVID-19 vaccine within 30
days after he/she completed the survey? (Coded as 0/100)

Secondary outcome variables:

* Appointment Link Click: Did the participant click the link to get information on how to

make a vaccination appointment? (0/1, coded as 0/100)

* Days to vaccination: How many days did the participant take to get a first shot of a COVID-

19 vaccine? (coded as the number of days; censored for people who did not vaccinate)
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* Vaccinated in 50 days: We pre-registered that, depending on the time window we finally
observe, we might also look at whether the participant got a first shot of a COVID-19 vaccine
at all within the time window we observe (secondary outcome). Since we finished the data
collection of the trial on July 13 and linked the data to administrative records on August
13, we only observe vaccination uptake in a time window of 30 days for each participant.
Hence, this variable turned out to be similar to our main outcome measure, Vaccination
Uptake. However, for a subset of 4,181 participants, we ended up observing a time window
of 50 days. For this subset, we also provide results on vaccination uptake within 50 days.

(Coded as 0/100)

* Vaccination Intention Continuous: Response to the question “From 0% to 100%, what do
you think are the chances that you will choose to get a first shot of a COVID-19 vaccine
within the first month after the vaccine becomes available to you?” (Response scale: slider

from 0% to 100%, coded as 0 to 100)

* Vaccination Intention Time: Response to the question “When do you think you will get a
COVID-19 vaccine after the vaccine becomes available to you?” (Response scale: within 1
week, within 2 weeks, within 3 weeks, within 1 month, within 2 months, within 3 months,

within 6 months, within 12 months, after 12 months, never, coded as 1 to 10)

¢ Intention-behavior gap: Vaccination Intention - Vaccination Uptake. (Coded as Vaccine In-
tention - Vaccination Uptake for the participants who intended to vaccinate: 100 if the par-
ticipant intended to vaccinate, but did not follow-through; O if the participant intended to

vaccinate and did vaccinate; or missing if the participant did not intend to vaccinate)
Control variables:

» Age: We pre-registered that we would select age controls as best as possible to capture the
region- and age-specific vaccination strategy of Sweden and the timing of the survey waves.
We pre-registered that we would construct 5-year age groups, which is what we did in our
final analysis. For our analysis, we first construct an indicator for each age group capturing
the following ages: 18-19, 20-24, 25-29, 30-34, 35-39, 40-44, or 45-49. In all regressions
with pre-registered controls, we then control for a fixed effect for each of those age groups
and for each region. We also control for the 161 interactions of each region fixed effect with

each age-group fixed effect. This strategy captures the rollout strategy across Sweden quite
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well, since many regions opened vaccinations gradually going from one 5-year age group to
the next. However, some regions rolled out vaccinations in different steps, e.g., using age 32
as the cutoff. To address the concern that our strategy does not capture the rollout accurately,
we also use specifications where we include one age effect for each age, that is, 1 fixed effect
for age 19, age 20, age 21, age 22, etc. and then interact each age-specific fixed effect with
the fixed effect for each region. Accounting for the resulting 736 age x region fixed effects

does not affect our estimates, see SM Section 2.4.1.

Gender: dummies for the categories indicating male/female.

Region: dummies for each of the 21 counties in Sweden.

Being in a COVID-19 risk group: dummy for the category “yes.”

Civil status dummies for each status: single, sarbo, couple, married, others.

A dummy for whether children live in the participant household: dummy for number of

children in the household > 0.

Employment status dummies for each status: full-time, part-time, work, unemployed, stu-

dent, pensioner, others.

Educational attainment dummies for each group: elementary, high-school, professional train-

ing, ongoing university studies, university studies, research studies.

Parental place of birth dummies: dummies for each place of origin of the mother and the
father. (Sweden, Another European country, North America, South America, Africa, Middle-

east, Rest of Asia, Oceania)

Income dummies for each category of incomes used in the survey. (0-5000kr, 5001-10000kr,
10001-15000kr, 15001-20000kr, 20001-25000kr, 25001-30000kr, 30001-35000kr, 35001-
40000kr , 40001-45000kr, 45001-50000kr, 50000kr-55000kr, more than 55000kr, coded as

the midpoint value for the values below 55000kr and for the ones above as 60000kr)

Other variables:

* Economic preferences and personality traits: Altruism, Risk-affinity, Patience, Reciprocity,

Trust, Procrastination, and Norm-adherence. All measures were collected on a scale from
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1 to 11, with higher values indicating e.g., participants being more altruistic in the case of

altruism. As pre-registered all variables are used untransformed for data analysis.

* COVID-19 related variables: Ever tested positive for COVID-19 (yes/no, 1/0), COVID-19
vaccines are safe (scale from 1 to 5), diseases can be triggered by vaccinations (scale from 1
to 5), worries about side-effects from COVID-19 vaccination (scale from 1 to 5), worries/fear
of needles used for vaccination (scale from 1 to 5). As pre-registered all variables are used
untransformed for data analysis. For details on all of these variables, see the experimental

instructions in SM Section 2.10.

We constructed all variables exactly as pre-registered. The only deviation is the way we defined
Vaccination Uptake. We initially planned to look at whether the participants got a first shot of a
COVID-19 vaccine within 30 days after the vaccine became available to them. The rollout was
substantially more complex than we expected (see discussion in SM section 2.1.3). Although we
managed to recover much of the regional rollout policies through news feeds from the regional
public health authorities and local newspapers, our measure on when the vaccine was available for
each participant is imperfect (Vaccination Uptake Availability). Hence, before matching the data
with the vaccination registries, we decided that we would slightly deviate from the pre-analysis
plan and instead focus in the main analysis on whether each participant took the vaccine within
30 days after survey completion (Vaccination Uptake), with the advantage of having an exact and
easily interpretable measure. SM Section 2.4.4 presents results for Vaccination Uptake Availabil-
ity; all results are very similar as those provided in the main text, both in terms of effect sizes
and significance. Moreover, Vaccination Uptake and Vaccination Uptake Availability are highly

correlated (corr=0.88).

2.1.2 Summary of preregistered hypotheses and specification
Pre-registered main analysis

We pre-registered that we would compare Vaccination Intention and Vaccination Uptake in all treat-
ment conditions to the control condition. We pre-registered using ordinary least squares (OLS)
regressions with heteroscedasticity-robust standard errors, controlling for gender dummies, age
dummies, region dummies, interactions between age and region, being in an at-risk group for
COVID-19, civil status dummies, a dummy for children in the household, dummies for employ-

ment status, dummies for education, dummies for parents’ place of birth, and income, as defined
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above. We pre-registered using two-sided tests to examine whether treatment effects are statisti-
cally significantly different from zero. We report the results from this main analysis in the main
text and in SM Section 2.3.1.3

We pre-registered that, as a secondary analysis, we would also look at the impact of the exper-
imental conditions on Appointment Link Click, Intention Continuous, Intention Date, Intention-
behavior Gap, and Days to Vaccination. In the main text we focus on the main outcome measures,
but the findings are similar for the secondary outcome measures (SM Section 2.3.2).

Lastly, we pre-registered that we would explore whether some treatments are more effective
than others. We report these results in the main text.

In the main analysis, we use the following regression specifications to estimate treatment ef-

fects:

VaccinationOutcome;; = B1 X incentivesy + PBo X nudge;;+
(1)

. /
B3 x noreminders;; + Qgge X Oregion + XiY + €it

VaccinationOutcome;; = B1 X incentives; + [Ba X socialimpact ;+
B3 x argument; + B4 X information; + Bs X noreminders;+

Agge X 57‘egion + XZ’YI + €t
(2)

Where VaccinationOutcome;; is the outcome of interest for participant ¢ in treatment ¢ and
nudge;; captures whether a person is in the social impact, argument, or information condition.
The impact of each treatment relative to the control condition is captured by the corresponding 3
coefficient. a4 denotes age-group specific fixed effects, while 9,4, denotes region specific fixed

effects as pre-registered. X; is the pre-registered vector of controls.

Pre-registered secondary analysis

Heterogeneous treatment effects according to economic preferences, personality traits, be-

liefs, and knowledge: We pre-registered that we would also study whether there are hetero-

3We deviated from the pre-analysis plan in that we pre-registered that we would provide the results of the no-
reminders condition in a separate section, given that, unlike all other conditions, it did not include reminders and might
therefore have decreased vaccination uptake. However, when writing the paper we thought it would be clearer if we
show the results jointly. All results in terms of effect sizes and significance trivially hold whether we include the
no-reminders condition or not.
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geneities in treatment effects for people with different economic preferences, personality traits,
vaccine beliefs, and vaccine knowledge. We noted that we would do so by regressing Vaccination
Uptake on the experimental condition dummies and the interaction between treatment dummies
and the respective variable (OLS with heteroscedasticity-robust standard errors and the same con-
trols as for our main analysis).

We pre-registered that we were particularly interested in Altruism, Patience and Risk-affinity,
but that we also would look at Reciprocity, Trust, Present focus, Norm-adherence, Vaccination
attitudes and the rest of the variables (e.g., gender, education, parental place of birth, income,
COVID-19 history, fear of needles, etc.). We provide all these results in SM Section 2.5. We
do not find robust heterogeneities; instead, incentives increase vaccination rates similarly for all
subgroups.

We pre-registered that we also would study whether the individual characteristics that we mea-
sure can be used to improve the effectiveness of the interventions by targeting interventions to
participants. Given that this approach would rely on the existence of heterogeneous treatment
effects, which we did not find in the data, we did not follow through with this initial plan.
Correlations between vaccination uptake and preferences, personality traits, and COVID-
19/vaccination related variables: We pre-registered that we would also study how economic
preferences, personality traits, vaccine beliefs, and vaccine knowledge are related to vaccine be-
haviors and the intention-behavior gap.

We pre-registered to only focus on the data in the Control and no-reminders (Minimal) condi-
tion and regress (OLS with heteroscedasticity-robust standard errors and same controls as for our
main analysis) Vaccination Uptake and the Intention-behavior gap on different individual charac-
teristics, preferences, personality traits, vaccine beliefs, and vaccine knowledge: Altruism, Risk-
affinity, Patience, Beliefs about COVID-19 vaccine risk, Reciprocity, Trust, Procrastination, Norm
following, Vaccine knowledge, Worries about COVID-19 vaccination side effects, and Fear of nee-
dles. In addition, we pre-registered that we would explore whether there are relevant individual
differences using the rest of the variables (e.g. gender, education, parental place of birth, income,
COVID-19 history, etc.). Variables for balance checks and heterogeneity analyses where the cod-
ing was not pre-registered: College degree (yes/no, at least currently enrolled in a college), Foreign
(both parents were not born in Europe and at least one parent was born outside of Europe). We indi-
cated that we would report this analysis both for each characteristic separately and adding measures

jointly. We show all these results in SM Section 2.6.
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2.1.3 Details on the Swedish vaccination rollout and timing of the experiment

Vaccination against COVID-19 in Sweden is administered by 21 regional health authorities (hence-
forth referred to as regions), coordinated by the Public Health Agency of Sweden through recom-
mendations about priority groups and other aspects of the vaccine campaign. The vaccine was
offered to all adults living in Sweden free of charge. For the age groups that our participants be-
long to (18-49), only the Pfizer-BioNTech and Moderna vaccines were used. While the Swedish
government has not officially stated what percentage of the population it aims to vaccinate, the
authorities have repeatedly conveyed that they recommend every eligible adult to get vaccinated.
We hence believe that it is safe to assume that the Swedish authorities hope that as many people
vaccinate as possible.

Sweden rolled out the vaccine in four phases. In the first phase, starting in December 2020,
vaccinations were offered to individuals living in elderly-care homes, their close contacts, and
elderly-care healthcare personnel. In the second and third phases, initiated in March 2021, vacci-
nations were administered to individuals above 60 years, healthcare workers, and adults belonging
to risk groups. The fourth phase, which begun in May 2021, opened up vaccinations to all adults
(18+), starting with the oldest groups.

The vaccination was organized by the 21 regions. The dates when the vaccine became available
to different age groups varied across regions, and due to sudden shocks to the supply of vaccines,
the schedule was frequently revised. The date a person could book a vaccination slot differed by
up to a month, depending on the region. While many regions gradually opened for new groups
using S-year intervals or finer, other regions used larger age intervals for the rollout. Some regions
were alternating and opening vaccination appointments moving from one specific age to the next
within a matter of days. The details of the complex rollout have not been well documented. How-
ever, we were able to recover many of the specifics through news feeds from the regional public
health authorities and local newspapers, although our measure is imperfect. Table S1 displays our
approximation of the dates when the booking of the vaccines opened across the 21 regions by age
group.

Figure S2 describes the timing of the vaccine rollout in relation to the date of participation in
our experiment, based on our imperfect measure of availability in each region and age category.
While the starting dates varied across regions, the survey invitations were sent to participants across
all regions simultaneously. Therefore, for respondents in some regions, the booking system had

already been open for some time when they received their invitations, while others had to wait until
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vaccinations started in their region. The median participant filled in the survey one day before the
vaccination booking site opened for his/her region and age group. It should be noted that during
the first days after vaccination opened to a new age group, the demand for vaccines typically
exceeded supply, implying that participants likely would need wait up to two weeks before finding
an available slot. However, people could typically book an appointment within at most two weeks.
In some cases, participants could book vaccine slots in other regions, but we observe that this is
rare. Only 61 of the participants got the vaccine outside of their region of residence.

The vaccination data from the regions are sent to the Public Health Agency of Sweden and
included in the National Vaccination Register (Nationella vaccinationsregistret). The vaccination
data we use was extracted by the Public Health Agency of Sweden on August 13 and linked to our
trial data by the Public Health Agency of Sweden. Figure S3, displays the number days between
the survey and the matching with the vaccination data. The three waves of the survey are apparent
in the data and, with the exception of a 28 participants, we observe more than 30 days between

survey participation and the matching of the data for all participants.

Table S1: Table on vaccination rollout dates

Ages

Region 18-24 25-29 30-34 35-39 40-44 45-49

Stockholm 09.07.2021  29.06.2021  29.06.2021  14.06.2021  03.06.2021  21.05.2021
Uppsala 14.07.2021  25.06.2021  22.06.2021  15.06.2021  08.06.2021  04.06.2021
Soérmland 22.06.2021  18.06.2021  15.06.2021  11.06.2021  04.06.2021  27.05.2021
Ostergotland 07.07.2021  02.07.2021  29.06.2021  24.06.2021  17.06.2021  10.06.2021
Jonkopings ldn 30.06.2021  30.06.2021  15.06.2021  15.06.2021  04.06.2021  04.06.2021
Kronoberg 28.06.2021  28.06.2021  28.06.2021  28.06.2021  21.06.2021  14.06.2021
Kalmar 01.07.2021  01.07.2021  21.06.2021  21.06.2021  10.06.2021  10.06.2021
Gotland 09.07.2021  07.07.2021  28.06.2021  21.06.2021  16.06.2021  09.06.2021
Blekinge 06.07.2021  06.07.2021  16.06.2021  16.06.2021  28.05.2021  28.05.2021
Skéne 06.07.2021  30.06.2021  23.06.2021  15.06.2021  08.06.2021  04.06.2021
Halland 02.07.2021  28.06.2021  22.06.2021  15.06.2021  10.06.2021  01.06.2021
Vistra Gotaland 30.06.2021  30.06.2021  30.06.2021  30.06.2021  22.06.2021  08.06.2021
Viérmland 28.06.2021  23.06.2021  21.06.2021  21.06.2021  11.06.2021  07.06.2021
Orebro 02.07.2021  28.06.2021  24.06.2021  19.06.2021  08.06.2021  07.06.2021
Vistmanland 01.07.2021  01.07.2021  01.07.2021  22.06.2021  15.06.2021  08.06.2021
Dalarna 29.06.2021  17.06.2021  01.06.2021  01.06.2021  01.06.2021  01.06.2021
Givleborg 05.07.2021  29.06.2021  15.06.2021  15.06.2021  01.06.2021  25.05.2021
Visternorrland 28.06.2021  28.06.2021  28.06.2021  09.06.2021  09.06.2021  09.06.2021
Jamtland Hérjedalen  08.07.2021  08.07.2021  01.07.2021  01.07.2021  20.05.2021  20.05.2021
Visterbotten 09.07.2021  09.07.2021  24.06.2021  24.06.2021  18.06.2021  11.06.2021
Norrbotten 11.06.2021  11.06.2021  11.06.2021  11.06.2021  03.06.2021  03.06.2021
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Figure S2: Distribution of the days between trial participation and vaccination rollout in a
participants’ region
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Days Between Vaccination Rollout to Trial Participation

Figure S3: Distribution of observed days between trial participation and linkage with admin-
istrative records
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2.2 Summary statistics, balance, and sample

In this section, we provide an overview of the data. We first provide summary statistics of all of
our outcome and explanatory variables. Next, we study whether these variables are well-balanced
across the different treatment conditions. Finally, we use data from Statistics Sweden to study the

representativeness of our sample.

2.2.1 Summary statistics

Table S2 below provides descriptive statistics of our sample. The table first reports the summary
statistics for our outcome variables, including people’s behavior and intentions. We then report the
proportion randomly assigned to each treatment, which as planned corresponds to 2/15 of the par-
ticipants to each treatment and 5/15 to the control condition. We then report the summary statistics
for the background variables gathered in the survey, including participants’ sociodemographics,

answers to vaccine and COVID-19 specific questions, and economic preferences and personality.

Table S2: Summary Statistics

Variable Mean SD Min. Max. N

Behaviors and Intentions

Vaccinated Within 30 days 72.85 4448 0 100 8,286
Days Between Vaccination and Survey 14.69  10.96 0 74 6,582
Appointment Link Click 5.50 22.81 0 100 8,286
Intention to Vaccinate 84.87 35.84 0 100 8,286
Vaccination Int. Continuous 82.11 29.26 0 100 8,261
Vaccination Int. Timing 3.18 2.44 1 10 8,249
Intention-Behavior Gap 17.78  38.23 0 100 7,032
Treatment Assignment

Incentives Cond. 0.14 0.34 0 1 8,286
All Nudges 0.39 0.49 0 1 8,286
Social Impact Cond. 0.13 0.34 0 1 8,286
Argument Cond. 0.13 0.34 0 1 8,286
Information Cond. 0.13 0.34 0 1 8,286
No reminders Cond. 0.13 0.34 0 1 8,286
Control Cond. 0.34 0.47 0 1 8,286
Sociodemographics

Age 34.61 8.34 18 49 8,286
Female 0.58 0.49 0 1 8,286
Single 0.26 0.44 0 1 8,286
Sarbo 0.06 0.23 0 1 8,286
Couple 0.35 0.48 0 1 8,286
Married 0.31 0.46 0 1 8,286
Other Civil Status 0.02 0.15 0 1 8,286

Continued on next page
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Table S2 — Continued from previous page

Variable Mean SD Min. Max. N
Has Children 0.53 0.50 0 1 8,286
Elementary School or Lower 0.02 0.15 0 1 8,286
High-school 0.30 0.46 0 1 8,286
Professional Training 0.13 0.33 0 1 8,286
In College 0.07 0.26 0 1 8,286
College Degree 0.46 0.50 0 1 8,286
PhD 0.02 0.13 0 1 8,286
Employed 0.81 0.39 0 1 8,286
Unemployed 0.04 0.18 0 1 8,286
In College 0.11 0.31 0 1 8,286
Retired 0.01 0.08 0 1 8,286
Other Professional Situation 0.04 0.20 0 1 8,286
Mother from Sweden 0.85 0.35 0 1 8,286
Mother from Rest of Europe 0.10 0.30 0 1 8,286
Mother from North America 0.00 0.05 0 1 8,286
Mother from South America 0.01 0.09 0 1 8,286
Mother from Africa 0.00 0.06 0 1 8,286
Mother from the Middle-east 0.02 0.13 0 1 8,286
Mother from the Rest of Asia 0.01 0.12 0 1 8,286
Mother from Oceania 0.00 0.02 0 1 8,286
Father from Sweden 0.85 0.36 0 1 8,286
Father from Rest of Europe 0.10 0.30 0 1 8,286
Father from North America 0.00 0.06 0 1 8,286
Father from South America 0.01 0.09 0 1 8,286
Father from Africa 0.01 0.08 0 1 8,286
Father from the Middle-east 0.02 0.15 0 1 8,286
Father from the Rest of Asia 0.01 0.11 0 1 8,286
Father from Oceania 0.00 0.02 0 1 8,286
Income 0-5000kr 0.03 0.18 0 1 8,286
Income 5001-10000kr 0.05 0.22 0 1 8,286
Income 10001-15000kr 0.11 0.31 0 1 8,286
Income 15001-20000kr 0.11 0.31 0 1 8,286
Income 20001-25000kr 0.22 0.41 0 1 8,286
Income 25001-30000kr 0.20 0.40 0 1 8,286
Income 30001-35000kr 0.13 0.34 0 1 8,286
Income 35001-40000kr 0.07 0.26 0 1 8,286
Income 35001-40000kr 0.04 0.18 0 1 8,286
Income 45001-50000kr 0.02 0.13 0 1 8,286
Income 50000kr-55000kr 0.01 0.10 0 1 8,286
Income more than 55000kr 0.01 0.12 0 1 8,286
Economic Preferences and Personality Traits

Altruism 8.51 2.40 1 11 8,286
Risk-affinity 6.67 1.93 1 11 8,286
Patience 8.02 1.77 1 11 8,286
Reciprocity 9.88 1.39 1 11 8,286
Trust 6.96 2.24 1 11 8,286

Continued on next page
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Table S2 — Continued from previous page

Variable Mean SD Min. Max. N
Procrastination 6.57 2.67 1 11 8,286
Norm-adherence 7.57 2.21 1 11 8,286
COVID-19 Related

Ever tested positive for COVID-19 0.22 0.42 0 1 8,286
COVID-19 vaccines are safe 4.13 1.04 1 5 8,286
Diseases can be triggered by vaccinations 1.93 1.06 1 5 8,286
Worried about side-effects 2.60 1.36 1 5 8,286
Worried about needles 2.21 1.43 1 5 8,286
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2.2.2 Balance

We randomly assigned participants to the experimental conditions. Table S3 tests whether par-
ticipants’ main sociodemographic variables are balanced across treatment conditions. To do so,
we perform OLS regressions explaining each of the sociodemographic variables with each of the
treatment conditions (without any controls). We then report the coefficient, standard errors, and
significance level of each treatment condition. We do not see substantial differences across treat-
ment conditions, neither in the eight reported sociodemographics nor including any of the other
background variables. This implies that randomization was indeed successful in balancing the

different treatment conditions.

Table S3: Balance checks

Dependent Variable Age Female Single Has childr. College Income Immigr. Unemployed
1) 2 (3) “) (5) (6) (7 ®) ©) (10) a1 12) (13) (14) (15) (16)
Incentives Cond. 0.24 0.24 0.02 0.02 0.00 0.00 -0.01 -0.01 0.01 0.01 -0.01 -0.01 -0.01 -0.01 0.01 0.01
(0.29) (0.29) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.04) (0.04) (0.01) (0.01) (0.01) (0.01)
All Nudges 0.11 0.00 -0.02 -0.00 0.03* 0.04 -0.01 -0.00
(0.22) (0.01) (0.01) (0.01) (0.01) (0.03) (0.01) (0.00)
Social Impact Cond. 0.03 0.02 -0.03* 0.01 0.02 0.02 -0.01* -0.00
(0.30) (0.02) (0.02) (0.02) (0.02) (0.04) (0.01) (0.01)
Argument Cond. 0.22 -0.01 -0.01 0.00 0.03* 0.08* -0.00 -0.01
(0.30) (0.02) (0.02) (0.02) (0.02) (0.04) (0.01) (0.01)
Information Cond. 0.07 0.01 -0.01 -0.03 0.02 0.02 -0.01 0.00
(0.30) (0.02) (0.02) (0.02) (0.02) (0.04) (0.01) (0.01)
No Reminders Cond. 0.36 0.36 -0.02 -0.02 -0.02 -0.02 0.03* 0.03* 0.03* 0.03* 0.05 0.05 -0.01 -0.01 -0.01* -0.01*

029) (0290 (0.02)  (0.02)  (0.02)  (0.02)  (0.02)  (0.02)  (0.02)  (0.02)  (0.04)  (0.04) (0.01) (0.01)  (0.01)  (0.01)

Observations 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286

Note: Results from an OLS regression in which we explain each socioeconomic variable with each of the five different
conditions. Income in 10,000 SEK. Heteroscedasticity robust standard errors in parentheses. * p < 0.10, ** p < 0.05, ***
p < 0.01
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2.2.3 General population sample

Next we compare the demographic composition of our general population sample with the Swedish
population (considering the same age restriction). The survey company can only provide a sample
that is representative in terms of age, gender, and region. However, we can nevertheless also
compare other characteristics to the general population. In addition to age, gender, and region, we
also document how our sample compares to the general population in terms of average income,
education, and immigration background.

We obtained the Swedish population data from the public registry data reported by Statistics
Sweden. While the sample is similar to the general Swedish population in terms of age, region, and
income, people with a college education are slightly overrepresented in our sample, immigrants are
underrepresented in our sample, and women are slightly overrepresented. In SM Section 2.4.3 we

show that results do not change when using sampling weights to reweight our sample.

Table S4: RCT sample and the Swedish population

Variable Data from our RCT Sweden Ages 18-49
N Mean SD Mean
Age 8,286  34.61 8.34 33.71
Female 8,286 0.58 0.49 0.49
Region Stockholm 8,286 0.24 0.42 0.25
Region Ostra Mellansverige 8,286 0.17 0.37 0.17
Region Sméland med Harna 8,286  0.07 0.26 0.08
Region Sydsverige 8,280 0.14 0.35 0.15
Region Vistsverige 8,286 0.22 0.42 0.20
Region Norra Mellansverige 8,286 0.06 0.24 0.07
Region Mellersta Norrland 8,286 0.04 0.19 0.03
Region Ovre Norrland 8,286 0.05 0.23 0.05
Share university education 8,286 0.48 0.50 0.44
Average monthly income (SEK) 8,286 24,847 10,951 24.211%
Both parents born in Sweden 8,286 0.80 0.40 0.607

Note: Comparison of the trial data on age, gender, region, university education, average
income, and immigration background with public registry data from Statistics Sweden.
We constructed the variables such that they match the Statistics Sweden definition, with
two exceptions: * is based on age >19, T is based on both parents were born in Sweden
and the individual was born in Sweden (due to privacy concerns, we did not elicit
whether the individual was born in Sweden in our survey).
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2.3 Main results and robustness

In this section, we provide the key tables and figures that are not reported in the main text. When
not mentioned otherwise, all the tables correspond to the pre-registered specification described in
SM Section 2.1.2, i.e. OLS regressions with heteroscedasticity-robust standard errors. The controls
also correspond to the pre-registered controls specified in SM Section 2.1.2. The coefficient for All
Nudges corresponds to an indicator variable which captures whether a participant was part of the

social impact, the argument, or the information condition.
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2.3.1 Main outcome variables

Table SS: Treatment effects on vaccination uptake and intentions. This table provides the
effect sizes from our main specification with the pre-registered set of controls (SM Section 2.1.2).
The table shows that incentives increase both vaccination uptake (whether a participant vaccinates
within 30 days after filling out the survey) and vaccination intentions (whether a participant intends
to get the vaccine within 30 days). While some behavioral nudges seem to impact vaccination

intentions, none of them have any statistically significant effects on vaccination uptake.

Table S5: Treatment effects on vaccination uptake and intentions

Dependent Variable  Vaccination Uptake  Vaccination Intentions
ey 2 3) “
Incentives Cond. 4.18%#% 4 8¥*k 3 JkEE 3.71%%%
(1.50) (1.50) (1.20) (1.20)
All Nudges 1.17 1.77*
(1.14) (0.93)
Social Impact Cond. 1.42 2.22%
(1.55) (1.23)
Argument Cond. 1.35 2.72%*
(1.56) (1.24)
Information Cond. 0.74 0.35
(1.58) (1.30)
No reminders Cond.  -0.95 -0.95 0.21 0.21
(1.58) (1.58) (1.29) (1.29)
Age x Region FE yes yes yes yes
Controls yes yes yes yes
Observations 8,286 8,286 8,286 8,286

Note: The table shows coefficient estimates from linear regressions of
the outcome variable on each of the treatment conditions of the treat-
ment conditions. All nudges pool the social impact, argument, and
Heteroscedasticity robust standard errors are
shown in parentheses. All regressions use the pre-registered controls:
gender, age, region, interactions between age and region, being in an at-
risk group for COVID-19, civil status, having children in the household,
employment status, education, parents’ place of birth, and income. See
SM Section 2.1.1 for the pre-registered definitions of each control and

information condition.

outcome variable.

*p < 0.10, #* p < 0.05, ¥** p < 0.01
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Figure S4: Vaccination uptake by experimental condition.

This figure represents the raw vac-

cination uptake rates of each of the experimental conditions. Table S5 uses the pre-registered

analysis to test whether the observed differences between each of the treatments and the control

condition are statistically significant.

Figure S4: Vaccination uptake by experimental condition
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Figure S5: Vaccination intentions by experimental condition. This figure represents the raw

vaccination intentions rates of each of the experimental conditions. Table S5 uses the pre-registered

analysis to test whether the observed differences between each of the treatments and the control

condition are statistically significant.

Figure S5: Vaccination intentions by experimental condition
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2.3.2 Secondary outcome variables

Table S6: Treatment effects using the secondary outcome variables. This table studies the
treatment effects on the pre-registered secondary outcome variables described in SM Section 2.1.2
(except the variable “Vaccinated in 50 days” which is studied in detail in the next table, SM Sec-
tion 2.3.3). By using the pre-registered controls described in SM Section 2.1.2, we study the
regression-estimated impacts of the experimental conditions on Days to vaccinate (the number of
days that it takes for the participant to vaccinate after filling out the survey), Appointment Link
Click (whether participants click on the appointment link at the end of the survey), Intention Con-
tinuous (the probability that participants assign to getting the vaccine within 30 days), Intention
Time (within how many days participant say that they intend to get the vaccine), and the Intention-
Behavior gap (which is coded as 100 if the participant intends to vaccinate but does not follow
through, 0 if the participant intends to vaccinate and follows through, and missing if the participant
does not intend to vaccinate). Column (1) performs a Tobit regression, accounting for the fact that
our observations are censored. The other columns use OLS as described in SM Section 2.1.2. All
regressions use the pre-registered set of controls.

The table shows that incentives robustly make participants vaccinate earlier, more likely to click
the appointment link, state that they are more likely to get the vaccine, and that they intend to get
the vaccine sooner. The rest of the conditions have little impact, with the exception of the argument
condition which affects participants’ stated probability to get the vaccine. The table also shows that

none of the treatment conditions affects the intention-behavior gap.
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Table S6: Treatment effects using the secondary outcome variables

Dependent Variable Days to Appointment Intention Measure: Intention-behavior
Vaccination Link Click Continuous Time Gap
Yes=100 or No=0 0 to 100% 2to 10 Yes=100 or No=0
1 @) 3) “ (5) (6) 0 (®) ©) (10)
Incentives Cond. Sl27HEE L] 2THRER 4.92% k% 4.92%xx D 11¥*F 2.10%*  -0.17%* -0.17%* -1.70 -1.70
0.47) (047) (1.00) (1.00) (0.95) (0.95) (0.08) (0.08) (1.42) (1.42)
All Nudges -0.27 -0.04 1.18 -0.05 -0.58
(0.34) (0.60) (0.75) (0.06) (1.07)
Social Impact Cond. -0.22 0.90 0.46 -0.02 0.00
0.47) (0.86) (1.01) (0.08) (1.47)
Argument Cond. -0.33 0.24 2.02%* -0.09 -0.46
(0.48) (0.84) (1.00) (0.09) (1.46)
Information Cond. -0.27 -1.30% 1.10 -0.05 -1.32
(0.48) 0.77) (1.06) (0.09) (1.47)
No reminders Cond. 0.40 0.40 -2.02%  -2.02%  0.11 0.11 0.41 0.41
(0.48) (0.48) (1.06) (1.06) (0.09) (0.09) (1.49) (1.49)
Age x Region FE yes yes yes yes yes yes yes yes yes yes
Controls yes yes yes yes yes yes yes yes yes yes
Observations 8,286 8286 7,177 7,177 8,261 8,261 8,249 8249 7,032 7,032

Note: Columns (3)-(10) show coefficient estimates from linear regressions of the outcome variable on
each of the treatment conditions. Columns (1) and (2) show coefficient estimates from Tobit regres-
sions to account for the fact that the data is censored. The results are equivalent when using Poisson
regression or OLS regressions censoring the Days to Vaccination at 30. All nudges pool the social
impact, argument, and information condition. Heteroscedasticity robust standard errors are shown in
parentheses. All regressions use the pre-registered controls: gender, age, region, interactions between
age and region, being in an at-risk group for COVID-19, civil status, having children in the household,
employment status, education, parents’ place of birth, and income. See SM Section 2.1.1 for the pre-
registered definitions of each control and outcome variable. There are fewer observations in columns
(3) and (4) since the No reminders Condition did not include an appointment link. * p < 0.10, **
p < 0.05, *** p < 0.01
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Figure S6: Link clicking by experimental condition. This figure represents the proportion
of participants who clicked the link to the vaccine appointment website after finishing the survey
(Appointment Link Click). While the behavioral nudges do not seem to have much of an effect, the
incentives condition increases the rates substantially. Table S9 uses the pre-registered specification

to test whether these differences are statistically significant.

Figure S6: Clicks on the appointment link by experimental condition
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2.3.3 Considering different time windows

Table S7: Treatment effects on vaccination uptake by different time windows.

table provides regression-estimated impacts of the experimental conditions on vaccination uptake
within 50 days of survey completion. Note that we only observe vaccination uptake in a time
window of 50 days for a subset of 4,181 participants. We also provide results on vaccination uptake
within 10, 20, 30, and 40 days for the same sample. We observe similar impacts of incentives when
considering vaccination uptake within 10, 20, 30, 40, and 50 days after survey completion. These

results highlight that incentives not only accelerate vaccination uptake in the short-run, but increase

uptake for at least 50 days.

The following

Table S7: Treatment effects on vaccination uptake by different time windows

Dependent Variable Vaccinated Vaccinated Vaccinated Vaccinated Vaccinated
in 10 Days in 20 Days in 30 Days in 40 Days in 50 Days
(€)) (@) 3 (C)) 5 © O] ® ® (10)
Incentives Cond. 5.63%%% 5.63%FF 326 3.27 4.74%%  ATSFE A28FE 428k 375Kk 3 5%k
(2.04) (205 (227) (227) (211) (211) (196 (1.96) (1.90) (1.90)
All Nudges 2.37 0.33 1.37 1.30 1.15
(1.49) (1.73) (1.62) (1.52) (1.47)
Social Impact Cond. 2.20 1.43 2.62 1.22 0.58
(2.06) (2.36) (2.20) (2.08) (2.02)
Argument Cond. 2.48 -0.55 -0.15 1.35 1.94
(2.08) (2.40) (2.23) (2.03) (1.93)
Information Cond. 2.44 0.08 1.62 1.34 0.92
(2.10) (2.43) (2.26) (2.09) (2.03)
No Reminders Cond.  -1.29 -1.29 -3.82 -3.82 -1.84 -1.84 -1.01 -1.01 -1.59 -1.59
(1.98) (1.98) (234 (234 (222) (222) (207 207 (202 (202
Age x Region FE yes yes yes yes yes yes yes yes yes yes
Controls yes yes yes yes yes yes yes yes yes yes
Observations 4,181 4,181 4,181 4,181 4,181 4,181 4,181 4,181 4,181 4,181

Note: The table shows coefficient estimates from linear regressions of the outcome variable on each of
the treatment conditions of the treatment conditions. The sample is restricted to those observations for
whom we observe whether they vaccinated within 50 days after answering the survey. All nudges pool
the social impact, argument, and information condition. Heteroscedasticity robust standard errors are
shown in parentheses. All regressions use the pre-registered controls: gender, age, region, interactions
between age and region, being in an at-risk group for COVID-19, civil status, having children in the
household, employment status, education, parents’ place of birth, and income. See SM Section 2.1.1

for the pre-registered definitions of each control and outcome variable.
*p < 0.10, ** p < 0.05, *** p < 0.01
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Figure S7: Proportion of participants who got the vaccine per day after the trial. This figure
plots the Kaplan-Meier curves of the proportion of participants who got the vaccine by a given day
after participation in the trial. The figure shows that those in the incentives group vaccinated at a

higher pace.

Figure S7: Proportion of participants who got vaccinated per day after the trial
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2.3.4 Alternative vaccination uptake definitions

Table S8: Treatment effects on vaccination uptake, different definitions. This table provides
regression-estimated impacts of the experimental conditions on vaccination uptake using different
definitions of the outcome variable. More concretely, it uses Vaccination Uptake (whether a partic-
ipant got the vaccine within 30 days after participating), Vaccination Uptake Availability (whether
a participant got the vaccine within 30 days after it became available to them, as proxied from
the news feed of regions and local newspapers, see SM Section 2.1.3), and Vaccination Uptake
Survey/Availability. The latter variable combines both previous variables, with the 30 days start-
ing at the date of the survey if the vaccine was already available for the participant, and if the
vaccine was not yet available, the 30 days started when it became available. The results indicate
that the effects of the incentives condition on vaccine uptake are robust to the definition of the
outcome variable. Furthermore, none of the behavioral nudges seems to have any affect on any of

the outcome variable definitions.
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Table S8: Treatment effects on vaccination uptake, different definitions

Dependent Variable Vaccination
Uptake Uptake Uptake
Availability Survey/Avail.
)] @) 3) “) &) (0)
Incentives Cond. 4.18%%% 4 1 8%*F 4 28%** 4 QT*%* 3 gOHk* 3 RQkkk
(1.50) (1.50) (1.48) (1.48) (1.46) (1.46)
All Nudges 1.17 1.61 1.20
(1.14) (1.12) (1.10)
Social Impact Cond. 1.42 0.90 0.71
(1.55) (1.54) (1.50)
Argument Cond. 1.35 2.64* 2.21
(1.56) (1.51) (1.49)
Information Cond. 0.74 1.30 0.69
(1.58) (1.55) (1.53)
No reminders Cond. -0.95 -095 -1.07 -1.07 -0.64 -0.64
(1.58) (1.58) (1.56) (1.56) (1.53) (1.53)
Age x Region FE yes yes yes yes yes yes
Controls yes yes yes yes yes yes
Observations 8,286 8,286 8,286 8,286 8,286 8,286

Note: The table shows coefficient estimates from linear regressions of the out-
come variable on each of the treatment conditions of the treatment conditions.
All nudges pool the social impact, argument, and information condition. Het-
eroscedasticity robust standard errors are shown in parentheses. All regressions
use the pre-registered controls: gender, age, region, interactions between age and
region, being in an at-risk group for COVID-19, civil status, having children in
the household, employment status, education, parents’ place of birth, and income.
See SM Section 2.1.1 for the pre-registered definitions of each control. See the
text above for information on how each outcome variable is coded. * p < 0.10,
**p < 0.05, ¥** p < 0.01
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2.3.5 Results comparing incentives to all nudges

Table S9: Comparing incentives to nudges on Vaccination Uptake, Vaccination Intention and
Appointment Link Click. This table restricts the sample to the participants who were assigned
to the incentives condition or one of the three nudge conditions (social impact, argument, and
information conditions). It then shows the treatment effects of the incentives condition relative to
to the 3 nudge conditions pooled on Vaccination Uptake, Vaccination Intention and Appointment
Link Click (that is, whether the participant clicked on a link to the appointment website that we
gave at the end of the survey). We use our main specification with the pre-registered set of controls
(SM Section 2.1.2).

The table shows that incentives increase Vaccination Uptake significantly more than the three
behavioral nudges together. It also shows that participants in the incentives condition are much
more likely (from a base rate of 5.5%) to click on the appointment link.

The pairwise comparison show similar differences in terms of coefficient estimates, but are less
precisely estimated. Differences of incentives vs. each condition: 2.67 pp (p=0.15) for the social
impact condition, 3.13 pp (p=0.096) for the argument condition, and 3.16 pp (p=0.098) for the

information condition.

Table S9: Comparing incentives to nudges

Dependent Variable Vaccination Uptake  Vaccination Intentions ~ App. Link Click

)] 2 3)
Incentives Cond. 3.06%* 2.01% 4.80%**
(1.48) (1.16) (1.00)
Age x Region FE yes yes yes
Controls yes yes yes
Observations 4,399 4,399 4,399

Note: This table restricts the observations to those participants who were in the incentives,
social impact, argument, and information conditions. The table shows coefficient estimates
from linear regressions of the outcome variable on the incentives condition (thus comparing
incentives to the three nudges pooled). All nudges pool the social impact, argument, and
information condition. Heteroscedasticity robust standard errors are shown in parentheses.
All regressions use the pre-registered controls: gender, age, region, interactions between
age and region, being in an at-risk group for COVID-19, civil status, having children in
the household, employment status, education, parents’ place of birth, and income. See SM
Section 2.1.1 for the pre-registered definitions of each control and outcome variable.

*p < 0.10, #* p < 0.05, ¥** p < 0.01
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2.4 Further robustness checks
2.4.1 Accounting for rollout dynamics and different sets of controls

This section presents further robustness checks. We show that our results are robust to includ-
ing different sets of controls, including different ways to control for age and region and dropping
groups of pre-registered controls. We then show that our results are equivalent when we use lo-
gistic regressions rather than the pre-registered ordinary least squares (OLS). While our sample is
largely representative of the Swedish population in terms of age, income, and region, we have a
slight misrepresentation in terms of gender, education, and immigration status. We show that the
results remain equivalent when we perform our main analysis reweighting the sample to make it
representative of the Swedish population. Finally, we show that our results remain consistent when

we use different inclusion criteria.

Table S10: Treatment effects controlling for each age-region interaction. To account for Swe-
den’s vaccination rollout, our analysis controls for age-specific effects (age fixed effects), region-
specific effects (region fixed effects), and the interaction of the two (region x age fixed effects), as
pre-registered. We do so by using 5-year age bands. In practice, however, the Swedish rollout was
more complex, and some regions used year bands smaller than 5 years. This table shows that our
results are robust when we instead include 1-year bands for the age fixed effects (or 1 fixed effect
for each specific age), region-specific effects, and the interaction of the two. This specification
accounts for all the possible rollout strategies that each region used. We find that the effects on

both vaccination uptake and intentions are very similar to those in the main specifications.
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Table S10: Treatment effects controlling for each specific age interacted with region

Dependent Variable Vaccination Uptake Vaccination Intentions
ey @) 3) “ ) (6) (N )
Incentives Cond. 4.30FF* 4 30%F* 423%%F 4 Q4%HE L TREF A ] OFFF 4 24%%% 4 DFHk*
(1.59) (1.59) (1.56) (1.56) (1.25) (1.25) (1.24) (1.24)
All Nudges 1.62 0.81 2.32%* 1.69*
(1.20) (1.18) 0.97) (0.95)
Social Impact Cond. 1.98 1.19 2.62%% 2.04
(1.63) (1.61) (1.28) (1.26)
Argument Cond. 1.91 1.02 351k 278
(1.65) (1.61) (1.30) (1.27)
Information Cond. 0.97 0.22 0.82 0.23
(1.68) (1.65) (1.38) (1.35)
No reminders Cond. -0.77  -0.77 -133 -1.32 049 0.50 0.02 0.02
(1.67) (1.67) (1.64) (1.64) (135 (1.35) (1.32) (1.32)
Each Age x Region FE  yes yes yes yes yes yes yes yes
Controls yes yes yes yes
Observations 8,286 8,286 8,286 8286 8,286 8,280 8,286 8,286

Note: The table shows coefficient estimates from linear regressions of the outcome variable on
each of the treatment conditions. All nudges pool the social impact, argument, and information
condition. Heteroscedasticity robust standard errors are shown in parentheses. All regressions
use the pre-registered controls: gender, fixed effects for each specific age, region, interactions
between age and region, being in an at-risk group for COVID-19, civil status, having children in
the household, employment status, education, parents’ place of birth, and income. See SM Section
2.1.1 for the pre-registered definitions of each control and outcome variable. * p < 0.10, **

p < 0.05, *** p < 0.01
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Tables S11 and S12: Treatment effects controlling for the timing of the survey. We fielded

the survey in three waves over 6 weeks, meaning that participants answered it at different points of

the rollout. The next two tables account for the timing of the survey completion by including week

fixed effects. It further shows the results when interacting week fixed effects with participant’s age.

Once again, the results are similar and consistent with those in the main text.

Table S11: Treatment effects on incentives and all nudges controlling for the timing of the

survey

Dependent Variable

Vaccination Uptake Vaccination Intentions

6] @ 3 “ (&) 6 (O] ®) (©)] 10 an 12

Incentives Cond.

All Nudges

No reminders Cond.

3.97HF% 3 92HkE 4 QK 4 3eFEE 4 30FFF 4 08FFF 3 Q7REE 3Ok 4 |k 4 3eHFE 4 30%FF 4.08FF*
(1.51) (1500 (1.50)  (1.50) (151 (1S (1S (1.50)  (1.50)  (1.50)  (1.s1)  (1.5D)

1.25 1.20 1.17 1.21 0.89 1.14 1.25 1.20 1.17 1.21 0.89 1.14
(1.13)  (1.13) (1.1 (1.13) (1.14) (1.1 (1.13) (1.13) (1.14) (1.13) (1.14) (1.14)

-1.46 -1.31 -0.95 -0.93 -1.11 -0.91 -1.46 -1.31 -0.95 -0.93 -1.11 -0.91
(1.58) (1.57)  (1.58)  (1.58)  (1.59) (159 (1.58)  (1.57)  (1.58)  (1.58)  (1.59)  (1.59)

Controls yes yes yes yes yes yes yes yes yes yes yes yes
Age FE yes yes

Age x Region FE yes yes yes yes yes yes yes yes
Week FE yes yes

Week x Region FE yes yes

Age x Week FE yes yes
Observations 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 81286

Note: The table shows coefficient estimates from linear regressions of the outcome variable on each of the treat-
ment conditions. All nudges pool the social impact, argument, and information condition. Heteroscedasticity
robust standard errors are shown in parentheses. Regressions use the pre-registered controls: gender, age, region,
interactions between age and region, being in an at-risk group for COVID-19, civil status, having children in
the household, employment status, education, parents’ place of birth, and income. See SM Section 2.1.1 for the
pre-registered definitions of each control and outcome variable. * p < 0.10, ** p < 0.05, *** p < 0.01
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Table S12: Treatment effects on all conditions controlling for the timing of the survey

Dependent Variable

Vaccination Uptake

Vaccination Intentions

@ @ 3 “ (&) ©) (M ® ) (10) an 12)
Incentives Cond. 3.97#%% 392%HE 4 18¥F* 4 30¥FF 430%FF 4.08%FF 3 97HEE 3 gRwEE 4 |@FHE 4 30¥FF 4.30%FF 4.08%**
(1.51)  (1.50)  (1.50)  (1.50)  (1.51)  (1.51)  (1.51)  (1.50)  (1.50)  (1.50)  (1.51)  (1.51)
Social Impact Cond. 1.37 1.44 1.42 1.43 1.21 1.16 1.37 1.44 1.42 1.43 1.21 1.16
(1.55)  (1.54)  (1.55)  (1.54)  (1.55)  (1.56)  (1.55)  (1.54)  (1.55)  (1.54)  (1.55)  (1.56)
Argument Cond. 1.62 1.47 1.35 1.31 1.06 1.22 1.62 1.47 1.35 1.31 1.06 1.22
(1.55) (1.55) (1.56) (1.56) (1.57)  (1.57)  (1.55)  (1.55)  (1.56)  (1.56)  (1.57)  (1.57)
Information Cond. 0.74 0.68 0.74 0.88 0.38 1.04 0.74 0.68 0.74 0.88 0.38 1.04
(L.57)  (1.57)  (1.58)  (1.58) (1.60) (1.59) (1.57) (1.57)  (1.58)  (1.58) (1.60) (1.59)
No reminders Cond.  -1.46 -1.31 -0.95 -0.93 -1.11 -0.91 -1.46 -1.31 -0.95 -0.93 -1.11 -0.91
(1.58) (1.57) (1.58) (1.58) (1.59) (1.59) (1.58) (1.57) (1.58) (1.58) (1.59) (1.59)
Controls yes yes yes yes yes yes yes yes yes yes yes yes
Age FE yes yes
Age x Region FE yes yes yes yes yes yes yes yes
Week FE yes yes
Week x Region FE yes yes
Age x Week FE yes yes
Observations 8,286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8286

Note: The table shows coefficient estimates from linear regressions of the outcome variable on each of the ex-
perimental conditions. Heteroscedasticity robust standard errors are shown in parentheses. Regressions use the
pre-registered controls: gender, age, region, interactions between age and region, being in an at-risk group for
COVID-19, civil status, having children in the household, employment status, education, parents’ place of birth,
and income. See SM Section 2.1.1 for the pre-registered definitions of each control and outcome variable. *
p < 0.10, ** p < 0.05, *** p < 0.01
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Tables S13 and S14: Treatment effects including different sets of controls. We pre-registered
that for our main analysis we would control for gender, age, region, interactions between age and
region, being in an at-risk group for COVID-19, civil status, having children in the household,
employment status, education, parents’ place of birth, and income. The next two tables show that

our results are robust to including different sets of control variables.

Table S13: Treatment effects on incentives and all nudges including different sets of controls

Dependent Variable Vaccination Uptake Vaccination Intentions
(€3] (@) 3 (C)) (&) 6 ) ® ® (10) (€8Y] 12)
Incentives Cond. 4.03%%% 433k 4 3kEE 4 [4RE 4 Q8FFF 4 [8FFF 3. 04%kF 3 QKK 3 T4RER F OQFkE 3 64Kk 3 TRk
(1.54)  (1.53)  (1.53)  (1.50)  (1.50)  (1.50)  (1.22) (1.22) (1.22) (1.20)0 (1.20) (1.20)
All Nudges 2.15%  2.02*%  2.02* 128 1.26 1.17 2.74%H% D AGHEE D AQHEE ] DKk ] 4HE ] TTH
(1.15) (1.16) (1.16) (1.14) (1.14) (1.14) (0.94) (0.94) (0.94) (0.93) (0.93) (0.93)
No reminders Cond. -0.87 -0.38 -0.36 -1.10 -1.08 -0.95 0.71 0.74 0.69 0.13 0.11 0.21
(1.61) (1.61) (1.61) (1.58) (1.58) (1.58) (1.31) (1.32) (1.32) (1.30) (1.29) (1.29)
Age x Region FE yes yes yes yes yes yes yes yes yes yes
Gender yes yes yes yes yes yes yes yes
Socioeconomic Status yes yes yes yes yes yes
Family yes yes yes yes
COVID-19 Risk-group yes yes
Observations 8286 8286 82806 8286 8286 8286 8286 8286 8286 8286 8286 8286

Note: The table shows coefficient estimates from linear regressions of the outcome variable on each of the treatment
conditions. All nudges pool the social impact, argument, and information condition. Heteroscedasticity robust
standard errors are shown in parentheses. See SM Section 2.1.1 for the pre-registered definitions of each control and
outcome variable.

*p < 0.10, #* p < 0.05, ¥** p < 0.01
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Table S14: Treatment effects on all conditions including different sets of controls

Dependent Variable

Vaccination Uptake

Vaccination Intentions

@ (@) 3 (C) (&) 6 ) ® ® (10) ) 12)
Incentives Cond. 4.03%%% 433k 4 3REE 4 [4RRE 4 Q8FFF 4 [8FFF 3. 04%kk 3 68Kk 3 T4HkkR F OTHRF 3 64%kk 3 TRk
(154) (153) (153 (@150 (150 (150 (1.22)  (1.22)  (1.22) (1200 (1.21)  (1.20)
Social Impact Cond. 223 2.29 2.28 1.60 1.59 1.42 3.20%%  2.94%%  2.98%*  2.46%* 235%  222%
.57  (1.57) (.57 (1.55)  (1.55)  (1.55)  (1.25) (1.26) (1.26) (1.24) (1.24) (1.23)
Argument Cond. 2.60 2.19 2.20 1.35 1.32 1.35 3.84xH% 3 AQHEER JAQHEE D T5HE D JOFE D T2HE
(1.59)  (1.59)  (1.59) (1.56) (1.56) (1.56) (1.25) (1.26) (1.26) (1.24) (1.24) (1.24)
Information Cond. 1.63 1.58 1.58 0.90 0.87 0.74 1.17 1.06 1.07 0.52 0.45 0.35
(1.60) (1.61) (161) (159 (159 (158 (1.32) (1.33) (1.33) (1.31) (1.30) (1.30)
No reminders Cond. -0.87 -0.38 -0.36 -1.10 -1.08 -0.95 0.71 0.74 0.69 0.13 0.11 0.21
(1.e1) (.61) (1.61) (158 (158 (1.58) (1.31) (1.32) (1.32) (1300 (129 (1.29)
Age x Region FE yes yes yes yes yes yes yes yes yes yes
Gender yes yes yes yes yes yes yes yes
Socioeconomic Status yes yes yes yes yes yes
Family yes yes yes yes
COVID-19 Risk-group yes yes
Observations 8,286 8,286 8286 8286 8286 8286 8286 8286 8286 8286 8286 8,286

Note: The table shows coefficient estimates from linear regressions of the outcome variable on each of the treatment
conditions. Heteroscedasticity robust standard errors are shown in parentheses. See SM Section 2.1.1 for the pre-
registered definitions of each control and outcome variable.

*p < 0.10, ** p < 0.05, *** p < 0.01
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2.4.2 Logit regressions

Table S15: Treatment effects using logit regressions. We pre-registered that we would use
ordinary least squares (OLS) regressions for our analysis. This table shows that the effects remains

robust when we instead used logit regressions.

Table S15: Treatment effects using logit regressions

Dependent Variable = Vaccination Uptake = Vaccination Intentions

ey 2 3) “
Incentives Cond. 0.23%%%  .23%%% (. 32%** 0.327%%*
(0.09) (0.09) (0.11) (0.11)
All Nudges 0.06 0.15%*
(0.06) (0.08)
Social Impact Cond. 0.08 0.20*
(0.08) (0.11)
Argument Cond. 0.08 0.23%%*
(0.09) 0.11)
Information Cond. 0.04 0.02
(0.09) (0.10)
No reminders Cond.  -0.05 -0.05 0.01 0.01
(0.08) (0.08) (0.10) (0.10)
Age x Region FE yes yes yes yes
Controls yes yes yes yes
Observations 8,243 8,243 8,194 8,194

Note: The table shows coefficient estimates from logit regressions with
heteroscedasiticity-robust standard errors of the outcome variable on
each of the treatment conditions. All nudges pool the social impact, ar-
gument, and information condition. Heteroscedasticity robust standard
errors are shown in parentheses. Regressions use the pre-registered con-
trols: gender, age, region, interactions between age and region, being
in an at-risk group for COVID-19, civil status, having children in the
household, employment status, education, parents’ place of birth, and
income. See SM Section 2.1.1 for the pre-registered definitions of each
control and outcome variable. Some observations are dropped during
estimation because the region and age interactions predict the vaccina-
tion uptake perfectly in smaller regions.

*p < 0.10, ** p < 0.05, *** p < 0.01
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2.4.3 Sample weights

Table S16: Treatment effects with sample weights. Our sample is representative of the Swedish
population (aged 18-49) in terms of age, region, and income. However, we have a slight overrep-
resentation of people with college education, an underrepresentation of people whose parents or
themselves were born abroad, and a slight overrepresentation of women (as discussed in SM Sec-
tion 2.1.2).

In this table, we show that results do not change when using sampling weights for adjustment.
We replicate our main analysis (see SM Section 2.3.1), but reweight individuals with college edu-
cation, immigration background, and women in such a way that the estimates are based on a sample
which has the same characteristics as the general population in Sweden (using raking adjustments

to survey sampling weights).

Table S16: Treatment effects with sample weights

Dependent Variable Vaccination Uptake  Vaccination Intentions

ey @) 3) “)
Incentives Cond. 3.92%%* 3.92%%  4,05%%* 4.05%#%*
.77 .77 (1.45) (1.45)
All Nudges 1.59 1.98%*
(1.32) (1.10)
Social Impact Cond. 2.09 2.03
(1.76) (1.48)
Argument Cond. 1.15 2.85%
(1.83) (1.49)
Information Cond. 1.52 1.01
(1.84) (1.53)
No Reminders Cond.  -2.02 -2.02 -0.54 -0.54
(1.85) (1.85) (1.60) (1.60)
Age x Region FE yes yes yes yes
Controls yes yes yes yes
Observations 8,286 8,286 8,286 8,286

Note: The table shows coefficient estimates from linear regressions of
the outcome variable on each of the treatment conditions. All nudges
pool the social impact, argument, and information condition. Het-
eroscedasticity robust standard errors are shown in parentheses. Regres-
sions use the pre-registered controls: gender, age, region, interactions
between age and region, being in an at-risk group for COVID-19, civil
status, having children in the household, employment status, education,
parents’ place of birth, and income. See SM Section 2.1.1 for the pre-
registered definitions of each control and outcome variable. We used rak-
ing adjustmented survey weights, which we constructed using the vari-
able definitions according to Statistics Sweden and as discussed in SM
Section 2.2.3.

*p < 0.10, ** p < 0.05, *** p < 0.01

49



2.4.4 Different inclusion criteria

Table S17: Treatment effects including participants who did not finish the survey. In the
main specification we exclude observations from all participants who did not finish the survey (see
Methods and Materials in SM Section 1 for a discussion about the inclusion of the participants). In
this table, we show that including all participants who went through the experimental intervention

but did not finish the rest of the questionnaire does not affect our results.

Table S17: Treatment effects including participants who did not finish the survey

Dependent Variable  Vaccination Uptake

ey )
Incentives Cond. 3.93%#% 3 94k
(1.51) (1.51)
All Nudges 0.36
(1.13)
Social Impact Cond. 0.88
(1.55)
Argument Cond. 0.29
(1.55)
Information Cond. -0.09
(1.58)
No reminders Cond.  -0.87 -0.87
(1.58) (1.58)
Age x Region FE yes yes
Controls yes yes
Observations 8,397 8,397

Note: The table shows coefficient estimates
from linear regressions of the outcome vari-
able on each of the treatment conditions. All
nudges pool the social impact, argument, and
information condition. Heteroscedasticity ro-
bust standard errors are shown in parenthe-
ses. Regressions use the pre-registered con-
trols: gender, age, region, interactions be-
tween age and region, being in an at-risk group
for COVID-19, civil status, having children in
the household, employment status, education,
parents’ place of birth, and income. See SM
Section 2.1.1 for the pre-registered definitions
of each control and outcome variable.

*p < 0.10, ** p < 0.05, *** p < 0.01
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Table S18: Treatment effects including participants who were already vaccinated. In the
main specification, we exclude observations from all participants who were already vaccinated (see
Methods and Materials in SM Section 1 for a discussion about the inclusion of the participants).
In this table, we show that including all participants who that already received the vaccine before

completing the survey does not affect our results.

Table S18: Treatment effects including participants who were already vaccinated

Dependent Variable  Vaccination Uptake  Vaccination Intentions

ey 2 3) “
Incentives Cond. 4.08%*% 4 08%** 3 43%F* 3.43%%*
(1.47) (1.47) (1.18) (1.18)
All Nudges 1.26 1.85%*
(1.11) 0.91)
Social Impact Cond. 1.50 2.28%
(1.51) (1.21)
Argument Cond. 1.62 2.92%%
(1.52) (1.20)
Information Cond. 0.66 0.32
(1.56) (1.28)
No reminders Cond.  -0.77 -0.77 0.37 0.37
(1.55) (1.55) (1.26) (1.26)
Age x Region FE yes yes yes yes
Controls yes yes yes yes
Observations 8,510 8,510 8,510 8,510

Note: The table shows coefficient estimates from linear regressions of
the outcome variable on each of the treatment conditions. All nudges
pool the social impact, argument, and information condition. Het-
eroscedasticity robust standard errors are shown in parentheses. Regres-
sions use the pre-registered controls: gender, age, region, interactions
between age and region, being in an at-risk group for COVID-19, civil
status, having children in the household, employment status, education,
parents’ place of birth, and income. See SM Section 2.1.1 for the pre-
registered definitions of each control and outcome variable.

*p < 0.10, #* p < 0.05, ¥** p < 0.01
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Table S19: Treatment effects including participants who participated more than once. In
the main specification, we exclude observations from all participants who filled out the survey
more than once and got exposed to different treatment conditions (see Methods and Materials in
SM Section 1 for a discussion about the inclusion of the participants). In this table, we show that

including all participants who participated more than once does not affect our results.

Table S19: Treatment effects including participants who participated more than once

Dependent Variable Vaccination Uptake  Vaccination Intentions

ey @) 3) “)
Incentives Cond. 3.70%* 3.70%* 3.61%%* 3.61%%*
(1.44) (1.44) (1.14) (1.14)
All Nudges 0.80 1.21
(1.09) (0.89)
Social Impact Cond. 1.07 1.96
(1.50) (1.19)
Argument Cond. 0.73 1.91
(1.50) (1.20)
Information Cond. 0.58 -0.27
(1.54) (1.25)
No Reminders Cond.  -0.52 -0.52 -0.13 -0.12
(1.52) (1.52) (1.23) (1.23)
Age x Region FE yes yes yes yes
Controls yes yes yes yes
Observations 8,923 8,923 8,923 8,923

Note: The table shows coefficient estimates from linear regressions of
the outcome variable on each of the treatment conditions. All nudges
pool the social impact, argument, and information condition. Het-
eroscedasticity robust standard errors are shown in parentheses. Regres-
sions use the pre-registered controls: gender, age, region, interactions
between age and region, being in an at-risk group for COVID-19, civil
status, having children in the household, employment status, education,
parents’ place of birth, and income. See SM Section 2.1.1 for the pre-
registered definitions of each control and outcome variable.

*p < 0.10, ¥ p < 0.05, *** p < 0.01
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Table S20: Treatment effects including participants who could not be linked to administrative
vaccination records. In the main specification, we exclude observations from all participants for
whom we could not match the data with their vaccination records, likely because of a typo in their
social security number (see Methods and Materials in SM Section 1 for a discussion about the
inclusion of the participants). In this table, we provide the results for intentions and appointment
clicks including the participants who could not be linked to the administrative vaccination records.
While we cannot know whether they indeed vaccinated, we see that treatment effects on the other

outcome variables are similar to those for the whole sample.

Table S20: Treatment effects including participants who could not be linked

Dependent Variable Intention Measure: Appointment
Main Continuous Time Link Click
Yes=100 or No=0 0to 100% 1to 10 Yes=100 or No=0
(1) (2) (3) 4) (%) (6) (7 (®)
Incentives Cond. 3.47%%% 3 ATRRE D O8%F  2.07FF -0.17FF -0.17%* 47]5%k* 4 ]5%**
(1.18)  (1.18)  (0.93) (0.93) (0.08) (0.08) (0.98) (0.98)
All Nudges 1.79%* 1.16 -0.05 -0.03
(0.91) (0.73) (0.06) (0.58)
Social Impact Cond. 2.26* 0.56 -0.02 0.94
(1.21) (0.99) (0.08) (0.84)
Argument Cond. 2.89%* 2.05%* -0.10 0.19
(1.20) (0.99) (0.08) (0.82)
Information Cond. 0.19 0.89 -0.05 -1.28*
(1.28) (1.04) (0.09) (0.75)

No reminders Cond. 0.37 0.37 -1.88*% -1.88* 0.09 0.09
(1.26) (1.26) (1.03) (1.03) (0.08) (0.08)

Age x Region FE yes yes yes yes yes yes yes yes
Controls yes yes yes yes yes yes yes yes
Observations 8,515 8,515 8,488 8,488 8474 8474 7,374 7,374

Note: The table shows coefficient estimates from linear regressions of the outcome variable on each
of the treatment conditions. All nudges pool the social impact, argument, and information condi-
tion. Heteroscedasticity robust standard errors are shown in parentheses. Regressions use the pre-
registered controls: gender, age, region, interactions between age and region, being in an at-risk group
for COVID-19, civil status, having children in the household, employment status, education, parents’
place of birth, and income. See SM Section 2.1.1 for the pre-registered definitions of each control and
outcome variable. In columns (7) and (8) we do not observe people in no reminders condition, who
did not get an appointment link.

*p < 0.10, ¥ p < 0.05, *** p < 0.01
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2.4.5 Multiple hypothesis testing for vaccination uptake

Our RCT tests the effects of five treatment arms: incentives condition, social impact condition,
argument condition, information condition, and no-reminders condition.

In the main text of paper, we report tests of the null hypothesis that each condition has an
effect on vaccination uptake. If, instead, the reader is interested in testing the null hypothesis that
no intervention affects vaccination uptake, one needs to account for multiple hypothesis testing,
which can be done through adjustments to p-values.

To study whether we can reject the null that none of the interventions affects vaccination up-
take, we used the Bonferroni adjustment, which is the most conservative of the standard p-value
adjustments for multiple testing. This method implies that we can reject the null hypothesis if the
p-value of a t-test for significance is smaller than 0.05 divided by the number of tests.

In our pre-analysis plan, we pre-registered that for our main analysis we would compare the
incentives condition, social impact condition, argument condition and information condition with
the control condition. We pre-registered that the comparison between the no-reminders condition
is a secondary analysis. Hence, we need to account for four tests.

Accounting for these four tests implies that we can reject the null whenever p < 0.0125. Since
the main effect of incentives on vaccination uptake yields a p-value of p = 0.005 (see Section 2.3),

we conclude that our result is robust to adjustments for multiple hypothesis testing.
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2.5 Treatment effects based on participants’ characteristics

As secondary analyses, we pre-registered that we would study whether there are heterogeneities in
treatment effects for people with different economic preferences, personality traits, vaccine beliefs,

and vaccine knowledge. We provide the results for the pre-registered analysis in this section.

Specification: We use a fully interacted OLS model where we prespecify all simple interactions
of the interventions with each of the different individual characteristics (we will call these differ-
ent characteristics “measure;”). That is, we regress Vaccination uptake on a set of experimental
condition dummies and the interaction between treatment dummies and individual characteristics:

VaccinationUptake; = by+bix1(Incentives);+box1( Arguments);+bsx1(In formation);+
byx1(Socialimpact);+bsx1(Noreminders);+bg*x1(Incentives);xmeasure;+byx1(Arguments);*
measure; + bg * 1(Information); * measure; + by x 1(Socialimpact); * measure; + byg *
1(Noreminders); * measure; + by * measure; + bya x X; + ¢;

where 1(¢); has a value of 1 if participant i is in the treatment condition t and a value of 0
otherwise, X; is a vector of the pre-registered control variables (consisting of measure;, gender
dummies, age dummies, region dummies, interactions between age and region, being in an at-risk
group for COVID-19, civil status dummies, a dummy for children in the household, dummies for
employment status, dummies for education, dummies for parents’ place of birth, and income), and
e; 1s an individual specific error robust to heteroscedasticity. For interactions with sociodemo-
graphics, we only include region fixed effects.

We provide results (bg - b1g and baseline correlation, b;;) for all individual characteristics.

Summary of results: We do not find robust heterogeneities. Rather, incentives increase vaccina-
tion rates similarly for all subgroups.

As an illustration, Figure S8 below shows the results for median splits across sociodemographic
variables. As Figure S8 indicates, the coefficient sizes barely vary across age groups, gender,
education status, or socioeconomic status.

Tables S21 and S22 give the more detailed results of interacting an array of variables with
each treatment. The interactions which are statistically significant at the 5% level are: people with
higher income tend to have lower vaccination uptake in the information treatment; people who are

more willing to take risks are more likely to react to the incentives and the argument conditions;
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and the small share of people who has tested positive for COVID-19 in the past is more likely to
react to incentives.*

However, note that we examine 40 interactions for sociodemographics and 65 interactions with
economic preferences, personality, and COVID-19 related variables. For a total of 105 interactions,
we only find 4 statistically significant interactions at the 5%-level and none at the 1% level. This is
not more than is expected to occur by chance. Accordingly, there are no systematic heterogeneous

impacts on vaccination uptake based on the variables we measure. We therefore refrain from

drawing any conclusions from the few statistically significant interactions.

“One reason for imprecise estimates for people with immigration background may be that we have relatively few
observations in the sample.
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2.5.1 Heterogeneities based on sociodemographics

Figure S8: Treatment effects of incentives across sociodemographic groups. This figure rep-
resents the treatment effects for all the sample, and for each of different partitions based on so-
ciodemographic factors. The figure shows that incentives increase vaccination uptake similarly

among all the subgroups according to median splits of the data.

Figure S8: Treatment effects of incentives across sociodemographic groups

Impact on Vaccination Uptake (%)

All Sample - @

Aged Below 34 1 @

Aged at or Above 34

Female - @
Male - L
College - @
No College @
High SES @
Low SES @

65-432-1012345¢86728 910

Regression estimated impact in percentage points

Note: Participants who have at least one parent with a non-European background, who are unemployed, or who
have below median income are categorized as Low SES. The rest of the participants are categorized as high SES.
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Table S21: Heterogeneous treatment effects based on sociodemographics. Using the specifi-
cation described in the introduction of this section, this table reports the heterogeneous treatment
effects for each condition based on participants’ sociodemographics. The table first displays the
correlation between the variable and vaccination uptake, showing strong correlations with college
education, income, immigration background, and employment status. However, there are no rele-

vant treatment effect heterogeneities with any of the variables nor conditions.

Table S21: Heterogeneous treatment effects based on sociodemographics

Measure: Interaction effect with treatment
Baseline Incent. Social Imp. Argument Info. No reminders
Corr. Cond. Cond. Cond. Cond. Cond.
Age 0.02 -0.07 0.05 -0.20 -0.12 -0.21
(0.10)0  (0.18) (0.18) (0.19) (0.19) (0.20)
Female 0.28 -0.33 -2.21 -0.86 3.00 1.13
(1.73)  (3.11) (3.18) (3.20) (3.25) (3.25)
Single -0.92 2.60 3.22 -5.78 -0.19 -1.04
(1.95) (3.44) (3.60) (3.71) (3.68) (3.73)
Has children -0.10 -1.94 -2.19 -4.13 -3.99 -1.61
(1.71)  (3.06) (3.14) (3.16) (3.19) (3.22)
College 10.92%** -0.64 -1.67 -0.55 1.55 0.70
(1.71)  (3.07) (3.16) (3.22) (3.21) (3.25)
Income 3.24*%** 0.00 -0.00 0.00 -0.00%* -0.00
(0.80)  (0.00) (0.00) (0.00) (0.00) (0.00)
Foreign -13.32%%* -1.83 2.38 -9.74 -7.86 5.05
(4.43) (871 (9.13) (8.74) (9.18) (8.94)
Unemployed  -16.56*** 3.30 -0.33 -8.05 2.13 4.65

(500) (8.61)  (9.43) (10.39)  (9.29) (10.52)

Region FE yes yes yes yes yes yes

Note: The table shows coefficient estimates from linear regressions of the outcome variable
on each of the treatment conditions. Heteroscedasticity robust standard errors are shown
in parentheses. Regressions control for region fixed effects. See SM Section 2.1.1 for the
pre-registered definitions of each control and outcome variable.

*p < 0.10, # p < 0.05, ¥** p < 0.01
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2.5.2 Heterogeneities based on economic preferences, personality traits, and COVID-19 re-

lated variables

Table S22: Heterogeneous treatment effects based on economic preferences, personality traits,
and COVID-19 related variables. Using the specification described in the introduction of this
section, this table reports the heterogeneous treatment effects for each condition based on partic-
ipants’ economic preferences, personality traits, and several COVID-19 specific variables. The
table first displays the correlation between the variable and vaccination uptake, showing strong
correlations with most variables. Yet, there largely do not seem to exist any clear treatment effect

heterogeneities with any of the variables nor conditions.

Table S22: Heterogeneous treatment effects based econ. pref, personality, and COVID-19

variables
Measure: Interaction effect with treatment
Baseline Incent. Social Imp. Argument Info. No reminders
Corr. Cond. Cond. Cond. Cond. Cond.
Altruism 0.67* 0.70 0.44 0.37 -0.46 0.42
(0.38) (0.66) (0.67) (0.70) (0.67) (0.69)
Risk-affinity -0.99%*  1.76%* -0.48 1.93%* 0.77 0.70
(045) (0.82) (0.82) (0.84) (0.83) (0.83)
Patience -0.04 0.79 1.65% 1.80%* 0.39 0.11
(049) (0.88) (091 (0.94) (0.94) (0.87)
Reciprocity -1.05% 1.69 1.27 1.02 1.46 0.74
(0.62) (1.08) (1.19) (1.22) (1.19) (1.19)
Trust 1.53%** (.37 -0.10 -0.93 -0.31 0.00
(0.39) (0.73) (0.70) (0.72) (0.72) (0.76)
Procrastination 0.11 0.37 0.74 0.06 -0.25 0.86
(0.33)  (0.57) (0.61) (0.59) (0.61) (0.62)
Norm-following 1.27%** (.59 -0.12 1.22 0.17 0.63
(0.40) (0.72) (0.73) (0.74) (0.73) (0.76)
COVID-19 vaccines are safe 15.81%** -1.36 -0.38 1.10 -1.55 0.28
(0.75) (14D (1.48) (1.45) (1.45) (1.41)
Vaccines cause disease -7.98%** 219 -1.51 -0.18 -0.25 -0.93
(0.80) (1.45) (1.50) (1.55) (15D (1.47)
Worries side effects COVID-19 vaccines  -10.00%** 1.02 0.23 0.03 0.87 -0.77
(0.61) (1.11) (1.13) (1.14) (1.14) (1.13)
Afraid of needles -0.98* 0.41 1.74 0.28 1.98%* -0.64
(0.59) (1.07) (1.07) (1.09) (1.11) (1.14)
Ever tested positive for COVID-19 S7.78%HE - R.40%* -3.38 1.30 0.24 -0.01
(2.13) (3.62) (3.92) (3.98) (3.92) (3.89)
COVID-19 risk group -9.87*** 5735 -4.77 -0.18 -1.28 -0.24
(3.100 (5.30) (6.37) (5.93) (6.12) (5.54)
Age x Region FE yes yes yes yes yes yes
Controls yes yes yes yes yes yes

Note: The table shows coefficient estimates from linear regressions of the outcome variable on each of the treatment
conditions. Heteroscedasticity robust standard errors are shown in parentheses. Regressions use the pre-registered
controls: gender, age, region, interactions between age and region, being in an at-risk group for COVID-19, civil status,
having children in the household, employment status, education, parents’ place of birth, and income. See SM Section
2.1.1 for the pre-registered definitions of each control and outcome variable. * p < 0.10, ** p < 0.05, *** p < 0.01
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2.6 Predictors of vaccination uptake and the intention-behavior gap

A key feature of our RCT is to individually match data on COVID-19 vaccination uptake from
Swedish administrative records with survey data on individual characteristics, including economic
preferences, personality traits, COVID-19 perceptions, and sociodemographics. We pre-registered
to only focus on the data in the Control and no-reminders condition and regress (OLS with het-
eroscedasticity robust standard errors and same controls as for our main analysis) Vaccination
Uptake and the Intention-behavior gap on different individual characteristics. We provide these

results in this section.

Summary of results: We find that participants who are more altruistic, more risk averse, less
reciprocous, more trusting, and adhere more to social norms are more likely to vaccinate (see
Table S23). Moreover, vaccination uptake is higher among participants who believe that COVID-
19 vaccines are safe, who are less worried about side-effects of the vaccines, who have never
tested positive for COVID-19, are younger, have college studies, have higher income, do not have
immigration background, and are employed (see Tables S24 and S25).

Moreover, we find that the intention-behavior gap is higher among participants who do not
believe that COVID-19 vaccines are safe, who are worried about side-effects of the vaccines, who
have previously tested positive for COVID-19, who are in a risk group for COVID-19, who are
male, have no university education, and have immigration background (see Tables S27 and S28).
The intention-behavior gap is not correlated with economic preferences and personality traits (see

Table S26).

2.6.1 Predictors of vaccination uptake

Table S23: Predictors of vaccination uptake: economic preferences. This table reports the
correlation between vaccination uptake and the economic preferences measured in the survey.
Columns (1)-(7) show the correlations using each of the preferences separately, columns (8) and
(9) show them in two different groups, and column (10) shows the results using all the variables
jointly in the same regression. We find that participants who are more altruistic, more risk averse,

less reciprocous, more trusting, and adhere more to social norms are more likely to vaccinate.
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Table S23: Predictors of vaccination uptake: economic preferences

Dependent Variable Vaccination Uptake
ey @) 3) “ ) (6) (N ®) ©) (10)
Altruism 0.68%* 0.84** 0.67*
(0.33) (0.34) (0.35)
Risk-affinity -0.83%* -0.99%* -0.92%*
(0.39) 0.41) (0.42)
Patience -0.08 -0.06 0.06
0.42) (0.46) (0.46)
Reciprocity -0.88 -1.30%% -1.41%%*
(0.54) (0.54) (0.56)
Trust 1.43%%% 1.24%%% ] 2 %%%*
(0.34) (0.35) (0.36)
Procrastination 0.30 0.17 0.14
(0.28) (0.28) (0.28)
Norm-adherence 1.41%*% L.21%%% 1. 10%**
(0.34) (0.35) (0.35)
Age x Region FE yes yes yes yes yes yes yes yes yes yes
Controls yes yes yes yes yes yes yes yes yes yes
Observations 3,887 3,887 3,887 3,887 3,887 3,887 3,887 3,887 3,887 3,887

Note: The table shows coefficient estimates from linear regressions. Heteroscedasticity robust standard errors are
shown in parentheses. Regressions use the pre-registered controls: gender, age, region, interactions between age
and region, being in an at-risk group for COVID-19, civil status, having children in the household, employment
status, education, parents’ place of birth, and income. See SM Section 2.1.1 for the pre-registered definitions of

each control and outcome variable.
*p < 0.10, ** p < 0.05, *** p < 0.01
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Table S24: Predictors of vaccination uptake: COVID-19 vaccination beliefs. This table re-
ports the correlation between vaccination uptake and the set of variables about COVID-19 and
vaccines that we included in the survey, including beliefs such as “COVID-19 vaccines are safe”
and factual questions such as “I have tested positive for COVID-19”. Columns (1)-(6) show each
of the correlations separately, and column (7) does so jointly. Using the estimates in Column (7),
we find that vaccination uptake is higher among participants who believe that COVID-19 vaccines

are safe, who are less worried about side-effects of the vaccines, and who have never tested positive

for COVID-19.

Table S24: Predictors of vaccination uptake: COVID-19 vaccination beliefs

Dependent Variable Vaccination Uptake
ey 2) 3) “) ) (6) @)
COVID-19 vaccines are safe 15.98%** 12.20%**
(0.68) (0.87)
Diseases can be triggered by vaccinations -8.16%#* -0.76
(0.70) (0.74)
Worried about side-effects -10.27#%* -4 57k
(0.55) (0.67)
Worried about needles -1.10%* 0.06
(0.52) (0.49)
Ever tested positive for COVID-19 =724 %% -5.98%# %%
(1.83) (1.70)
In a risk group for COVID-19 -9.78*#%.3.50
(2.68) (2.42)
Age x Region FE yes yes yes yes yes yes yes
Controls yes yes yes yes yes yes yes
Observations 3,887 3,887 3,887 3,887 3,887 3,887 3,887

Note: The table shows coefficient estimates from linear regressions. Heteroscedasticity robust standard
errors are shown in parentheses. Regressions use the pre-registered controls: gender, age, region, interac-
tions between age and region, being in an at-risk group for COVID-19, civil status, having children in the
household, employment status, education, parents’ place of birth, and income. See SM Section 2.1.1 for the
pre-registered definitions of each control and outcome variable.

*p < 0.10, ** p < 0.05, *** p < 0.01
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Table S25: Predictors of vaccination uptake: Sociodemographics. This table reports the cor-
relation between vaccination uptake and the sociodemographic variables included in the survey.
Columns (1)-(8) show each of the correlations separately, and column (9) does so jointly. We find
that vaccination uptake is higher among participants who are younger, have college studies, have

higher income, do not have immigration background, and are employed.

Table S25: Predictors of vaccination uptake: sociodemographics

Dependent Variable Vaccination Uptake
ey 2 3 “ &) Q) ) ®) €))
Age -0.03 -0.22%%
(0.09) (0.10)
Female 0.70 0.52
(1.47) (1.51)
Single -1.24 0.51
(1.67) (1.76)
Has Children -0.35 -0.31
(1.45) (1.70)
College Education 10.90%** 9.85%**
(1.46) (1.50)
Income 3.26%%* 2.75%%*
(0.68) (0.79)
Immigration Background -11.23%#%* -12.96%#%*
(3.88) (3.89)
Unemployed -15.30%%%10.32%*
(4.43) 454
Region FE yes yes yes yes yes yes yes yes yes
Observations 3,887 3,887 3,887 3,887 3,887 3,887 3,887 3,887 3,887

Note: The table shows coefficient estimates from linear regressions. Heteroscedasticity robust standard errors
are shown in parentheses. Regressions use only region fixed effects as controls. See SM Section 2.1.1 for the
pre-registered definitions of each control and outcome variable. Income is in SEK 10,000.

*p < 0.10, ¥ p < 0.05, *** p < 0.01
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Table S26: Predictors of intention-behavior gap: economic preferences. This table reports
the correlation between the intention-behavior gap and the economic preferences measured in the
survey. Columns (1)-(7) show the correlations using each of the preferences separately, columns
(8) and (9) show them in two different groups, and column (10) shows the results using all the
variables jointly in the same regression. We find very small and non-statistically significant effects

for all variables.

Table S26: Predictors of intention-behavior gap: economic preferences

Dependent Variable Intention-Behavior Gap

ey @ 3 “ (&) (6) (7 ®) €)) (10)

Altruism 0.08 0.01 -0.01
(0.31) (0.33) (0.34)

Risk-affinity 0.39 0.37 0.32
(0.38) (0.40) (0.40)

Patience 0.20 0.08 -0.01
(0.40) (0.43) (0.44)

Reciprocity 0.72 0.85 0.80
(0.53) (0.54) (0.56)

Trust -0.32 -029  -0.32
(0.34) (0.34) (0.35)

Procrastination -0.08 -0.04  -0.05
(0.27) 0.27) (0.27)
Norm-adherence -0.43 -0.44  -0.40
(0.33) (0.34) (0.34)

Age x Region FE yes yes yes yes yes yes yes yes yes yes

Controls yes yes yes yes yes yes yes yes yes yes
Observations 3,240 3,240 3,240 3,240 3,240 3,240 3,240 3,240 3,240 3,240

Note: The table shows coefficient estimates from linear regressions. Heteroscedasticity robust standard errors are
shown in parentheses. Regressions use the pre-registered controls: gender, age, region, interactions between age
and region, being in an at-risk group for COVID-19, civil status, having children in the household, employment
status, education, parents’ place of birth, and income. See SM Section 2.1.1 for the pre-registered definitions of
each control and outcome variable.

*p < 0.10, ** p < 0.05, *** p < 0.01
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2.6.2 Predictors of the intention-behavior gap

Table S27: Predictors of the intention-behavior gap: COVID-19 related variables. This table
reports the correlation between the intention-behavior gap and a set of variables about COVID-19
and vaccines that we included in the survey. Using the estimates in Column (7), we find that
the intention-behavior gap is higher among participants who do not believe that COVID-19 are
safe, who are worried about side-effects of the vaccines, who have previously tested positive for

COVID-19, and who are in a risk group for COVID-19.

Table S27: Predictors of intention-behavior gap: COVID-19 related variables

Dependent Variable Intention-Behavior Gap
ey ) 3) “ &) (6) (N
COVID-19 vaccines are safe -5.73% %% -4 18%H*
(0.92) (1.03)
Diseases can be triggered by vaccinations 2.53%%% 0.78
(0.71) (0.76)
Worried about side-effects 3.46%%* 1.71%%*
0.59) (0.66)
Worried about needles 0.68 0.04
(0.50) (0.49)
Ever tested positive for COVID-19 3.20* 3.66%*
(1.76) (1.71)
In a risk group for COVID-19 4.80*%  5.20**
(2.65) (2.60)
Age x Region FE yes yes yes yes yes yes yes
Controls yes yes yes yes yes yes yes
Observations 3,240 3,240 3,240 3,240 3,240 3,240 3,240

Note: The table shows coefficient estimates from linear regressions. Heteroscedasticity robust standard
errors are shown in parentheses. Regressions use the pre-registered controls: gender, age, region, interac-
tions between age and region, being in an at-risk group for COVID-19, civil status, having children in the
household, employment status, education, parents’ place of birth, and income. See SM Section 2.1.1 for the
pre-registered definitions of each control and outcome variable.

*p < 0.10, ** p < 0.05, ¥** p < 0.01
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Table S28: Predictors of the intention-behavior gap: sociodemographics. This table reports
the correlation between the intention-behavior gap and the sociodemographic variables included
in the survey. Columns (1)-(8) show each of the correlations separately, and column (9) does so
jointly. We find that the intention-behavior gap is higher among participants who are male, have

no university education, and have immigration background.

Table S28: Predictors of intention-behavior gap: sociodemographics

Dependent Variable Intention-Behavior Gap
ey ©)) 3) “4) ®) (6) ) ®) €))
Age 0.05 0.13
(0.08) (0.10)
Female -4 15%%* -4.02%%%*
(1.39) (1.44)
Single -1.63 -2.70%
(1.55) (1.63)
Has Children 0.52 -0.27
(1.36) (1.61)
College Education -6.46% %% -5.56%**
(1.39) (1.42)
Income -1.23* -1.43%
(0.65) (0.75)
Immigration Background 6.68* 7.76%%*
(3.93) (3.91)
Unemployed 8.23*  6.33
(4.67) (4.87)
Region FE yes yes yes yes yes yes yes yes yes
Observations 3,240 3,240 3,240 3,240 3,240 3,240 3,240 3,240 3,240

Note: The table shows coefficient estimates from linear regressions. Heteroscedasticity robust standard errors

are shown in parentheses. Regressions use only region fixed effects as controls. See SM Section 2.1.1 for
the pre-registered definitions of each control and outcome variable. Income in SEK 10,000. * p < 0.10, **
p < 0.05, #** p < 0.01
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2.7 Survey responses to the nudge conditions
2.7.1 Social impact condition

In the social impact condition, we asked participants to make a list of 4 people that would benefit
if the participant would get vaccinated. The purpose of this intervention was to make participants
aware of the social impact of getting vaccinated. We also provided participants with an illustration
of such a list, written by one of the authors of this study, which likely reinforced the perceived
social impact of vaccination.

Participants seem to have taken considerable care when filling in the list. Out of the 1,114 par-
ticipants in the social impact condition, only 29 gave an input containing 2 characters or less on any
of the four list items (by design, subjects could not leave the input fields empty). Most participants
put parents and other close relatives on the list, for example, 780 participants mentioned “mom” or

“dad” (mamma/pappa) on the list.

2.7.2 Argument condition

In the arguments condition, we asked participants to write down an argument that could convince
another person to get vaccinated as soon as possible. We also gave participants the opportunity to
share this argument with a person who did not plan to get vaccinated, which 80% of participants
did. We then selected the arguments of ten participants and, if the participants agreed, shared the
argument with a person on Amazon Mechanial Turk.

Most of the 1,076 participants took the task seriously and only 10% of them gave an argu-
ment with fewer than 40 characters. Common arguments included taking the vaccine to protect
others, with 260 answers containing the string “others” (andra). Many also mentioned that taking
the vaccine enables society to get back normal; 116 answers mentions “normal”, “normally” or
“normality” (normal/normalt/normalitet). Another frequent argument was to put forth that the risk
of side effects from the vaccines is much smaller than the risks of COVID-19. Some appealed to
a sense of duty or responsibility, with 65 participants making an argument containing the words

“duty”, “responsibility” or “obligation” (plikt/ansvar/skydlighet).

2.7.3 Information condition

In the information condition, we asked participants to answer the following questions on vaccine

effectiveness and safety:
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* What do you think, how effective are the COVID-19 vaccines that are used in Sweden for

your age group in reducing deaths from COVID-19? (Response scale: 0 — 100%)

* What do you think, how many deaths in the EU and the USA have been confirmed to have
a connection to the COVID-19 vaccines that are used in Sweden for your age group? (Re-
sponse scale: 0 deaths, 1-5 deaths, 5-10 deaths, 11-20 deaths, 21-50 deaths, 51-100 deaths,
101-200 deaths, 201-500 deaths, 501-1°000 deaths, 1°’001-2’000 deaths, 2°001-5’000 deaths,
5°001-10’000 deaths, >10’000 deaths)

We then gave them the correct answer based on the evidence available at the time of the trial
which was that the Pfizer-BioNTech vaccine prevented 97% of deaths from COVID-19 and that
there were no confirmed cases of deaths due to the Pfizer-BioNTech or Moderna COVID-19 vac-
cines neither in the US nor in the EU. In this section, we provide the distribution of participants’

answers to these two questions, that is, their prior beliefs about vaccine effectiveness and safety.

Figure S9: Beliefs about COVID-19 vaccine effectiveness in preventing deaths, correct an-
swer: 91-100%

o
I

Percent
30
1

20

10

T T T
s s )
0,’\0 /0\,\_1() lo ;\,'50 l°.3

2 AT 50T 6% 7O 20 «'9005\—«00"“

5 )

Beliefs about the protection of vaccination vs. death

68



Figure S10: Beliefs about the number of deaths caused by COVID-19 vaccines (Pfizer), cor-
rect answer: 0
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2.8 Expert predictions of treatment condition impacts on vaccination up-

take and intentions vs. actual impacts

We conducted an online survey to collect expert predictions about the impact of our interventions
on vaccination intention and uptake. We implemented this survey on the newly established Social
Science Prediction Platform, which allows for the systematic collection and assessment of expert
forecasts of the effects of untested social programs.

The data were collected during the period June 29, 2021, to August 15, 2021. The sample
consisted of 53 participants (17% Professors, 13% Assistant Professors, 21% Postdocs, 28% PHD
Students and 21% other researchers). The majority of respondents were Economists (81%).

Participants were told that we were currently conducting an RCT with the aim to increase
COVID-19 vaccination uptake that started at the beginning of June. Their task was to predict the
outcomes of the study. We explained all experimental conditions to them, told them that we would
link the trial data with population-wide Swedish administrative records for vaccinations (but had
not yet linked the data), and described our two main outcome measures on vaccination intentions
and vaccination uptake. We then asked the experts to predict the treatment effect on the two main
outcome variables for each condition. Responses were made using a slider from -15 percentage
points to +15 percentage points.

Below, we show the predicted and actual difference to the control group by treatment in 1)
vaccination uptake in Figure S11 and 2) vaccination intentions in Figure S12. The results have to
be interpreted carefully, as we only have a convenience sample limited in size.

Interestingly, experts predicted a smaller impact of incentives on vaccination uptake than their
effects were. On average, however, they predicted similar effects of nudges (predicted effects were

slightly higher than actual effects) to the ones that we found.
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Figure S11: Actual vs. predicted impact on vaccination uptake
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Figure S12: Actual vs. predicted impact on intentions
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2.9 Perspectives on cost-effectiveness

A natural question is whether paying people to get vaccinated is cost effective. To answer this
question, one must determine the benefits of increasing vaccination rates and compare them to the
cost incurred.

At a 75% vaccination rate, offering monetary incentives to the whole Swedish adult population
would cost around SEK 1.2 billion ($140 million). Using a widely applied value of a statistical
life in Sweden (SEK 44 million, 42) suggests that the program would be cost-effective if it saves
at least 28 lives, or 0.035 lives per 10,000 adults.

Assessing how many lives the program would save is complex and likely to depend on a range
of time and place-specific factors. However, we can get some indication from the few existing
studies that estimate the impact of vaccination rates on COVID-19 mortality rates. Gupta and
coauthors (43) measure the effect of vaccination on COVID-19 death across USA states. Until
May 9, 2021, the number of saved lives ranged from 1.1 per 10,000 adults in Hawaii to 11.7
per 10,000 in New York, with 5.5 saved lives per 10 000 in the average state. The modeling in
Galvani, Mohandas, and Schneider (44) provides comparable estimates, with 279,000 saved lives,
or 8.4 saved lives per 10,000 up to the end of June 2021. These studies were carried out when
between 40-50% of the adult population in the USA was fully vaccinated. Assuming that the
effects of increasing vaccination rates are constant with respect to the proportion vaccinated, these
results suggest that increasing vaccination rates by 1 percentage point roughly saved 0.15 lives per
10,000 adults. Hence, the direct benefits from offering monetary incentives and thereby increasing
vaccination rates by 4 percentage points (0.60 lives per 10,000 adults) are likely to be higher than
the costs (0.035 lives per 10 000 adults).

Besides these direct benefits of saving lives, the benefits of increasing vaccination rates also
include indirect effects such as increasing the overall immunity in a country, lowering hospitaliza-
tion rates and medical costs, and stimulating economic growth. Directly calculating these benefits
is very difficult, and the calculation depends crucially on a large set of parameter values that will
vary across countries and across different time periods of the epidemic. Hence, it is difficult to do
this calculation in a way that is likely to generalize to multiple settings. Yet, if the direct benefits in
terms of saved lives are higher than the costs, including these additional indirect effects does only
make it more cost-effective to use incentives.

It is crucial to note that, unlike some government interventions that are intended to save lives

(e.g., using more expensive but safer building materials), the $140 million is not a cost that only has
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the value of preventing death. Rather, the money being spent is going to the pockets of Swedish
citizens that can then be spent and enjoyed. Thus, the true cost of the program is substantially
less and will depend on the cost of taxation and reallocation. In fact, many countries have been
providing economic stimulus packages to their citizens that are considered cost-effective even if
they do not also increase vaccination rates, such as the $1,400 per person that the USA has sent to
its citizens as of September 2021.

Overall, the cost-effectiveness of the monetary incentives intervention that we document in this
paper will be highly dependent on the country and timing of the intervention, along with other
assumptions (e.g., the value of giving citizens money) that will have to be made by local policy-
makers when considering such an intervention. However, based on the available estimates of how
many lives have been saved due to vaccinations in the USA, the indirect benefits of increasing vac-
cination rates, and the fact that the monetary payments are not wasted but go to citizens’ pockets,

it seems clear that the intervention has potential to pass a cost-effectiveness test in many contexts.
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2.10 Experimental instructions

What follows are the completed instructions from the trial, including all questions asked and all
details on each experimental condition. The trial was conducted in Swedish, we include an En-
glish translation of the text. For the items used in previous research, whenever possible we used

researcher-provided translations of the questions.

74



Consent Form

Background
We are a group of researchers led by Professor Erik Wengstrom from Lund University who
are conducting a study on vaccination against the coronavirus (COVID-19). By participating
in the study, you contribute to research in this area. No special knowledge is required to
participate in the study, and your answers will remain confidential and anonymous.

Data management and confidentiality
The project will collect and record information about you and your opinions. Your answers
will be protected so that unauthorized persons will not be able to access them. An encrypted
link between your personal data and the answers collected in the survey ensures that the
researchers will not be able to connect your answers to any identifiable information. The
results of the project will be presented in research reports. The research reports will only
contain summary statistics about the participants, that is, the number of participants, the
proportion of women, age distribution, etc.

Linkage with Administrative Registers
With your survey participation, you help us to better understand decision-making around
COVID-19 vaccination. To better understand COVID-19 vaccination decisions, the public
health agency will need to link your survey responses to vaccination data. In order to link the
data, you will therefore be asked for your social security number. Your social security
number will be collected at the very beginning on a one-page survey. After, you will be
forwarded to a different survey so that nobody--neither the researchers, nor the survey
provider, nor the Public Health Agency, nor any other person--will be able to link your
social security number to your survey responses. Your social security number will be kept
completely confidential and the researchers working with your survey responses will not
have access to it.

Click here to learn more details about the procedure to ensure confidentiality.

Pop-up: Enkatfabriken, the survey provider, will collect your social security number (and no
other data) on the next screen of this survey. Enkatfabriken will then send the social security
number to the public health agency along with an anonymized random number. Then the
public health agency will match the anonymized random number with data on COVID-19
vaccinations using your social security number and afterwards delete your social security
number. The public health agency will finally send the anonymized data consisting of the
anonymized random number and the vaccination data to the researchers.

The researchers have only access to the answers to the second part of the survey (which does
not include questions about your social security number or any other questions that would
allow them to identify you). The dataset from second part of the survey includes the same
anonymized random number the public health agency has. The researchers can therefore link
the vaccination data that they receive from the public health agency with the answers to the
second part of the survey using the anonymized random number. Note that the anonymized
random number does not allow the researchers to identify you.

This procedure means that:



e Neither the researchers, nor Enkatfabriken, nor the Public Health Agency, nor
any other person will be able to link your social security number to your survey
responses.

¢ Neither the researchers of the study nor any other third parties will ever have
access to your social security number.

Your anonymity will hence always be protected.

This matching between the survey data and vaccination data will happen twice: once in mid
2021 and once in late 2021-early 2022. Latest at the end of 2022, Enkatfabriken will delete
all social security ID data.

How do I get information about the project results?
Research reports can be ordered from the responsible researcher (see below). It usually takes
time (more than a year) before there is a complete report. Aggregate information about other
participants’ decisions can be obtained on request.

Responsible researcher
Lund University is responsible for the project. The researcher responsible is Professor Erik
Wengstrom at the Department of Economics.

Erik.wengstrom@nek.lu.se

Criteria for participation
This study consists only of answering questions. However, you must not participate if any of
the following are true: you have already received a COVID-19 vaccination, you are pregnant,
you have previously experienced an allergic reaction that required hospital care, or you have
ever experienced a severe allergic reaction after you got a vaccine. To assess whether it is
appropriate for you to participate in the study, we must therefore first ask the following
question.

Is any of the following statements true?

- | have already received a COVID-19 vaccination

- | am pregnant

- | have previously experienced an allergic reaction that required hospital care
- | have previously experienced a severe reaction after | got a vaccine

[] Yes, at least one of the statements is true
[1 No, none of the statements is true

Your participation is voluntary and you can choose to cancel your participation at any time
by pressing a button that cancels the questionnaire. If you choose not to participate or want to
cancel your participation, you do not need to state why.

[1 1 have received information on data confidentiality and | agree with the linkage of my
social security number to the COVID-19 vaccination register
[1 I agree to participate in the study



Questionnaire items

Screen: Social security number

o Please, type your social security number:

Note:

e  Remember that your social security number will be kept completely confidential and that nobody (neither the
researchers, nor the survey provider, nor the Public Health Agency, nor any other person) will be able to link your
social security number to your survey responses.

e Your response here will be saved by Enkétfabriken, the survey provider, and the responses in the following survey
will be saved by the researchers, so neither Enkéatfabriken nor the researchers will be able to link your survey
responses to your social security number.

e  Click here to learn more details about the procedure to ensure confidentiality.

When clicking Next Page, subjects are automatically transferred to another survey

Screen: Preferences and personality

o In the following, we will ask you several questions about your willingness to act in
certain ways.

Please indicate your answer on a scale from 0 to 10. A 0 means “completely unwilling to do so,” and a 10 means

“very willing to do so.” You can also use any number between 0 and 10 to indicate where you fall on the scale,
using0,1,2,3,4,5,6,7,8,9, or 10.

o How willing are you to give to good causes without expecting anything in
return?

o Ingeneral, how willing are you to take risks?

o How willing are you to give up something that is beneficial for you today
in order to benefit more from that in the future?

(Response scale: 0-10)

o How well do the following statements describe you as a person?

Please indicate your answer on a scale from 0 to 10. A 0 means “does not describe me at all,” and a 10 means
“describes me perfectly.” You can use any number between 0 and 10 to indicate where you fall on the scale, using
0,1,2,3,4,5,6,7,8,9,or10.

o When someone does me a favor, | am willing to return it.
o | assume that people have only the best intentions.
o | postpone starting on things I dislike to do.

o Itisimportant for me to always behave properly and to avoid doing
anything people would say is wrong.

(Response scale: 0-10)



Screen: COVID-19 and vaccine knowledge

¢ We will now ask you some questions about COVID-19 and vaccinations.

o Have you ever tested positive for COVID-19 or COVID-19 antibodies?
o Areyou in an at-risk group for COVID-19?

o Have you already been eligible for getting a COVID-19 vaccination?

(Response scale: Yes/No/l don’t know)

o To what extent do you agree with the following statements:
o Ingeneral, COVID-19 vaccines are safe.

o Diseases like autism, multiple sclerosis, and diabetes might be triggered
through vaccination.

o | am worried about the side effects from COVID-19 vaccines.

o | am afraid of the needles used for vaccination.

(Response scale: Completely disagree, Disagree, Neither agree nor disagree, Agree, Completely agree)

Screen: Demographics

We will now ask you some questions about your personal circumstances.
o What year were you born?

(Response scale: 1955-2005)
o Do you identify yourself as a woman or a man?

(Response scale: woman, man, neither man nor woman)

o What describes your civil status best?

(Response scale: single, sarbo, couple, married, others)

o How many children live in your household?

(Response scale: no children, 1 child, 2 children, 3 children, 4 children, 5 or more children)

o What is your employment status?

(Response scale: work, unemployed, student, pensioner, others)

o What education do you have (fill in the highest you have)?

(Response scale: elementary or lower, high-school, professional training, ongoing university studies, university
studies, research studies)

o Inwhich region do you live?

(Response scale: Blekinge, Dalarna, Gotland, Gévleborg, Halland, Jdmtland, Jénkoping, Kalmar, Kronoberg,
Norrbotten, Ské’me'z Stockholm, Sédermanland, Uppsala, Varmland, Vasterbotten, Vasternorrland, Vastmanland,
Vaéstra Gotaland, Orebro, Ostergétland)

o Where was your father born?



(Response scale: Sweden, Another European country, North America, South America, Africa, Middle-east, Rest of
Asia, Oceania)

o Where was your mother born?
(Response scale: Sweden, Another European country, North America, South America, Africa, Middle-east, Rest of
Asia, Oceania)

o How much is your household’s total income per month after taxes

including public benefits? Calculate also your loan if you are a student.
Please answer even if you are not sure.

(Response scale: 0-5000kr, 5001-10000kr, 10001-15000kr, 15001-20000kr, 20001-25000kr, 25001-30000kr,
30001-35000kr, 35001-40000kr , 40001-45000kr, 45001-50000kr, 50000kr-55000kr, more than 55000kr)



Interventions

1. Control condition

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

Reminder
Thank you again for participating in the survey on COVID-19 vaccination.

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

Click here to get information about how you can book an appointment for vaccination
against COVID-19 in your region.

Erik Wengstrom, Professor at Lund University



2. Incentives condition

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

We offer you SEK 200 if you get a first shot of a COVID-19 vaccine within the first 30
days after the vaccination becomes available to you*.

* available means that vaccination started for people in your age category and region. If the vaccine has already become
available to you, you will receive the SEK 200 if you get vaccinated within 30 days. We will pay you as soon as possible,
but latest before the end of the year.

We will check with the public health agency whether you vaccinated within 30 days the
vaccine has become available to you. If you got vaccinated, we will send you a gift card with
a value of SEK 200.! As explained previously, your data will be treated confidentially.

The following picture is a certificate that ensures that you will be paid SEK 200 if you get a
COVID-19 vaccine within 30 days after it becomes available to you. Please take a picture
and/or save this document.

I, Dr. Erik Wengstrom, Professor at Lund University and co-researcher of this study,
guarantee that you will receive a SEK 200 voucher via e-mail if you take a first shot of a
COVID-19 vaccine within 30 days after people in your region and age group can take the
vaccine.

CLi

Erik Wengstrom

Professor at Lund University

o lunderstand that if | take a first shot of a COVID-19 vaccine within one month

after which it became available to me, I will be paid $10
(Response scale: Yes/No)

Reminder
Thank you again for participating in the survey on COVID-19 vaccination.

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

Remember that we will pay you SEK 200 if you get a first shot of a COVID-19 vaccine
within one month after which it became available to you.

Click here to get information about how you can book an appointment for vaccination
against COVID-19 in your region.

Erik Wengstrom, Professor at Lund University

! This card is a SuperPresentKort that gives you choices among all present cards at gogift.com — you can choose
from more than 150 retail stores, including Zalando, Ahlens, H&M, Pressbyron, McDonalds, Jack&Jones, and
many more.




3. Social impact condition

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

The COVID-19 vaccine not only protects you, but also protects people around you (e.g.,
family, friends, neighbors, work colleagues, and local shopkeepers). Now, we would like
you to make a list of the 4 people who will benefit if you get the vaccine.

Please write down their first name (if you know the person’s name) and how they are related
to you. Note that none of this information will be matched with your personal data.

As an example, please take a look at the list of Erik Wengstrom, co-researcher of this study:

Ann, Mother

Anders, Friend in a risk group

Mohammed, My local pizza cook

Johan and his schoolmates, Students in the local high school

Please write down your own list with peoples’ first name and how they are related to
you in the following textboxes: (Response in 4 textboxes)

Reminder
Thank you again for participating in the survey on COVID-19 vaccination.

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first month after the vaccine becomes available to you.

We would like to remind you that the COVID-19 vaccine not only protects you, but also
protects the people around you (e.g., family, neighbors, work colleagues, and local
shopkeepers). When you participated in our survey, you made a list consisting of four
people that would benefit if you took the vaccine. We would like that you think about
these four people when you consider taking the vaccine.

Click here to get information about how you can book an appointment for vaccination
against COVID-19 in your region.

Erik Wengstrom, Professor at Lund University



4. Argument condition

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

There are people who do not plan to get the vaccine soon after it becomes available for
them. We would like to ask you to write down arguments that you think could best
convince another person to change his/her mind and get the vaccine as soon as possible,
ideally within 30 days after it becomes available to him/her.

We will also give you the opportunity to share your argument with a person that does not
plan to get the vaccine. We will randomly select the arguments of ten participants in this
study and control that the participant agreed to share the argument. If the participant agreed,
we will then share the argument with a person that does NOT plan to get the vaccine and
does NOT have an increased risk of side effects from COVID-19 vaccination. You remain
anonymous and your argument will never be connected to your personal data.

Note: You can write down an argument directly. Iternatively, you are also welcome to look
for arguments, for example on the the Swedish health authority website.

Please write your arguments in the following textbox:

(Response scale: textbox)

[]1 I agree that my arguments may be shared anonymously with someone who does NOT plan
to get the vaccine and does NOT have an increased risk of side effects from COVID-19
vaccination.

[1 1 do not want that my arguments are shared.
Reminder
Thank you again for participating in the survey on COVID-19 vaccination.

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

We would like to remind you that you wrong an argument to convince another person
to take the vaccine as soon as possible, ideally within the first 30 days after it becomes
available to them. We would like you to think about an argument that you think could
best convince another person to get the vaccine.

Click here to get information about how you can book an appointment for vaccination
against COVID-19 in your region.

Erik Wengstrom, Professor at Lund University



5. Information Treatment

Screen 1

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

In the following, we would like to ask you to fill out a short quiz about the effectiveness
and safety of the COVID-19 vaccine.

Screen 2
Quiz Question 1: Effectiveness of COVID-19 vaccines

What do you think, how effective are the COVID-19 vaccines that are used in Sweden
for your age group in reducing deaths from COVID-19?

(Response scale: 0 — 100%)
Screen 3

The information below is confirmed by the virologist Prof. Niklas Arnberg at Umea
University:

Trials have shown that the currently approved vaccines in Sweden strongly protect
against the virus. In fact, results from millions of vaccinated people in Israel show that the
Pfizer-BioNTech vaccine prevents 97% of deaths from COVID-109.

Before you move to the next screen, please now provide the correct answer to quiz question
1:

How effective are COVID-19 vaccines in reducing deaths from COVID-19?

(Response scale: 0 — 100%)

Screen 4

Quiz Question 2: Safety of the vaccine

What do you think, how many deaths in the EU and the USA have been confirmed to
have a connection to the COVID-19 vaccines that are used in Sweden for your age
group?

(Response scale: 0 deaths, 1-5 deaths, 5-10 deaths, 11-20 deaths, 21-50 deaths, 51-100 deaths, 101-200 deaths, 201-500
deaths, 501-1°000 deaths, 1°001-2000 deaths, 2°001-5°000 deaths, 5°001-10°000 deaths, >10°000 deaths)

Screen 5

The information below is confirmed by the virologist Prof. Niklas Arnberg at Umea
University:



The vaccines have shown to be safe.

Serious side-effects are very rare. The vaccines that are used in Sweden for your age group
can rarely create side effects in the form of allergic reactions. Studies indicate that fewer than
3 people per 10,000 vaccinated get such an effect. Most of them have previously had
allergies, and everyone in the studies recovered himself/herself completely.

After more than half of USAs adult population has vaccinated

The vaccines only very rarely trigger side-effects in the form of allergic (anaphylactic)
reactions in 5 to 10 people out of 1,000,000 vaccinated people or in 0.001% of vaccinated
people. Most people who developed these reactions have had a history of allergies, and all of
them have fully recovered.

After more than half of the US adult population has been vaccinated, no causal link has been
established between deaths and the vaccines used in Sweden for your age group. Within the
EU, over 120 million doses of the Pfizer-BioNTech vaccine have been administered. Here,
too, no link has been established between deaths and the vaccine.

Please now provide the correct answer to the quiz question:

How many deaths in the EU and the USA have been confirmed to have a connection to
the COVID-19 vaccines that are used in Sweden for your age group?

(Response scale: 0 deaths, 1-5 deaths, 5-10 deaths, 11-20 deaths, 21-50 deaths, 51-100 deaths, 101-200 deaths, 201-500
deaths, 501-1°000 deaths, 1°001-2°000 deaths, 2°001-5°000 deaths, 5°001-10°000 deaths, >10°000 deaths)

Reminder
Thank you again for participating in the survey on COVID-19 vaccination.

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first 30 days after the vaccine becomes available to you.

In the study, we asked two questions about the efficacy and safety of the COVID-19
vaccines. Based on the studies we referred to, the following applies:

* The vaccines are very effective. The COVID-19 vaccines used in Sweden for
your age group have been shown to reduce COVID-19 deaths by 97%.

* The vaccines have been shown to be safe. After more than 300 million
vaccinated people in the EU and the US, no link has been established between
deaths and the vaccines used for your age group.

Click here to get information about how you can book an appointment for vaccination
against COVID-19 in your region.

Erik Wengstrom, Professor at Lund University



Intentions

Screen: Vaccine intention 1 (main outcome for intentions)

o Do you think you will get a first shot of a COVID-19 vaccine within the first 30

(@)

days after the vaccine becomes available to you?*
* Available means that vaccinations started for people in your age group in your region
(Response scale: No/Yes)

Screen: Vaccination Intention 2

We understand that there is always some uncertainty regarding all decisions.
From 0% to 100%, what do you think are the chances that you will choose to get
a first shot of a COVID-19 vaccine within the first 30 days after the vaccine
becomes available to you?

(Response scale: 0-100)

Screen: Vaccination Intention 3

When do you think you will get a COVID-19 vaccine after the vaccine becomes
available to you?

(Response scale: within 1 week, within 2 weeks, within 3 weeks, within 1 month, within 2 months, within 3
months, within 6 months, within 12 months, after 12 months, never)



End of study

[Brackets indicate for which treatment each sentence was displayed]

We would like to encourage you to get a COVID-19 vaccine as soon as possible, ideally
within the first month after the vaccine becomes available to you. [Control condition,
incentives condition, social impact condition, argument condition, information condition]

¢ Remember that we will pay you SEK 200 if you get a first shot of a COVID-19
vaccine within 30 days after it becomes available to you. [Incentives condition]

e Remember that the COVID-19 vaccine not only protects you, but also protects the
people around you (e.g., family, neighbors, work colleagues, and local shopkeepers).
You made the following list of 4 people who will benefit if you get the vaccine:

[List of the four people listed by the participant]
[Social impact condition]

e Remember, that you wrote the following argument to convince another person to get
the vaccine as soon as possible, ideally within 30 days after it is available to him/her:
[Argument]

[Argument condition]

e Remember that the COVID-19 vaccines that are used in Sweden for your age group
are both effective and safe. Studies show that the Pfizer-BioNTech vaccine prevents
97% of the deaths from COVID-19. After hundreds of millions have vaccinated there
has not been found any connection between deaths and the vaccines. [Information
condition]

Click here to get information about how you can book an appointment for vaccination
against COVID-19 in your region. [Control condition, incentives condition, social impact
condition, argument condition, information condition]

Note, do not forget to submit your answers even if you click on the link above! [Control
condition, incentives condition, social impact condition, argument condition, information
condition]

Thank you for participating in our study!

If you have any questions about the study, contact the responsible researcher Professor Erik
Wengstrom, Department of Economics at Lund University.

Address: Department of Economics, Box 7080, 220 07 Lund.
Email: erik.wengstrom@nek.lu.se.

Phone: 046 222 0123.

Click on the arrow at the bottom to submit your answers.
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