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Supplemental Figure 1. The principal component analysis showed moderate differences due to
batch effect in RNA profiles between ovarian cancer cases and controls in the JanusRNA study.
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Supplemental Figure 2. The initial principal component analysis showed significant differences in
RNA profiles by study when comparing the data from Elias 2017 and the JanusRNA study.
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Supplemental Figure 3. Evaluation of miRNA set from dataset described in Keller et al. (2017) in
JanusRNA ovarian cancer case set. (a) miRNA counts for the evaluated panel, by time between blood
collection and diagnosis (<2 years, >2 to 7 years; microRNAs log10 transformed for visualization
and zero values omitted from the plot); (b) Boxplots of model performance for the primary evaluated
miRNA signature and random miRNA set; (c) Feature importance for each of the included miRNAs
(d) Misclassification plot of the test samples based on the miRNA signature, y axis represents
prediction probability for a given observation to have been sampled within 2 years prior to diagnosis.
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Supplemental Figure 4. ROC curves for the XGBoost model on the evaluated miRNA sets. Each
curve represents one of the five training/test split performed. The average AUC and relative 95%
confidence intervals are also shown for each of the miRNA sets. In the random miRNA sets figure,
each curve represents the average of each of the five training/test split repetitions curve and its + one
standard deviation from the mean.
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Supplemental Figure 5. Boxplots of model performance for the five sets randomly selected
miRNAs (14 random miRNAs for each set).
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Supplemental Figure 6. Spearman correlation heatmap between the miRNA set from Elias et al.
(2017) and the randomly selected miRNA with non-zero counts modelled in Supplemental Figure 4.
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Supplemental Figure 7. Standardized logio-transformed RPM miRNA counts (z-score of logio
transformed values) dynamics from dataset described in Elias et al. (2017) in JanusRNA ovarian
cancer case set.



