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Supplementary Table 2: Operational definition of various terminologies used in understanding

LLMs.

Prompting

“Prompting" refers to the technique of
providing specific input or instructions to
guide the model's response generation process
in the context of Large Language Models
(LLMs). Prompting involves framing the input
text in a way that elicits the desired output.

Zero-Shot Prompting

The model is given a task without any
examples and is expected to generate the
appropriate response based solely on the
instructions in the prompt (N=0)

One-Shot Prompting

The model is provided with a single example
of the task to guide its response (N=1)

Few-Shot Prompting

The model is provided with a few examples of
the task along with the prompt (N>2)

Research has shown that few-shot prompts
outperform  one-shot  prompts,  which
outperform zero-shot prompts, and the authors
use the term “in-context learning” to describe
this phenomenon.

Chain-of-thought Prompting

This is similar to few-shot prompting but is
structured in a way that encourages the model
to think through the steps required to arrive at
the answer, leading to more coherent and
logical responses.

Fine tuning

Fine-tuning is the process of adjusting a pre-
trained model on a specific, often narrower,
dataset or task to enhance its performance in
that particular domain.

RAG

Retrieval-Augmented Generation (RAG) is a
technique used with Large Language Models
(LLMs) that combines the capabilities of
generative models with retrieval mechanisms
to enhance the accuracy and relevance of the
generated responses. This method involves
retrieving relevant information from an
external knowledge base and integrating it into
the text generation process. RAG can provide
more precise and contextually appropriate
answers, especially in specialized domains
where up-to-date and accurate information is
crucial.




Hallucination

Hallucination in a model refers to the
generation of content that strays from factual
reality or includes fabricated information.
Hallucination can occur when the model
produces text that includes details, facts, or
claims that are fictional, misleading, or entirely
fabricated, rather than providing reliable and
truthful information. This can be dangerous
when LLMs are used in critical domains where
accuracy and safety are important.

Prompt engineering

Prompt-engineering is the process of designing
natural language specifications of a task,
which are used to condition the LLM at
inference time. The prompt format changes the
model behavior and proposes particular
formats

Misalignment

Alignment means that LLMs act in accordance
with their human users’ intentions. LLMs that
are misaligned act differently from what their
users want. This can also cause harm, such as
giving wrong answers, generating biased
outputs or discriminating results. Alignment
involves tuning LLMs to encourage desired
behaviors and discourage undesired ones.

Parameter efficient tuning

Parameter efficient tuning optimizes a small
portion of the model parameters while keeping
the rest fixed, drastically cutting down
computation and storage costs. Fine-tuning the
whole model is parameter inefficient as it
always yields an entirely new model for each
task.




