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APPENDIX

Methods

An exempt certification was obtained from the UCSF Committee 
on Human Research. 

Data Extraction

We collected tweets from each day of the week (Monday-
Sunday) over a period of 7 wks (July 26, 2010 and September 
12, 2010) to obtain tweets from a maximum number of unique 
users and to ensure that all days of the week were represented in 
the dataset. Tweets were collected using the search terms 
“toothache OR tooth ache OR dental pain OR tooth pain”. We 
developed a software utility, using the Python programming 
language, to mine Twitter as a data source in near-real time. The 
program utilized the Search and User portions of Twitter’s 
Application Programming Interface (API). This allowed us to 
automate the extraction of tweets meeting the search criteria and 
correlate them with the author’s user information. This process 
occurred daily and constrained the search to tweets authored 
during the previous 24 hrs over the seven-week period  (JP). 
From this dataset, 1000 tweets were  randomly selected for 
analysis. Results could refer to experiences of dental pain which 
was currently occurring or had occurred in the past, or the user 
could be anticipating future pain. Since our search criteria 
utilized words in the English language, our dataset consisted 
primarily of user content posted in English. No attempt was 
made to obtain content in other languages. 

In addition to collecting the user-generated post or tweet, we 
extracted non-private user-specific information, including 
identification number, user name, profile name, profile picture, 
self-identified geographic location, TweetID (a unique number 
given to each tweet), number of status updates, and number of 
followers. Gender was coded by using profile name, user name, 
and picture. Geographical location was coded using the user-
identified location, if provided, or the time zone. 

Criteria for Inclusion and Exclusion

All criteria for inclusion or exclusion are based on the content of 
the tweet and not on any Twitter user parameters. All content 
meeting the search criteria were included in the initial dataset, 

from which 1000 tweets were randomly selected. Content was 
excluded from the dataset of 1000 tweets for any of the 
following reasons: (1) Content was re-tweeted (meaning that 
this tweet was re-posted by a user who is not the original 
author); (2) content was unrelated to dental pain (e.g., ‘You’re 
so sweet you give me a toothache!’); (3) content was in another 
language (e.g., used English word “toothache”, but remaining 
content was in another language); (4) content was a subsequent 
post from the same user (i.e., only one post was analyzed per 
user); or (5) the content was un-interpretable for any other 
reason. This resulted in a dataset of 772 tweets for analysis. 

Further Information on Coding Strategy and Protocol

The primary category represents the major themes that were 
communicated in tweets meeting the search criteria and not 
mutually exclusive, so one tweet could meet the criteria for one or 
more primary categories. Once the primary category or categories 
of the tweet were determined, we evaluated which secondary 
category or categories were applicable (for examples, see Table 2 
in the main paper). These secondary categories are also not 
mutually exclusive, with the exception of those falling under the 
primary category “Statement”. The Web-based application 
Google Forms was used for data entry such that the coder had to 
answer whether the content of an individual tweet related to each 
of the 14 primary categories. If the coder indicated that the tweet 
met the criteria of one of the primary categories, he/she was then 
prompted with subsequent questions relating to the relevance of 
secondary categories. The data were compiled by the application 
into a Web-based spreadsheet that was converted into an Excel 
(Microsoft Excel 2008) spreadsheet for further analysis. 

Inter-rater Reliability

To measure inter-rater reliability, two investigators (NH, BG) 
extracted and coded 100 tweets from the primary dataset. Inter-
rater reliability for each category was calculated by Cohen’s 
kappa [mean κ = 0.96, 95% CI, 0.95, 0.98; percent differences 
(mean PD = 0.96), 95% CI, 0.95, 0.98], and prevalence-
adjusted, bias-adjusted kappa [mean PABAK = 0.93, 95% CI, 
0.90, 0.95]. PABAK is a variation of kappa that is determined 
only by the proportion of observed agreement between two 
raters (Cunningham, 2009). All measures indicate very high 
agreement between the codes selected by the investigators.

DISCOVERY!
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Appendix Figure. Number of tweets extracted per day for 7 non-consecutive days using the designated search terms “toothache” or “tooth ache”, 
“tooth pain”, and “dental pain”. The total number of tweets extracted in the sample was 4859.



	   3

A
pp

en
di

x 
Ta

bl
e.

 C
om

pr
eh

en
si

ve
 T

ab
le

 o
f N

on
-m

ut
ua

lly
-e

xc
lu

si
ve

 C
od

in
g 

Re
su

lts
 

C
at

eg
or

y
D

ef
in

iti
on

Tw
ee

t E
xa

m
pl

e 
(p

rin
te

d 
un

ed
ite

d)
Fr

eq
ue

nc
y 

(n
)

St
at

em
en

t
St

at
in

g 
ex

pe
rie

nc
e 

of
 fe

el
in

g 
or

 h
av

in
g 

pr
ev

io
us

ly
 fe

lt 
de

nt
al

 
pa

in
 

64
0

N
o 

ne
ga

tiv
e 

em
ph

as
is

Po
si

tiv
e 

em
ot

io
n 

or
 n

o 
em

ot
io

n 
“t

oo
th

ac
he

”
13

7
N

eg
at

iv
e/

D
is

tre
ss

ed
N

eg
at

iv
e 

em
ot

io
n 

or
 d

is
tre

ss
“T

oo
th

ac
he

, t
oo

th
ac

he
. O

uc
hh

hh
.”

46
8

C
at

as
tro

ph
ic

Ex
tre

m
e,

 ir
ra

tio
na

l, 
or

 u
nl

ik
el

y 
re

sp
on

se
s

“A
bo

ut
 to

 G
oo

gl
e 

ho
w

 m
an

y 
su

ic
id

al
 d

ea
th

s 
w

er
e 

TO
O

TH
A

C
H

E 
re

la
te

d.
..#

Th
is

To
ot

ha
ch

eI
sM

aj
or

 =
(“

35

A
ct

io
n

Ta
ki

ng
 o

r 
co

nt
em

pl
at

in
g 

an
 a

ct
io

n 
in

 r
es

po
ns

e 
to

 d
en

ta
l p

ai
n 

 
17

0

D
en

tis
t

D
en

tis
t t

o 
ad

dr
es

s 
pa

in
“@

us
er

na
m

e 
gr

ea
t t

ha
nx

 a
pa

rt 
fro

m
 a

 te
rr

ib
le

 to
ot

ha
ch

e!
!!

 M
us

t 
try

 a
nd

 g
et

 to
 d

en
tis

t t
om

or
ro

w
!!

 U
 o

k?
”

46

D
en

tis
t: 

Ro
ot

 C
an

al
Ro

ot
 c

an
al

 s
pe

ci
fic

al
ly

 n
ot

ed
 a

s 
tre

at
m

en
t

“I
m

 tw
ee

tin
g 

ag
ai

n,
 b

ut
 o

nl
y 

ca
us

e 
i n

ee
d 

a 
ro

ot
 c

an
al

 a
nd

 i 
ca

nt
 s

le
ep

 d
ue

 to
 th

e 
po

stu
ra

l t
oo

th
 p

ai
n”

2

D
en

tis
t: 

Ex
tra

ct
io

n
Ex

tra
ct

io
n 

sp
ec

ifi
ca

lly
 n

ot
ed

 a
s 

tre
at

m
en

t
“.

.g
ot

ta
 to

ot
ha

ch
e 

fro
m

 h
el

l, 
ca

n’
t w

ai
t t

o 
ge

t i
t p

ul
le

d 
in

 th
e 

m
or

ni
n 

ht
tp

:/
/m

yl
oc

.m
e/

ao
PB

V”
26

H
ea

lth
 P

ro
vi

de
r 

(O
th

er
 th

an
 

D
en

tis
t)

A
 h

ea
lth

 p
ro

fe
ss

io
na

l o
th

er
 th

an
 a

 d
en

tis
t

“c
al

le
d 

an
 a

m
bu

la
nc

e 
la

st 
ni

gh
t, 

i t
ho

ug
ht

 i 
ha

d 
a 

br
ai

n 
tu

m
ou

r, 
it 

w
as

 to
ot

h 
ac

he
!!

”
7

A
na

lg
es

ic
s/

M
ed

ic
at

io
n

M
ed

ic
at

io
n,

 in
cl

ud
in

g 
an

al
ge

si
cs

, a
nt

ib
io

tic
s,

 to
pi

ca
ls,

 e
tc

.
“T

ur
ns

 o
ut

 2
 ib

up
ro

fin
 a

nd
 3

 5
00

m
g 

pa
na

do
ls 

ki
ll 

to
ot

h 
pa

in
, 

lo
ok

in
g 

fo
rw

ar
d 

to
 g

oi
ng

 to
 th

e 
de

nt
is

t t
om

or
ro

w
 

#m
yt

ee
th

ar
ec

ra
p”

73

H
om

e 
Re

m
ed

y
Tr

ea
tm

en
t m

et
ho

ds
 fr

om
 h

om
e

“@
us

er
na

m
e 

ac
h,

 it
’s 

fin
e 

du
de

 :P
 I 

am
 tr

yi
ng

 to
 h

ol
d 

to
ot

h 
ac

he
 

ba
ck

 m
ys

el
f w

ith
 c

lo
ve

 o
il.

 I 
ha

ve
 th

ic
k 

sk
in

 a
s 

w
el

l a
s 

a 
th

ic
k 

he
ad

.”

10

Re
cr

ea
tio

na
l S

ub
sta

nc
es

A
ch

ie
ve

 a
n 

al
te

re
d 

sta
te

 to
 a

lle
vi

at
e 

pa
in

“T
he

re
’s 

a 
sto

rm
 o

n 
th

e 
ho

riz
on

 +
 I 

ha
ve

 a
 m

aj
or

 to
ot

ha
ch

e 
= 

W
IN

E!
”

4

Se
ek

in
g 

A
dv

ic
e 

fro
m

 T
w

itt
er

 
C

om
m

un
ity

A
sk

 a
dv

ic
e,

 in
fo

rm
at

io
n,

 o
r 

di
re

ct
 h

el
p 

fro
m

 o
th

er
 T

w
itt

er
 u

se
rs

“w
ha

t’s
 th

e 
be

st 
re

m
ed

y 
fo

r 
a 

to
ot

ha
ch

e?
”

24

O
th

er
M

is
ce

lla
ne

ou
s 

ac
tio

ns
 th

at
 fa

il 
to

 fi
t i

nt
o 

ot
he

r 
ca

te
go

rie
s 

(e
.g

., 
go

in
g 

to
 s

le
ep

)
“A

w
ay

 o
ff 

to
 g

o 
to

 s
le

ep
, g

ot
 r

ea
lly

 s
or

e 
to

ot
ha

ch
e!

”
15

Im
pa

ct
 o

n 
D

ai
ly

 A
ct

iv
ity

D
en

ta
l p

ai
n 

af
fe

ct
s 

da
ily

 li
fe

 o
r 

ac
tiv

ity
 a

s 
w

el
l a

s 
m

oo
d 

 
11

2

M
is

s 
M

is
s 

w
or

k,
 s

ch
oo

l, 
ev

en
t, 

TV
 s

ho
w

, o
r 

an
y 

ot
he

r 
ty

pi
ca

l 
ac

tiv
iti

es
“H

op
e 

sh
e 

ha
s 

a 
go

od
 fi

rs
t d

ay
. I

 a
m

 h
om

e 
si

ck
 w

ith
 a

s 
to

ot
h 

ac
he

”
19

Sl
ee

p
Lo

si
ng

 s
le

ep
 

“T
oo

th
ac

he
 s

til
l g

oi
ng

 s
tro

ng
. K

ep
t m

e 
aw

ak
e 

m
os

t o
f t

he
 n

ig
ht

. 
C

re
am

 s
ou

p 
&

 p
ai

n 
pi

lls
 fo

r 
br

ea
kf

as
t i

s 
no

t a
 g

oo
d 

si
gn

. 
C

al
lin

g 
de

nt
is

t.”

46

D
ie

t
C

ha
ng

es
 in

 d
ie

t s
uc

h 
as

 b
ei

ng
 u

na
bl

e 
to

 e
at

 o
r 

dr
in

k 
ce

rta
in

 
ite

m
s

“H
av

en
’t 

be
en

 a
bl

e 
to

 e
at

 a
ny

th
in

g 
ex

ce
pt

 c
ol

d 
so

up
 fo

r 
th

e 
pa

st 
tw

o 
da

ys
!!

 I’
m

 s
ta

rv
in

g 
stu

pi
d 

fli
pp

in
g 

to
ot

h 
pa

in
...

.”
19

Pe
rfo

rm
an

ce
D

is
ru

pt
s 

ab
ili

ty
 r

eq
ui

re
d 

in
 d

ai
ly

 ta
sk

s 
an

d 
fo

r 
ph

ys
ic

al
 o

r 
co

gn
iti

ve
 a

ct
iv

ity
“I

 h
av

e 
a 

to
ot

ha
ch

e 
:/

 ; 
ho

m
ew

or
k 

th
at

 I 
ne

ed
 to

 d
o 

bu
t I

’ll
 s

av
e 

it 
fo

r 
to

m
or

ro
w

.”
11

O
th

er
M

is
ce

lla
ne

ou
s 

im
pa

ct
s 

th
at

 fa
il 

to
 fi

t i
nt

o 
ot

he
r 

ca
te

go
rie

s
“m

y 
to

ot
ha

ch
e 

is
 p

ut
tin

g 
m

e 
in

 a
 b

ad
 m

oo
d.

 -_
_-

”
26

D
en

tis
t/

H
ea

lth
 P

ro
vi

de
r 

O
pi

ni
on

 a
bo

ut
 d

en
tis

ts/
he

al
th

 p
ro

fe
ss

io
na

ls 
A

FT
ER

 r
ec

ei
vi

ng
 

ca
re

 
20

C
on

te
nt

C
on

te
nt

m
en

t o
r 

sa
tis

fa
ct

io
n 

re
ga

rd
in

g 
ca

re
 r

ec
ei

ve
d

“S
ur

vi
ve

d 
m

y 
tri

p 
to

 fi
x 

m
y 

to
ot

ha
ch

e 
at

 m
y 

Sm
ile

 D
r. 

A
nd

 n
o 

ea
r 

cr
in

gi
ng

 d
ril

lin
g 

so
un

ds
 c

au
se

 I 
w

as
 w

at
ch

in
g 

a 
m

ov
ie

 
w

ith
 e

ar
ph

on
es

 o
n!

!”

5 (c
on

tin
ue

d)



4 	

D
is

co
nt

en
t

D
is

co
nt

en
tm

en
t o

r 
ne

ga
tiv

e 
op

in
io

ns
 r

eg
ar

di
ng

 c
ar

e 
re

ce
iv

ed
“U

gh
! 

Th
e 

pa
in

 is
 u

nb
ea

ra
bl

e.
. T

hi
s 

de
nt

is
t n

ee
ds

 to
 h

ur
ry

 u
p.

. I
 

fe
el

 li
ke

 y
an

ki
ng

 th
e 

to
ot

h 
ou

t m
ys

el
f! 

Lo
l”

16

Q
ua

lit
y 

of
 P

ai
n

Sp
ec

ifi
ed

 q
ua

lit
y 

of
 p

ai
n 

(s
ha

rp
, a

ch
in

g)
“J

us
t g

ot
 th

e 
sh

ar
pe

st 
to

ot
ha

ch
e 

ev
ar

rr.
 w

en
t t

hr
ou

gh
 m

y 
w

ho
le

 
m

ou
th

!”
57

Te
m

po
ra

l A
sp

ec
ts 

of
 P

ai
n

Te
m

po
ra

l a
sp

ec
t o

f p
ai

n
“@

us
er

na
m

e 
O

h 
no

, t
hi

s 
is

 o
th

er
 s

tu
ff.

 T
oo

th
 p

ai
n 

is
 s

til
l t

he
re

 o
n 

an
d 

of
f, 

I j
us

t h
av

e 
to

 g
et

 th
em

 o
ut

. M
y 

sc
he

du
le

 is
 ju

st 
nu

ts.
”

62

W
is

do
m

 T
oo

th
Sp

ec
ifi

ca
lly

 s
ta

te
s 

de
nt

al
 p

ai
n 

or
ig

in
at

es
 fr

om
 a

 w
is

do
m

 to
ot

h/
te

et
h

“O
oo

o 
w

is
do

m
 to

ot
h 

pa
in

. O
w

 O
w

 O
w

!”
53

C
o-

m
or

bi
di

tie
s

Ex
pe

rie
nc

in
g 

ot
he

r 
ai

lm
en

ts 
in

 a
dd

iti
on

 to
 d

en
ta

l p
ai

n
 

85

H
ea

d 
an

d 
N

ec
k

A
ilm

en
ts 

as
so

ci
at

ed
 w

ith
 th

e 
he

ad
 a

nd
 n

ec
k 

re
gi

on
“G

ot
 a

 h
ea

da
ch

e 
an

d 
m

y 
to

ot
ha

ch
e 

is
 b

ac
k!

! 
:((

“
67

O
th

er
 C

o-
m

or
bi

di
tie

s
A

ilm
en

ts 
th

at
 a

re
 n

ot
 a

ss
oc

ia
te

d 
w

ith
 th

e 
he

ad
 a

nd
 n

ec
k 

re
gi

on
“t

oo
th

ac
he

 n
 s

to
m

ac
h 

ac
he

, p
er

fe
ct

!!
 :(

.”
36

C
op

in
g 

M
ec

ha
ni

sm
s

U
si

ng
 o

th
er

 m
et

ho
ds

 to
 d

ea
l w

ith
 d

en
ta

l p
ai

n
 

70

D
is

tra
ct

io
ns

A
ct

iv
e:

 D
is

tra
ct

io
ns

 u
se

d 
to

 d
et

er
 fr

om
 th

in
ki

ng
 a

bo
ut

 d
en

ta
l 

pa
in

“@
us

er
na

m
e.

 N
ow

 it
’s 

lik
e 

a 
so

ng
 th

at
 I 

ca
n’

t g
et

 o
ut

 o
f m

y 
m

in
d.

 B
ut

 a
t l

ea
st 

it 
w

ill
 ta

ke
 m

y 
m

in
d 

of
f m

y 
to

ot
ha

ch
e.

...
”

41

A
vo

id
an

ce
/H

op
e

Pa
ss

iv
e:

 E
xp

ec
tin

g 
or

 h
op

in
g 

th
e 

pa
in

 w
ill

 g
o 

aw
ay

 o
n 

its
 o

w
n

“T
oo

th
ac

he
 g

 a
w

ay
 a

nd
 s

ta
y.

...
pu

hl
ee

ee
zz

ee
 it

s 
be

en
 3

da
ys

 
no

w
...

le
av

e”
22

O
th

er
M

is
ce

lla
ne

ou
s 

co
pi

ng
 m

ec
ha

ni
sm

s 
th

at
 fa

il 
to

 fi
t i

nt
o 

ot
he

r 
ca

te
go

rie
s

“@
us

er
na

m
e 

so
 m

uc
h 

pa
in

 h
ap

pe
ni

ng
 (t

oo
th

ac
he

)..
.i 

lik
e 

to
 m

oa
n.

 
m

ak
es

 m
e 

fe
el

 b
et

te
r..

.:P
”

7

A
nx

ie
ty

 
A

nt
ic

ip
at

in
g 

ad
ve

rs
e 

ef
fe

ct
s 

du
e 

to
 d

en
ta

l p
ai

n
 

66

D
en

tis
t/

H
ea

lth
ca

re
 P

ro
vi

de
r 

Fe
ar

 o
f d

en
tis

t o
r 

he
al

th
 p

ro
vi

de
r 

(P
ro

sp
ec

tiv
e 

Re
sp

on
se

) 
“H

as
 to

ot
ha

ch
e.

...
 n

ot
 g

oi
ng

 to
 th

e 
de

nt
is

t t
ho

 i 
ha

te
 th

em
 :(

“
9

Fi
na

nc
ia

l
Fe

ar
 o

f c
os

ts 
as

so
ci

at
ed

 w
ith

 tr
ea

tm
en

t
“m

ig
ht

 ju
st 

b 
th

e 
pa

in
 ta

lk
in

g 
bu

t I
 r

ea
lly

 w
an

a 
go

 b
ac

k 
ho

m
e 

 
w

he
re

 I 
ha

ve
 fu

ll 
he

al
th

 c
ov

er
ag

e 
(in

cl
 d

en
ta

l) 
n 

ca
n 

ge
t i

t a
ll 

ch
ec

ke
d!

!!
 :(

“

10

Im
pa

ct
Fe

ar
 o

f i
m

pa
ct

 o
n 

da
ily

 li
fe

, s
uc

h 
as

 m
is

si
ng

 v
ac

at
io

n 
or

 lo
si

ng
 

sle
ep

 
“O

k 
so

 m
y 

w
is

do
m

 to
ot

h 
ha

s 
m

e 
in

 p
ai

n 
to

da
y 

ee
ee

w
w

w
w

 m
y 

da
y 

is
 g

oi
ng

 to
 b

e 
no

t s
o 

pl
ea

sa
nt

 :(
“

15

Pa
in

Fe
ar

 o
f t

he
 p

ai
n 

no
t g

et
tin

g 
be

tte
r 

or
 g

et
tin

g 
w

or
se

“S
w

ea
tin

g 
a 

fe
ve

r 
ou

t b
ec

au
se

 o
f t

oo
th

 in
fe

ct
io

n,
 s

oo
o 

m
an

y 
ta

bl
et

s 
ca

n’
t s

le
ep

 to
o 

m
uc

h 
pa

in
, s

ui
ci

de
 s

ee
m

s 
an

 o
pt

io
n!

”
31

O
th

er
M

is
ce

lla
ne

ou
s 

an
xi

et
ie

s 
th

at
 fa

il 
to

 fi
t i

nt
o 

ot
he

r 
ca

te
go

rie
s

“@
us

er
na

m
e 

C
A

N
D

A
C

E 
H

EL
PE

D
! 

IM
 F

RE
A

KI
N

G
 S

TR
ES

SE
D

 P
LU

S 
I 

H
AV

E 
A

 T
O

O
TH

A
C

H
E”

5

In
di

re
ct

 In
pu

t
A

no
th

er
 T

w
itt

er
 u

se
r 

re
sp

on
di

ng
 to

 a
 p

er
so

n 
ex

pe
rie

nc
in

g 
de

nt
al

 
pa

in
 

 
75

D
en

tis
t/

H
ea

lth
 p

ro
vi

de
r

Re
co

m
m

en
ds

 s
ee

in
g 

a 
de

nt
is

t o
r 

he
al

th
 p

ro
vi

de
r 

to
 a

dd
re

ss
 d

en
ta

l 
pa

in
“@

us
er

na
m

e 
C

an
’t 

yo
u 

go
 s

ee
 a

 d
en

tis
t t

el
l t

he
m

 y
ou

’re
 s

ho
rt 

on
 

ca
sh

 b
ut

 h
av

e 
a 

te
rr

ib
le

 to
ot

ha
ch

e 
&

 a
sk

 if
 th

ey
 c

an
 d

o 
an

yt
hi

ng
?”

10

A
na

lg
es

ic
s/

M
ed

ic
at

io
n

Re
co

m
m

en
ds

 o
r 

of
fe

rs
 m

ed
ic

at
io

ns
 (O

TC
, R

x)
 

“@
us

er
na

m
e 

To
ot

h 
pa

in
 is

 th
e 

w
or

st!
 H

op
e 

yo
u 

ha
ve

 s
om

e 
go

od
 

pa
in

 m
ed

s 
;-)

”
8

H
om

e 
Re

m
ed

y
Re

co
m

m
en

ds
 o

r 
of

fe
rs

 a
 h

om
e 

re
m

ed
y

“C
he

w
 o

n 
so

m
e 

ic
e 

RT
 @

us
er

na
m

e:
 T

oo
th

ac
he

 li
ke

 h
el

l :
(((

 th
is

 
na

pr
ox

en
 s

od
iu

m
 (A

le
ve

) i
s 

no
t w

or
kn

!!
 I 

do
ne

 to
ok

 2
 in

ste
ad

 o
f 

1.
”

7

Re
cr

ea
tio

na
l S

ub
sta

nc
es

Re
co

m
m

en
ds

 r
ec

re
at

io
na

l s
ub

sta
nc

es
 to

 r
el

ie
ve

 d
en

ta
l p

ai
n

N
o 

Ex
am

pl
e

0 (c
on

tin
ue

d)

C
at

eg
or

y
D

ef
in

iti
on

Tw
ee

t E
xa

m
pl

e 
(p

rin
te

d 
un

ed
ite

d)
Fr

eq
ue

nc
y 

(n
)

A
pp

en
di

x 
Ta

bl
e.

 (c
on

tin
ue

d)



	   5

Sy
m

pa
th

et
ic

O
ffe

rs
 s

ym
pa

th
y 

or
 c

on
ce

rn
“@

us
er

na
m

e 
M

y 
he

ar
t g

oe
s 

ou
t t

o 
yo

u 
- t

oo
th

 p
ai

n 
is

 th
e 

w
or

st 
so

rt 
:-(

 G
et

 b
et

te
r 

so
on

! 
X”

44

U
ns

ym
pa

th
et

ic
Re

sp
on

se
 la

ck
s 

co
nc

er
n 

an
d 

is
 in

se
ns

iti
ve

 o
r 

in
di

ffe
re

nt
“U

 d
es

er
ve

 it
 lo

l R
T 

@
us

er
na

m
e:

 L
or

d 
I h

av
 th

e 
bi

gg
es

t t
oo

th
ac

he
 

w
hi

ch
 m

ea
ns

 I 
ha

v 
th

e 
bi

gg
es

t h
ea

d 
ac

he
 o

n 
on

e 
si

de
 o

f m
y 

fa
ce

 
FM

L”

12

O
th

er
M

is
ce

lla
ne

ou
s 

in
pu

t t
ha

t f
ai

ls 
to

 fi
t i

nt
o 

ot
he

r 
ca

te
go

rie
s

“@
us

er
na

m
e 

N
ot

 s
ur

e 
ab

ou
t t

he
 to

ot
ha

ch
e 

bi
t, 

bu
t a

pp
ar

en
tly

 
ge

tti
ng

 o
ut

 o
f t

he
 u

su
al

 w
or

ks
pa

ce
 h

el
ps

 s
om

e 
pe

op
le

. N
ot

 tr
ie

d 
it 

m
’se

lf 
th

o.
”

4

St
at

us
 o

f R
el

ie
f

M
et

ho
ds

/a
ct

io
ns

 ta
ke

n 
to

 r
el

ie
ve

 th
e 

pa
in

 e
ith

er
 w

er
e 

ef
fe

ct
iv

e 
or

 
in

ef
fe

ct
iv

e 
 

47

Re
lie

f: 
D

en
tis

t/
H

ea
lth

 P
ro

vi
de

r
Tr

ea
tm

en
t f

ro
m

 d
en

tis
t o

r 
ot

he
r 

he
al

th
 p

ro
vi

de
r 

pr
ov

id
ed

 r
el

ie
f

“W
en

t t
o 

m
as

sa
ge

 th
er

ap
y 

= 
fin

ge
rs

 d
ig

gi
ng

 in
to

 m
y 

hu
rty

 ja
w

 fr
om

 
de

nt
al

 w
or

k 
= 

m
uc

h 
pa

in
 (r

ea
l t

ea
rs

) b
ut

 lo
os

en
ed

 ja
w

s.
 I’

m
 ti

re
d 

of
 p

ai
n.

”

1

Re
lie

f: 
A

na
lg

es
ic

s/
M

ed
ic

at
io

n
M

ed
ic

at
io

ns
 (O

TC
, R

x)
 p

ro
vi

de
d 

re
lie

f
“@

us
er

na
m

e 
or

aj
el

 s
ay

s 
to

 m
y 

to
ot

ha
ch

e 
pa

in
, j

ou
r 

do
ne

”
12

Re
lie

f: 
H

om
e 

Re
m

ed
y

H
om

e 
Re

m
ed

y 
pr

ov
id

ed
 r

el
ie

f
“@

us
er

na
m

e 
m

y 
w

is
do

m
 to

ot
h 

w
as

 p
la

yi
n 

up
 a

nd
 w

as
 to

ld
 to

 g
ar

gl
e 

w
ar

m
 s

al
t w

at
er

. i
ts 

di
sg

us
tin

g 
bu

t i
t s

or
ts 

th
e 

pa
in

 o
ut

”
1

Re
lie

f: 
Re

cr
ea

tio
na

l S
ub

sta
nc

es
A

lte
re

d 
sta

te
 fr

om
 r

ec
re

at
io

na
l s

ub
sta

nc
e 

us
ag

e 
pr

ov
id

ed
 r

el
ie

f
N

o 
Ex

am
pl

e
0

Re
lie

f: 
O

th
er

M
is

ce
lla

ne
ou

s 
“T

he
 to

ot
ha

ch
e 

is
 s

ub
si

di
ng

.”
14

N
o 

Re
lie

f
M

et
ho

ds
/a

ct
io

ns
 ta

ke
n 

w
er

e 
in

ef
fe

ct
iv

e 
in

 p
ro

vi
di

ng
 r

el
ie

f
“I

 c
an

no
t w

ai
t t

o 
ge

t t
hi

s 
w

is
do

m
 to

ot
h 

pu
lle

d.
..m

y 
bo

dy
 is

 im
m

un
e 

to
 e

ve
ry

 p
ai

n 
m

ed
ic

in
e 

..a
nd

 i 
ha

ve
 ta

ke
n 

EV
ER

YT
H

IN
G

”
19

A
m

bi
gu

ou
s/

U
nr

el
at

ed
M

is
ce

lla
ne

ou
s 

or
 a

m
bi

gu
ou

s 
in

pu
t t

ha
t f

ai
ls 

to
 fi

t i
nt

o 
an

y 
of

 th
e 

ca
te

go
rie

s
“@

us
er

na
m

e 
Yo

u 
lo

ok
 s

o 
sw

ee
t y

ou
 a

re
 g

iv
in

g 
m

e 
a 

to
ot

ha
ch

e”
13

2

Sp
am

In
fo

rm
at

io
n 

br
oa

dc
as

t: 
lin

ks
 a

nd
 a

dv
er

tis
em

en
ts

“1
2 

H
ou

r 
To

ot
ha

ch
e 

C
ur

e 
- T

oo
th

 A
ch

e.
: T

he
 p

er
fe

ct
 u

nd
is

co
ve

re
d 

ni
ch

e 
to

 m
ak

e 
a 

to
n 

of
 c

as
h 

w
ith

. H
ig

h 
C

on
ve

rti
ng

, .
.. 

ht
tp

:/
/b

it.
ly

/c
U

2g
vD

”

53

Fr
eq

ue
nc

y 
re

pr
es

en
ts 

th
e 

to
ta

l n
um

be
r 

of
 tw

ee
ts 

co
de

d 
fo

r 
ea

ch
 c

at
eg

or
y 

ou
t o

f t
he

 s
am

pl
e 

of
 7

72
. P

rim
ar

y 
ca

te
go

rie
s 

(P
C

) a
re

 in
 th

e 
sh

ad
ed

 g
ra

y 
ro

w
s,

 a
nd

 th
e 

se
co

nd
ar

y 
ca

te
go

rie
s 

(S
C

) 
im

m
ed

ia
te

ly
 fo

llo
w

in
g 

ar
e 

in
 n

on
-sh

ad
ed

 ro
w

s.
 A

 fe
w

 c
od

es
 e

sta
bl

is
he

d 
or

ig
in

al
ly

 b
y 

in
ve

sti
ga

to
rs

 w
er

e 
no

t u
se

d 
w

he
n 

th
e 

te
st 

da
ta

se
t w

as
 c

od
ed

 (f
re

qu
en

cy
 =

 0
). 

*A
ct

ua
l u

se
r I

D
 re

m
ov

ed
 

to
 m

ai
nt

ai
n 

pr
iv

ac
y,

 a
nd

 r
ep

la
ce

d 
w

ith
 “

us
er

na
m

e”
.

C
at

eg
or

y
D

ef
in

iti
on

Tw
ee

t E
xa

m
pl

e 
(p

rin
te

d 
un

ed
ite

d)
Fr

eq
ue

nc
y 

(n
)

A
pp

en
di

x 
Ta

bl
e.

 (c
on

tin
ue

d)


