ESM Methods 2. Additional statistical methods

1) Logistic regression: both forward and backwargwise approaches were used to enter
in the explanatory variables described in the magthods. How useful the individual
predictors were in classifying MODY was determifgtthe beta coefficients, and their
corresponding z-statistic and p value. The ovéradt model was determined by the
Deviance statistic[1]. The models were assessad bsth logit and probit link
functions. Goodness of fit statistics (Hosmer-Lshwav[2] and the dispersion
parameter[1]) were used to assess model fit. Lewkds were used to examine the
shape of the predictors and determine whetheratifit was appropriate[3], and plots of
fraction of positive cases against average ofdittelues[4] were used to further assess
model fit across all probabilities.

2) Discriminant analysis: The same explanatory vaeislere added into these models, and
their significance was determined by the F sta{is}i Plots of the discriminant
coordinate (crimcoords) were used to aid interpicataand allowed inspection of the
discriminative ability of the model.

3) Classification trees: Dendograms were producectoahstrate the split criteria. Overly
elaborate classification trees were simplified ggnuning[6].

Analysis was carried out using the R statisticahpating package. Specific libraries used
included ‘ROCR'’ for ROC analysis, ‘MASS'’ for disorinant analysis, ‘rpart’ for
classification trees, and the ‘boot’ library fopnss-validation.
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