Supplementary figures
The Impact of Gene Duplication, Insertion, Deletion, Lateral Gene Transfer and
Sequencing Error on Orthology Inference — A Simulation Study

Dalquen et al.
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SFigure 1. The species trees used in the simulations.(a)-(b): sampled from bacteria tree; (c)-(d):
sampled from mammalia tree.



Gene Tree
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SFigure 2. Example gene tree of a gene family with duplications.
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Orthology Prediction vs. Gene Duplication
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SFigure 3. Results for different proportions of duplications in the replicates not shown in the main

article.



Orthology Prediction vs. Gene Duplication and Loss
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SFigure 4. Results for different proportions of duplications with varying relative loss rates in the
replicates not shown in the main article.



Orthology Prediction vs. LGT

Bacteria-like Dataset 2 Mammalia-like Dataset 2
1.0 A WA Q@Yy xTé\ 10N
Y
X N Y
0.8+ e SR LY
’ X = g
v
A %
0.6 Py %
0.4 A B Gy Agh ?
. £ @7
| /
A A @ A4 A ‘ﬁ
0.2 o o &
% ® - 0 %
c
-8 0.0
g Bacteria-like Dataset 3 Mammalia-like Dataset 3
& o A m %@W )(TX 10N
Y
)\ X B Q
0.8 ! Y X » X
0.6 “® QW
A
A & A£
0.4 1 fa &
’ v
A
[ TN e
0.2 AN
- e
® o X Abme
+
0.0 \4
02 04 06 08 10 02 0.4 08 1.0
Recall
% LGT Orthology Prediction Methods
®0 Score-based Methods Distance-based Methods Tree-based Method
® 10 O BBH A OMA groups X SPIMAP
® 20 O Inparanoid & OMAHOGs g‘g;’:gt‘:'('f;ﬂ';";e
® 40 < Ortholnspector ® OMA pairs
® 60 Vv OrthoMCL H RSD
® 80 A\ Quartets

SFigure 5. Results for different proportions of LGT in the replicates not shown in the main article.



Orthology Prediction vs. Indels
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SFigure 6. Results for different insertion and deletion rates.




Precision

Orthology Prediction vs. Sequencing Errors
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SFigure 7. Results for different

proportions of ambiguous characters.



Orthology Prediction vs. Sequencing Errors
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SFigure 8. Results for different proportions of ambiguous characters for mammalia-like dataset 1. We
investigated the impact of sequence length on the inference result of QuartetS by creating datasets with
shorter sequences (bottom box).



