Supplementary Figure S5: Parameter distributions of multiple pLSA optimi-
sation runs.
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Figure S5. Parameter distributions of 100 pLSA optimisation runs.

This Figure shows illustrative examples of scatter plots for parameter values derived from 1’00 fits.
Parameter values for Kr are shown in green (left column, A, D, G), for kni in red (center column, B, E,
H), and for gt in blue (right column, C, F, I). Parameter notation: « (production rate), A (decay rate), D
(diffusion rate), and 7 (production delay; see equation 1 of the main text). Since we applied the stochastic
optimisation method pLSA, we checked whether parameter estimates of multiple (100) optimisation runs
would show any significant deviation from one another. However, parameter estimates turned out to be
tightly confined in parameter space, supporting evidence that pLSA robustly recovers the same solution
across runs. Limits for axes are chosen according to Figure 6 of the main paper.



