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Data

SSA Data on Outcomes

We use SSA data to measure annual employment, earnings, and benefit receipt primarily
from 2007 — 2009 (in some supplemental analyses described below, we explore 2006 data as
well). 2007 is prior to the lottery; 2008 is the year the lottery was conducted and 2009 is post-
lottery for everyone.

Data on annual earnings comes from the Master Earnings File which contains W-2
annual wage information for each job the individual held during the year as well as self
employment income from schedule SE. We use this to code up individual annual earnings, and
to break out earnings into wage and self-employment earnings. Data on annual SSDI benefits
comes from the Master Beneficiary Record which is the master file for the Title II program. Data
on annual SSI benefits comes from the Supplemental Security Records file, which is the master
file for the title XVI program. These data on earnings and benefit receipt have been used in other
recent studies of employment, earnings and benefit receipt (see e.g. Song and Manchester 2007,
von Wachter, Song and Manchester 2011).

Additional Data

We obtained pre-randomization demographic information that the participants provided
at the time of lottery sign-up. We use these data to match our study participants to the SSA
records (see above) and also to construct nine ‘lottery list variables’’ that we use to examine
treatment and control balance on pre-randomization demographics.' We obtained state
administrative records on the complete Medicaid enrollment history of lottery list participants
from prior to the lottery through the end of 2009. We use these data as our primary measure of
the first-stage outcome (i.e., insurance coverage). In addition, we obtained state administrative
records on the Food Stamp (SNAP) and TANF benefit history of lottery list participants from
prior to the lottery through the end of 2009. We use these records on benefit receipt and amount
granted to the household to generate a more complete definition of income and benefits.
Additional information on each of these data sources is provided in the appendix of Finkelstein
et al (2012).

Matching the Oregon Sample to SSA Records

We attempted to match the full Oregon Health Insurance Experiment analytic sample
(N=74,922) to the Social Security Administration (SSA) records. We used full name and date of

" The nine “lottery list variables” provided at the time of sign up for the lottery are: age, gender, whether English is
the preferred language for receiving materials; whether the individuals signed themselves up for the lottery or were
signed up by someone else; whether they provided a phone number on sign-up; whether the individuals gave their
address as a PO box; where the address they list is in an MSA; whether they signed up the first day the lottery list
was open; and the median household income in the 2000 census from the zip code they gave.



birth (provided at time of lottery sign-up) to match them to SSA’s masterfile of all SSNs ever
issued; in addition to SSN, these data set includes last name, first name, middle initial, date of
birth, sex, place of birth and date of death (if any). It is updated to account for new information
(such as a name change or a birth date correction). We linked to the data as of the end of 2007
(i.e. right before the lottery). We then used SSN to link individuals to outcomes data on
employment, benefits and earnings.

Due to large file sizes, we conducted the match in three steps.

Step 1: We searched for identical matches on first name, last name, and date of birth
using SAS. 80.8% of our Oregon Health Insurance Experiment analytic sample (controls) was
matched uniquely to a Social Security Number using this method.

Step 2: We then limited the remaining SSA records to ones that were sufficiently similar
to one of the remaining unmatched Oregon records using SAS. Two records were considered
“sufficiently similar” if they have identical date of birth and (1) they have similar first names” or
(2) they have similar last names or (3) their first names and last names are both similar but the
orders are reversed. We then probabilistically matched this subset of SSA records to the
remaining unmatched Oregon records in Linkplus using first name, last name, and date of birth.
We manually reviewed the pairs matched in Linkplus and picked those that we were “almost
certain” (as a subjective matter) were true matches (we picked a conservative threshold in this
step because most of the unmatched records in this step could still be matched in Step 3).
Another 0.6% of the Oregon Health Insurance Experiment analytic sample (controls) was
matched this way.

Step 3: We then allowed for the possibility that there could be data entry errors in the
date of birth field in either the Oregon reservation list or the SSA records. From SSA records that
had not been matched in the previous two steps, we used SAS to extract only the ones that

1. Had both a similar first name and a similar last name as one of the remaining unmatched

Oregon reservation records or had a similar name with first and last name reversed as one of
the remaining unmatched Oregon reservation records (“similar” defined as above)

AND

2. Had a similar date of birth’ as that same Oregon reservation record

In Linkplus, we probabilistically matched SSA records that fit these criteria to the
remaining unmatched records from the Oregon reservation list on first name, last name, and date
of birth. Once again we manually reviewed the pairs matched in Linkplus and identified pairs
that we thought were likely to be true matches (using our subjective assessment of 80% or more

* “Similar” names were defined using the “soundex” algorithm in SAS. The goal of the algorithm is

for homophones to be encoded to the same representation so that they can be matched despite minor differences

in spelling. For example, the function considers Katherine, Catherine, and Kate the same name.

? «“Similar” dates of birth were defined as follows. Two dates of birth, DMY1 and DMY2 (D = day, M = month, Y =
year) were considered “similar” if: M1 = M2, Y1=Y2 (D1 may differ from D2 arbitrarily) OR D1 =D2, Y1 =Y2
(M1 may differ from M2 arbitrarily) OR D1 = D2, M1 = M2, Y1 differs from Y2 by 1 digit or transposition OR D1
=M2,M1=D2,Y1=Y2.



likely to be a match as our definitely of “likely true match”). We were able to match another 3.5%
of the Oregon analysis sample (controls).

In total, we successfully matched 84.9% of the Oregon Health Insurance Experiment
analytic sample (controls) to a unique Social Security Number. We use this matched sample for
all the analyses in this paper, including the analyses of TANF and SNAP that do not require SSA
data. Our analyses of outcomes in the main text use 2009 data. Table A1 reports the control
mean, standard deviation and % positive for each continuous analytic variable; it also reports
moments of the distribution control on positive value.

Weights

In the fall of 2009, the state of Oregon began conducting a new lottery for OHP Standard.
For the first draw, the state mailed postcards to those on the original list who were not selected
(our controls). Those who returned the postcard were added to the new waiting list and an initial
draw was done just from that group. After the drawing, we probabilistically matched (using
LinkPlus software) the new waiting list to our study population to identify individuals who were
eligible for selection by the state (called “opt-ins”) and those who were actually selected (called
“selected opt-ins”). As with the original lottery, the draw was done on individuals, but the
opportunity to apply for OHP (treatment) was extended to the whole household.

We exclude from our analytic sample individuals selected in this new lottery drawing.
We adjust for this using weights constructed on the following principle: within any (even non-
random) subset of the original sample base, a randomly selected group can be weighted to stand
in for the non-selected remainder based on the probability of that random selection without
introducing bias. We can thus construct a weight that corrects for the initial new lottery drawing
done in the fall of 2009. The weights are designed to insure our analytic sample is balanced on
treatment status.

We use inverse probability weights. Individuals in households that did not sign-up for
the new lottery are assigned a weight of one. Individuals in households that signed-up for and
were selected in the new lottery are assigned a weight of zero (dropped from the analysis).
Individuals in households that signed-up for and were not selected in the new lottery are assigned
a weight which is the inverse of the probability of remaining unselected conditional on signing-
up for the new lottery. The selection probabilities varied by the number of household members
on the list, so in all cases, we estimated the selection probability separately by strata of “tickets”
(number household members on the new waiting list at the time of the drawing).

Table A2 summarizes the distribution of the weights. Since only one selection for the
new lottery occurred before the end of 2009, the impact of the new lottery is very minimal for
our main analysis on SSA outcomes.



Defining Indicator of Total Individual Earnings above FPL

In our analysis of the effect of insurance on labor force activity in Table 1, we look at an
indicator for whether the study participant’s total individual earnings (from both wages and self-
employment) are above the Federal Poverty Level (FPL).

Because we do not have a way to identify household members in the SSA records, we use
individual earnings. We compare this to a constructed federal poverty level for the individual’s
household. We take the number of household members on the lottery list, and adjust it based on
survey responses about household size.* Where there is a single household member on the list,
we use an adjusted household size of 2.63; for two household members on the list, we use 3.71
and for three household members on the list, we use 4.25. We calculate the 2009 FPL for
households of each size using the published guidelines. For example, the FPL for an adjusted
household size of 2.63 is $10830+$3740*(2.63-1) = $16926.

This variable is thus measured with several sources of error, and but we still view it as a
potentially interesting threshold aimed at capturing if an individual is earning enough to lift the
household out of poverty.

Results

Balance of Treatment and Control

In previous work (Finkelstein et al. 2012) we discuss the random assignment of treatment
and control groups. Here we examine treatment and control differences in the subset of
individuals who matched the SSA records. Differences would threaten the validity of our
inferences, which relies on the assumption that the treatment and control individuals in our
analysis sub-sample are not differentially selected. Reassuringly, our analysis finds no evidence
of differential match rates between treatment and control, or differences in pre-randomization
characteristics between treatment and control.

Table A3, Panel A, shows that the match rates to the SSA data are balanced between
treatments and controls among the Oregon Health Insurance Experiment analytic sample.” The
table also shows, among the 85% of the sample that matched to the SSA data, various pre-
randomization demographics and outcomes are balanced between (matched) treatments and
(matched) controls. The table reports balance on a large number of individual, pre-randomization

* We use data from our 12-month mail survey, described in detail in Finkelstein et al. 2012. We use the adjusted
household sizes for all individuals in the analysis, not just the subset who responded to the survey.

> Table A3 shows a total sample that we tried to match to the SSA data of 73,253, which is slightly smaller than the
full Oregon Health Insurance Experiment analysis sample that we tried to match to the SSA data (N=74,922). The
difference reflects the small fraction of the sample that has a zero weight when analyzing 2009 data (see Table A2
and discussion therein). Match rates for treatment vs. control and characteristics of matched treatments vs. controls
are also balanced on the unweighted sample (not shown).



covariates. Panel B shows balance on the demographics provided at sign-up on the lottery list.
Panel C shows balance in the main outcomes we planned to analyze for 2009, as measured in
2007. We report summary F-statistics and p-values on the treatment-control balance of groups
of variables: the lottery list demographics, the pre-randomization (2007) outcomes, and on both
sets of variables combined. In all cases, we are unable to reject the null of treatment-control
balance.

Although the treatment and control individuals who matched to SSA thus appear
balanced on a broad array of pre-randomization characteristics, not surprisingly the set of
individuals who match to SSA differ in some systematic ways from those in the analytic sample
who did not match. Table A4 shows the results for the controls. Most notably, nearly 30% of
unmatched individuals list a language other than English as their preferred language for
applications, compared to only about 5% of matched individuals. In addition, unmatched
individually are also about a year older and slightly less likely to list a PO Box as an address, to
have signed up on the first day, or to have responded to the 12 month mail survey. They are also
more likely to live in an MSA and in zip codes with slightly higher median household income.

First Stage

Table A5 reports our first stage estimates based on equation (3). Our measure of
insurance is whether the individual was every on Medicaid from the beginning of the lottery
(March 10, 2008) through the end of 2009. The first row reports our first stage estimate of 0.265
(standard error = 0.004) for the sample we matched to SSA records, which is the analysis sample
in this paper. The F-statistic for this first stage is over 4,500. The second row shows the first
stage estimate for the 15 percent of the sample that we did not match to the SSA data. The first
stage for that sample is noticeably lower (0.19 (standard error = 0.009)).°

Breakdown of Earnings Results

Table A6 shows additional details of the earnings results shown in the main text (Table 1).
The first three rows repeat the results from Table 1. The last two rows break out the analysis of
annual earnings (row 2) separately into wage earnings and self employment earnings. Most
earnings come from wages. We find no evidence of an impact of Medicaid on either of these
components of earnings.

® As noted above, the un-matched sample disproportionately listed languages other then English at sign-up as their
preferred language for applications. It may be that some unmatched individuals are recent immigrants, documented
or undocumented. Such individuals would not be matched to SSA records and would be less likely to be eligible for
Medicaid. Although only U.S. citizens and a small number of qualified non-citizens can receive Medicaid, there was
no screening during the application process to prevent them from signing up for the lottery.



Timing of Food Stamp Results

We (post-hoc) examined the timing of the increase in food stamps receipt with respect to
winning the lottery. As an indirect way of probing the extent to which the is the direct effect of
winning the lottery (rather than an effect of Medicaid as in the IV interpretation). Any direct
effect of winning the lottery on SNAP would likely show up relatively quickly probably within
the first three months,” but effects that occur with sufficient lags may be more plausibly due to
Medicaid coverage.

Table A7 investigates this. Specifically, we analyze the reduced form (ITT) effect of
winning the lottery on outcomes defined as “start receiving SNAP” (for the first time since
January 2007) over a given 3-month interval relative to one’s notification date of winning the
lottery.® The table shows a statistically significant increase in the probability of starting to
receive SNAP during the first 1 to 3 months after winning the lottery, and a similarly sized,
statistically significant increase in the probability of starting to receive SNAP during the 4 to 6
months after winning the lottery; this latter effect seems less likely due to a direct effect of
winning the lottery than to the effect of Medicaid coverage. The increase in first receipt of SNAP
continues in the subsequent 3-month periods out to the end of our study period (13-15 months
from winning the lottery) although these effects are not individually statistically significant.
Taken together, we view the time pattern as suggestive of there being some “application effect”
as well as some of the increase in SNAP not coming from the direct effect of winning the lottery
and applying for Medicaid.

Applications to SSDI and SSI

Our primary analysis of receipt of SSDI and SSI (Table 2 of main text) uses data on
benefit receipt, which is recorded retrospectively based on the date the individual became
eligible for the program following a successful application. Another way to analyze the impact of
Medicaid on SSDI and SSI is to examine how it affects applications to these programs and
approvals of these applications. Post-hoc we decided to do this as well, using the Social Security
Administration’s 831 files, which contain application dates for SSDI and SSI, as well as the
ultimate disposition of the application (e.g. whether they were approved or not).

7 As the Appendix to Finkelstein et al. (2012) details (see especially Table A2 there), applications for Medicaid were
due within about two and a half months of being notified of winning the lottery. If an individual applied for
Medicaid in Oregon in person (rather than by mail), case workers are instructed to offer assistance to interested
applicants in applying for TANF and SNAP as well (which are handled by the same case workers). Conversations
with state officials in Oregon indicate receipt of SNAP benefits is retroactive to the application date, so a boost
directly related to winning the lottery and applying for Medicaid would show up within three months.

¥ There were eight separate lottery drawings, each with their own notification date (for details again see Table A2 of
Finkelstein et al. 2012). For control individuals, we randomly assigned a lottery draw at the household level,
stratified on the number of household members on the list, to match the distribution of lottery draws among the
treatments so that, by construction, treatment probability is uncorrelated with lottery draw within strata. These
notifications dates range from March to September 2008; by contrast, all other analyses in this paper measure
outcomes from the start of the lottery (i.e. the first notification date) of March 10 2008



Table A8 shows the results of this additional analysis. The first two columns report the
results of balance tests on these application and approval outcomes, measured in 2007. Columns
3 and 4 report the analysis of these outcomes in 2009. There is evidence of imbalance on the
2007 (pre-randomization) variables “applied for SSI” and “applied for SSDI”; both indicate that
subsequent lottery winners were statistically significantly less likely to have applied for SSI or
SSDI in 2007 (on the order of 0.5 percentage points). The analysis of 2009 outcomes (which
controls for the 2007 level of the dependent variable), shows that Medicaid coverage is
associated with a statistically significant, but economically small increase in the probability of
applying for SSDI of about 1.3 percentage points, and a borderline statistically significant
increase in approvals for SSDI of about half that magnitude. There is a borderline statistically
significant increase the probability of applying for SSI of similar magnitude, although no
evidence of an increase in approvals. Combined with the evidence on benefit receipt in Table 2,
our overall reading of the evidence is that Medicaid coverage does not have a quantitatively large
impact on SSDI or SSI receipt, although there is some suggestive evidence that it may have a
statistically significant effect on approved SSDI applications.

Total Income and Economic Self-Sufficiency Results

Table A9 shows the results of analysis combining data on benefit receipt and earnings to
examine total income and “economic self-sufficiency.”

Total income is defined as the sum of wage income, self-employment earnings, SSI and
SSDI benefits, plus the household amount of TANF benefits. Not surprisingly given the main
earnings and benefits results in Tables 1 and 2, we find no statistically significant effect of
Medicaid on whether the individual reports “any income” or on average annual income.

Our index of economic self-sufficiency follows the spirit of the one developed by Kling,
Liebman, and Katz (Kling, Liebman and Katz 2007) but the underlying measures differ slightly.
Our index of economic self-sufficiency is based on 4 measures: (1) employment, (2) earnings, (3)
SNAP receipt, and (4) government income. Our measure of employment is an indicator for
whether the adult had any wage or self-employment earnings during a specific year. Earnings is
the amount of total individual wage or self-employment earnings during the year. SNAP is
measured as receiving any SNAP benefit for that year. Government income is the total amount of
individual SSI/SSDI income, SNAP benefits, and TANF benefits.

To generate our composite index, we follow Kling et al and average a normalized
transformation of each outcome. The normalized transformation is generated by subtracting the
mean of the control group and divide by the standard deviation of the control group. For any
given outcome Yy , the normalized, transformed outcome is therefore: Yy *=(Y-pk)/ox where the
mean and standard deviation are based on the control group. The summary index across our four
outcomes is Y*=Xy Y */K. We reverse the sign for adverse measures of economic self-
sufficiency (government income and food stamp receipt), so that a higher value of the
normalized measure represents a more “beneficial” outcome.

We find that Medicaid decreases our economic self-sufficiency index, defined based on
whether the individual was employed, the amount he earned, (the negative of) whether he



received SNAP, and (the negative of) government income (defined as the sum of SSI, SSDI,
SNAP and TANF benefits). Row 3 indicates that Medicaid decreases this measure of economic
self-sufficiency by 0.08 standard deviations (standard error = 0.02). Given our results in Table 1
and Table 2, we investigated the extent to which this decline in our measure of economic self-
sufficiency was driven by the role of SNAP in the formula. In the last row of Table A9, we
exclude SNAP from the economic-self sufficiency index (both receipt of SNAP and its
contribution to government income). The results indicate that the decline in economic self-
sufficiency is entirely driven by the increase in SNAP.

Sensitivity Analyses

Tables A10 and A11 show results for various sensitivity analyses for our main analyses
on employment and earnings (Table 1) and benefit receipt (Table 2). We consider sensitivity to
the time period of analysis and to the choice of covariates. The results are quite similar across all
alternative specifications.

Our main analyses use outcome variables from 2009 calendar year because 2009 is the
only full post-treatment year for which we can isolate the effect of insurance on finance
outcomes. Since the first lottery selection happened in March 10, 2008, it is possible that the
2008 income and benefit amount for some individuals selected in the earlier rounds were
affected by the lottery. We therefore repeat our main analyses using 2008 calendar year outcome
variables; we also repeat the analysis with the outcome variables defined over the combined
2008-2009 period.

Our main analyses also controls for the 2007 (pre-randomization) version of the
dependent variable from 2007. We decided to include the 2007 measure of the dependent
variable based on analysis (in the control sample) of the partial R-squared as a measure of the the
predictive power of lagged dependent variables on our outcome variables (see Table A12).” We
repeat our main analyses without controlling for pre-randomization version of the outcomes for
robustness check. In addition, we repeat our main analyses including as controls not only the
pre-randomization version of the outcome but also the nine pre-randomization “lottery list”
variables included in Table A3 (Panel B).

? Our investigations indicated that further including 2006 data did not substantially further improve the partial R-
squared (not shown).
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Table Al: Distribution of variables (Match control sample only)

Panel A: Labor Market Activity

Conditional on Any

Mean SD % Any 5th %tile 25 %tile Median Mean 75th Yotile 95th %tile
Total Individual Earnings in 2009 6513.02 10227.32 0.55 395.06 3580 9658 11907.78 17144.99 24840.33
Wage in 2009 6040.61 9912.99 0.51 333.05 3244.96 9535.11 11834.78 17356.51 25051
Self-employment income in 2009 472.41 3158.81 0.059 769 2541 6004 8037.04 10958 16149
Panel B: Benefits
Conditional on Any
Mean SD % Any Sth %tile 25 %tile Median Mean 75th Ytile 95th %tile
SSI benefit in 2009 30.63 137.97 0.05 516 516 516 613.59 852 852
SSDI benefit in 2009 943.19 3401.32 0.084 3536 8583 10872 11248.74 14002 17308
TANF benefit in 2009 111.36 710.99 0.037 382 1205 2452 3017.18 4630 6101
SNAP benefit in 2009 1494.35 1892.93 0.61 193 1246 2184 2468.51 3058 5071
Panel C: Income
Conditional on Any
Mean SD % Any 5th %tile 25 Ytile Median Mean 75th %tile 95th %tile
Total individual income in 2009 7598.19 10247.47 0.65 516 3766.88 9842 11618.13 16461.52 23663.02
Economic self sufficiency in 2009 3.30E-09 0.68 0.55 0.03 0.035 0.399 0.49 0.83 1.09
Economic self-sufficiency (not including SNAP 2.90E-09 0.74 0.53 0.2 0.31 0.52 0.59 0.76 1.01

benefits)

Note: All numbers are weighted to adjust for the lottery occuring at the end of 2009. N=36813




Table A2: Summary of Weights

. . 25th 50th 75th 95th
0,
Mean StdDev Min 5th %tile Ytile otile Ytile %tile
@ 2 ®3) 4 ®) (6) () 8
SSA Sample 1 0.161 0 1 1 1 1 1.107
SSA Sample controls 0.999 0.207 O 1 1 1.107 1.107 1.204 38261
SSA Sample treatments 1 0.002 1 1 1 1 1 1

Notes: Zero weights are the result of being dropped aftargoselected in the new state lottery. All sample sizes in papd tables reflect the sample size with
positive weights.




Table A3: Balance of Treatments and Controls on Matched Analysis Sample

Panel A: SSA Records

Control mean

Diff. between treatmentg
and controls

Matched to SSA data

0.848

0.0038
(0.0029)
[0.193]

Panel B: Lottery list characteristics

Control mean

Diff. between treatmentg
and controls

Age

Female?

English as a preferred language?

Signed self up?

Signed up first day of list?

Gave phone number?

Address a PO Box?

In MSA?

Median hh income of zip code

1967.857

(12.287)

0.559

0.959

0.926

0.096

0.86

0.120

0.768

39221.262
(8493.444)

0.179
(0.109)
[0.099]
-0.0091
(0.0038)
[0.016]
0.00067
(0.002)
[0.739]
0.0012
(0.00083)
[0.131]
0.0022
(0.0028)
[0.427]
-0.0024
(0.0031)
[0.426]
-0.0013
(0.003)
[0.662]
-0.003
(0.0039)
[0.445]
35.953
(78.9)
[0.649]

F Statistic on Lottery List Characteristics

1.567
[0.119]

Notes: Column (1) reports the mean and standard deviatiopafientheses) for the control sample. Column (2) repoetsdiefficient on LOTTERY
from estimating equation (1) by OLS on the dependent vagiashbwn in the left hand column, with standard errors in pgheses and p-values in
square brackets. "LOTTERY" is an indicator equal to 1 foeegbn in the lottery (i.e. treatment) vs not selected (aa)t In Panel A The dependent
variable "Matched to SSA" is an indicator for whether theeskiation was matched to an SSA record. F-statistics arelesdel for 1. The lottery list

characteristics from panel B of Table A4, 2. The list of putdry notification 2007 outcomes shown in panel C of Tabl#nt including the indicator

for economic self-sufficiency as it was created from othemiables already in the table), and 3. The lottery list aremotification outcomes combined
(i.e. all variables shown in Panels B & C). Collinear varash(e.g. economic self-sufficiency) are dropped from thstaf-calculation. All regressions
also control for dummies for number of household membershenldttery list; standard errors are clustered by househdid regressions are

weighted to adjust for a new lottery that startethte 2009. Full sample: N=73253 (Panel A) Matthample: N=61790 (Panels B & C)



Table A3 Continued from Previous Page
Panel C: 2007 outcomes
Diff. between treatmentg
Control mean
and controls
Any Individual Earnings 0.677 0.0039
(0.0039)
[0.325]
Total Individual Earnings 7105.004 101.671
(10309.845) (84.933)
[0.231]
Individual Earnings above FPL 0.137 0.0016
(0.0029)
[0.592]
Wage Earnings 6578.811 55.274
(9330.466) (80.137)
[0.49]
Self-employment Earnings 526.193 46.397
(4903.084) (37.275)
[0.213]
Receiving SSI 0.014 -0.001
(0.00096)
[0.276]
Receiving SSDI 0.056 -0.0027
(0.0019)
[0.158]
Amount of SSI 7.739 -0.468
(65.706) (0.531)
[0.378]
Amount of SSDI 572.018 -30.813
(2618.81) (21.594)
[0.154]
Amount of Disability Benefits 579.756 -31.281
(2631.224) (21.689)
[0.149]
Receiving TANF 0.013 0.00057
(0.00096)
[0.552]
Receiving SNAP 0.545 0.011
(0.0045)
[0.012]
Amount of TANF 42.233 3.855
(375.832) (3.358)
[0.251]
Amount of SNAP 944.881 22.811
(1311.288) (13.146)
[0.083]
Any total individual income 0.722 0.0021
(0.0037)
[0.57]
Total individual income 7726.993 74.245
(10361.083) (85.046)
[0.383]
Economic self-sufficiency -0.0011 -0.00072
(0.648) (0.0056)
[0.898]
F Statistic on Pre-specified 2007 Outcomes 1.093
[0.360]
F Statistic on Lottery List & Pre-specified 2007 t€ames 1.293
[0.161]




Table A4: Comparison of list characteristics between matched and
unmatched controls

Diff. between
Unmatched means  matched and
unmatched

Birth year 1968.776 -0.917
(0.166)
[<.001]
Older than 59? 0.064 0.0042
(0.0034)
[0.210]
Younger than 25? 0.102 -0.0016
(0.0041)
[0.690]
Female? 0.550 0.0032
(0.0064)
[0.618]
English as a preferred language? 0.714 0.234
(0.0059)
[<.001]
Signed self up? 0.873 0.0029
(0.0026)
[0.264]
Signed up first day of list? 0.072 0.025
(0.0037)
[<.001]
Gave phone number? 0.868 -0.0018
(0.0047)
[0.706]
Address a PO Box? 0.096 0.025
(0.0042)
[<.001]
In MSA? 0.801 -0.037
(0.0056)
[<.001]
Median hh income of zip code 39531.055 -300.024
(117.546)
[0.011]
List hhsize 1.249 -4.7E-14
(0.000)
[<.001]
Responded to 1year mail survey responderp 0.258 0.026
(0.006)
[<.001]
Inperson survey responder? 0.583 -0.00022
(0.013)
[0.987]

F-statistic on Lottery List Outcomes 176.785
[<.001]

Notes: This table compares list characteristics for matdfie SSA sample) and unmatched (exclude from SSA
sample) controls in the full Oregon analysis sample. Colyfjnreports the mean and standard deviation (in
parentheses) for the control unmatched sample. Columre(®rts the coefficient on MATCHED from estimating
an equation (1) by OLS on the dependent variable shown irethednd column, with standard errors in parentheses
and p-values in square brackets. "MATCHED" is an indicatpra¢ to 1 for individuals matched to the SSA sample.
All regressions control fo rdummies for number of househukimbers on the lottery list and standard errors are
clustered at the household level. “Inperson survey respdntbes not condition on being in the InPerson recruiting
sample. All regressions are weighted to adjusafoew lottery that started in late 2009. Contrahsia: N=43419.



Table A5: First Stage
SSA sample
1) (2)
Control mean Estimated R

Ever on Medicaid (2008-2009): Matched 0.15 0.265
Sample (0.0039)

[<0.001]
Ever on Medicaid (2008-2009): Unmatched 0.15 0.189
sample (0.0086)

[<0.001]
Ever on Medicaid (2008): Matched Sample 0.10 0.281

(0.0037)

[<0.001]
F-statistic on Ever on Medicaid (2008-2009): 4734
Matched Sample [<.001]

Notes: . Column (1) reports the control mean of the dependmidble and standard deviation for

S

continuous outcomes (in parentheses). Column (2) repiostsstage results based on estimation
of equation (3), with standard errors in parentheses analyes in square brackets. Study period
for “Ever on Medicaid (2008-2009) is defined as between Mak6th, 2008 and December 31st,

2009. Study period for “Ever on Medicaid (2008) is definedbatween March 10th, 2008 and

December 31st, 2008. The dependent variable is 1 if the ichay was ever on OHP Standard or
OHP Plus (together called “Medicaid”) during this periodidhotherwise. The regression controls
for dummies for number of household members on the lottetgitid the standard error is clustered
by households. All regressions are weighted. The first rbans the first stage estimate of the
Oregon analysis sample matched to an SSA record (the SSAs@mabmple). N=61790. The

second row shows the first stage estimates of the unmatcitdduals in the Oregon analysis

sample. N=11463



Table A6: 2009 Ear nings, Details

Control Mean ITT LATE p-values
1) 2 3 4
Any Earnings 0.547 -0.0042 -0.016 0.266
(0.0037) (0.014)
Amount of Earnings 6513.015 -51.74 -194.93 0.5
(10227.323) (76.8) (289)
Earnings above FPL 0.131 -0.0032 -0.012 0.219
(0.0026) (0.0099)
Wage 6041.609 -33.6 -127 0.648
(9912.992) (73.49) (276.84)
Self Employment Earnings 472.407 -8.66 -32.68 0.731
(158.808) (25.16) (94.98)

Note: Earnings include wage earnings and self-employmamtiegs. FPL is defined using adjusted household size éseddr more

details). Column (1) reports the control mean of the dependariable and standard deviation for continuous outcolfies

parentheses). Column (2) reports coefficient (and stahdaor in parentheses) on LOTTERY from estimating equatignby OLS;
column (3) reports coefficient (and standard error in ptreses) on MEDICAID from estimating equation (2) by IV. Coia (4)

reports the p-values. All regressions control for dummiesyimber of household members on the lottery list and th& 2@lue of the
dependent variable. Standard errors are clustered by holdse\ll regressions are weighted to adjust for a new Igtthat started in

late 2009. N=61790




Table A7: Timing of SNAP Benefits®
Control Mean ITT
@) 2
Started SNAP During Months 1-3* 0.018 0.0036)
(0.0013)
[0.0045]
Started SNAP During Months 4-6 0.015 0.0024
(0.0012)
[0.026]
Started SNAP During Months 7-9 0.016 0.0013
(0.0012)
[0.266]
Started SNAP During Months 10-12 0.014 0.001¢
(0.0011)
[0.137]
Started SNAP During Months 13-15 0.011 0.0014
(0.00099)
[0.173]

Analysis not pre-specified

*From notification of winning lottery

Note: SNAP indicators for "First Time on Benéfiggse dummies for whether the individual went
on SNAP for the first time (since January 2007)imythe time period. For example, "SNAP-
Individual, First Time on Benefits, 7-9 months fromtification of winning lottery"==1 would
indicate that the participant received any SNAPefiessduring months 7, 8 or 9 post-notification
of winning the lottery, and had not received SNARIBbefore (since Jan 2007). Column (1)
reports the control mean of the dependant variadestandard deviation for continuous outcomes
(in parentheses). Column (2) reports coefficienti(standard error in parentheses) on LOTTERY
from estimating equation (1) by OLS, with standanrs in parentheses and p-values in square
brackets.. All regressions control for dummiasrfomber of household members on the lottery
list and lottery draw date. Standard errors arsteted by household. All regressions are weighted
to adjust for a new lottery that started in lat®@20 N=61790. Note that all analysis in this éabl
was not pre-specified.



Table A8: Application for Disability Benefits®
1. 2007 11. 2009
Control Mean ITT Control Mean ITT LATE P-values
(1) (2 (3) (4) (5) (6)
Applied for SSI 0.053 -0.0049 0.044 0.0032 0.012 0.059
(0.0018) (0.0017) (0.0064)
[0.006]
Approved for SSI 0.0057 0.000067 0.013 0.0013 0.0048 70.18
(0.00061) (0.00097) (0.0036)
[0.919]
Applied for SSDI 0.047 -0.0045 0.034 0.0036 0.013 0.020
(0.0017) (0.0015) (0.0058)
[0.007]
Approved for SSDI 0.0072 -0.000035 0.01 0.0017 0.0063 5®.0
(0.00069) (0.00087) (0.0033)
[0.959]

"Analysis not pre-specified

Note: Columns (1) and (2) show pre-period balance betwessirtrent and control for submission of applications for liigg benefits in 2007. Columns (3)-(6) show the
post-lottery outcomes. Columns (1) & (3) report the contnglan of the dependant variable and standard deviation famemus outcomes (in parentheses). Columns (2)
& (4) report coefficients (and standard error in parentegsm LOTTERY from estimating equation (1) by OLS; column (Bports coefficient (and standard error in
parentheses) on MEDICAID from estimating equation (2) by G6lumn (6) reports the p-values ( sqaure brackets in col@rfor 2007 outcomes). All outcomes are
measured at the individual level. All regressions contooldummies for number of household members on the lotterwtid (for the 2009 outcome in columns 3-6) the
2007 value of the dependent variable. Standard errors amtecéd by household. All regressions are weighted to adijusa new lottery that started in late 2009.

N=61790.



Table A9: 2009 | ncome, details

Control

Mean ITT LATE  p-values
1) (2) 3) (4)
Any Total Income 0.654 -0.00075 -0.0028 0.836
(0.0036) (0.014)
Total Income 7598 -51.1 -193 0.502

(10247)  (76.2) (287)

Economic self-sufficiency 3.3E-09 -0.021 -0.08 <.001
(0.683)  (0.0048)  (0.018)

Economic self-sufficiency (not including SNAR 2 9g-09 -0.0063 -0.024 0.207
directly or as a component of government (0.74) (0.005) (0.019)
income)®

“Analysis not pre-specified

Note: Total individual income includes individual level ggand self-employment earnings, SSI and SSDI benefits, and
TANF (TANF is measured at the household level). Economid-Sefficiency is a standardized composite measure of
employment, earnings, receipt of SNAP and government iecomith the latter two entering negatively (see text for
details). Column (1) reports the control mean of the dependariable and standard deviation for continuous outcomes
(in parentheses). Column (2) reports coefficient (and ddath error in parentheses) on LOTTERY from estimating
equation (1) by OLS; column (3) reports coefficient (ancheg&rd error in parentheses) on MEDICAID from estimating
equation (2) by IV. Column (4) reports the p-values. All eggions control for dummies for number of household
members on the lottery list and the 2007 value of the dependeiable. Standard errors are clustered by household. All
regressions are weighted to adjust for a new lptteat started in late 2009. N=61790



A10: Earnings Robustness Checks
- 2009 1l 2008 111- 2008 and 2009 1V: 2009, not controlling | V: 2Q09, controllng for
for 2007 outcomes list covariates
Control Mean ITT Control Mean ITT Control Mean ITT Contidean ITT Control Mean ITT
1) (2 1) ) 1) (2 (1) (2 (1) (2
Any Earnings 0.547 -0.0042 0.631 0.00069 0.682 -0.00037 .54 -0.0023 0.547 -0.0031
(0.0037) (0.0033) (0.0032) (0.0042 (0.0037
[0.267] [0.833] [0.909] [0.581] [0.407]
Amount of Earnings 6513.015 -51.74 6618.607 -17.84 133 -69.57 6513.015 0.29 6513.015 -47.81
(10227.323) (76.8) (9706.239) (60.58) (18429.119) (121.4 (10227.323) (89.2) (10227.323) (77.19)
[0.501] [0.768] [0.568] [0.997] [0.536]
Earnings above FPL 0.131 -0.0032 0.124 -0.0024 0.176 038.0 0.131 -0.0027 0.131 -0.0033
(0.0026) (0.0024) (0.0029) (0.0028 (0.0027]
[0.22] [0.325] [0.179] [0.342] [0.213]

Note: All outcomes are measured for the calender year(sgateli. Earnings include wage earnings and self-employnaenings .FPL is defined using adjusted household size ¢éseddr more details). Columns (1) report the
control mean of the dependant variable and standard dewiftti continuous outcomes (in parentheses). Columns p@rtreoefficients (and standard error in parentheses) onTIERIY from estimating equation (1) by OLS, with

p-values in square brackets. All regressions control fonmhies for number of household members on the lottery listssaddard errors are clustered by household. All are weidotedjust for a new lottery that started in late
2009. N=61790

I-1ll, V: Control for 2007 value of the dependentiable.

V: Controls for the full list of pre-randomizationariates from Panel A of Table A2



A1l: Benefit Robustness Checks
I 2009 - 2008 - 2008 and 2009 1V: 2009, not controlling | 1V: 2Q09, contr_ollmgfor
for 2007 outcomes list covariates
Control Mean ITT Control Mean ITT Control Mean ITT CoritMean ITT Control Mean ITT
(1) (2 1) (2 1) (2 1) (2 1) (2
Receiving any SNAP 0.599 0.025 0.608 0.016 0.679 0.02b 990.5 0.031 0.599 0.024
(0.0038) (0.0033) (0.0034) (0.0044), (0.0038
[<.001] [<.001] [<.001] [<.001] [<.001]
Receiving any TANF 0.031 0.0031 0.019 0.0014 0.037 0.0032 0.031 0.0033 0.031 0.0032
-0.0015 (0.0012) (0.0017) (0.0016), (0.0016
[0.043] [0.256] [0.059] [0.036] [0.038]
Receiving Any SSI 0.05 -0.00024 0.032 -0.001 0.056 600 0.05 -0.00068 0.05 0.00002
(0.0017) (0.0012) (0.0017) (0.0018), (0.0017
[0.888] [0.276] [0.386] [0.703] [0.988]
Receiving any SSDI 0.084 0.0017 0.073 0.00046 0.085 6.001 0.084 -0.00081 0.084 0.0016
-0.0014 (0.0011) (0.0014) (0.0023), (0.0014
[0.223] [0.673] [0.302] [0.726] [0.28]
Amount of SNAP 1494.346 72.75 1030.209 28.88 2524554  1.6W0 1494.346 90.52 1494.346 70.42
(1892.927) (15.75) (1276.289) (9.71) (2985.051) (23.2 8901927) (18.87) (1892.927) (15.92)
[<.001] [0.0029] [<.001] [<.001] [<.001]
Amount of TANF 111.363 2.62 51.982 1.96 163.345 4.58 343. 4.5 111.363 3.49
-710.991 -5.94 (414.333) (3.4) (1013.346) (8.19) (7100991 (6.15) (710.991) (6.05)
[0.66] [0.564] [0.576] [0.464] [0.564]
Amount of SSI 30.626 0.25 18.146 -0.51 48.772 -0.27 30.62 -0.032 30.626 0.35
(137.972) (2.08) (102.616) 0.7) (219.916) (1.62) (132)97 (2.13) (137.972) (1.1)
[0.821] [0.466] [0.87] [0.977] [0.753]
Amount of SSDI 943.189 14.43 794.067 4.02 1737.256 18.44  43.189 -17.33 943.189 15.26
-3401.323 -17.33 (3111.876) (11.95) (6411.658) (28.03) 4013323) (28.29) (3401.323) (17.45)
[0.405] [0.737] [0.51] [0.54] [0.382]

Note: All outcomes are measured for the calendar(ggindicated. All outcomes are measured atrtizidual level except for “Amount of TANF” and “Aaunt of SNAP” which are the amount that the indixtls household received. Columns
(1) report the control mean of the dependant végiahd standard deviation for continuous outcorrepgrentheses). Columns (2) report coefficientsl (standard error in parentheses) on LOTTERY fretmmting equation (1) by OLS, with p-
values in square brackets. All regressions cofftralummies for number of household members ordttery list and standard errors are clusteredduyskhold. All are weighted to adjust for a newegtthat started in late 2009. N=61790

I-11l, V: Control for 2007 value of the dependerariable.
V: Controls for the full list of pre-randomizati@movariates from Table A3



Table A12: Partial R2 of Lagged Outcomes, 2009
on 2007

Any individual earnings 0.205
Total individual earnings 0.226
Total individual earnings above FPL 0.128
Receiving SNAP Benefit 0.264
Amount of SNAP Benefit 0.301
Receiving TANF Benefit 0.0334
Amount of TANF Benefit 0.0703
Receiving SSI Benefit 0.0458
Amount of SSI Benefit 0.0749
Receiving SSDI Benefit 0.624
Amount of SSDI Benefit 0.633

Notes: Restricted to control individuals in the Oregon gsialsample who are
also matched to a unigue SSN number. We computed the partguRred of
the 2007 outcomes from a regression of the 2009 outcome anetnilier
outcome (and dummies for number of household members orottesy list);
regressions use the standard weights and cluster on thelmdslevel. All
regressions are weighted to adjust for a new lottery thatestan late 2009.

N=36813



