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Figure S1. Comparison across the data sources of the relative numbers of measurements and of
their distribution according to the results types
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Figure S2. (high resolution version of Fig 3). Coverage of the kinome by the current dataset; the
kinase names and circles sizes are proportional to the number of corresponding compounds. The
picture was generated using the Kinome Render* and the kinome tree illustration is reproduced
courtesy of Cell Signaling Technology, Inc. (www.cellsignal.com)
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Figure S3. Coverage across data sources, at the Kinase level: (a) complete dataset
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Figure S5. Coverage of the kinome by compounds from the current dataset PKIs exhibiting a
STD RESULT VALUE of 100 nM or less; the Kinases names and circles sizes are proportional
to the number of corresponding measurements. The picture was generated using the Kinome
Render* and the kinome tree illustration is reproduced courtesy of Cell Signaling Technology,
Inc (www.cellsignal.com)
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Figure S6. Spread of the SI_k 100nM values across the kinome, for the kinases with at least 100
compounds tested; the kinase names and circles sizes are proportional to the SI k 100nM values.
The picture was generated using the Kinome Render* and the kinome tree illustration is
reproduced courtesy of Cell Signaling Technology, Inc (www.cellsignal.com)
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Figure S11. Influence of the spread of pKi values on the RMSE for the Kinases. The Kinases (x

axis) are ordered by increasing RMSE value. The boxplots depict the first and third quartiles of
the data, and the red and black lines correspond to the mean and median pKi values respectively
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Figure S16. Examples of compounds retrieved using the substructures showing the highest
correlation to affinity. The boxes colors correspond to the chemical classes.
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