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Figure S1: Discriminative power of the identified subnetwork markers. We computed
the mean absolute t-score of the top K=10, 20, 30, 40, and 50 markers identified by the
proposed method with and without post processing step for the following datasets: (a) USA,
(b) Netherlands, (c) Belgium, and (d) Sweden.
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Figure S2: Discriminative power of the identified subnetwork markers. We com-
puted the mean absolute t-score of the top K=10, 20, 30, 40, and 50 markers for all datasets.
The markers were identified using the first dataset and their discriminative power was evalu-
ated on the second dataset. The experiments were performed for the following dataset pairs:
(a) Belgium-USA, (b) Belgium-Netherlands, (c) Belgium-Sweden, (d) Sweden-USA, (e) Sweden-
Netherlands, and (f) Sweden-Belgium.
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Figure S3: Classification performance. We performed cross-validation experiments to eval-
uate the classification performance of several subnetwork and pathway marker identification
methods. The marker were identified using the entire dataset. The classifiers were trained and
evaluated on different folds of the same dataset.
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