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Supplemental figure 1: Distribution of “evidence-based” imaging features. 
Manhattan plot showing the number of covariates in each tissue segment, highlighting the 
distribution of “evidence-based” covariates. The dotted line identifies the threshold of significance 
(the -log10 of the p-value is plotted on the y-axis, covariates above this line have p-values < 0.05). 
 
 
 
 
 
 

 



 
Supplemental figure 2: Distribution of phenotypic scores. 
Box and whisker plot showing the distribution of raw (not dichotomised) mortality phenotype 
scores for the mortality cases and controls. 
 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

Supplemental Figure 3: Visual demonstration of early work on an automated segmentation 

system. 

Preliminary results using deep learning to perform automatic tissue segmentation. Randomly 

selected CT slices (labelled 'raw') are drawn from a held-out test set of 8 cases, the segmentation 

system was trained on the remaining 40 cases. The automated segmentations (labelled 

'predicted') and the original expert hand segmentations (labelled 'ground truth') are presented 

side by side for visual comparison. 


