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FIG. 4: Subsample analysis of regression of predicted vs. actual price diffusion (see Fig. 6), similar to the previous figure for
the spread. The scaling of the errors is much less regular than it is for the spread, so the error bars are less accurate.

strong that its effect is still significant, particularly for
smaller market impacts, and must be taken into account.

To cope with this we assign error bars to each bin us-
ing the variance plot method described in, for example,
Beran [6], Section 4.4. This is a more straightforward ver-
sion of the method discussed in Section (V). The sample
of size N = 434 is divided into m subsamples of n points
adjacent in time. We compute the mean for each sub-
sample, vary n, and compute the standard deviation of
the means across the m = N/n subsamples. We then
make use of theorem 2.2 from Beran [6] that states that
the error in the n sample mean of a long-memory process
is ê = σn−γ , where γ is a positive coefficient related to
the Hurst exponent and σ is the standard deviation. By
plotting the standard deviation of the m estimated inter-

cepts as a function of n we estimate γ and extrapolate to
n = sample length to get an estimate of the error in the
full sample mean. An example of an error scaling plot for
one of the bins of the market impact is given in Fig. 6.

A central question about Fig. 5 is whether the data for
different stocks collapse onto a single curve, or whether
there are statistically significant idiosyncratic variations
from stock to stock. From the results presented in Fig. 5
this is not completely clear. Most of the stocks collapse
onto the curve for the pooled data (or the pooled data set
with themselves removed). There are a few that appear
to make statistically significant variations, at least if we
assume that the mean value of the bins for different or-
der size levels are independent. However, they are most
definitely not independent, and this non-independence


