Supplemental methods:

RNA sequencing

Globin mRNA was substantially depleted from total RNA samples using the GlobinClear-Human Kit (Life
Technologies # AM1980). The globin-depleted RNA was quantitated using a NanoDrop
spectrophotometer and then was converted into cDNA libraries using the TruSeq Stranded Total RNA-
RiboZero Gold Sample Prep Kit (lllumina, #RS-122-2303). Final cDNA libraries were analyzed for size
distribution using an Agilent Bioanalyzer (DNA 1000 kit, Agilent # 5067-1504), quantitated by qPCR
(KAPA Library Quant Kit, KAPA Biosystems # KK4824), then normalized to 2 nM in preparation for
sequencing. Using an lllumina TruSeq Paired-End Cluster Kit V3 (lllumina # PE-401-3001), a clustered
flowcell was generated using the normalized cDNA libraries as templates. Sequencing was performed
using an lllumina HiSeq 2000, generating 50 base, paired end reads. Data alignment, processing, and
analysis are described in the supplemental methods.

RNA sequencing data processing

Raw RNASeq reads in all FASTQ files were mapped to human reference genome (UCSC build hg19) with
OmicSoft Sequence Aligner (OSA) inside Array Studio (version 7.2.2.34, OmicSoft Corporation). Default
parameters were used for OSA alignment except that the SearchNovelExonJunction and Detectindels
options were enabled. Using the human gene model in the UCSC RefGene database (December 2012
version), the Array Studio software extracted raw counts and computed FPKM values (1) both at the

transcript level and at the gene level.

A threshold level of expression was applied to the log2 FPKM values to remove genes with low and
highly variable expression values close to the level of detection. Housekeeping genes selected using
Normfinder (2) were then used to adjust the log2 FPKM values; and a quality control filter was applied

to exclude data from potentially degraded samples. Pairs of samples which showed a liner regression



correlation coefficient r2 < 0.7 between C1D1 and C1D8 visits were thus excluded. In the samples from
the remaining 31 patients, we evaluated BCL2 family gene expression changes between C1D1 and C1DS8.

Significance was determined using a paired t-test.

Expected % apoptosis of duvelisib and venetoclax combination

Expected % apoptosis of duvelisib and venetoclax combination was calculated as following. First raw
viability was normalized and then expected % viability was calculated using following formula: “ %
viability of drug duvelisib * % viability of drug venetoclax / 100”. Finally expected % apoptosis was
calculated as "100-(Expected % apoptosis)” as described before(3).

Oncomine Analysis

Analysis of Bcl-2 transcripts expression in previously published datasets were done using Oncomine
Gene browser (ThermoFisher Scientific). Bcl-2 gene expression among previously published research
articles curated in Oncomine under names - Haferlach (4) , Visone (5), Basso (6) , Fabris (7), Falt (8),

Fernandez (9), Haslinger (10), Saiya-Cork (11), Alizadeh (12), and Rosenwald (13) were used.
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