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t i t iw z   is an unbiased estimator for , ,t i   

 

The following derivation was inspired by the DESeq model [1]. Following the notation in the main text, 
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For the expectation, we have   
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Since the variance of ,i jt is 
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We defined previously 
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So,  , , , ,
ˆ

t i t iw z   is an unbiased estimator for , ,t i  .  
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