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Abstract

This review aimed to arrange the concepts of a network meta-
analysis (NMA) and to demonstrate the analytical process of NMA using STATA
software under frequentist framework. The NMA tries to synthesize evidences for a
decision making by evaluating the comparative effectiveness of more than two
alternative interventions for the same condition. Before conducting a NMA, 3 major
assumptions—similarity, transitivity, and consistency—should be checked. The
statistical analysis consists of 5 steps. The first step is to draw a network geometry
to provide an overview of the network relationship. The second step checks the
assumption of consistency. The third step is to make the network forest plot or
interval plot in order to illustrate the summary size of comparative effectiveness
among various interventions. The fourth step calculates cumulative rankings for
identifying superiority among interventions. The last step evaluates publication bias
or effect modifiers for a valid inference from results. The synthesized evidences
through five steps would be very useful to evidence-based decision-making in
healthcare. Thus, NMA should be activated in order to guarantee the quality of

health care system.

Keywords: Network Meta-analysis, Multiple treatments meta-analysis, Mixed

treatment comparison, Consistency, Transivity
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Table 1. Inconsistency test between direct and indirect treatment comparison in mixed treatment

comparison

Side Direct Indirect Difference

Coef. Std. Err. Coef. Std. Err. Coef. Std. Err. P>z
AB -1.083 0.174 -0.877 0.620 -0.206 0.636 0.746
AC -1.388 0.247 -1.869 0.493 0.481 0.542 0.375
AD -1.378 0.265 -0.738 0.413 -0.640 0.479 0.182
AE -3.425 0.940 -3.221 1.005 -0.204 0.937 0.828
BC -0.894 0.655 -0.312 0.297 -0.581 0.715 0.416
BD 0.099 0.462 -0.241 0.329 0.340 0.567 0.548
BE -2.152 0.881 -2.615 1.087 0.463 0.896 0.605
CD 0.490 0.492 0.177 0.350 0.313 0.604 0.605
DE -2.550 1.254 -1.956 0.958 -0.595 1.314 0.651




