S2 Figure. Plots of first two principal components of data with selected clustering groups
(2011-2015). Qutlying single- and multi-bairro clusters are labeled.
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Principal component (PC) plots (S2 Fig) are oriented such that scores on PC1 increase left to
right on the x-axis and PC2 scores increase bottom to top on the y-axis. Proportion of variance
explained by each PC is listed alongside the axis. PC1 (x-axis) and PC2 (y-axis) correlate with
overall dengue burden and intensity of transmission, respectively (S3 Table). Position of bairro
points on the PCA plot reflects the score of that bairro observation on those two principal
components; for example, observations in the top left quadrant exhibit low scores on PC1 and
higher on PC2, indicating lower than average counts of dengue but the occurrence of high
intensity (i.e. incidence rate) transmission during at least one week over the course of the year.

Squared loadings of the first two principal components (PC) were calculated from the
normalized variables without rotation using the R package ‘psych’ [1] (S3 Table) to facilitate
interpretation of PC plots (S2 Fig). The signs on loadings are arbitrary: their meaning is derived
from their difference (i.e. positive contrasted with negative) and relative magnitudes [2]. Since
the squared correlation coefficients between parameter variables and components equals 1, the
squared loadings show the proportion of variance in variables that is explained by the principal
components [3].
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